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Abstract 

Due to dynamic markets and ever changing consumer preferences, innovation is a crucial factor 

for sustaining a competitive advantage. Kickstarter, the largest crowdfunding platform, allows 

individuals to act as corporations, with the goal of introducing innovations to the market. 

Although numerous studies explore success drivers for innovations, it remains difficult to predict 

whether or not they will become successfully disseminated.  
 

Traditional methods and perspectives on innovations assume consumers are rational, thereby 

ignoring the importance of unconscious drivers of consumer behavior. On the contrary, 

neuroscience methods place a high emphasis on the unconscious, potentially underplaying the 

importance of conscious behavior. Therefore, this thesis investigates how unconscious and 

conscious consumer responses correlate with the success of Kickstarter campaigns, in order to 

contrast traditional methods with neuroscience methods, and gain a better understanding.  
 

By using a combination of EEG and eye tracking, we are able to acquire high-granularity 

physiological measurements, to understand unconscious responses throughout the consumer 

journey. With the use of self-reports, we obtain a deeper level of conscious level responses and 

insights. We measure these responses across a series of Kickstarter campaigns, manipulated to 

appear as when they were first launched, and correlate them with the actual success rates of 

said campaigns. We seek to understand the drivers of product success prior to market launch. 
 

We find that both unconscious and conscious consumer responses can explain part of the 

success of Kickstarter campaigns. For unconscious consumer responses, predictability occurs 

when participants view a call-to-action button, explaining 28% of variance in funding. For 

conscious consumer responses, the ‘relative advantage’ carries the highest explanatory power, 

explaining nearly 25% of variance, thereby replicating existing findings. However, we are unable 

to replicate findings regarding how innovativeness of consumers and products affect consumer 

behavior towards innovations. Nonetheless, we are able to explain 43% of variance in funding 

received by combining methods, thereby, combining the unconscious and conscious responses. 

Our research thereby challenges traditional and neuroscience perspectives, by highlighting the 

importance of combined methods. To summarize, this thesis presents valuable insights for 

marketers and academia and presents new tools for assessing the success of innovations.  
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Introduction 
“Crowdfunding is here to stay. By 2025, the global crowdfunding market potential could be 

between $90 - $96 billion. Crowdfunding will grow dramatically as a way to finance non-tech 

businesses that have been traditionally financed by bank loans and friends and family.”  

- Bill Clerico (via The World Bank, 2013) 

 
The academic interest in innovation is extremely high - a search for “innovation” on Google 

Scholar yields more than three million hits. Similarly, companies emphasize innovation more 

than ever; within the past 5 years, companies’ mention of the word innovation in annual reports 

has increased with an impressive 64% (Kell and Lurie-Luke, 2015). This is in spite of the fact 

that innovations carry with them high costs, tremendous risks, and are seldom adopted by 

customers (Gourville, 2005). In fact, it is estimated that between 50% and 90% of innovations 

ultimately fail (Heidenreich and Spieth, 2013). This is not only damaging for large corporations; 

9 out of 10 entrepreneurial ventures fail within the first five years of inception (Kahneman, 

2011). This begs the question: with so much knowledge available on how to innovate, why are 

so many innovations failing? 

 

First, we must understand that innovations offer important opportunities for organizations: 

changing consumer demands, technologies and marketplace dynamics allow innovative 

companies to create and sustain a competitive advantage (Baregheh et al., 2009). Innovation 

literature presents a plethora of perspectives for understanding innovation, e.g. from the 

perspective of the consumer, the society, and the innovators (Rogers, 2003), and presents a 

multitude of options and advice for ensuring high innovation success. From the perspective of 

the consumer, there is high resistance towards innovations (Gourville, 2005), and therefore the 

pursuit of marketing and consumer insights remain a critical activity for organizations. It is 

crucial for companies to understand what makes innovations successful, and with the 

introduction of the so-called web 2.0, representing the shift from static to dynamic websites, and 

the influx of user-generated content, a multitude of online innovation platforms exist, which 

provide innovators excellent avenues for new innovation testing. 
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Figure 1: “Crowdfunding” interest over time, using Google Trends. 

 
Crowdfunding is a new and rapidly growing industry. For Schwienbacher and Larralde, the term 

has loosely been referred to as: the efforts by entrepreneurial entities to fund their ventures by 

drawing on relatively small contributions from a relatively large number of individuals using the 

internet, without standard financial intermediaries (in Mollick, 2014, p. 2). Virtually not existing 

before 2011 (see Figure 1), crowdfunding is now transformed into a billion-dollar industry. 

According to a crowdfunding industry report (Marketwired, 2015), the largest crowdfunding 

region was North America, totalling $9.46 billion; followed by Asia, with $3.4 billion; and by 

Europe, with $3.26 billion. This rise has been fueled by changing governmental regulations, 

such as the signing of the 2012 JOBS act, which legalized equity crowdfunding in the USA. 

Businesses and people alike are recognizing the importance and potential of focusing efforts on 

innovation and technological enhancements. Organizations and entrepreneurs now have 

access to a global market that provides adequate liquidity and a test market to develop their 

products with relatively low risk.  

 
However, a pessimist could argue that the rise of crowdfunding has merely allowed innovators 

to fail faster; understanding consumer behavior, and therefore predicting the success of 

innovation, remains difficult. A number of methods have however been proposed for predicting 

success. Using crowdfunding campaign metadata, Chung (2015) found how to predict which 

campaigns become successful within four hours of launching a crowdfunding campaign on the 

Kickstarter.com platform. The model has a prediction accuracy of 75%. Nonetheless, it is 

important to point out that having this knowledge in hindsight does not help pre-launch 

initiatives. As 15% of the total amount pledged is obtained within the first 1% of the campaign 

launch duration (Ibid.), it is critical for innovators to understand what makes people support the 

campaign initially. Previous research (Ibid.; Koch and Siering, 2015) and our own anecdotal 

evidence show that family and friends drive this initial funding tremendously. However this does 

not explain whether successful projects attract their funding because of high product quality, or 
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if family and friends would provide honest feedback that help innovators design better products. 

Regardless, honest feedback is an important resource, one that helps innovators design and 

market better products.  

 

However, a large issue exists, as presented by the famous advertiser, David Ogilvy: “The 

trouble with market research is that people don't think how they feel, they don't say what they 

think and they don't do what they say" (in Revella, 2011, p. 38). More and more marketers are 

beginning to recognize that customers do not always know what they want and that they may be 

untruthful about it (Ariely and Berns, 2010), or that they just cannot verbalize how they feel 

(Füller and Matzler, 2007). To understand these concepts, consumer neuroscience can be 

used. It advocates the use of biometric and neurometric tools such as EEG, which measures 

specific parts of the brain which are known to correlate with behavior, and eye tracking to 

understand eye movements and fixations. Researchers recognize that surveys, focus groups, 

and more traditional ways of collecting consumer information may not be sufficient to 

understand the unconscious behaviors of consumers (Venkatraman et al., 2015).  

 

Unconscious neural activity have been found to correlate highly with actual behavior, in contrast 

to self-reports. These findings have been confirmed in multiple areas, e.g. in the areas of music 

album sales (Berns and Moore, 2012), FMCG (Knutson et al., 2007; Ravaja et al, 2013), 

advertisement success (Venkatraman et al., 2015), and viewership + tweet rates of a TV-show 

(Dmochowski, 2014). Therefore, measuring neural activity allows for prediction of real-world 

population-level data, given a small sample size, in order to understand products’ future 

commercial success (Agrawal and Dutta, 2015). Interestingly, no literature has been found 

which attempts to predict the success of crowdfunding campaigns or of innovation success 

using neuroscience methods. Given the high predictability of post-launch success and the 

importance of a significant launch of campaigns to ensure a successful campaign, pre-launch 

predictability presents a more useful and telling metric to innovators, in being able to understand 

whether their innovations will succeed.  

 

The largest crowdfunding platform, Kickstarter, as measured through annual revenue and 

number of campaigns, is an excellent platform to investigate innovation success. The following 

introduction to Kickstarter helps to further introduce the concepts of crowdfunding to the 

unfamiliar reader and to help understand the purpose and dynamics of this novel phenomenon.  
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Kickstarter Introduction 

Kickstarter is one of the top global crowdfunding sites, whose mission is to bring creative 

projects to life. Founded in 2009, the Kickstarter website is a platform where anyone can 

showcase their innovation or creative campaign in hopes of receiving funding from various 

contributors of the webpage’s community. On 1st of May 2017 , $3 billion had been pledged to 1

creative campaigns on Kickstarter by over 12 million backers. Kickstarter has helped 120.000 

campaigns become successfully funded.  

 

Creators post their campaigns on the site with specific details, descriptions, illustrations, and 

often a video of what their creation entails. They include any links, social media pages, awards, 

or recognition they or their campaigns have received thus far. They also post how much money 

they need to raise and their deadline. Creators decide what kind of rewards backers will receive 

in exchange for the amount of money pledged. This varies from a simple “Thank you Tweet”, to 

an early release of the product upon completion. On Kickstarter, funding is awarded on an 

all-or-nothing basis, dependent on whether funders pledge enough money to reach the 

campaign goal within the campaign duration, which is suggested to be 30 days. If they do not 

reach their goal, they do not receive any of the pledged money. It is also common for the 

creators to receive more than their stated goal, and thus their funding opportunity ends on the 

date of the campaigns’ stated deadline.  

 

Some users of Kickstarter only back a single campaign, whereas others back multiple ones: A 

web of tightly knit backers and creators is observed, where they switch roles throughout their 

Kickstarter lifecycles. Those who create, also back campaigns, and seek to form a network with 

other creators/backers and report a sense of community through using the site (Mollick, 2014). 

Due to this, as well as social media and the massive community involved, creators strive at all 

costs to complete their campaigns. Kickstarter does not own the products, nor does it ensure its 

completion, but it does monitor the campaigns’ progresses and seek to facilitate a relationship 

between backers and creators. Furthermore, a Kickstarter integrity team exists to prevent fraud, 

and previous studies have found a minimal amount of fraud being present on Kickstarter (Ibid.)  

 

1 https://www.Kickstarter.com/help/stats 
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It does however sometimes occur that a creator cannot fulfill their promise or does so, but later 

than initially stated. This can be due to many variables including increasing or unforeseen 

complexities, miscalculation of necessary funds, estrangement from partners involved, etc.  

 

If the campaign is successfully funded, it is up to the creator to fulfill their promise to their 

backers. Although Kickstarter serves as a fantastic springboard to not only gain funding, it also 

provides value through gaining recognition for the product, increasing PR, and by creating an 

inexpensive test market. Kickstarter serves as an enormous playing arena where products, their 

features, and the demand for fulfilling a need in the market can be tested, prior to a creator 

investing his savings or committing 100% of his own resources into the campaign. It facilitates a 

space for entrepreneurs and companies to focus on product development from a purely 

market-pull focus, providing them with direct access to the market, and direct communication 

with potential consumers. This is further magnified through the comments or email section of the 

page where viewers and creators are encouraged to write and connect with each other.  
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Research Question 
To write and answer a research question, we must be aware of our academic context. 

Philosophy of science can be defined as “a basic set of values and assumptions which direct 

our actions, including everyday activities and disciplined studies respectively” (Guba and 

Lincoln, 1994, p. 17). Research philosophy regards how research should be conducted, 

pertaining to how reasoning (theory) and observations (data and information) are related. In 

respect to this thesis, it serves as a foundation, as it reflects the epistemology and ontology 

used to understand, develop, and structure the knowledge within our field of question. The 

objective of this section is therefore to clarify the formulation of the research question, as well as 

the methodological context, to explain how we approach and interpret the results. In this thesis, 

we want to answer the following research question:  

 

How well can a small sample of unconscious and conscious consumer responses 
towards Kickstarter campaigns, predict population-wide success of Kickstarter 
campaigns? 
 

This question is interesting and relevant to answer for a number of reasons: Crowdfunding 

platforms are growing rapidly, projected to reach a global market value of just below 100 billion 

dollars in 2025 (The World Bank, 2013). Building on a shift from static to dynamic websites, and 

the rise of user-generated content of the so-called “web 2.0”, crowdfunding is a very new 

concept. As a result, relatively little research exists, attempting to explain it. Additionally, 

Kickstarter has made several products successful, such as the Fitbit, smartwatches, and virtual 

reality glasses, as well as more incremental innovations. Being able to understand Kickstarter 

better may improve how companies work with innovation, thereby delivering better products and 

services. 

 

Traditional innovation research claims that by using Rogers’ model of diffusion, more than 49% 

of the variance of innovations’ rate of adoption can be explained (Sahin, 2006). However, 

innovation failure rate still remains extremely high. This rests on the flawed assumptions of 

humans as being rational and profit-maximizing. In other words, traditional innovation research 
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ignores unconscious and irrational consumer, and as such, we argue that it is necessary to put 

more effort into understanding unconscious consumer responses.  

 

No papers have been found utilizing consumer neuroscience to predict crowdfunding success, 

although, several papers have applied it to a number of other purchasing and decision making 

situations (Berkman and Falk, 2013). With the continuing increased availability and decreased 

price of accessing appropriate equipment, furthering research on new avenues of consumer 

neuroscience can help provide best-practices for future design of neuroscience experiments.  

 

We therefore argue, that consumer neuroscience can be applied to further understand the 

unconscious mechanisms driving choice, in order to further the literature in this field and create 

predictive measures. However, it is also important to recognize the advantages and insights 

gained from surveys, particularly the conscious measures that consumers can explain. In 

regards to this thesis, we recognize the significant synthesized effects of using both 

unconscious and conscious methods, allowing us to gain deeper insights and a more holistic 

view on the subject matter.  

Methodology 

Following the existing lingua franca of neuroscience, we follow the philosophies of objectivity 

and empiricism (Bryman and Bell, 2013, p. 10), thus taking on a positivistic perspective, defined 

as: “an epistemological position that advocates the application of the methods of the natural 

sciences to the study of social reality and beyond” (Ibid. pp. 717).  

 

Positivistic epistemology assumes objectivism, an ontological position which implies that “social 

phenomena confront us as external facts that are beyond our reach or influence” (ibid. p. 21), 

which is emphasized through determinism, empiricism, and generality. Key points include ability 

to validate results, through objectivity, reducing errors and biases, as well as separating the 

subject and subject matter from the researcher. The researcher is assumed to remain objective 

in data collection, while also avidly refraining from exerting influence over the participants. It is 

founded on principles of reductionism, and causation, in which experimentation is used for data 

collection, and statistical and quantitative methods for data processing.  
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The relationship between theory and research entails a deductive approach and an inductive 

strategy (Bryman and Bell, 2013). The role of research is to test theories and facilitate the 

development of theories. According to Bryman and Bell (2013, p. 11), “Theory and the 

hypothesis deduced from it come first and drive the process of gathering data”. However, the 

inductive strategy implies that it is possible to collect observations without being influenced by 

pre-existing theories, and that those theories must be amenable to the rigors of observation. In 

this thesis, a deductive approach was used in gathering literature and utilizing previously formed 

theories and frameworks which influenced our hypotheses, while other observations and 

findings were made with little or no prior influence or biases.  

 

Consequently, positivism creates a rigid and somewhat inflexible structure to research, 

becoming particularly problematic when conducting studies within social sciences, especially 

when investigating social phenomena. It is rather impossible to detach oneself entirely from 

research and refrain from exerting any type of influence over the study or the subjects. 

Furthermore, certain data may not be factual, nor free from error. Thus, scientific research 

cannot be entirely explained through empirical and objective data. Nonetheless, it is in the best 

interest of the writers of this thesis to remain objective and unbiased.  

Primary Data 

In this thesis, our goal is to investigate and predict the success of Kickstarter campaigns, by 

measuring cognitive, behavioral, neurometric, and biometric effects through the use of 

self-reports, eye tracking, and electroencephalography (EEG). We collect primary data from 29 

participants who took part in our experiment. We aim to measure correlations between 

unconscious and conscious measures of wanting, personality variables, and product 

innovations, by using statistical analysis. 

Furthermore, a skype call was held with the the Director of Strategy and Insights at Kickstarter, 

Jon Leland. This call was structured as a semi-structured interview, where we addressed 

questions regarding Kickstarter as a company and their practices, as a collaborative product, 

the websites features, and the audience and key users. We did so with the objective of 

furthering our creativity, gaining insights about the company, and to discover actual business 
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needs and industry challenges, in addition to the literature gaps we had found during literature 

reviews.  

Secondary Data 

The secondary data is examined to indicate if the research is relevant and comparable to what 

earlier researchers have found in similar areas of interest. Secondary data sources in this 

research consist of articles and scholarly written journals, periodicals, websites, or studies either 

directly relating to Kickstarter or crowdfunding, as well as those written within the fields of 

neuroscience, innovation, consumer psychology, business, and marketing. Given the high 

speed of new technological advancements in the field of e.g. eye tracking, we have emphasized 

references to newer articles, as the knowledge in this field is constantly being refined.  

Sampling Method 

We sought to collect a sample as highly representative of the population as possible, as this 

would increase predictability and reliability. If the sample collected is not representative of the 

population, the sample can be seen as biased. For this study, we used purposive sampling - 

subjects applied randomly for the experiments but were chosen based on certain qualifications 

discussed in the Research Design chapter. However, as a non-probability sampling method, 

results cannot be generalized to the entire public, rendering its external validity low, and being 

subjected to certain biases and errors. In addition, given that the study relies on human beings 

and social patterns change continuously, and new innovations become old, it becomes difficult 

to perfectly replicate this study. However, as our goal relates to Kickstarter, we aimed for 

acquiring an unbiased sample of individuals. This meant people who were familiar with 

crowdfunding platforms, were between 18 and 40 years old and conformed to specific 

requirements for taking part in neuroscience studies, such as not having smoked within the past 

6 hours.  
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Reliability and Validity 

Reliability and validity represent two crucial criteria of what may be considered a valuable 

research project.  

Reliability is the extent to which the research finding would be the same if it were replicated 

(Bryman and Bell, 2013, p. 41). We increase chances of replicability by including a 

comprehensive research design guide, thereby allowing other researchers to copy the 

experiment design. We use observable methods, that follow a strict script and research set up. 

However, given the choice of topic, innovation, participant sampling becomes difficult and the 

once innovative products, will become more common, which could decrease replicability. 

Although our positivistic approach assumes we remain unbiased and not influence participants 

given enough preparation, we have to accept we may have biased participants given our 

required presence to mount the EEG and eye tracking.  

Similar to reliability, the validity of a study is of importance. Validity is “concerned with the 

integrity of the conclusions that are generated from a piece of research” (Ibid. p. 42), and can 

further be split up into multiple types of validity. Construct validity refers to measures of social 

scientific concepts in quantitative research. In this research, we have used a number of 

constructs. Some of these are more valid than others, which is elaborated upon further in our 

literature review. External validity refers to the question of generalizability: whether the results 

can be generalized to the population. In this case, our aim of the study is to test external validity, 

however, given the small size of Kickstarter campaigns, we may not know if these results may 

be replicated using other Kickstarter campaigns.  

Internal validity refers to how accurately the characteristics of the phenomena being studied are 

represented by the variables used and the data that is collected, and the extent to which the 

research identifies and measures all the relevant variables. Internal validity was strengthened in 

this study by the use of triangulation, through collecting multiple data types; self-reports, 

biometrics, and neurometrics. We did not share the purpose of the experiment, but our 

recruitment was based on a question of whether people were familiar with crowdfunding. 

Therefore participants may have had an idea of the true purpose of the experiment. 

Furthermore, participants may have seen some of the stimuli before on the actual Kickstarter 

website, which could further highlight the manipulations used in the experiment, and the 
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purpose of it. Therefore, the constructs of e.g. innovativeness may carry decreased internal 

validity. 

Ecological validity refers to the whether the context of the study was applicable to the 

participants’ daily lives. By using a participant sample who knew about crowdfunding already, 

and by setting up the experiment to appear as if participants interacted with the actual campaign 

websites, we increased ecological validity. However, given the headwear, participants were very 

much aware of the research setting, and the use of instructions required participants to deviate 

from their “natural behavior”. Furthermore, instructions were not fully understood by all 

participants, as some had questions, e.g. “Should I imagine it is my own money I use”. This also 

highlights the need for good incentives to instill natural behavior: people received a gift card, 

whereas it would have been more appropriate to have offered a Kickstarter product that the 

participant expressed desire for in the experiment, as exemplified by Berns and Moore (2012), 

who aimed to understand liking of music. They offered a CD mixtape containing the songs 

participants liked the best, thereby encouraging people to answer truthfully.  

Delimitations 

Being both students of Strategic Market Creation at CBS, the authors have a tremendous 

interest in technology, especially as it propels innovation while also drawing many failures. 

Thomas Ramsøy, CEO of Neurons Inc, a Danish neuromarketing consultancy, proposed that 

Kickstarter success could be predicted using neuroscience. In itself, using statistical analysis 

and EEG equipment in a Master’s Thesis at CBS remains a somewhat novel idea, which is also 

why we were drawn to these methods. Given the high failure rate of innovations, this 

investigation could therefore shed light on the opportunities for applying neuroscience in 

innovation tests, thereby helping innovators better understand markets, and increase their 

chance of successful introductions of new products. These solutions have previously been used 

to predict ad success, TV ratings, and CD sales, however the area of innovations still remain 

uncovered. Therefore, the aim of this thesis is to enhance the link between new product 

development and neuroscience, and contribute to the knowledge pool of research on 

innovation, business development, and entrepreneurship in the field of crowdfunding.  
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Marketwired (2015) documented a total of 1250 active crowdfunding websites in 2014. We 

chose to place our focus on Kickstarter, which has the most campaigns, to increase the amount 

of suitable sample campaigns to use as test stimuli. This choice results in a limitation to only 

explore crowdfunding of products, and not services or peer-to-peer lending etc, which is offered 

on some other online platforms. We choose to test campaigns which we have perceived to be 

relevant for our segment. Although e.g. a wind meter  may be highly successful, it targets a 2

narrow segment: people who love sailing, and would therefore be excluded. As such, our results 

may only speak of mainstream innovations, thereby limiting external validity.  

 

Furthermore, we limit the experiment to Kickstarter’s technology category. Technology on 

Kickstarter has more than 30.000 launched campaigns and although it represents 5.05% of the 

successfully funded campaigns, the category generated 23.6% dollars pledged . For Kickstarter, 3

the campaign lifecycle contains innovation conceptualization, Kickstarter campaign creation, 

Kickstarter campaign launch, attaining success (or not), and scaling and delivery of products. In 

this thesis, we will only look into the Kickstarter campaign.We delimit ourselves to look at the 

funding aspect of Kickstarter, specifically phrased as how much money is pledged, as a 

percentage of the required funding.  

 

We restrict ourselves to one hour of testing per participant, avoiding participant decision fatigue 

and complicating recruitment. This creates a constraint on the number of Kickstarter campaigns 

available to show to participants. Neurons’ Inc offered gift cards for up to 30 participants, which 

constitute our highest potential sample size. A large number of brain regions may be relevant to 

investigate, to understand unconscious consumer behavior, but given the large scope of the 

assignment, we only explore motivation in this paper (see Motivation subsection). 

 

  

2 https://www.Kickstarter.com/projects/vaavud/vaavud-wind-meter-v-20 
3 https://www.Kickstarter.com/help/stats 
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Literature Review 
The literature review contains four main sections. First, a neuroscience chapter is introduced, 

aiming to familiarize business readers with consumer neuroscience. Second, consumer 

behavior is investigated. This chapter aims to explain a number of factors which impact the 

consumer, and ultimately whether they purchase products or not. Third, innovation is 

introduced. Although an integral part of consumer behavior, this concept has been given its own 

chapter, which looks into the multiple facets of innovations and uncertainty in decision making. 

Finally, prediction of success and real-life outcomes introduces methods and key factors for 

predicting consumer behavior.  

Neuroscience 

“Neuroscience is the study of the nervous system that seeks to understand the biological basis 

of behavior” (Plassmann et al., 2012 p. 18), and ranges from studying single cells to studying 

different areas or complex brain systems. Early efforts of neuroscience applied in the context of 

economics has simply been dubbed as “neuroeconomics” in 2005 (Lee et al., 2007), illustrating 

that this field is relatively new, from an academic perspective.  

 

Applying neuroscience to marketing rather than economics has taken even longer, due to both 

challenges of extracting useful results through techniques with obfuscating acronyms such as 

PET, MEG, EEG, and GSR; and moral concerns of e.g. “finding the buy button in the brain” 

(ibid. p. 199). Neuromarketing as a term has thus carried negative connotations, e.g. aiming to 

“dazzle potential clients with snazzy imaging technology” (The Lancet, 2004 p. 71, in ibid, p. 

200). Furthermore, several commercial neuroscience companies have “black boxed” their 

methods, thereby limiting replication, which may have slowed down the spread and trust of 

academic neuromarketing research (Ariely and Berns, 2013). As an alternative to 

neuromarketing, Consumer neuroscience represents a hybrid field between consumer 

psychology and neuroscience, and aims to develop a neuropsychologically sound theory to 

understand consumer behavior (Lee et al., 2007). To understand the foundations of 

neuroscience, we must first explore consciousness and attention, followed by other significant 
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unconscious factors that affect consumer behavior, particularly as it relates to adopting 

innovations.  

Consciousness and Attention 

“Each second we are exposed to an estimated 11 million bits of information that reach us 

through all our senses, yet humans are capable of processing only around 50 bits of that 

information, letting most of the input go by unnoticed.” (Plassmann et al., 2012, p. 19) 

 

Consciousness is argued to be one of the most challenging concepts in cognitive neuroscience 

(Jääskeläinen, 2012). Two main definitions exist of consciousness: one referring to the mental 

state (e.g. the difference between being awake and alert), and the other, to the awareness of 

stimuli being presented to a person (Ibid. p. 231). Throughout this thesis, we will only refer to 

the latter definition. Neoclassical economics assumes full rationality, which in turn requires 

humans to be fully conscious when making decisions, i.e. always being aware of all stimuli that 

are relevant to making a decision. However, several pieces of evidence highlight shortcomings 

of this assumption of rationality, one of which is dual processing theory.  

 

Dual processing has been proposed by various authors (for a review, see Evans, 2008), but 

carry with them similar attributes to describe the two processes: one being fast and automatic, 

and the other being effortful, slow, and conscious. These concepts have been in use for almost 

40 years, but only recently have they gotten high traction (ibid. P. 270). Kahneman (2011) uses 

the neutral “system 1” and “system 2” to describe these respective processes. Rooted in 

evolutionary theory, scholars postulate that nature favored individuals who effectively filtered 

important information. Being able to effectively filter out less important information is facilitated 

by heuristics, i.e. “mental shortcuts” used to conserve energy and make faster decisions (Ibid.). 

In most instances these heuristics are highly useful, but they can lead to biases, and thus 

irrational thoughts and behaviors. Kahneman (ibid.) suggests decision-makers may think they 

are rational, but a number of experiments have shown that individuals only rely on a subset of 

the information available in the decision context. As a result, we must accept the notion of 

bounded rationality in humans, i.e. we are not conscious of all decisions. As a result of varying 

degrees of consciousness, humans must selectively pay attention to stimuli.  
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Selecting the most relevant stimuli and filtering out the less relevant information from the 

physical world allows people to respond appropriately and quickly, achieving behavioral goals 

more efficiently and adapting to the changing environment. This is done through focusing neural 

resources to the requirements of any given moment. This mental filtering process, known as 

attention, can be defined as: “the mechanism responsible for selecting the information that gains 

preferential status above other available information” (Plassmann et al., 2012, p. 21). Attention 

in neuroscience can be split up into four distinct functions, although only two are relevant to 

focus on in this thesis: bottom-up (exogenous) attention and top-down (endogenous) attention 

(Ramsøy, 2014).  

 

Bottom-up attention can be defined as “attentional guidance purely by externally driven factors 

to stimuli that are salient because of their inherent properties relative to the background” 

(Katsuki and Constantinidis, 2014, p. 509). In other words, it is externally induced and selected 

by the brain because of noticeable features. This process occurs unconsciously, often in pursuit 

of an unconscious goal, and is based on low-level qualities of visual input such as color, shape, 

luminance, orientation, movement, etc. (Plassman et al., 2012). Although visual attention is the 

largest source of information, it is also present across other senses, e.g. the learned involuntary 

attention towards one’s own mobile phone ringing sound (Jääskeläinen, 2012). As such, it is 

intrinsically related to aforementioned System 1 thinking. Bottom-up attention is thus fast and 

instantaneous, but may not be sufficient to solve complex goals.  

 

Conversely, top-down attention can be defined as “internal guidance of attention based on prior 

knowledge, willful plans, and current goals” (Katsuki and Constantinidis, 2014, p. 509). It is the 

deliberate focus towards particular objects, stimuli or thoughts, contingent upon mental states, 

objectives, and expectations (Plassmann et al. 2012; Ramsøy 2014), and can thus be referred 

to as System 2 (Kahneman, 2011). Here, goals will exert an influence on eye movement, 

causing the viewer to become more selective with the type of information he encodes. 

Furthermore, if “visual selection and eye movement enhance the quality of incoming 

information” (Plassmann et al. 2012), then marketers must be sure to properly dispense 

information and create positive engagement with consumers.  
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Emotions and Feelings 

“An inability to be guided by a “healthy fear” of bad consequences is a disastrous flaw.” 

(Kahneman, 2011, p. 138). 

 

Although Descartes’ often-repeated mantra “I think, therefore I am” would lead us to believe 

humans are rational decisionmakers, evidence shows that emotions not only affect decisions, 

but also allow for more rational ones to be made. Antonio Damasio and colleagues observed 

that people who showed an inappropriate emotional response (or none at all), before making a 

decision, made a worse one (in Kahneman, 2011). Emotions have been crucial to survival, 

enabling intuitive actions to be performed with minimal time and energy spent, as mentioned in 

aforementioned chapters. In decision-making, emotions and feelings are therefore very 

important to understand, which is done in this section. Additionally, the underlying conceptual 

dimensions of emotions, namely valence, arousal, and motivation will be explained. 

 

It is important to distinguish the difference between emotions and feelings, as the psychological 

terms are frequently used interchangeably, in some cases even by neuroscientists 

(Jääskeläinen, 2012). From a neuroscientific perspective however, they are different. As defined 

by Ramsøy (2014, p. 105), “emotions are an organism’s expression of an inner/bodily state; a 

bodily response to an event with a mechanical, stimulus-response basis”. They can range from 

serious threats to trivial decision making tasks, and are neural and physical responses that are 

intrinsically unconscious (Ramsøy 2014), and are controlled by information stored in our implicit 

memory (Hansen, 2005). Conversely, feelings are the conscious and cognitive perceptions we 

use to explicitly describe our more primitive non-cognitive emotions. Feelings involve centrally 

stored information, cognitive processing, and evaluations (Hansen, 2005). According to Ramsøy 

(2014), emotions can be present without feelings but not vice versa, thus implying that emotions 

precede feelings.  

 

Together, emotions and feelings affect decision making, and are correlated with behavior, which 

marketers can use to understand consumer responses. Importantly, emotions can further be 

categorized broadly across three conceptual dimensions, namely valence, arousal, and 

motivation (Ramsøy, 2014).  
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Valence is a measure of how values, events, or situations are experienced across a spectrum of 

negative, neutral, or positive. Valence is an invariant building block of emotional life that derives 

from the human mind’s capacity to engage in the process of valuation (judging whether 

something is helpful or harmful), (Barrett, 2006). Functional magnetic resonance imaging (fMRI) 

studies suggest that positive experiences are computed in the Medial Orbitofrontal Cortex 

(OFC). At a time where a reward it enjoyed, activity in this region of the brain correlates with 

subjective reports about the pleasantness or positive valence of the experience (Plassman et 

al., 2012, p. 25). Thus it is said to exhibit a subjective property, particularly across categories 

such as monetary, visual, rewards, and pleasantness of touch. Nonetheless, valence does not 

measure the emotional intensity, and can therefore, not measure the strength of an emotional 

response. 

 

To understand the intensity of emotions, arousal must also be investigated. When plotted on a 

y-axis (arousal), with valence on the x-axis, a U-shaped relationship is formed, where neutral 

responses yield low arousal scores. But, moving towards positive or negative valence results in 

increased arousal, and therefore increased emotional responses (Ramsøy, 2014). Arousal can 

be measured through EEG (see e.g. Sourina and Liu, 2012), and affects a number of 

physiological changes, and can therefore also be measured through e.g. pupil dilation (Bradley 

et al. 2008), and galvanic skin response (Groeppel-klein, 2005), as well as changes in heart rate 

and pulse.  

Motivation 

The last of the three factors, motivation, relates to the approach-avoidance behavior of 

emotions. Plassman et al. (2012) state that greater activity in the left prefrontal cortex (PFC) is 

associated with the motivational drive needed to approach an object, or a general positive 

emotional experience of interaction with an object. It is worth noticing that negative emotional 

experiences may also lead to the same brain activation, e.g. in feelings such as aggression or 

rage (Ramsøy, 2014).  

 

A number of studies have explored frontal asymmetry, linking this response to emotion- and 

motivation-related constructs. The approach-avoidance construct, as measured through frontal 

asymmetry, has been researched comprehensively. In a review article by Coan and Allen 
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(2004), they analyze whether frontal asymmetry is a moderator variable and/or a mediator 

variable, i.e. whether it influences the strength of a relationship between two other variables, or 

whether it explains the relationship itself, between the two other variables. However, for the 

purpose in this thesis, relevance lies in documenting the ability to measure motivation using the 

prefrontal cortex.  

 

As opposed to valence and arousal, motivation is highly important in decision making, and is 

therefore further elaborated upon in the chapter Wanting, Liking, and Deciding. 

Learning and Memory  

Another aspect of decision making is based on memory. Tulving defined memory as “a living 

organism’s ability to contain and make use of information” (Ramsøy, 2014, p. 132). 

Furthermore, learning is a prerequisite for memory, which Tulving defined as “the acquisition 

and containment of information” (Ibid.). In addition to understanding what constitutes learning 

and memories, this section will also cover their bi-directional correlation with emotions and 

feelings. Given the broad definition of memory, it needs to further be split up into different types; 

sensory memory (milliseconds to seconds), working memory (seconds), intermediate memory 

(seconds to minutes, and long-term memory (hours - several years).  

 

An analogy can be used linking brains to computers. Working memory can be said to be 

equivalent to the RAM function, by making operations here and now, and long-term memory can 

be considered to be equivalent to the hard disk drive. However, whereas files on a computer are 

flawlessly stored and recalled, memories are lossy by nature. The purpose of memories is not 

perfect recall, but rather navigating uncertain environments by knowing whether something is 

important or not (Ramsøy, 2014).  

 

Memories can further be sub-divided: the Squire-Zola model of memory states that declarative 

memories “are those which we can explicitly state that we know something” (Ibid. p. 113), and 

that non-declarative memories are “memories that we cannot state explicitly that we know, but 

where we can still demonstrably show that some kind of information has been retained” (Ibid. p. 

114). Within non-declarative memories, a number of different memory functions exist, such as 

skills and habits, priming effects, and classical conditioning. Although the Squire-Zola model has 
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remained highly influential, it does contain drawbacks, and the declarative - non-declarative 

binary may not fully explain memory systems.  

 

It has been found that both positive and negative emotions affect subjective vividness of 

memories and likelihood of remembering details of the associated event (see e.g. Kensinger, 

2007 for a review of negative emotions, or Talarico et al., 2009 for a review of positive 

emotions). Thus, the less emotional an experience is, the lower chance of it being part of 

long-term memory. Furthermore, long-term memory is contingent on working memory. Activity in 

dorsolateral PFC is highly correlated with working memory, and activity in this region can 

therefore be used to understand the cognitive load, defined as the mental strain to understand 

something (Ramsøy, 2014; Plassman et al. 2012). By measuring activity in this region, which 

can be done with EEG, marketers can understand learning effects when consumers interact 

with products.  

 

Furthermore, several studies find that learning effects and memories are modulated by 

emotional responses. Erthal et al. (2015) and Okon-Singer et al. (2007) both discovered that 

cognitive overload led participants to bypass emotional information. Van Dillen et al. (2009), 

even found the emotional paths of the brain can be modulated by contextual demands and 

cognitive load, even after the emotional response has begun. Similarly, Van Dillen and Koole 

(2007) found that participants reported less negative feelings in response to negative pictures, 

after they were distracted with a series of complex math equations. Kalyuga (2011, p. 105) 

points out that “excessive cognitive load inevitably influences our affective states by causing 

frustration that may discourage further learning activities, while low-load tasks may be 

disengaging and boring”.  

However, too low cognitive load signifies the brain has judged the given stimuli irrelevant to the 

situation, and it is therefore not processed (Ramsøy, 2014). Therefore, the information level 

must be within a specific range for optimal learning, e.g. called the state of “flow” by 

Csikszentmihalyi (2014).  

 

For marketers to successfully introduce new products to the market, they must therefore avoid 

negative emotional states as caused by cognitive overload, as these can lead to frustration and 

dissatisfaction, and ultimately the rejection of a product or campaign. But, they must also avoid 
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oversimplified solutions. Therefore, they need to find the right balance to impact learning and 

memory appropriately and effectively.  

Wanting, Liking, and Deciding 

Understanding what drives consumer choice is crucial to marketers. Given aforementioned 

differences between unconscious and conscious behavior, and different types of memory and 

emotions, it is clear that only asking people about behavior is insufficient to understand the full 

picture of consumer decision. One must distinguish between explicit statements about what 

consumers prefer, and actual choice behaviors (Ramsøy, 2014).  

 

Aforementioned motivation can further be split up into two different aspects: wanting and liking.  

An important, and relatively new finding is the difference between wanting a reward versus liking 

a reward. Berridge and Robinson (2016, p. 670) define liking as “the actual pleasurable impact 

of reward consumption”, dealing with a conscious experience. Ramsøy (2014) suggests that 

liking is a mere after-rationalization of wanting, and is therefore not useful for predicting choice. 

Conversely, wanting can be classified as the unconscious approach-avoidance evaluation 

towards stimuli (ibid.). Although wanting is claimed to be a better predictor of choice than liking 

(see e.g. Knutson et al., 2007; Ravaja et al., 2013; Plassmann et al., 2012); Knutson et al. 

(2007) find self-reports of liking of products to have high explanatory power.  

 

A number of tools exist for understanding wanting, and thus consumer behavior, however each 

comes with advantages and disadvantages. For eye tracking, gaze bias has been suggested to 

correlate with choice. Gaze bias entails that people fixate longer on options that they eventually 

choose (Orquin and Mueller Loose, 2013, p. 196). In one study by Lohse (1997), consumers 

spent more than 50% longer looking at stimuli they ended up choosing. On the contrary, Stewart 

et al. (2004) found consumers spend 200 ms longer examining implausible brand extensions. 

As such, longer fixations may both equate to high motivation given high relevance of the 

presented stimuli, or may be due to increased cognitive load over a longer time in order to 

understand and remember product information.  

 

In a review article on eye movements in decision-making, four decision theories are examined. 

However “none of the theories adequately accounted for the role of attention during decision 
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making” (Orquin and Mueller Loose, 2013 p. 196). Clement and Kokkoli (2013) concur, finding 

that additional perspectives on decision-models are still needed, and recent research 

emphasize the importance in studying relations between human visual attention and intention to 

purchase. Besides from eye tracking, a range of neuroscience techniques have been proposed 

to predict choice. 

 

A number of different brain regions have been found to correlate with wanting and thus choice, 

e.g. nucleus accumbens (NAcc) and ventromedial PFC (Berns and Moore, 2012). This aligns 

with theory, stating reward-related regions, such as NAcc, Ventral Striatum (VS), and medial 

PFC are implicated in purchase decision behavior (Ibid; Knutson et al, 2007). Interestingly, 

Knutson et al. (2007) found that PFC engagement is a measure of liking, whereas NAcc 

engagement is a measure of wanting. Other methods exist too for understanding wanting, for 

examples inter-subject correlation. i.e. similarity of brain responses across participants. 

(Dmochowski, 2014) states that more similar responses are more likely to predict wanting.  

 

Furthermore, long-term memory is strongly tied with preferences and thus decision-making as 

well. McClure et al. (2004) tested participants who preferred Coke to Pepsi. In this work, he 

found that participants prefer Coke only when they know it is Coke: the brand creates higher 

utility than the product. By tying in attention, emotions, and the modulating effects of earlier 

experiences and learning, it becomes possible to understand human decision-making. This can 

be observed by e.g. “increased effort, longer viewing times, and stronger grip strength” 

(Plassmann et al, 2012 p. 27) or using neurometrics such as fMRI and EEG.  

 

In conclusion, the main takeaway from this section is that wanting is an unconscious response 

that can be tested using neuroscience methods, by for example analyzing levels of motivation 

with an EEG and eye tracking, while liking is something that can be measured explicitly using a 

survey.  

 

This chapter reinforces the importance of understanding the interworking of the brain, as it is 

intertwined with processes of consumer behavior, particularly as they encounter products and 

new innovations. 
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Consumer Behavior 

Consumer behavior is concerned with social and economic impacts that purchasing and 

consumption behavior have on the consumer and society at large, entailing elements of 

psychology, sociology, economics, and marketing, as well as the more recently established 

discipline of consumer neuroscience.The blend of disciplines examine various factors of 

consumer behavior, including the emotions, attitudes, and preferences that affect purchase 

intention and behavior, as well as the internal and external influences that affect said behavior. 

 

As such, we have narrowed the focus in this thesis, placing emphasis on foundational diffusion 

theory as well as the unconscious factors of persuasion. Following this, we have investigated 

conceptual consumption: how other elements surrounding the purchase experience may imbue 

value in the product, thereby increasing product wanting. Afterwards, we look into the process of 

consumer resistance - what happens when the consumer dismisses diffusion. Finally, we link 

these factors in a model adopted from a brand preference formation framework. In the following 

subchapter, we will discuss innovations. Although innovations involve adoption and purchase of 

new ideas and product, and can therefore be argued to be a part of consumer behavior, we 

have chosen to split it up to further readability and understanding, and emphasize the 

importance of innovation in this thesis. 

 

Consumer behavior centers around a model called the buyer decision process, which was first 

introduced in 1968 by Engel et al. The model is based on five distinct stages: problem 

recognition, information search, evaluation of alternatives, purchase decision, and postpurchase 

behavior. As deemed relevant to our Kickstarter experiment and therefore this thesis, we will 

focus primarily on the evaluation of alternatives and purchase decision.  

Diffusion of Innovations 

To understand how and why ideas and innovations spread, we must study diffusion. Diffusion 

can be defined as “the process in which an innovation is communicated through certain 

channels over time among the members of a social system” (Rogers, 2003, p. 346). We assume 

that diffusion is desirable and widespread, but understand that some innovations or adoption of 

those innovations may be considered unethical or uneconomical to certain individuals or 
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societies. Rogers (Ibid., p. 88) mentions an interesting case where the introduction of clean 

water in an Egyptian village would result in lower levels of diseases, but unfortunately also 

contribute to lower economic status and social tensions. His anecdote illustrates significant 

embedded aspects of diffusion: it entails a degree of uncertainty and imperfect information, 

demanding varying levels of personal and social change.  

 

We must also briefly define innovation, as it relates to this section: “an idea, practice, or object 

that is perceived as new by an individual or other unit of adoption” (Ibid.), thereby taking on a 

subjective perspective based on an individual’s prior experience (Ibid.). In other words, it must 

be novel and unique to the consumer, regardless of the length of time it has been in existence. 

Furthermore, it is up to the consumer to decide whether or not to adopt the innovation, allowing 

for diffusion to occur. This is called the innovation diffusion/decision process.  

 

The innovation decision process is defined as “the process through which an individual (or other 

decision making unit) passes from knowledge of an innovation to forming an attitude toward the 

innovation, to decision to adopt or reject, to implementation and confirmation of this decision” 

(Rogers, 2003, p. 346). It is a fluid process through which the individual navigates at their own 

pace, sometimes circling back to earlier stages or combining stages, all the while seeking to 

decrease uncertainty by gaining information that ultimately leads to a satisfactory adoption (or 

rejection). Conceptualization of these five main steps appear as such: 1) Knowledge is gained 

when an individual learns of the innovation’s existence and gains an understanding of its 

functions. 2) Persuasion takes place when an individual forms a stance or attitude toward the 

innovation, thereby taking into account the five perceived characteristics of innovation which will 

be mentioned below and throughout this thesis. 3) Decision occurs when an individual engages 

in an activity that leads to choice, leading to either adoption or rejection. For rejection, Rogers 

(2003) further delineates two types: active and passive, as well as discontinuance which is 

when an innovation is rejected, after it was already adopted. 4) Implementation which occurs 

when the individual utilizes the innovation and 5) Confirmation when an individual seeks 

reinforcement on the decision taken.  

 

The innovation decision process can lead to either adoption, the decision to make full use of the 

innovation, or rejection, the decision to not adopt an innovation. These consequences and 

others are addressed in the Non-Adoption section of this chapter.  
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Another important aspect of the innovation decision process relates to the rate of adoption, 

which when plotted on a cumulative frequency basis over time, results in a distribution that is 

S-shaped curved. This too will be discussed later, in the Innovativeness of the Consumer 

section. Additionally, as prior conditions exist, such as personal innovativeness, which guides 

the rate of adoption, it will also be discussed in that section.  

 

Given the thesis topic, Kickstarter, we fully exclude the latter two elements from the innovation 

decision process, as participants will not be able to implement the product in their routines. 

Instead, our main focus for this section (Diffusion of Innovations) and the following (Principles of 

Persuasion) will be the second step, Persuasion.  

 

Past research (Rogers and Shoemaker, 1971) has found that the adoption of innovations is 

positively related to the product's relative advantage, compatibility, visibility, and 

communicability, and negatively related to its complexity and its cost; thereby titling these 

attributes as the five characteristics of innovation that persuade consumers to adopt the product 

and increase the rate of diffusion. Most scholars within this field of research will agree with and 

build upon Rogers' Diffusion Theory, citing the following five factors as key characteristics to 

accelerating the rate of adoption, explaining 49-87% of the variance in the diffusion of 

innovations (Sahin, 2006).  

 

1. Relative advantage: “the extent to which an innovation is perceived as being better than 

the idea it supersedes” (Wolfe, 1994, p. 419). This can be measured in economic terms, 

social factors, convenience, or general subjective satisfaction, thereby it is subjective to 

the individual experiencing the innovation. Rogers (2003), argues this to be the strongest 

predictor of adoption; the higher the relative advantage, the faster the rate of diffusion. 

Cooper (1999) found that the most important factor for product success is delivering a 

unique superior product; it must deliver unique benefits and product value to users.  

 

2. Compatibility: the degree to which an innovation is perceived as being consistent with 

existing beliefs, values, past experiences and the needs of the potential adopter. An idea 

that is incompatible with the values and norms of a social system will not be adopted as 

rapidly (Rogers, 2003).  
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3. Complexity: the degree to which an innovation is perceived as difficult to understand and 

use. New ideas that are simpler to understand will be adopted faster than those that 

would require new skills to be learned or prior skills to be unlearned. This ties in with 

aforementioned working memory, where sacrificing mental resources have previously 

been biologically costly (Baars, 2012). Thompson et al. (2005) identify feature fatigue as 

a result of this: overwhelming consumers with product features and attributes creates 

unnecessary complexity, which further slows the adoption rate.  

 

4. Trialability: the degree to which an innovation may be experimented with on a limited 

basis. Trialability lessens uncertainty, allowing a consumer to test the product, learning 

about its use and enhancing comfort (Rogers, 2003).  

 

5. Observability: the degree to which the results of an innovation are visible to others. The 

easier it is for individuals to see the results and the more product awareness that is 

generated, the more likely one will be to adopt it. Visibility stimulates product 

understanding and societal acceptance, adding a layer of wanting due to societal 

pressures. Interestingly, the importance of this factor may partly be explained by the 

concept of mirror neurons, defined as “nerve cells that fire when we carry out an action, 

or watch someone else carry out a similar action” (Raafat et al., 2009 p. 426) It is not 

necessarily only the case, that observers understand how the product is being used, but 

also, they may feel a connection with the person using the product, thereby ascribing 

greater value to this product (Iacoboni, 2009).  

 

Although most scholars would agree with the proposed Diffusion Theory, only proposing minor 

amends to mirror society as it changes, the Rogers 2003 version also faces some criticism. 

Rogers (2003) implies that people tend to associate innovations with improvements and things 

that are good, thereby, being biased towards innovation. This is known as pro-innovation bias. 

Secondly, his theory is mostly observed retroactively, and from the provider’s perspective, 

potentially resulting in a source bias or a memory based recall falsification. Another criticism is 

the false classification of consumers. It is suggested they have good reason to delay adoption, 

even if they may be normally considered an “early adopters” for example. This might also result 

in individual blame bias, a tendency to blame individuals for their non-adoption, or touch upon a 
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larger societal inequality issue. Finally, it may under-emphasize relative advantage, as other 

factors do not matter if the product is not better than alternatives.  

 

Although Rogers’ (2003) five factors (of persuasion) originally stem from economic perspective, 

they have a large overlap with consumer psychology literature. The next chapter explores a 

series of principles that similarly affects consumers, improving diffusion of products. 

Principles of Persuasion 

Researchers have suggested several additional factors which persuade consumers to purchase 

products. Building on Rogers' Diffusion Theory, as well as Geoffrey Moore’s Crossing the 

Chasm (1991) or Malcolm Gladwell’s Tipping Point (2000) where authors illustrate the point in 

which the mainstream market adopts innovation, thereby making sales skyrocket, Cialdini’s 

(2007) book, Influence: The Psychology of Persuasion, offers solutions as to how to accelerate 

the rate of diffusion, based on concepts found in psychology, neuroscience, and marketing. He 

lists six factors, namely: reciprocation, commitment and consistency, social proof, liking, 

authority and scarcity. Recently, he added a 7th factor, relating to neuromarketing, called unity 

(Cialdini, 2016). Each of these factors are found to elicit a “kind of automatic, mindless 

compliance from people” (Cialdini, 2007, p. vii), i.e. a system 1 response. He suggests that due 

to the accelerating pace and informational crush on society, unthinking compliance will become 

more prevalent among people, and thus, it is important for us to not only recognize it, but also, 

learn ways to combat it. Although we will not directly test the effect of these principles in this 

thesis, it is important to discuss them, as they aid in the understanding of our results.  

 

Below are Cialdini’s principles of persuasion:  

 

1. Rule of Reciprocation: the rule of reciprocity recognizes that people feel indebted when 

someone does something for them or gives them something. Reciprocation is a powerful 

mechanism that entails a feeling of obligation and is embedded in social norms, but can 

also be used by marketers in an exploitative form.  

 

2. Commitment and consistency: “our obsessive desire to be (and to appear) consistent 

with what we have already done. Once we have made a choice or taken a stand, we will 
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encounter personal and interpersonal pressures to behave consistently with that 

commitment” (Cialdini, 2007, p. 43). Thus even if something is incorrect or seems 

irrational objectively, it is human nature to (appear to) be consistent and preserve one’s 

self-image, thereby standing fast in one’s own original decision. People tend to prefer to 

follow pre-existing attitudes, actions, and values. 

 

3. Social proof: the tendency to see an action as more appropriate when others are doing 

it. (Cialdini, 2007). It is a convenient mental shortcut, allowing one to assess appropriate 

behavior in uncertain or ambiguous situations. This type of social evidence can also be 

compared to Rogers' trialability, which not only serves to illustrate how to use an 

innovation, but also, provides a sort of social proof that the innovation is good and 

people like and use it. Marketers are well aware of this phenomena and thus often like to 

advertise their products as “best sellers”, in order to convince buyers that not only is their 

product good, but others also really like it. Cialdini also explains that social proof is more 

effective when it can be observed by people who are similar to us, influencing us to 

behave in a mirror-image way.  

 

4. Liking: people prefer to say yes to a request from someone they know and like. They are 

also more likely to favor requests from someone who is more physically attractive, 

similar to them, or one that pays them a compliment. Cialdini explains how being 

physically attractive influences the halo effect, which occurs when one positive 

characteristic of a person dominates the way that person is viewed by others. People will 

instantly assign favorable traits to that person, including kindness, honesty, intelligence, 

and talent (Cialdini, 2007, p.129). Similarity also often leads to liking and persuasion as 

people tend to side with those who share similar opinions, personality traits, 

backgrounds, lifestyles, and even those who have the same name. Familiarity also plays 

a large role in decision making and liking, similar to the mere exposure effect, a 

phenomenon where people develop a tendency for things primarily because they are 

constantly exposed to them. The opposite of this can also be true - if the innovation, 

product, etc. results in or carries with it, a negative experience or association, familiarity 

will lead to less liking.  
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5. Authority: Milgram’s famous obedience study in 1963 illustrated the unexpected power 

and influence of authority, even when tasked to perform objectionable acts. People tend 

to follow authority, even if their power or knowledge is illegitimate. Often, fancy titles, 

impressive clothing, expensive cars, etc. may lend to a sense of credibility and influence.  

 

6. Scarcity: lending from economical theory that relates to supply and demand, the less 

there is of something, the more valuable it appears. Things become more attractive as 

they become unavailable.  

 

7. Unity: This new factor refers to shared identities of the influencer and influencee 

(Cialdini, 2016). It borrows from neuromarketing, postulating that the more one identifies 

with others, the more they are influenced by them. As such, there are certain overlaps 

with the aforementioned network of mirror neurons (Raafat et al. 2009) and observability 

(Rogers, 2003). Similar to the “similarity” characteristic mentioned in “liking” and “social 

proof”, unity creates the collective “us”. It encourages co-creation, as people embrace 

creations that they are a part of (Cialdini, 2016).  

 

Despite understanding and using these persuasive, influential factors, to nudge consumers to 

adopt an innovation, the more change that is asked of them, especially ones that alter their 

behavioral patterns, or are incongruent with their current lifestyle, culture, or belief systems, the 

more difficult it will be. Furthermore, marketers must recognize that often, it is not just the 

physical product or innovation that a customer will consume, but rather it is the whole process 

and experience that must be aligned, which leads us to the next section.  

Conceptual Consumption 

Whereas the former two sections deal with factors increasing the wanting of stimuli, this section 

deals with increasing liking of consumption of the stimuli. Simply defined, consumption is “the 

absorption of something by some object to support the function or welfare of that object” 

(Borgmann, 2000, p. 418). The service-dominant logic states that consumers not only 

consumes products, but also the experiences surrounding the purchasing experience (Vargo 

and Lusch, 2004). Liking or disliking elements surrounding the experience, such as the product 
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campaign, and the format of Kickstarter.com itself, etc. may have an impact on the wanting of 

products, e.g. through halo effects (Kahneman, 2011).  

 

As global inequality decreases and welfare improves, a shift occurs from life-sustaining 

consumption towards supporting the welfare of populations, i.e. moving up the hierarchy of 

needs, away from consumption for the sake of physiological and safety needs (Maslow, 1943). 

In Conceptual Consumption, Ariely and Norton (2009) follow the line of thought of 

service-dominant logic, to present a new mode of consumption, not merely based on the 

premise of survival. This was even supported by Maslow (1943, p. 373), stating that “the person 

who thinks he is hungry may actually be seeking more for comfort or dependence, than for 

vitamins or proteins” (Ibid. p. 373). This further highlights the academic shift perceiving human 

beings as being rational and profit-maximizing, towards bounded rationality. The four pillars 

outlined by Ariely and Norton is consumption of expectancies, goals, fluency, and regulatory fit.  

 

1. Consumption of expectancies links to the aforementioned wanting vs. liking. In essence, 

expectations of an experience will drive the actual experience. In a placebo-test 

regarding pain on human subjects, expectations about a reduction in pain accounted for 

“49% of variance in post-manipulation pain ratings” (Price et al., 2008 p. 571), which 

shows the influence of this factor.  

 

2. Several researchers have demonstrated how consumption of goals drive behavior, from 

relationships to weight loss (Ariely and Norton, 2009). When a person creates a goal, 

they will work harder as they approach this goal, but once the goal is reached, a rapid 

drop-off is seen. Bagozzi and Lee claim that “goals are represented by consumers in 

cognitive schemas, of things they want to achieve or experience, or things they want to 

happen to them” (Bagozzi and Lee, 1999). Initially, a “starting problem” may be present; 

a high goal is demotivating as people cannot discern progress towards their goal. As 

they progress towards a goal, they are essentially removing losses, which in itself 

presents incentives for continuing hard work. However, once the goal is reached, any 

additional improvements will add gains instead of removing losses (Heath et al., 1999). 

The observation that adding gains motivate people less than removing losses is 

explained through prospect theory, as proposed by Kahneman and Tversky (1979), 
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which will be illustrated further in the Innovativeness of Consumers section and 

Resistance to Change.  

- Interestingly similar observations are made for final Kickstarter funding levels. 

Mollick (2014) finds that for failed campaigns, 55% of them raise <5% of their 

goal, 90% of them raise <30% of their goal, and 97% of them raise 50% of their 

goal - the “starting problem” cause funders not to fund campaigns they do not 

expect will succeed, particularly when it is low funded with little time remaining. 

For successful campaigns, 25% of them collect <103% of their goal, 50% of them 

collect <110% of their goal, and around 90% collect <200% of their goal. In short, 

funders derive more value from making campaigns succeed rather than making 

already-successful campaigns even more successful.  

 

3. The third pillar, fluency, can be broadly defined as “the ease with which stimuli are 

processed and experienced” (Ariely and Norton 2009, p. 482). As mentioned in the 

Neuroscience subchapter, higher levels of fluency allow people to save brain power, 

which traditionally has increased chances of survival. Through evolution, brains that 

waste time and energy have been less likely to carry on genes, and as a result, 

consumption is better when it is easier to understand. It can furthermore be linked to 

Rogers' (2003) complexity attribute; simpler ideas will be adopted faster.  

 

4. Finally, regulatory fit deals with whether consumption aligns with one’s identity. 

Regulatory fit exists when consumers engage in a task where their motivations for a 

given action aligns with their actual behavior (Ibid.). An example of this can be a 

consumer who may not eat a burger before being assured the source of the meat is 

ethical, as the consumer is an animal rights activist. This concept ties in with both 

Cialdini’s consistency principle (2007) and Rogers’ factor of compatibility (2003). Being 

inconsistent results in lower regulatory fit, and a feeling of cognitive dissonance. This in 

turn increase cognitive load, and can therefore be argued to overlap with the third pillar, 

as the consumption experience becomes less fluent. 

 

Reber et al. (2004) outlines a seemingly contradictory situation. He speaks of the positive 

impact of fluency of art experiences, which then highlights a tradeoff between the pillars: People 

may choose to consume complex and low-fluent art, such as abstract paintings, because it 
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makes them feel sophisticated and thus is consistent with one’s regulatory fit, or because their 

goal entails being able to interpret the art, and the journey adds value.  

 

What happens if innovation violates these factors or principles explained in these three 

sections? We will attempt to answer this in the section below.  

Non-Adoption  

“Competitive advantage for a disruptor comes not from product innovation alone, but from the 

ability to alter consumer behavior.”   4

 

Consumer behavior research discloses that drastically changing consumer behavior and 

revolutionizing an industry will always face resistance. Reasons for and against adopting 

innovations differ, influencing consumer decisions in various dissimilar ways. In order for 

scholars and managers alike to better understand these barriers and how to overcome them, 

they must also look at why and how consumers decide to not adopt an innovation.  

 

Rogers (1995) finds that personality characteristics such as general attitude towards change is 

an antecedent to the diffusion process. Regarding the resistance to innovation, it is not an 

innovation in itself that people resist, but to its associated changes (Cornescu, 2013), whether 

it’s personal daily habits or more macro scaled societal shifts. Consumer resistance to 

innovation can be defined as the negative reaction towards innovation because of the potential 

changes made to a satisfactory status quo, or because it is in conflict with the consumer’s belief 

structure (Ram and Sheth, 1989). With consideration to the large number of new products and 

services appearing continuously, it is not necessarily the products themselves that people may 

be opposed to, but rather the repercussions of using those products.  

 

According to Ram’s (1987) model, there are three main underlying factors that lead to consumer 

resistance: perception of innovation characteristics, consumer characteristics, and mechanisms 

of propagation. Innovation characteristics include intrinsic, subjective traits such as perception, 

motivation, personality, beliefs, attitudes, previous experiences, etc. Consumer characteristics 

include the perception of relative advantage (of the product), compatibility (with the consumer’s 

4 https://www.baileygp.com/white-papers/category-disrupters/ 
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life/beliefs), perceived risk, complexity, and expectation of better products. Lastly, propagation 

mechanisms can be either company controlled, or based on the consumer’s contact. This 

includes advertising, word of mouth, use of credible influencers, etc. by a company. The main 

characteristics to consider in propagation mechanisms are credibility, clarity, source similarity, 

and informativeness. In the aforementioned article by Cornescu (2013), he builds on Ram’s 

model, adding a fourth dimension, ‘influence of opinion leaders,’ which pertains to advice and 

information about new products from key influential people. In today’s rampant information age, 

this element is all the more important as influencers are entitled to filtering information, 

orientation perception, and consumer attitude formation.  

 

These elements, both in Ram’s 1987 model (innovation characteristics, consumer 

characteristics, propagation mechanisms) and Cornescu’s 2013 model (innovation 

characteristics, consumer characteristics, propagation mechanisms + influence of opinion 

leaders), influence and lead to consumer resistance (See appendix 3: Literature Review 

Appendix). In An exploration of consumer resistance to innovation and its antecedents, Kleijnen 

et al. (2009) created a framework based on these models and its supporting literature review. 

Their framework explicated the major components of consumer resistance: rejection, 

postponement, and opposition; as well as recognized two major groups of antecedents to 

consumer resistance: degree of change required and conflicts with the consumer’s prior belief 

structure. Like other scholars (Ram, 1987; Ellen et al., 1991), they argue that consumer 

resistance is not the obverse of adoption. They state reasons for consumer non-adoption, such 

as moral objection and changes of ingrained behaviors, but also recognize the limitation of Ram 

and Sheth’s (1989) above mentioned definition of innovation resistance. Their definition lacks 

what Rogers (2003) would call trialability, which claims that resistance can in fact be overcome 

by allowing the customers to try the innovation for a certain period of time. Nonetheless, 

Kleijnen et al. (2009) expand on Ram and Sheth’s initial framework by defining the three types 

of consumer non-adoption:  

 

Rejection is not driven by a lack of awareness about the innovation, but rather it is an active 

evaluation on the part of the consumer. It is a deliberate reluctance to change the status quo.  
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Postponement is the delay of adoption. Most consumers may find the innovation acceptable in 

principle but are waiting until the circumstances are more suitable - whether that be a more 

suitable price, additional features, advanced technology, etc.  

 

Opposition is a more aggressive reaction than just rejection. It occurs when consumers believe 

that the innovation is unsuitable and actively attack its launch or marketing.  

 

The main drivers that cause these different types of resistance are due to required changes in 

behavioral patterns, norms, habits, and traditions as well as possible psychological conflicts and 

perceived risks, which are all the more exacerbated when consumers are satisfied with their 

current situation.  

 

The type of resistance also varies, based on situational factors. Szmigin and Foxall (1998) for 

example studied postponement and witnessed that for technology related innovations, 

consumers often worried about investing in products too early, as risk for rapid introductions of 

improved versions and obsolete current versions were likely. Ellen, Bearden, and Sharma 

(1991, p. 297) looked into postponement of technology related innovations as well, building on 

foundational research on self efficacy from by Bandura (1997), indicating that a “person’s 

perceived ability to use a product successfully affects their evaluative and behavioral response 

to the product”. In other words, if the consumer perceives it to be too complex or unenjoyable, 

he will not deem it favorably. Rejection on the other hand, was more prominent with products 

that challenged the status quo as rejectors were highly concerned with financial, performance, 

and personal risks. Risk, particularly functional, was the most commonly cited reason for 

rejection, in the Kleijnen et al. (2009) study. And finally, opposition was strongly driven by 

tradition and current norms, as it was incompatible to societal norms.  

 

It is important that marketers understand these factors, developing insights into reducing or 

alleviating such resistance. The strategic managerial implications that can be understood from 

this section involve: for postponement, showcasing how the innovations fit with their current 

consumers’ lifestyles; for rejection, using positive cues, word-of-mouth, and information 

dispensing tactics; and for opposition, testing by independent and unbiased institutes to 

increase credibility. Further tools can be obtained from studying diffusion, principles of 

persuasion and conceptual consumption, as we have outlined above.  
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Consumer Decision Framework 

In order to understand how the neuroscience chapter ties in with the consumer behaviour 

chapter, this section introduces a modified version of a Plassman et al.’s (2012), framework, 

originally designed to understand brand decisions (see figure 2). Although our thesis does not 

investigate branding, each product tested is likely to evoke emotions relating to consumers’ 

earlier experiences or thoughts about other similar/dissimilar products.  

 

Figure 2, adopted from Plassman et al, 2012, p. 20. 

 

This model consists of five elements, representation and attention, predicted value, experienced 

value, remembered value, and learning.  
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For representation and attention, given the existence of limited attention, we must accept 

tradeoffs: consumers cannot be fully rational. As such, how consumers attend to, and perceive 

information, may have a tremendous influence on behavior (Plassman et al. 2012). As such, 

observability and complexity can be argued to affect this stage, as lower observability and 

higher complexity will increase the mental resources required to digest information (Plassman. 

et al., 2012; Ramsøy, 2014).  

 

For predicted value, the original framework looked only at the brand. In this case, we 

expanded it to represent the expected value of consuming an innovation. This can be seen as 

the wanting of a stimuli, and is modulated by a number of influences: for instance Rogers’ five 

factors and Cialdini’s persuasion factors. An overlap does exist with representation and 

attention, as by expecting something to be too complex, it could dissuade usage.  

 

For experienced value, we accept the service-dominant logic (Vargo and Lusch, 2004), to 

accept that the final decision is not only affected by the wanting of the product itself, but also the 

liking of the context surrounding all product interactions, in this case the Kickstarter campaign 

and the Kickstarter platform. As such, when using self-reports to acquire knowledge about 

consumer wanting of a Kickstarter product, it is in fact still based on consumer liking of the 

Kickstarter campaign. Therefore, conceptual consumption can be placed here, to understand 

how external factors impact decision making.  

 

Remembered value originally referred to “how different brand associations are encoded, 

consolidated, and retrieved in the consumer's memory“ (Plassmann et al 2012 p. 27). We 

modify this definition to talk about product associations rather than brands. This is also highly 

linked to learning and memory. It is also important for similar future consumptions as it will 

influence the next predicted or expected value.  

 

Learning occurs along every stage of this model. In the original model, it was suggested that 

learning does not impact attention. However, evidence exists arguing the contrary. One area 

this is evident for is professional athletes: it has been found that skilled batsmen in cricket have 

more efficient attention. They are able to arrive at the bounce point of the ball 100 ms faster 

than non-skilled batsmen (Hayhoe and Ballard, 2005), thereby showing that eye movement 

patterns can improve, and that learning can alter attention. Similarly, for decision making, it is 
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likely that when conducting similar choices, top-down attention may change over time to 

accommodate the task.  

 

From this chapter on consumer behavior, it is evident that a multitude of factors affect behavior, 

both consciously and unconsciously. To understand these effects, we have proposed a 

framework encompassing both liking and wanting aspects of consumer behavior. The next 

section investigates innovations, extending from consumer behavior, from a number of 

perspectives relevant to this thesis. 

Innovations 

“Organizations need to innovate in response to changing customer demands and lifestyles and 

in order to capitalise on opportunities offered by technology and changing marketplaces, 

structures and dynamics” (Baregheh et al., 2009, p. 1323).  

 

Due to dynamic markets and ever changing consumer preferences and lifestyles, organizations 

continuously innovate proactively and reactively, in order to not only capitalize on opportunities, 

but even just to stay alive in fiercely competitive markets and remain relevant with their 

customers. The concept of innovation is enjoying a period of high interest, as within the past 5 

years, companies’ mention of the word “innovation” in annual reports, has increased 64% (Kell 

and Lurie-Luke, 2015). Innovation can occur in multiple settings: products, services, operations, 

processes, and people. Definitions vary at large as well, ranging from the consumer 

perspective: “an idea, practice, or campaign that is perceived as new by an individual or other 

unit of adoption” (Rogers, 2003, p12,); to a company perspective: “process of bringing new 

products and services to the market” (Hauser et al., 2006); to larger ideas and concepts: “a 

process of change that is about growth, about recognizing opportunities for doing something 

new and implementing those ideas to create some kind of value” (Tidd and Bessant, 2014, p. 

16). Definitions can relate to products or processes, as well as new business models, markets, 

organizational methods, stages, paradigms, etc. According to Tidd and Bessant (Ibid.), they can 

also vary across different dimensions, namely product, process, position, and paradigm. 

Although scholars will agree that there is not one single perfect definition for innovation, the 

majority will build upon one of the oldest and most straightforward definitions by Thompson 
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(1965, p. 2) which states: “Innovation is the generation, acceptance, and implementation of new 

ideas, products or services”. 

 

Although interaction with innovations can be considered part of consumer behaviour, the 

essence of innovativeness itself (as it relates to product, consumers, and companies), has been 

given its own chapter, in order to emphasize its magnitude. This rest of this chapter will cover: 

innovativeness of products and the varying degrees of innovation; innovativeness of consumers, 

illustrating the different types of consumers, as well as elaborating upon the psychological 

reasons for the resistance/adoption already described in the consumer behavior section; 

innovativeness of companies, focusing on how Kickstarter disrupts traditional structures of 

company innovation.  

Innovativeness of Products 

According to Harvard Business Review, 75% of consumer products and retail goods fail within 

their first year of launching (Schneider and Hall, 2011), and highly innovative products fail at a 

greater rate than less innovative products (Cooper, 1999), with certain products failing to gain 

market acceptance between 40-90% across a variety of product categories (Tidd and Bessant, 

2014). Gourville (2005) argues that the main reason for marketplace failure regards consumers 

systematically undervaluing innovations and firms systematically overvaluing them. These two 

phenomena combined are what he defines as the curse of innovation. He proposes that the 

product-based causes of innovation failure are due to misalignment of the five factors proposed 

by Rogers, 2003 (which are explained in our Consumer Behavior section above), postulating 

that products that have a clear relative advantage (the largest predictor of marketplace 

success), are more compatible, less complex, more observable, and easier to trial, have a better 

chance of adoption.  

 

Due in part to this, as well as Cialdini’s persuasion factors also outlined in the Consumer 

Behavior section, and further research that emphasizes the necessity of developing a market 

orientation, as opposed to taking an internal resource-based perspective when it comes to 

product innovations, it is evident that understanding and adhering to the demands of the 

customers is crucial. In a study conducted by Atuahene-Gima (1995), it was found that taking a 

market oriented perspective makes a greater contribution to new product performance when the 
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new product is incremental, when the perceived intensity of market competition is high, and the 

product is at the early stage of its life cycle. This study contributes to findings that adopting a 

market orientation not only has a positive relationship with new product processes, but also 

affects the new market, and campaign performance. Furthermore, it sheds light on an issue 

discussed by researchers studying innovation: what are the important and different underlying 

mechanisms of radical vs incremental innovations and how do consumers respond to them?  

Types of Innovation  

“Consumers are more prone to purchase incrementally new products, than really [radically] new 

products” (Kim et al., 2010).  

  

Robertson (1971) delineated three types of innovations across a three point spectrum: 

continuous innovations which causes little disruption in behavioral patterns as it involves 

modification of an existing product; dynamic continuous innovation which causes some 

disruption in behavioral patterns but does not alter them substantially, thereby either creating a 

new product or modifying an existing one; and discontinuous innovation which requires the 

establishment of new behavioral patterns.  

 

Traditional innovation theory will classify innovations as either incremental or radical. The former 

denotes a gradual improvement to an already existing product while a radical innovation is one 

that has “unprecedented improvements in performance features that allow for new application 

domains to develop” (Story et al., 2014, p. 1271).  

 

Incremental innovation, the more dominant and commonly seen innovation, is more prevalent in 

the market as it requires less resourcing, drives steady sustainable strategic change, and is 

more convincing for companies and consumers to adopt. One estimate puts 70% of product 

innovations as incremental . A Bain and Company report (Harris et al., 2011) noted that a $5 5

trillion of incremental GDP expected during this decade will be based on the premise of 

“everything the same, but nicer”, demonstrating the power of incremental innovations as 

consumers demand change and upgrades of products and services.  

 

5 http://www.innovationmanagement.se/2016/11/21/disruptive-innovation-vs-incremental-innovation/ 
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Radical innovations have a central position in literature surrounding competitive advantage and 

the blue ocean strategy, and are typically more risky, as they require a departure from a 

company’s current design dogmas and cultures, requiring higher capital investment, and contain 

an air of uncertainty in market response (Ibid). Furthermore, they are best induced through 

technology (OECD, 2009). These breakthrough innovations, as they are sometimes called, tend 

to catapult markets, businesses, and consumers by breaking boundaries and benchmarks. They 

represent “the extent to which an innovation represents technological changes and thus implies 

new behaviours for organizational subsystems and/or members” (Wolfe, 1994, p. 419). And so, 

according to Alexander et al. (2008), consumers follow through less often on positive purchase 

intentions to buy radically new products.  

 

Famous strategist, Clayton Christensen takes product innovation further, coining the term 

“disruptive innovation”: products/services that uproot entire markets by moving upstream, 

displacing established competitors and market leaders (Christensen, 1997). As most companies 

will focus on pursuing sustaining innovations, ones that brought them success previously, few 

daring ones will create or attempt to create disruptive innovations. Many companies, particularly 

big giants that are sustained in their industry, will resist disruptive innovations as they cannot 

calculate the potential value that can be generated from unexisting markets, nor might they be 

willing to succumb to products that will mature faster than their consumers’ needs, disrupting 

their status quo and (temporarily) misaligning with their stated needs.  

 

On a conclusive note, studies vary in assessing whether newness to the market result in more 

benefits. Kleinschmidt and Cooper (1991) for example recognized that innovations may result in 

a U-shaped relationship, with highly and less innovative products achieving more success than 

moderately innovation ones. “Unfortunately answers to these questions are largely ambiguous. 

Research findings on product newness and benefits are not straightforward —’conflicting and 

inconclusive" (ibid., p. 242).  

Innovativeness of Consumers 

Bostrom argues that “some individuals… ...search for a way around every obstacle and 

limitation to human life and happiness” (2006, p.1). As such, the high human interest in 

innovation makes complete sense; Bostrom’s claim that humans have a desire to expand the 
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boundaries of our existence, and innovations allow exactly this. The nature of innovativeness, 

as a concept and as a measure, has been discussed by researchers for decades. Since the 

70’s, innovativeness has been assumed to be a personality trait, one that is exhibited in all 

individuals, but varies in levels on a continuum amongst them. Many scholars have often 

segmented the population into innovators and non-innovators, or into groups based on their 

perceived level on an innovation continuum. This is true of Rogers who defines consumer 

innovativeness as: ‘the degree to which an individual is relatively earlier in adopting new ideas 

than the other members of a system’ (Rogers, 2003).  

 

The following section explores the innovativeness of consumers. It builds upon and further 

explains topics discussed in the Consumer Behavior subchapter. It touches upon the different 

consumer profiles throughout the diffusion process mentioned in the subchapter, as well as the 

fundamental psychological factors at bay when choosing to adopt or resist a product.  

Adopter Categories  

Various studies of the adoption process of innovation have generated many profiles of the 

innovative consumer. The majority of studies entailing demographic characteristics have found 

that early adopters have more education, more income, and higher status occupations, than do 

non-adopters (Midgley and Dowling, 1978). They argue that higher income implies smaller 

financial risk, more education can be related to a better understanding of functions performed 

(lower complexity), and a higher status occupation can be related to more work related 

experience. Furthermore, adopters are said to be creative. Hirschman (1980) hypothesizes that 

high levels of consumer creativity lead to increased rate of adoption and use of innovations. 

Additionally, previous experience is said to play a role in adopting products, as research 

suggests that prior knowledge or experience with a product class may lead to greater ability to 

detect superior new products within the class and hence increase likelihood of adoption 

(Rogers, 2003).  

 

According to Rogers (Ibid.) and based on observations of “ideal types” as mentioned above, the 

spectrum of consumer innovativeness, for the most part follows a skewed bell shaped curved as 

illustrated below in figure 3. As an innovation is diffused throughout time, different types of 

consumers can be found throughout the process. Innovators tend to be the most venturesome 

of the group, possessing the technological knowledge and holding a niche set of skills to 
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understand the innovation, and potentially even serve as the trial consumers during the early 

stages of development. They are the smallest group, only about 2.5% of the population, but are 

vital in launching the new idea into the marketplace. The early adopters, as already described 

above, may be the most valuable group to marketers, despite being only about 13.5% of the 

population, as they contain the highest degree of opinion leadership and increase visibility of the 

product, thereby enhancing market penetration.  

 

The early majority straddle between the early adopters and the late majority, while still exerting 

a bit of influence over the rest of society and providing visibility of the product. This is where 

Geoffrey Moore’s (1991) famous “crossing the chasm” occurs, for disruptive or discontinuous 

innovations. According to Moore (Ibid.), the transition between these two groups, the visionaries 

and pragmatists, is the most difficult. It is here that firms must create a successful bandwagon 

effect to gain enough momentum for an innovation to become the status quo. As the product 

developer focuses on each consumer group at a single time, in order to “successfully cross the 

chasm”, he must carefully assess the target market and position the product properly with an 

effective distribution and pricing strategy, that is different from those tailored to the previous 

groups. After the product reaches a saturation point, the late majority are to be engaged.  

 

The late majority are known to be the more skeptical and risk averse consumers, often adopting 

innovation due to peer or economic pressure. Both the early and late majority make up about 

68% of the population. Lastly, the laggards conform only due to necessity, and are often 

suspicious of innovations and avoid change.  

 

Figure 3, Innovation Adoption Curve, from Rogers (2003) 
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Bartels and Reinders (2011) will argue that not only identifying, but also, understanding the 

consumer in a certain phase, will be important, as most failures of innovations are due to a lack 

of alignment with consumer expectations. They built an integral model of innovativeness that 

fuses and conceptualizes previous studies of consumer behavior, primarily focusing on the early 

adopter. Building upon 79 scholars, including Burns who in 2007 systematized a framework of 

consumer innovative behavior, as well as Roehrich who in 2004 explored concepts and 

measures of consumer innovativeness, Bartels and Reinders (2011) identified three levels of 

consumer innovativeness.  

 

Their model includes: innate innovativeness (II), domain-specific innovativeness (DSI), and 

innovativeness as actualized behavior or “innovative behavior” (IB). According to Hirschman 

(1980), Innate innovativeness (II) can be explained as a personality trait that reflects an innate 

tendency to seek out new information, stimuli, or experience. Venkatraman and Price (1990) 

break this down further, into a cognitive and sensory component where consumers’ propensities 

for engaging in thought and the degree to which they seek out or avoid arousal based on 

change, may affect their innovativeness. Domain specific innovativeness captures a 

consumer's’ predisposition toward a particular product class and their willingness to adopt 

products within that class (Roehrich, 2004). Important findings linked to DSI include the 

correlates of it to new product adoption and opinion leadership. And lastly, while innovative 

behavior is difficult to boil down into one definition, in their study, Bartels and Reinders (2011), 

adopted one from Midgley and Dowling, as such: it as a measure of early adoption, in which the 

degree to which an individual’s purchase or use of an innovation precedes that of other 

consumers.  

 

Their studies conclude with multiple findings: consumer innate innovativeness (II) not only had a 

positive effect on purchase intention but it is positively correlated with domain specific 

innovation which is a clear(er) predictor of actual adoption behavior. Furthermore, DSI has a 

clear correlation with product involvement and knowledge, as well as opinion leadership. 

Regarding innate behavior (IB), social context variables like identity and cultural values 

moderate the effect of II and DSI on IB, and emotions have a moderating effect on the 

relationship between II and IB. Their theory can be seen in visual form in Appendix 3: Literature 

Review Appendix.  
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Understanding consumer (non)innovativeness is vital when producing and releasing an 

innovation into the market in order to attract and engage a specified target group. Segmentation 

should be precise and the characteristics of that segment should be understood. Marketers 

should also be aware of certain phenomenon that are further explained in this next subsection.  

Resistance to Change 

Relative advantage is the dominant driver for consumer adoption (Rogers, 2003), yet from 

observations, it is evident that many innovations, despite providing a simpler, cheaper, or better 

alternatives, are still met with a lot of resistance.  

 

Consumer resistance to innovation, as defined in the Consumer Behavior chapter above, is the 

negative reaction towards innovation because of the potential changes made to a satisfactory 

status quo or incongruence with consumers’ belief structures (Ram and Sheth, 1989). Gourville 

(2006) points to the necessity of companies understanding the curse of innovation from the 

consumer perspective. Products will fail due to psychological biases: people irrationally 

overvalue benefits from their current belongings/status, over the ones they do not own. Thus, 

simply producing superior products that possess a relative advantage, is not enough.  

 

Drawing on research regarding one’s current status quo, psychologists Daniel Kahneman and 

Amos Tversky (1979) found four specific attributes of how humans view their own gains and 

losses. First, evaluation of an alternative is subjective; (secondly) it is often evaluated against a 

relative reference point, one that is already owned or consumed by the beholder (reference 

dependence); and third, any improvements relative to the reference point will be a gain while 

shortcomings will be losses. Fourth, is what scholars call “loss aversion”: losses will have a 

greater impact on people than similarly sized gains (Kahneman and Tversky, 1979).  

 

This theory was founded upon the prospect theory which is a behavioral economic term that 

describes the way people choose between probabilistic alternatives that involve risk. It 

postulates that people make decisions based on potential values of losses and gains, rather 

than final outcomes, evaluating such gains on losses using heuristics. According to Heath et al. 

(1999), this theory illustrates how basic cognitive processes translate into motivational 

processes like affect, effort, persistence, and performance. It builds upon theories regarding 
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goals, proposing that they serve as reference points, displaying loss aversion and diminishing 

sensitivity. This is further expanded upon by Bagozzi and Lee (1999) who relate these theories 

to consumer action, delineating that goal setting ends with a decision to adopt or not while goal 

striving consists of volitional processes transforming goals into goal attainment and ends with 

actual adoption or not.  

  

In collaboration with Kahneman and Tversky, Richard Thaler explored loss aversion further, as 

well as goal orientation, and derived a further consequential theory from this, which is called the 

“endowment effect”. This theory proposes that consumers value what they own but may have to 

give up, much more than what they do not own but could obtain (Kahneman et al. 1991). In his 

experiments, he found that subjects demanded a higher compensation to give up products they 

already possessed vs. what they were willing to pay to obtain these items (if they did not own 

them) in the first place. This further points to Kahneman and Tversky’s explanation that people 

irrationally overvalue the goods they possess, and do so by a factor between 2 and 3 times 

(Gourville, 2006).  

 

Kahneman (2007) further explains why people tend to stick with what they have, even if a better 

alternative exist, terming this ‘the status quo bias,’ which was first coined by Knetsch and 

Zeckhauser in 1989. In their experiment, they separated students into three groups: one that 

chose between a mug or chocolate bar from the outset, a second that was given a mug and 

later asked if they wanted to exchange for a chocolate bar, and a third that was given a 

chocolate bar and later asked if they wanted to exchange it for a mug. With an even split of 

valuation between the two items, as evidenced in the equal split of products chosen by students 

in the first group, the researchers found that 90% of the students kept and valued what they 

initially were given, rather than exchanging it. Further experiments were conducted verifying this 

bias with objects of varying valuability (automobiles, jobs, etc). In addition, they found that status 

quo bias intensifies over time, to a magnitude of approximately 4 times. Thus, it can be said that 

the “status quo bias” is one consequence of the endowment effect, causing a strong tendency to 

be consistent and remain at one's status, because the disadvantages of leaving it loom larger 

than its advantages (Kahneman et al., 1991).  

 

Status quo bias can relate to what was written in the Conceptual Consumption unit regarding 

goals. Chernev (2004) demonstrated that preference for status quo is a function of goal 
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orientation, one that tends to be more pronounced for prevention-focused rather than 

promotion-focused consumers. However, the preference for the status quo occurs 

independently of loss aversion, meaning that goal orientation might impact choice through 

motivational factors such as self-regulation and anticipated regret.  

 

It can also be argued to be related to Cialdini’s consistency principle or Rogers’ compatibility 

factor. If a person is content with their current norms and behavioral patterns, they will continue 

doing so, consuming ideas and products that are compatible to their current lifestyle and 

consistent to their self image.  

 

Loss aversion, endowment effect, and status quo bias as well as their interplay with goal 

orientation and other cognitive factors, serve to explain consumers’ resistance to change. These 

factors also help to explain the weight of tradeoffs and why more radical, disruptive innovations 

are faced with larger resistance than incremental, continuous ones.  

 

Shaul Oreg (2003) designed a Resistance to Change Scale to measure an individual's 

inclination to resist change, touching upon some of the factors outlined above (loss aversion, 

endowment effect, status quo bias). He identified the following six sources to resistance:  

 

1. Reluctance to lose control (primary cause of resistance) - individuals may feel that life 

situations are imposed on them, rather than changes being self initiated 

 

2. Cognitive rigidity - dogmatic individuals tend to be rigid and closed minded, thus less 

willing to adjust to new situations 

 

3. Lack of psychological resilience - changes could be an admission that past practices 

were faulty, thereby signaling a loss of face, relating to Cialdini’s consistency principle 

 

4. Intolerance to the adjustment period involved in change - as it often entails more work in 

the short term (Kanter, 1985) 

 

5. Preference for low levels of stimulation and novelty  
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6. Reluctance to give up old habits - as new situations may not be compatible with familiar 

responses.  

 

This scale taps into an individual’s tendency to avoid changes, sticking to their status quo, to 

devalue change, and generally find change aversive across diverse contexts. Their study 

yielded a 16 item scale focused on routine seeking, the emotional reaction to imposed change, 

one’s short term focus, and cognitive rigidity. This scale served as the base for our pre-survey to 

better understand the innate innovativeness of our participants. 

 

It is important that marketers understand the cognitive, emotional, affective and behavioral 

underlyings for consumer adoption or resistance, as well as their positioning on the adoption 

curve, in order to segment and target them most appropriately and efficiently. Furthermore, 

points of resistance can be predicted and perhaps rectified early on using some of the principles 

from Consumer Behavior. However, in order to do that, marketers have to remember Gourville’s 

(2006) curse of innovation, adequately persuading consumers about the benefits of their 

products, as well as rationally and realistically evaluating their own worth. 

Innovativeness of Companies 

“In a perfect world, companies would know that consumers irrationally overvalue incumbent 

products and would take that bias into account when launching innovations” (Gourville, 2006, p. 

9). Furthermore, they would recognize their own overvaluation of certain processes and 

innovations, as they become prone to pro-innovation bias and accept it as the status quo, thus 

falling into the same endowment effect bias as exhibited by consumers in the section above.  

 

It is here that we would like to insert further literature on company innovativeness, by looking at 

Kickstarter, a crowdfunding company that disrupts the business status quo. It highlights the 

shortcomings of neoclassical economics, which would assume companies have perfect 

knowledge of market demands, thereby being able to create and supply new products to fill said 

demands. It reorganizes B2C or even B2B relationships, shifting power to consumers and 

establishing more C2C or even C2B relationships, as well as taking a market orientation in 

product development. Kickstarter lowers barriers to entry, overcoming high costs and logistical 
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barriers, as well as governmental regulations, allowing individuals to function as de-facto 

companies, in functions such as sourcing equity and testing market fit. 

 

Individuals can use Kickstarter because their company would not like to support an idea or due 

to their own non-profit related reasoning, utilizing the platform as an outlet to express their 

creativity or a form of self actualization. Small companies have also begun using Kickstarter and 

similar platforms, realizing that they themselves are biased, and thus opting to allow the market 

to better determine the demand, while also encouraging a sense of entrepreneurship internally. 

While this may not be the prototypical method for funding, it is not only cost effective but gives 

companies the exposure and recognition without parting with the firm’s equity.  

 

“Over the past few years, many observers in the business arena have watched in amazement 

as crowdfunding has exploded from a niche fundraising option to a full-blown funding 

mechanism for all kinds of entrepreneurs, startups, and small businesses” (Rampton, 2015). 

Kickstarter and other crowdfunding sites have transformed entrepreneurial ecosystems, igniting 

innovation, creating jobs, and growing economies.  

 

Innovation within business norms and structures matter as they offer opportunities for survival, 

sustainable growth, and fierce competition. It creates new markets, new segments, and 

propenses knowledge attainment, while making innovative products more accessible to the 

public. It also brings companies closer to their customers, improving B2C relationships: “whilst 

it’s true that technology can transform business infrastructures and business to business (B2B) 

negotiations for the better, the success of a corporation heavily relies on the customers that they 

serve.” (D/SRUPTION, 2017).  

 

Therefore, understanding the behavioral, cognitive, emotional, and affective underlyings of their 

consumers, as well as where they are on the diffusion scale, companies can begin to take a 

more appropriate market oriented approach to product development and innovations. 

Furthermore, as marketers continuously question the product’s innovative properties and 

overcome innovator’s dilemma, Kickstarter and crowdfunding in general, establish a feasible 

and highly advantageous platform for doing so.  
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Prediction of Success and Real-life Outcomes 

“Recent experiments have demonstrated that brain measures can predict outcomes (e.g., 

purchasing decisions, clinical outcomes) over longer timescales in ways that go beyond what 

was previously possible with self-report data alone” (Berkman and Falk, 2013).  

 

A key aspect of corporate success is to understand the dynamics of a market, e.g. foresee and 

predict consumer behaviour and changes in trends. For new product development, a great 

understanding of consumers’ future actions and behavior are necessary, in order to avoid the 

current high failure rate of new innovations. This task is however exceedingly difficult. Forty 

years ago, Nisbett and Wilson (1977) found support for the observation that people are very 

limited in expressing their internal mental states through the use of self-reports and verbal 

prompts. This aligns with neuroscientific observations, i.e. that e.g. conditioning and priming 

effects are two examples of non-declarative memories (Ramsøy, 2014). Hansen (2005, p. 

1431-1432) finds that “because emotions seem to be products of the pre-reptilian brain, our 

verbal questions about feeling responses do not necessarily relate directly to our underlying 

emotional states”. Therefore, predicting consumer behavior (without understanding the 

emotions and memories on which consumers base their choices) remains exceedingly difficult.  

 

A number of researchers have used a variety of methods to predict success, arguing the 

superiority of their methods, which will be written about below. In this section, we start by 

analyzing the value of using traditional methods like self-reports, followed by the recently 

popularized methods in neuroscience. We then take a deeper dive into Kickstarter predictive 

methods and the drivers of success that have already been found. Finally we look at the 

combined methodologies of self-reports and neuroscience, understanding them through a lens, 

such as that of Kickstarter, diving deeper into analyzing consumer patterns as well as their 

relationship towards innovations.  

Self-reports as a Predictor 

As mentioned in our Wanting, Liking and Deciding section, despite being an advocate for 

neuroscience technologies, Knutson et al. (2007) find that self-reports of liking of products have 

high explanatory power. This is an important finding as it returns explanatory power into the 
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hands of the consumer. They found that for purchased items, only 10% variance in purchases 

could be explained with brain activations, whereas self-reports could explain more than 50% 

variance. Füller and Matzler (2007) find that consumers are often unable to verbalize their 

needs, and people's ability to be introspective varies. However, on certain noncognitive 

attributes or skills, it is evident that self-reports can be particularly insightful.  

 

Assuming the Squire-Zola model (Ramsøy, 2014) is true, which differentiates between 

declarative- and non-declarative memories, it must be argued that non-declarative memories will 

always be omitted in self-reports. Several advantages of self-reports do however exist. 

Self-administered online questionnaires are highly accessible, often carry no financial costs, and 

require little time required to prepare, administer, and subsequently analyze. Their feasibility 

and low cost are particularly advantageous. Depending on the context, they are so easily 

replicated and increasing reliability. Additionally, if asking people explicitly about their opinions, 

they contain good validity. When left as open ended questions, surveys can provide an 

information richness that cannot always be found in using other methods.  

 

Despite its popularity and utility, this method has been a frequent target for criticisms. Austin et 

al. (1998) found that spurious correlations can arise as a result of individual differences in filling 

out self-reports. This could for instance be due to acquiescence bias, having a tendency to 

agree with all the questions or to indicate a positive connotation; interpretation of rating scale, 

as one person may be an “extreme responder” and rate something as 7/7 whereas another 

person with the same opinion may rate it as 5/7; and understanding of questions and bias, 

where participants may interpret questions differently (lowering reliability), or answer differently 

given e.g. recall bias, social desirability bias, etc. Acquiescence bias can be avoided by 

reverse-keying questions, however the other factors are more difficult to control for, and when 

using self-reports, it is important to be aware of these.  

Brain as a Predictor 

“The neural measures are better predictors of population-level data than self-report measures. 

The ability of these neuroscience approaches to predict choices in real-world contexts has 

tremendous implications for marketers” - Agarwal and Dutta, 2015, p. 458 
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No literature was found that sought to predict success of crowdfunding campaigns using 

neuroscience methods. This section highlights research in which these methods have been 

used to predict other real-life outcomes. Neuroscience offers significant solutions for better 

understanding the inter-workings of human minds.  

 

A number of papers find fMRI and EEG beneficial for understanding human emotions, at a 

better ability than self-reports. Venkatraman et al. (2015) found that the inherent self-report bias 

can be decreased by the addition of neuroscience methods to predict population behavior. In a 

review article by Berkman and Falk (2013), a number of examples of this are shown: nearly 50% 

of variance in intelligence can be predicted, as well as skill acquisition and age-related cognitive 

decline. A sunscreen ad campaign identified regions related to persuasion and predicted 

changes in sunscreen use, and a number of articles predict clinical, neurological and addiction 

outcomes (all examples ibid. pp. 47). In short, we are limited to introspectively explaining the 

reasons for how we feel and why we do what we do, and are therefore, limited in predicting our 

own future behavior (Nisbett and Wilson, 1977).  

 

Berns et al. (2010) discovered neural correlates of likability of relatively unknown songs, and 

found evidence of social influences on liking. To predict song popularity, Berns and Moore 

(2012) used a dataset from 2010, and combining it with sales data, they found a significant 

correlation between brain responses and CD sales. Dmochowski et al. (2014) finds a possibility 

to explain tweet rates using a very small sample (16 participants), across two different brain 

scanning methods, EEG and fMRI. He found that both methods provided a thorough 

understanding and predictability of consumer behavior. Ravaja et al. (2013) investigated 

motivation-based decision making to predict purchase decisions, and specifically found the 

alpha band to be relevant in measuring prefrontal asymmetry. Venkatraman et al. (2015) 

investigated EEG, fMRI, self-report measures, eye tracking, biometrics and implicit measures, 

finding that neuroscience methodology, is especially relevant in understanding attention, affect, 

memory, and desirability. The authors found that measuring ventral striatum activity provides the 

most predictive power of advertising success, the paper's prediction stimuli, as measured with 

BOLD fMRI.  

 

However, tradeoffs exist in science. Although NAcc and VS are highly predictable of consumer 

response, accessing readings for these brain regions requires the use of fMRI scanners. As 
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they have a cost exceeding 1 million USD, not including operating costs, nor specialized 

personnel (Ariely & Berns, 2010), this requires significant funding. Furthermore, the low 

temporal resolution of these scanners makes it difficult to pinpoint exact effects of dynamic 

content, while eye tracking requires even further specialized equipment. Finally, recent findings 

established a presence of up to 70% false positives rate in fMRI studies (Eklund, Nichols, and 

Knutsson, 2016). Conversely, biometric analysis such as galvanic skin response (GSR), is more 

simple and less expensive, but is only able to measure arousal, and requires larger sample 

sizes to minimize its inherent uncertainty (Groeppel-Klein, 2005). 

 

It is however premature to argue whether one method is better than others; each method carries 

advantages and disadvantages. Several articles call for a combination of methods. Feiereisen et 

al. (2008) e.g. argues for combination of self-reports and eye tracking. Before discussing the 

combined methods, it is important to evaluate the Kickstarter predictive methods that exist, in 

order to later argue for a combined method to predict Kickstarter campaign success.  

Kickstarter Prediction 

In most recent literature regarding topics of crowdfunding or closely related to this thesis topic, 

success factors of Kickstarter campaigns center around mechanisms post-launch of the product. 

Sahin (2006) finds that Rogers’ five factors can account for 49-87% variance in the rate of 

adoption, but this is in hindsight of launch. This is one of the reasons we have chose to focus 

our research on pre-launch activities and the initial drivers of successful product innovations, 

ultimately contributing to literature in that field. Innovation is central to business prosperity and it 

is important for managers to recognize the drivers of product success and how this can be 

translated into actionable decisions, and to do so, before spending copious amounts of money 

and making hasty decisions, once the product is launched.  

  

Prediction on Kickstarter can provide insights, but they are not necessarily actionable prelaunch. 

Some articles, e.g. Mitra and Gilbert (2014) suggest words and phrases which are likely to 

attract higher levels of pledging. Similarly, Mollick (2014) states that if founders provide 

campaign updates to pledgers within the first day of launch, the campaign is more likely to 

succeed. A number of further explanations are found on certain insights. Mollick (Ibid.) finds that 

the mean amount funded for failed campaigns is roughly 10%, which tells founders they should 
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aim to capture high initial funding momentum. However, the direction of this effect is unclear. 

Does an inherently good campaign result in higher initial funding, or does a campaign with high 

initial funding signal high campaign quality? Hypothetically, knowing about this insight, founders 

will be more likely to reach out to family and friends to secure initial funding. Furthermore, they 

are likely to receive user feedback - both in terms of their communication efforts and their 

campaign. This third factor, campaign quality, then too plays a role, and further provides a need 

for further research.  

 

A number of interesting findings for Kickstarter are worth mentioning: Etter et al. (2014) scraped 

variables and performance data from pledging amounts, goals, and social media connections. 

Using these variables, they were able to predict 76% of campaign success on Kickstarter 4 

hours post-launch of campaigns. Once again, this figure does not provide insights to founders 

before launch, and instead is more relevant to help them forecast demand and coordinate 

production with suppliers. A similar study was done by Chung (2015), although without any 

significant improvement in predictability of success, but rather, emphasizing that more images, 

videos, FAQ, and reward types contribute to making more successful campaigns. Koch and 

Siering (2015) agreed that videos are highly relevant for campaign success, at a confidence 

interval of 99%, whereas they found that the number of images is less relevant, and only at a 

90% confidence interval. They claim that providing updates throughout the lifetime of the 

campaign provides a higher chance of success.  

 

Mitra and Gilbert (2014) utilized big data analysis to analyze 9 million phrases across 45.000 

crowdfunding campaigns, to discover which ones are most convincing: specific terms such as 

“investment” rather than “cost” for example. This article is useful for understanding specific 

words and phrases that are most persuasive, and that the principle of reciprocity is one of the 

top predictors of successful funding. Koch and Siering (2015) found a highly reciprocal nature 

too: whether the founder has previously backed other campaigns is a predictor of funding 

success, whereas whether the founder has previously created other campaigns is not. In other 

words, “giving back” is more important than founder experience, and further substantiates the 

importance of the concepts of reciprocity (Cialdini 2007) and regulatory fit (Ariely and Norton, 

2009), as it aligns with one’s identity. 
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Success Factors and Combined Methods 

For each Kickstarter campaign, a number of different elements exist, e.g. text, dynamic images, 

and static images. This section investigates the neural differences when viewing these factors.  

 

Previous findings suggest that visual communication is more appealing to backers than static 

information (Koch and Siering, 2015; Feiereisen et al., 2008). This highlights an important 

distinction; Kickstarter campaigns and their associated videos may revolve around the same 

campaign and goal, but may evoke highly differentiated brain responses. For videos, perceived 

high video quality may be related to positive emotional processes; frontal asymmetry patterns in 

the alpha band correspond to right frontal activation when perceived quality is low (Kroupi et al., 

2014). Arndt et al. (2014), similarly found that EEG is a feasible complement measurement 

technique to assess audiovisual quality.  

 

In addition to measuring perception throughout the whole duration of a stimuli presentation, it 

can prove just as insightful to investigate shorter durations. A 1946 study, Gollin found that 

when presenting traits of a hypothetical person, the order of telling the traits affected 

participants’ perception of that person. Since then, a number of studies have investigated “first 

impressions”. Previous studies have found that the impressions made in the first few seconds of 

interacting with a UX (user experience) design decides whether the user stays or leaves the 

interface (Kim et al. 2016), that EEG responses in relation to untrustworthy faces persisted 

throughout the entire viewing period (Marzi et al. 2014), and even that political election winners 

could be predicted using a mere 100 ms exposure to the faces of the candidates (Ballew and 

Todorov, 2007). As such, first impressions may likely matter in Kickstarter campaigns as well.  

 

As mentioned by other scholars highlighted in this thesis above, technological enhancements 

leading to innovations are a strategic priority for successful companies. Recognizing this, 

Feiereisen et al. (2008) highlight that new product failure is due in large parts to consumers’ lack 

of understanding of product features and benefits. In their article Analogies and Mental 

Simulations in Learning for Really New Products: The Role of Visual Attention, the team 

conducted two studies that hold several implications for this thesis. In their first study, they 

examined the impact of learning strategies (analogical learning vs mental stimulation) and 
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presentation formats (words vs pictures) on product comprehension. Exploring learning 

strategies, as well as using appropriate presentation formats, is beneficial as it contributes to the 

learning of firms to develop successful marketing communications, by increasing the 

consumer’s comprehension of use of the product. Their first study showed that the use of words 

in marketing is generally more effective to enhance product comprehension than the use of 

pictorials, especially if an analogy could be made and explained. This was the case for products 

with higher utilitarian value. Analogy was particularly useful for novel products, as these were 

unlike anything that the consumer had previously experienced. Explaining them (with words) 

created an explicit connection, unlike pictures that do not contain this type of syntax. For 

incremental products, the use of visual analogy is likely to increase persuasion and recall, as 

consumers can more easily infer the benefits of the products. And so, for products containing 

more hedonic properties, pictures were more stimulating and effective, as they were able to 

convey novel information and hedonic value without overloading the consumer. 

 

More recent studies, like Vilar (2016), suggest that videos are even more efficient, as they often 

provide a combination of analogical learning and mental stimulation by illustrating utilitarian 

uses as well as providing visual impressions that get imprinted in the brain easier and faster. 

This is further evidenced by the fact that the Internet has recognized a surge of tutorial videos 

which capitalize upon the combination of illustrating both utilitarian and hedonic values.  

 

In their second study, Feiereisen et al. (2008) used eye tracking to assess how respondents’ 

visual attention patterns may affect product comprehension. This physiology includes eye 

movements and eye fixations. In relation to study one, recent experiments using eye tracking 

found that viewers tend to spend more time looking at text rather than pictures, which can be 

explained by the difference in encoding processes for both. Individuals can encode more 

information per fixation from a picture than from text, and thus, do not need to spend as much 

time looking at the picture. In relation to this second study, the team used eye movements as a 

diagnostic to understand the underlying cognitive processes through which consumers obtain 

new product information. By combining this with self-reports, they could explore the relationship 

between visual attention and brand memory. They also found that an increase in attention can 

account for either an increase in comprehension or an increase in confusion. Because 

individuals do not spend as much time extracting information from pictures, it is assumed that 

they can understand the product faster by doing so, thus exhibiting less fixations. And so, the 
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study found that an increase in fixations could actually indicate confusion, rather than 

comprehension.  

 

This particular section not only depicted key drivers of success for Kickstarter, but also 

demonstrated the significance of using both neuroscience and traditional methods in research.  

It helps marketers to understand the underlying factors that lead consumers to understand novel 

and/or complex innovations. As conveyed by Feiereisen et al. (2008, p. 594): “The combination 

of self-reports and physiological measurements (i.e., eye- tracking technique) may enhance the 

understanding of the dynamics that link conceptual analysis … and perceptual analyses” 

thereby, studying the unconscious and conscious of consumers simultaneously. 

 

This concludes the Literature Review for our thesis. The Introduction served to introduce the 

main topics of interest for this thesis and thus, those covered in the Literature Review. We 

addressed important topics in the study of neuroscience, introducing the unfamiliar reader to 

field and the topics most relevant to our thesis, namely consciousness and attention, emotions 

and feelings, motivation, learning and memory, and finally, wanting, liking and deciding. From 

deciding, we jump straight into consumer behavior, explaining the actions and processes most 

relevant within the field of study, as it relates to this thesis, namely introducing Rogers and his 

Diffusion Theory, Cialdini’s principles of persuasion, conceptual conception, as well as 

understanding non-adoption and the behaviors and neuroscientific reasons for not diffusing an 

innovation. In the final section of Consumer Behavior, we have the Consumer Decision 

Framework which was an adopted and edited framework to include concepts of neuroscience 

and consumer behavior, as we understood and found it relevant to our study. We then took our 

knowledge from these two subchapters and explored it in terms of Innovations. We broke this 

subchapter into sections that included: the Innovativeness of Products; the Innovativeness of 

Consumers, expanding further on theories mentioned in Consumer Behavior; and the 

Innovativeness of Companies, particularly Kickstarter, an innovation in itself and a disruptor to 

the traditional market.  

 

Using this newly gained theoretical knowledge, we then moved to a more scientific realm, 

looking back to our research question. How well can a small sample of unconscious and 
conscious consumer responses towards Kickstarter campaigns predict population-wide 
success of Kickstarter campaigns? In order to answer this question, we had to look into 
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predictive measures. We started by assessing the value of traditional methods, namely 

self-reports, and neuroscientific methods as these were the tools we had used in our 

experiment. We then looked in previous Kickstarter predictive measures in order to compare it 

to our own. Finally we assessed the important factors that past researchers found, and we could 

confirm, as well as emphasize the significance of using combined method (self-reports + 

neuroscience methods). 
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Hypotheses 
A significant amount of literature is currently questioning the traditional innovation and 

consumption approaches, built on assumptions of consumers as being rational, 

profit-maximizing, and their ability to be fully objective. Recent discoveries however highlight 

limitations of these assumptions: a large amount of evidence on bounded rationality highlights 

the subjective nature of consumers, often driven by heuristics causing biases. As such, 

traditional innovation research neglects to take into account irrational and unconscious aspects 

of consumer behavior. We argue that the newer avenue of consumer neuroscience can 

compensate for this.  

 

Previous studies have shown that consumer “wanting” is correlated with specific brain activity, 

which can be measured through various methods, including electrophysiological monitoring. It is 

found that Kickstarter success is highly modulated by information available on the campaign 

page, and that following the launch of a campaign, goal-setting and other factors, make it 

possible to predict campaign success with high accuracy. However, no existing studies have 

attempted to explain crowdfunding success through the use of neuroscience methods, and no 

existing studies have attempted to explain it through the combination of neuroscience and 

self-reports. Furthermore, the first impressions of stimuli are long-lasting, and are therefore 

important for overall impressions of that stimuli. Perception of dynamic and static stimuli are 

perceived differently, and it is expected that the dynamic videos will yield higher motivation than 

static websites. Studies have shown that more innovative consumers tend to be early adopters, 

and that early adopters prefer more novelty, i.e. more radical innovations. From this, we want to 

test for correlations between these factors and Kickstarter success of technological products.  

 

Given the current limited research into consumer-driven innovations in particular within 

neuroscience, we have set up an experiment to investigate the aforementioned topics utilizing 

EEG and eye tracking, where we test and compare specific areas of interest, focusing on the 

changes within the consumer’s unconscious mind. We use self-reports to investigate participant 

innovativeness and conscious perception of innovations. We base these self-reports on 

important theories from our Literature Review, namely Rogers’ five factors in his Diffusion 

Theory (2003) and Oreg’s Resistance to Change study (2003). Given the literature review and 
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the three types of methods; eye-tracking, EEG, and self-reports, we provide a number of 

testable hypotheses, as shown below.  

 

H1: Unconscious motivation response correlates positively with Kickstarter campaign 
success 

Hypothesis Null hypothesis 

H1.1: Motivation while viewing the whole 

campaign website correlates positively with 

Kickstarter campaign success  

Motivation while viewing the whole campaign 

website is not significantly correlated with 

Kickstarter campaign success 

H1.2: Motivation while watching the campaign 

video correlates positively with Kickstarter 

campaign success 

Motivation while watching the campaign video 

is not significantly correlated with Kickstarter 

campaign success 

H1.2.1: Motivation while watching the 

campaign video will be higher than motivation 

of viewing static elements on the campaign 

website 

Motivation while watching the campaign video 

will not be higher than motivation of viewing 

static elements on the campaign website 

H1.3: Motivation while viewing the Pledge 

Button positively correlates with Kickstarter 

campaign success 

Motivation while viewing the Pledge Button is 

not significantly correlated with Kickstarter 

campaign success 

H1.4: Motivation while viewing the first three 

seconds of the campaign website correlates 

positively with Kickstarter campaign success  

Motivation while viewing the first three 

seconds of the campaign website is not 

significantly correlated with Kickstarter 

campaign success  

H1.5: Motivation while viewing the first three 

seconds of the campaign video positively 

correlates with Kickstarter campaign success 

Motivation while viewing the first three 

seconds of the campaign video is not 

significantly correlated with Kickstarter 

campaign success 
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H2: Conscious subjective campaign factors correlate positively with Kickstarter 
campaign success 

Hypothesis Null hypothesis 

H2.1: Subjective perception of relative 

advantage correlates positively with 

Kickstarter campaign success 

Subjective perception of relative advantage is 

not significantly correlated with Kickstarter 

campaign success 

H2.2: Subjective perception of compatibility 

correlates positively with Kickstarter 

campaign success 

Subjective perception of compatibility is not 

significantly correlated with Kickstarter 

campaign success.  

H2.3: Subjective perception of observability 

correlates positively with Kickstarter 

campaign success 

Subjective perception of observability is not 

significantly correlated with Kickstarter 

campaign success 

H2.4: Subjective perception of complexity 

(reverse coded) correlates positively with 

Kickstarter campaign success 

Subjective perception of complexity (reverse 

coded) is not significantly correlated with 

Kickstarter campaign success 

H2.5: Subjective perception of trialability 

correlates positively with Kickstarter 

campaign success 

Subjective perception of trialability is not 

significantly correlated with Kickstarter 

campaign success 

H2.6: Subjective perception of campaign 

innovativeness correlates negatively with 

Kickstarter campaign success 

Subjective perception of campaign 

innovativeness is not significantly correlated 

with Kickstarter campaign success 

H2.7: Subjective purchase intention 

correlates positively with Kickstarter 

campaign success 

Subjective purchase intention is not 

significantly correlated with Kickstarter 

campaign success 
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H3: Self-reported innate innovativeness factored with product innovativeness results in 
stronger motivation responses  

Hypothesis Null hypothesis 

H3.1: Self-reported resistance to change 

correlates negatively with self-reported innate 

innovativeness 

Self-reported resistance to change is not 

significantly correlated with self-reported 

innate innovativeness 

H3.2: Self-reported innate innovativeness 

factored with product innovativeness 

correlates positively with unconscious 

motivation responses for the Pledge Button 

An interaction effect is not present 

H3.3: Self-reported innate innovativeness 

factored with product innovativeness 

correlates positively with subjective purchase 

intention 

An interaction effect is not present 

 

H4: Conscious subjective campaign factors and motivation while viewing the Pledge 
Button correlates with Kickstarter campaign success 
Null hypothesis: Conscious subjective campaign factors and motivation while viewing the pledge 

button is not significantly correlated with Kickstarter campaign success 

 

These hypotheses will be further explained, analyzed, and supported with theory in the Results 

and Discussion sections.  
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Research Design 
In order to increase synergies and decrease the impact of disadvantages from EEG, eye 

tracking, and self-reports, we adopt an approach combining these methods - using eye tracking 

for attention data: to know what participants look at, for how long, and what they see first. We 

then use the EEG to capture motivation and cognitive load. Finally self-reports allow for the 

understanding of conscious opinions. Cohen and Manion (2000, p. 254) define triangulation as 

an “attempt to map out, or explain more fully, the richness and complexity of human behavior by 

studying it from more than one standpoint”. By applying these different perspectives, we are able 

to perform methodological triangulation. This chapter details the experimental design as well as 

the background for why we have chosen to do what we did, and the consequences arising 

because of this. In the experiment, our research was conducted as follows:  

 

 

Figure 4: overall research design 

1: Preparation 

Participant Sampling 

 

29 people (14 female, 15 male) between 20 and 32 years of age (Mean: 25,3; st. dev. 2.87) 

were recruited through purposive sampling, in exchange of a gift card, very kindly sponsored by 

Neurons Inc. By asking participants to list the crowdfunding platforms they knew, we were able 

to filter out those that had no knowledge of Kickstarter or crowdfunding platforms in general. Of 

the 29 people recruited, 25 specifically mentioned Kickstarter as a crowdfunding platform in a 

short response field, and more than half of participants had previously pledged money to one or 

more Kickstarter campaigns. All participants work or study in Denmark, and had no brain injuries 
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or psychological illnesses. Participants were separated into four groups, according to the order 

in which stimuli would be presented to them, in efforts to eliminate contrast bias. 

 

All recruited participants were right-handed, in order to limit inconsistencies in recorded PFC 

asymmetry. Propper (2012) finds that handedness affects PFC response: 

“non-right-handedness demonstrated decreased right hemisphere alpha power, and therefore 

increased right hemisphere activity, during rest, compared to consistently-right-handedness”. In 

another study, Brookshire and Casasanto (2012, p. 1) found that “stronger approach motivation 

was associated with more left-hemisphere activity in right-handers, but with more 

right-hemisphere activity in left-handers”.  

 

When qualified participants signed up, we sent each participant a welcome email and asked 

them to schedule an appointment over a 6 day period. However, as this is a non-probabilistic 

sample, we recognize that it is subject to certain errors and biases. And so, upon finalization of 

the schedule, we sent out a pre-survey assessing the individual's’ “level of innovativeness” 

based on a survey created by Oreg (2003), as elaborated upon in this next section, as well as 

certain demographic information.  

Pre-survey  

According to Midgley and Dowling’s 1978 paper, Innovativeness: The Concept and Its 

Measurement, innovation as a personality trait must be assumed in order to be able to relate it 

to observable behavior of new product adoption and purchase. We used a modified survey, 

based on Oreg (2003). Two statements from each of the four factors (routine seeking, emotional 

reaction, short-termed thinking, and cognitive rigidity) were presented on a 7-point Likert scale, 

and rewritten to obfuscate the purpose of the research. These surveys were sent exactly 3 days 

prior to each individuals’ test date in order to eliminate any bias or limit the potential anchoring 

effect, whereby we would influence the participant to think about innovativeness prior to entering 

the room. Furthermore, it freed up time during testing. Although most individuals filled it out well 

in advance, a few forgot to fill it out, and were instead instructed to fill it out before beginning the 

experiment.  
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Stimuli Sampling 

We selected ten previously created Kickstarter campaigns, having received varying degrees of 

funding (extremely not funded <40% funding collected; almost funded 70-90% funding collected; 

just funded, 100-110% funding collected; extremely overfunded, 400-2000% funding collected), 

looking for products we subjectively thought participants would consider to vary in 

innovativeness, and be rather relatable to all subjects. As such, we accepted our own inherent 

bias in this selection process. 

 

High priority was put into selecting technology campaigns that would be attractive to our chosen 

segment, as mentioned in our delimitations. Further requirements regarding stimuli was 

decided: 

 

1. Campaigns must contain a physical product, i.e. not merely an app or service. 

2. Campaigns should be relatively unknown. Although difficult for chosen highly successful 

products, having campaigns being recognized could reveal the purpose of the 

experiment and how we manipulate variables. 

3. Campaigns should appeal to a general segment. Especially for less successful products, 

this was difficult to find, as many campaigns were vague or lacked a thorough 

marketing-based approach.  

4. Campaigns must contain a campaign video. On Kickstarter, founders choose whether or 

not they include a campaign video. Arguel and Jamet (2009) finds that video + static 

images is better for learning than either of these isolated. Koch and Siering (2015) finds 

Kickstarter campaigns that have a video are more likely to succeed; “not including a 

video decreases chances [of success] by 26%” according to Mollick (2014, p. 8). 

 

Below is a quick overview and description of the campaigns (see Figure 5). More thorough 

description of each campaign can be found in appendix 4.2: Campaign description. Using 

Adobe Photoshop CS6, we manipulated the pages to appear as similar as to when just 

launched, by resetting “days left”, “funding received”, “number of pledges” etc. A technical 

description of the creation of stimuli can be found in appendix 4.3: Campaign stimuli creation 

guide. A sample campaign can be found in appendix 4.4: Stimuli manipulation sample.  
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Campaign name URL Link Funding $, %, 
campaign 
duration 

Description 

3P Smart Plug kck.st/2pHdB0
S 

$485 / $20000 
24% funded, 
33 days  

A smarter plug that controls lights and 
electronics based on voice command 
or smartphone use, from any location. 

Nurugo, The 
Smart UV  

kck.st/2pHdMt4 $85044 / $80000 
106% funded 
60 days  

A connectable UV camera for 
smartphones that captures UV light and 
displays it via an app.  

Showertempest kck.st/2qbMaij $431 / $45000 
1% funded 
40 days  

A shower device that measures the 
temperature of the water instantly.  

LuminAID Solar 
Inflatable Lantern 
and Phone 
Charger 

kck.st/2qau4O2 $279743 / $15000 
1865% funded  
26 days  

A product that brings light and energy 
sources to impoverished areas and 
situations where it is most necessary.  

Mini-Mole, 
Automatic Floor 
Cleaner 

kck.st/2qe94nE $10016 / $25000 
40% funded  
30 days  

A robotic device that vacuums hard to 
reach areas.  

Vyu360, 
Immersive 360 
Degree Media for 
Everyone  

kck.st/2pHgDS
X 
 

$26035 / $30000 
87% funded  
45 days  

A mobile accessory and app that 
enables a smartphone to capture and 
share 360 degree media moments. 
 

Meld: A Perfect 
Meal, Every 
Time 

kck.st/2qazdpo $209688 / $50000 
419% funded  
31 days  

A product which upgrades existing 
cookware and stove with automatic 
temperature control. 

The nFinity 
Project  

kck.st/2qecCW
S 

$25 / $25000 
.1% funded  
60 days  

A solution to preserve memories and 
pictures forever by creating ceramic 
tiles out of them.  

Plantsitter - The 
World’s Smartest 
Plan Monitoring 
System  

kck.st/2qaNylU $43235 / $60000 
72% funded  
40 days  

A portable device that can be attached 
to a plant to measure soil moisture, 
nutrition, temperature and sunlight.  

SeFLY: The 
Smart, Flying 
Phone Case 
Camera 

kck.st/2pGQrXr $1048252 / 
$125000 
839% funded 
45 days  

An autonomous flying phone case, 
incorporating drone components.  
 

Figure 5: Stimuli overview 
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In order to remove participant bias, we chose to reset the amount of money pledged to $0, as 

well as hold the number of backers at a constant 0 for all ten campaigns, as these “goal” figures 

could trigger a positive motivational response (Ariely and Norton, 2009). Jon Leland, the 

Director of Strategy and Insights at Kickstarter, explained that “jumping on the bandwagon” is 

something he would attest to regarding backers. He claims that often if a product becomes 

overfunded, it grows to be very overfunded, as backers like to be part of a successful product 

and its community (Personal conversation, 2017). This can be classified using Cialdini’s (2007) 

sources of influence of unity and social proof. 

Pretest  

After creating stimuli, we tested it between ourselves to ensure stimuli and instructions were 

shown in the right way in Tobii Studio (eye tracking recording software and to discover timings 

of the assignments. We ran the test (without EEG) on friends, to find out how instructions could 

be simplified and improved, and to understand how participants interacted with campaigns. This 

allowed us to optimize the amount of campaigns to show participants within the available 

timeframe. Given that words such as “investment” rather than “cost” triggers different behavioral 

responses (Mitra and Gilbert, 2014), we also improved wordings to avoid biasing participants.  

Experiment Location 

Experiments were carried out at SenseLab, a test laboratory run by the Decision Neuroscience 

Research Cluster at CBS. 

2: Setup and Calibration 

Before performing the experiment, we welcomed participants, had them sign consent forms, 

mounted EEG and ran a benchmark, ran eye tracking calibration, and were thus ready to start 

the experiment. This section explains these technical factors, and how they may have impacted 

the experiment outcomes. Combining EEG and eye tracking has previously been used for 

understanding choice options (see e.g. Khushaba, 2013), thereby allowing us in being able to 

differentiate between Areas of Interest (AOI). 
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Consent Form 

Participants filled out a consent form, and were informed their data would be anonymized. In 

addition to following ethical and legal guidelines for storage of neurometric data, this could partly 

alleviate issues of socially desirable responding in surveys, thereby increasing ecological 

validity of our research. Furthermore nicotine, caffeine consumption, and sleep data was 

recorded for use in data analysis, as extreme levels of these factors in individuals could 

potentially skew results. Almost all participants reported no smoking and no caffeine 

consumption within 6 hours prior to the study, and all participants had >7,5 h sleep. When 

analyzing individual data following analysis, we found no outliers due to stimulant consumption. 

EEG 

“It is better to record very clean data from a relatively modest number of electrodes rather than 

to record noisier data from a large number of electrodes.” (Luck, 2005) 

 

To gather electrophysiological data, the ABM B-Alert X10 EEG was used, kindly lent out by 

Neurons Inc. This is a 9-channel wireless wet-electrode EEG. We measured at sensor sites Fz, 

F3, F4, Cz, C3, C4, POz, P3, P4 (Marked grey as seen in Figure 6). F, C, P represents frontal 

lobe, central lobe, and parietal lobe respectively. A reference electrode was mounted behind 

each ear on the mastoid bones. 

  

Figure 6: 10-20 electrode system for EEG. Picture in Public Domain. 
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Mounting equipment was performed according to a high standard. Only a single electrode (Pz) 

on a single participant resulted in “out of range”, all other participants had impedance values of 

<40 kΩ. As this electrode is not used for analyzing motivation, this participant’s data was not 

excluded. EEG recording for a single participant (ID = 19) was found to be corrupted, and thus 

discarded. Given that survey data was still recorded, only neurodata + eye tracking data from 

this participant was excluded in our analysis. After this, participants went through an 8-10 

minute benchmark test, to ensure that data collected is valid and accurate across individuals.  

 

After having collected data, the following raw EEG quality information was recorded, before 

correction of noise:  

 

Metric Arousal Cognitive Load Motivation Drowsy Heart Rate Recording Duration (s) 

Mean 99.68 90.36 99.68 99.68 27.86 1520 

Standard 

Deviation 0.61 10.48 0.61 0.61 1.48 337 

 

For every 100 seconds EEG data recorded, we recorded 99,68 seconds of motivation data. This 

corresponds to a 0,32% data loss rate, which is very low. These data are indications of a highly 

controlled practical setup. This is likely due to limited head movement, and low-impedance 

values given an appropriate and structured setup of the EEG, strips, and a good connection 

between conductive pads and the scalp of participants. Given the scope and time limitation of 

the thesis, only motivation was further investigated. In our further research chapter, we provide 

suggestions for how further research could e.g. investigate the effects of working memory 

through use of the cognitive load metric.  

Eye Tracking 

Eye tracking provides a tremendous insight into consumer behavior, and has become 

popularized in marketing research due to its relative low cost, and its ability to illustrate 

consumers visual attention. This is done e.g. through time to first fixation or total fixation 

duration. We will however mainly use eye tracking as a method for enhancing functionality of 

the EEG: By combining EEG and eye tracking it is possible to deduct emotional and cognitive 

state experienced by participants based on fixations. 
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For recording gaze data, we used the Tobii X2-60. This is a 60 hz stationary eye tracking 

device, which offers high freedom of head movement (40-90 cm from screen, although we 

seated participants around 60 cm distance). 

 

A number of filters are run on all eye tracking recordings, for instance a duration threshold filter 

which filters out incorrectly classified fixations that have too short of a duration to be real 

fixations. Rayner (2009, p. 1461) finds that fixation durations vary greatly according to tasks, 

with mean fixation durations during visual search varying between 260 - 330 ms, not taking into 

account that the exact task can increase variance further. However, this filter was set to the 

default 60 ms duration (as recommended by Salojärvi et al., 2005, and Komogortsev et al., 

2010, both in Tobii Pro, 2015). Longer duration may cause elimination of actual fixations, and 

shorter durations may result in non-removal of erroneous fixations).  

Computer 

Experiments were performed on a laptop, a Lenovo Ideapad U430p, 14 inch screen on the 

built-in screen in 1366 x 768 resolution, with brightness kept at maximum throughout testing. 

Tobii Studio software was used for presentation of stimuli, where an initial screen recording 

block ensured synchronization possibility with the B-Alert Live software. 

3: Stimuli Presentation 

For each of the campaigns, stimuli was shown in a specific order, where participants themselves 

decided how long time they would like to spend on each stimuli (see Figure 7).  

 

 

Figure 7: Order of stimuli presentation 
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Participants were told they would be shown a series of campaigns, in the order shown above. 

For making a decision to purchase, participants would click on their preferred pledge. If they did 

not want to pledge funding, they were prompted to exit the browser window, which takes them 

to the next Kickstarter campaign. 

 

Using this setup allowed us to mimic the actual Kickstarter website, where participants would be 

able to decide for themselves whether they would spend time on watching the campaign video 

or interacting with the website. Between each element and each campaign, fixation cross was 

shown for 3 seconds. As we were two researchers and had two rooms available, there was 

flexibility, in case benchmark tests failed, participants were delayed, spent long time on 

post-surveys, etc.  

 

An important consideration arose in the form of whether or not there should be included a 

“training” campaign. In end of 2013, “more than 5 million people have backed a Kickstarter 

project, and almost 1.5 million people have backed two or more projects” . Observations in our 6

literature review show that learning impacts top-down attention, and our participants had various 

degrees of preexisting experience with Kickstarter. Therefore, over the course of viewing each 

of the 10 campaigns, participants would continually optimize how they interact with campaigns, 

e.g. through less time spent on reading the description, and/or more time spent watching the 

video, in order to utilize mental resources most optimally (Ramsøy, 2014).  

 

This would especially be the case for the half of recruited participants who had never pledged 

before. Therefore we included a neutral “training campaign” after equipment had been turned on 

and started recording. We accepted the tradeoff that we would have less time to test per 

participant, but simultaneously, this decreased the amount of learning effects, and the 

potentially high cognitive load for the first campaigns associated with getting used to a 

potentially unfamiliar website while remembering instructions and asking us direct questions. 

This would therefore ensure higher external validity for the purpose of this experiment.  

 

 

  

6 https://www.Kickstarter.com/blog/five-million-backers 
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When visiting Kickstarter on one’s own terms, people may get tired or bored, visiting other 

websites, or beginning on other activities. Given the forced nature of the experiment, which 

overall took roughly 1 hour, participants may become tired after a period of time. Furthermore, 

decision fatigue may result in altered behaviour. In a case of judicial rulings, Danziger et al. 

(2011) found parole rulings dropped from approx 65% in favor to 0% in favor right before breaks 

- they reverted to their status quo. After breaks, it returned to approx 65% again. Dhar (2010) 

finds that with with many options that seem similar (high preference uncertainty), people 

hesitate to commit to any single action. In this experiment we expect less severe decision 

fatigue, but acknowledge the potential for it being there on a smaller scale, thereby skewing the 

results. In order to limit this effect, we set up the stimuli in a pseudorandomized order, thus 

limiting potential decision fatigue.  

 

Following the stimuli presentation, participants would perform a distraction task (serial sevens), 

which requires high cognitive load. EEG and eye tracking recordings would be stopped, and 

equipment taken off. Participants were then instructed to fill out the post-survey in a different 

room than the test was performed in. 

Variables 

A. Motivation is the only variable measured through EEG. It is calculated using asymmetry 

of alpha-wave activity in the PFC. Motivation is converted to a scale used in Neurons 

Inc. This scale is a percentage scale ranging from 0-1, with higher values indicating 

higher approach behaviour. Values below 0,49 indicate avoidance behavior, values 

between 0,49-0,51 indicate neutral response behavior, and values above 0,51 indicate 

approach behavior (Personal conversations with Thomas Ramsøy, 2017).  

B. For Kickstarter campaign success, we measured log(% funded) for each of the 10 

Kickstarter campaigns. 

C. For the pre- and post survey self-reports, a number of variables exist, which are listed 

in Figure 8. All were answered on a 7-point Likert scale, ranging from strongly disagree 

to strongly agree, unless noted otherwise.  

D.   
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VARIABLE EXPLANATION/MEASUREMENT 

Rogers’ five factors of diffusion 

Relative 
Advantage 

The product is better than available alternatives. It is proposed that products 
with higher advantages are adopted faster than alternatives. 

Compatibility This product aligns well with my prefered way of doing things. It is proposed 
that products which align with the users’ values, beliefs, lifestyle, etc. are 
more likely to be adopted.  

Observability Seeing others use this product would make it easy for me to understand how 
to use it. It is proposed that seeing others use a product drives diffusion. 

Complexity I would have no difficulty explaining this product to other people. It is 
proposed that the more complex a product is, the less likely it is to diffuse. 
This item was reverse-coded, so higher numbers signify higher ease of use. 

Trialability Being able to try this product first, would be important in deciding whether or 
not to pledge money. It is proposed that being able to try the product before 
purchasing drives diffusion.  

Insights into innovativeness 

Resistance to 
change 
(pre-survey) 

Resistance to change was calculated by adding scores from eight modified 
questions related to innovativeness, as proposed by Oreg (2003). It is 
proposed that innate innovativeness correlates with resistance to change. 

Innate 
innovativeness 

I consider myself to be a very innovative person. It is proposed that more 
innovative consumers have a higher tolerance for risk, therefore are more 
likely to adopt highly innovative products than less innovative consumers. 

Product 
innovativeness 

I think this is a radically new innovation. It is proposed that more innovative 
products present greater uncertainty, and that less radical innovations 
therefore, are more likely to diffuse.  

Insights into subjective behavior 

Subjective 
purchase 
intention 

I would pledge money to this project. It is proposed that campaigns with 
higher levels of liking leads to more efficient diffusion. 

Figure 8, study variables 
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Furthermore, we included tests for the effects of age, gender, and previous pledging (whether 

participants had pledged money to Kickstarter before).  

AOI and Phases 

A number of AOI are proposed, see sample campaign below: 

 

Figure 9 (top) and Figure 10 (bottom) 

 

1. Founder Icon* 

2. Founder Name* 

3. Founder Experience* 
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4. Video Thumbnail 

5. Project Title 

6. Project Subtitle 

7. Goal 

8. Time Remaining 

9. Pledge Button 

10. Project Overview 

11. Description 

12. Pledges 

 

Koch and Siering (2015) found that campaign description, related images, and the video relate 

to campaign success. The “Back This Project” button and the “Pledge” section is constant 

across campaigns, but may trigger different responses, and are therefore also defined as AOI. 

We furthermore include the title and subtitle as AOI, to understand how motivation is affected 

during reading.  

 

The first three AOI were later removed from the analysis as too few people saw them: Founder 

experience (N = 10), founder name (N = 13), founder picture (N = 10). Whether this is due to 

low salience or perceived lack of importance for decision making is unknown.  

 

Regarding phases: we collected full durations of the following phases 

1. First three seconds of website 

2. Whole duration of website 

3. First three seconds of video 

4. Whole duration of video 

Preprocessing 

Afterwards, all data processing was performed automatically, offline in the R software (Version 

3.2.3) by Neurons Inc. Given the difference in resolution of eye tracking (60 Hz) and EEG (256 

Hz), it is necessary to synchronize the two data streams by “aligning” data. The data points are 

calculated through the use of average values, as calculated from a 2 seconds moving window. 

Afterwards, alpha bands were used to calculate motivation. It was extracted and separated 
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using a Fast Fourier Transform, and a number of filters were applied to EEG data, in order to 

correct for noise and corrupt data, for instance due to electrical artifacts from blinking. Output 

data was subsequently outputted in .TSV files, and analyzed in JMP version 13. 

4: Post-survey 

We asked participants a series of questions based on Rogers' five factors in his Diffusion 

Theory (relative advantage, compatibility, observability, complexity, and trialability) for each 

campaign, on a 7 point Likert scale. In addition, a question asking the subjective rating of 

product innovativeness per campaign as asked. Finally, after the survey per campaign was 

complete, participants were asked to ratie their personal innate innovativeness level. The details 

of this survey, are already presented above in the Variables section of this chapter, above.  

 

Following the survey, the participants were thanked and asked if they wanted to receive further 

information once the study was entirely completed. No results or pertinent information related to 

the study was given, until all participants had been studied. We sent a follow up email 2 weeks 

later, again thanking the participants, providing them with some general information, as well as 

instructions for obtaining the gift card.  
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Results 
The hypotheses are formulated from our combined knowledge of studies in Strategic Market 

Creation, our previous experiences,  and the research related to this thesis topic. In this chapter, 

we briefly explain the results we found to the above stated hypotheses, followed by a more in 

depth discussion in the Discussion chapter.  

 

We collected data by using EEG, eye tracking and pre- and post- surveys, as explained in our 

Research Design chapter. Using JMP, we analyzed data and used regression models to dig into 

data we thought would be most relevant and interesting to investigate.  

 

As the campaigns asked for various amounts of money, we looked at the percentage (%) 

funding to better compare the 10 different campaigns. This was was then loge transformed, due 

to the highly skewed distribution of % collected across the 10 campaigns, ranging from 0,1% 

funded, to more than 1800% funded. 

 

We have four main hypotheses. For the first three, we have sub-hypotheses in order to explore 

the topic of the given main hypothesis further. Depending on the type of hypothesis, we 

identified the x and y values, the type of correlation, the R2, p values, and any important factors 

that relate to the models. Regarding p values, we define our significance level at α = 0,10. Due 

to time restrictions, not all campaigns were seen by all participants. Therefore some data was 

removed from analysis. We collected a total of 256 observations, meaning that 29 participants 

watched an average of 8,8 videos per person (out of a maximum of 10 videos per person).  

 

The first set of hypothesis deals with the unconscious mind - where we measure the correlation 

of motivation while looking at a specific AOI or phase. These are outlined in the research design 

above. For these hypotheses, we gathered information using an eye tracker and EEG, and 

actual information about the success of the campaign. In this set of hypotheses, the x value is 

always a measure of motivation while viewing a specific AOI or phase (which changed per 

hypothesis), while the y value was the Kickstarter campaign success, measured in log(% 

funding). 
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The second set of hypotheses relates to our post-survey (please see Appendix 2: Post-survey), 

which is founded in Rogers’ Diffusion Theory. We asked participants a series of questions 

based on Rogers’ five factors (relative advantage, compatibility, observability, complexity, and 

trialability) for each campaign, on a 7 point Likert scale. We also asked them how innovative 

they believed the campaigns to be and their purchase intention per campaign, both on a 7 point 

likert scale. Similar to the hypotheses above, a linear regression performed. Each of Rogers’ 

factors, as well as product innovativeness, and purchase intention were placed on the x axis, to 

be measured against Kickstarter campaign success, on the y axis.  

 

The third set of hypotheses tests self-reported levels of innovativeness (of both the product and 

person) as it relates to unconscious and conscious motivation levels. In the first sub-hypothesis 

we introduce the Resistance to Change variable which was adopted from Oreg 2003, and 

administered to our participants three days prior to their scheduled test date, as outlined in our 

Research Design (See Appendix 1: Pre-Survey). We tested consumer innate innovativeness 

(defined in our Innovativeness of Consumers section as: a personality trait that reflects an 

innate tendency to seek out new information, stimuli, or experience (Hirschman, 1980)) in our 

post survey by asking participants to rate themselves on a Likert scale, as already mentioned in 

the paragraph above. For our second sub-hypothesis (H3.2) we factored consumer 

innovativeness with the participants rating of how innovative they believed each campaign to be. 

We then tested that against the Pledge Button which was found significant in Hypothesis 2. As 

the Pledge Button indicates unconscious motivation to purchase the product, we wanted to see 

if there was a relationship between these factors. And lastly, we wanted to test the same as in 

H3.2, but rather, using self-reports and conscious measures (self-reported willingness to 

pledge) and advertently, compare the unconscious and conscious measures.  

 

Findings in previous hypotheses led us to H4 - Conscious subjective campaign factors and 

motivation while viewing the Pledge Button correlates with Kickstarter campaign success. 

Gaining inspiration from Feiereisen et al., 2008, we wanted to see if we could create an even 

better predictive model by combining methods of self-reports and neuroscience tools.  

 

Findings and explanations for these hypotheses are found below.  
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H1: Unconscious motivation response correlates positively with 

Kickstarter campaign success.  

For this set of hypotheses we measured motivation as participants interacted with a number of 

elements in the stimuli presentation (AOI and phases), where the unconscious motivation 

response for each element (x variable) was hypothesized to correlate with campaign success (y 

variable). Therefore this hypothesis is contingent upon five sub-hypotheses. Motivation was 

measured using an EEG and results were analyzed using JMP. Eye tracking timestamps were 

collected for each participant as they viewed each Kickstarter campaign, focusing on certain 

AOIs which will serve as the x variable in the following hypotheses. Finally, Kickstarter 

campaign success is defined by its actual percentage funded, as stated on the website - where 

some campaigns were underfunded, almost funded just funded, and overfunded, as explained 

in the Variables section.  

 

We were able partially support this hypothesis, based on significant findings of motivation while 

viewing the Pledge Button, explaining 28% variance in funding.This will be explained below.  

H1.1: Motivation while viewing the whole campaign website correlates 

positively with Kickstarter campaign success  

Timestamps are collected from when a participant enters and exits a Kickstarter campaign 

website, both prior to, and after seeing the campaign video. The time period in which a 

participant views a website the first and second time is combined, to be defined as the phase 

whole duration of website. Motivation data for this phase is then recorded, and averaged for 

each participant and each campaign. A total of 240 observations were recorded.  

 

Using the Fit Model function of JMP, we perform a linear regression analysis to explore the 

relationship between the independent variable, motivationwhole duration of website, and the dependent 

variable, log(% funding), using fixation points to weigh the model. The regression analysis finds 

a parameter estimate of -1,083. As p = 0,594 we can deduce that the relationship is not 

statistically significant. Furthermore, as the coefficient of correlation is R² = 0,00, we find no 
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explanatory power of motivationwhole duration of website on Kickstarter campaign success. For the linear 

regression analysis output see appendix 5: H1.1 Regression analysis. 

 

We therefore reject the hypothesis, and accept the null hypothesis.  

H1.2: Motivation while watching the campaign video correlates positively 

with Kickstarter campaign success.  

Timestamps are collected from when a video starts, and when it is ended. Given the the long 

length of campaign videos, we allowed for participants to manually skip the video, when they did 

not want to watch more. The time period in which a participant views a video is defined as the 

phase whole duration of video. Motivation data for this phase is then recorded, and averaged for 

each participant and each campaign. A total of 240 observations were recorded.  

 

Using the Fit Model function of JMP, we perform a linear regression analysis to explore the 

relationship between the independent variable, motivationwhole duration of video, and the dependent 

variable, log(% funding), using fixation points to weigh the model. The regression analysis finds 

a parameter estimate of 2,468. As p = 0,151, we can deduce that the relationship is not 

statistically significant. Furthermore, as the coefficient of correlation is R² = 0,01, we find no 

explanatory power of motivationwhole duration of video on Kickstarter campaign success. For the linear 

regression analysis output see appendix 6: H1.2 Regression analysis. 

 

We therefore reject the hypothesis, and accept the null hypothesis.  

H1.2.1: Motivation while watching the campaign video will be higher than 

motivation of viewing static elements on the campaign website. 

Previous findings suggest that visual communication would be more appealing to backers than 

static information (Koch and Siering, 2015). Therefore, we hypothesize that motivation is higher 

for video than for static elements (by aggregating title, subtitle, and text) on the website. A total 

of 240, 238, 231, and 224 observations were recorded for video, title, subtitle, and text 

respectively.  
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Using the distribution function of JMP, we graphically confirm the two samples to follow a normal 

distribution. Afterwards, two-sample t-test function ( oneway analysis) is performed to explore 

differences in means between motivationwhole duration of video, and motivationstatic elements, using fixation 

points to weigh the model. We found the mean of motivation for video = 0,500, and motivation 

for static website elements = 0,493. However, as p = 0,186, we cannot verify that motivation for 

videos is higher than motivation for static elements. For the two-sample t-test output and 

distribution tables see appendix 7: H1.2.1 Distribution tables and T-test. 

 

We therefore reject the hypothesis, and accept the null hypothesis.  

H1.3: Motivation while viewing the Pledge Button positively correlates with 

Kickstarter campaign success. 

As the “Back this Project” button remained static across all campaigns, we hypothesized 

individual responses towards each individual campaign would be triggered when viewing the 

pledge button. Timestamps are collected from when a participant looks at this call to action 

button to when they stop looking at it. Fixations on this button are defined as the AOI Pledge 

Button. Motivation data for this phase is then recorded, and averaged for each participant and 

each campaign. A total of 139 observations were recorded, indicating less than 50% of the 

buttons were seen.  

 

Using the Fit Model function of JMP, we perform a linear regression analysis to explore the 

relationship between the independent variable, motivationPledge Button, and the dependent variable, 

log(% funding), using fixation points to weigh the model. Furthermore, we use random effects 

analysis on Participant ID. A random effect “is a factor whose levels are considered a random 

sample from some population” (SAS Institute, 2017). The regression analysis finds a parameter 

estimate of 4,960. As p = 0,001 we can deduce that the relationship is statistically significant. 

Therefore, we can deduce that a hypothetical increase in motivation by 1 will increase log(% 

funding) by 4,960. Given that motivation ranges from zero to one, it is more useful to divide by 

ten: an increase in motivation by 0,1 will increase log(% funding) by 0,496. Furthermore, as the 

coefficient of correlation is R² = 0,28, we find some explanatory power of motivationPledge Button on 

Kickstarter campaign success. For the linear regression analysis output see appendix 8: H1.3 

Regression analysis. 
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We therefore reject the null hypothesis, and accept the hypothesis.  

H1.4: Motivation while viewing the first three seconds of the campaign 

website correlates positively with Kickstarter campaign success  

Timestamps are collected from when a participant enters a Kickstarter campaign website, and 

three seconds after the initial timestamp. This time period is defined as the phase first three 

seconds of website. Motivation data for this phase is then recorded, and averaged for each 

participant and each campaign. 

 

Using the Fit Model function of JMP, we perform a linear regression analysis to explore the 

relationship between the independent variable, motivationfirst three seconds of website, and the dependent 

variable, log(% funding). The regression analysis finds a parameter estimate of 0,032. As p = 

0,978 we can deduce that the relationship is not statistically significant. Furthermore, as the 

coefficient of correlation is R² = 0,00, we find no explanatory power of motivationfirst three seconds of 

website on Kickstarter campaign success. For the linear regression analysis output see appendix 

9: H1.4 Regression analysis. 

 

We therefore reject the hypothesis, and accept the null hypothesis.  

H1.5: Motivation while viewing the first three seconds of the campaign 

video positively correlates with Kickstarter campaign success.  

Timestamps are collected from when a participant starts to watch a Kickstarter campaign video, 

and three seconds after the initial timestamp. This time period is defined as the phase first three 

seconds of video. Motivation data for this phase is then recorded, and averaged for each 

participant and each campaign. 

 

Using the Fit Model function of JMP, we perform a linear regression analysis to explore the 

relationship between the independent variable, motivationfirst three seconds of video, and the dependent 

variable, log(% funding). The regression analysis finds a parameter estimate of 0,698. As p = 

0,562 we can deduce that the relationship is not statistically significant. Furthermore, as the 
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coefficient of correlation is R² = 0,00, we find no explanatory power of motivationfirst three seconds of 

video on Kickstarter campaign success. For the linear regression analysis output see appendix 10: 

H1.5 Regression analysis 

 

We therefore reject the hypothesis, and accept the null hypothesis.  

 

In summary to H1, we have the correlation of unconscious motivation while viewing certain AOI, 

on Kickstarter campaign success. We find that motivationPledge Button positively correlates with 

log(% funding). Although the correlation is weak, it is highly significant. The importance of this 

finding will be explained in the Discussion Chapter. The other hypotheses within H1 have been 

refuted. We therefore conclude that H1: Unconscious motivation response correlates with 

Kickstarter success can be partially supported.  

H2: Conscious subjective campaign factors correlate positively 

with Kickstarter campaign success.  

Rogers (2003) presented five factors that affect the rate of diffusion: relative advantage, 

compatibility, complexity, observability, and trialability. Given Rogers’ notion that innovations 

which require more changes introduce higher uncertainty, thereby decreasing the rate of 

diffusion, we argue that more radical innovations will trigger lower success of Kickstarter 

campaigns. Furthermore, is is said that liking cannot predict behavior (Ramsøy 2014), which is 

tested in this hypothesis. 

 

Using the Fit Model function of JMP, we perform a multiple linear regression analysis to explore 

the relationship between the following 11 independent variables: relative advantage, 

compatibility, observability, complexity, trialability, innate innovativeness, product 

innovativeness, willingness to pledge, gender, age, and previous pledging, and the dependent 

variable, log(% funding). The regression analysis parameter estimates and p values are shown 

in Figure 11, as seen below. These help understand how each of these factors contribute to the 

overall model: 
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Term Estimate Std Error t Ratio Prob>|t| 

Intercept  -0,334427 2,038938  -0,16 0,8699 

H2.1: Relative Advantage 0,4122356 0,155861 2,64 0,0087 

H2.2: Compatibility  -0,097608 0,132504  -0,74 0,4621 

H2.3: Observability 0,1890637 0,1154 1,64 0,1026 

H2.4: Complexity (reverse-coded) 0,2224493 0,118912 1,87 0,0626 

H2.5: Trialability 0,1686343 0,1062 1,59 0,1136 

H2.6: Innovation radicalness 0,0664149 0,138626 0,48 0,6323 

H2.7: Willingness to pledge 0,386548 0,141588 2,73 0,0068 

Resistance to change  -0,015398 0,02911  -0,53 0,5973 

Age 0,0020125 0,067366 0,03 0,9762 

Gender[man] 0,1909218 0,191089 1,00 0,3187 

Pledged money on KS before[No] 0,0448177 0,187555 0,24 0,8113 

Consider myself to be innovative  -0,198879 0,1661  -1,20 0,2323 

Figure 11: Parameter estimates for H2. Significant at p < 0,01. significant at p < 0,1 

 

Furthermore, as the coefficient of correlation is R² = 0,267, we find partial explanatory power of 

abovementioned factors on Kickstarter campaign success. For the linear regression analysis 

output see appendix 11: H2 Multiple regression analysis. We therefore find partial support for 

H2, due to significant findings in H2.1 (relative advantage), H2.4 (complexity), and H2.7 

(willingness to pledge).  

 

For this main hypothesis, we created a pairwise multivariate analysis to explore multicollinearity, 

as seen below in Figure 12 below.  
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Figure 12: Multicolinearity of independent factors in H2  

 

The following results will briefly introduce theory related to each of these seven factors, and how 

they can predict Kickstarter success (% funding), which will be further elaborated upon in the 

Discussion Chapter. 

H2.1: Subjective perception of relative advantage correlates positively with 

Kickstarter campaign success. 

According to Rogers (2003), the relative advantage of an innovation is the most important factor 

needed to ensure faster diffusion. In the post-survey, participants rated The product is better 

than available alternatives on a 7-point Likert scale for each of the ten campaigns. The 

parameter estimate = 0,412, meaning that each inclination by one in the relative advantage 

score will correspond to an increase of log(%funding) by 0,412. We found a significant positive 
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correlation of the variables. At p = 0,0087 this result is significant at the p < 0,01 level, and we 

therefore refute the null-hypothesis.  

H2.2: Subjective perception of compatibility correlates positively with 

Kickstarter campaign success.  

According to Rogers (2003), compatibility of an innovation with a consumer’s behavior, beliefs, 

values, etc. increases the rate of diffusion. In the post-survey, participants rated This product 

aligns well with my prefered way of doing things on a 7-point Likert scale for each of the ten 

campaigns. As seen in the chart above, we found a negative parameter estimate = -0,098, 

meaning that each inclination by one in the compatibility score will correspond to a decrease of 

log(%funding) by 0,098. But as p = 0,4612 this result is not significant, and we therefore refute 

the main hypothesis, and accept the null-hypothesis. 

H2.3: Subjective perception of observability correlates positively with 

Kickstarter campaign success.  

According to Rogers (2003), better observability (visibility) of an innovation increases its rate of 

diffusion. In the post-survey, participants rated Seeing others use this product would make it 

easy for me to understand how to use it on a 7-point Likert scale for each of the ten campaigns. 

We found a positive parameter estimate = 0,189, meaning that each inclination by one in the 

observability score will correspond to an increase of log(%funding) by 0,189. At p = 0,1026 this 

result is almost significant at the p < 0,1 level. Nonetheless, we must therefore refute the 

hypothesis, and accept the null-hypothesis. 

H2.4: Subjective perception of complexity (reverse coded) correlates 

positively with Kickstarter campaign success 

According to Rogers (2003), less complex innovations have a faster diffusion rate. In the 

post-survey, participants rated I would have no difficulty explaining this product to other people 

on a 7-point Likert scale for each of the ten campaigns. This scale was reverse-coded, so higher 

scores indicate less complexity. As seen in the overall model chart above, we found a positive 

parameter estimate = 0,222, meaning that each inclination by one in the complexity score will 
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correspond to an increase of log(%funding) by 0,222. We found a significant positive correlation 

of the variables. At p = 0,0626 this result is significant at the p < 0,1 level. We therefore accept 

this hypothesis and refute the null-hypothesis. 

H2.5: Subjective perception of trialability correlates positively with 

Kickstarter campaign success.  

According to Rogers (2003), innovations that can be personally tried have a faster diffusion rate. 

In the post-survey, participants rated Being able to try this product first, would be important in 

deciding whether or not to pledge money for it on a 7-point Likert scale for each of the ten 

campaigns. We found a positive parameter estimate = 0,169, meaning that each inclination by 

one in the trialability score will correspond to an increase of log(%funding) by 0,169. At p = 

0,1136 this result is almost significant at the p < 0,1 level. Nonetheless, we must refute the main 

hypothesis, and accept the null-hypothesis. 

H2.6: Subjective perception of campaign innovativeness correlates 

negatively with Kickstarter campaign success. 

According to Rogers (2003), higher uncertainty related to adopting a new innovation results in 

higher resistance towards an innovation. In the post-survey, participants rated I think this is a 

radically new innovation on a 7-point Likert scale for each of the ten campaigns. As seen in the 

chart above, we found a positive parameter estimate = 0,066, meaning that each inclination by 

one in the subjective perception of innovativeness of the campaign score will correspond to an 

increase of log(%funding) by 0,066. At p = 0,6323 this result is not significant, and we therefore 

refute the main hypothesis, and accept the null-hypothesis. 

H2.7: Subjective purchase intention correlates positively with Kickstarter 

campaign success.  

In order to determine consumer liking, and test its predictive behavior, we included this 

hypothesis. In the post-survey, participants rated I would pledge money to this project on a 

7-point Likert scale for each of the ten campaigns. We found a positive parameter estimate = 

0,387, meaning that each inclination by one in the subjective purchase intention score will 
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correspond to an increase of log(%funding) by 0,387. We found a significant positive correlation 

of the variables. At p = 0,0068 this result is significant at p < 0,01, and we therefore accept the 

hypothesis and refute the null-hypothesis. 

 

Therefore, H2: Conscious subjective campaign factors correlate positively with Kickstarter 

campaign success can be partially supported. We find that relative advantage, complexity 

(reverse coded), and willingness to pledge are positively correlated with log(% funding). Relative 

advantage and purchase intentions were found significant at the p<0,01 level, while complexity 

at the p<0,1 level. Additionally, we can say that this model helps to explain 26,7% of the 

variation in success of Kickstarter campaigns used in this thesis. The four other hypotheses 

within H1 have been refuted. These finding will be explained in the Discussion Chapter.  

H3: Self-reported innate innovativeness factored with product 

innovativeness results in stronger motivation responses 
For this hypothesis, we want to test how innovativeness modulates unconscious wanting and 

conscious liking. In order to do so, we tested consumer innovativeness based on a model 

adopted from Oreg 2003, discussed the Innovativeness of Consumers section, and developed a 

Resistance to Change scale (self-reported resistance), which we administered as a pre-survey, 

as discussed in Research Design. In the post-survey, participants rated I consider myself to be 

a very innovative person on a 7-point Likert scale. In order to create the hypotheses and results 

below, we merged the data with motivation scores (related to purchase intention) from 

participants EEG measures, as well as from participants’ self-reported purchase intentions - 

willingness to pledge. More specific details are seen in the results for the questions themselves.  

H3.1: Self-reported resistance to change correlates negatively with 

self-reported innate innovativeness. 

We hypothesize that resistance to change can partly explain self-perceived innate 

innovativeness, in that people who are more resistant to change are less innovative. In the 

pre-survey on a 7-point Likert scale, participants rated how much they agreed with eight 

statements pertaining to resistance to change, as based on Oreg (2003) (Please refer to 
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Appendix 1: Pre-Survey). At the end of the post-survey, participants rated I consider myself to 

be a very innovative person on a 7-point Likert scale (Please refer to Appendix 2: Post-Survey).  

 

Using the Fit Model function of JMP, we perform a linear regression analysis to explore the 

relationship between the independent variable, innate innovativeness, and the dependent 

variable, resistance to change. The regression analysis finds a parameter estimate of 0,045. As 

p = 0,22 we can deduce that the relationship is not statistically significant. Furthermore, as the 

coefficient of correlation is R² = 0,06, we find weak explanatory power of resistance to change 

on innate innovativeness. For the linear regression analysis output see appendix 12: H3.1 

Regression analysis. 

 

We therefore reject the hypothesis, and accept the null hypothesis. 

H3.2: Self-reported innate innovativeness factored with product 

innovativeness correlates positively with unconscious motivation responses 

for the Pledge Button. 

According to Gourville (2005), more innovative consumers have a higher tolerance for risk, and 

therefore are more likely to adopt innovative products than less innovative consumers. But, 

according to Rogers (2003), more innovative products present greater uncertainty, and so less 

radical innovations are more likely to diffuse. Therefore we explore interaction effects between 

these factors, to understand if they impact unconscious motivation while viewing the Pledge 

Button.  

 

Using the Fit Model function of JMP, we perform a multiple linear regression analysis to explore 

the relationship between the three independent variables, innate innovativeness, product 

innovativeness, and the interaction effect of innate innovativeness * product innovativeness. 

The dependent variable is motivationPledge Button, which is weighed using fixation points.  

For innate innovativeness, the regression analysis finds a parameter estimate of 0,001. As p = 

0,459, we can deduce that the relationship is not statistically significant. For product 

innovativeness, the regression analysis finds a parameter estimate of 0,006. As p = 0,512 we 

can deduce that the relationship is not statistically significant. For the interaction effect of innate 

innovativeness * product innovativeness, the regression analysis finds a parameter estimate of 
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-0,005. As p = 0,502 we can deduce that the relationship is not statistically significant. 

Furthermore, as the coefficient of correlation is R² = 0,01, we find weak explanatory power of 

innate innovativeness, product innovativeness, and innate innovativeness * product 

innovativeness on willingness to pledge. For the linear regression analysis output see appendix 

13: 3.2 Regression analysis (factorial). 

 

We therefore reject the hypothesis, and accept the null hypothesis.  

H3.3: Self-reported innate innovativeness factored with product 

innovativeness correlates positively with subjective purchase intention. 

Similarly to H3.2, we explore innate innovativeness, product innovativeness, and the interaction 

effects between the two, and its effect on subjective liking, as measured through subjective 

purchase intention. 

 

Using the Fit Model function of JMP, we perform a multiple linear regression analysis to explore 

the relationship between the three independent variables, innate innovativeness, product 

innovativeness, and the interaction effect of innate innovativeness * product innovativeness. 

The dependent variable is willingness to pledge.  

 

For innate innovativeness, the regression analysis finds a parameter estimate of 0,193. As p = 

0,0016 we can deduce that the relationship is statistically significant. For product 

innovativeness, the regression analysis finds a parameter estimate of 0,622. As p < 0,0001 we 

can deduce that the relationship is statistically significant. For the interaction effect of innate 

innovativeness * product innovativeness, the regression analysis finds a parameter estimate of 

0,120. As p = 0,0075 we can deduce that the relationship is statistically significant. Furthermore, 

as the coefficient of correlation is R² = 0,34, we find weak explanatory power of innate 

innovativeness, product innovativeness, and innate innovativeness * product innovativeness on 

willingness to pledge. For the linear regression analysis output see appendix 14: H3.3 

Regression analysis (factorial). 

 

We therefore reject the null hypothesis, and accept the hypothesis.  
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In summary to H3, we find evidence that innate innovativeness factored with product 

innovativeness correlates positively with conscious purchase intention. Although the correlation 

is weak, it is highly significant. The importance of this finding will be explained in the Discussion 

Chapter. The other hypotheses within H3 have been refuted. We therefore conclude that H3: 

Self-reported innate innovativeness factored with product innovativeness results in stronger 

motivation responses for more innovative Kickstarter campaigns is partially supported.  

H4: Conscious subjective campaign factors and motivation while 

viewing the Pledge Button correlates with Kickstarter campaign 

success. 

A number of authors have proposed that combining unconscious and conscious measures can 

increase understanding of consumer behavior (see e.g. Feiereisen et al., 2008). Using the Fit 

Model function of JMP, we perform a multiple linear regression analysis to explore the 

relationship between the following 12 independent variables: MotivationPledge Button (weighed using 

fixation points), relative advantage, compatibility, observability, complexity, trialability, innate 

innovativeness, product innovativeness, willingness to pledge, gender, age, and previous 

pledging, and the dependent variable, log(% funding).  

 

The regression analysis finds significance for four factors: relative advantage (parameter 

estimate = 0,683; p = 0,0007), compatibility (parameter estimate = -0,362; p = 0,0679), 

complexity (parameter estimate = 0,418; p = 0,0155), trialability (parameter estimate = 0,428; p 

= 0,0052), and willingness to pay (parameter estimate = 0,504; p = 0,0194). Furthermore, as the 

coefficient of correlation is R² = 0,43, we find moderate explanatory power of this model on 

predicting Kickstarter campaign success. For the linear regression analysis output see appendix 

15: H4 Multiple regression analysis. 

 

We therefore reject the null hypothesis, and accept the hypothesis.  
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Discussion 
This following section builds upon our hypotheses and results explained in the chapters above. 

With each of our findings, we explain and discuss implications of our hypotheses and the results 

we obtained for each of them.  

H1: Unconscious motivation response correlates positively with 

Kickstarter campaign success  

Below is a chart summarizing the results from 6 sub-hypotheses under H1, as depicted in the 

Results Chapter.  

 

Hypothesis  Significance Status  

H1.1 p = 0,594 Reject 

H1.2 p = 0,151 Reject  

H1.2.1 P = 0,186 Reject 

H1.3 P = 0,001 Support 

H1.4 P = 0,978 Reject  

H1.5 P = 0,562 Reject 

Figure 13: H1 sub-hypotheses. Significant at p < 0,1. Significant at p < 0,01 

 

Only being able to support one of the six sub-hypotheses, we find partial evidence in support for 

this hypothesis. We are therefore partially able to confirm H1.3: Motivation while viewing the 

Pledge Button positively correlates with Kickstarter campaign success.  

 

For H1.3, we are able to explain 28% of variance in funding levels. Knutson et al. (2007) found 

that for purchased items, neural indicators explain a mere 10% of variance in purchases with 

brain activation, where in contrast, self-reports explained more than 50% of variance. 

Dmochowski (2016) explains 36% of variance with neural indicators, and Berns and Moore 
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(2012) explains 10% of variance. Although differences exist in the study setups and goals of 

these experiments and ours, our findings show good explanatory power, although, in a larger 

perspective, an R2 of 0,28 also indicates that 72% of variance is still left unexplained, calling for 

further investigations.  

 

This result aligns with current literature, in that neural activity of a small sample can predict 

population responses (e.g. Berns and Moore, 2012). First impressions carry an impact across 

long-tem memory (Kahneman, 2011), however we were not able to extend the theory to 

discover whether first impressions could be used to predict purchase actions, in either H1.4 nor 

H1.5. Similarly, across the whole durations of website visits (H1.1) or whole video watching 

(H1.2), there was found no significance Interestingly, the lack of significance for these four 

hypotheses highlight that the motivation construct is not only tied to purchase intent, but to other 

motivational factors as well (Ramsøy, 2014).  

 

It is therefore crucial that research remain meticulous when designing experiments involving this 

construct. One interpretation for the lack of significance across these other AOI and phases, 

motivation may tie to an approach-avoidance response in simply evaluating Kickstarter 

campaigns on their merits and demerits, rather than evaluating purchase intention. Previous 

studies find that protocols in which participants are presented to stimuli without being tasked to 

judge them, can predict consumer choice (Berkman and Falk, 2013). Tasking participants to 

judge Kickstarter campaigns may therefore have provided lower predictability scores for some 

AOI and phases. Regardless, given the support of H1.3: Motivation while viewing the Pledge 

Button positively correlates with Kickstarter campaign success, this could indicate that only 

here, the motivation is judged in from a decision-perspective.  

 

An explanation of the support for H1.3 could lie in the concepts of attention and consciousness: 

the brain aims to save resources, and aims to save mental energy, thereby only making 

calculations when they are absolutely necessary (Kahneman, 2011). By elaborating on previous 

paragraph, this may be further understood. When participants view campaign text on the 

website or watch the campaign video, more mental energy may be allocated to understanding 

the pros and cons of an innovation, but not whether the innovation should be adopted or not. 

However, with higher motivation, the pros and cons of a similar innovation in one’s memory, 
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while viewing a call to action button (the Pledge Button), may trigger an unconscious response 

where these pros and cons are recalled and used as heuristics to determine wanting.  

 

Vilar (2016) studied the success factors of product development in crowdfunding models. 

Among other criteria, they particularly looked at the impact of videos and videography, as 

dynamic media not only engages consumers, but also lowers uncertainty through instilling trust 

in the campaign creators. The author found that the presence of videos in crowdfunding 

contribute to explain what makes campaigns succeed. “Videos have the highest level of media 

richness and should help to interact best on a cognitive as well as emotional level of 

communication” (Beier and Wagner 2015, p. 4). It is therefore we predicted that motivation while 

watching the campaign videos will be higher than motivation while viewing the website in 

H1.2.1. However, Feiereisen et al. (2008) found that words, particularly when phrased as 

analogies, were better at explaining novel products and creating and explicit connections, for 

utilitarian products, as opposed to visuals, and therefore sometimes more effective. Therefore 

there is conflicting evidence regarding this hypothesis, and further research is needed. 

 

Lastly, given the modulating effect of cognitive load on motivation (Kalyuga, 2011), cognitive 

overload could have impacted motivation responses, thereby limiting explanatory power of the 

model across other stimuli. It can be theorized that emotions evoked when viewing certain AOI 

were not strong enough to impact wanting. In order to understand this better, we also 

investigated cognitive load using EEG to test cognitive load across different AOI and phases as 

presented under hypothesis 1, in order to investigate complexity. These results provided no 

further explanatory power, as on average, cognitive load did not cause overload for participants 

across all campaigns. Similarly, participants knew unconsciously they were being observed, 

which may have increased cognitive load or distraction, thereby impacting emotional responses 

when interacting with stimuli.  

H2: More successful Kickstarter campaigns will correlate 

positively with higher conscious subjective campaign attitudes 

Below is a chart summarizing the 7 main results from the sub-hypotheses under H2, as depicted 

in the Results Chapter.  
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Hypothesis Significance Status 

H2.1: Relative Advantage 0,0087 Support 

H2.2: Compatibility 0,4621 Reject  

H2.3: Observability 0,1026 Reject 

H2.4: Complexity (reverse-coded) 0,0626 Support 

H2.5: Trialability 0,1136 Reject 

H2.6: Product innovativeness  0,6323 Reject  

H2.7: Willingness to pledge 0,0068 Support  
Figure 13: H1 sub-hypotheses. Significant at p < 0,1. Significant at p < 0,01 

 

Rogers’ five factors and diffusion theory (2003) are among the few foundational and most 

important theories cited to explain the diffusion process. As Sahin (2006) denotes: 49-87% of 

variance can be explained with these five factors in the rate of diffusion. The purpose of this 

hypothesis is to test if our study could yield similar explanatory power using Rogers’ Diffusion 

Theory, by understanding which factors are particularly significant for Kickstarter campaigns, as 

well as how innovative the participants rated the products to be, and their purchase intentions.  

 

For the group of hypotheses under H2: More successful Kickstarter campaigns will correlate 

positively with higher conscious subjective campaign attitudes, we combined data from both the 

pre-survey and the post-survey. In the pre-survey, we created a resistance to change score, 

asking about their inclination of resistance to change (based on a model from Oreg, 2003), and 

selected demographic characteristics. In the post-survey, and a series of questions based on 

Rogers’ five factors as well as the participant’s opinion on the innovativeness of the campaign 

product and their willingness to pledge money to it. We expected to find that participant 

responses would highlight the importance of these five factors, as well as a couple of more 

variables named above, and that these factors could contribute to determining the success of 

Kickstarter campaigns.  

 

In order to test these hypotheses, we utilized JMP to run a multiple linear regression model. We 

found R2 equal to 26,7%. As seen from Figure 14, we accept three hypotheses. We find that 

relative advantage and willingness to pledge is significant at the p < 0,01 level. This aligns with 
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previous findings: the relative advantage is the most important factor in assessing the rate of 

diffusion (Rogers, 2003). We also found a significant correlation at p < 0,1 for complexity. This 

aligns with neuroscientific observations; cognitive overload can modulate wanting (Van Dillen et 

al., 2009). Interestingly, this highlights at least one limitation of current theory: either wanting 

cannot be measured with self-reports, and/or liking cannot predict behavior (Ramsøy, 2014.)  

 

Surprisingly, our survey does not provide evidence that Rogers' other four factors affect 

diffusion. This may be due to multicollinearity. Using the multivariate technique (see Figure 12), 

we find a >40% positive correlation in the following response pairs: relative 

advantage/compatibility, and relative advantage/observability. One likely explanation for the 

overlap of Rogers’ five factors is that people use compatibility and observability as heuristics for 

determining the relative advantage (Kahneman, 2009). As creators of campaigns may benefit 

more from knowing how potential customers of their innovations experience compatibility and 

observability, and as it gives a more concrete metric for innovation improvement, they must be 

careful in interpreting these consumer responses.  

 

To understand sample-based factors, we also tested for age, gender, whether participants 

pledged money on Kickstarter before, resistance to change, and whether individuals considered 

themselves to be innovative. In talks with Jon Leland, from Kickstarter, it was revealed that the 

main characteristic of Kickstarter users are between 20-40 years of age. Another estimate of 

Kickstarter demographics  finds that majority of their pledgers are male (64% vs 36% female), 7

between the ages of 25-34 years old (28%), with a higher education and salary. We found 

neither gender nor age to correlate with log(% funding), which also contradicts Midgley and 

Dowling’s (1978) findings that higher age correlates with innovativeness, and neither of the 

other factors had an impact on predicting pledge success.  

 

Although we analyzed these factors together, in one model, there is an exceptional amount of 

literature that pertains to certain topics, particularly Rogers’ five factors. Thus we will briefly dive 

into each of the hypotheses individually:  

 
 
  

7 https://artofthekickstart.com/crowdfunding-demographics-statistics-infographic/ 
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H2.1: Subjective perception of relative advantage correlates with Kickstarter campaign 
success. 
 
Relative advantage is “the extent to which an innovation is perceived as being better than the 

idea it supersedes” (Wolfe, 1994, p. 419). Within these five factors, relative advantage has been 

widely viewed as a crucial condition required for successful diffusion of innovations (Gourville, 

2005; Moore, 1999). Scholars argue for the importance of creating a superior product, which 

aligns with our finding of this variable significant. A similar finding comes from an experiment 

from Atkinson (2007), where he found that although together the five factors accounted for 

44.4% variance in rate of diffusion, relative advantage accounted for 29% by itself. As such, this 

significance and positive correlation found in H2.1 aligns with existing literature.  

 

Interestly, evidence is however pointing to the importance of other factors. Some scholars argue 

relative importance is less important. For example, Cialdini (2007) and his Persuasion Factors, 

as well as Ariely and Norton (2009) and their Conceptual Consumption Theory will argue the 

importance of understanding the psychological mindset of the consumers, and how they 

perceive and relate to the product, and not just the product’s functional superiority. For example, 

Ariely and Norton (2009) might focus on the overall Kickstarter experience and how that relates 

to campaign success: the entire process of logging onto Kickstarter and being a part of that 

community, all the way through pledging and ultimately receiving confirmation of pledging on the 

site. Similarly to Cialdini, they would look at the psychological factors associated with 

innovation: as they fit into consumer expectations, goals, fluency, and overall regulatory fit.  

 

H2.2: Subjective perception of compatibility correlates positively with Kickstarter 
campaign success.  
 

Compatibility is by rated as the second most important factor by Rogers, and the first by 

resistance scholars e.g Kleijnen & Wetzels, 2009. Interestingly, we did not find a significant 

correlation between compatibility and campaign success. As already mentioned above, this 

could be due to confusion in concepts. Sahin states: “in some diffusion research, relative 

advantage and compatibility were viewed as similar, although they are conceptually different” 

(Sahin, 2009, p. 18). This leads us to believe that it is very plausible that some participants may 

not have been able to discern a difference between the two questions.  
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As already discussed for H2.1, this too may imply that more emphasis needs to be placed not 

only on the product itself, but also the psychological factors that influence consumers to adopt 

the products. “Norms, beliefs, and culture needs to be taken into account as this will greatly 

affect individual behaviors leading to adoption or resistance from consumers” (Rogers, 2003). In 

line with Cialdini’s Persuasion factors, compatibility relates to consistency; one needs to both be 

consistent with their identity, as well as, appearing to be consistent with said identity. Therefore, 

participants may answer in a ‘socially correct’ way to certain questions. For example, two of the 

chosen stimuli promoted selfies, which may be perceived as narcissistic, and goes against the 

Danish concept of “Jantelov”, meaning not to think too highly of oneself. Therefore, the use of 

Danish participants, or those well-integrated in Danish society, may have been particularly 

susceptible to adhering to social expectations.  

 

Moreover, this hypothesis relates to conceptual consumption (Ariely and Norton, 2009), as it is 

not just the utility of the product that must be compatible with one’s life but the overall 

experience of obtaining and owning the product. Kickstarter is not a typical ecommerce site, but 

rather, is based on a creative community, thereby attracting niche consumers with specific 

needs and values. If thinking about compatibility in a broader sense, then the concept of 

Kickstarter must also be compatible with consumers’ lives. It must contain a regulatory fit, where 

their motivations for browsing the site or better yet, purchasing, should relate to the beliefs, 

values, and norms. Perhaps for our set of participants, the concept did not fit.  

 

Although the hypothesis was not significant, we still argue creators should evaluate compatibility 

and regulatory fit. Creators must consider market orientation, as a superior product alone will 

not be adopted if it does not align with a community’s beliefs and norms. However, measuring 

the degrees of these concepts is difficult using self-reports, which aligns with Kleijnen et al., 

(2009), who argues for further splitting up compatibility into multiple factors, such as tradition 

compatibility, and existing usage pattern strategies. 
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H2.3: Subjective perception of observability correlates positively with Kickstarter 
campaign success.  
 

To gather data for observability, we asked the question: “Seeing others use this product would 

make it easy for me to understand how to use it”. When looking across each campaign, we can 

see the answers of the participants tend to fall into a bell curve, often centering around the 

response: Neither agree nor disagree, or skewed toward agreeing. This could be an issue of 

wording - many of the Kickstarter product campaigns we showed were rather straightforward, 

perhaps our participants felt that they did not need to see others using it since they already 

knew how to use the product. Or perhaps our participants belong to the niche innovators and 

early adopters categories, as mentioned in Adopter Categories, therefore adopting the newest 

technologies and adhering to a certain self perception, regardless of the functionality of that 

product.  Linking to aforementioned discussion, the term also could have been too similarly 

understood as relative advantage or compatibility.  

 

In terms of theory, we believe that observability weighs more substantially in diffusion, 

especially if seen through Cialdini’s (2007) lens of social proof, than expressed by our 

participants. Cialdini explains social proof as “a tendency to see an action as more appropriate 

when others are doing it” (2007, p. 88). It is a human mental shortcut that helps to determine 

appropriate behavior. “Social proof and herding are social default tactics applied in situations 

where ambiguous settings are complemented by observable behavior of other actors in the 

same situation” (Beier and Wagner, 2015, p. 5). Furthermore, creators can illustrate people 

using the product in a way which depicts happiness and simplicity. This not only shows 

instructions of how to use the product but also conveys that people like the product and that 

they like using it, thus biasing the viewers.  

 

Another way observability could increase one’s willingness to purchase is proposed by Romul 

and Vilar (2016). They find that by having many different people from various backgrounds and 

settings use the product in the video increases the likelihood that people will relate to the video, 

by empathizing with the characters who are seemingly like them. This can also be partly 

explained by mirror neurons, whereby people feel a connection to others using the product, and 

therefore, better come to understand the functionality and benefits of the product itself 

(Iacaboni, 2009).  
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Because the purpose of this study was to examine factors prior to launch, we wanted to 

eliminate social factors and any information that would be retrospectively influential or made 

public after the launch. We eliminated several sources of social proof, e.g. by manipulating the 

campaign website, setting the amount of money pledged and the number of backers to zero for 

each campaign. Through literature and in our discussion with Jon Leland from Kickstarter, we 

learned that when people see a campaign doing well, the bandwagon effect emerges, and they 

too want to be a part of the success and thus pledge to that campaign. This is vividly seen in 

campaigns that are overly funded and can thus be a topic of future research.  

 

H2.4: Subjective perception of complexity (reverse coded) correlates positively with 
Kickstarter campaign success  
 
Research on innovation highlights that complexity of products serves as an impediment to 

adoption (Rogers, 2003), as it requires more cognitive strain, thereby contributing to innovation 

opposition and resistance (Ram, 1989). This cognitive strain can be due to information overload, 

which then causes negative perceptions of the innovation, or low cognitive load, associated with 

boredness (Kalyuga, 2011). It is therefore that we hypothesized that increased complexity 

correlates negatively with Kickstarter campaign success - and ultimately found a significant 

correlation between the variables.  

 

Given the lack of cognitive overload found in participants, as mentioned in the discussion of H1, 

this may indicate that participants may have abandoned the task of attempting to understand a 

specific Kickstarter Project following a short duration of cognitive overload.  

 

When asked explicitly about the complexity of the campaigns in a survey, we reverse coded the 

answers of our participants and found a positive correlation with Kickstarter campaign success, 

indicating creators may benefit from simplifying their campaigns, making sure they have a core 

message and present their products in a concise way.  

 

H2.5: Subjective perception of trialability correlates positively with Kickstarter campaign 
success.  
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To test trialability, we asked our participants if being able to try the product first would influence 

their decision to pledge money. Although most participants would agree, our results were not 

significant. As part of the Kickstarter experience is that products do not yet exist, a goal of 

campaigns is to downplay the need for trialing the products; the purchase includes trust in the 

creator and belief in the product itself. From a theoretical perspective, the insignificance of this 

data also makes sense, as people tend to be unable to verbalize and fully foresee and 

understand how an innovation will come to existence in real life (Füller and Matzler, 2007).  

 

Whereas we argue trialability relates to reducing uncertainty, participants may have interpreted 

the question to relate more to whether an innovation is “too good to be true”. Furthermore, the 

Kickstarter format in itself demotes trialability, in the sense that funders do not get to try 

products before they pledge funding. To compensate for this, Kickstarter promotes observability, 

by encouraging creators to show people having real-life interactions with their innovations in 

campaign videos.  

 

H2.6 Subjective perception of product innovativeness correlates negatively with 
Kickstarter campaign success. 
The more radical the product, the higher the uncertainty, and thus, the more likely that an 

innovation will be met with resistance (Gourville, 2006). No evidence was found in support of 

this hypothesis. This could be for a number of reasons. Participants may judge “product 

innovativeness” differently, and therefore construct validity is low. Alternatively, they may 

support innovations or campaigns they perceive to be innovative, because they falsely 

associate innovation with improvements. As seen in Figure 12, perception of product 

innovativeness is highly collinear with willingness to pledge, which further indicates a 

pro-innovation bias. This may counteract any resistance they felt due to more radical 

innovations causing high uncertainty. Further research is needed to explore this dimension of 

innovation success, given the insufficient construct validity of product innovativeness.  

 

H2.7 Subjective purchase intention correlates positively with Kickstarter campaign 
success. 
For this final sub-hypothesis, our aim is to find out if simply asking people if they would 

purchase the product, can predict campaign success. Given the significant correlation, we can 

assume that our participants are a good representation of the overall population, and that 
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subjective liking can be used as a predictor of choice, as theorized by Knutson et al. (2007). 

This contradicts earlier claims by Ramsøy (2014), which states that likings are 

post-rationalizations of choices, which in turn have been based on wanting. This may signify a 

need for further research into definitions of liking and wanting, or whether self-reports are able 

to measure and predict wanting. For campaign creators, this provides evidence that getting 

feedback for your campaign can contribute to better understand their chances of success, when 

launching their Kickstarter campaign.  

 

Overall, H2 tests the usage of surveys to predict consumer behavior. It is found that consumers 

are irrational, unreliable, and have a tough time explaining their mental processes (Nisbett and 

Wilson, 1977) while using traditional self-report measures. This can be explained through 

selective attention and energy-conservation by using System 1 thinking (Kahneman, 2011), and 

the inability to verbalize non-declarative memories (Ramsøy, 2014). Consumers are more 

unable to express their future needs (Füller and Matzler, 2007). Therefore, when it comes to 

hypothetical situations such as thinking about products to be invented, self-reports efficiency is 

limited according to theory. However, when asked about tangible products and prototypes such 

as on Kickstarter, we find that consumers may understand their functionalities well, thereby 

giving merits to self-reports and conveying their opinions and feelings explicitly.  

H3: Self-reported innate innovativeness factored with product 

innovativeness results in stronger motivation responses  

The goal of this set of hypotheses is to understand the relationship between how innovative 

consumers reported themselves to be, how innovative they believed the Kickstarter campaigns 

(products) to be, and how this affected their purchase intention. Purchase intention was 

captured in two ways, by differentiating the traditional and neuroscientific methods, as stated in 

the research question of this thesis. We measured conscious purchase intention with 

self-reported surveys, asking participants to rate the statement: I would pledge money to this 

project, on a 7 point Likert scale. Thereby, we measured their liking for the campaign (Ramsøy, 

2014). We measured participants unconscious motivation, determining their wanting levels 

using EEG and their fixations on the Pledge Button (which was correlated with wanting in H2). 

The following chart summarizes our results, providing some deeper insights into our 

106/152 



participants, and thereby consumers, as well as serving as a further argument for the power of 

combining self-reports with neuroscientific measures.  

 

Hypothesis  Significance  Status  

H3.1  P = 0,22  Reject  

H3.2 P = 0,0074 Support  

H3.3 P = 0,52 Reject  

Figure 14: H3 sub-hypotheses. Significant at p < 0,1. Significant at p < 0,01 

 

We partially support H3:Self-reported innate innovativeness factored with product 

innovativeness results in stronger motivation responses, due to the significant relationship 

among consumer innate innovativeness, perceived product innovativeness, and conscious 

purchase intention. 

 

Innate innovativeness can be defined as a personality trait that reflects an innate tendency to 

seek out new information, stimuli, or experience (Hirschman, 1980). It contains a cognitive and 

sensory component where consumer propensities for engaging in thought and the degree to 

which they seek or avoid arousal based on change may affect their innovativeness 

(Venkatraman and Price, 1990). We expected to find that participants who reported themselves 

as more innovative would also be less resistant to change. As resistance is tied to cognitive 

rigidity and status quo bias, we believed that the more innovative our participants were, the less 

likely they would be to exhibit such characteristics, and therefore, we would find a negative 

relationship between these two variables. However, we did not find any significant results.  

 

Perhaps we should therefore vary the definition of innate innovativeness to entail a more 

behavioral aspect, one that is more context specific. Bartels & Reinders (2011) created a 

systematic literature review to explore the relationship between innate innovativeness, domain 

specific innovativeness, and innovative behavior, finding overlap in these three definitions. In 

our definition of innate innovativeness, we defined it as an inherent characteristic, but given this 

finding, perhaps we should consider broadening the innovative term, considering it a trait based 

on context, or certain domain.  
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Nonetheless, this finding could be for a variety of reasons, for example a sub-optimal survey 

set-up. We adopted a survey from Oreg (2003) originally suggesting the use of a questionnaire 

assessing the scale of resistance to change. However, his survey contains 16 questions which 

we merged and consolidated into eight questions (two for each of the topics he covers). These 

were then rewritten to fit our study setup. This helped to obfuscate the research purpose. This 

however, may also have diluted the original effects found using Oreg’s questionnaire. The 

wording of our questions could have confused the readers or been ambiguous, and therefore, 

we potentially did not capture the nature of innovativeness of each participant. Similarly, our 

post-survey which asked participants to address their level of innovativeness could have also 

been misunderstood or failed to capture the truth. Given Rogers’ (2003) adoption categories, it 

is also likely we had selected participants that were leaning more towards innovators than 

laggards. As a potential result, the innovativeness to change scale could not capture precise 

enough data to distinguish between high-innovation subgroups. 

 

The rejection of H2.2 can be explained in several ways, as mentioned above: biases, 

unreliability of consumer to explicitly state their inner emotions, or imperfect experimental 

design. Furthermore, two additional reasons could have skewed the results to be insignificant 

for this hypothesis. Going back to the Bartels & Reinders (2011) study, perhaps participants 

were not particularly involved in the subject matter of the innovation in the campaign, whether 

that be technology or perhaps even more specific, e.g owning plants would make you more 

likely to favor PlantSitter, and so perhaps their innate innovativeness would not weigh enough to 

title them as “innovative” in that particular domain. In addition to this, Bartels and Reinders work 

points to the fact that emotions have a moderating effect on the relationship between innate 

innovativeness and behavior. Therefore, perhaps the emotional state of certain participants 

could have affected their innovation scores.  

 

Another explanation entails what many scholars would argue, including for example Rogers 

(2003): the more radical the innovation, the more likely the consumer will reject it. Perhaps 

some of the campaigns contained items that were too radical, too complex, or too inconsistent 

with societal norms or beliefs, and therefore rejected. Despite participants rating themselves as 

innovative, perhaps they were not at a certain threshold to accept such radicalness.  
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An interesting finding lies in that H3.3 was significant, but H3.2 was not. One explanation for this 

lies in that the results for innate innovativeness, product innovativeness, and subjective 

purchase intention are all liking responses (Ramsøy, 2014), whereas motivation is a wanting 

response. Therefore, it can be argued that for H3, liking responses can predict liking, but not 

wanting. However, there is likelihood that the support of H3.3 is due to the availability heuristic 

(Kahneman, 2011) and pro-innovation bias (Rogers, 2003). According to the multivariate 

analysis in Figure 12, there is a high correlation between perceived product innovativeness and 

willingness to pledge; participants may interpret this to mean “change for the better”. An 

alternative explanation ties in with Cialdini’s (2007) commitment and consistency principle; 

people signed up for an experiment related to crowdfunding, and may therefore unconsciously 

and consciously aim to behave in a way which is aligned with highly innovative behavior. 

Furthermore, people may use their memories regarding how many campaigns they supported to 

estimate how innovative they are; and if they perceived these campaigns to be highly 

innovative, they may use that knowledge to decide their own perceived innate innovativeness.  

 

Another reasoning for this finding (H3.3 was significant but H3.2 was not), could be explained by 

Alexander et al (2008), who find that consumers follow through less often on positive purchase 

intentions to buy radically new products. He argues, that although consumers may consciously 

claim they like a product and are willing to buy it, unconsciously they are motivated not to buy it, 

especially as the products evaluated become more radical. Whether or not our participants 

would follow through on the purchase is unknown, but it can be proposed that their 

self-predicted behavior will do is not always supported by their actual exhibited behavior (Füller 

and Matzler, 2007).   

 

Initially we thought we would find significance in both H3.2 and H3.3, as they test the same 

thing with the exception that one does so consciously (H3.2) and one unconsciously (H3.3). We 

only found conscious motivation, or self-reported willingness to pay, to be correlated with innate 

innovativeness and product innovativeness.  
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H4: Conscious subjective campaign factors and motivation while 

viewing the Pledge Button correlates with Kickstarter campaign 

success. 

In terms of theory, there is overlap in terms of influencers and persuasion, i.e. among Cialdini, 

Rogers, and Ariely and Norton. Part of this is due to the mixing of wanting and liking, which 

further complicates these terms, given the paradigm of service-dominant logic. From this, 

backers must not only consider their product, but also which crowdfunding platform it is released 

on, and how they present their ideas in a way which is compatible to their desired market 

segments’ values, as well as determining which influencers have the largest impact on product 

success. As such, they must foresee potential pledgers wanting and liking.  

 

We test the combination of wanting and liking measures, and are able to explain 43% of 

variance in funding levels, by adding the motivation during viewing of the pledge button to the 

list of independent variables of H2. 43% nearly represents a doubling of the explanatory power 

of either self-reports or neural indicators. This aligns with Feiereisen et al. (2008), who 

suggested that combining methods provides for stronger understandings of consumer behavior, 

and with Cohen and Manion (2000), who promote methodological triangulation. Furthermore, 

this supports the proposed modified version of the Plassman et al. (2012) framework. By 

knowing the predicted value of a Kickstarter product, as well as the experienced value of the 

surrounding services, such as the Kickstarter campaign, we know more on the remembered 

value, which can increase predictability of consumer decision making. 

 

Although 43% is less than the chance of a random coin toss predicting success, this finding 

shows value of this experiment, and the potential for predicting innovation success. The overall 

conclusions are discussed in the next section, followed by further research that could potentially 

increase these figures even more. 
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Conclusion 
In this thesis, we wanted to answer the question: How well can a small sample of 
unconscious and conscious consumer responses towards Kickstarter campaigns predict 
population-wide success of Kickstarter campaigns? 

 

Being the first of its kind, this thesis utilized the combination of EEG and eye tracking, as well as 

surveys, in order to predict the success of Kickstarter campaigns. Furthermore, stimuli were 

manipulated, making all campaigns appear as if they had just been launched, eliminating any 

post launch information or social bias, as we wanted to explore the pre-launch phase. We find 

that both unconscious and conscious consumer responses can explain a significant part of 

success of Kickstarter campaigns, together explaining more than 43% of variance in percentage 

of funding pledged. Alone, they explain almost half the variance: conscious self-reports account 

for around 25% variance and unconscious measures (EEG and eyetracking) account for 28%. 

However, both approaches present obstacles.  

 

By using the EEG and isolating brain readings based on where people looked at on the 

computer screen during the experiment, we found that the main “buy” button triggers a brain 

response in our sample, which correlates with actual population responses. This section is built 

on the concept of motivation, i.e. the approach-avoidance behavior, as measured through 

frontal asymmetry in the alpha band. We found that people unconsciously felt a higher 

“approach” behavior towards this button on campaigns that were successful. We were thus able 

to replicate findings from similar EEG studies, finding the brain-as-a-predictor method (Berkman 

and Falk, 2013) useful to predicting population responses, given a small sample of people. 

 

Utilizing Rogers’ (2003) framework to understand diffusion is difficult before the product is 

launched, as founders may be limited by the curse of innovation (Gourville, 2005). Judging 

innovations from potential customers self-reports however, may also be problematic as they do 

not accurately understand the terms used in the framework. This is linked to another theoretical 

issue, namely that the framework does not take the inherent irrationality of consumers and 

unconscious mindset into account. However, for conscious consumer responses, we find that 

higher relative advantage of the innovation over the next best alternative, lower complexity, and 
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a higher stated willingness to pledge all correlate with more successful campaigns. As such, this 

framework does provide significant value to funders, in preparing for campaign launches.  

 

Both factors here carry explanatory power for Kickstarter campaign success, although more 

research is needed in this area. In spite of only using ten campaigns and 29 participants, and a 

suboptimal research design, we reach an explanatory power similar to other prediction articles 

of cultural phenomenon (Berns and Moore (2012) predicted future sales of music: R² = 0,10, 

and Dmochowski et al. (2014) predicted tv viewership: R² = 0,36). An increased number of 

Kickstarter campaigns in the sample, an altered setup, and a representative population could all 

increase explanatory power of the models created. 

 

In our third hypothesis, we explored perceived innovativeness of one-self, and perceived 

innovativeness of innovations, to explore how these variables affect unconscious and conscious 

wanting of those innovations. We found that higher perception of both types of innovativeness 

can partly predict conscious wanting, but cannot predict unconscious wanting. However, given 

that a number of biases could have been introduced, validity of this finding is low.  

 

Finally, we combined measures, building on theory proposed by  Feiereisen et al. (2008), who 

suggests that doing so increasing explanatory power. By merging subjective campaign factors, 

i.e Rogers’ five factors, as well as willingness to pledge, etc. (our x variable from H2) with 

unconscious motivation while viewing the Pledge Button (found significant in H1), and testing 

this against actual Kickstarter campaign success, we utilized self reports, EEG, and eye tracking 

to find a significant result.  

 

Although the experimental design was tightly defined, we do propose further research could 

adopt findings to other innovation contexts: predicting market response for new innovation 

testing will benefit from combining self-reports and neural data as triggered by a highly visible 

call to action button, even without people to interact with said button. 

 

In terms of Kickstarter and online campaign development, understanding bottom-up factors may 

be particularly useful for marketers, as they have to engage internet consumers who spend very 

little time on any given page. This cannot be found using traditional methodology such as 

surveys. For industry recommendations, the various methods tested in this thesis all carry 
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advantages and disadvantages, depending on one’s goal. We find that neuroscience does add 

value, but that it requires high amount of expertise, a large amount of time to perform markings, 

and a good understanding on statistics. Surveys are slightly faster to do, but require people to 

ask the right questions. Simply asking people “why would/wouldn’t you pledge money” does 

however give concrete insights into understanding consumers, especially if they have an 

understanding of affecting consumer behavior or how innovations diffuse, e.g. through following 

Ariely and Norton (2009), Cialdini’s (2007), or Rogers' (2003) frameworks. Given the limited 

budget of founders, the latter method may be the most accessible for them.  

 

Overall, this thesis has provided academic value by enhancing the link between new product 

development and neuroscience, and by contributing to the knowledge pool of research on 

innovation, business development, and entrepreneurship in the field of crowdfunding. 

Further Research 

Altered research design:  
Further research can consider an altered research design, for example comparing different 

modes of looking at campaigns or altering the instructions. For example, an experiment could 

instruct participants freely browse on Kickstarter.com, and explore how motivation varies across 

thumbnails of the various campaigns in search results, or investigate how long time is spent on 

each campaign and the motivation levels associated with this time spent. Another possibility 

would be to repeat this experiment without prompting participants to make a decision, as in 

some cases, this can increase predictability (Berkman and Falk, 2013). 

 

Testing of other neurometrics: 
Not only is motivation measurable with EEG, but in 2004, Berka et al. found that EEG’s and its 

software was sensitive enough to measure fluctuations in neural activity associated with 

cognitive workload. Berka et al. (2007) similarly found that “EEG can provide an unobtrusive 

method for monitoring dynamic fluctuations in cognitive states including task engagement and 

mental workload” (p. 8). In their paper, they create a metric, EEG-workload index, which 

increases with “working memory load and during problem-solving, integration of information, 

analytical reasoning...”. (Ibid. p. 8). As such, cognitive load is also measurable through EEG. 

Given that 1) cognitive load and motivation is bi-directionally correlated, 2) cognitive overload 
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can inhibit learning, and 3) low cognitive load could signify irrelevance of objects, understanding 

this metric could prove to have many insights. 

 

Another Kickstarter thesis aimed to discover the correlation between video elements and 

success and found that showing the products in the video was a clear indicator of success. 

Further analysis of this data set could mark products as AOI, and look into whether any of the 

metrics for product-on-screen AOI correlate with product success. Understanding mirror 

neurons activity could be one avenue of correlating how well people understand others actions 

with the products. Tightly linked to Rogers’ observability construct, i.e. whether or not the 

product makes sense in a cognitive way, it would be interesting to see whether (not) 

empathizing with the person holding the product, or mirror neurons activity when looking at the 

product, would correlate with product success. 

 

In addition to measuring frontal asymmetry, a number of other methods exist to predict success 

of various media. Dmochowski et al. (2014) finds that homogeneity of neural activity across 

one’s test sample correlates positively with Nielsen ratings and tweets, which could be 

interpreted to mean the audience (on average) finds the core message favourable. Similarly, 

using the authors’ expertise in scripting and more time resources available, a similar test would 

have been tremendously interesting.  

 

Manipulating variables on Kickstarter:  
Further research could investigate the interesting bandwagoning effect of Kickstarter in a 

four-cell study, where the manipulated variable is percentage funded, and time remaining is kept 

constant: <20% funded, between 80-100% funded, between 101-120% funded, and >120% 

funded. In this type of experiment, ANOVA and T-test to analyze whether these groups yield 

different motivational -, cognitive load -, arousal -, or mirror neurons levels across participants.  

 

Demographical variables: 
During pretests, we saw that people who were not well versed with Kickstarter would spend a 

longer time familiarizing themselves with the setup of the platform during the first campaign. 

Thus, results from this campaign would not only explain cognition and emotion towards that 

campaign, but towards the Kickstarter format as well. As such, further research could look 

further into differences in attention between repeat backers, single backers, and non-backers.  
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A discussion regarding representativeness of the sample population is relevant: Whereas we 

tested participants that fit within the segment of potential Kickstarter backers, it could be more 

relevant to see if these people respond in a similar manner as a general population segment. 

Given that most Kickstarter backers are male, further research could also explore gender 

differences, in terms of search paths, attention, motivation and differences in memory towards 

different types of stimuli and campaigns. 
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Appendix 

1: Pre-Survey 
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2: Post-Survey 
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Page 2 through 11 is identical, except each page refers to each Kickstarter campaign stimuli. 

125/152 



 

 

 

  

126/152 



3: Literature Review Appendix  

Diffusion Theory, Rogers, 2003:  
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Bertels and Reinders (2011): 

 

 

Oreg (2003): 
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4: Stimuli 

4.1 Order of presentation 

Stimuli 
Thankband (test stimuli) 
Smartplug 
Nurugo (UV cam) 
Showertempest 
Luminaid 
Mini-mole 
Vyu360 

Group 1 
1 
2 
3 
4 
5 
6 
7 

Group 2 
1 
5 
6 
7 
8 
9 
10 

Group 3 
1 
7 
8 
9 
10 
11 
2 

Group 4 
1 
9 
10 
11 
2 
3 
4 
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Meld 
nFinity 
Plantsitter 
selfly 

8 
9 
10 
11 

11 
2 
3 
4 

3 
4 
5 
6 

5 
6 
7 
8 

 

4.2 Campaign description 

The following gives an overview of the 10 chosen campaigns.  

 

3P Smart Plug: A smarter plug with voice control. This item allows one to control lights and 

electric appliances using voice commands or a smartphone from anywhere in the world. 

Running for 33 days, this campaign had 6 different proposed pledges, a couple of videos, and 

many visuals. Despite being marketed towards everyone, majority of our participants would not 

pledge money for this item. They do not see it as a useful item nor one that suits their needs. 

Although the campaign was rather straightforward and easy to understand, the video was of low 

quality and decreased the willingness of participants to want to pledge. Out of the $200,000 

funding goal, the campaign only collected $485 from 5 backers. Thus, we considered it as one 

of the extremely underfunded campaigns in this study.  

 

Nurugo, The Smart UV: The Smart UV is a connectable UV camera for smartphones that 

captures UV light and displays it on your phone screen via the SMARTUV app. Its main purpose 

is to track sun damage and visualize sunblock application, in order to promote healthy 

tendencies toward sun exposure. The campaign page includes multiple videos, many visuals, 

mentions in media and awards won, a detailed timeline, information on how to get in touch with 

the creators, and six funding options. In the course of two months, it picked up 761 backers, 

earning $85,044 out of its announced $80,000 goal. Thus, we grouped it in the “just funded” 

category. While most of our participants would agree that this product is better than most 

alternatives and that it an innovative product, most would not pledge money to the campaign. 

The main reason cited being that they do not see a personal use for it.  

 

Showertempest: Shower Temperature Measurement Device. This device snaps onto the shower 

rod to measure the temperature of the water. The campaign page includes a video, a couple of 

pictures and 15 different funding options. There is also a short explanation about the creator. 
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The campaign ran for 40 days, attracted 8 backers and received $431 out of the $45,000 goal. 

Although personally we do not consider this product to be an innovation, we recognize that this 

might be considered new and useful, and thus innovative, to certain people. When we asked our 

participants, most would agree that this product does not align with their preferred ways of doing 

things, they do not feel the need to try the product, they do not think it is a radical innovation, 

and all participants would not pledge money for this product. In their comments, many claimed 

that they did not see the value of the product and found it very unnecessary.  

 

LuminAID Solar Inflatable Lantern and Phone Charger: This product was built from a larger 

campaign idea to bring light and energy sources to impoverished areas and situations where it 

is most vital. The page itself includes many videos, pictures, infographics, various explanations 

of use, mentions and descriptions of all the NGOs they’ve worked with, the story of the creators, 

the product and team’s media mentions, timelines, different customization options, associated 

risks, and 19 options for pledging. Within 26 days, the campaign collected $279,743 out of the 

$15,000 goal. We therefore categorized this product into our “extremely overfunded” box. We 

consider this an incremental innovation as it combines two existing technologies, reframing their 

use, and adding a social cause to their marketing. Although they had attracted quite some 

medeia attention, we accepted this, as more successful campaigns naturally capture more 

media attention. 

 

Mini-Mole Automatic Floor Cleaner: The Mini-Mole cleans dust, fur and debris that accumulates 

under hard to reach areas. The campaign includes a video, multiple visuals, a timeline, listed 

benefits, description of the prototype and its components, and 11 options for pledges. The 

campaign ran for 30 days and attained $10,016 out of its $25,000 goal. We grouped this as an 

incremental innovation that was “extremely not funded”. Most of our participants did not agree 

that this product is better than its alternatives, nor that it aligns with their preferred way of doing 

things. Many were unsure how it worked, despite seeing the video, did not think it was a radical 

innovation, and would not pledge to this campaign. Many negatively commented on the video 

and did not see how this product was much different from other robotic vacuum cleaners.  

 

Vyu360, Immersive 360 Degree Media for Everyone: The Vyu360 is a mobile accessory and 

app that enables a smartphone to capture and share 360 degree media moments. The 

campaign page includes a video, multiple visuals including infographics on how the product 
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works, the types of rewards, 13 types of pledges, and the timeline. In 45 days, the campaign 

collected $26,035 out of its $30,000 goal. Our participants mostly agreed or were ambivalent 

that this product is better than alternatives, skewed more towards disagreement that it aligns 

with their way of doing things, would like to see another use the product to understand it 

(observability), would like to try the product first (trialability), believe it’s somewhat radically 

innovative, but yet, most would not pledge money to this product. In the comments, most 

expressed that it was a cool gadget and seemed fun, but that they do not need it. Perhaps some 

might want it, but saying yes to something that can be tied to be related to selfies could be 

considered narcissistic. 

 

Meld: A Perfect Meal Every Time: Meld upgrades existing cookware and the stove with 

automatic temperature control. The campaign page includes a description, multiple videos and 

visuals displaying the product in use, incorporates social media, explains rewards, describes the 

important safety factors in its design, illustrates the different components and uses a video to 

describe how different stoves work, offers a timeline and detailed description of the teammates. 

With 5 pledging options, the campaign ran for 31 days and received $209,688 out of its $50,000 

goal. Our participants mainly agree that this product is better than alternatives, although they do 

not think it really aligns with their preferred way of doing things. They agree that it is simple to 

understand and would not have much trouble explaining it to others, but would like to see others 

using it first or try it themselves. More participants would agree that it is a radical innovation, 

than not, and yet most said they would not pledge money to this campaign. Most of the reasons 

for not pledging centered around not aligning with participants’ current ways of cooking and 

offering an unnatural alternative.  

 

The nFinity Project: nFinity creates ceramic tiles of your pictures in order to preserve them 

forever. The campaign includes a short description with some F&Qs, a video, and 10 funding 

options. Over the 60 day course, the campaign received $25 of its $25,000 goal. We 

categorized this as “extremely underfunded” and “incremental”. Our participants did not feel this 

product was a good alternative, nor that it aligns with their ways of doing things. They do not 

feel the need to see or try this product, as they would not pledge money for this campaign. 

Some did not understand the product, nor agreed with the purpose, and many thought it was an 

outdated idea with better alternatives existing now. Furthermore, most commented on the low 

quality and irrelevancy of the video.  
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Plantsitter - The World’s Smartest Plant Monitoring System: The Plantsitter is a portable device 

that attaches to one’s plants to measure soil moisture, soil nutrition, temperature, and sunlight. It 

connects to an app to give you regularly live updates and allows you to join an online 

community. The campaign includes multiple visuals and videos, long descriptions and 

infographics of how the product works, its benefits, and capabilities. It also explains its data use 

and creates a game for children. Lastly, the page includes stretch goals, rewards, and 

information on the team members. With 12 pledging options and 40 days, the campaign 

amassed $43,235 out of its $60,000 goal. Our participants were in agreement that this product 

is better than alternatives, aligns with their preferred ways of doing things, is simple to 

understand but would like to see others using it to make it more clear. Most believe it is a radical 

innovation and majority would pledge money to this campaign. Many participants expressed that 

it fits their needs as they tend to kill their plants by forgetting to water them or doing so 

incorrectly. Furthermore, they believe the video was informative and the price fair.  

 

SelFLY: The smart, flying, phone case camera. SelFLY is a thin, autonomous flying phone case 

camera that incorporates a drone component. The campaign includes a video, lists the awards 

it's won, visualizes and mentions the benefits of the product, explains how it works, the rewards, 

and stretch goals. Furthermore, it includes videos on the development process, outlines a 

timeline, and introduces the team members, and offers 15 types of pledges. In 45 days, the 

team collected $1,048,252 out of the $125,000 goal. Participants would agree that it is a better 

alternative, but it perhaps does not align with their way of doing things. Most believe it is a 

simple product but would like to see others using it to better understand it, and would like to try it 

before buying. The participants are split on whether they agree that this is a radical innovation 

and although some would pledge money for it, the majority would not. In their comments, many 

said that it looked like a fun gadget but that they do not take selfies and thus see no use for it in 

their personal life.  

4.3 Campaign stimuli creation guide 

After selecting 10 campaigns, each of the campaign websites were downloaded as .png images 

(using https://chrome.google.com/webstore/detail/full-page-screen-capture/). 
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Campaigns can change throughout funding period, so we made the assumption that when 

screenshotted, the campaign looks like when it was just launched. Some elements of 

campaigns were removed using digital photo editing tools, e.g. amount pledged, # of backers, 

rewards claimed, milestone information (in description) etc. This was then saved in the format 

[campaign name].png. 

 

A folder was created at C:/www.Kickstarter.com/projects/[campaign name], containing the 

aforementioned [project name].png and a .html file with the following simple code:  

<HTML> 

<HEAD>  

<TITLE></TITLE>  

</HEAD> 

<BODY>  

<IMG SRC = "[project name].png">  

</BODY> 

</HTML> 

 

Tobii Studio then was setup to open this web page element which shows the aforementioned 

.png in a full-size window. We instructed participants that links did not work on the website.  

Main campaign videos were all downloaded (using 

https://chrome.google.com/webstore/detail/video-downloadhelper), and recoded to .wmv format 

in 1366 x 768 resolution to fit the conputer screen.  

4.4 Stimuli manipulation sample 

Given the day-to-day change in funding received of active campaigns, and the different visual 

look of campaigns that are ongoing VS those that have ended, please see the picture below for 

an example of a sample campaign. Please see the following link for the current online 

appearance 

https://www.Kickstarter.com/projects/nurugo/nurugo-smartuv-the-smartest-uv-camera-for-your-p

ho 
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5: H1.1 Regression analysis 

 

136/152 



6: H1.2 Regression analysis 
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7: H1.2.1 Distribution tables and T-test 
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8: H1.3 Regression analysis 
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9: H1.4 Regression analysis 
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10: H1.5 Regression analysis 
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11: H2 Multiple regression analysis 
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12: H3.1 Regression analysis 
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13: H3.2 Regression analysis (factorial) 

 

 

  

148/152 



14: H3.3 Regression analysis (factorial) 
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15: H4 Multiple regression analysis 
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