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Abstract 

 

Recommendation systems are increasingly present in cultural industries providing digital services, 

helping consumers navigate the continuously growing amount of online content. Scientists have 

identified potential societal consequences of recommendation systems effect on consumers, however 

consumers’ perception of recommendation systems have yet to be included in the academic 

conversation. The purpose of this study is to fill this knowledge gap by including consumers’ 

perception of the influence of recommendation systems on their cultural consumption, using Netflix 

and its recommendation system to research the topic. 

To gain a general understanding of the target groups’ perception of Netflix, and its recommendation 

system, a pre-study questionnaire was conducted. The knowledge gathered from the pre-study made 

it possible to further specify the questions for the subsequent focus group interviews and provided 

insight into how to challenge the focus group interview participants’ perception of Netflix and its 

recommendation system.  

 

This study showed the target group had an ambivalent perception of Netflix and its recommendation 

system’s influence on their cultural consumption. The target group perceived themselves as 

autonomous consumers living in a black box society and still believing they were in charge of their 

consumption. The target group participants acknowledged that consumers can be influenced by 

Netflix and its recommendation system, but they were not capable of recognizing to what extent they 

themselves were influenced. This research could be the starting point for further research within the 

field.  
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1.Introduction 

 

1.1 Grand challenge 

 

The consumption of cultural goods such as movies, music, arts and games have changed dramatically 

in recent years. One of the cultural industries that have experienced a drastic change in how it is 

offered and consumed is the movie and series industry, which will be the focus of this paper.  

 

Cinema consumption was booming at the end of the nineteenth century, mainly due to a fall in 

working hours and a rise in disposable income (Bakker, 2007). Consumers suddenly had more money 

to spend on social hedonic experiences, such as going to the cinema. However,  in the 1980’s the 

social experience of watching a film was brought to the home of the consumers in the form of rental 

VHS tapes and later in 1997 with the debut of DVD’s  (Aveyard, 2016) (History, 2019). The cultural 

consumption of movies expanded from a public experience in the cinema to also being a private 

experience but still with togetherness as the essence of the consumption. In 2007 Netflix launched its 

streaming service, revolutionizing how movies are consumed today (Netflix, 2019a).  

Streaming has facilitated the move towards more individual movie consumption. Before, the 

experience of watching a movie was shared with everyone in the cinema, and when VHS and DVDs 

came, people would rent movies from the local movie rental store and watch the movie together with 

family members or peers. Now everyone has access to their own device and each family member can 

watch their own content of choice, all the way down to toddlers. In line with the change in 

consumption, the supply of content has significantly increased, from 631 releases of movies in 2008 

to 871 releases in 2018 produced in North America, the largest film market in the world (Watson, 

2019b)  

Netflix is the largest company offering streaming of movies and series, followed by Amazon Prime 

(Watson, 2019a). Common for both of these companies is that their service is facilitated through a 

recommendation system. Recommendation systems have been constructed to help navigate in the 

flood of content. However, it is not common knowledge how the recommendation systems actually 
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operate and what data lays behind the recommendations. Recommendation systems are black boxes 

with which consumers are constantly in contact, without knowing the consequences of using these 

systems. 

 

1.2 Clarification of concepts 

 

Recommendation systems consists of algorithms, when discussion the influence of algorithms 

throughout the paper, it is a feature of the recommendation system that is referred to.  

 

 

1.4 Pre-understanding  

 

According to the German philosopher Hans-Georg Gadamer, one’s pre-understanding is a 

prerequisite for understanding (Hans-Georg Gadamar in Leiviskä, 2016). By becoming aware of what 

pre-understanding one has before entering the field, it is possible to challenge that pre-understanding 

and thereby move one's perception (Ryan, 2014). 

Our pre-understanding of the recommendation system stems from an academic and personal interest. 

With our academic background in Management and Creative Business Processes, we have talked 

about the advent of streaming platforms in several courses and how they have changed the means of 

cultural consumption. A concern that has been brought up in this connection is how streaming 

platforms seem to value mainstream productions by recommending these titles over the narrower 

artistic productions. This limits the level of artistic freedom in future productions aiming at entering 

Netflix. At the same time, as we discussed the risk of future productions becoming more 

homogeneous, we became more aware of how we, as Netflix users, were influenced by 

recommendation systems, especially the recommendation system of Netflix. We realized that Netflix 

was often showing the same recommended titles every time we opened Netflix, which made us 

curious about whether other consumers paid as much attention to the recommendations and whether 

the recommendations shaped consumers' cultural consumption without the consumers being fully 

aware of the influence.  
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The personal perception of Netflix recommendation system combined with academic knowledge of 

how streaming services have changed cultural consumption has resulted in a great interest in learning 

how other Netflix users perceive the recommendation system of Netflix and to what degree they 

consider it to be influencing their cultural consumption. Before we initiated our pre-study, we had an 

expectation that Netflix users were annoyed with the recommendations they received but chose to 

keep their Netflix profile because of the lack of better alternatives. These expectations came from 

personal experiences as well as from conversations with friends sharing the same belief. Our pre-

understanding and personal interest in the field has created the foundation for researching this topic 

using an explorative approach (Creswell W., 2014, p. 61). 

 

 

1.5 Purpose 

 

The purpose of this thesis is to discover and challenge consumers' perception of Netflix and its 

recommendation systems. It aims at filling the gap in the literature about recommendation systems, 

by including the voice of the consumers in the academic conversation. By gaining insight into the 

consumers perception of recommendation systems it is possible to obtain a more holistic perspective 

on the potential societal consequences of recommendation systems, which will be presented in the 

academic conversation. We hypothesize that introducing the participants in the focus group 

interviews to new knowledge on the algorithms behind Netflix recommendation systems might enable 

them as consumers to act on a more knowledgeable foundation when using services with built-in 

recommendation systems. This may also contribute to more and better-founded consumer demands 

for increased transparency of the algorithms in recommendation systems used by companies. 
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1.6 Aim & research question 

 

To achieve the purpose, this research will conduct a questionnaire pre-study of the target group’s 

general understanding of Netflix and its recommendation system, followed by two in-depth focus 

group interviews. The knowledge gathered from the pre-study questionnaire will make it possible to 

further specify the questions for the focus group interviews and teach us how to challenge the focus 

group interview participants perception of Netflix and its recommendation system. This thesis, 

therefore seeks to answer the following research question: 

 

How do consumers perceive the potential influence of Netflix and the algorithms of its 

recommendation system to have on their cultural consumption? 

 

This research question examines consumers' cultural consumption as the dependent variable, 

dependent on the perceived influence of Netflix. The recommendation system acts as the independent 

variable. The central verb investigated is ‘perceive’, which makes the answer to the research question 

subjective, as it does not aim at discovering one truth. The answer will be constructed through 

opinions shared in the two focus group interviews. To answer the research question the following 

sub-questions will be used as a structure: 

 

Sub-questions 

• How are consumers’ relationship to Netflix and its recommendation system? 

• How do consumers critically reflect on gaining new knowledge of how Netflix 

recommendation system operates? 

• To what extent do consumers perceive Netflix recommendation system to have power over 

their cultural consumption? 

• How interested are consumers in uncovering the black box of Netflix recommendation 

system?     
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1.7 Delimitations 

 

Consumers are met by recommendation systems in numerous cultural industries. To narrow these 

cultural industries the focus of this study will be on the industry of subscription-based video on 

demand (SVOD), more specifically the SVOD service of Netflix and its recommendation system. 

This choice is based on the fact that Netflix is the SVOD service on the market with most subscribing 

users (Watson, 2019a). Netflix lists both its own produced titles as well as titles it has licensed from 

other production companies on its platform. In this context, production companies can be interpreted 

as consumers of Netflix. However, the focus of this study will be on the consumption of watching 

movies and series on Netflix and thereby on the subscribing users of Netflix. The studied Netflix 

subscribers are further delimited to students of Copenhagen Business School (CBS).  

The Netflix recommendation system consists of more than 100 algorithms and only a few are 

accessible for the public. This paper will focus on the algorithms of Netflix’s recommendation system 

that are accessible to the public and most likely is considered to influence the Netflix user experience. 

This is not a paper focusing on the technical aspects of recommendation systems and it will therefore 

only briefly explain how recommendation systems works in the recommendation systems paragraph 

in the background chapter.  

 

1.8 Outline of the paper 

 

This paper is structured in the following way. Following this introduction, the academic conversation 

on the field will be introduced in the form of a literature review covering the identified societal 

consequences of recommendation systems. After the academic conversation, a background chapter 

about the cultural industries, Netflix and recommendation systems will be explained to understand 

the importance of the researched field.  Following the background chapter, the theoretical framework 

consistent of Actor-Network-theory, Critical consciousness theory, Power theory and uncovering the 

black box of recommendation systems will be introduced. After the theory, the method used in the 

research will be presented, first how the quantitative pre-study was conducted and afterwards the 

process of making the qualitative focus group interviews. The findings and analysis are in the next 
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chapter, the pre-study findings and analysis hereof will again be presented, followed by a presentation 

of the findings and analysis of the focus group interviews. After this, the findings and analysis of the 

focus group interviews will be discussed in relation to the previously presented literature review. 

Finally, the conclusion answering the research question will be presented.    

 

 

2. Academic Conversation 

 

 

In the following chapter, the structure and objectives of the academic conversation will be presented. 

The academic conversation is divided into four different parts. As the academic conversation is on 

the societal level, each part represents one of the identified ways recommendation systems affect 

consumers on a societal level.  

The aim of the academic conversation was to, besides becoming acquainted with existing literature, 

find a theory that could be used as a foundation for the analysis. However, a fundamental theory was 

not found and instead the existing literature gave insights into terminology and concepts related to 

recommendation systems as well as the potential negative societal consequences generated by 

recommendation systems. The terminology and concepts related to societal consequences proved to 

be useful as the foundation for the conducted pre-study as well as for the discussion. 

When searching for literature on recommendation systems, the majority of the identified articles 

addresses the need for technical improvements of recommendation systems and introduces potential 

new features. Only a handful of studies addresses how recommendation systems affect societies and 

overall consumption of cultural goods and none addresses the perception of the consumers.  
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2.1 Literature review 

 

In the following, a literature review on the societal consequences of recommendation systems will be 

presented, as well as how our research contributes to filling the knowledge gap. An overview of the 

literature can be found in the literature review table following the literature review.  

 

2.1.1 Facilitator of Choice  

 

Recommendation systems act as facilitators of choice. Recommendation systems help consumers 

navigate between the vast amount of choices presented when searching online, resembling the roles 

of institutions (Lekakos, Charami and Caravelas, 2009, ch. 1. p. 3–26). Recommendation systems 

take on the role of institutions by facilitating practices and preferences, affecting user behavior, how 

preferences are formed and what content should be produced (Napoli, 2014). This is evident in Netflix 

users’ tendency to follow the Netflix recommendation system, referred to as a cultural infomediary 

(Keating, 2012), (Morris, 2015). Recommendation systems function as cultural infomediaries by 

monitoring, collecting and processing user behavior data into a platform that shapes how cultural 

goods are presented to consumers (Morris, 2015). Infomediaries are valuable for consumers as 

cultural content is increasingly offered online, giving the consumer access to an unlimited amount of 

content, making it important to provide recommendation systems. Consumers become reliant on 

infomediaries to deliver relevant content, making the infomediaries increasingly responsible for 

shaping how consumers encounter and experience content (Morris, 2015). 

In addition to functioning as a cultural infomediary, Netflix feeds the behavior of its users into an 

algorithm that can identify what type of original content to produce next (Carr, 2013). The influence 

of recommendation systems on consumers' choices illustrates how powerful they can be for regulating 

user behavior. According to Napoli (2014), recommendation systems are a potential driver of 

institutional isomorphism, meaning that “institutions” are becoming more alike. The reason why this 

risk is raised is that predictions are based on the previous history of consumers and as different 

businesses start using the same data, they thereby produce the same outcome. Hence, by facilitating 

choices, recommendation systems function as an aid in everyday life, however, the institutionalization 

of algorithms may have a negative influence on the amount of original cultural content produced.  
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2.1.2 The influence of recommendation systems on cultural taste 

 

The recommendation systems built into cultural infomediaries shape how cultural goods are presented 

to consumers. Recommendation systems draw the attention of the user to selected cultural products 

exercising the power to shape cultural encounters, ultimately influencing consumers’ taste (Beer, 

2013). When recommendation systems start to shape people’s cultural taste, people’s lives are shaped. 

Pasquale (2015) introduced the term ‘black box society’ to describe how people are living in black 

boxes not knowing how the recommendation systems that shape their lives function (Pasquale, 2015). 

The everyday encounters with recommendation systems that make decisions on behalf of the user 

without human intervention is what creates the ‘black box society’. Meanwhile, companies create 

them with specific outcomes in mind, most often with a commercial purpose (Denworth, 2015).  

 

1.1.3 Diversity of recommendation systems 

 

After identifying the influence of recommendation systems on people’s lives, it is important to look 

at how diverse these systems are. If recommendation systems are not diverse then consumers risk 

getting stuck in ‘filter bubbles’ and ‘echo chambers’ which happens if consumers keep receiving the 

same kind of information and thereby experiencing self-confirming feedback loops (Möller et al., 

2018). To overcome this potential problem, recommendation systems with a diversity-sensitive 

design have been proposed (Helberger, Karppinen and D’Acunto, 2018). To create diverse 

recommendation systems, serendipity is implemented in the design. Serendipity adds an element of 

surprise to the recommendation system, by including random recommendations in the 

recommendation system (Möller et al., 2018). However, recommendation systems favor popular 

items because they are most likely to match the taste of the majority of the consumers (Subías, 

Laverón and Molina, 2018). The long tail of less popular items are therefore underrepresented in 

recommendation systems and will naturally decrease over time (Möller et al., 2018). Even if 

recommendation systems have elements of diversity incorporated in their design, they favorize the 

popular items, as they are the most consumed by the mainstream consumers.        
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2.1.4 Consumer Autonomy 

 

Recommendation systems reduce uncertainty and search cost while fostering personalization and 

facilitating online decision making (Subías, Laverón and Molina, 2018), (Hostler et al., 2011) and 

(Lekakos, Charami and Caravelas, 2009, ch. 1. p. 3–26). These benefits of recommendation systems 

highlight the value of recommendation systems for consumers. However, as much as 

recommendation systems benefit the consumers, they also test the autonomy of the consumers. If 

recommendation systems undermine the sense of autonomy that consumers pursue in their decision-

making, the benefits can backfire and generate consumer reactance (André et al., 2017). This may 

happen in instances where consumers feel deprived of making their own choices. The autonomous 

choices of consumers are an important factor for the wellbeing of consumers. Recommendation 

systems cannot incorporate the mental processes of its consumers and therefore cannot account for 

aspirational preferences if consumers want to change their preferences (André et al., 2017). Thus, 

limiting the autonomy of consumers makes it very difficult for consumers to change their preferences. 

An overview of the literature applied in the literature review is presented below:  

 

 

Literature Review table 

Recommender systems influence                   Key references 

 

Cultural infomediaries            Monitoring, collecting and                                    Morris (2015) 

                                                               processing user behavior data. 

             Shaping how cultural goods are 

             presented to consumers.  



13 
 

        

Resembling institutions          Facilitating practices and preferences,             Napoli (2014) 

                                                    affecting user behavior, how preferences 

                                                    are formed and what content should 

                                                    be produced. 

                    

Institutional isomorphism      algorithms are a potential driver of                   Napoli (2014)   

            institutional isomorphism, meaning  

                                                    that institutions are becoming more alike.    

 

Influencing users taste           Drawing the user’s attention to selected          Beer (2013) 

                                                   cultural products exercising the power 

                                                   to shape cultural encounters.  

 

Black box society                     People are living in black boxes not                   Pasquale (2015) 

                                                    knowing how the algorithms that shape 

                                                    their lives functions.    

 

Filter bubbles and                    Users on a site keep receiving the same           Möller et al. (2018) 

echo chambers                         kind of information, also called a  

                                                    self-confirming feedback loop. 

 

Serendipity             Adds an element of surprise to the                   Möller et al. (2018) 

                                                    recommendation system.                                   Helberger et al. (2018)  

 

Long tail                                    Underrepresented in recommendation            Möller et al (2018)  

                                                    systems and will naturally decrease                  Subias et al. (2018) 

                                                                 over time.  
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Reduces uncertainty             Fosters personalization and                                Subias et al. (2018) 

and search cost                      facilitates online decision making.                    Hoestler et al (2011)   

                                                                                                                                   Abesser et al. (2009)  

 

Consumer reactance          Undermining the sense of autonomy                André et al. (2017) 

                                                 that consumers pursue in decision making. 

 

Aspirational preferences     When consumers want to change                      André et al. (2017)  

                                                 preferences.   

 

Table 1: Overview of Literature review. Source: Own work 

 

2.2 Contribution to the knowledge gap 

 

The above literature review presented the different ways recommendation systems can have an effect 

on consumers on a societal level. It provided insights into the potential negative societal consequences 

of recommendation systems. However, there was not identified any research on how consumers 

perceive recommendation systems. This research aims to fill this gap in the existing literature by 

examining consumers' perceived influence of Netflix and its recommendation system. This 

contribution will include the consumers in the academic conversation and cast light on whether 

consumers share the same concerns as the potential societal consequences presented in existing 

literature.   

 

 

 

 

C
o

n
su

m
er

 A
u

to
n

o
m

y 



15 
 

3.Background 

 

3.1 Cultural industries 

 

The cultural industries are important because the products and experiences created by the industries 

influence our understanding and knowledge of the world (Hesmondhalgh, 2013, p. 23–24). We are 

influenced by informational texts from newspapers and news programs, but also by more entertaining 

industries such as movies, series, music and video games (Hesmondhalgh, 2013, p. 23–24). The 

products and experiences offered by the cultural industries provides us with a continual representation 

of the state of the world, affecting how we view ourselves and how we are viewed in a social context. 

Several institutions are a part of the cultural industries, with the basic premise of being directly 

involved with the production of social meaning. The main industries belonging to the cultural 

industries are the movies, music, books, radio, newspaper, advertising and performing arts industries 

(Hesmondhalgh, 2013, p. 23–24). 

Most cultural products and services produced by companies in the cultural industries are available for 

digital consumption. To overcome the risks of the unpredictability of demand for cultural products, 

cultural companies are increasingly using recommendation systems to create demand and influence 

decision-making online (Santini, 2018). Besides Netflix, companies that offer online cultural products 

and services mediated through recommendation systems are among others: YouTube, Amazon, 

Spotify, Tidal, Google Books, and eBay (Santini, 2018). These companies have an extensive user 

base serving billions of consumers, mediating the consumers’' cultural consumption through 

recommendation systems. This shows how many consumers could become streamlined in their 

cultural consumption as a result of recommendation systems, shaping their online cultural 

consumption.  
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3.2 Netflix 

 

Netflix was founded in 1997 by Reed Hastings and Marc Randolph in California, USA. It started as 

an online movie rental service, offering unlimited DVD rentals paid on a monthly subscription. In 

2007 Netflix transitioned into a streaming service, offering online video on demand (Netflix, 2019a). 

Since then, Netflix has expanded its service to 190 countries, growing its userbase to approximately 

149 million subscribers in the first quarter of 2019. Netflix is the world’s leading streaming service 

and it is estimated that 37% of the world’s internet users use Netflix (Watson, 2019a).  

As Netflix is an American company, its most important market is the American market, with 60 

million subscribers, representing more than one-third of its total subscribers. In the US, Netflix’s 

main competitors are Hulu and Amazon Prime Video, also serving large parts of the market. Despite 

the strong competitors, Netflix is currently maintaining its dominating position, distinguishing itself 

from the competitors by producing larger amounts of original content and in 2017 Netflix had 

produced over 300 original titles. One third of Netflix subscribers state that Netflix’s original content 

is what they enjoy the most on the platform and over 60 percent of subscribers state that the original 

shows are crucial for their decision to use Netflix (Watson, 2019a). 

The focus for this paper will be on how Netflix is perceived in the European- and more specifically 

the Nordic market, as the paper’s research is carried out in Copenhagen, with respondents primarily 

from Europe. In the European market, the latest available overview of the division of market shares 

between companies in the streaming video on demand (SVOD) industry is from December 2017. 

According to this overview, Netflix is also the largest SVOD service on the European market with 

around 44% of the SVOD users, followed by Amazon serving around 32% of the market. The 

remaining percentages are divided between several national companies (Kienast, 2019). 

The latest available statistics of the market share of SVOD services in the Nordic countries is from 

late 2016. Netflix is also the market leader in the Nordics serving 46% of the SVOD users, followed 

by ViaPlay with 22%, HBO Nordic with 14%, CMore with 6% and the remaining 12% are served by 

other services. Amazon Prime launched in the Nordics in 2017 and has most likely taken some of the 

market shares from the other players (Kienast, 2019).  
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3.3 Recommendation systems 

 

Netflix is offered as a monthly subscription service, giving access to a wide selection of movies and 

series. Netflix offers personalized recommendations built on a complex recommendation system that 

helps the user with finding movies and series of interest for the individual user (Netflix, 2019b). It is 

seemingly hidden exactly how many algorithms are built into the Netflix recommendation system 

today. However, from a competition in 2006, where Netflix offered a prize to a team outside Netflix 

that could improve its recommendation system, the team who won had a combination of 107 

algorithms in its recommendation system (Amatriain and Basilico, 2015, p. 385–421). According to 

the website of Netflix, the main factors that are included in its recommendation system are the users 

interactions with its service, other members with similar tastes and preferences, information about 

the titles, the time of day the user is watching, the used devices, for how long the user watches in a 

session and it is clearly stated that demographic information, such as age and gender is not included 

(Netflix, 2019b). In addition to providing personalized recommendations for a single user, the 

recommendation system is intended to serve a household with different people with different tastes, 

shown in the top-ten row where there are suggestions for the different family members (Amatriain 

and Basilico, 2015, p. 385–421). 

  

A common similarity for all the main elements included in the Netflix recommendation system is the 

lack of transparency of the outcome. It is clearly stated what the elements are, but how they turn into 

recommendations for the user is not clear. The only elements transparent in Netflix recommendation 

system is its representation of images from movies and series. According to a study conducted by 

Netflix, users spend approximately 1,8 seconds on considering each title presented to them and if 

they do not find a title of interest within 90 seconds, they will find it somewhere else (Zarum, 2018; 

Nguyen, 2018). In the same study, it was found that 82 percent of users’ attention focuses on the 

images of the movies and series while browsing Netflix (Zarum, 2018). This shows the importance 

for Netflix to focus on its image algorithm. 

  

As a result, Netflix has incorporated an artwork personalization algorithm with the aim of convincing 

the user that a title is worth watching (Chandrashekar et al., 2017). Different images are created for 

each title using the algorithm to choose what image to show that best matches the preferences of the 

user. How it works is, for example, a user who has watched a lot of romantic comedies might be 
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interested in ‘Good Will Hunting’ if the image of Matt Damon and Minnie Driver leaning in for a 

kiss is shown, while another user interested in comedies, might be more interested in ‘Good Will 

Hunting’ from seeing an image of Robin Williams (Chandrashekar et al., 2017). Manipulating the 

user into believing the movie belongs to a genre that the user is interested in, increases the chances 

of the user watching the movie. The image displayed can also be actor specific, a user interested in 

Uma Thurman based on previous choices will respond more positively to ‘Pulp Fiction’ from seeing 

an image of Uma Thurman, while another user who likes movies starring John Travolta, will be more 

interested in an image of John Travolta in ‘Pulp Fiction’ (Chandrashekar et al., 2017). 

  

As mentioned above, Netflix clearly states that demographic information about users, such as gender 

and age, is not included in its algorithm, however, displaying images of certain actors representing a 

movie or series has led to a discussion among users whether Netflix is targeting viewers based on 

race. Some users say Netflix is showing misleading images of certain titles with the aim of appealing 

to non-white audiences (Zarum, 2018; Waite, 2018). A black podcast-creator Stacia L. Brown wrote 

a post on Twitter asking other black users whether they also saw an image of two black actors, who 

only appear in a series for 10 minutes, as the image for the series (Waite, 2018). This is a way for 

Netflix to target users interested in watching films with black actors, but a misrepresentation of the 

characters' screen time leading to the viewers feeling misled. Another black podcast-creator Tolani 

Shoneye criticizes how Netflix tries to cater to a diverse audience with their artwork personalization 

when they do not actually produce the relevant content (Waite, 2018). This shows that the only 

algorithm that is visible for the user creates discussions, so how would the users react to all the other 

algorithms if they were visible?  
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4.Theory 

 

4.1 Theoretical framework 

 

Three theories will be used to analyze the results of the two focus group interviews. First Actor-

Network Theory (ANT) will be applied to analyze the relationship between Netflix users and Netflix. 

Second, the three-dimensional view on power will be adapted to Netflix, to identify how the focus 

group participants perceive the power of Netflix. Third and finally, the concept of critical 

consciousness will be used to activate critical thinking of how to uncover the black box present in 

ANT.  

 

Figure 1: Theoretical framework. Source: Own work. 
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4.1.1 Actor-Network Theory 

To analyze the relationship between Netflix users and Netflix, the Actor-Network Theory (ANT) will 

be applied. ANT seeks to define and describe the relational ties between human and non-human 

actants within a network (Bencherki, 2017). ANT was first developed by Michael Callon, Bruno 

Latour and John Law originating from studies of science, technology and society (Callon, Law and 

Rip, 1986; Latour, 1987, 2005). The theory has subsequently grown into a popular sociological 

method used within a range of social science fields (Alcadipani and Hassard, 2010). The basic 

principle of ANT is that every actor-network consists of actants. 

 

Actants can be humans, objects or intangible assets and are assemblages within themselves, 

constructed of heterogeneous parts (Bencherki, 2017). Common for all actants is their inability to act 

alone, requiring the relation to another actant in order to act, forming into a network (Bencherki, 

2017). Action in a network is therefore mediated by the presence of other actants. All actants within 

a network, whether they are human or non-human make a similar impact to the network and therefore 

have an equal amount of value and agency (Haiza and Zawawi, 2018). In modern-day society 

consumption of the cultural goods; movies and series, can occur in many different ways and is an 

actor-network consisting of many actants such as flow TV, cinemas, theatres and streaming services, 

such as Netflix. On a smaller scale, the consumer and Netflix are both actants in an actor-network, 

where both actants have the potential to influence the network in heterogeneous ways. Both actants 

need to be present for the action of watching Netflix to occur, mediating the behavior of each other. 

If a Netflix user decides to change Netflix usage behavior it will have an equal effect on the network 

as adjustments to the recommendation system made by Netflix.   

 

The central idea of the theory is that a network aims to achieve a certain goal, meeting the various 

interests of the actants involved (Haiza and Zawawi, 2018). To achieve network stability, the 

changing interests of the actants needs to be continually aligned. For one actant to understand the 

interests of another, the process of translation is used (Haiza and Zawawi, 2018). Translating the 

interests of actants in a network helps the other actants in the network to accept their demands and 

reach shared solutions. A network is inherently unstable because the current actants can leave or new 

ones can join at all times, making it necessary to constantly translate the interests of involved actants 

and managing the relationship (Haiza and Zawawi, 2018). The interests of Netflix users may change 
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over time, making it necessary for Netflix to adjust its recommendation system to match the interests 

of the user. Netflix may as well change its interests in the recommendation system, adding new 

algorithms or adjusting current ones, requiring its users to accept a new interface.  

 

Actor-networks often seem simple but they are difficult to uncover and are considered to be ‘black 

boxes’ (Bencherki, 2017). The term ‘black box’, is used, as only the interaction is visible and not all 

the underlying algorithms facilitating the interaction. However, black boxes are not necessarily 

negative, as networks are stable when the black boxes are accepted by the actants involved in the 

network (Haiza and Zawawi, 2018). ANT can be used to uncover the black box of the network by 

analyzing the interests of the actants in the network. The focus of this thesis is on the Netflix user’s 

perception of Netflix and its recommendation system, the ANT will therefore be used to analyze the 

interests of the actant Netflix users in the Network and will not analyze the interests of Netflix in the 

network.   

In the following part the concept of critical consciousness and how to raise it for the Netflix users 

will be introduced.  

 

4.1.2 Critical Consciousness 

In order to raise the Netflix user’s awareness of how the black box of Netflix recommendation system 

operates, Freire’s concept of Critical consciousness will be applied.   

Critical consciousness is a concept constructed with the aim of activating individuals’ critical 

thoughts about a topic. Freire believed that by making poor people think critically of political and 

social injustice, exercised by an oppressive system, they could gain a critical understanding of the 

situation they were in and initiate positive change (Friere, 2005). Critical consciousness consists of 

both reflection and action aimed at transforming social systems and conditions (Friere, 2005). Critical 

consciousness was originally used to enforce social justice by informing the less informed. However, 

we believe the concept of critical consciousness can transcendent from the political field to the 

technological field. In this paper we will argue that the concept can also be applied to analyze the 

complex Netflix recommendation system and we theorize that by triggering critical consciousness, 

the consumer is able to reflect on the power exercised by Netflix and thereby gets the ability to utilize 

Netflix, and obtain power over the recommendation system, as an aware consumer.  
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Developing critical consciousness is a complex process requiring new knowledge, perspectives and 

behavior change and can be divided into three core stages: critical reflection, political efficacy and 

critical action. As people move through the three stages, they become better at connecting subjective 

experiences to general issues and how to make changes in behavior (Christens, Winn and Duke, 

2015). Of the three stages, the focus of this paper will be critical reflection.  Critical reflection is the 

first stage, where people learn how to analyze injustice in relation to a person’s social conditions. 

Individuals with a higher level of critical reflection do not blame the victim for the circumstances of 

oppression but are able to see the system as the reason for oppression (Christens, Winn and Duke, 

2015).  

 

In relation to Netflix, we hypothesize that to get the participants in the focus groups to develop critical 

consciousness, it is necessary to introduce them to new knowledge on how Netflix recommendation 

system operates. By informing the participants of algorithms within Netflix recommendation system, 

that they were not aware of beforehand, we seek to widen their perspective and activate a change in 

behavior towards the recommendation system. By introducing the participants in the focus group 

interviews to algorithms, we believe that it activates a movement towards the first stage of critical 

reflection, aiding the consumer in uncovering the black box. 

After raising the critical consciousness of the Netflix users, the Netflix users declare their perception 

of Netflix power. In the following part, power theory will be presented. 

 

4.1.3 Power Theory 

The term power has been examined, defined and challenged for several years by different researchers. 

Power is usually discussed in a political context; however, in this case, the concept will be applied in 

a technological context, to explain the power recommendation systems exercise over consumer 

behavior. Steven Lukes’ (2005) view on power as having three dimensions will be used to distinguish 

the different kinds of power and how they affect consumer behavior.     

The three main views have been coined by Lukes (2005) as the one-dimensional, two-dimensional 

and three-dimensional view.  
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The One-Dimensional View 

The one-dimensional view was introduced by Dahl in 1957 (Lukes, 2005). Dahl described power in 

two ways, as potential and actual. Potential power is explained as: A has power over B to the extent 

that he can get B to do something B would not otherwise do (Dahl 1957 in Bell, Edwards and Harrison 

Wagner, 1969). While actual power is ‘a successful attempt by A to get B to do something he would 

not otherwise do’ (Bell, Edwards and Harrison Wagner, 1969, p. 82). This kind of power is the direct 

power of decision making, power that is easily identifiable, e.g. the power of a police officer making 

an arrestment. Direct power is not obviously exercised by Netflix on its users; however, Netflix has 

the potential power to push its users to watch something, they would not otherwise have watched. 

 

 

The Two-Dimensional View 

Bachrach and Baratz introduced the two-dimensional view. Bachrach and Baratz criticized Dahl’s 

view on power as being too restrictive and therefore widened the view to include another perspective, 

calling it the two faces of power (referring to the one-dimensional view as the first face) (Lukes, 

2005). The second face (the two-dimensional view) can be explained as the barrier of the public to 

see what happens in cases of political conflict (Lukes, 2005). In other words, setting the agenda for 

the public without the public knowing how it was set. The power of setting the agenda is reflected in 

Netflix deciding what movies and series to showcase on the homepage for its users. Netflix’ 

recommendation system sets the agenda and then the user can navigate between the 

recommendations, choosing the most appealing movie or series, but not having access to all possible 

movies or series.  

 

 

The Three-Dimensional View 

Lukes himself introduced the three-dimensional view of power as a result of the first two views being 

too individualistic and not dealing with the potential issues that never become a part of politics 

because they rest in institutional practices, social forces or individual decisions (Lukes, 2005). The 

three-dimensional view adds the non-observable power to the two existing dimensions. It is referred 

to as a latent conflict when there is a contradiction between the interest of the party exercising power 
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and the interest of the party upon whom the power is exercised. This kind of power can be described 

as manipulative power. Manipulative power may be exercised by Netflix when users follow the image 

algorithm and choose a movie or series based on the image shown, that they would not otherwise 

have chosen. Netflix has created multiple different poster images for its movies and series designed 

to appeal to the individual user, based on viewing history, making it possible for Netflix to get users 

with different preferences to watch the same movie or series. By targeting users with different 

preferences to watch a particular movie, Netflix is facilitating streamlining of the consumers' cultural 

consumption. Streamlining of cultural consumption benefits Netflix’s capability of profiting from 

keeping its users on the platform, not seeking other forms of entertainment. While Netflix users may 

experience that choices are made easier for them as the images of movies and series are more suitable 

for their taste, they might end up feeling misled.    

 

4.1.3.1 Power and interests of the individual user 

 

It is important to investigate power in relation to the interests of the individual user in order to discover 

the needs of the individual user to open the black-box. Interests vary from person to person and are 

an evaluative notion made by the individual. The interests of the participants in the focus group may 

be very different and therefore their opinion of how the power of Netflix affects them may vary.  The 

radical three-dimensional view of power states that the interest of the user may be shaped by the 

system working against their initial interests (Lukes, 2005). The system makes users choose 

something they would not otherwise choose, if the system did not exist. Applied to Netflix, this notion 

suggests that Netflix recommendation system shapes the interests of users unconsciously, making it 

difficult to determine how affected they feel by the power of Netflix recommendation system. What 

may also happen is that users of Netflix form adaptive preferences, according to what is recommended 

for them. This happens when users adapt desires to circumstances (Lukes, 2005). The element of 

adaptive preferences may make it even more difficult for the user to be critical towards Netflix 

because their preferences are adapted to the recommendations they receive.  

The theory will be applied to the formulation of questions for the focus group interviews, as well as 

the analysis hereof. In the next chapter the considerations in relation to the methods applied in this 

research will be elaborated on.  
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5.Method 

 

This chapter describes in a chronological order the research approaches applied to this study. First 

the process of conducting the literature review will be explained, followed by a description of how 

the pre-study and focus group interviews were undertaking. The analyses of the focus group 

interviews will be presented and finally the ethical considerations will be listed.  An overview of the 

research process can be viewed below: 
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5.1 Research Process 

 

Figure 2: Research process. Source: Own work.  
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5.1.1 Literature review  

 

5.1.1.1 Search 

 

During the identification phase of our literature search, we decided to search in the following two 

databases: Business Source Complete and Scopus. The Business Source Complete database was 

chosen because it covers a wide range of business-related topics, such as management, economics 

and finance (CBS, 2019). Additionally, we chose the database Scopus since it is more specialized in 

the fields of social sciences as well as humanities (CBS, 2017). These two databases are 

comprehensive and complement each other well in covering different areas, which provided the 

foundation for identifying the relevant articles within the researched field. 

First step was making overall searches to identify the literature on the topic of recommendation 

systems and Netflix. We scanned the articles that got listed in the search results and familiarized 

ourselves with the general conversation on the topic and what keywords to use in the following 

structured search approach. In the preliminary search, 39 articles of interest were identified. In the 

structured search we made three different categories consisting of related words, terms and concepts 

(appendix 1). Category one consisted of other words for “recommendation systems”, category two 

consisted of other words for “Netflix” and category three included other words for “consumer 

behavior”. Dividing the words and concepts into different categories allowed us to make one 

combined search for all the articles that had at least one key word from each category included in 

them, covering all of the keywords in the field. Additionally, combined searches were made with for 

example “Netflix” and all the keywords in category one, to make the search less restrictive.  

The structured search led to the identification of 1070 articles and adding the 39 articles found in the 

overall search, a total of 1109 articles were identified within the field (figure 3).  

In the following phase the identified articles were screened and reduced to the most relevant 

articles.     
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5.1.1.2 Screening, eligibility and inclusion 

 

In the screening phase, the abstract, results and conclusion of the identified articles were screened 

aiming at finding the most relevant articles. The 1109 identified articles were reduced to 75 articles. 

Out of the 75 articles, 37 were deemed not relevant for the eligibility stage, which meant that 38 of 

the 75 articles were assessed for eligibility. In the eligibility stage, 24 articles were considered 

eligible. Finally, the 10 articles that discussed the potential societal consequences of recommendation 

systems were included in the literature review. A diagram of the literature search is presented visually 

in figure 3 below. 

 

Figure 3: PRISMA 2009 Flow Diagram. Source (Moher et al., 2009) 
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5.2 Target Group 

 

Students of Copenhagen Business School (CBS) were chosen as the target group for this study. There 

were three reasons for choosing this group . Firstly, according to statistics from the US market, the 

age group of 19-29 years old is the age group with the highest percentage of Netflix users: 77% 

(Watson, 2018). Secondly, the ease of accessibility. As students of CBS we have access to the 

facilities at CBS as well as networks consisting of CBS students. This facilitated easy access to the 

participants for our study. Thirdly, it can be assumed that young university students, raised in the 

digital era, have an opinion of how they use and are affected by digital services such as Netflix.  

The participants in the focus groups belonged to the CBS study of Management of Creative Business 

Processes. This study focuses on management within the creative industries, such as the film industry. 

Therefore, they all share an interest in the creative industries and assumedly also the film industry, 

which could increase the chances of interesting discussions among the participants and makes them 

different from the average Netflix user.   

 

5.3 Quantitative Pre-study 

 

As already mentioned, the literature review proved to shed light on the apparent knowledge gap of 

not including the voice of the consumer in the literature on recommendation systems. Our pre-

understanding was that recommendations shape the cultural consumption of consumers without them 

being fully aware of the influence. To shed light on the cultural consumption of our target group, and 

their general perceptions of Netflix recommendation systems, we conducted a pre-study.  

In the following, it will be explained how we constructed the questionnaire, collected data and 

managed the data for the pre-study.   
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5.3.1 Questionnaire construction 
 

A pre-study can prove to be beneficial because it helps to discover whether researching a topic will 

uncover new findings (Swedberg, 2016). In the pre-study questionnaire, we asked the target group 

about their general perception of the Netflix recommendation system basing the questions on the four 

potential societal consequences of recommendation systems, identified in the literature review. Even 

though the questionnaire was conducted as a pre-study we carefully considered the formulation and 

order of the questions. In order to ensure that the questions were clear and understandable for the 

target group, a pilot testing of the questionnaire consisting of two face to face questionnaires were 

carried out in Copenhagen Business School, the same place as where the finished questionnaire 

session was taking place (Veal, 2011, p. 213). The pilot test proved to be valuable, resulting in 

adjustments to the formulation of the questions to ensure that the questions were understood correctly 

by the respondents. Ambiguous and suggestive questions were therefore also avoided to the extent 

possible, as this could weaken the results (Martin, 2006). 

  

The questionnaire was constructed in Google forms and consisted of 10 questions (appendix 2). The 

10 most important questions were chosen to make the questionnaire short and precise as well as to 

keep the attention of the respondents. The questions were closed-ended and for most of the questions 

the respondents used a Likert scale to answer the question. Closed-ended rating scale questions were 

used to make it possible to make generalizations based on the results (Martin, 2006). 

 

5.3.2 Data collection 
 

To obtain answers from a significant number of respondents from the target group of Copenhagen 

Business School students, the survey was shared on the Facebook group of the second year of our 

master program, Management of Creative Business Processes as well as in the Facebook group for 

the students of the first year of the same Master program. The questionnaire was also handed out 

physically to students in the common areas in buildings owned by Copenhagen Business School to 

avoid a biased sample of only representing the students of Management of Creative Business 

Processes (Veal, 2011, p. 357). Physically handing out surveys also proved to be a significantly 

quicker collection method than using Facebook. The target of approximately 150 respondents, both 

male and female, was reached in a few days.  
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As the focus was on how consumers perceive the influence of recommendation systems, the research 

question cannot be quantifiably answered. However, by collecting quantitative data the results from 

the pre-study provided us with a general understanding of how the target group perceived 

recommendation systems and whether compiling their answers would suggest support for the 

potential societal concerns presented in the academic conversation.  

Undertaking all of the above-mentioned measures ensured that we gained a generalizable 

understanding of the student target group’s perception of the influence of recommendation systems 

on cultural consumption, before proceeding with the in-depth focus group interviews.  

 

5.3.3 Data management 

 

After data collection, we had 155 responses, somewhat evenly distributed between the genders. 

Responses gathered physically were entered into Google forms to gather all the responses in one 

place. The Google forms were exported to an excel sheet to gain a more structured overview of the 

dataset. In the process of cleaning the dataset, four of the respondents were removed from the dataset, 

as they belonged to the educational background ‘other’. Besides checking the respondents’ 

occupation, we also checked the data for outliers. Outliers are the values that are significantly 

different from the data (Saunders, Lewis and Thornhill, 2007, p. 428). Two of the physically handed 

out questionnaires were incompletely answered and therefore removed from the data as outliers. This 

left us with 149 respondents, 71 male and 78 female. 

 

Following the pre-study, we conducted two focus group interviews. The process of conducting the 

focus group interviews will be explained in the following part.  
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5.4 Qualitative focus group interviews 

 

In order to investigate how consumers perceive Netflix and its recommendation system, and whether 

they believe it affects their cultural consumption, a qualitative method was preferred as the main 

method. A contradicting finding in the pre-study led to the idea that it would be interesting to present 

this finding for a focus group and have them discuss their thoughts about the finding. Furthermore, it 

also led to the awareness of a need to activate the critical consciousness of the consumers of how 

Netflix operates, here a focus group also seemed to be a good choice. The topic was not too broad or 

too narrow, which also made it a suitable topic for a focus group to discuss (Eriksson and Kovalainen, 

2015, p. 185). The nature of the focus group interview also allowed the participants to interact and 

reflect on their perception of Netflix and its recommendation system creating new insights that might 

have remained unsaid in an individual interview (Eriksson and Kovalainen, 2015, p. 184).   

 

5.4.1 Semi-structured interview guide 

 

The abductive method was applied to study the focus group participants perception of Netflix 

recommendation system. The theoretical framework laid the foundation for what questions were 

asked, hereafter the focus group interviews were coded to match the theoretical framework, 

assembling the iterative process of abduction by continuously revisiting the existing theory and 

empirical findings to see if there is a fit (Timmermans and Tavory, 2012). 

We constructed a semi-structured interview guide (appendix 3) as an aid to keep focus on the topic 

during the focus group interviews while also allowing for the participants to introduce relatable topics 

of relevance. By allowing the focus group participants to discuss relatable topics of interest, it was 

possible to obtain a nuanced picture of the perception of participants and not solely a reflection of the 

presented questions and our assumptions.  

 

The focus group interviews were initiated with an introduction to the topic and the focus group format, 

where we invited them to interact and discuss the questions presented. We also stressed that they 

should not answer the questions facing the facilitators, as the facilitators were not a part of the 

discussion. The participants were also told that they could not give right or wrong answers and that 
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the purpose of the focus group interviews was for them to share their thoughts and opinions on the 

topic.  

 

The first question presented to the focus group participants was asked in order to gain insight into 

how interested the participants were in movies and series and to get the participants in the right 

mindset (see appendix 3). The second question was a broad introductory question to the investigated 

phenomena of the participants reasons for choosing a title on Netflix (Kvale and Brinkmann, 2009, 

p. 135). By not asking specifically into whether the participants used Netflix recommendation system 

to find new movies and series on Netflix it was possible to discover where the participants got their 

actual recommendations from, without the influence of our pre-understanding. Following the two 

introductory questions, the participants were presented to the contradicting finding made in the 

quantitative pre-study in the third question, which will be explained further in the pre-study findings. 

The contradicting finding was that participants ‘sometimes’ or ‘very often’ chose a title from the 

recommendations even though they ‘sometimes’ or ‘very often’ felt that the recommendations they 

received were the same as last time they visited Netflix. The intention of having the focus group 

participants discuss this finding was to activate their critical consciousness of how Netflix operates 

and how users behave on Netflix. The following questions, four through eight, were all asked to raise 

the critical consciousness of the focus group participants. Each question presented one or more of 

Netflix algorithms and then the participants declared their perception of how they considered the 

algorithm to affect their cultural consumption of Netflix. After having raised the participants’ critical 

consciousness, the participants were presented with statements regarding the potential power Netflix 

has over its users in statement one through three in question nine. The intention of the fourth statement 

in question nine and question ten was to discover whether the participants felt they could influence 

the black box of Netflix recommendation system and whether they were interested in uncovering the 

black box at all.  

In the following part, it will be explained how the focus group interviews were carried out.  
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5.4.2 Conducting the focus group interviews 

 

Two focus group interviews were conducted, consisting of five participants each held on the 11th and 

12th of April. Five participants per focus group seemed to be an appropriate fit for our focus group 

interviews as it was experienced to be a suitable number to create a discussion of viewpoints and still 

being a manageable number for an inexperienced facilitator (Eriksson and Kovalainen, 2015, p. 187). 

As already mentioned in the target group paragraph the focus group participants were all enrolled in 

the same master program at Copenhagen Business School and all of them had access to a Netflix 

account. This group of participants were chosen, because choosing a too diverse group might detract 

the participants from the topic (Eriksson and Kovalainen, 2015, p. 186). The participants knowing 

each other also increased the chances of creating an informal and relaxed atmosphere, in which the 

participants felt secure to freely share their viewpoints with the group (Eriksson and Kovalainen, 

2015, p. 183). This was observed, the case as there seemed to be a relaxed atmosphere with a lot of 

laughter. It seemed that the participants were not afraid of sharing their opinions as well as 

challenging each other’s viewpoints. On the contrary the ease of the discussion seemed very natural 

and unforced. 

The group was facilitated by one researcher, the moderator who structured the interview and was in 

charge of asking the questions while another researcher observed the interactions in the group. 

Besides facilitating, the moderator also tried to create a permissive atmosphere, to make the 

participants feel confident in sharing conflicting viewpoints (Kvale and Brinkmann, 2009, p. 150). 

 

 

5.5 Interview analysis 

 

5.5.1 Transcriptions 

 

Both focus group interviews were transcribed to enable further analysis (Stewart, Shamdasani and 

Rook, 2007, p. 110). We decided to include incomplete sentences, half-finished thoughts, parts of 

words and odd phrases, to include everything the participants expressed (Stewart, Shamdasani and 

Rook, 2007, p. 110). If the audio was faulty or the participants were speaking unclear, this was 
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indicated by ‘(...)’. To ensure that the meaning of what the participants expressed was not changed, 

grammatical mistakes made by the participants were not corrected.  

Besides audiotaped data from the focus group interviews a few observational notes on the behavior 

of the participants in the focus groups were also made. It was only decided to include the notes on the 

participants' answers to the four statements, the remaining observational notes were not included as 

they were considered not to add value to the research (Stewart, Shamdasani and Rook, 2007, p. 110) 

After transcribing the focus group interviews, the transcriptions were coded. The coding process will 

be explained in the following.  

 

5.1.2 Coding 

 

The purpose of codes is to place labels of symbolic meaning to datasets  (Miles, Huberman and 

Saldaña, 2013). Codes are used to categorize similar chunks of data in order to answer the questions 

presented in the research (ibid.). In this study, first, second and third cycle coding was used.   

In the first cycle of coding, initial codes were assigned to different chunks of data. Several different 

approaches can be taken to the first cycle of coding; for this research the approaches deemed the most 

relevant were the elemental coding methods: descriptive and in vivo (Miles, Huberman and Saldaña, 

2013)(Miles, Huberman and Saldaña, 2013). The descriptive coding method was used to place labels 

of short phrases to sentences in the 1st degree coding categories (Ibid.), with inspiration from the 

theories in the theoretical framework, presented in the theory chapter; ANT, critical consciousness 

and power theory . The in vivo method was used to include and value the voice of the participants by 

quoting short phrases from the participants in the 1st degree coding categories. The voice of the 

participants was important to include, since the focus of this paper is on the consumers ‘perception’ 

of Netflix’s influence.  

 

In the second cycle of coding, the 1st degree codes identified in the first cycle of coding were merged 

into a smaller number of categories (Miles, Huberman and Saldaña, 2013). These categories were 

created by the use of pattern coding. The 1st degree codes made in the first cycle represent lead 

indicators, while the second cycle approaches the codes in an analytical way discovering patterns that 

can be used for further research. To map out the patterns, two interrelated pattern codes were used: 

the ‘categories or themes’ and the ‘causes and explanations’ (Ibid.).  
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In the third cycle coding, the codes from the second cycle were organized into four main categories, 

derived from the theoretical framework. To allocate the codes to the proper category, Stewart, 

Shamdasani and Rook (2007) the ‘scissor and sort technique’ was applied. The scissor and sort 

exercise require several passes through the transcript as categories of topics evolve and as more 

extensive knowledge regarding the content of the group discussion evolves (Stewart, Shamdasani and 

Rook, 2007, p. 116). In our case, the categories were already decided, as these were the four topics 

derived from the theoretical framework. However, the pattern codes were revisited several times to 

ensure they were categorized properly. The scissor and sort technique was used to cut all the pattern 

codes and thereby create an overview of what codes belonged to each of the categories (Stewart, 

Shamdasani and Rook, 2007, p. 117). After thorough discussions, the proper pattern codes were 

divided into the following categories: “Relationship to Netflix”, “Critical consciousness of the user”, 

“Power of Netflix” and “Uncovering the black box of algorithms”. A detailed coding tree is placed 

in the evidence chapter of this paper.  

 

 

5.6 Ethical considerations 

 

The human interaction in an interview affects the interviewees, while the knowledge produced by an 

interview, in this case focus group interviews, affects our understanding of the human condition 

(Kvale and Brinkmann, 2009, p. 62). These aspects indicate the importance of considering the ethical 

issues that might arise before, during, and after conducting the research. Ethical considerations were 

therefore made throughout the whole research process.  

We focused on the four standard ethical guidelines: informed consent, confidentiality, consequences, 

and the role of the researcher (Kvale and Brinkmann, 2009, p. 68). These four areas are considered 

to be 'fields of uncertainty' and therefore potential problem areas that require continual revisiting and 

reflection throughout the research process (Kvale and Brinkmann, 2009, p. 69). 

Firstly, to obtain the informed consent from the focus group participants, we asked for their 

authorization to record the interviews and use the recordings for further research. Secondly, to ensure 

confidentiality, we considered thoroughly the type of data we needed and whether any of their 
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personal information was required. In the first question, we asked the participants to tell their name 

and state their relationship to Netflix; however, during the coding process it was decided not to 

include the data obtained from the answers to this question. The identity of the participants was 

therefore kept anonymous by using their initials in the transcripts.  

Thirdly, we kept in mind, whether any of the knowledge produced from the focus group interviews 

could harm the participants or the group as an entity (Kvale and Brinkmann, 2009, p. 73). 

Furthermore, as we were aware that we touched upon more in-depth personal opinions and feelings, 

we ensured to get an oral consent of the participants letting us use the data in our research. However, 

as the topic of discussion is not considered to be of a sensitive character, we experienced no specific 

other demands or requests regarding confidentiality.  

Fourthly and finally, we committed to our roles and responsibilities as researchers throughout the 

research. We ensured to protect any personal information and during the focus group interviews we 

briefly explained to the participants what our study was about. However, we did not reveal the purpose 

of our research as we wanted to avoid leading them into a specific direction(Kvale and Brinkmann, 

2009, p. 71). Instead, we aimed at getting their spontaneous views on the topic.  

 

 

6.Findings and analysis 

 

In the following chapter the findings and analysis of the pre-study findings will first be presented 

followed by a presentation of the findings and analysis of the focus group interviews.  

 

6.1 Pre-study findings and analysis 

 

The aim of the pre-study was to obtain a general understanding of the target group’s perception of 

Netflix and its recommendation system and was used as a foundation for the subsequent focus group 



38 
 

interviews. The findings that are the most relevant for the subsequent focus group interviews will be 

presented in the following.  

An interesting finding was that 80% of the respondents stated they “sometimes” or “very often” chose 

a recommendation appearing on their homepage, while 90% of the respondents at the same time 

experienced that the movies and series recommended to them were often the same as last time they 

visited the service. As mentioned in the interview guide, this finding was shown to the focus group 

participants to make them discuss their thoughts about it.  

At a later point, it was decided that it could be interesting to investigate further how many of the 

respondents both considered the recommendations to be the same as last time they visited Netflix and 

at the same time often chose a movie or series from the recommendations. To make this investigation 

a pivot table was constructed (appendix 4). The pivot table showed that 71% of the respondents shared 

both views.   

This finding showed that the respondents experienced a low degree of diversity in the 

recommendations they received, but they still tended to watch the recommended movies or series. 

This finding indicates that a Netflix user is to a high degree consuming similar content making the 

choices of the individual user less diverse in his/her consumption of movies and series. 

Towards the end of the survey, the respondents were asked to use a five-point Likert scale ranging 

from ‘strongly agree’ to ‘strongly disagree’ to declare their opinion of four statements.  

The 1st statement: “Netflix recommendation system helps my decision making”. Here the majority 

answered ‘agree’ and combined with ‘strongly agree’ it added up to 65%. Indicating that Netflix 

recommendations system is perceived as a helpful tool in the decision-making process. 

The 2nd statement: “Netflix recommendation system controls the choices I make”. Slightly above 

half of the respondents, 53% declared they ‘disagreed’ or ‘strongly disagreed’ with this statement. 

21% were ‘undecided’ and 24% ‘agreed’ and only 1% ‘strongly agreed’. These results indicate that 

the respondents do not perceive Netflix as a service that controls their choices. As it is discussed later 

on, there is an important distinction between what is perceived by the consumer and what is actually 

happening/influencing us as consumers.   

The 3rd statement: “Netflix recommendation system shapes my taste in movies and series”. 62% 

of the respondents stated they ‘disagreed’ or ‘strongly disagreed’ with Netflix shaping their taste, 
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indicating that Netflix recommendation system was not considered to shape the taste of the 

respondents.  

The 4th statement: “I can influence the recommendations I receive on Netflix”. Almost half of the 

respondents, 45% declared to ‘strongly agree’ or ‘agree’ claiming they were capable of influencing 

the recommendations they received on Netflix. 36% were ‘undecided’, indicating that a significant 

amount of the respondents were not aware of how this could be achieved. The remaining 19% 

‘disagreed’ or ‘strongly disagreed’ with the statement.   

The responses to the statements were in general positive, the majority of the participants viewed 

Netflix recommendation system as helpful, not controlling, not shaping their taste and almost half of 

them felt they could influence the recommendations they received.  

 

As the final question the participants were asked: “Do you think Netflix recommendation system 

is transparent?”. 26% of the respondents believed that the Netflix recommendation system was 

transparent, 32% were undecided and 42% considered it not to be transparent. The result that 42% 

consider Netflix recommendation system to not be transparent, is contradicting to the responses to 

the statements above, where the participants claimed that they were not controlled by Netflix 

recommendation system and that it did not shape their taste and that they could even influence the 

recommendations they received. How is it possible for the respondents to make these claims, when 

they state they are unaware of the underlying algorithms influencing their recommendations? 

The findings from the pre-study indicate that there is an underlying ambivalence among the 

respondents regarding the recommendation systems and the way Netflix push content. On the one 

hand, the respondents find the content to be lacking variance and on the other hand they still watch 

it. The consumer believes that he/she is able to influence the recommendations and is in control of 

the content they watch, and they report that the recommendations do not influence their taste in 

movies or series, while at the same time they find the system to be lacking in transparency. This 

ambivalence could be seen as the consumer accepting the Black Box of recommendations or it could 

be seen as a result of the sparse knowledge that people have about the Black Box of recommendations. 

The consumers are aware that they do not have insight into the algorithms behind the recommendation 

system; however, they are also aware that most recommendation systems are branded as helpful and 

based on the preferences of the consumers. 
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The identified ambivalence regarding the recommendation system is one of the main themes we will 

bring into the qualitative investigation.  

The pre-study contributed to a qualitative investigation of consumers’ perception of recommendation 

systems by detecting the ambivalence and general positive view on Netflix recommendations. It has 

become necessary to make the participants in the focus group interviews aware of the algorithms 

inherent in Netflix recommendation system for them to be able to base their opinion on a more 

knowledgeable foundation.  

 

6.2 Focus group interview findings and analysis 

 

The following chapter will outline the findings identified through the coding of the two focus group 

interviews. To extract the most relevant findings for this research, the focus group interviews were 

coded to match the previously presented theoretical framework in figure 1. Analyzing the data using 

the theoretical framework will allow us to divide our research question into four sub-questions, that 

will finally help answer the research question.  

We will present how the participants in the focus group interviews answered questions within the 

theoretical topics of the ANT, critical consciousness, power theory and uncovering the black box of 

recommendation systems. Each of the four sub-parts will be presented according to the following 

structure: First an introduction to how the theory is applied, then the sub-question will be listed, 

followed by a presentation of the findings and analysis of the data within the areas of the sub-question. 

Sub conclusions for each sub-question will be presented at the end of each part.  

The first part will present the participants' relationship with Netflix. The second part will present how 

the participants raised critical consciousness toward new information on how the Netflix 

recommendation system operates. The third part will address to what extent the participants 

considered Netflix to exercise power over the user’s behavior and finally the fourth part will present 

the participants' interest in uncovering the black box of recommendations.  
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6.2.1 Relationship to Netflix  

The first part presents the view of the participants in the focus group interview on their relationship 

to Netflix by using the theory of ANT to analyze this relationship. The ANT views every actant in 

the network as equally important. However, since the focus of this paper is on the consumers' 

perception of the Netflix recommendation system, the analysis will focus on the users of Netflix view 

on Netflix and not on how Netflix views its users. 

 

As presented in the Theory chapter, an actor-network strives to be stable, satisfying the demands of 

the involved actants in the network. For an actor-network to be stable, each actant in the network 

needs to be able to translate the interest of the other actant, to accept their demands and to reach 

shared solutions. This also includes the changing behavior and interests of the actants that need to be 

continually aligned (Haiza and Zawawi, 2018).  If Netflix is not able to adapt to the change in users' 

interests and behavior, then Netflix risks users become unhappy with their service and eventually 

terminate their monthly subscription. The same may occur in cases where Netflix makes updates to 

its user interface, requiring its users to adapt to the new setup, risking users canceling their 

subscription. Unstable networks result in a negative relationship between the involved actants. 

However, if Netflix is able to adjust to the change in interests and behavior of its users, then the users 

are more likely to continue being happy with the service and the network remains positive.  

To determine the stability of the network, this part seeks to answer the following sub-question:  

 

How are consumers’ relationship to Netflix and its recommendation system? 

 

During the two focus group interviews the participants expressed both positive and negative feelings 

associated to Netflix and how Netflix affects their cultural consumption of movies and series, shaping 

the network in both a stable and unstable direction. Some of the participants also altered their opinions 

as the conversation progressed. Firstly, by expressing positive associations and later mentioning 

aspects of a more negative character, and vice versa. This disclosed that the participants did not have 

a clear definite positive or negative view of their relationship with Netflix. In the following part, the 

participants expressions of a positive and negative relationship to Netflix will be presented and 

analyzed as well as how they find new content using Netflix.  
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Positive relationship to Netflix 

 

Embracing the use of data 

Netflix uses the data of its users’ behavior while they use Netflix to create new content that matches 

the preferences of its users. When asked how the participants felt about Netflix using their data to 

create content, several of the participants mentioned associations to Netflix of a positive character, 

especially the use of data to create content was mentioned as a positive aspect of how Netflix 

functions. As expressed by one of the interviewed participants: “I am a big fan of them using my data 

to create content. They make good content” (I.1-H.B). According to another participant newly 

released Netflix productions were often considered to be good because of the success of previous 

productions:  

“So now it becomes like if a new Netflix original comes out, I’m just thinking okay it’s probably good 

because I liked the previous ones. So like for me I think it’s actually very creative and very innovative, 

because it’s something that hasn’t been done before” (I.2-K.L). 

The Netflix productions being creative and innovative were also reflected in another participant 

stating that the use of data to create content could even substitute the original artistic approach to 

creating content:  

“So, I mean great ‘art for art's sake. But if you could use data for it, what’s the point? If you can 

create relevant content for all the users, using data, I think it’s actually quite clever” (I.1-J.A).  

 

The use of data to create movies and series should be embraced to give a representative presentation 

of today’s society:  

“It should be embraced, because if movies and media and series is supposed to show every different 

side of society, isn’t the use of data maybe the biggest one that has service through the last couple of 

years” (I.1-J.H).  
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The participants were generally positive towards Netflix’ use of data to create content and some of 

the participants even seemed to be impressed by the cleverness of Netflix to seduce them to consume 

another Netflix production.  

 

However, if Netflix decides to use the data for other purposes than creating content, then the reactions 

were more of a negative character: “As long as it is not, like exploited for other means such as ads. 

If it is only for Netflix, the recommendations, I’m comfortable with it” (I.2-S.I.T). Another participant 

supported this view with an example of media showing their recommendations on other media 

services, stating it would be a violation of privacy:  

“I like getting recommendations and I don’t mind for that, but what I wouldn’t want is that if it was 

connected to Facebook or something. And they could use it for my messages. I think that is too much 

into privacy” (I.2-A.R).  

 

For the participants the line is drawn between internal use within Netflix to the benefit of the users 

and external use to the benefit of advertisers and other services. This seems to be an important issue 

for the participants 

 

 

Netflix recommendations used to find new content 

When asked how they found new content, the interviewed Netflix users pointed at friends or the 

Netflix recommendations system. However, the majority of the interviewed participants used Netflix 

recommendations to find new content, as one participant put it, it was always something he looked 

through, sometimes finding something he really enjoyed:  

“I always like look through them, but I am not sure how often I actually pick from them[…] But 

usually they’re often good movies and then some series I know that I’ve picked from the frontpage is 

like uhm… Peaky Blinders. That was just like always on my frontpage for like a month and then I 

binge watched that because that was amazing” (I.1-H.B).  

This shows also how much influence the number of recommendations has on the user. The more often 

and longer times the user is exposed to an add the more likely her or she is to follow the 

recommendation.  
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Another participant preferred choosing a recommended title when he had a short timespan: “I also 

use the ‘newest page’ or the ‘recommended to you’ page, and uhm…if I am just searching to find 

something quickly…” (I.1-K.C). The recommendations could also be used to explore more titles 

within a new genre, that a participant had recently been introduced to:  

“But I think also with the last one actually, when I have watched something that was a bit out of what 

I normally watch I get also more recommendations on that genre so that’s quite nice I think” (I.2-

A.R).  

 

Related movies and series were also discovered by a participant, by entering a liked movie or series 

in the search field receiving related recommendations: “Yeah, because I use that when, I’m in the 

movie or series, then it recommends other movies or series you can also watch this. Which I think is 

really good” (I.2-K.L).    

 

On the one hand the recommendations work well when the consumer has been exposed to a certain 

recommendation for a longer period of time and on the other hand recommendations work as an easy 

and quick choice for users in a hurry or who are less patient.  

 

Netflix recommendations preferred when watching alone 

Netflix recommendations were used by the participants to find new content but whether the 

participants would choose a title from the recommendations depended on whether they were watching 

alone or with someone:  

“It also depends on whether I am alone or if you are with someone else. When you’re with someone 

else you have to agree on something. But when I’m alone I like to pick somewhere from the frontpage, 

something that’s easy going if I am in the mood for that, or just go into the different genres, or press 

‘newly released” (I.1-J.A).  

Using the recommendation system to find a title to watch was easier alone compared to when 

watching with someone. The process of agreeing on a title to watch was also much longer and could 

become an exhausting process:  
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“I feel like, when… uhm with other people, that the browsing time is waaay longer than when I am 

alone. I’m like, I have a window, if I don’t find anything within that window I just pick something, 

but if I am with someone else, then I can just go on and on forever” (I.1-H.B).  

The recommendation system may help to find new content when watching alone, however, when 

watching with someone it did not add any value to the decision process.  

 

Summary on the positive relationship to Netflix 

In the beginning of the group conversations several of the participants expressed positive associations 

to Netflix using their data to create content, as long as their data was not exploited for other purposes. 

Netflix recommendations were scanned through when searching for new titles to watch and were 

preferable when short on time. The Netflix recommendations could also prove as a gateway to explore 

new genres outside the usual preferences of the users. Furthermore, the ease of choosing a title 

depended on whether the Netflix user was watching alone or with friends, finding it easier to choose 

a recommended title when watching alone.    

 

 

Negative relationship to Netflix 

 

Limited access to Netflix content following its recommendation system 

Several of the interviewed participants were disappointed with the seemingly limited access to Netflix 

content: “I actually always had the feeling that Netflix, that the collection of Netflix is very small. But 

it’s not, but it just feels like; okay is this all the movies they have? I’m a bit disappointed…” (I.1-J.H). 

It is how the Netflix recommendation system functions that led to another participant feeling annoyed 

with Netflix framing the access to its content:  

“I’ve actually been very annoyed with that…they always have to do it in some way that I can pick a 

genre, but then I can’t see all the content and then I get both series and movies” (I.1-H.B).  
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Furthermore, as Netflix divides its content into genres, some titles may belong to more than one genre, 

resulting in the same movie being presented in several rows, which caused frustration for the same 

participant: 

“If you go through those carousels it’s the same shit in the next one. And then you go a bit down to 

another category and then some of the same titles are in there. It feels like, alright, now I’ve seen 

everything that they have. But once you search for a movie and it says ‘titles related to this movie’ 

sometimes there I can just scroll forever and there is just so much” (I.1-H.B).  

 

The limited access to Netflix content as a consequence of its recommendation system was deemed 

annoying for some of the participants. However, the participants did not consider the alternative 

approach of using the search function to find content to be the solution for the problem, as this would 

merely cause an overload of options.  

 

Overwhelmed by information overload 

Even though the participants were feeling Netflix was limiting the access to its content, it was at the 

same time swamping its users with information when entering the platform:  

“I think it’s also just like that on the front page; there is just sooo much going on. There is like noises, 

there is sound, moving pictures and a lot of titles. You’re just like overwhelmed by all this 

information” (I.1-J.H).  

 

Another participant was also overwhelmed by how much new content was continuously released 

causing stress if a user wanted to keep up with the new releases:  

“All these new releases, all these new seasons. That all of the sudden you miss 20 hours of house of 

cards and then it’s like impossible to catch up unless you have a lot of extra time. And it’s really 

something I think is too much to navigate, it’s too much you know. I need something more specific” 

(I.1-K.C).  

 

It is clear that the balance between guiding and not limiting the choices of the users is crucial to satisfy 

users.   
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Irrelevant recommendations 

It was also brought up by a participant that she often considered the recommendations she received 

to be irrelevant: “Sometimes those that are ‘recommended to you’ I’m like; ‘really?!’ based on what? 

I don’t find them that relevant, many of the times” (I.1-S.I). Supported by another participant 

expressing her distress with the irrelevance of her received recommendations:  

“…there is so much going on, that you’re just flashed with this comedy show that I don’t want to 

watch and that’s on top and you need to scroll fast to get the noise to go away. And I find that feature 

really annoying” (I.1-J.A).  

The critique of the recommendations often being irrelevant shows how important it is that the 

“related” titles are really comparable in significant ways.  

 

Contradictory to the participants feeling they were limited in the titles they could choose among; other 

participants expressed that Netflix often presented irrelevant recommendations for the individual user 

and almost too many options in “titles related to this movie”. This implies that the user interface of 

Netflix can be considered chaotic and cause distress and frustration for the Netflix users.  

 

 

Sub-conclusion 

In determining how consumers’ relationship to Netflix and its recommendation system is, it is 

possible to declare what state of stability the Actor Network Theory (ANT) of Netflix and its users 

are in. The participants in the two focus groups were on the one hand generally positive towards how 

Netflix uses the behavioral data of its users to create new content. Furthermore, they were fond of 

using Netflix recommendations to find new content, especially when watching alone. On the other 

hand, the participants were negative towards Netflix recommendation system limiting the access to 

content on the platform and at the same time they felt overwhelmed by information overload when 

entering the platform. The participants also felt that the recommendations they received were often 

irrelevant and not matching their preferences. 

The participants had an ambivalent relationship to Netflix, but it did not seem like they were interested 

in cancelling their subscription and therefore the network can be characterized as stable to a certain 

extent.  
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6.2.2 Critical Consciousness of the Netflix user  

 

The second part of the analysis seeks to foster critical consciousness within the participants by 

introducing the participants to new knowledge on the algorithms of Netflix recommendation. As a 

result of the participants’ discussion of their thoughts on the presented algorithms of Netflix 

recommendation system, other topics such as the aforementioned use of data, competitors and 

potential improvements were brought up.  

To make the participants critically reflect on how Netflix recommendation system operates, the 

participants consciousness was increased. This was achieved by introducing the participants to 

knowledge on how much of their user behavior data was stored for future recommendations, how 

Netflix productions are based on user behavioral data, how Netflix uses an image algorithm to attract 

new viewers and the necessity of the user to apply hacks in order to access all of Netflix “hidden” 

data (question 4-8 in the focus group interview guide, appendix 3). 

As mentioned in the theory chapter, the aim is to make the participants move into the first stage of 

critical consciousness, the critical reflection stage. Here the intention is that the participants become 

able to identify and analyze the way Netflix recommendation system works and are not thoughtlessly 

accepting how Netflix operates, but view it critically. If the participants are able to critically reflect 

on how Netflix recommendation system works, then they can act in a more conscious way when using 

Netflix and remember to also consider their own personal interests when choosing a movie or series 

on Netflix in the future.  

By investigating the level of critical consciousness amongst the participants regarding the algorithms 

of Netflix recommendation system, the following analysis hopes to answer the following sub-

question: 

 

How do consumers critically reflect on gaining new knowledge of how Netflix 

recommendation system operates? 

 

The participants were presented to four questions tailored to make the participants critically reflect 

on the new knowledge of how Netflix recommendations system functions. As previously the case, 
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the participants both accepted as well as showed a critical distance to the new knowledge. Similar to 

the first part where the participants altered their opinions as the participants discussed a question, the 

participants did also change their perspectives when discussing the critical consciousness questions. 

At first, they reacted positively to the presented algorithm and later became critical and vice versa. 

Again, as was also the case for the first part, this indicated that the participants’ opinions were not 

one sided but more complex. The subsequent part will present the findings and analysis of the 

participants’ discussion of the four critical consciousness related questions, followed by a sub 

conclusion.   

 

 

Reaction to findings in pre-study  

The first question presented to the focus group participants was based on a finding from the pre-study. 

Here it was found that 80% of the respondents answered that they sometimes or very often choose a 

recommended title appearing on their homepage, while 90% also answered that they ‘sometimes’ or 

‘very often’ felt that the recommendations they received were the same as last time they visited 

Netflix. The participants were then asked to share their thoughts about this finding.  

One participant tried to explain the reason behind this pattern as consumers’ tendency to prefer the 

safe choice over the unknown:  

“I mean I think that I guess that a lot of people are choosing these series after depending on what 

feels safe. Being like, oh, I heard about this TV show, and then just choose it. But I guess that if you 

see a film that’s being pushed on the frontpage, that every time you go in and you feel like you’ve 

heard about it, that it actually feels safe in the end. So I think that could be a reason for me to choose 

a TV show, because I would feel like ‘oh but.. I’ve seen this everywhere’ but maybe just only on 

Netflix” (I.1-J.H).  

 

Choosing a title is also subconsciously affected by the recommendations. The presented findings also 

triggered a discussion of whether the recommendations they received were pushed by Netflix or based 

on their previous behavior: “…you don’t know it again if this series is really targeted to you or is it 

Netflix pushing their own productions to you” (I.1-K.C). Elaborated on by the same participant:  
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“but then you also lose a little, that the recommendations lose their value. Because then you don’t 

really know if the recommendations are really for you because you will like it, or is it because Netflix 

pushes it to you because they want you to watch it” (I.1-K.C).  

 

Another participant within the same focus group agreed, and considered it to lead to lack of credibility 

of Netflix:  

“I also think that with the ‘suggested for you’ that if there is content that I feel like is constantly 

pushed towards me and I don’t want to see it because it’s always in front of me, I also feel like it is 

not credible, like the algorithms are not made for me. Because it’s just .. not who I am. Uhm.. so then 

I think it’s like a lack of credibility... almost” (I.1-J.A).  

The fact that Netflix produces its own films and series creates a suspicion that Netflix prioritizes its 

own productions when making recommendations.    

 

The feeling of making the safe choice and being subconsciously affected by the recommendations 

was mentioned as arguments for why the Netflix users in the pre-study chose recommended titles, 

even though they were often the same. Not knowing whether the recommendations were pushed by 

Netflix or suited the preferences of the user, caused a lack of credibility of the Netflix 

recommendations.  

 

Accepting the use of behavioral data 

The participants were presented to the six main types of user behavioral data that are included in 

Netflix recommendation system (question 5, appendix 3). When presented to the user behavioral data 

stored by Netflix, the participants were not surprised and did not consider the stored user data to be 

an issue. The participants accepted that Netflix gathered data about their users to make 

recommendations, as it was perceived to be everyday practice of any company operating online, 

tracking the footsteps of its customers:  

“I guess I feel a bit monitored, but it doesn’t surprise me, obviously online. I mean I voluntarily went 

on a page and I assume that they wanted to collect my data as every other web page that’s out there. 

Unless they also sell everything for marketing I guess I am fine” (I.1-J.A).  
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This view was supported by another participant, who did not consider the data to be private: “I 

wouldn’t say it’s like super sensitive data” (I.1-J.H). And as explained by another participant, a user’s 

data was simply a part of a huge database: “We are a number in a huge database, so it’s not like it’s 

my personal data about how much I watch TV, it’s more like a number in a complex thing” (I.1-K.C).  

The participants accepted Netflix’ use of behavioral data to base its recommendations on, as the data 

was not considered to be sensitive or private data.   

 

Content leading to conformity in consumption 

When the participants reflected on the question of how they felt about Netflix making its content 

based on previous behavior of the consumer, concerns were raised by the participants. The 

participants were concerned with the effects on cultural consumption as a result of using data to make 

recommendations. As expressed by one participant in focus group one, making recommendations 

based on data may lead to conformity in consumption:  

“If you think about the role the media has in society, also to mirror, our culture or politics, which is 

supposed to be mirrored in media, it shouldn’t be packaged through something. It’s a way to avoid 

conformity that you kind of see something else, to see a reflection of society to see a thing you didn’t 

know. And this whole thing about that everything should be tailored digitally, according to 

algorithms, is something that in the long run would propose conformity on how you consume or see 

the world” (I.1-K.C).  

 

A participant in focus group two also talked about the risk that users get stuck in a self-confirming 

back-loop, because it is easier to consume familiar content:  

“I think you end up in like inertia. And the thing is that maybe as a user you don’t even know, like as 

with radical, that the user doesn’t know what they need or want. Because it is too radical, so maybe 

it’s the same with creativity, that creativity gets lost and it would actually be nice to have like 

something that is totally different, we are just not used to it anymore, because we are just like in our 

own kind of circle, where we watch the same over, and over and kind of dumb off” (I.2-A.R).  

The conformity in consumption also leads to less creative content being produced.   
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Neglecting the artistic approach in content creation 

Previously mentioned in part one, the participants embraced the use of data to create content, however 

after critically reflecting on the topic a participant presented his view on the matter as it being the 

wrong approach to creating content, neglecting the artistic approach:  

“I mean you really take the art out of film production. If you produce content based on algorithms, 

it’s like you don’t produce art for the sake of art anymore. I’ve been working in the film industry in 

the past, and that’s really the wrong angle or wrong approach to making movies or content” (I.1-

K.C).  

As also mentioned by a participant, the data approach to creating content leads to no diversity in 

consumption and removes the element of surprising the consumer: “It is just there is no diversity 

anymore… everything is shown is just based on what I have watched before, how can something new, 

really truly new come out?” (I.2-A.R).  

 

The participants touch a crucial point. The definition of art is that it represents new ways of looking 

at something so if content is based on algorithms it cannot be innovative in the original sense and it 

can be argued that it can no longer be art.  

 

 

Humans needed to make creative content 

Another critical reflection of the use of data to create content was discussed in focus group one. Here 

the necessity of human involvement in the creation of content was discussed. A participant talked 

about how humans need to be involved in the production of content for the content to be truly creative, 

or else the consumers risks getting stuck in a self-confirming back loop:  

“But I think it also depends, like to what extent is it creative only through data? I mean as long as 

there is gonna be this human factor making this surprise factor. Uhm… you know. I think otherwise 

you would be stuck in this ‘non education’ and very, like ‘limited’ as you said […] But I mean there 

is always gonna be like humans as well creating content” (I.1-J.H).  
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Another participant challenged this view, saying data could be used as a foundation for making 

creative content and then humans put the final touch on it: “Yeah maybe. But when you’ve data from 

millions from different continents, surely you can be quite creative and there is still a stacked value 

to it, because still, someone has to visualize. And this data is raw, you need to transform it into 

something” (I.1-J.A). To create innovative content humans must be involved.  

 

Summary 

The participants proposed that recommendation systems risk leading to conformity in consumption 

and creating self-confirming back loops for the individual consumer.  It was also mentioned that 

producing content purely based on data might risk leading to less diversity in future film productions 

and the consumers never truly experiencing surprises in films. However, another participant talked 

about the necessity of involving humans in any creation of content to be able to create truly innovative 

content.    

 

Negative initial reaction to the image algorithm 

When presented with new knowledge on how Netflix recommendation system uses an image 

algorithm, to choose the most suitable image of a title to present for its users (question 7, appendix 

3), the initial reactions of the participants in both focus groups were negative. In focus group one, 

two of the participants reacted the following way: “I feel cheap” and “No I feel cheated” (I.1-J.H, 

J.A). While in focus group two, participants reacted similarly, finishing each other’s sentences, 

describing how framed they felt:  

“I didn’t know they did that. This is a little bit… Sick right? Yeah. They really want to get you to 

watch everything. Yeah, it goes back to forming the consumer behavior, its… Framing basically” 

(I.2-A.R, S.I.T, P.E).  

 

One participant also questioned using the image algorithm to portray different images of a movie, 

risking that the image was not representative for the movie and therefore the user might be 

disappointed when watching it:  
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“I am also a bit like you said, shouldn’t it kind of portray what you’re about to watch? Uh... as good 

as possible instead of kind of being this uh… you know just searching for as many clicks on that movie 

as possible […] Because if they want people to be happy watching ‘Good Will Hunting’ I guess that 

they should use like the preview that best portrays the movie” (I.1-H.B).  

 

According to a participant the image algorithm becomes a tool used by Netflix to keep its users on 

the platform:  

“I think it’s harmful for Netflix if you only watch one genre. Cause they get sick of the platform; they 

think there is nothing there. And then you go to another platform […] So, what they want you to do 

is that they basically want you to watch everything on there, so you never get sick of it” (I.2-P.E).  

 

Regarding the specific printed example of the image algorithm presented in the focus groups, one 

participant even felt that went against the fundamental principle of recommendations:  

“But doesn’t it go against the whole recommendation thing, because like, it doesn’t fit with love or 

comedy, so it is kind of failure, if it’s not recommending you what you are into” (I.2-A.R).  

 

When presented to the image algorithm the participants were surprised and felt deceived by Netflix 

recommendation system.   

 

 

Image algorithm to discover new content 

After the initial negative reaction one participant in the first focus group had a positive reflection of 

how the image algorithm could actually help Netflix users  discover new content, they would not 

otherwise have watched. if the image was not tailored to match the preferences of the users:  

“No but it could be that they assume that you actually like this movie because similar users also like 

this movie. But they also know that, like, because of the image you might not choose it. And then you 

will miss out on this good movie. So, it could be that they just do you a favor” (I.1-J.H).  
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A participant in focus group two came up with similar claims suggesting that Netflix uses the image 

algorithm to expose its users to genres unknown by the individual users:  

“Maybe they want you to go into other movies as well exempt from your own genre, because then you 

get sick of it quite easily. And if they have these bridging things, then you can also go into other 

genres through this” (I.2-P.E).  

 

Furthermore, a participant recognized the image algorithm of Netflix as being a part of the general 

trend in advertising of making customized advertising: “I think it makes sense. I mean it’s like with 

all advertising. It’s customized. So, then it’s not like they’re lying to us. I mean if you don’t like the 

movie, you don’t see it again” (I.1-J.H).  Gradually the participants became more acceptant of the 

image algorithm and acknowledged the potential benefits of the algorithm. 

 

Summary 

The image algorithm was initially perceived by the participants as a dishonest tool used by Netflix to 

trick the user into watching a certain movie or series and a tool used to make the user stay on the 

platform. It was also perceived to be counterproductive for the recommendation system as the images 

of the titles showcased something they were not. After the initial negative reaction, some of the 

participants identified potential positive aspects of the image algorithm, such as it introducing new 

genres for the individual user by bridging to other genres. It was also pointed out that it’s a part of 

customized marketing, happening in all industries.   

    

 

Hacks to prevent overload of information and a limitation 

When presented with how it is possible as a Netflix user to use hacks to access all of Netflix subgenres 

(question 8, appendix 3), one participant responded that he understood why Netflix were using 

algorithms to prevent information overload for the individual user:  

“I mean they have definitely done this on purpose too. They probably don’t want like the choice 

overload that there is too much presented. And then you’re just like; okay fuck this, it seems like a 

big job to find something to watch. They want to make it as easy as possible to find something and 
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click on something. But then again they have to promote some stuff and leave some stuff completely 

in the darkness” (I.1-H.B).  

 

Another participant did not share the same opinion, stating the hacks as a limitation of Netflix: “I 

think that proved that they’re missing out on a function. If other people need to find out hacks to be 

able to find their way of like to navigate properly through their website, I think something is wrong” 

(I.1-J.H). It was even perceived to be manipulating by a participant: “It’s very manipulative I think” 

(I.2-S.H).  

 

Using hacks to access all the content on Netflix was both perceived as a means for Netflix to prevent 

overload of options and as a limitation of the service, manipulating with the access to content.   

 

Competition 

Throughout the two focus group interviews the participants naturally brought up related topics when 

discussing the questions. The participants discussed how Netflix was able to compete with cinemas, 

compared Netflix to linear TV (flow TV) and compared Netflix recommendation system to the 

recommendation system of Spotify.  

Besides the other video streaming services Netflix is competing with the cinematic experience and 

the movies shown in cinemas. The participants here focused on how Netflix movies were able to 

compete with movies shown in cinemas and how Netflix was challenging the original approach to 

production of content.  In the living room Netflix is competing with linear TV as a channel for cultural 

consumption. In focus group one, the expectation level of watching a show on linear TV compared 

to a Netflix show was discussed. On the more technical level of how recommendation systems work, 

Netflix recommendation system can be compared to the recommendation system of Spotify. 

Participants in both focus groups compared the perceived quality of the recommendations received 

by Netflix recommendation system to the quality of Spotify’s recommendations.     
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Competing with cinemas and removing creativity from the industry 

One participant talked about how Netflix had managed to compete with cinemas, revolutionizing the 

whole industry:  

“I think in terms of purchasing that the fact that Netflix can pretty much compete with cinemas, like 

some films are rather released on Netflix than on big screens. I think that’s huge in our digital age. I 

think that’s pretty amazingly done. To be a streaming service to revolutionize an industry so hard” 

(I.1-J.A).  

 

Another participant mentioned the negative aspects of Netflix being able to compete with existing 

players in the industry, removing creativity from established players:  

“Yeah, I think there is a big discussion within Hollywood, between the producers and directors and 

Netflix. Because Netflix is just like generating a lot of money. It’s mass. And then these directors say 

the whole creativity is going away. And they can’t produce anything anymore, because everyone 

chooses Netflix, because it is predictable” (I.2-P.E).  

 

Followed up by the same participant, the previously mentioned concern would become a significant 

problem if Netflix grows too much: “Becoming into inertia if you, if it gets too big and there is no 

room for other directors or other things anymore because all the money goes to Netflix. Then it 

becomes a problem” (I.2-P.E).   

 

Netflix is perceived as being able to compete with cinemas by releasing movies that can outcompete 

movies screened in the cinema. However, Netflix’s approach to producing content based on data may 

damage the creativity of the industry and there is a risk that Netflix grows too big, leaving no room 

for directors not producing for Netflix to exist.   
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Comparing Netflix to the consumption of linear TV 

As the participants talked about their relationship to Netflix in the first part of the focus group 

interview, the participants in focus group one naturally made a comparison to the consumption of 

linear TV. The participants thought differently of Netflix and linear TV consumption. A participant 

talked about how she had higher expectations when watching a Netflix series, compared to watching 

a TV show:  

“If I am watching a TV show or TV series on Netflix, I am expecting more than just zapping through 

TV. Then I can just be satisfied by watching something shitty, but doing it on Netflix I just expect it to 

be more than just a shitty TV show” (I.1-J.H).  

 

Choosing a show on Netflix implied a sense of co-responsibility that the show would be entertaining, 

compared to the relief of having no responsibility when watching linear TV, according to a 

participant:  

“It’s funny because when you pick something yourself you have, like, a responsibility for that show 

or movie to be entertaining, but when you’re zapping it is none of your responsibility” (I.1-H.B).  

This view was supported by another participant saying: “It’s like a commitment” (I.1-J.H), and 

followed up by the previous participant: “Agreeing. So its crazy that like streaming is better in every 

way, except the fact they have to make a choice and that’s enough to be like; fuck I miss TV” (I.1-

H.B). Another participant emphasized that it is exactly the relaxing and careless feature of watching 

TV that makes it so enjoyable:  

“That’s the beauty of linear television that you can consume media and just relax or don’t spend that 

much time on what you’re doing, you can just watch. Then there is news, then there is a commercial 

and then there is a cooking show; that’s fantastic” (I.1-K.C).  

The same participant also missed looking forward to a weekly released show:  

“I’m just not about this whole binge-watching concept. I mean I might sound old fashioned now, but 

I actually miss that you can look forward to next Thursday… Because it really drains the magic out 

of the almost set art of the media that you don’t look forward to something anymore, because you can 

always watch it, because it’s always there…” (I.1-K.C). 
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The participants had an almost nostalgic perception of linear TV. Consuming linear TV was perceived 

as a more careless mode of consumption with lower expectations of entertainment and weekly 

released shows to look forward to. Having to make a choice whenever consuming something on 

Netflix, was what made it more demanding to watch content on Netflix.  

 

Comparison to Spotify  

Participants in both focus groups spontaneously compared Netflix recommendation system to the 

recommendation system used by Spotify. In focus group two it was clearly expressed by a participant, 

that she preferred the recommendation system of Spotify: “I think Spotify for example is better at 

recommendations than Netflix” (I.2-A.R). One of the reasons for her preference was the playlist that 

Spotify makes for its users: “Yeah, but I think it is nice that for example the playlist that they make 

for you and give genres. It is very well curated” (I.2-A.R). According to a participant in focus group 

one, Spotify was better at giving recommendations because they opened up for more new genres to 

be explored by the user:  

“But it has both playlists like Netflix as well. This like recommended for you based on what you’ve 

been looking at or what you’ve been listening to. But Spotify also has this like; you might like this, 

but this is a bit different in regard to what you’ve been listening to. And that could be interesting as 

well for Netflix and it could be with different factors like… I don’t know. ‘You want to be surprised’” 

(I.1-J.H).  

 

Two of the participants preferred the recommendation system of Spotify to Netflix recommendation 

system, because they liked the playlist feature built into the recommendation system of Spotify. The 

playlist feature gave access to content they would not otherwise have found and suggested that Netflix 

made something similar.  

 

Suggestions for improvements 

As the participants in focus group one critically reflected on the new knowledge of how Netflix 

operates, they continuously brought up new ideas on how to improve the user experience of Netflix. 
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Two of the participants in focus group one suggested that Netflix could add the feature of ‘following’ 

someone.:  

“It would be cool… to be able to follow people. So that I could just see your list, or that I could follow 

because sometimes I just go on to a blogger that I read and then I see what she recommended and it 

would be much easier if I could just go into her account and just see…” (I.1-J.H).  

 

 While the other participant wanted to be able to follow directors and actors: “If you could just follow 

like some directors for example. That it would notify you if they have a new movie from this director 

or with this actor…” (I.1-S.I). Other suggestions for improvements were also made. A participant 

suggested Netflix added the feature of giving full access to its content: “…they should add the option, 

so that you can do the hard manual work and go through everything that they have” (I.1-H.B). 

Another participant suggested Netflix added a feature making it possible for its users to manually 

shape their recommendations:  

“you should be able to remove stuff from your feed, like you can do with commercials on Instagram 

or Facebook. So that you can mark this as ‘not relevant’ and then you can just start to like customize 

your own recommendation” (I.1-K.C).   

 

The participants suggested that Netflix added the feature of following other users and directors to its 

service as a way to explore new content. Netflix should also make it possible for the user to access 

all its content. Furthermore, it was suggested that Netflix were more transparent in telling the user 

why they received the specific recommendations. One participant even suggested that the user should 

be able to manually shape their recommendations. All of these suggestions show that there is room 

for improvements of the Netflix service and that the improvements the participants ask for all are 

about making it easier to choose a title so that they avoid making the decision themselves.  

.  
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Sub-conclusion 

To determine how the consumers critically reflected upon gaining new knowledge of how Netflix 

recommendation system operated, the concept of critical consciousness was applied. As mentioned 

in the introduction, the aim was to make the participants move into the first stage of critical 

consciousness, critical reflection, where the participants are able to identify the way Netflix 

recommendation system affects them.   

Presented in the table below is an overview of what factors the participants accepted and the factors 

towards which they were in the critical reflection stage.  

 

Accepting/Positive Critical reflection stage 

User behavioral data Reaction to pre-study findings 

Gradually positive reaction to image 

algorithm 

Initial negative reaction to image algorithm 

Hacks necessary to avoid overload of 

options 

Hacks as a limitation and manipulation 

Competitive with cinema screened 

productions 

Recommendation system leading to conformity in 

consumption 
 

Data based content leads to less diversity in content 
 

Human involvement needed to make creative content 
 

Data based content damage industry creativity 
 

Making a choice compared to linear TV 
 

Inferior to the recommendation system of Spotify 
 

Suggested improvements 

Table: 2: Critical consciousness reactions. Source: Own work 

 

The participants were generally accepting the presented algorithms they could see benefitted their 

user experience. On the other hand, the participants moved into the critical reflection stage when they 

identified the potential negative effects on a societal level and when they identified limitations of the 

Netflix service.     
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6.2.3 The power of Netflix 

The third step of the analysis attempts to comprehend to what extent the participants perceived Netflix 

to have power over their cultural consumption. In order to obtain the consumers’ perception of 

Netflix’s power, they were asked whether they agreed or disagreed with three statements followed by 

an open discussion of their answer. The three statements, asked into the consumers’ perception of 

Netflix shaping their taste, controlling their choices and whether Netflix helped their decision-

making. These statements followed the critical consciousness part, because we hoped it would help 

to give the participants a more nuanced view on the power of Netflix recommendation system. 

 

In the theory chapter the three dimensions of power were introduced. The aim of asking the 

participants of their attitude to the statement was to uncover whether they felt Netflix exercised any 

of the dimensions of power on them. By asking the participants whether they thought Netflix helped 

with their decision making, we gained an insight into the participants perception of the light power 

of Netflix, only slightly touching upon the one-dimensional view on power.  The second statement 

questioned whether Netflix made the choices for the participants seeking to uncover the participants’ 

perception of Netflix as exercising two-dimensional power, by setting the agenda of what movies and 

series to showcase on its homepage. The third statement regarded the participants’ perception of 

Netflix shaping their taste with the purpose of learning whether the participants considered Netflix to 

exercise manipulative power over them.     

To examine the participants’ perception of Netflix’s power, the following part will seek to answer 

this sub question:  

 

To what extent do consumers perceive Netflix recommendation system to have power 

over their cultural consumption? 

 

The participants were given a green (agree) and red (disagree) piece of paper to give their opinion to 

the statements, if they listed both it was listed as yellow. For each statement a table representing the 

two focus groups’ answers combined will be listed. Hereafter the answers from focus group one will 

be listed, followed by the answers from focus group two. If the same viewpoint was expressed in both 



63 
 

groups, it will only be listed once. The following part will present the findings and analyze the 

participants’ discussion of the three statements and give a sub conclusion.  

 

Netflix Recommendations helps decision making 

The first statement the participants were asked to declare whether they agreed or disagreed with the 

following: Netflix recommendation system helps my decision making  

Nine out of the 10 participants agreed with this statement, while one participant disagreed.  

 

 

 

The key points of their elaborated answers will be presented in the following. In focus group one 

everyone agreed with Netflix recommendation system helping their decision making, as expressed 

by a participant:  

“I think, overall, even though they hide some options and that they like… if the uhm… option would 

have been just to have like one big ass list of movies, uhm…with nothing recommended to me I think 

I would just re-watch everything. I would never do the job of going through everything” (I.1-H.B).  

 

This view was supported by another participant underlining the importance of receiving help in the 

decision-making process: “It would be impossible to navigate if you didn’t have some sort of criteria 

or selection there that could highlight content” (I.1-K.C). Another participant emphasized that a 

recommended title only meant that there is a chance she might like it: “Yeah, recommended doesn’t 

mean that I like it, it means that I can like it” (I.1-J.A). In focus group two, the four participants that 

agreed, shared similar arguments as the participants in group one. The only participant disagreeing 

with the statement, said that he often knew before entering Netflix what to watch:  

“Yeah as I said, I usually have an idea of what I wanna watch before entering Netflix, now you could 

say that the recommendations come from social media and its already sort of like, its based upon 

what Netflix is gonna recommend me anyways, so indirectly I might do it. But I don’t think it’s mostly 

the front page that I’m influenced by” (S.I.T).  

9 1 
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Overall, Netflix recommendation system is perceived as a helpful tool in the decision-making process, 

especially compared to the alternative of having to search through all the titles.  

 

Netflix recommendations controlling choices (two-dimensional view) 

For the second statement, the participants were asked to declare their opinion towards the following 

statement: Netflix recommendation system controls the choices I make 

The participants answered the following:  

 

 

 

 

In focus group one four participants answered disagree and one answered both. The participant who 

answered both was the first to elaborate on her answer, talking about how the consumer can believe 

that they are in control, even though they are subconsciously affected by what they see:  

“I think, I mean, humans like to believe that we have a free choice (people laughing), no but I mean, 

of course we do have a free choice but it’s like… I think we’re so framed and we’re so affected by 

what we see on the first page, so I think it’s a little bit of both. We’re not controlled, but I think we’re 

super affected” (I.1-J.H).  

 

Another participant was persuaded by what was said and supported the argument that Netflix to some 

extent could control what he would watch:  

“Yes, I agree. To some degree sure…they have some control over what I am gonna see. Because if 

they have things that they want me to see, I am probably gonna watch one or two, because it’s always 

gonna be on the front page. But I also use Netflix quite a lot to search for titles that I specifically 

want to see, that are not promoted there” (I.1-H.B).  

 

The previous participant replied, that Netflix could push any title on the frontpage of the users for a 

certain period of time, eventually convincing the users to watch it: 

2 2 6 
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 “But I mean it would be so easy for them to be like, okay let’s take this super unknown movie and 

push it to everyone on the frontpage for a month. Of course, people would start talking about it and 

people would watch it and it would be huge. It doesn’t matter if it is good or bad” (I.1-J.H).  

The conversation ended up in a discussion of whether they were controlled or influenced by the 

recommendations, agreeing that they are rather influenced than controlled by them. 

 

In focus group two, two of the participants agreed, two disagreed and one answered both. In the 

second focus group, the arguments for the recommendation system controlling the user’s choices 

were the same as in focus group one, that the users were subconsciously affected. This is apparent in 

the users’ tendency to choose a newly released title, they were exposed to continuously over an older 

one, not presented in the recommendations:  

“Because that movie that was like out five years ago, but I never see anymore, like nowhere, then 

why would I come up with wanting to watch that, whereas movies that I have seen on Netflix page, 

maybe subconsciously then at some moment later, I’m like uh I wanna watch that, not knowing that 

it was actually a picture I saw three days ago on Netflix” (I.2-A.R).  

A participant disagreed with the statement, that other factors also influence the decision-making: 

“Yeah, it’s true, but like for me I’m influenced by other things as well, if I see some movie poster or 

whatever…” (I.2-K.L). Another participant mentioned that whether she was controlled by the 

recommendations depended on the kind of setting she was watching in:  

“I think it depends on what kind of viewing mode you are in. If I wanna watch something with a friend 

or anything, then I know what I’m gonna watch, because I have friends that recommended it. Or I 

just have something on my list. Or otherwise I’m in bed and I can’t be bothered, then it affects me” 

(I.2-P.E).  

 

Netflix recommendation system controls the subconscious choices its user makes by continuously 

presenting the same titles to its users, which will eventually lead to the users choosing the titles. 

However, the users still make the final choice of whether to watch a title. Again, as found in the first 

part, Netflix recommendations prove most helpful when consuming the service alone.  
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Shaping taste (three-dimensional) 

The third statement the participants were asked to respond to was the following: Netflix 

recommendation system shapes my taste in movies and series  

The participants responded the following to the statement:  

 

 

 

  

 

In focus group one, four of the participants disagreed while one agreed. One of the participants 

disagreed with the statement because she found that recommended movies she believed to be bad 

would not shape her taste:  

“I mean, I would never look back thinking: oh, I saw this movie which I thought was really bad but 

then I watched it and now I like it just because, I mean… It has to be a good movie as well. It’s not 

just because of Netflix recommendation” (I.1-J.H).  

While the person who agreed with the statement, did once choose a recommended title that ended up 

with shaping his taste:  

“I have a green one. Because I didn’t watch documentary series as all, but it was kinda pushed 

through Netflix, like it was always there. And then I watched one and then after that it was just another 

and another one. So that was kinda like, I feel, I mean they helped me discover it” (I.2-H.B).  

 

In focus group two, three of the participants disagreed with the statement, while two participants 

declared both. One of the participants that declared both, stated that the recommendations did not 

shape her taste, but introduced her to new content, extending her taste:  

“It shapes what I sometimes watch, but it doesn’t shape my actual taste. It can open your eyes into 

something maybe. But not, I still have a very specific, or not specific, but I have a clear idea of what 

2 1 7 
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I like and what I don’t. It’s just convenient, I think, Netflix and the recommendations that they make” 

(I.2-P.E).  

After stating that her own taste was only affected sometimes, the same participant claimed that other 

people’s taste was affected easier than the group’s taste: “But I mean, I think it does shape a lot of 

people’s taste. But I think we are all quite well opinionated people” (I.2-P.E). This view on 

themselves as having strong opinions is challenged by another participant: “Yeah that we think of 

ourselves as we have strong opinions, but do we really?” (I.2-A.R). This critical view on themselves 

as not having strong opinions, was rejected by the other participant: “No, I think, it’s just shaping 

taste is a big word. I think it…” (I.2-P.E). Both agreed that it still gradually shaped the users taste:” 

…it’s still gradually, it can shape your taste slightly in a certain direction” and “yeah, of course” 

(I.2-A.R and P.E). However, at a later point the same participant that argued for less well-informed 

consumers being influenced by recommendation systems, added that the lazy consumers would be 

affected by recommendation systems and those were in most cases the unknowledgeable consumers:  

“Because you are lazy, so you listen to what they say…And then you subconsciously move into that 

direction, because you let it happen…And that’s if you are a non-informed consumer” (I.2-P.E).  

The same participant stated that the less informed user is also lazier and therefore more probable to 

follow the recommendations:  

“If you are into certain movies and you know what you like, then you know, you have so many people 

that use Netflix, they are lazy and they don’t care. And then they move into the direction, that Netflix 

want you too” (I.2-P.E).  

 

At a later point the same participant distanced herself from the recommendations she received, saying 

that she is not paying attention when she is watching something on Netflix and therefore it does not 

affect and reflect her taste:  

“Really, but I only indeed watch it when I’m cooking or in bed, you know. I don’t actually actively. I 

watch the same show five times. But it doesn’t mean that, that is something, you know actively pursue” 

(I.2-P.E).  

Another participant agreed with this view and added that Netflix cannot shape his taste because they 

are not capable of knowing what kind of viewing mode he was in:  
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“So even though it might seem that they are shaping my taste, they are actually not, because they 

don’t know what’s happening on the other side of the screen. Like if you are actually watching or 

doing something else, are you paying attention, are you on your phone. Is something happening 

subconsciously or not” (I.2-S.I.T).  

 

During a question asked in the critical consciousness part, a participant started spontaneously talking 

about how recommendations shaped the taste of consumers:  

“If you keep on giving a user certain recommendations, it’s going to become their reality. So that’s 

gonna become their taste in the long- term if they keep on getting recommended similar things, that 

are somewhat in the same box, I feel like it changes the consumer behavior” (I.2-S.I.T).  

 

The recommendations need to be of a certain quality before they can shape the taste of the user. 

However, if the recommendations are perceived as good and relevant for the user, then they are 

capable of shaping the taste of the user to some extent. A participant in focus group two divided users 

of Netflix into two groups, a well-informed and less-informed group, stating that the less-informed 

were more affected by the recommendations. The same participant later distanced herself from the 

recommendations considering them not to reflect her taste. This shows a discrepancy in her perception 

of one group being affected more by the recommendations than the other.  Earlier in the group 

discussion it was mentioned by a participant that recommendations shape the taste of consumers.  

 

Sub-conclusion 

By asking the participants about their opinion of the statements presented above, it was possible to 

determine to what extent the Netflix users perceive Netflix recommendation system to have power 

over their decision-making and whether they experienced the dimensions of power. The participants 

might have declared they ‘agreed’ with a statement and then argued for an opposing opinion and vice 

a versa. Therefore, it was not possible to draw conclusions from the participants agreeing or 

disagreeing with a statement, but rather from what was said.  

Firstly, Netflix recommendations were considered to be helpful in the decision-making process which 

can be characterized as Netflix having a light form of power over its users. Secondly, the 



69 
 

recommendation system of Netflix was perceived to exercise power within the two-dimensional view 

of power. This was evident in Netflix setting the agenda of what recommendations the individual user 

could choose on their homepage, without the user knowing the foundation for the received 

recommendations. The recommendations control the Netflix users by continuously presenting the 

same titles, tapping into the subconsciousness of the consumer.  Thirdly, Power within the three-

dimensional view on power was also experienced by the participants to some extent. The participants 

agreed that their taste can be shaped by Netflix, but only when the recommendations were good and 

relevant.  
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6.2.4 Uncovering the Black Box 

The fourth and final part of the findings will present and analyze the participants’ interest in 

uncovering the black box of Netflix recommendation system. To gain insight into the participants’ 

interest in uncovering the black box of recommendation systems, the participants were again asked 

whether they agreed or disagreed with a statement, followed by an open discussion of their answers. 

The fourth statement regarded the participants’ capability of influencing the recommendations they 

receive. This part also includes the participants’ answers to the question of whether they considered 

Netflix to be transparent.  

 

In the theory chapter, the theory on power and the interest of the individual user is presented. This 

part of the theory on power builds on the three-dimensional view of power, which states that the 

interest of the users may be shaped by the system working against their initial interests, forming 

adaptive preferences (Lukes, 2005). By asking the participants about their capability to influence the 

recommendations they receive, we are aiming at uncovering the participants perception of their initial 

interests versus the interests that are exercised by Netflix. Examining the participants’ perception of 

Netflix’s transparency, helps to uncover whether they have an interest in the transparency of Netflix 

and thus the black box of recommendation systems.      

To determine the participants’ interests in knowing how recommendation systems affect their 

consumption, this part will seek to answer the following sub-question:  

 

How interested are consumers in uncovering the black box of Netflix recommendation 

system?  
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Capability to influence the recommendation system 

The participants were asked to give their opinion on the following statement: I can influence the 

recommendations I receive on Netflix.  

The participants’ reactions were as follows:  

 

 

 

 

 

In focus group one, two participants agreed, one disagreed and the remaining two answered both. The 

participant that disagreed opened up the discussion, by saying he would not know how to influence 

the recommendations, because there is no way of knowing the reasons behind the recommendations 

and how the algorithms of Netflix recommendation system work together:  

“I really don’t know how it works and how I can do that. So… like again I don’t know what’s targeted 

and what are the contents based on my previous views, so I would say that I wouldn’t be capable to 

start the algorithms” (I.1-K.C).  

A participant that agreed with the statement claimed it was possible: “But maybe if you started to 

watch for like two months romantic comedies. Don’t you think that you’ll have more 

recommendations in that direction?” (I.1-J.H). This initiated the previous participant to ask another 

question to the other participants in the group: “What’s the point of manipulating Netflix in the first 

place? Uhm… just a general question?” (I.1-K.C). The need for influencing Netflix was considered 

necessary by another participant when preferences changed: “Yeah, if your opinion changes, that if 

you like something that you didn’t like before, you could change it so that they start to show you more 

of that stuff” (I.1-H.B). This view was also supported by another participant considering it as positive: 

“I think it’s positive manipulation. If you like A you might like B, C, D and then you just keep on 

going into that direction” (I.1-J.A). This revealed that Netflix does shape the interests of its users, 

making its users form adaptive preferences.  

 

In focus group two all the participants agreed to the statement. Here the question whether it was worth 

it at all trying to influence the recommendations was raised by a participant:  

2 7 1 
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“But the question is, would I want to do it?... Like would I even wanna put an effort in doing it. It 

takes effort, right, you would have to go in play something, go out play something, go out play 

something” (I.2-S.I.T).  

 

The other participants agreed to this method of consciously influencing the recommendations, 

however, questioning whether it’s worth the effort highlights the power of Netflix recommendation 

system.  

 

Transparency 

When the participants were asked whether they found Netflix to be transparent, different discussions 

arose, such as whether they even should be transparent:” …it’s a huge company, why would they be 

fully transparent? Then people would copy it” (I.1-J.A). This opposed to by another participant as 

perceived to be illegal: “no but that they would be illegal that they hide the ways of retrieving data 

from us” (I.1-J.H). This questioned whether Netflix in fact should be more transparent in its 

recommendations system. Another participant requested that Netflix became more transparent in their 

recommendations:  

“But I think it's more that on different services you can click why am I seeing this? And then it shows 

you; oh this one is particularly shown to you because you saw this and this and interacted with this 

and this […] but I’ve never stumbled upon exactly like that button ‘why am I seeing this’ or ‘remove 

this’ I don’t want to see this shit. You can’t do that and I think that that sort of transparency would I 

think be beneficial for them, I think there they can take some steps” (I.1-H.B).  

 

Another participant supported this view: “Yeah, also there are a lot of things that I just learned now 

in this focus group. So I think that there are a lot of things that could go better” (I.1-S.I). The same 

participant that previously argued for why Netflix should not be transparent, suggested this time that 

if Netflix was transparent, then they would expose their competitive advantage to companies like 

Amazon:  

“Why would they be transparent that they do these things?...So that Amazon would do the same thing, 

they might be more transparent in other things and that’s their competitive advantage, but they also 

want to stand out and this is a good way to do it” (I.1-J.A).  
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Another participant finally said that Netflix was transparent to the necessary degree: “Yes I think 

they’re honest and transparent in that they have to be legally transparent way. But they’re not 

transparent in the ‘let’s show you everything that we do know way’ uhm...” (I.1-H.B). 

In focus group two a participant said that Netflix was not transparent:  

“I would also say no, because you can’t see, like why did I actually get recommended this. There is 

nowhere this recommendation is coming from, is it like coming from your preferences, other people 

who watched that movies preferences. There can be so much different stuff that you don’t really know 

where is this recommendation coming from. Kind of.” (I.2-K.L).  

 

Another participant claimed that if Netflix decided to become transparent in what they do, that would 

be bankruptcy declaration:  

“I think you have to know so much. You can’t be transparent, really, they know too much. And I think 

if they would gonna be transparent, then that would gonna be their downfall. You can’t” (I.2-P.E) 

The participants did not agree that Netflix should become more transparent in general. A participant 

wanted Netflix to be more transparent on showing the reasons for its recommendations and another 

participant argued that Netflix being transparent would result in a loss of competitiveness.  

 

Sub-conclusion 

The participants believed they were capable of influencing the recommendations they received if their 

preferences changed and one participant expressed that their interests were being shaped by Netflix, 

leading to adaptive preferences. At the same time, the participants did not agree on whether Netflix 

should become more transparent. It can be assumed that the participants whose preferences have been 

adapted by Netflix are more positive towards the recommendation system of Netflix and therefore 

not interested in Netflix becoming transparent. While the participants not experiencing their 

preferences being adapted by Netflix, might be more interested in Netflix becoming transparent.   
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7. Discussion 

 

As presented in the literature review, four potential societal consequences of the influence of 

recommendation systems were identified; recommendation systems acting as facilitators of choice, 

influencing cultural taste, affecting diversity and consumer autonomy. Despite a focus on the societal 

consequences of the influence of recommendation systems, no identified literature researches 

recommendation systems from a consumer perspective. We seek to nuance the discussion of the 

impacts of recommendation systems by discussing how the consumer perspective on 

recommendation systems in general, and on Netflix in particular, is in line with or differs from the 

potential societal consequences identified in the literature review. 

The discussion is structured similarly to the analysis, following the four subjects; Relationship to 

Netflix, critical consciousness of the Netflix user, the power of Netflix and uncovering the black box. 

 

7.1 Relationship to Netflix 

 

As presented in the analysis, the focus group participants shared both positive and negative views on 

their relationship to Netflix and its recommendation system.  

An essential part of the participants experience with Netflix as consumers were whether or not they 

perceived the recommended content as useful. As explained by Morris (2015), the recommendation 

systems in platforms such as Netflix can be viewed as infomediaries, which assist consumers in their 

decision making (Morris, 2015). Morris (2015) argues that consumers have access to an unlimited 

amount of content online, which is why infomediaries are important to channel the relevant content 

to the individual user (Morris, 2015). In line with the societal perspective on recommendation 

systems, the focus group participants mentioned using the Netflix recommendations to navigate 

Netflix content and they often chose to watch content from the recommendations made for them. The 

use of the recommendations could indicate that the Netflix recommendation system was experienced 

by the participants as a valuable infomediary (Morris, 2015). However, the participants also expressed 
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dissatisfaction with the recommendations, indicating dissatisfaction with the Netflix recommendation 

system as an infomediary. Some of the negative aspects of the Netflix recommendation system were 

that the participants felt that Netflix could be overwhelming by pushing too much newly produced 

content, while at the same time limiting access to the full content of Netflix, as is the intent with 

infomediaries. Finally, some participants found the recommendations to be irrelevant and not targeted 

specifically to them. The findings indicate that although the participants in some cases found the 

Netflix recommendations useful there were still many aspects that could improve, indicating a 

consumer request for targeted and optimal infomediaries to navigate content, in line with the societal 

consequences presented by Morris (2015), while also maintaining a sense of autonomy and 

transparency (Morris, 2015). Finally, it can be questioned whether a company such as Netflix push 

their own original content to such an extent that it can be argued that the recommendation system is 

not as much an infomediary, as it is a marketing algorithm for consumers to stay on Netflix and watch 

original content produced by Netflix. This concern is also raised by Denworth (2015) as part of what 

constitutes the black box of recommendation systems and commercial platforms such as Netflix lack 

transparency (Denworth, 2015). 

Although the relationship between Netflix and its users seem to have many positive aspects that are 

in line with the facilitator of choice literature, there were also negative views towards the use of 

Netflix as infomediaries. Our findings showed that not all perceived the Netflix recommendation 

system to be helpful in navigating content, as is otherwise argued in the literature. 

 

 

7.2 Critical Consciousness 

 

This section will discuss how the answers given by the focus group participants can be interpreted in 

relation to existing literature. As presented in appendix 3 the participants were introduced to a selected 

number of underlying algorithms of the Netflix recommendation system with the aim of increasing 

their critical consciousness regarding how they were affected by the Netflix recommendation system 

in their cultural consumption.  
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When presented to the algorithms in the focus group interviews the participants accepted a few of the 

aspects of the algorithms in the recommendation system, however they raised concerns towards most 

of the presented algorithms. This section will discuss the most interesting aspects of the algorithms 

discussed in the focus groups. 

 

Pre-study Findings 

As presented in the pre-study findings and analysis in chapter 6, one of the most interesting results 

from the pre-study, was the fact that a lot of the respondents reported choosing content that was 

recommended for them, while also having the impression that they were often presented to the same 

recommendations over and over. When presented with this finding, the focus group participants 

argued that perhaps people tend to choose content from the recommendations because it might “feel 

safe”. The argument was that due to continuous exposure to the same content on their homepage it 

might feel more familiar and perhaps feel like a guarantee for good entertainment. However, as the 

focus group participants started reflecting upon the finding it was not apparent whether these 

recommendations were based on previous behavior, and thereby was a personal recommendation, or 

if it was Netflix pushing its own content due to its commercial purpose. From a consumer level, the 

focus group participants argued that the lack of transparency could lead to a lack of credibility as the 

consumers expect Netflix to recommend relevant content instead of primarily pushing Netflix 

productions. These findings indicate that once the black box of Netflix recommendation systems is 

critically reflected upon, the consumers start demanding more transparency of the infomediaries in 

their everyday lives. 

 

Behavioral Data 

Another underlying algorithm of the recommendation system in Netflix is the use of behavioral data, 

to help personalize recommendations. Overall, the focus group participants accepted the fact that 

collecting and using behavioral data was a necessity for a platform like Netflix. Readily accepting the 

use of behavioral data can be due to a variety of reasons, one being that consumers are getting more 

accustomed to companies using behavioral and personal data to provide an optimal service. Another 

reason could be that it seemed to be what the focus group participants referred to as “innocent data” 
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as they did not consider their Netflix data to be private data. Finally, while there was some 

dissatisfaction with the recommendation system in Netflix, to be an optimal infomediary, they still 

relied on Netflix to present them with relevant content (Morris, 2015), which can only be realized 

with the use of behavioral data. As Pasquale (2015) argues, the collection and use of behavioral data 

feeding into recommendation systems, acting as infomediaries, are all elements adding to what is 

referred to as the ‘Black Box Society’ (Pasquale, 2015). In line with Pasquale’s (2015) argument 

about the black box society, despite being presented with knowledge, that was meant to trigger the 

focus group participants’ critical consciousness during the interview, collecting and using behavioral 

data is now perceived as normal and necessary in order to receive an optimal experience or service 

and was not perceived by the focus group as invading their privacy (Pasquale, 2015). 

 

Using data to create new content 

Another essential aspect of the collection of behavioral data was the idea that data was used to identify 

what original content to produce next (Carr, 2013). This aspect of data collection was positively 

experienced by the participants, as they found the use of data to be a clever way to offer them relevant 

content. However, the focus group participants also expressed their concerns that data-based content 

could damage the industry’s creativity and they felt that human involvement was needed to ensure 

new and creative content. Further, when discussing content produced based on data, the focus group 

participants also argued that basing content on data could lead to conformity in consumption. The 

risk of creating a conform industry is also problematized by Möller et al (2018). As Möller et al 

(2018) states, when recommendation systems are not diverse, and data is produced based on the 

behavioral data generated from watching recommended content, people risk getting stuck in a self-

confirming feedback loop, influenced heavily by the industry (Möller et al., 2018). 

To sum up, the focus group participants accepted that their content recommendations were based on 

data, however, the participants became more critically reflective towards content produced based on 

data, as they shared the same concerns as presented by Möller et al (2018). As the focus group 

interview progressed, it became apparent that although the participants accepted Netflix collecting 

and using behavioral data, they did express their concern, regarding the future content being produced 

and presented to them. This reflection was not expressed before triggering their critical consciousness 

regarding the use of data and the underlying algorithms of Netflix. By introducing them to some of 
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the underlying algorithms of Netflix, the focus group participants became more aware that it might 

influence their cultural taste and cause a loss of creativity and originality in creative content they 

consume. 

 

The Image algorithm 

The image algorithm was another underlying algorithm in Netflix, that was presented to the focus 

group. As an initial response, the focus group participants responded with a critical reflection towards 

the algorithm, however, as the discussion progressed, the algorithm was thought of more favorably. 

As presented in the focus group interview findings and analysis in chapter 6, some of the different 

reactions were that some felt ‘cheated’ or ‘cheap’ while others felt they got framed by Netflix. These 

initial reactions indicated that they did not like how this image algorithm may have affected their 

choices, manipulating with their sense of autonomy. These findings showed that the respondents did 

not like living in a black box society, as previously presented by Pasquale (2015). Pasquale explained 

that we live in a society where people do not know how the algorithms within a recommendation 

system function and therefore do not know the different ways Netflix influence the decision-making 

process of its users. However, the consumers eventually started to move towards accepting ‘not 

knowing’ how the algorithms of Netflix function and participants actually started to defend the black 

box of recommendation systems and share arguments of why it was useful that Netflix implemented 

algorithms, such as the image algorithm. One participant argued it was useful to expose its users to 

genres that were unknown to them, followed by a participant comparing it to the advertising industry 

where everything was customized. These types of arguments showed that they were gradually 

acknowledging the image algorithm and instead of staying in their feeling of being ‘cheated’, they 

tried to understand the algorithm and made comparisons to other industries who might also somehow 

frame its consumers. Comparing the image algorithm seemed to legitimize the use of algorithms to 

persuade the consumer, instead of triggering a critical stance towards marketing algorithms at large. 

The focus group participants normalized the algorithm and readily accepted it as a part of their 

everyday lives, in line with the readily accepted use of behavioral data.  A reason for this could be 

that the focus group participants are part of a new generation, who are able to quickly adapt to new 

knowledge and who have technology as an integrated part of their everyday life. They are used to 

living in a digital era and might therefore be more willing to accept the algorithms affecting their 

choices and preferences, behind the surface. Another reason for the change in perception towards the 



79 
 

image algorithm could be, that the focus group participants were defending their autonomy in 

consumption, by accepting the underlying algorithms affecting their consumption. Instead of staying 

in a feeling of being cheated by Netflix, the focus group started embracing the fact that Netflix 

manipulated their consumption and the focus group participants seemed to reclaim their autonomy, 

by actively ‘allowing’ Netflix to influence their consumption of creative content because the 

participants now thought it was a good idea. Reclaiming autonomy also helps correcting their initial 

feeling of being cheated, as it can now be a good thing, Netflix did for them as consumers. 

 

Summary 

During the critical consciousness questions, some of the participants moved from accepting the use 

of data to a more critical stance towards the use of their data. As the participants gained more 

knowledge of the algorithms behind the Netflix recommendation system, their reactions were more 

in line with the potential societal consequences discussed in existing literature as well. Such as the 

fact that the participants said that they did not know the algorithm of the image algorithm shows that 

according to Pasquale (2015) they are living in a ‘black box society’ as they did not know how the 

algorithms that shapes their lives function (Pasquale, 2015). However, the participants quickly tried 

to find reasons why some of those algorithms were behind Netflix recommendations, indicating that 

the participants either accepted living in a black box society or actually defended the black box. 
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7.3 The power of Netflix 

 

As seen in the previous part, results show that the consumers of Netflix did not know much about 

how the algorithms behind the recommendation system of Netflix functions and were quite surprised 

during their critical reflection stage. Therefore, after they had a more nuanced view of Netflix, the 

aim was to find out to what extent they perceived Netflix to have actual power over their cultural 

consumption. Three statements were given to create a discussion about the potential power of Netflix. 

Findings from statements one and two are combined.  

 

Controlling decision making 

Results indicated that the focus group participants perceived Netflix to be helpful as a starting point 

in their decision-making process. This is in line with the point put forward by Morris (2015), arguing 

that the infomediaries are a necessity in order to navigate in the cultural content offered online, which 

leads to consumers becoming reliant on infomediaries to deliver relevant content (Morris, 2015). 

However, when discussing whether Netflix was controlling their consumption of creative content the 

participants had more diverse and less consistent opinions. The majority of the participants disagreed 

with the statement that Netflix was able to control their decisions. 

An interesting observation here was that the participants disagreeing or arguing for both sides were 

mainly discussing how it does control them to some degree. Throughout both focus groups, there was 

only one argument given for disagreeing with the statement. Furthermore, one participant who first 

argued for not being controlled but being highly affected, mentioned in a later discussion that she 

believed Netflix could control its users to watch something specific. Why their arguments were not 

in line with whether they agreed or disagreed is uncertain, however it can be that the participants were 

generally reluctant to admit that they were controlled to some degree, in line with the need to reclaim 

their autonomy in the critical consciousness section. This could be because they knew each other and 

were afraid of revealing that they were not in control of their own consumption in front of their peers, 

or it could be because they were not able to accept it as part of their self-image. Another reason could 

have been due to the type of participants. They were highly educated students who, according to one 

of the participants, liked to believe to have a ‘free choice’ and some would perhaps use personalized 
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marketing algorithms in their future line of work, which could influence whether they believed to be 

controlled by them or not.  

 

Shaping taste 

Findings revealed that the majority of the participants disagreed with the statement about Netflix 

shaping their taste. However, from a societal perspective, the literature indicated that when you drew 

the attention of a user towards selected cultural content, it would have the power to shape cultural 

encounters and thereby influence the taste of the consumer (Beer, 2013). To understand why the 

participants first seemed to disagree with this statement, it was important to look at the exact 

arguments given. As stated in the analysis chapter, the participants arguments against Netflix shaping 

their taste were not consistent with what they said. One of the first arguments given was that it might 

extend their taste, but not shape it. Another argument, given by two participants, was that Netflix does 

not know the mood of the consumer when watching. However, Netflix not knowing the mood of the 

user when watching, does not play a role in Netflix shaping its users taste. It can be assumed that a 

user will not watch something he or she was not interested in watching, so even though the user was 

not watching with full attention it still, to some degree, reflects the taste of the users. Interestingly, 

one of the two participants who provided this argument said the contrary during the critical 

consciousness questions. There he mentioned that Netflix could change a consumer’s taste in the 

long-term, but apparently, that did not apply to him. These types of inconsistencies show that, even 

though seven out of ten people first disagreed with the statement that Netflix could influence their 

taste, they might have chosen the ‘easy way out’. The thought of Netflix shaping their taste might 

have scared them and therefore their first thought was that it cannot shape their taste. Another 

potential factor influencing their answers could be the fact that they might view someone was lacking 

originality or autonomy, if they ‘let themselves’ be affected by the recommendation systems. 

However, when looking at the specific arguments given of why they disagreed, it was obvious that 

the participants found it difficult to provide clear and strong arguments and in many cases they even 

provided contradicting statements, indicating a strong need to distance themselves from being one of 

those people who do not have a taste of their own. 

Another interesting finding in this section was the discussion regarding the difference between 

knowledgeable and unknowledgeable consumers. A participant mentioned that the taste of consumers 



82 
 

who were less informed were probably more easily influenced than the taste of a better-informed 

consumer. The participant argued that when someone was lazy and did not pay attention, that this 

person would follow the recommendations and therefore let his/her taste be shaped. However, the 

same participant, claiming she herself was an informed consumer, distanced herself from the 

recommendations, as she claimed never to pay attention when choosing something to watch on 

Netflix. This would, according to her own definition, define her as a less-informed consumer, even 

when she had just claimed she was not. This indicated that even though a consumer might consider 

oneself to be an informed user, they were still affected and to some extent shaped by the 

recommendations they received on Netflix. Furthermore, it underlines that the informed type of 

consumer is regarded as more favorable in the focus group, making participants distance themselves 

from being seen as an uninformed consumer.     

 

Summary 

To conclude, the findings showed that it was a challenging task for the participants to agree or 

disagree with some of the statements. It seemed that they often chose to answer how they wanted to 

perceive themselves, but when they had to argue for their decisions, the arguments were not 

consistent. Therefore, it was not possible to draw conclusions from the number of participants 

agreeing or disagreeing with a statement, but rather from what was said. All the participants agreed 

that Netflix was helping them in their decision making and that these choices were subconsciously 

influenced by Netflix. Lastly, the participants agreed that their taste can be shaped by Netflix, but 

only when the recommendations were good and relevant. 

  

7.4 Uncovering the Black Box 

 

The final aim of the research was to find out whether the participants would like to uncover the black 

box of recommendation systems. How interested the participants were in uncovering the black box 

of recommendation systems will be compared to the findings made in the two previous parts: power 

and critical consciousness. As seen in the theoretical framework, the potential power of Netflix and 
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the critical consciousness of the focus group participants could both potentially have an influence on 

whether the participants felt the urge to uncover the black box. 

 

Influencing the recommendation system 

The findings showed that while one participant believed it was not possible to influence the 

recommendation system, as he did not know how Netflix functioned, the majority believed they could 

influence the recommendations in case their preferences changed. However, no clear arguments were 

given on how they believed they could do that. It was speculated that it was maybe possible by 

constantly watching a genre outside the usual preferences. Besides the ongoing speculations as to 

how one might influence the recommendation system, a discussion was started where the participants 

discussed whether it was worth to influence the recommendation system, as they believed it would 

probably take a lot of effort. 

When comparing this finding with the findings from the previous sections, it indicated that their 

answers were contradicting. For example, in their critical reflection stage, the participants raised 

concerns about the underlying algorithms of Netflix recommendation system, such as the image 

algorithm and the hacks needed to find all the content available on Netflix. Even though they were 

now familiar with these algorithms and they expressed that they did not know how the algorithms 

functioned, they still believed they could influence their recommendations. Likewise, findings in the 

power section showed the participants experienced Netflix to exercise power to some degree in all 

three power dimensions; the one, two- and three-dimensional view, contradicting the perception of 

user autonomy. One of these dimensions regarded Netflix capability of setting the agenda for its 

consumers. Although the participants had different views on whether Netflix had the power to set the 

agenda, another finding showed that the participants did not know what other content, besides all the 

recommendations and the content on the interface, was available on Netflix. Bearing in mind that the 

participants previously mentioned these arguments, supporting their lack of influence on the 

recommendation system of Netflix, they still believed to be able to influence the recommendations. 

A reason for believing they could influence the recommendations could be that they believed that 

they could influence them if their preferences would change. However, as the interests of the users 

have been subconsciously influenced by Netflix, which potentially created their adaptive preferences 
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(Lukes, 2005), it could be the reason why they have not yet experienced the need to influence Netflix. 

Netflix has constantly pushed new content to them with the aim of having them stay on the platform. 

The pushed content might have shifted their interest, without them noticing it. 

 

Transparency 

As presented in the analysis chapter, the participants had different opinions on whether they found 

Netflix to be transparent. Results showed that many thought Netflix was not transparent, however, 

they quickly moved to a discussion in which some of the participants argued that if Netflix would be 

more transparent, this would be a loss for their competitiveness, while others argued that they would 

like Netflix to become more transparent, as this would enable them to better know what personal data 

was used. It was interesting to detect that even at the end of both focus groups, some of the participants 

were still not interested in uncovering the black box of Netflix recommendation system.  

Even though the participants were critically reflective towards the majority of algorithms of Netflix 

recommendation system, they did in the end still accept it and would therefore assumedly continue 

as users of Netflix. A potential reason for this was that using Netflix is knowingly or unknowingly 

experienced as being a cultural norm. It is expected by your friends, family and colleagues that you 

have seen specific movies or series on Netflix. Before Netflix, people talked about which movie or 

series they had seen on linear television, whereas today people ask you what you have seen on Netflix. 

This indicates that having Netflix becomes part of everyday practices and part of people’s cultural 

consumption habits. The social element of having Netflix, could contribute to not questioning the 

effects streaming services such as Netflix could have on consumption of creative goods, whereas 

another argument might be that too much transparency and knowledge about the underlying 

algorithms are not deemed relevant by that participants, as they do not see or experience the potential 

negative consequences of it. 
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8.Trial and Error 

 

In order to find the most suitable method for researching the topic we investigated the use of two 

experiments, which will be described in the following section.  

 

8.1 Eye-tracking experiment 

The first experiment we tested was the eye-tracking experiment. The aim of the eye-tracking 

experiment was to track the behavior of Netflix users on Netflix and identify how influenced they 

were by the recommended titles on their homepage. The idea was to make an A/B test by having half 

of the participants choose a title using their own Netflix profile and the remaining half would choose 

a title on a not personalized profile. All the participants would be asked to share their Netflix account 

information before meeting up for the experiment and would therefore be in the belief that they were 

using their own Netflix account. The expectation was that the eye tracking device would show that 

the respondents using their own profile would be quick at deciding on a title to watch. We also 

expected the respondents using a nonpersonal profile would spend more time scrolling through the 

content on the platform before deciding on something to watch. After the participants hypothetically 

had chosen a title they wanted to watch, we would make them share their thoughts behind their choice 

and then together with them look at the results made by the eye tracking device. In this way we hoped 

together with the participants, to identify the influence of Netflix recommendation system and discuss 

whether they believed they were influenced.   

 

Challenges  

When testing the execution of the experiment it became obvious it would be challenging to carry out 

the experiment. The eye tracking device available through Copenhagen Business School was of an 

outdated technology and the eye tracking program kept stalling. Furthermore, the eye tracking device 

had never been used to track behavior on a website, which also contributed to an increased risk of the 

program stalling. Presenting the participants with a nonpersonal profile would also assumable be very 

easy for the participants to detect, as Netflix is constructed with rows including the profile’s 



86 
 

username. This would affect the experiment as the participants would not choose as freely as 

otherwise.      

Another challenge would be to determine when a participant was influenced by recommendations 

using the eye tracking device. It would require tracking the eye movement using a scale determining 

the influence of the recommendations dependent on how much time a participant would spend on 

looking at a title, before making his/her choice. However, determining the influence of 

recommendation systems would be impossible due to differences in user behavior and the 

impossibility of stating that a respondent would be influenced when spending a certain amount of 

time looking at a recommended title and still not choosing the title. It might have meant the opposite, 

a respondent looking at a recommended title for a certain time period and not choosing it might show 

they were not affected by the recommendations.  

 

8.2 User data experiment 

 

In the second experiment, the aim was to use historical data from the participants’ Netflix profile to 

create a persona profile from that data and test whether the participants would choose a title within 

one of the genres.  

 

We would ask the participants to share their historical usage data on Netflix with us before meeting 

up for the experiment. From the historical data, a persona profile of the participant would be created, 

listing the five most watched genres by the participant. The idea was that if the participants chose a 

title within one of the five genres then they might have been influenced by the recommendations, 

because assumedly Netflix only recommended titles within one of the five genres. Again A/B testing 

of having half of the participants use their own profile and the remaining half use a nonpersonal 

profile would show whether the participants using a nonpersonal profile would choose a title within 

the five genres and then the recommendations would not be considered to be influential.  Again, we 

hoped that while comparing the persona profile of his/her preferences with his/her actual choice, that 

we would be able to identify together with the participant how influenced they were by the 

recommendations.  

 



87 
 

The creation of persona profiles would remove all the challenges of using the eye tracking device, 

however, there were other challenges connected to conducting this experiment.  

 

Challenges 

Data safety could pose as a challenge as the participants might have felt reluctant to share their data 

because of the potential exploitation of the data for other means or they might have felt embarrassed 

sharing their viewing history.  It would require careful handling of the data within the GDPR rules.  

We simulated the experiment with the data history from Babette’s profile (co-author), ranging  days 

date at the time and a year back. In simulating the experiment, it became obvious that it would require 

a significant amount of time to create persona profiles for each of the 20 respondents, which was not 

possible within our time limit.  

Furthermore, we assumed that most Netflix users shared a profile with other household members or 

friends, making it difficult to create trustworthy personal persona profiles. We would also experience 

the same challenge as with the eye tracking experiment: It would be difficult or even impossible to 

conclude that a user was influenced by the recommendations when choosing a title within one of the 

preferred five genres.  

 

 

9. Criteria of quality 

 

9.1 Validity, reliability and generalizability 

 

Several frameworks and checklists exist that can be followed by researchers to evaluate the quality 

of a scientific study (Stige, Malterud and Midtgarden, 2009). Most of the frameworks and checklists 

stem from quantitative studies, which have resulted in researchers rethinking and modifying 

quantitative frameworks to fit qualitative studies. The researchers Kvale and Brinkmann are some of 

the researchers that have reinterpreted the original quantitative oriented traditional concepts: validity, 
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reliability and generalizability to fit qualitative studies (Kvale and Brinkmann, 2009, p. 245). 

However, some qualitative researchers are opposed to the transfer of these traditional concepts to 

qualitative studies, stating they originate from a positivist viewpoint, limiting the creativity and 

reflexivity of the researcher (Kvale and Brinkmann, 2009, p. 244). 

 

According to Justesen and Mik-Meyer (2010) the choice of criteria for evaluating the quality of a 

study is dependent on the philosophical view applied by the researchers. When taking a social 

constructivist view, Lincoln and Guba (1985) proposed the need to adjust the traditional concepts of 

validity and reliability to the related concept of ‘trustworthiness’ (Lincoln and Guba (1985) in 

Eriksson and Kovalainen, 2008, p. 294). Undertaking a social constructivist view, the truth is 

considered as socially constructed focusing on increasing the trustworthiness of the study. However, 

in Kvale and Brinkmann (2009) the concept of trustworthiness is incorporated in the traditional 

concepts of reliability, validity and generalization (Kvale and Brinkmann, 2009, p. 241). To gain a 

thorough assessment of the quality of the study Kvale and Brinkman’s (2009) adaption of the 

traditional concepts will be applied (Kvale and Brinkmann, 2009, p. 241).        

 

9.1.1 Validity 

The validity of a study depends on the truth and correctness of the study (Kvale and Brinkmann, 2009, 

p. 146). In social sciences, the validity of a study depends on whether the chosen methods investigate 

what they are supposed to investigate (Kvale and Brinkmann, 2009, p. 146). As the aim of the study 

was to present the subjective perceptions of students’ view on recommendation systems, the validity 

of this study depends on how thoroughly and rightfully it achieves to represent the perception of the 

target group. To give a fair representation of the participants’ perception of recommendation systems, 

the whole process throughout the study should be valid and support the conclusions of the researchers 

(Eriksson and Kovalainen, 2008, p. 293). We strived to achieve validity in all of the phases of 

undertaking this 

study.                                                                                                                                                      
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The literature review was thoroughly conducted and documented in order to state with certainty that 

no research of consumers’ perception of recommendation systems had previously been undertaking. 

By making a quantitative pre-study we gained an overall understanding of the perception of the target 

group of Netflix and its recommendation system, as well as insights into where the answers of the 

participants might be contradicting. The findings from the pre-study made it possible to ask the most 

relevant questions in the subsequent qualitative focus group interviews. Applying a qualitative 

method made it possible to uncover the actual perception of the target group and to gain a more 

nuanced understanding of the perception of recommendation systems. As already mentioned in the 

trial and error chapter, several methods were considered before deciding on applying the qualitative 

method of focus group interviews, because validity is obtained by exploring the sources of invalidity 

(Kvale and Brinkmann, 2009, p. 149). The trial and error process of searching for a method to 

undertake the research assured that the chosen method of focus group interviews was the optimal 

method to research this topic. In formulating the questions, careful attention was paid to not make the 

questions leading, as it would push the answers of the participants in certain directions. However, the 

interviewer’s body expressions may also act as positive or negative reinforcers for the given answers 

and thereby affect the subsequent answers of the participants (Kvale and Brinkmann, 2009, p. 172). 

The bodily expressions are hard to control and not expressing anything can also be understood in 

certain ways by the participants. We strived to reduce the effect of body expressions by not making 

our bodily expressions leading in any direction.  

 

The transcription of focus group interviews can be chaotic and challenging (Kvale and Brinkmann, 

2009, p. 150). This is due to the inclusion of multiple voices in the interview and sometimes more 

than one person talking at the same time. It is not possible to make a true objective transformation of 

oral data to written data, and therefore the aim should be to make a transcription that is useful for the 

research purpose (Kvale and Brinkmann, 2009, p. 186). The inclusion of pauses and hesitations in 

our transcription also highlights how much thought the participants put into answering the questions. 

The above-mentioned measures taking improves the likelihood of producing valid results.  
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9.1.2 Reliability 

The reliability of a study is dependent on the consistency and trustworthiness of the research findings 

and it is concerned with the ability to reproduce the findings at other times and by other researchers 

(Kvale and Brinkmann, 2009, p. 245). The ease of reproducing a study of this kind is dependent on 

whether the participants will alter their answers during the interview and whether they would answer 

differently dependent on the interviewer (Kvale and Brinkmann, 2009, p. 245) 

As mentioned in the analysis, throughout the focus group interviews the participants continuously 

changed their perception of Netflix and its recommendation system from a generally positive to a 

generally negative view. This might indicate that the chosen interview method is invalid; however, 

Brinkman and Kvale (2009) argues that this may in fact show the sensitivity of the interview method 

in detecting the multiple nuances and complexity of social attitudes (Kvale and Brinkmann, 2009, p. 

252). The focus group interviews enabled participants to challenge each other’s perceptions and 

constantly present positive and negative views to each other.     

The reliability of the transcription was ensured by cross-coding both interviews, meaning that we 

each coded an interview and thereafter the other researcher would check if he/she agreed with the 

codes. Cross-coding of the interviews were conducted to make sure we had the same understanding 

of the participants’ answers and to double check the signs for pauses and restarts, here period and 

comma, were placed at the same places in the utterances to bring across the intended meaning of the 

utterances of the participants (Kvale and Brinkmann, 2009, p. 158). 

 

9.1.3 Generalizability 

If the study is deemed valid and reliable, the next question is whether it is generalizable. 

Generalizability in qualitative research deals with the degree the produced knowledge in a specific 

interview setting can be transferred to relevant situations (Kvale and Brinkmann, 2009, pp. 260–261). 

It is difficult to determine whether this research is generalizable as no other research has been 

undertaking in the field. However, because the sample group has been self-selected, it cannot be 

statistically generalized to the population at large (Kvale and Brinkmann, 2009, p. 262). Nevertheless, 

it can be assumed that following the interview guide it is possible to obtain similar results from other 

participants within the same age group as the participants in the target group. If a similar research is 
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conducted on another target group, it will be uncertain whether the same findings will be found. The 

study of people's perception is very delicate and especially in focus group interviews where the 

opinions of others also affects the expressions of the individual.  

 

 

10. Conclusion 

  

This thesis aimed to investigate consumers perception of the potential influence Netflix, and the built-

in recommendation system, could have on their cultural consumption. Potential societal consequences 

of recommendation systems have been discussed in existing literature; however, to our knowledge, 

no prior research has viewed recommendation systems from the consumer perspective. 

Recommendation systems help consumers navigate in the flood of content online, however it is not 

clear how recommendation systems operate and how data is used to construct and maintain them. 

Recommendation systems are black boxes, that consumers meet constantly online, without knowing 

the consequences of these systems. For these reasons this paper set out to explore consumers 

perception of the black box of recommendation systems in general and Netflix in particular. 

  

A general understanding of consumers perception of Netflix and its recommendation system was 

achieved through the conduction of a pre-study questionnaire. The results from the pre-study showed 

that the respondents generally had a positive view on Netflix and its recommendation system, 

however the findings also indicated an underlying ambivalence regarding the perception of Netflix 

and its recommendation system. On the one hand, the respondents found the content to be lacking in 

diversity and on the other hand they still watched it. The consumers believed the Netflix 

recommendation system did not control their choices, nor shape their taste and that they could 

influence the recommendations they received, while at the same time, they found the recommendation 

system to be lacking in transparency. This detected ambivalence could be viewed as the consumers 

accepting the black box of recommendation systems or it could be a result of people’s limited 

knowledge about the black box of recommendation systems. 
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In line with the findings from our pre-study questionnaire, the focus group participants also expressed 

an overall ambivalence when discussing their relationship to Netflix, when presented with the 

algorithms in the Netflix recommendation system in the critical consciousness question, when 

declaring their view on the power of Netflix recommendation system and whether they were 

interested in uncovering the black box of recommendation systems. The ambivalent view on Netflix 

and its recommendation system can be explained by the fact that the target group perceive themselves 

as enlightened and autonomous consumers living in a black box society and still believing they are 

in charge of their decisions. The target group participants acknowledge that consumers can be 

influenced by Netflix and its recommendation system, but they are not capable of recognizing to what 

extent they themselves are influenced.   

 

 

11. Limitations and challenges 

 

This chapter presents the limitations and challenges that emerged throughout the research. The 

limitations and challenges can affect the understanding of the results and are therefore essential for 

reflection and thereby improvement of future research.  

 

An overall challenge of conducting this research has been the investigation of the perception of a 

subject. An individual’s perception of a subject is most often not definite and can alter depending on 

different parameters such as the mood of the participant and the dynamics of the focus group. An 

individual’s perception of a subject may also be affected by a dominating participant in the focus 

group (Dilshad and Latif, 2013). The dominating participant might convince the other participants to 

support his/her arguments or it might happen that reserved group members feel reluctant to express 

their opposing views. The perception of an individual may as well alter depending on how the 

questions are formulated and articulated. If a question is asked with a certain excitement in the tone, 
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this may lead to the participants reacting more surprised. The above-mentioned arguments show how 

difficult it is to ensure that the participants share their actual opinion of a subject. Another final 

limitation regarding researching the participants’ perception is that the recommendation system of 

Netflix is constantly developing and at the same time new devices for consumption are being used 

and consumption behavior is changing. Therefore, the findings made in this study might need to be 

revised in the near future to keep up with the technological development. 

 

Limitations and challenges were also present in the conducted focus group interviews. The open-

ended nature of the responses in focus group interviews makes summarization and interpretations 

difficult (Sprenkle and Piercy, 2005, p. 95). The small sample of the target group used in the focus 

group interviews makes it difficult to generalize the findings for the whole target group (Nassar-

McMillan and Borders, 2002). The participants also knew each other, which may have affected the 

participants to act in a certain way and may have withheld them from sharing their honest opinion. 

 

 

12. Future research 

 

The research has led to insights into the target group’s perception of Netflix and the influence of its 

recommendation systems on their cultural consumption. To expand the research, the following areas 

could be interesting for future research: examine another target group’s perception, include the 

perception of users who have cancelled their Netflix account, investigate how consumers perceive 

other recommendation systems and finally apply another research method.  

 

Future research of another target group’s perception of Netflix and its recommendation system, would 

broaden the perspective of this research as well as overcome the limitation of having a small sample 

group. An interesting target group could be the age group of 60+ year-olds, because they have not 

been raised in the digital era. Presenting the 60+ year-olds with the critical consciousness questions 

assumedly will generate more critical reflection as they are less used to the influence of technology.     
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It could also be interesting to include the perception of consumers who are not users of Netflix, but 

have been in the past. The reasons why they are not users of Netflix might be due to some of the 

concerns raised by the participants of this study and therefore adding their perspective could 

potentially support the societal consequences presented in the literature review.   

 

The target group participants did not consider the data that Netflix stored of their user behavior to be 

sensitive data. It could be interesting to find out how consumers perceive the influence of 

recommendation systems in a search engine tool such as Google that has an obvious commercial 

purpose of making its recommendations. If the participants were presented the algorithms behind the 

recommendation system of Google, they would probably have reacted in a more critical way, due to 

the purpose of Google gathering their data.    
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Appendix 2: Pres-study questionnaire 
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Appendix 3: Focus group interview guide 

 

 

 

Theme/theory Question Elaborative 

question 

Introduction to 

the study 

 

 

 

 

 

 

 

  

Thanks again for participating. We are writing about the 

usage of Netflix and are interested in learning about your 

habits and perceptions. We have prepared some questions 

that we would like you to discuss. There are no right or 

wrong answers and everything will be recorded and used for 

our assignment. 
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Q.1 

Introduction by 

the participants 

- Can you please state your name and your relationship to 

movies and series?  

- What 

streaming 

services do 

you use? 

Q.2 Relationship 

to Netflix  

From now on, it’s just you pitching in to share your thoughts 

 

- Please tell us how you find a new movie or series on 

Netflix? 

 

 

- how do you 

make your 

decisions?  

 

Q.3 Critical 

consciousness 

As most of you know we have sent out a survey about the 

usage of Netflix.  

 

Now we will present you with some of the results from the 

survey and have you discuss your thoughts about the 

findings.  

 

When asked “how often do you choose one of the 

recommendations appearing on your homepage?” 80% of 

the respondents answered sometimes or very often.  

And when asked: “Do you feel the movies and series 

specifically recommended for you are often the same as last 

time you visited Netflix?” 90% answered sometimes or very 

often. 

 

- What are your thoughts about this, have you even thought 

about this before?  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

- What would 

you do in a 

situation like 

this, visit 

other 

streaming 

services?  

 

Q.4 Critical 

consciousness 

- Do you know what the recommendations presented to you 

are based on? 

- If no, do you 

have a guess 

of what you 

think they are 

based on? 

Q.5 Critical 

consciousness 

According to the website of Netflix the main factors that are 

included in its recommender system are  

• The users interactions with its service 

• Other members with similar tastes and 

preferences 

• Information about the titles 

• The time of day the user watches 

• The used devices 

• For how long the user watches in a session.  
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(printed out for the participants) 

 

- How do you feel about Netflix making its 

recommendations based on all of this data?  

Q.6 Critical 

consciousness 

Data is not only used to create the recommendations, but 

also to choose the movies they produce and purchase to 

present on their platform. Stranger things is one of their 

titles produced in-house by Netflix completely based on the 

data of the users. They knew beforehand it would become a 

success based on the users behavior. 

 

- What’s your opinion of Netflix producing its future content 

based on your previous behavior? 

 

Q.7 Critical 

consciousness 

 

Netflix has introduced an image algorithm. Different images 

are created for each title using the algorithm to choose what 

image to show, that best matches the preferences of the 

user.  

 

How it works is for example a user who has watched a lot of 

romantic comedies might be interested in ‘Good Will 

Hunting’ if the image of Matt Damon and Minnie Driver 

leaning in for a kiss is shown, while another user interested 

in comedies, might be more interested in ‘Good Will 

Hunting’ from seeing an image of Robin Williams  

(See image below table) 

 

 
 

- Have you noticed this and what is your opinion of it? 

  

 

Q.8 Critical 

consciousness 

Netflix does not show all its content on the users homepage, 

only presenting the general genres that match the 

preferences of the user. Hacks have now made it possible to 

write in codes in the URL to uncover all the movies 

belonging to the hidden sub-genres.  

 

- Have you heard about the hacks before?  
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What is your opinion of Netflix not making all its content 

accessible?  

 

What do you think about it being necessary to use hacks to 

find all the content on Netflix? 

Do you use 

them? 

 

Making it 

necessary to 

make hacks to 

get all the 

content to 

appear? 

Q.9 Power 

We would like to present four statements for you and have 

you place a colour in the middle presenting whether you 

agree or disagree. 

 

Please shortly comment on your answer 

- Netflix recommendation system helps my decision 

making? 

- Netflix recommendation system controls the choices I 

make? 

- Netflix recommendation system shapes my taste in movies 

and series? 

 

   

 

Q.10 

Uncovering the 

black box of 

recommendation 

systems  

 

- I can influence the recommendation I receive on Netflix? 

 

- Do you consider Netflix to be transparent?  

 

 

 

 

Please 

elaborate on 

your answer.  

 

Appendix 4: Pivot table of the contradicting finding 
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Appendix 5: Example of coding 

 

S.I.T: I think it goes back to what I was saying earlier, that it becomes like somewhat unoriginal. 

And instead of it being drastically innovation, its just an innovation that goes vertically. It doesn’t 

move on. It just stays at one stage, which is like, can get boring. And tiring, because you don’t 

really get any new ideas from what you are watching, its just the same thing over and over again. 

Which usually results in like mass consumption. Instead of like going in watching one 

documentary, learning something new. And the next day watch something else. 

  

P.E: Yeah, I think there is a big discussion within Hollywood, between the producers and directors 

and Netflix. Because Netflix is just like generating a lot of money. Its mass. And then these 

directors say the whole creativity is going away. And they can’t produce anything anymore, because 

everyone chooses Netflix, because it is predictable. 

  

S.I.T: Yeah (agreeing) 

  

P.E: So yeah, they have… There is a mass debate about what kind of movies you wanna make. Its 

smart, its super smart what they are doing. I mean this is exactly the way you get these people 

addicted to your platform. But its art commerce thing. 

  

A.R: I think you end up in like inertia. And the thing is that maybe as a user you don’t even know, 

like as with radical innovation, that the user doesn’t what they need or want. Because it is too 

radical, so maybe it’s the same with creativity, that creativity gets lost and it would actually be nice 

to have like something that is just totally different, we are just not used to it anymore, because we 

are just like in our own kind of circle, where we watch the same over, and over and you kind of 

dumb off. 

  

(Everyone agreeing) 

  

A.R: Which is sad. 
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K.L: But like in regarding the Netflix Originals, like for me I have watched a lot of the Netflix 

Original like series and movies, and I think, they are really good. So now it become like if a new 

Netflix original comes out, I’m just thinking okay its probably good because I liked the previous 

ones. So, like for me I think its actually very creative and very innovative, because it’s something 

that hasn’t been done before. Like I haven’t seen exactly that kind of stuff before, that they make, 

so I’m like if something new comes out from Netflix I’m gonna see it, because probably is going to 

be good in like, my opinion. Sometimes its not, but usually it is. So yeah, I don’t know, I just think 

its actually pretty good, creative. I think all of the series… 

  

P.E: Yeah, I mean, if you get attached to a brand and then you watch everything that they make. But 

if you watch things according to your taste then it is not… 

  

K.L: (Agreeing) 

  

P.E: I think, I don’t know. I think it is becoming a bit genuinely a bit how does you say that. 

Becoming into inertia if you, if it gets too big and there is no room for other directors or other 

things anymore because all the money goes to Netflix. Then it becomes a problem. 

  

A.R: It is just, there is no diversity anymore. Because that nice about it, that you have different 

genres and different styles of directors and everything is shown is just based on what I have 

watched before, how can something new, really truly new come out? 

  

P.E: But it is also, not only about what people have watched before. Its also about what people look 

for, so if you put these search tables in stuff, that also takes into account, they buy other data 

from… 

  

S.I.T: But if you keep on giving a user certain recommendation, it’s going to become their reality. 

So that’s gonna become their taste in the long term, if they just keep on getting recommended 

similar things, that are somewhat in the same box. I feel like it changes the consumer behavior. 

  

P.E: Yeah definitely shape taste. I agree. 
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Appendix 6: Coding Tree 
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Appendix 7: Sample of Codes used in the Analysis 
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