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Abstract 

 

Goal – The coronavirus pandemic has affected millions of people globally. Consumers shifted their 

spending to essentials while cutting back on most unnecessary items. There are significant amounts 

of evidence saying that consumer behavior has changed in the past year. Therefore, businesses had to 

adapt to these major shifts with their communications towards the customer. In this thesis we set out 

to examine how has consumer behavior change towards personalized marketing in the last year. This 

thesis uses theory of planned behavior as the foundation for research and the assessment of behavior 

which was widely adopted for the past three decades.  

 

Methodology – In this thesis we use quantitative methods to analyze the consumer behavior and the 

presence of personalized marketing during the pandemic. Questionnaire was used to collect primary 

data from the respondent who were a representative sample of the general population of online users. 

From theory hypotheses were developed and then they were statistically tested  

 

Findings – The analysis revealed that theory of planned behavior is supported and that there are 

significant relationships between personalized marketing and consumer behavior. Additionally, 

consumers perceive a stronger presence of marketing amidst the pandemic and that they are more 

inclined to shop online when all the predictors of behavioral intentions are positive.  

 

Future research – The current theory of planned behavior has it limitations. Because it does not 

incorporate emotions into the model. Many would argue that emotions have a fundamental effect on 

the individual’s behavior which would be important to examine.  

 

Keywords – personalized marketing, online advertisement, theory of planned behavior, consumer 

behavior, data collection  

  



 

2 

Table of contents 

1. Introduction 6 

1.1. The data in our lives 6 

1.2. The situation Marketing during the global pandemic 8 

1.3. Research question 9 

1.4. Thesis structure 9 

2. Literature review 9 

2.1. International perspective of the study 10 

2.2. Consumer behaviour model an international scope 10 

2.3. Defining personalization 11 

2.4. Consumer behavior theory 14 

2.5. Online advertisement 14 

2.5.1. Targeted emails 15 

2.5.2. Custom video messages 17 

2.5.3. Product recommendation 18 

2.5.4. Limited offers 19 

2.5.5. Social media marketing 19 

2.6. How companies collect data 21 

2.7. Consumers perception of personalized marketing 22 

2.8. Consumer behaviour during covid-19 23 

2.9. Theory of planned behaviour 23 

3. Hypotheses and conceptual model 28 

4. Methodology 30 

4.1. Philosophy of science 30 

4.1. Research approaches 31 

4.2. Research design 32 



 

3 

4.2.1. Research strategy 32 

5. Data collection 34 

5.1. Primary and secondary data 34 

5.2. Questionnaire 35 

5.2.1. Demographic questions 37 

5.2.2. Structure of the questionnaire 37 

5.3. Sampling 37 

5.4. Coding 38 

5.4.1. Second language 39 

5.5. Considerations and ethical issues of questionnaire 39 

5.6. Reliability and validity 39 

5.7. Testing the questionnaire 40 

6. Empirical findings and Data analysis 41 

6.1.1. Sample 41 

6.1.2. Descriptive statistics 43 

6.1.3. Cronbach’s reliability analysis 47 

6.1.4. Pearson correlation 48 

6.1.5. One sample t-test 49 

6.1.6. Regression analysis 50 

6.2. Summary of the findings 56 

6.3. Discussion 59 

6.4. Implications 63 

6.5. Further research 65 

7. Conclusion 66 

References 68 

Appendices 80 



 

4 

 

 

List of Tables 

Table 1 Planned Behavior .................................................................................................................. 43 

Table 2 Email Marketing ................................................................................................................... 44 

Table 3 Video Advertisement ............................................................................................................ 45 

Table 4 Limited Offers ....................................................................................................................... 45 

Table 5 Recommended Products ........................................................................................................ 46 

Table 6 Social Media Marketing ........................................................................................................ 47 

Table 7 Behavioural Intention............................................................................................................ 47 

Table 8 Cronbach's reliability test ...................................................................................................... 48 

Table 9 Pearson Correlation for Personalized Marketing .................................................................. 48 

Table 10 Pearson Correlation for Planned Behaviour ....................................................................... 49 

Table 11 One Sample T-test ............................................................................................................... 50 

Table 12 Regression Analysis 1 ......................................................................................................... 51 

Table 13 Regression Analysis 2 ......................................................................................................... 52 

Table 14 Regression Analysis 3 ......................................................................................................... 53 

Table 15 Regression Analysis 4 ......................................................................................................... 54 

 

 

List of Figures 

Figure 1 Factors influencing consumer behaviour (Kotler & Armstrong, 2011, p. 135) .................. 10 

Figure 2The process of personalization (Vesanen, 2007) .................................................................. 12 

Figure 3 Ad spending (Statista, 2020) ............................................................................................... 14 

Figure 4 The Theory of Planned Behaviour Model (Ajzen, 1991) .................................................... 25 

Figure 5 Proposed research framework ............................................................................................. 28 

Figure 6 Likert scale (Robinson , 2018) ............................................................................................ 36 

Figure 7 Gender frequency distribution ............................................................................................. 41 

Figure 8 Age frequency distribution of the sample............................................................................ 42 

Figure 9 Distribution of nationalities in the sample ........................................................................... 42 

Figure 10 Tested Hypotheses ............................................................................................................. 56 



 

5 

Figure 11 Proposed Research Framework With Results (Standardized Coefficient) ........................ 58 

 

  



 

6 

 

1. Introduction  

The consequences of a global pandemic affect millions of people around the world. It looks like the 

coronavirus will be with us for quite a long time to come, and this fact will change not only people's 

everyday lives, but also the business environment forever. The first thing to do is to catch the first 

trends and behavioural patterns, which can be used as a basis for making changes in the marketing 

ecosystem and avoiding wrong decisions. Doing nothing and waiting for the problem to go away on 

its own is not a solution in business. Businesses may lose their market position or even existentially 

jeopardize their business. It is obvious that the coronavirus crisis has had substantial consequences 

towards our way of living, working and shopping, As uncertainties linger, they move to alter 

consumption patterns and consumer decision making is further exacerbated by periods of forced 

isolation for individuals who have been exposed to the virus. On the other hand the pandemic has 

helped the endlessly growing accessibility for digital platforms that poses major possibilities and even 

encourages better targeted ads that take customer tastes into consideration as well as their propensity 

to buy.  

1.1. The data in our lives  

Big data has been the biggest game changer for marketers in the last 20 years since the internet became 

popular. The internet has spewed terabytes of data into the world ranging from shopping behaviour 

to climate monitoring but also to demographic consumer shifts in emerging markets. Companies that 

have managed to take advantage of this huge data onslaught now have the opportunity to excel at 

three different things that are key in this data driven world. Firstly, it is using the data to correctly 

identify valuable business opportunities from the information to drive decision and finding optimal 

solution to improve marketing return on investment. Secondly, to bring products to the market 

affectively and without them failing to take off and finally and most importantly for this thesis. 

Turning the information and insights into a well-designed product and offers that are precisely tailored 

to the customers delight (Court et al., 2015, p. 5; Lu & Yan, 2019, p. 287). This data explosion has 

enabled companies who leverage data and analytics to have an edge on the competitor. Currently we 

are not only talking about big players who are occupying the market but also small and medium 
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enterprises who are trying to keep up with the demands of the customers. The companies that do not 

adopt to the digital era may lose their market position or even jeopardize their business. 

 

Collecting customer data has become a turning point and a huge priority for businesses. Some can 

even say that data has become one of the world’s most valuable recourse. In addition, advancements 

in technology that capture and analyse customer data is pushing more companies to contextualize, 

draw insight and monetize this information (Goddard, 2019). Established major retailers, such as 

supermarkets, drugstores, and big-box niche retailers, have struggled to expand over the last five 

years. As recession-era shopping habits have become ingrained, they are facing increased 

competition, especially from discounters, in most major markets. Owing to market saturation and the 

growth of e-commerce, opening new stores is no longer a sure-fire way to expand. For most big 

players across all major European markets, same-store sales rise, or "like for like" growth, has been 

stagnant or decreasing, and margins have been squeezed. Retailers can increase like-for-like revenue 

and profitability while also producing smarter merchants by incorporating customer insights into their 

merchandising processes. (Court et al., 2015).  

 

Big data does not always imply better marketing decisions, but it does have the ability to do so. We 

consider big data to be the secret ingredient, to raw material, or critical component. It isn't the data 

itself that is so crucial. Rather, it's the conclusions drawn from big data, the choices we make, and the 

actions we take that matter. (Big data, bigger marketing, 2018) In addition contemporary technology 

has transformed the typical user into a perpetual source of both conventional, centralized, 

transactional data and increasingly modern, unstructured, behavioural data. The sheer volume of data 

collected, the relentless speed at which it is generated, and the complex richness of the data are 

changing marketing decision making. (Erevelles et al., 2016, p. 898) Big data has two distinct value 

propositions for an organization and that is:  predictive application and product enablement. Big data 

analytics can uncover insights previously obscured by data that was too expensive to process, such as 

peer control among consumers. The ability to process all data in a fair amount of time eliminates the 

need for time-consuming sampling and encourages an investigative approach to data, in comparison 

to the more stagnant existence of running preset papers (Forbes, 2012).  
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1.2. The situation Marketing during the global pandemic  

COVID-19 had a major impact on the global economy in 2020, affecting not only people's health and 

lifestyles, but also precipitating a new economic crisis. Throughout the world, policies to slow the 

spreading of the infection have been implemented, including the closing of public spaces and 

boundaries to limit human activity. Quarantine controls have a disproportionate impact on areas of 

the global economy that were closely linked to service and human involvement. However, not all 

businesses have suffered casualties as a result of the pandemic. Confronted with store closures and 

depleted racks, shoppers turned to Amazon for items such as hand sanitizer, face masks, and 

disinfectants that would prevent them from getting Covid-19. They loaded up on household goods 

and groceries, and then sought for office supplies and exercise equipment as the crisis went on 

(Palmer, 2020). Another example is online purchases increased by 45-87 percent in France, Italy, 

Spain, and Australia. Residents of Baltic states increased their food distribution orders by 5%. 

Additionally, the audience aged above 50 has become more active on the internet and Alibaba, the 

Chinese e-commerce giant, recorded a fourfold increase in revenue in this segment. (Meshko, 2020, 

p. 41)  

 

According to Impact (2020) 39% of polled users said that they were spending more time on social 

media and this was no surprise individuals are operating remotely and living in restricted 

environments. This has inevitably resulted in a significant growth in user use of social media 

platforms. With this substantial increase marketers expect a 66% increase in social media content 

creation this is not limited to lead generation; this also includes customer service, personalized 

marketing, targeting, or increasing brand equity. Additionally, 76% of the business that were surveyed 

in the study of Tech.co (2020) claimed to have increased their skills in the fields such as SEO, social 

media and most importantly data analytics. Although marketers have increased their content 

production, they have also recognized that their standard pre-pandemic techniques need modification. 

 

For example awareness of customers' evolving desires and a content approach that represents them, 

whether it's reassuring them about the continued delivery of our service, telling them about new 

innovations inside your market, or simply educating them about something new that may support our 

business. It is likely that the COVID-19 crisis will have substantial consequences for our way of 

living, working and shopping, and more specifically for consumer behaviour. This means it will affect 

almost all businesses. To be able to continue meeting consumers’ basic needs, and to maintain 
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employment levels, companies must limit the damage as much as possible. One of the tools available 

to achieve this is personalized marketing. (Hoekstra, 2020, p. 250)  

 

1.3.  Research question  

How has personalized marketing and consumer behaviour change during the substantial increase in 

online shopping amidst the global pandemic in the last year?  

1.4. Thesis structure 

• First chapter discusses the background information and establishes the context of the research 

that is conducted  

• Second chapter reviews the relevant articles, books, journals that are particularly relevant to 

the area of the research, also critically evaluates theories to provide an overview of sources 

we explored 

• Third chapter the development of hypotheses and the creation of conceptual framework  

• Fourth chapter describes how was the data gathered and how it was analysed, the methodology 

is discussed  

• Fifth chapter demonstrates the data analysis and the statistical methods we employed  

• Sixth chapter describe the significant of our finding in the light what was already known about 

the research problem that is investigated  

• Seventh chapter serves as a conclusion we synthesize the key points of our research  

2. Literature review  

In this section we will be examining literature we used to develop hypotheses. We will closely talk 

about the methods organisations employ in regards to personalized marketing and the theory of 

planned behaviour that guided our research.  
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2.1.  International perspective of the study  

2.2. Consumer behaviour model an international scope  

Consumer behaviour is strongly influenced by cultural characteristics. For the most part organizations 

cannot control this factor, but they must take them into account (Kotler & Armstrong, 2011, p. 135). 

Culture is the root cause of an individual's desires and behaviours. The majority of human action is 

taught. When a child grows up in a community, he or she acquires fundamental beliefs, attitudes, 

desires, and actions from his or her families and other significant institutions. Community or society 

has its own culture, and cultural effects on purchasing behaviour differ significantly by region. Failure 

to accommodate these distinctions may result in poor marketing or embarrassing missteps (Kotler & 

Armstrong, 2011, p. 135). It is an important task to accommodate to cultural shifts to identify the 

right way of communication trough personalized marketing to tweak products based on localized 

preferences.  

 

Figure 1 Factors influencing consumer behaviour (Kotler & Armstrong, 2011, p. 135) 

 

Multinational firms face a variety of strategic decisions at the company level, including which foreign 

markets to enter, at what size and how. Additionally, foreign companies must decide on product 

quality, launch scheduling, advertising plans, pricing, and delivery channels as part of their marketing 

plan. Although firms' strategic decisions have a significant impact on market conditions, customers' 

responses to global companies' product propositions and marketing campaigns often differ 

significantly across national cultures (Song, Moon, Chen & Houston, 2018). Contemporary theories 

of values used in national culture are based on Rokeach’s (1973) analysis. The analysis states that 

human values are generally consumer values which are derived from and modified trough personal 

social and cultural learning. Personal values can serve as the foundation for and explanation of a wide 
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range of individual behaviours. Cultural or collective ideals are those held in common by members 

of particular communities or cultures. (de Mooji, 2017). Furthermore. According to de Mooji (2017) 

product attributes, product benefits and product categories are often associated with cultural values. 

It could be that marketing campaigns for a lunch of a new products may differ in countries. For 

example, sustainability of a product may be the driver of sales in another country it may be product 

quality. The core values of the two motivations would be distinct and often cultural in nature. In 

certain circumstances, cultural beliefs may account for significant variations in revenue that cannot 

be explained by economic or demographic factors. Hollensen (2017, p.267) stated that “the right mix 

between local knowledge of different cultures and globalization/integration of national marketing 

strategies is the key to success in global marketing”.   

2.3.  Defining personalization   

Personalization is fundamentally about delivering individualized content to message recipients 

depending on their particular interests (Li, 2016, p. 1). In general, the goal of personalization is to 

deliver the right message to the right person at the right time (Tam & Ho, 2006). Since this method 

happens very often on the Internet nowadays, it is known as web-based personalization. (Li & 

Kalyanaraman, 2013).  

 

According to Tseng (2010) The aim of personalization is to please each consumer individually. Thus, 

product distinction occurs at the level of the individual customer, in contrast to customization, which 

distinguishes products by consumer segment. When recipients receive a customized message, they 

are likely to pay more attention to it, process it more thoroughly, and are more likely to use it to make 

decisions (Rimer & Kreuter, 2006).Additionally,  according to Noar et al. (2009), the majority, though 

not all, current research supports the idea that customized communications may have more beneficial 

effects than non-personalized messages, such as becoming more unforgettable, likeable, and 

convincing.  

 

Vesanen (2007) suggested that the previous process models help us understand personalization, 

however he believed that personalization should be synthesized according to previous models so there 

is not too much overlapping. He came up with the model that we will describe further. In his review 

he found that each object relates to each other creating a continuous dynamic loop that combined 

creates the process of personalization.  
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Figure 2The process of personalization (Vesanen, 2007) 

 

Customer: Personalized marketing is built around the consumer. Customers demand individualized 

goods and services due to their unique desires and interests. This variation results in distinct consumer 

groups. 

 

Interactions: Customers, for example, fill out questionnaires or express their interests and/or 

demographics in other ways. Similarly, website behaviour, conversations between marketers and 

consumers, and buying events are all examples of encounters that generate meaningful data. 

 

Customer data: Customer data is gathered both directly from customers and from external sources. 

Customer data includes purchase records as well as demographic and psychographic information on 

consumers. Web log files may provide additional information about a customer's visits and path via 

a Web site. Vesanen’s model (2007) demonstrates that customer data can originate from variety of 

different sources either it is customer experiences, interactions, online behaviour, transaction data, 
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geographic data etc.. Secondly from external data sources as described in figure 1. Or thirdly matching 

the previous external data with the already available customer data.  

 

Processing: Data is transformed into consumer profiles at the processing stage. This assists in 

distinguishing and differentiating consumers as well as segmenting them. When functional 

personalization attributes cannot be contained explicitly in the consumer data, processing is needed 

(Vesanen, 2007) Processing is concerned with consumer profiling and segmentation. More complex 

segmentation is made possible by new approaches of data analysis. 

 

Customer profile: A customer profile's aim is to categorize customers according to their preferences. 

This is determined by analysing consumer records, as well as customer behaviours and desires. 

Customization is initiated using the consumer profile. Customization is the process of creating 

marketing materials that are uniquely tailored to and customer (Vesanen, 2007)  

 

Marketing output:  Can be for example spotify’s personalized radio recommendation. The Discover 

Weekly playlist feature, which is personalized for each customer, not only encourages users to engage 

with the brand and other artists on the site, but also establishes a meaningful relationship with the 

brand through their curated playlists. In 2019 Spotify dove through their mountains of data to create 

a nostalgic playlist based on the listening patterns of their millions of users (Buyapowa, 2020)  

 

Delivery: Delivery refers to the way customized marketing content is delivered to the consumer. 

Companies can select from a variety of outlets based on their consumers' tastes for example e-mails, 

sponsored ads, recommended products. Additional variables include arrival date and place. Delivery 

elicits a response from the client, and this response results in a new encounter, which offers more 

information about the customer. After that, the company may create a more tailored profile of the 

customer. (Vesenen, 2007, p. 10) As a result, the personalization process is a continuous learning 

loop that takes place during each round. All these technological advancements have allowed the 

method cycle to be shortened and the expense of personalized marketing to be reduced.  
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2.4. Consumer behavior theory  

2.5.  Online advertisement  

The proliferation of social media, smartphones, and internet ads has ingrained the aggregation and 

use of digital information about customers in many spheres of existence over the last decade. (Wolfie, 

2017, p. 12) Today, much of the world's business is conducted via digital networks that link people 

and companies. Customers' perceptions of ease, speed, price, product detail, and service have been 

profoundly altered by the Internet. As a result, advertisers now have an entirely different means of 

creating value for consumers and cultivating long lasting relationships with them.  

 

 

Figure 3 Ad spending (Statista, 2020) 

Despite a temporary decline as a result of the coronavirus pandemic, digital advertising spending 

increased 12.2 percent over the last year of 2020. According to the study of PwC (2021), social media 

ad sales hit $41.5 billion in 2020, accounting for almost 30% of all internet ad revenue. Digital video 

sales increased by 20.6 percent year on year, bringing its share of overall internet ad revenue to 18.7 

percent. Furthermore, according to Statista (2020) we can anticipate steady growth in spend towards 

online advertisement in the upcoming years. It is important to note that the forecast was adjusted for 

expected COVID-19 impact even in the future.  

  



 

15 

Currently advertising firms are facing another significant change in their business models. They must 

move from 'gaining publicity' to 'giving attention.' This creates great challenge for agencies that are 

used to capturing publicity and building brand awareness. Now, as customers arrive on a brand's 

website, it is the brand's responsibility to pay attention. And they are beginning to do so, for example 

Facebook's Open Graph, which enables advertisers to easily target visitors based on their personal 

interests (Chaffey, 2013, p. 122) New emerging sites, brands and applications are also exchanging 

Facebook information about users in order to customize deals, functionality, and services to each 

person's needs and desires even though that individual has never visited that specific site before. 

However, this individual has made these information public with his consent and generated them by 

browsing. By analysis the literature we have learned there are number of methods that companies 

employ to personalize users experience online. We will discuss these methods in greater detail in the 

next paragraphs.  

 

2.5.1. Targeted emails 

A targeted email is a newsletter that is tailored to a certain segment of the mailing list. These 

newsletters are highly personalized; they provide specific deals that add value to subscribers (Brui, 

2019, What is a targeted email) The incentive of targeted emails is to contact the right customers at 

the right time. One of the benefits of targeted emails is that they can establish brand loyalty which 

can last long-term.  Furthermore, they can create and deliver communications to meet the interest of 

the customer by tailoring messaged. The emails can be delivered to them when and however they 

want (Jenkins, 2008, p. 3) and it all comes down to gathering data from these individuals.  

 

Survey conducted by Econsultancy (2020) show that emails reach 85% of the recipients and have a 

22.86% open rate with 3.71% click trough rate. While the click trough rate seems as a small number 

sending emails to 100 000 subscribers can generate 3710 leads or even conversions which means it 

is one of the top digital channels as far as return of investment (ROI) is concerned.  Another incredible 

number is presented by SuperOffice (2021) which shows that personalized emails (tailored to a 

specific interest) reached 94% open rate and a 38% click trough rate in comparison to non-

personalized emails. Unfortunately, the same survey indicated that 70% of brands do not use 

personalized emails as a part of their marketing strategy meaning that other brands lag behind their 

competitors significantly.  
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There are a few ways how brands address their customers with personalized email content. Firstly, 

they refer to them by their name which is one of the simplest ways to improve their campaigns 

performance (see Appendix A). Secondly, they can track their activity or recent behavior for example 

browsing on their web (see Appendix B). Thirdly, they can use your recent purchase activity and send 

you promotional email for similar product or send you reminder emails to stack up (see Appendix C). 

Moreover, they can see what you interact with and what interests you on other webpages and last but 

not least they can provide you with event in your location (see Appendix D). As we can see targeted 

emails go beyond just names.  

 

According to Forrester’s (2011) study attitudes towards email marketing have changed in the recent 

years. The deletion of emails without being read have decreased from 73% to 59%. Hence consumers 

will take more time to process these messages and then decide if they want to discard them or pay 

more attention to them. According to Xiaoli (2006) attitudes towards a specific advertisement can 

lead to a specific attitude towards the brand, as well as affect a customer’s purchase intention. 

Recipients base their decision primarily on previous experience with e-mail marketing with the sender 

(Andersson, Fredriksson & Berndt, 2014). This leads to three potential courses of action by the 

recipient. Firstly, the recipient decides to ignore or delete the email if it does not generate value. In 

this course of action, the recipient without a second though disregards or deletes the email. The second 

course of action is that the recipient finds the email compelling and deicides to engage with the 

marketing message. 

 

 Lastly as opposed to the second course of action the third is rather destructive, recipient finds the 

marketing message interesting however upon investigation he learns that it is irrelevant and thereby 

producing a negative attitude. How negative depends on the effort he produced to investigate the 

message.  Which can subsequently lead to avoidance, unsubscription or even annoyance. (Micheaux, 

2011) This attitude can be translated from message to the organization itself because they are the 

sender.  

 

It is crucial that emails from organizations do not lead to avoidance from potential customer even 

more so in the time of corona crisis. Communicating the wrong message to the right customer or vice 
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versa can have a lot of potential risks. Therefore, organization need to personalize the messages to 

the right customer.   

Takeaways communicate the right message or problems emerge. Did the recipient receive bad 

messaged during corona and decided to unsubscribe?  

 

2.5.2. Custom video messages  

Video advertisement is a very common method of reaching out to online viewers. Video 

advertisement will most likely dominate the next decade, making now an excellent time for marketing 

practitioners to learn more about it and explore how it will help them expand their scope and overall 

promotional effectiveness (Matthews, 2019). Marketers are using an astounding volume of video 

material on a variety of diverse kinds of channels – from social media and news to agencies and 

business accounts. 

 

According to Ducoffe (1996) the cornerstone of web advertisement is entertainment, informativeness 

and irritation we can also translate it into video advertisement. He states that the content 

(informativeness) and form (entertainment) of advertisements are significant predictor of their value 

and are critical to the success of web advertisement. Whereas irritation has a detrimental effect on the 

viewer’s attitude. We will now discuss the determinants that influence consumers attitudes towards 

video advertisement.  

 

Informativeness describes the ability to inform consumers about product alternatives and as a result 

satisfy the purchasing choice (Schlosser, Shavitt and Kanfer, 1999). Many studies have shown the 

significance of informativeness in influencing attitudes towards video advertisement  If the video has 

a significant informative value the more likely the consumer has a positive attitude, while if the videos 

are vague and do not provide any information about the product the consumer could feel it was a 

waste of time and is less likely to investigate (Yang, Huang,Yang and Yang, 2017)  

 

Irritation happens unintentionally but it can make the users feel agitated when viewing video 

advertisement. A good example would be excessive amount of video advertisements, or unskippable 

advertisement forcing the user to watch. According to Ducoffe (1996) consumer were likely to 
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perceive advertisement as irritating if they used annoying, offensive, insulting or overly manipulative 

techniques. These were one of the main reasons why consumers did not like advertisements.  

 

For entertainment Ducoffe (1996) has reported that advertising's potential to amuse would improve 

customers' view of advertising exchanges. Other studies also discovered that friendly or appealing 

video advertisement may have a favorable effect on brand attitudes. 

 

Finally, credibility can be described as whether users trust the content that is displayed or not. It also 

denotes the reliability or utility of ads. It has been proposed that credibility is related to both 

advertisements value and attitudes toward advertisements (Yang et al. 2017)  

 

2.5.3. Product recommendation  

In recent years, recommender mechanisms have grown in popularity and are now used in a number 

of contexts, including films, music, news, books, academic papers, search requests, social marks, and 

items in general. Often used in the digital domain, the majority of today's E-Commerce platforms, 

such as eBay, Amazon, and Alibaba, employ patented recommendation algorithms to help match 

consumers with brands they are certain to enjoy (“Techlabs”, 2017) 

 

Recommendations make suggestion to the users based on their past behavior or expressed preferences 

(Ansari, Essegaier & Kohli, 2000). Creating recommendations is based on an filtering algorithm, the 

majority of organizations which employ personalized marketing used them and create individual 

preference models (Ansari et al., 2000). Recommendations provide users with additional knowledge 

about the products/services in order to help them accomplish particular goals (Zanker, 2012). This 

can result in increased trustworthiness by exploiting user’s confidence in decision making.  

 

Related work describes five factors that affect user satisfaction and choices. These factors are 

Accuracy, satisfaction, perceived personalization, novelty, and diversity. Accuracy refers to the 

algorithm ability to find precise recommendation that the users strives for. Satisfaction is the user’s 

overall satisfaction of the result and their perception of its usefulness. Perceived personalization 

contributes to the user’s perception that the algorithm understands their taste end effectively adapts 

even to the slightest change. Novelty is the algorithm’s proclivity for suggesting items for which the 
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recipient is unfamiliar. Diversity is straight forward it describes the diversity and variety of 

recommended items (Ekstrad, Harpers, Willemsen & Konstan, 2014).  

 

2.5.4. Limited offers  

This rise in scarcity and subsequent acquisitive behavior occurs even though we are not in immediate 

need of the object. Our appetite is fueled by scarcity, not the item's usefulness. Scarcity frequently 

has a large social component. If it seems that other people can obtain something that we currently 

could possess, we are much more tempted to obtain it (Cialdini, 2007, p. 265) The scarcity principle 

or strategy is based on the value people place on objects. Scarcity implies that things are more 

expensive because they are scarce. The scarcity strategy focuses on two critical elements or strategies. 

The first is the "limited-number" technique, and the second is the deadline technique. The deadline 

strategy works because it establishes an official time limit for the supply of the commodity. The small 

number strategy succeeds because it adds value to a commodity by limiting its supply (Bozzolo & 

Brock, 1992). These strategies are also applied in online advertisement more than ever. With tailored 

products organization can see what we are looking at and what we are not buying because of 

individual reasons (limited budget, lack of perceived value, lack of awareness). According to Lynn 

(1991) scarcity affects the consumers perception of goods by creating attractiveness and desirability. 

As shown in the example (Appendix G). During the pandemic scarcity was one of the driving forces 

of panic buying. Organizations have employed first come first served strategies for products that were 

short on supplies during the pandemic this included e.g. medicine, consumer electronics, auto parts.  

 

2.5.5. Social media marketing  

All forms of social media enable users to introduce themselves and their brands to dynamic audiences 

and individuals that may be involved (Roberts & Kraynak 2008). Social media is a new type of online 

platform that is made to generate resource for distribution online information that is utilized by 

customers that are seeking to educate one another about products, brands services and problems that 

they share (Nadaraja & Yazdanifard, 2014) Examples of social media are LinkedIn, Facebook, 

Clubhouse, Google+ and Instagram. Social media gained popularity for a number of reasons its speed 

and scale it can quickly set what is trending in topics that range from politics, technology, 

entertainment and social problems. Social networking platforms are fundamentally self-promotional 
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in nature. However, it is an attractive tool for companies to promote their products and services (Xiang 

& Gretzel, 2010)  

 

According to Southgate, Westoby & Page (2010) advertisers first send the message to potential 

consumer and they consequently share the message with other potential consumers. Portar & Golan 

(2006) referred to this as unpaid peer-to-peer communication. The goal of social media marketing is 

transforming their target consumer into emitters that spread the advertisement with their social circles.  

 

Previous studies have identified the factors influencing attitudes towards social media advertisement. 

These were identified as perceived usefulness, reliability, and word of mouth quality (Ahmad, 2016). 

Additionally, Zeng et al. (2009) found that when an online advertisement is relevant to the recipient, 

he or she develops a positive attitude toward it and responds favorably. Study conducted by Godey, 

Manthiou, Pederzoli, Rokka, Aiello, Donvito & Singh (2016) came up with a conceptual model for 

consumer attitudes based on Kim and Ko (2012) research that describes what constitutes social media 

marketing effort. There are five dimensions:  entertainment, interaction, trendiness, customization 

and word of mouth.  

 

Interaction has an important role in changing the communication between organizations and users. 

Social interactions create motivations for user generated content (Daugherty, Eastin and Bright, 2008) 

where users contribute to brand-related social media to connect with like-minded users, interact and 

converse with them about particular topics (Muntiga, Moorman & Smith, 2011).  While entertainment 

corresponds to the fun emerging from their social media experience (Agichtein, Castillo, Donato & 

Gionis, 2008) Studies showed that entertainment creates positive attitudes towards advertisement and 

drives participation in social networks to some degree (Parker, Kee & Valenzuela, 2009), hence if the 

consumer sees something entertaining  that catches his eyes (e.g. funny commercial) he is more likely 

to share it within his social circles. Moving on to trendiness social media, it has the ability to provide 

the latest news, topics and discussion that are very much up to date because of the number of active 

users (Naaman, Becker & Gravano, 2011).  

 

Consumers obtain inspiration, reviews and knowledge from the latest trends that are disseminated 

across the social media platforms, organizations and brands leverage this to communicate their 

current products or services. Furthermore, customization in social media refers to the intended 
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audience of the posted messages and by personalization their sites brands can customize and express 

individuality to the customers (Godey et al., 2016). Zhu and Chen (2015) described two types of 

customization on the social media one is customized message and the other is broadcast. Customized 

messages are specific for individuals or small group whereas broadcasts contain messages that are 

supposed to target anyone with an interest the former could be a message in your inbox from a 

company (see Appendix E) and the latter might be a sponsored advertisement intended for everyone 

interested (see Appendix F). Lastly the word of mouth describes consumer-to consumer interactions 

with brands (Muntinga et al., 2011). Social media became an ideal place for word of mouth spread, 

because consumers spread brand information with their social circles without any constraints (Godey 

et al., 2016). A good example would be job vacancies shared in the users’ network (Appendix G)  

 

2.6. How companies collect data  

When you browse the internet, unseen bits of software relay data about the pages you visit, your 

navigation habits, and even your keystrokes, scrolls, and mouse gestures to hundreds of third-party 

businesses. Similarly, when a person uses a smartphone, rich knowledge about the user's daily life is 

transmitted not only to Google, Apple, and a range of app providers, but also to a sizable number of 

third-party companies through secret software embedded in the app. This details can include a 

person's addresses, information about real-time app use and gestures, and data from a variety of 

sensors that capture motion, audio, and video( Wolfie, 2017, p. 5)  Additionally, when an increasing 

array of gadgets link to the internet – from wearable technology, e-readers, televisions, gaming 

consoles, toys, baby cameras, scanners, and voice-activated speakers to thermostats, smoke detectors, 

energy meters, door locks, and cars – personal data collection risks becoming pervasive and totalizing. 

Individuals, though, will currently see just the tip of the data and profiling iceberg. (Kopp, 2017) 

As a result, most users, as well as society, researchers, and politicians, have only a rudimentary 

understanding of the full scope and ways of corporate digital surveillance and profiling. 

 

Furthermore, customer data collection is the method of collecting, managing, and using customer data 

in order to improve customer understanding and retention. CDM includes the tools companies employ 

to gather and interpret consumer data, the legal context through which this data is acquired, and the 

protection mechanisms in place to protect this data through storage and access. (Customer data 

management, n.d.) Customer data is a distinct priority field. Every day, businesses collect, store, and 
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evaluate massive quantities of quantitative and qualitative data about their customer base, ranging 

from consumer behaviour to predictive analytics. Certain businesses have based an entire business 

model on customer data, whether it's through the sale of personal information to a third party or 

through the creation of targeted advertisements. Customer data is a multibillion-dollar industry 

(Freedman, 2020)  

 

The method of collecting, arranging, and reviewing data about your customers is an important process 

to employ when making changes to: 

 

1. The number of customers gained, the generation of loyalty, higher retentions, and the basis 

for expansion  

2. The ability to keep consumers well informed with our communication strategies  

3. Increased data quality to improve higher revenue  

 

The first step in effective personalized marketing is having a complete consumer record. A well-

structured database is a targeted to particular clients or prospects. A successful consumer database 

can serve as a good method for creating strong relationships. Companies get a complete 360-degree 

picture of their consumers' patterns of behaviour and preferences in the database. If a company's 

product quality is solely depending on what it feels about its clients, it would flounder (Kotler & 

Armstrong, 2011, p.499)  

 

2.7. Consumers perception of personalized marketing  

Although customer appreciation can seem to be an excessive move toward retention, it is not. Indeed, 

68 percent of consumers abandon a company due to a sense of indifference toward them, which is 

justification enough to change the strategy of the brand. Customers' sentiments are almost as 

important as their buying power, so marketers have to take into account the customers attitudes 

(Cawley, 2020) 
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2.8.  Consumer behaviour during covid-19 

The COVID-19 crisis had an unforeseen effect on the behaviour of consumers. Which meant that the 

marketing had to adapt their communication. The economic downturn of COVID-19 will demonstrate 

how the marketing is conducted in future for similar scenarios. The economic downturn has led to 

decrease in demand caused by reduced consumer interest, lower incomes, consumer defaults on loans, 

and diminished financial means caused by decreased share prices, and as a results we can see shifts 

in consumption within commodity groups (Hoekstra, 2020). Lamey, Deleersnyder, Steenkamp & 

Dekimpe (2012) have proven that across four different countries majority of the consumers are 

switching to cheaper store brands during their grocery shopping in economic downturn, subsequently 

they switch back to their preferred brands after recovery however not fully. According to Millet, 

Lamey & Van den Bergh (2012) consumers tend to shift their consumption towards product or 

services associated with avoidance of negative outcomes e.g. savings whereas products that achieve 

positive outcome e.g. pleasure shopping are more common during prosperous periods.  

 

Dekimpe & Deleersnyder (2018) suggested that the majority of prior research has taken a fairly 

narrow perspective, focusing on country-level, total category sales, or overall private-label shares, for 

example. Additional analysis is required to ascertain which consumers are less willing to change their 

purchasing habits as economic conditions deteriorate, preferring instead to absorb additional debt in 

order to sustain their pre-crisis consumption levels for as long as possible. While this thesis is not an 

extension to these previous researches, we wanted to take an approach and focus on consumer 

behaviour towards the channels that mitigate the impact of economic downturns on consumers. While 

staying relevant across multiple touchpoints with increased digital engagement and ensured customer 

relationship that fosters trust trough communication.  Consumers' life priorities are being reassessed, 

which may result in the introduction of new principles and purchasing criteria. 

2.9. Theory of planned behaviour  

As part of this study to investigate and examine the consumers behaviour towards personalized 

marketing amidst the global pandemic we have chosen to draw from theory of planned behaviour 

(Ajzen, 1991). Planned behaviour is up to today one of the best predictors and theories used in 

marketing. By just glancing into the digital world we see examples everywhere information is 

abundant to form our opinions or rather create them without us suspecting anything. We see rating, 
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reviews, and discussions about every product out there and wea re being told that people who buy 

what we are about to buy are also buying this other thing. Or we are prompted to first try out a services 

or product to see if we are able to handle it before we commit. All of this in combination contributes 

to us making a decision and modern personalized marketing needs to master all these avenues to 

successfully place a service or product to users spending their time on internet.  

 

The theory of planned behaviour is an evolution of the theory of reasoned action by Ajzen & Fishbein 

(1980) this theory necessitated from the original model's inability to account for activities over which 

individuals had little control or influence. The theory of planned behaviour is widely used and 

supported model to predict consumer behaviour.  

 

As was the case for the original principle of reasoned action, a core component of the theory of 

planned behaviour is the individual's desire to execute a particular behaviour. Intentions are thought 

to capture the motivating forces that affect actions; they are the indicators of how much individuals 

are able to go, of how much commitment they want to expend, in order to execute the behaviour 

(Ajzen, 1991, p. 181)  As a general rule, the more determined an individual is to participate in a 

behaviour, the more likely its output may be. Based on previous studies it has been confirmed that 

this model is able to predict the occurrence of a specifically defined desirable or undesirable 

behaviour. For example, the theory of planned behaviour was applied  

 

This theory is based on five considerations, one of which is that behaviours contribute to the 

prediction of clearly described behaviour. These considerations include, but are not limited to, 

attitudes, subjective norm, perceived control intentions, and actual behaviour. (Beck & Ajzen, 1991). 

Attitudes, subjective norms, and perceived control are often considered independent variables 

(predictors), which are often referred to as determinants of the actions under investigation, while 

purpose and actual action are considered explanatory variables. Figure X depicts a graphical 

description of the principle of planned behaviour. Attitudes are characterized as the subject's 

evaluation of the subject (Ajzen & Fishbein, 1977) or as an individual's estimation and interpretation 

of a particular behaviour as favourable or unfavourable (Ajzen, 1988).  
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Figure 4 The Theory of Planned Behaviour Model (Ajzen, 1991) 

Intentions are a product of three different predictors which we will discuss in greater detail.  

 

Behavioural attitudes are characterized as the subject's evaluation of the subject (Ajzen & Fishbein, 

1977) or as an individual's estimation and interpretation of a particular behaviour as favourable or 

unfavourable (Ajzen, 1988). So, to speak this relates to how a person thinks and feels about the 

behaviour and reflects their expectations and evaluations of the behaviour. This can be further divided 

into affective attitude and instrumental attitude. The former can be whether their behaviour is 

enjoyable or not in and online shopping situation this might be the extent to which a person enjoys 

shopping online. Whereas the later explain whether the behaviour is beneficial to the person or 

harmful. This could be whether they shop for unnecessary products that they don’t need (harmful) or 

that which they require (beneficial). The goal of personalized marketing is to truly engage the 

customer and form strong opinions about their products of services. This predictor is forming an 

opinion to make sense to buy something beneficial which could be even in some cases harmful to the 

customer. Thus, personalized marketing or advertisement want you to think that you need a specific 

product or service, so the predictor of behaviour attitude stays positive.  
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The second predictor of intentions is subjective norm it is a variable defined as the opinion, judgment 

and perception of society, in which an individual operates, including the social pressure associated 

with the realization to perform or not to perform the behaviour in question. Thus, the underlying 

determinant of this variable is the normative opinion of a segment of the population influencing the 

person (Ajzen, 1991. p. 182). This construct focuses on everything around this individual who want 

to behave in a certain way or want to make a purchase.  

 

Like attitudes this could be split into two different types. Normative beliefs is whether others 

encourage individuals do the behaviour and what the individual is told and motivation to comply 

relates to whether other persons in a social group engage or don not engage in the same way as an 

individual. Therefore, how motivated is the individual to comply with the messages that he receives, 

and he decides his agenda. As a consequence of COVID-19 the subjective norm has substantially 

shifted towards different consumer behaviour. Companies dictate through various channels what is 

the new normal, individuals practicing social distancing are forming their opinions based on the 

overwhelming number of data in an online environment. Government induced lockdowns are forcing 

people to stay at home and use e-commerce to shop. Personal marketing strives to be the basis for 

subjective norm and even creates these norms around the customer e.g. reviews, satisfied customers, 

people also bought etc.  

 

The third and final predictor of intentions is perceived behavioural control. Perceived control 

characterises the extent to which the defined behaviour is actually feasible, in terms of resources 

required, implementation or perceived obstacles (Ajzen, 1991) Likewise, the other predictors 

perceived behavioural control can be divided into two. Firstly, self-efficacy is how confident is the 

individual about how he can change even in the face of barriers or obstacles. And the secondly 

perceived external barriers these are external factor that the individual might perceive and prevent 

him in achieving his goals. A good example would be consumer or individual wanting to try out  a 

specific subscription service but he can’t because he has to register on a given website his credit card 

address unfortunately he is not so keen on giving away his personal information before he makes the 

decision to make a commitment so he perceives this as a barrier. Therefore, he would search for an 

option where he does not have to do these in his opinion unnecessary steps. To give this individual a 
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personal experience companies have to make this process convenient to the individual, so he does not 

interpret it as a barrier rather a step towards a long-lasting relationship.  

 

Combination of these three predictors contributes to the strength of the intention to behave in this 

way (Ajzen, 1988; Ajzen 1991). Intention thus represents an explanatory variable based on the 

strength of motivational factors influencing the behaviour of the individual (Ajzen, 1991) So if even 

one of the predictors is unfavourable, they are much less likely to commit. And the likely hood 

decreases when two or even three out of these predictors are unfavourable. Consequently, as the 

model shows the last predictor might just be enough for the individual to change his behaviour entirely 

and it might just come directly to that.  

 

To sum up the theory is based on a positive correlation between these three predictors in relation to 

the explanatory variable. This relationship can be interpreted in terms of, that the more favourable the 

individual's opinion (attitudes) and the opinion of others in his environment (subjective norm) on 

the behaviour under study and the greater his control over that behaviour (perceived control), the 

greater the intention to perform the behaviour. Prediction reliability checks can be made in pilot 

studies measured by a questionnaire examining actual behaviour and then comparing it with previous 

data (Ajzen, 1988; Ajzen 1991).  

 

The implication of this model for personalized marketing can be how can we give people a positive 

attitude to shop online from our website. We might target their outcome evaluation, how worthwhile 

is it to become a customer. What can we do to change someone’s personal attitude with personal 

advertisement or how could we create someone’s subjective norm by giving them information and 

how would we get them to comply with the message? How to make it clever enough or relevant 

enough to be motivated to comply with the message. 
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3. Hypotheses and conceptual model  

In this section we will introduce hypotheses based on the literature review. We have formed the 

following eleven hypotheses for statistical analysis.   

 

 

Figure 5 Proposed research framework 

𝑯𝟏𝟎: Consumers perceive the same presence of personalized marketing during the pandemic 

𝑯𝟏𝒂: Consumers do not perceive the same presence of personalized marketing during the pandemic  

H2: Targeted emails have a positive effect on the consumers’ intention to buy online amidst the 

pandemic  

H3: Product recommendations have a positive effect on the consumers’ intention to buy online amidst 

the pandemic  

H4: Fear of missing (scarcity) out has a positive effect on the consumers’ intention to buy online 

amidst the pandemic  



 

29 

H5: Custom Video messages have a positive effect on the consumers intention to buy online amidst 

the pandemic  

H6: Social media advertisement has a positive effect on the consumers’ intention to buy online amidst 

the pandemic  

H7: The increased number of personalized marketing during the COVID-19 pandemic has a positive 

effect on the consumer intention to buy online 

H8: Personal marketing creates a positive link between culture and consumer intentions to buy online  

H9: There is a positive relationship between consumers’ attitudes toward online shopping and their 

intentions to buy amidst the pandemic  

H10: Subjective norms are directly and positively associated with consumers’ intentions to buy online 

amidst the pandemic  

H11: Perceived Behavioural Control is directly and positively associated with individuals’ Intentions 

to buy online amidst the pandemic  
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4. Methodology  

This chapter discusses a number of testing approaches, explaining why they were chosen/selected to 

assist in addressing the research question and the overall goal of this research project. The goal of 

this research is to better understand consumer behaviour during a specific unforeseen situation.  

4.1. Philosophy of science 

To establish a research design, it is necessary to begin with a thorough review of the current research 

philosophy, process, and selection of the most appropriate principles that agree with the research 

objectives. The research philosophy we choose has an impact on how we make decisions about the 

environment, and therefore lays the groundwork for our research approach and methods (Saunders 

,Lewis, & Thornhill, 2009). The researcher's behaviour is motivated by this thought process in 

accordance with the associated values. Two major metaphysical dimensions that differentiate current 

study paradigms are ontological and epistemological assumptions (Wahyuni, 2012). If ontology 

describes how one perceives truth, epistemology determines if the information we possess is 

permissible and true while determining how to generate, comprehend, and use it. The two study 

philosophies will be discussed in greater detail in this section 

 

Epistemology is the study of how we know. We make tacit epistemic claims about ideas, acts, entities, 

and processes.  Through doing so, we generate knowledge, and our epistemic position determines the 

nature of that knowledge. Epistemic stances are variously referred to as pragmatic, positivistic, 

operationalist, referential, instrumental, empiricist, rationalist, and realist. Both of these makes 

statements about the type of information that can be generated by study, the manner in which it is 

obtained, and the manner in which it is delivered. (Tennis, 2008.p 3) This epistemic stances 

accomplish this task by taking a holistic view of truth, our understanding of it, and the meaning we 

may attribute to it. From an epistemological standpoint, science can be classified as positivism, 

realism, or interpretivism.  

 

Positivism and interpretivism are the epistemological paradigm's two poles. Since our scientific 

methodology is based on positivist concepts, we would almost certainly follow the methodological 

approach of a natural scientist. We would prefer 'working from an observable social fact and 

producing law-like generalisations comparable to those made by physical and natural sciences' 
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(Holden & Patrick, 2004, p.9). Only observable phenomena can result in the generation of reliable 

evidence. To develop a research strategy for collecting these data, we are likely to begin by 

developing hypotheses based on established theory. These hypotheses can be checked and validated, 

in full or in part, or rejected, resulting in the creation of hypothesis that can then be tested by further 

study (Saunders et al., 2009).  

 

While positivism is an epistemological position that promotes the use of natural science approaches 

to research social existence and beyond interpretivism on the other hand is used to refer to an 

alternative to the decades-old positivist orthodoxy. It is predicated on the belief that a technique is 

necessary that consider the distinctions between humans and natural science phenomena, and 

therefore allows the social scientist to comprehend the subjective sense of social behaviour (Bryman 

& Bell, 2011). Based on these facts we chose positivism as the best fitting concept for our research 

philosophy since we were investigating the consumer behaviour and their relationship towards 

personalized marketing.  

 

There are two primary approaches for collecting data necessary to address the research question. We 

used quantitative analysis to generate more stable and accurate data (Malhotra et al., 2017, p. 178)   

4.1. Research approaches  

Conducting a critical review of our literature laid the groundwork for our thesis. Its primary objective 

was to assist us in developing a thorough understanding and insight into relevant previous research 

and the trends that have emerged (Saunders, Lewis, & Thornhill, 2009, p.57). For our research 

approach we choose deductive approach which is based on a cascading pattern starting from theory. 

We reviewed similar researches, literature, journals about the topic to be able to form a theory-based 

hypothesis. The hypotheses drove the process of data gathering and analysis afterwards. Finally, we 

were able to either confirm or refute these hypotheses. (Bryman & Bell, 2011, p. 11) 

 

Our decision to chose deductive approach was because of the unexplored situation that concerned the 

coronavirus pandemic. As novel as the virus is it has (to our knowledge) never been subjected to a 

similar investigation as proposed in this thesis.  
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4.2. Research design  

 

In this research we used quantitative analysis to represent findings numerically in order to describe 

and understand the phenomenon that they depict. The first component is the explanation of 

phenomena. This is a critical component of every form of analysis, quantitative or qualitative. 

(Sukamolson, n.d.a, p. 2). We choose questionnaire as the most suitable method to gather primary 

data.  

 

Numerous statistics that do not occur naturally in quantitative form may be gathered quantitatively. 

This is accomplished by the creation of scientific instruments aimed primarily at translating 

phenomena that do not appear quantitatively in nature into quantitative results that can be analysed 

statistically. (Malhotra et.al.,2017,p.268) Attitudes and beliefs are examples of this.  

 

Additionally, with questionnaire, we addressed our research question and hypotheses, however they 

had potential to investigate additional links between previously unconsidered questions. For example, 

simple correlations to multivariate approaches that look for possible associations between questions 

can be performed and this is also called data mining. (Malhorta et. al., 2017, p.267) Essentially, we 

tried to identify important relations that are not there at first glance.  

 

Furthermore, this paper applies an exploratory research approach. The objectives of this approach is 

to explain phenomena, to test hypotheses and to investigate theoretical idea. We tried to apply well 

known theories to this newly emerged phenomenon. Additionally, we based our assumption on the 

model of planned behaviour to investigate (Azjen, 1991) and how different marketing tool (Social 

media, product recommendation, video advertisement) affect this consumer behaviour amidst the 

global pandemic.  

4.2.1. Research strategy 

For our research strategy we decided to use survey. Survey analysis refers to the gathering of data 

from a random sample of individuals through their answers to questions. This method of study enables 

the use of a range of approaches for recruiting respondent, collecting data and utilize a variety method 

of analysis (Ponto, 2015). Survey can be conducted quantitatively, qualitatively, or both 

quantitatively and qualitatively. We chose the former since we wanted to characterize and investigate 
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human behaviour. In our case the consumers intention to buy online. Surveys are ideal to for fast 

administration, cost effectiveness and the ability to generalize the results to a larger population from 

a representative sample. The criterion  
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5. Data collection  

The following section will discuss how we gathered data for this project, as it was important to 

provide a stable foundation upon which we could later answer the research question. Questionnaire 

was the source of our data we have evaluated.  

5.1. Primary and secondary data 

To have robust and novel insights into the study issues, it is critical to include both secondary and 

primary data. Secondary data are incorporated into this study and act as the primary foundation for 

the analysis. Additionally, secondary data is used to substantiate presented ideas and concepts that 

provide pertinent insight into the subject at hand. Our secondary data sources include research reports, 

books, journals, articles, case studies, blogs, and websites, which adequately embed the subject and 

research project. 

 

As mentioned above secondary data in comparison to primary data provide several benefits. 

Secondary data is readily available, cheap, and really easy to collect. However secondary data were 

collected for reasons possibly unrelated to the current issue at hand for example we as researchers 

want to understand the perception of the consumers towards personalized marketing during the 

pandemic. We could have gathered the data first-hand with but that would be incredibly time 

demanding. One could contend that the duration of academic classes is insufficient for conducting a 

longitudinal study to optimize the research timeframe we have to look for ready to use and available 

data from precursory literature. Or at least find parts or variables that are interest to the research. 

Although the information might be useful, it was not initially created to address our research topic. 

(Malhotra et al.,2017, p. 95; Martins, 2018, p. 2). Malhotra (2017) also stated that the examination of 

usable secondary data is a pre-requisite for primary data processing. We proceed to primary data only 

after the secondary data has been analyzed. The majority of research questions are addressed by 

combining secondary and primary data. Because of the limited data that this topic about the pandemic 

provides we will also have to rely on the data that is gathered ourselves. (Saunders et al., 2009, p. 

247)  

 

Quantitative research was used because of the need to obtain relevant answers to the questions, that 

arose from the previous part of the research as well as for gaining deeper insight when researching 
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the participants. In this part of the thesis, the aim was to identify and describe the attitudes towards 

personalized marketing amidst the global pandemic. The previous researchers have never tried to 

discribe a similar situation (Ajzen 1991;Vesanen,2017) therefore it was crucial to gather primary data 

on this topic. The novel virus has most definitely affected consumer behaviour and we wanted to see 

if the same principles apply.   

5.2. Questionnaire 

We chose as structured direct survey, which is the most popular out of data collection method, it 

involves administering a questionnaire we chose fixed-response alternative question that required our 

participant to choose from a predefined answers (Malhotra et al., 2017, p. 269)  which we will talk 

about later in this chapter. 

 

The method of data collection that we used is focused on the administration of systematic 

questionnaire to a random sample of a target population. We asked a series of questions/statement 

from the participants about their attitudes, intentions, feeling, beliefs, memory, motives, demographic 

and lifestyle characteristics (Malhotra et al., 2017, p. 269). For the purpose of the thesis because of  

the time frame and limited budget we chose a self-administered questionnaire distributed 

electronically with a tool  called Qualtrics.com available for students of Copenhagen business school.  

It is important to note that respondents must first understand the information in a self-administered 

survey before they can comprehend it. After respondents perceive the details, they must comprehend 

both the layout (visual aspect) and the wording (the verbal aspect) (Jenkins & Dillman, 1997, p. 3)  

Hence the participants were given instructions and direction before filling out the survey. This method 

also has it drawbacks which we will talk more in detail in chapter Reliability and validity. 

 

In order to assess respondent attitudes toward personalized marketing, Likert scale was the best option 

thus it was written and developed for the survey. These items were written to express how respondents 

might feel (positively or negatively) toward personalized marketing before and during the pandemic.  

 

There are number of considerations that we took into account when creating a Likert chart to answer 

our research questions and hypotheses. Firstly, it is the Likert rating scale. It is important that the 

response points should be equidistant from neighboring response points in this case antonyms  (or 

opposite terms) the selected verbal anchors should be at an equivalent position on either side of the 
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rating scale to ensure linguistic symmetry of the rating scale’s midpoint. We chose the most 

commonly used anchor set of strongly disagree, somewhat disagree, neither agree or disagree, agree 

and strongly agree. The response point on both sides of the midpoint have anchors that are exact 

antonyms. (De Jong & Dirks, 2012). Here, the anchors for the response points on either side of the 

midpoint are similar antonyms—disagree and agree—while the response points two out from the 

midpoint keep these antonyms but incorporate an equivalent adverb—somewhat (Robinson, 2018, p. 

741). These anchors ascend from left to right from the level of agreement. We chose to use completely 

labeled answer points not only maximize acquiescence, but also reduce drastic responses and improve 

the readability of reverse-coded items seen in figure 6. 

 

 

Figure 6 Likert scale (Robinson , 2018) 

 

For the purpose of our research we chose to use 5 response points an even number to represent also a 

neutral stance. According to Revilla, Saris, & Krosnick (2014) 5 points provide a higher quality data 

than those with 7 to 11 points. Additionally, we felt like too many response points would start to 

annoy our participants and whoever used a smartphone device would feel like the survey is cramped 

and harder to operate if we used more than 7 response points. Finally, Weitjters et al. (2010) found 

out that educated people prefer a 7-points scale, it is because they are able to better comprehend the 

response complexity, where as 5-point rating are preferable for the general population these were are 

conscious decision.  
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5.2.1. Demographic questions  

We found it necessary for the research to collect demographic data from the participants. In some 

cases, controlling the demographic factors is important when conducting statistical. We tried to ensure 

uniformity, it is typically preferable to collect demographic data through questions with predefined 

answer categories from which participants choose the appropriate response (Robinson, 2018, p. 746) 

A potential exception is questions about nationality, where precise statistics (for example Slovak, 

German, American) can be collected and then categorized into defined categories (Central Europe, 

United States,) if necessary.  

 

5.2.2. Structure of the questionnaire 

The questionnaire consisted of 7 main blocks with a total of 38 questions and statements including 

demographics.  This questionnaire can be found in appendix H 

1. Demographics (Gender, Age, Employment, Nationality)  

2. Shopping behaviour during COVID-19 

3. Email marketing 

4. Video marketing  

5. Limited offers 

6. Social media marketing  

7. Behavioural intention  

 

Since there is no standardized form of questionnaire for examining information behaviour, the 

questions were selected, or inspired, based on a search of other sources focusing on the area of 

advertising behaviour. 

5.3. Sampling  

The target group of the research were men and women aged 18 to 55+ we set the age limit higher so 

we can capture a wider range of respondents, which will allow for more diverse results to be obtained. 

We did not set a specific criterion on who should participate in this survey. Because even older people 

active on the internet experience personalized marketing which is really customer specific. We did 

not set a limit on who can or cannot participate it would not make sense since personalized marketing 

targets everyone that has a device or internet connection or a social health insurance. Even the word 
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pandemic implies this is a global problem therefore we assumed everyone from the population that 

we choose to target has been somewhat affected by the coronavirus in any part of the world. At the 

time of writing this research there were 220 countries and territories around the world that have 

reported confirmed cases of the coronavirus that originated from Wuhan, China. The number of 

confirmed cases surpassed 150 million (Worldometer, 2021).  

 

We chose to distribute the questionnaire to everyone in our social circles who was accessible 

regardless, social status, education etc. with one exception the participant must have internet 

connection. Therefore, the method we choose to employ is convenience sampling. Convenience 

sampling is a non-probability sampling technique that relies on our personal judgement this technique 

may give us good estimates of the population’s characteristics. (Malhotra, 2017, p. 419). The pros of 

this techniques are that it is the least expensive and least time consuming of all the sampling 

techniques. However, this technique also has limitations. We cannot generalize the findings to the 

whole populations, moreover we are prone to bias because we chose to distribute the questionnaire 

to people that we know or somehow interact with. Convenience samples are not ideal for descriptive 

or causal research but for our case an exploratory research we can generate ideas or insights based on 

our findings (Malhotra et al., 2017, p. 421) 

 

While we did not specifically ask the participants to share the questionnaire further, we saw the effect 

of snowballing sample in the collected data. (Malhotra et al., 2017, p. 424). The participants have 

organically selected others to take part in the questionnaire which was very surprising.  

 

5.4.  Coding  

The scale measurement used in the questionnaire were based on a 5-point Likert scale (1=” Strongly 

Disagree”, 2=” Somewhat Disagree”, 3=” Neither Agree nor Disagree, 4=” Somewhat Agree” and 5=” 

Strongly Agree”). The Likert scale is a widely used means of summated rating scales, under the form of 

statements that express either a favourable or unfavourable attitude toward a specific objective (Cooper 

& Schindler, 2006). Once we have received the data, the next step was to calculate scale scores this 

means numerically code the response points to quantify the participants' response data.  
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Consecutive ascending whole numbers are almost often used to reflect the similarly occurring 

intervals denoted by the verbal anchors (Thurstone, 1929). This is the recommended option. So, for 

instance, strongly disagree could be coded 1, disagree coded 2, neutral coded 3, agree coded 4, and 

strongly agree coded 5 (Albirini, 2006). Most researchers code the lowest response point as 1 rather 

than 0 (Albirini, 2006), although some do the latter. Either way, inter-scale correlations will be the 

same, although scale scores will naturally be 1 higher in the former case. However, there are good 

reasons for coding response points from 0 upwards rather than from 1. (Cooper & Schindler, 2006). 

We do not employ this strategy. But if we did code from 0 rather than 1 the results could be shown 

in a y axis which is intuitive and makes the most sense to start from 0. A very common error is to 

display scale scores measured using 1–5 coding on graphs with 0–5 y-axes, thereby erroneously 

inflating perceived scores in the process.  

5.4.1. Second language  

The questionnaire was created also in a second language for better comprehension for people that did 

not speak English but they were active online users.  

5.5.  Considerations and ethical issues of questionnaire 

There were number of ethical principles that we adhered during the collection of data so we could 

protect ourselves and the participants. It was important to us that the participants gave their consent. 

They were prompted to read a short text about privacy and anonymity. Most importantly if they 

continued to the next section of the survey, they were giving consent, but they could withdraw 

whenever they wanted. We made sure that their data stayed confidential and anonymous. Lastly our 

goal was to maintain objectivity, but since the data was anonymous each participant was assigned 

with a unique number and nothing more (Saunders et al., 2009, p. 187)  

5.6. Reliability and validity  

 

Reliability refers to the solidity of the questionnaire and, more specifically with its potential to deliver 

stable results across time and conditions”. (Saunders et al., 2009, p. 372), or whether the findings can 

be repeated in a different environment. There are some factors we considered in making our 

questionnaire reliable.  
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To be able to deliver stable result we adjusted our research to the current situation. Although 

consumer behavior is volatile, we measured this in a certain period of time assuming that attitudes 

and opinions did not change significantly at that exact period.  

 

Another factor is internal consistency. This refers to whatever items we measured would produce 

similar result. We measured internal consistency with Cronbach’s alpha and calculated the 

correlations between the measured items. In internal consistency we achieved α of .760 which is in 

the acceptable region this will be presentment in the next chapter.  

 

To achieve higher reliability, we tried to structure our questionnaire with avoiding jargon or special 

terminology that would be hard to comprehend. We tried to stay unambiguous and neutral when 

forming the questions/ statements. We avoided using statement that would deem to be confidential or 

personally identifiable. And lastly, we avoided using leading questions as these could bias our 

participants responses by suggesting what they should answer. 

 

Moving on to validity. Validity refers to if our findings did correspond with the real world (Malhotra 

et al.,2017, p. 311). While internal validity tries to establish credible cause and effect relationships 

between the items external validity refers to the extent to which a study's findings may be assumed 

to appear in other contexts. (Saunders et al., 2009). Since our research was mainly built on theory of 

planned behavior (Ajzen,1991), it was safe to assume that the validity was enhanced based on other 

authors researches but in different application.  

5.7. Testing the questionnaire 

Few participants were selected to conduct a preliminary test before launching the survey. After that 

the feedback was collected and changes were made accordingly. Visibility of the text, 

statement/question formulation changes were done accordingly. Also mobile users were taken into 

consideration since up to 53% of surveys are happing on mobile devices, unfortunately many of these 

respondents end up leaving before finishing the survey (Qualtrics, n.d.a.) therefore we tried to stay 

concise about the space on mobile devices and formulated the statements as short as possible.  
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6. Empirical findings and Data analysis  

The analysis section is structure around statistical evaluation. The first section describes 

demographics followed by descriptive statistics. Later we use one sample t-test and regression 

analysis to examine personalized marketing and theory of planned behaviour. Lastly, we summarize 

and discuss our findings.   

6.1.1. Sample  

For the data collection we have approach 270 people, who were asked to fill out the questionnaire/ 

The distribution was done through emails (Work Emails) and social networks (Facebook, Instagram) 

including messaging apps (WhatsApp). For ethical consideration participants were informed their 

data will not be misused and that the survey is completely voluntary. We collected 211 legitimate 

responses and discarded 28 responses that were incomplete. The rest of the approached participants 

did not fill out the survey. We could have achieved a higher response rate if we included answers like 

not applicable, the assumption for this issue was that the participant has stumbled upon a statement 

with which they did not have experience e.g. “Interacting with brands on social media is increasing 

the likelihood of me buying their product” if the participant did not have a social account it was less 

likely he would answer the question. We saw a large dropout rate after this set of questions. 

Nevertheless, we reached a satisfying number of respondents.  

 

 

Figure 7 Gender frequency distribution 

The gender distribution can be seen in figure 7. From all the participants 58.3% (123) were male and 

41.7% (88) were female.  
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Figure 8 Age frequency distribution of the sample 

 

Most of the participants were between the ages of 25 to 29 this contributed to 47.9% followed by 18 

to 24 which was 19.9%. The rest from 30 to 55+ contributed to 32.2%.  

 

 
Figure 9 Distribution of nationalities in the sample 

 

We did consider nationality as an important demographic factor due to the nature of hypothesis 8. We 

can se a diverse distribution of nationalities in the sample. The survey was distributed between the 

colleagues at DELL which is a very international environment also to the contacts acquired on an 

exchange semester in Czech Republic. In addition to this, the survey was posted in a Facebook group 

“student survey exchange” where researchers fill out each other’s surveys. Hence the diverse 

distribution of nationalities.  
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Provided that the majority of the participants were Slovak (78) followed by Czech (49) and Hungarian 

(26). Other nationalities (58) consisted of Indians, Danes, Canadians, Germans, Dutch and more.  

6.1.2. Descriptive statistics  

We will present our finding in a descriptive matter. In this part we will see our variables under 

scrutiny. Mean represent the average score our participants expressed in the questionnaire standard 

deviation measures the amount of variation of the chosen set the lower the number the closer it is to 

the mean and finally variance is the expected deviation from the mean. How far is a set of number 

spread from its average.  

 

Planned behaviour  

 

 

 

 N Minimum Maximum Mean Std. Deviation 

I think my online shopping 

experience was positive for the 

past year 

211 2 5 4.05 1.103 

People who are important to me 

would approved that I was 

shopping online for the past 

year 

211 1 5 4.22 .982 

Most of the people I l know 

were shopping online during the 

pandemic 

211 1 5 4.01 1.276 

I had plenty of ways to shop 

online in the past year during 

the pandemic 

211 4 5 4.52 .501 

I think online shopping is much 

easier now than it was last year 

prior to the pandemic 

211 1 5 4.45 .812 

Valid N (listwise) 211     
Table 1 Planned Behavior 

 

The table above depicts the predictors of planned behavior namely the intention to form a behavior.  

The mean of all questions is greater than 3, which means the participants were expressing a more 
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positive attitude (Agree, somewhat agree) towards the statements rather than negative (somewhat 

disagree, disagree). Standard deviation is quite low which means that the answers from participants 

were similar.   

 

Email Marketing 

 

 

 N Minimum Maximum Mean Std. Deviation 

I think my online shopping 

experience was positive for the 

past year 

211 2 5 4.05 1.103 

People who are important to me 

would approved that I was 

shopping online for the past 

year 

211 1 5 4.22 .982 

Most of the people I l know 

were shopping online during the 

pandemic 

211 1 5 4.01 1.276 

I had plenty of ways to shop 

online in the past year during 

the pandemic 

211 4 5 4.52 .501 

I think online shopping is much 

easier now than it was last year 

prior to the pandemic 

211 1 5 4.45 .812 

Valid N (listwise) 211     
Table 2 Email Marketing 

 

Moving on to Email marketing as we can see from Table 2 the mean for these statements vary. The 

participants have expressed a positive attitude, but the average of all means is above 4(4.25). In terms 

of frequency the participants do express strong attitudes towards the statements.   
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Video Advertisement 

 

 

 N Minimum Maximum Mean Std. Deviation 

I am more likely to buy a 

product that has an entertaining 

video ad 

211 2 5 4.27 .786 

If the video ad provides 

valuable and credible 

information I am more likely to 

buy a product 

211 1 5 3.17 1.199 

I am less likely to buy a product 

when the video advertisement is 

unclear 

211 1 5 4.04 .935 

I feel irritated when If I see a 

video ad 

211 1 5 3.60 1.066 

Valid N (listwise) 211     
Table 3 Video Advertisement 

 

 

This table illustrates that the mean is above average, however the participants expressed strong 

positive attitudes towards statement one and three (4.27, 4.04). Standard deviation is below one for 

two statements which means the responses from the participants were very much alike.  

 

Limited Offers 

 

 

 

 N Minimum Maximum Mean Std. Deviation 

I am more likely to buy a 

product when it is on sale 

211 1 5 4.09 1.276 

I am more likely to buy a 

product when there is a limited 

amount of it 

211 1 5 3.54 1.339 

Valid N (listwise) 211     
Table 4 Limited Offers 
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The table above relates to the limited offers occurring on the internet. The mean of each question is 

more than 3 (3.85) which means there are more responses expressing a positive attitude towards 

limited offers.   

 

Product recommendation 

 

 

 N Minimum Maximum Mean Std. Deviation 

I am more likely to buy a 

product that is unfamiliar to me 

but has been recommended 

211 1 5 3.99 1.207 

I am more likely to buy a 

product that was recommended 

to me 

211 1 5 4.03 1.421 

Valid N (listwise) 211     
Table 5 Recommended Products 

 

This table illustrates that the respondents are more inclined towards recommended product and they 

express positive feedback. The standard deviation is above one which means there were some 

different opinions, but they were mostly positive. 

 

Social Media Marketing 

 

 

 N Minimum Maximum Mean Std. Deviation 

Entertaining posts about a product are 

increasing the likelihood of me 

buying it 

211 2 5 4.17 1.042 

Interacting with brands on social 

media is increasing the likelihood of 

me buying their product 

211 1 5 2.38 1.073 

Informative advertisement on social 

media are increasing the likelihood of 

me buying a product 

211 2 5 4.39 .986 

If the advertisements on social media 

are customized to my needs I am 

more likely to buy a product 

211 2 5 4.11 .914 
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I am more likely to buy a product if 

the advertisement is up to date 

211 1 5 3.04 1.133 

I am more likely to buy a product if 

the reviews on social media are 

positive 

211 1 5 3.94 .979 

Valid N (listwise) 211     
Table 6 Social Media Marketing 

The respondent did not find interacting with brands as important as informative posts on social media. 

Standard deviation suggest that the responses were quite similar.  

 

Behavioral Intention 

 

 

 

 N Mean Std. Deviation Variance 

 I intend to buy more online because of the 

pandemic 

211 3.95 .977 .954 

I willing to recommend personalized 

marketing to others during the pandemic 

211 3.83 1.138 1.295 

 I intend to embrace personalized marketing 

more the next time I see it 

211 4.13 1.162 1.350 

Valid N (listwise) 211    
Table 7 Behavioural Intention 

Table about behavior intention revealed strong positive attitudes towards the predictors of behavior. 

But in some cases the responses were different as we can see from standard deviation.  

 

 

6.1.3. Cronbach’s reliability analysis 

Reliability refers to the degree to which a scale provides accurate outcomes if repeated measurements 

are produced. Systematic sources of error do not have a detrimental effect on reliability, because they 

affect the calculation in a constant manner and do not lead to inconsistency (Malhotra 2017, p. 359).  

For the purpose of or research and to test the reliability of the data we chose to employ Cronbach’s 

alpha. Alpha varies from 0 to 1 where 0.6 indicates an unsatisfactory consistency.  
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Cronbach's Alpha 

Cronbach's 

Alpha Based on 

Standardized 

Items N of Items 

.760 .795 41 

Table 8 Cronbach's reliability test 

 

The table above shows that the Cronbach’s alpha for all variables is 0.760 which is satisfactory 

results therefore it is accepted for this research. The measure 0.7 is commonly required to qualify as 

reliable on the other hand 0.5 is unacceptable and the data has to be revised (Madsen, 2016) 

 

6.1.4. Pearson correlation                                              

Since we are measuring strength and direction of a relationship between two or more variable we will 

use the Pearson correlation. The statistics that we are about to present may suggest there are strong 

association that can be statistically significant (Boslaugh, 2012).We have to also keep in mind that if 

a  causal link exists, it could be in the opposite direction to what we expect. Because of these factors, 

even the strongest correlation does not prove causation; instead, claims of causation must be shown 

via experimental design (Boslaugh, 2012). 

 

 
Table 9 Pearson Correlation for Personalized Marketing 

 

A Pearson correlation (r) was conducted to examine the relationship between planned behavior, email 

marketing, video advertisement, limited offers, product recommendation and social media marketing. 

In similar situations the product moment correlation better known as Pearson correlation is widely 

Behavioral 

Intention

Email 

Advertisem

ent

Video 

Advertise

ment

Limited Offers

Product 

Recomm

endation

Social Media Marketing 

Behavioral Intention 1 .560
**

.413
** .535** .372** .527**

Email Advertisement 1 -.480
** .416** .315

** .419**

Video Advertisement 1 .524
**

.418
**

.316
**

Limited Offers 1 .366
**

.343
**

Product 

Recommendation
1 .346

**

Social Media 

Marketing 
1

Correlation for Personalized Marketing and Behavior Intention (N= 211)

**. Correlation is significant at the 0.01 level 
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used static, which summarizes the strength of associations between two metrics. It dictates the degree 

how one variable X is related to the other variable Y (Malhotra, 2017, p. 635). Pearson correlation is 

measured with an index which ranges from (-1, 1), within 0 indicating no relationship between the 

variables and the larger absolute values indicate a stronger relationship between the variables 

(Boslaugh, 2012). The higher the coefficient the stronger the relationship. 

 

Behavioral Intention was strongly positively related to email advertisement r (211) = .560, p<0.01 as 

well as to social media marketing r (211) =.527, p<0.01. We can also see a significant level of 

correlation between behavioral intention and limited offers r (211) =.535, p<0.01. A less significant 

but positive relationship is depicted between behavioral intentions and product recommendation r 

(211) = .372. In regard to video advertisement and behavioral intention we can see a less significant 

but positive relationship r(413) = .413. A complete list of correlations is presented in Table 10.  

 

These findings indicated that most of the predictor for behavioral intention are related and have a 

strong impact on the dependent variable.  

 

Table 10 Pearson Correlation for Planned Behaviour 

 In the next part of Pearson correlation, we analyzed the relationship between (dependent variable) 

behavioral intention and three predictors attitude, subjective norms and perceived behavioral control 

(independent variable) (Azjen, 1991). As we can see from table 10. there is always a positive 

relationship meaning. 

6.1.5.  One sample t-test  

 

Behavioura

l  Intention
Attitude Subjective Norms

Percieved 

Behavioral 

Control

1 0.420** 0.623** 0.425**

1 0.496** 0.325**

1 0.275**

1

Correlation for Behavioral Intention and Predictors for Planned Behaviour (N= 211)

**. Correlation is significant at the 0.01 level (2-tailed).

Behavioural Intention

Attitude

Subjective Norms

Percieved Behavioral Control
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To test the first hypothesis, we performed a one sample t-test measuring if the consumers perceive 

the same presence of personalized marketing during the pandemic. We compared the population 

parameter mean if it is equal to a number or greater/lower than the mean.  

 

Table 11 One Sample T-test 

We reject the null hypothesis in favor of the alternative because the mean is not equal to 3 (μ ≠ 3). 

Therefore, we conclude on a significant level (0.000 which is lower than 0.05) that the consumers 

perceive a stronger presence of personalized marketing during the pandemic μ= 3.7801.  

 

6.1.6.  Regression analysis  

Regression analysis allowed us to do is take a look at independent variable (Email marketing, video 

advertisement etc.) and see how well they predict the score of one dependent (Behavioural Intention) 

variable the outcome. The aim of regression is to discover relationships between variables and to 

construct a model. As a result, this is a significant mathematical modelling technique. A mathematical 

equation can be constructed using independent variables that function as prompts or exert control on 

a dependent variable or reaction. Regression is often used to describe how such phenomena change 

in response to controlling variables. This entails calculating the coefficients of the explanatory 

variable, independent variables, or inputs that contribute to the prediction of the dependent variable 

or answer (Adams, Khan, Raeside & White, 2007, p. 198). In this part of this paper we will be looking 

at multiple regression coefficient (𝑅2) which can by also expressed in percentages.  Since we are 

employing multiple regression analysis it is the value between 0 and 1 that indicates the frequency of 

the relationship between a quantifiable dependent variable and two or more quantifiable independent 

variables. The coefficient indicates how much variance in the dependent variable can be objectively 

interpreted by the independent variables (Saunders et al., 2009).  

 

 

N Mean
Std. 

Deviation
Std. Error Mean

Presence of Marketing 211 3.7801 0.6192 0.04263

Lower Upper

Presence of Marketing 18.3 210 0 0.78009 0.6961 0.8641

One Sample T-test

95% Confidence Interval of the Difference

Test Value = 3

t df
Sig. (2-

tailed)
Mean Difference
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The next metric will discuss is unstandardized coefficient beta (B) This value indicates the slope of 

the line connecting between the predictor and dependent variables (Adams et al., 2007, p. 200) this 

means for each variable that increases by 1 the dependent variable will increase by the corresponding 

value of B the same applies other way around if the unstandardized coefficient beta (B) is a negative 

number the dependent variable decreases by the corresponding value. Furthermore, standardized beta 

(β) operates in a manner somewhat close to that of a correlation coefficient. It ranges from value 0 

and 1 or between 0 and -1 on the direction of the relationship. The closer the value is to 1 or -1, the 

stronger the relationship. Therefore, it is very easy to determine and compare which variable has a 

stronger relationship. For regression coefficients of variables to be considered statistically important, 

the likelihood value must be less than 0.05 (p <0.05). (Saunders et al., 2009) additionally specific 

regression coefficients and associated t-values are examined to determine which independent 

variables are statistically important. 

 

 

Table 12 Regression Analysis 1 

 

R R Square

Adjusted 

R Square

Std. Error of the 

Estimate

.583
a 0.433 0.214 0.65304

Sum of 

Squares df Mean Square F Sig.

Regression 26.587 5 5.317 12.469 .000
b

Residual 87.425 205 0.426

Total 114.012 210

Standardized 

Coefficients

B Std. Error Beta

(Constant) 3.218 0.495 6.500 0.000

Targeted Emails 0.269 0.082 0.232 3.278 0.001

Video Advertisment -0.394 0.087 -0.360 -4.531 0.000

Limited Offers 0.092 0.055 0.127 1.663 0.098

Product 

Recommendation

-0.156 0.066 -0.169 -2.355 0.019

Social Media 

Marketing

0.386 0.101 0.263 3.820 0.000

Hyphotheses 6.2.4.5.3

Model

a. Predictors: (Constant), Social Media Marketing, Targeted Emails, Limited Offers, 

Unstandardized 

Coefficients

t Sig.

a. Dependent Variable: Behavioural Intention

ANOVA
a

Model

a. Dependent Variable: Behavioural_Intention

b. Predictors: (Constant), Social Media Marketing, Targeted Emails, Limited Offers, Product Recommendation, Video Advertisment

Coefficients
a

Model
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The first part of regression analysis investigated the relationship between behavioral intention of 

individuals (dependent variable) and social media marketing, product recommendation, limited 

offers, video advertisement, targeted emails (independent variables). All the variables were 

statistically significant since p-value was lower than p<0.005. The R square (𝑅2) was 43.3% which 

indicated the frequency of the relationship. Moving on to the third figure. We found a positive 

relationship among behavioural intention and three other independent variables.  We interpret the 

results followingly: Social media marketing had the strongest relationship for all the variables at (β = 

0.263, t = 3.820, p = 0.000) followed by targeted emails (β = 0.232, t = 3.278, p=0.001) and limited 

offers (β= 0.137, t=1.963, p=0.038) which in conclusion supports hypothesis 6, hypothesis 2 and 

hypothesis 4. On the other hand, video advertisement (β = -0.360, t= -4.531, p= 0.000) and product 

recommendation (β= -0.169, t= -2.355, p= 0.019) had unexpectedly a negative relationship towards 

behavioural intention which means we refute hypothesis 5 and hypothesis 3 because we assumed a 

positive relationship. We have statistically significant findings because no variable was bellow p = 

0.05.  

 

Table 13 Regression Analysis 2 

 

R R Square

Adjusted 

R Square

Std. Error of the 

Estimate

.462
a 0.368 0.335 0.71632

Sum of 

Squares df Mean Square F Sig.

Regression Regression 7.798 3 12.599 5.066 .000
b

Residual Residual 106.214 207 0.513

Total Total 114.012 210

Standardized 

Coefficients

B Std. Error Beta

(Constant) 5.487 0.532 10.318 0.000

Attitude 0.262 0.047 0.292 1.310 0.032

Subjective_Norms 0.294 0.057 0.329 3.394 0.001

Percieved_Behavioral_

Control
0.316 0.110 0.238 1.957 0.039

a. Dependent Variable: Behavioural Intention

a. Dependent Variable: Behavioural Intention

b. Predictors: (Constant), Percieved Behavioral Control, Subjective Norms, Attitude

Coefficients
a

Model

Unstandardized 

Coefficients
t Sig.

Hyphotheses 9.10.11

Model

a. Predictors: (Constant), Percieved Behavioral Control, Subjective Norms, Attitude

ANOVA
a

Model
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Moving on to regression analysis for behavioral intention and the predictors which are attitudes 

subjective norms and perceived behavioral control. The overall adjusted 𝑅2 was 0.335 this tells us 

that 33.5% of the variance for dependent variable is explained by the independent variables. Next, 

ANOVA tells us we have a statistically significant finding because it is less than 0.05 (p=0.000 ). For 

attitudes we have p=0.092 this variable has a statistically significant impact on the outcome variable 

behavioural intentions and so does the others. Subjective norms at p=0.001 and perceive behavioural 

control at p=0.039. Finally, the standardized coefficient β revealed that subjective norms has the 

highest standardized coefficient at β=0.329, t=3.394 followed by attitudes β=0.292, t=1.310. Lastly 

the regression analysis for perceived behavioural control revealed β= 0.283, t=1.957. All the values 

indicate that hypothesis 9, hypothesis 10 and hypothesis 11 are supported. These findings explain the 

importance of factors influencing the behavioural control positively.  

 

Table 14 Regression Analysis 3 

 

The adjusted square (𝑅2)in the first table tells us that 26.3% of the variance of dependent variable is 

explained by the independent variable. The ANOVA depicts that we have a statistically significant 

finding p>0.05.  Presence of personalized marketing has a statistically significant impact on the 

R R Square

Adjusted 

R Square

Std. Error of the 

Estimate

.280
a 0.268 0.263 0.71314

Sum of 

Squares df Mean Square F Sig.

Regression 7.721 1 7.721 15.181 .000
b

Residual 106.291 209 0.509

Total 114.012 210

Standardized 

Coefficients

B Std. Error Beta

(Constant) 5.139 0.304 16.882 0.000

Presence Marketing 0.410 0.079 0.334 3.896 0.000

a. Dependent Variable: Behavioural Intention

a. Dependent Variable: Behavioural Intention

b. Predictors: (Constant), Presence of Marketing

Coefficients
a

Model

Unstandardized 

Coefficients

t Sig.

Hyphothesis 7

Model

a. Predictors: (Constant), Presence Marketing

ANOVA
a

Model
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outcome variable behavioral intention. The findings indicate that standardized coefficient (β) is 0.334 

which support hypothesis 7.  Concerning the hypothesis 8 we tested if there is a positive relationship 

between national culture and consumers behaviour towards personalized marketing.  

 

Nationality 

Unstandardized 

Coefficients 

Standardized 

Coefficients 
t Sig. 

B 
Std. 

Error 
Beta 

Slovak 

      

Targeted Emails 0.024 0.1 0.047 0.242 0.809 

Video Advertisement -0.159 0.099 -0.237 -1.614 0.111 

Limited offers -0.021 0.085 -0.035 -0.249 0.804 

Product recommendation -0.146 0.052 -0.497 -2.816 0.006 

Social Media Marketing 0.348 0.081 0.587 4.302 0 

Czech 

      

Targeted Emails 0.279 0.221 0.186 1.26 0.215 

Video Advertisement -0.7 0.19 -0.539 -3.688 0.001 

Limited offers 0.212 0.171 0.162 1.238 0.223 

Product recommendation 0.036 0.139 0.022 0.258 0.798 

Social Media Marketing 0.62 0.262 0.261 2.364 0.023 

Hungarian 

      

Targeted Emails 0.107 0.187 0.124 0.571 0.575 

Video Advertisement -0.261 0.271 -0.217 -0.961 0.348 

Limited offers -0.017 0.112 -0.033 -0.149 0.883 

Product recommendation -0.131 0.155 -0.223 -0.846 0.407 

Social Media Marketing -0.236 0.233 -0.261 -1.012 0.324 

Danish 

      

Targeted Emails -0.587 0.273 -0.526 -2.146 0.098 

Video Advertisement 0.142 0.427 0.173 0.333 0.756 

Limited offers 0.227 0.299 0.374 0.76 0.49 

Product recommendation -1.644 0.528 -1.51 -3.117 0.036 

Social Media Marketing -0.581 0.409 -0.704 -1.422 0.228 

German 

      

Targeted Emails 0.422 0.468 0.646 2.902 0.462 

Video Advertisement -0.321 1.236 -0.328 -0.26 0.82 

Social Media Marketing -0.298 0.977 -0.325 -0.305 0.789 

Chinese 

      

      

Video Advertisement -1.381 0.731 -0.585 -1.889 0.132 

Limited offers 1.549 1.466 0.605 2.421 0.033 

Social Media Marketing 1.549 1.827 0.279 0.847 0.444 

Table 15 Regression Analysis 4 
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The table depicts only variables with a large enough sample size we did not consider nationalities 

with 1 or 2 respondents. Although we can see some positive associations between variables some of 

them fall into rejection region which would automatically refute our hypothesis however if we take a 

closer look at standardized coefficient beta (β) and calculate the mean for all the variables we would 

get (β= -0.084) therefore, we would reject hypothesis 8 since the relationships are negatively affected. 

We can mention some interesting findings, for example Slovak participants had a more positive 

relationship toward social media marketing (β=0.587, t= 4.302, p=0.000) similarity to Czech 

participants (β=0.268, t=2.364, p=0.023). While Chinese had a strong positive relationship to limited 

offers (β=0.650,t=1.421, p=0.033) the Germans were more inclined towards targeted emails 

(β=0.646, t=2.902, p=0.462). 
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6.2.  Summary of the findings 

 

Figure 10 Tested Hypotheses 

𝑯𝟏𝟎 was rejected in favour of the alternative hypothesis  𝑯𝟏𝒂 because the consumers did not perceive 

the same presence of personalized marketing during the pandemic. We assumed the mean would be 

equal to 3 (μ ≠ 3). 
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H2 was accepted because we found that targeted emails have a positive effect on consumers intentions 

to buy online β= 0.232 

 

H3 was rejected because product recommendation was negatively associated with consumers 

intentions to buy online β= -0.169 

 

H4 was accepted as limited offers had a positive effect on the consumers intention to buy online β= 

0.137 

 

H5 was rejected because we found that video advertisement has a negative relationship towards 

customers intention to buy online β= -0.360 

 

H6 was accepted because social media positively and significantly correlated with customers 

intention to buy online β= 0.263 

 

H7 was accepted since increased presence of personalized marketing had a positive effect on 

consumers intention to buy online β= 0.334 

 

H8 was rejected because we did not find a significant link between nationality and personalized 

marketing β= -0.081 

 

H9 was accepted as the consumer attitudes positively correlated with their intentions to buy online 

β= 0.292 

 

H10 was accepted because the subjective norms showed a significant relationship towards consumer 

intentions to buy online β= 0.329 

 

H11 was accepted because the perceived behavioural control positively correlated with the consumers 

intention to buy online β= 0.283  
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Figure 11 Proposed Research Framework With Results (Standardized Coefficient) 
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6.3.  Discussion  

The goal of this thesis was to investigate how has personalized marketing changed during the novel 

coronavirus pandemic and if the consumer perceives a stronger or a weaker presence of the identified 

personalized marketing methods used by organization during this time. Furthermore, the investigation 

included theories that helped better understand consumer behavior. Our thesis contributes significant 

new perspectives for both the personalized marketing and organizations that are practicing 

personalization towards their customers to some extent. Additionally, this thesis covered the aspect 

of consumer behavior and their buying intentions during the pandemic.  

 

The groundwork for our thesis was Ajzen’s (1991) theory of planned behavior. This theory was used 

to understand and predict behaviors which states that behaviors are immediately influenced by 

behavioral intentions. Thus, behavioral intention is highly correlated with actual behavior. We learned 

that personalized marketing is used to alter the predictors of the actual behavior. Namely, to change 

the attitudes of the consumer, their subjective norms and finally their perceived behavioral control.  

 

We used multiple regression analysis to compare the dependent and independent variables that 

influence behavioral intentions consequently the consumer behavior. For the first part of regression 

analysis we used personalized marketing methods employed by organization. These methods were 

targeted emails, video advertisement, limited offers, product recommendation and finally social 

media marketing. The findings uncovered that three out of five methods have a positive relationship 

towards behavioral intention in other words intention to buy online, thus we had to reject H3 and H5.  

 

Participants of the survey expressed mixed opinions about product recommendation and video 

advertisement. Even though the rate for product recommendation was rather insignificant it was still 

negatively affecting the behavioral intention. This could be due to the fact that participants felt that 

product recommendations breach their privacy because it can display information that are somewhat 

personal. Although, researches show that product recommendation may have a significant impact on 

the buying intention (Ekstrad et al., 2014) it can also foster unwanted effect as well. We still do not 

know what product are more likely to be accepted or if the recommendation system truly works. Since 

product recommendation is based on an algorithm that analyzes incredible amount of data problems 

can occur if there is a lack of it. From practice we know that companies like Google, Netflix or Spotify 

are the pioneers of the recommendation game however a good recommendation system needs active 



 

60 

users and their data. The more data the better the recommendation and that is why we are mentioning 

the undesirable effects. If companies, try to personalize their content but they are missing the required 

data it can lead to inaccurate recommendations that can build frustration in their users as an unwanted 

effect which would explain the negative relationship.  

  

Video advertisement had also an adverse effect towards behavioral intention and even more 

significant than product recommendation. While the participants expressed that to some extent video 

advertisement has a positive impact on their intentions to shop online there are some issues with the 

current state of video advertisement in personalized marketing. Consumers do not really hate ads 

unfortunately they hate bad ads. The negative attitudes could be explained by the nature of video 

advertisement they meet while browsing the internet.  

 

Consumers feel that video advertisement is being more intrusive, and they feel like there are much 

more ads now than before the pandemic. One of the most significant contributors to the negative 

opinion towards video advertisement is irritation. Undoubtedly, pop up ads with a 73% disapproval 

rate (Willner, 2018) are one of the worst that the consumer can stumble upon. Followed by autoplay 

and non-skippable ads, these contribute to high levels of irritation and consequently can lead to 

consumer reconsidering their online buying intentions. Last but not least misleading video ads that 

lure customers into thinking they are relevant to what they are watching but ultimately isn’t, therefore 

it can also have a very negative impact.  

 

In accordance to multiple regression analysis we found positive relationships with limited offers, 

targeted emails and social media marketing. According to Cialdini (2007) increasing the perceived 

value of products and services drives conversions. Researches from psychology have supported this 

claim even before the development of the theory of scarcity. For example, Lynn (1991) provided an 

insightful explanation of the sense of value in commodity theory, arguing that increased value equals 

increased utility and desirability.  

 

This was no different this was no different when coronavirus cases first appeared in places in Europe. 

One of the things that happened in the wake of the outbreak was people started to hoard or accumulate 

things or food in excess of their immediate needs. As a results prices for personal hygiene products 

spiked and a perfect example is hand sanitizer. Prices for hand sanitizers were listed hundreds of 



 

61 

percent higher. Some third-party retailers have increased their rates on sites such as Amazon and 

eBay. In the United Kingdom, a Defendol hand gel that retailed for £3.49 in supermarkets which was 

sold on Amazon for £109.99 (Taylor, 2020). Despite this fact consumers were willing to pay the price 

premium because how scarce this product was.  It should be noted that even some e-retailers have 

artificially increased their prices on similar products and limited their supply with message like “last 

chance to buy” or “everything on sale”. It not always has to be bad. While limited offers may 

sometimes sound manipulative getting the right message to the consumer is important. As we know 

from literature brands are monitoring their user’s activity, they know what the user is browsing and 

with what he interacts.  

 

The study of Brilliance (2021) showed that average car abandonment rate in 2014 was 78.65% this 

means that user put something in their cart but decided to not buy. Personalized marketing can steer 

them into the right direction by creating an individual special offer for something that has been in 

their cart. For example, a discount or a free shipping for a limited amount of time with personalized 

message there is a massive opportunity to transform abandoned carts into recovered ones.  Therefore, 

the current thesis validates the positive relationship of limited offers towards behavioral intention.  

 

The respondents agreed that the primary factor influencing their behavioral intention was the 

importance of social media marketing, accompanied by targeted emails. We can see that both 

independent variables are influencing the dependent variable behavioral intention positively. What 

contributed the most towards the positive effect is according to the respondents the informativeness 

of the posts on social media. We acknowledge that on social media there is a great amount of different 

advertising methods but for this purpose we focused on posts generated by brands or users. Social 

media continuously modifies its approaches in response to evolving demands and changes within and 

around it. To build itself in the new era, it has begun incorporating new virtues-based approaches in 

order to reconcile with emerging market paradigms. 

 

 Shavitt, Lowrey and Haefner (1998) discovered that customers viewed information about new 

products, specific product benefits, and comparable product information as a favorable feature of 

advertisements. The result of our thesis showed the same effect. Similar to customized post we found 

that respondent have developed strong intention when the content is personalized to their needs. 

Empirical study by Tucker, Acquisti, Goldfarb, Lambert, Marthews, Peitz & Wilbur (2011) suggested 
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that Facebook users were nearly twice as likely to react positively to personalized ad content and click 

on personalized ads. Lastly, reviews on social media showed a strong positive relationship towards 

behavioral intentions. According to Maslowska, Malthouse & Bernritter (2017) brands with overall 

rating of 4 to 4.5 are more likely to be bought than 4.5 to 5. The reason behind this is that consumers 

think a very high rating is too good to be true and may think that they are produced by the company. 

However, it is a proven fact that consumers still want to see good reviews with a proportion of 

imperfect feedbacks. On this note we can validate the direct impact of social media marketing on the 

behavioral intentions.  

 

Moving on to targeted emails. According to the study of Chang, Rizal & Amin (2013) customer who 

receive relevant email are more likely to engage with the brands marketing strategy. Relevancy and 

tailored messages without being intrusive or irrelevant contribute to the positive relationship towards 

behavioral intention as we found out. Recognizing customers’ needs was one of the key factors 

influencing their behavior this implies that a recipient who views the sender favorably would also see 

the email's offers favorably. However, customers are becoming more vigilant in regard to email 

advertisement in the past years because of the number of unsolicited emails that they receive daily. 

As expected, the results demonstrated that targeted emails have a positive effect on the customers 

behavioral intention. In our study personal attitude, subjective norms and personal control beliefs a 

strong positive relationship. One of the most salient predictors is subjective norms ( 

 

Ajzen (1991) demonstrated that three main components which are attitudes, subjective norms and 

perceive behavioral control create the individual’s behavioral intentions. This theoretical framework 

was widely adopted and supported by many authors. Our thesis once more confirms the impact of 

this theory on factors predicting behavior even during coronavirus pandemic. The relationship, as 

shown by beta coefficients, means that consumers who have a positive attitude towards online 

shopping and the others think that it is a good idea to shop online whilst there are no barriers to shop 

online they would eventually commit to shopping online. If one of the constructs from theory of 

planed behavior is unfavorable it is much less likely the consumer will perform the behavior.  Also, 

it is even less likely if two or more construct are unfavorable. In our study personal attitude, subjective 

norms and personal control beliefs have a strong positive relationship. One of the most salient 

predictors is subjective norms (β=0.329) followed by attitude (β=0.283) and finally perceived 

behavioural control (β=0.283).  
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As far as personal marketing and its presence during the coronavirus crisis the respondents indeed 

perceived a stronger presence of personalized advertisement. According to Business Insider (2020) 

research people are paying as much as 23% more attention to advertisement during the lockdown. It 

also found that people are not only seeing more advertisements amid brands' attempts to avoid 

appearing near virus-related news, but also spending more time looking at the advertisements 

themselves — especially in categories such as personal finance, food and beverage, and ecommerce 

that have increased in relevance during this time period and we can confirm this with our findings.  

 

For the international scope of this study, we included nationality as a metric that could predict the 

relationship towards personalized marketing. However, the findings were unexpected. We found that 

there was a very subtle negative relationship towards personalized marketing. We assumed a positive 

link between dependent and independent variable. Without a doubt we can argue why this occurred. 

Like Vesanen (2007) stated personalized marketing is build around the customers demand and their 

unique desires and interest. While the delivery is seamless. Personalized marketing became so 

intertwined with the culture that consumers in the same culture do not notice the differences. That is 

why we are not seeing any significant impact on the result. It could be simply because our 

respondent’s demands are met, and they are receiving a personal experience, so they do not have any 

specific preferences.  

 

6.4.  Implications  

Businesses and organizations have already embraced theory of planned behaviour when it comes to 

decision making. The theoretical framework is widely used to predict consumer consumption as well 

as the anticipated behaviour that can emerge in addition to this incorporating theory of planned 

behaviour may also yield important insights on the competitors.  

 

Currently the e-commerce is critical more than ever and people are getting more conscious about their 

behaviour. Their attitudes change daily, it is important to them what the society thinks about them or 

whether their peers approve of their behaviour or not and finally how easy or hard it is to display a 

certain behaviour. Businesses that create the means to positively influence these constructs are 
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gaining a competitive advantage. We have proved that Ajzens’ (1991) theory is a great predictor of 

actual behaviour but it also has limitations which we will discuss in the next section.  

 

We will now only talk about online environment, but the proposed recommendations can be applied 

to a large extent to other industries. Business that want to successfully adapt theory of planned 

behaviour have to make consumer experience easy and convenient. For example, returning customers 

on a website that provide groceries can have the ability to replenish their groceries with a one click 

the groceries can be predefined or show the frequently bought option for the customer. With one click 

they cloud order and have it delivered with any additional hassle. Secondly, provide customers with 

the means to see how others engage with the business.  

 

As we learned positive reviews are the driving force in decision making. Consumers want to see what 

others think and vice versa what others think about them. Businesses have to create positive subjective 

norms around their brand. And lastly mitigate the barriers some businesses may be specific for one 

country but consumers in other countries may enjoy the services too. For example, the availability of 

Netflix content in USA is much broader than in European countries.  By all means Netflix provides 

a was majority of content however some express frustration if it is available in one country but not in 

the other. Subsequently people are turning to VPNs which creates another set of barriers.  

 

Our findings revealed which personalized marketing methods have a significant effect on the 

consumers behavioural intentions. Targeted emails are very cheap and contribute to a higher ROI we 

know they provide great relevance to the customers, but businesses have to be wary about their 

negative effects. Companies cannot send too much unsolicited or irrelevant emails without the 

approval of the recipient. Too many businesses continue to practice this and in return they are missing 

out on too many potential customers. The best recommendation for business would be to better 

understand their customers and rather send relevant emails that spark the recipient’s interest than 

annoyed the recipient with overwhelming amounts of irrelevant ads. As the proverb says quality over 

quantity. Businesses need to invest in tools that can analyse consumer behaviour to really know their 

customers.  

 

Similarly, to video advertisement too intrusive ads can have an adverse effect on the consumers 

behavioural intention. Businesses have to limit the number of video ads or else they will start to lose 
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customers because of irritation. Our findings indicate that irritation was a major factor influencing 

consumers behaviour.  

 

To sum up, effective personalized marketing is dependent on data. The more data businesses gather 

the better they can accommodate specific individuals, improve customer satisfaction and create 

superior marketing results.  

 

 

 

6.5. Further research  

To be sure, the theory of planned behaviour has drawbacks, and the primary criticism against it is that 

it places no emphasis or priority on emotion, which many believe is a critical factor in determining 

or driving one's actions. Without a question, continued research into human behaviour, especially 

deliberate and rational acts and decisions, will result in more comprehensive theories in the future. 

For the time being, the theory of planned behaviour performs an excellent job, which explains its 

widespread use in a variety of fields and industries. Moreover, an experimental test would be 

appropriate to better understand the predictors of consumer behaviour. By manipulating the 

predictors, we could establish a relationship between cause and effect. This would be even more 

insightful when considering how coronavirus crises changed consumer behaviour and if it has 

substantial effect on their behaviour.  
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7. Conclusion  

The main goal of this study was to examine personalized marketing and consumer behaviour in the 

midst of global coronavirus crisis. We based our research on the theoretical framework developed by 

Ajzen (1991) the theory of planned behaviour. From this framework we proposed research question 

to accomplish the underlying goals.  

 

First, we reviewed important literature on the topic of personalized marketing which concerned 

examining the methods currently employed by organizations. These methods were targeted emails, 

video advertisement, product recommendation, limited offers and social media marketing. We 

subsequently reviewed theory of planned behaviour to help us better understand consumer behaviour.  

 

In the next chapter we proposed hypotheses based on the literature review and developed a conceptual 

framework that guided our research. In the subsequent chapter we proposed what methodologies we 

were going to use to gather primary data.  

 

In the chapter empirical finding and data analysis we used statistical methods to explore and assess 

the consumer behaviour towards personalized marketing. We used multiple regression analysis to 

identify the relationships. The results indicated the importance of limited offers, targeted emails and 

social media marketing as a predictor to consumer intention. Furthermore, product recommendation 

and video advertisement had a negative impact on consumer behaviour. On the other hand, the 

findings for theory of planned behaviour validated the theoretical framework. Clearly attitudes, 

subjective norms and perceived behavioural control have a significant impact on consumer behaviour 

on strongly corelates with behavioural intentions.  

 

Lastly, we discussed our finding and argued about the results of the analysis. Based on the results 

from discussion we proposed various recommendation for future practices.  

 

COVID-19 wreaked havoc on customers' personal and professional lives worldwide. While the long-

term behavioural and physical health ramifications are not yet well known, early indications suggest 
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that the pandemic will result in behaviour and, in some cases, economic changes that will last a 

lifetime. 
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Appendix B: Recommendation from previous shopping activity when something was bought  
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Appendix C: Call to action after not finishing the purchasing order  
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Appendix C: Preferences based on location  
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Appendix D: Customized messege on social media  
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Source: How to Create the Most Effective, Enticing Chatbot Welcome Message (chatfuel.com) 

Appendix E: Broadcast everyone who is interester  

https://chatfuel.com/blog/posts/welcome-message-best-practices
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Appendix F: Word of mouth  

 

 

Appendix G: Limited offer but is it really limited?  
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Appendix H: Questionnaire  

 

What is your age? 

What is your nationality? - Selected Choice 

What is your nationality? - Other (Please Specify) - Text 

Shopping behaviour during COVID-19 - I think my online shopping experience was positive for 

the past year 

Shopping behaviour during COVID-19 - People who are important to me would approved that I 

was shopping online for the past year 

Shopping behaviour during COVID-19 - Most of the people I l know were shopping online 

during the pandemic 

Shopping behaviour during COVID-19 - I had plenty of ways to shop online in the past year 

during the pandemic 

Shopping behaviour during COVID-19 - I think online shopping is much easier now than it was 

last year prior to the pandemic 

Email Marketing - I am likely to buy a product that has a tailored message for me in the email 

Email Marketing - I am more likely to buy from a brand if they recognize my needs in an email 

Email Marketing - In the past I bought something right after I got a promotional email about it 

Email Marketing - Irrelevant emails affect if I will buy from the brand in the future 
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Email Marketing - I have received more promotional emails now than before the pandemic 

Video Advertisement - I am more likely to buy a product that has an entertaining video ad 

Video Advertisement - If the video ad provides valuable and credible information I am more 

likely to buy 

Video Advertisement - I am less likely to buy when a video advertisement is unclear 

Video Advertisement - I feel irritated when I see a video ad 

Video Advertisement - I think there is more video ads now than before the pandemic 

Limited offers and product recommendation - I am more likely to buy a product when it is on 

sale 

Limited offers and product recommendation - I am more likely to buy a product when there is a 

limited amount of it 

Limited offers and product recommendation - I think there is more sale incentives on the internet 

than before the pandemic 

Limited offers and product recommendation - I am more likely to buy a product that are 

unfamiliar to me but has been recommended 

Limited offers and product recommendation - I am more likely to buy a product that has been 

recommended to me 

Limited offers and product recommendation - I think that I have received more product 

recommendation than before the pandemic 

Social media marketing - Entertaining post about a product are increasing the likelihood of me 

buying it 

Social media marketing - Interacting with brands on social media are increasing the likelihood of 

me buying their product 

Social media marketing - Informative advertisement on social media are increasing the 

likelihood of me buying a product 

Social media marketing - If the advertisement on social media is customized to my needs I am 

more likely to buy a product 

Social media marketing - Advertisement on social media is always up to date 

Social media marketing - I am more likely to buy a product when the reviews on social media 

are positive 

Social media marketing - I think there is more advertisement on social media than before the 

pandemic 

Behavioral Intention - I intend to buy more online because of the pandemic  

Behavioural intention - I willing to recommend personalized marketing to others during the 

pandemic  

Behavioral intention - I intend to embrace personalized marketing more the next time I see one  

  

 


