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Abstract 

Society has become a “digital society” where most interactions are now happening in the digital 

space. Therefore, the objective of this project is to gain insights into dynamic consumer behaviour 

on Samsung Mobile Facebook and provide practical recommendations on how to improve Search 

Engine Optimization (SEO) strategies. This leads to the following two research questions: RQ1: 

“What could big social data analysis from Samsung’s Mobile Facebook page say about their user's 

dynamic behaviour on Facebook platform and how does affect consumers buying behaviour?” and 

RQ2: “How could Samsung use textual analysis of user-generated content on their Facebook page 

to improve organic search (SEO) presence on Google Search Engine and drive organic traffic?”. 

The need of answering latter research questions arises from the amount of social data generated 

online that could be intelligently used for optimization of marketing and business strategies. 

Conceptual framework presents concepts and theories necessary to understand problem 

formulation, research questions, and data analytics methods and techniques, while related work 

sums up insights from the industry sector, similar research questions, and data analytics. Data 

analytic tools such as Excel, Tableau, MUTATO, MOZ, Keywordtool.io were used for time-series 

data visualization, keyword analysis, topic modeling, brand sentiment, domain classification, and 

SEO potential analysis. The research has found that Samsung Mobile Facebook community mostly 

engages on Product Introduction type of posts, that are videos or photos by liking and commenting, 

followed by joyful emotions and neurotic personality tendencies. Consumer decision-making stages 

analysis has identified Knowledge, Awareness, and Purchase as primary stages, which is really 

positive from the conversion rate optimization perspective. Text analysis of user-generated content 

has identified English as a primary communication language followed by Spanish that can be used 

for tailored marketing strategies. In addition, keyword analysis and topic modeling presents 

keywords such as galaxy s8 review, galaxy s8 specs, galaxy s8 plus case, galaxy s8 battery life, 

galaxy s8 removable battery and other topics that can be used by Samsung for SEO strategies to 

drive organic traffic. 
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1. Introduction 

Topic 

Internet has changed the way we socialise and communicate and use social media. Mobile 

communication applications has enabled us to receive and send text messages and make 

audio/video calls for free between users as well as enabled various brands to advertise for relatively 

small fees. Our new digital lifestyle and the evolution of Information Technology had led to the 

innovation of social media platforms and vast amounts of personal data that is available for 

advertisers to use for their personalised messages.  

In addition to personalised advertising, social media is a communication platform. In his 

“Understanding Social Business” article, Ravi Vatrapu defines social media as “networks which are 

fundamentally scalable communications technologies that turn internet based communications into 

an interactive dialogue platform” (2013) which as an accurate identification that social media has 

become a platform to communicate both ways - a dialogue platform. This has led many companies 

to clearly communicate their messages on social media platforms as well as provide instant 

customer support in a dialogue form of personal messages and social media comments. Moreover, 

companies are also able to create a word-of-mouth effect on social media by spreading relative 

messages that can travel from one person to another instantly, generating a positive spread of 

content. Therefore, it is crucial for most businesses, if not all, to have their presence on primary 

social media platforms such as Facebook. 

Social media platform Facebook, as of third quarter of 2017, had 2.07 billion active users on their 

platform (Statista.com, Number of Facebook users worldwide) allowing company to retain their 

name of the major social media platform worldwide. With this amount of active users Facebook has 

collected tons of personal user data as well as business data on their platform that can be now used 

for advertising and communication. Friendly business page interface allows brands to perform 

various basic visual analysis without needing to learn how to program or to read data. However, for 

more in-depth analysis, special big data processing skills could be very beneficial.  
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Big Social Data analysis could help companies to optimize their business processes such as 

product/service promotions, customer support, new market identification, advertising strategies or 

Search Engine Optimization (SEO) strategies.  

Importance 

Understanding the analysis of customer data is the best competitive edge for most businesses to 

provide superior support and scale businesses. In order to outrank competitors, businesses have to 

recognize and make sense of data available to them as well as incorporate relative findings into their 

value creation as a business (Wieneke A. & Lehrer C, 2016). 

Mobile electronics industry have gained enormous popularity in recent years. A variety of mobile 

phones, tablets, wearables and similar products have hit a market making it a difficult choice for 

consumers to choose the best option for their personal needs. Data analysis allows to gain rich 

insights into consumer lifestyles in order to create a product-market fit for their target groups. And 

yes, target groups or even an individual (not a single target group). That is because even though 

businesses can identify their primary target group, you can always find some slight differences 

based on their online behaviour which might be influenced by geographic location, gender, age and 

similar factors. The primary purpose of having sub-target groups is to tailor advertising content, 

SEO strategies and even perform product performance analysis based on the particular location. 

Therefore, it is extremely important to know how to use data available from social media platforms 

to provide the best service and create world-class products. Big Social Data analysis can then be 

used to identify industry trends and help businesses to identify actionable insights that will benefit 

companies in multiple ways. 

Relevance 

With over 65 million businesses having Facebook pages, 8 million having Instagram accounts and 

more than 5 million active advertisers Facebook is definitely one of the most reputable and relevant 

social media platforms for all types of businesses (Forbes, 2017). As mentioned before, Facebook 

provides a really easy-to-navigate business page for companies to schedule their campaigns and get 

some insights into their audiences. However, data available could always be more “rich” and 

provide much more meaningful insights. 
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Therefore, this exploratory thesis addresses in-depth analysis of how Facebook data could be used 

to optimize various business processes. This thesis focuses on how event-based actions and textual 

big social data analytics that could be used in understanding consumers role from the psychological 

point of view. Results are aimed to address and identify social media behaviour patterns, buying 

behaviour (decision making stages) patterns and how textual analysis could be used for SEO. 

Besides getting to know product users, Facebook data insights can be used to identify optimization 

opportunities on the tactical level. This might include analyzing when to optimize customer support 

(e.g. amount of employees needed for a given period of time), product development or product 

replacement strategies as well as whether user-generated content on Facebook could have beneficial 

implications in driving organic content to the company’s products page. 

Motivation 

This thesis project has multiple motivation points. First of all, big social data analytics is relatively 

new industry compared to the already existing ones. Therefore, the motivation is to learn as much as 

possible about big social data analytics as well as to learn how theoretical background to data 

findings. Secondly, Samsung is one of the well-known electronic companies worldwide, therefore 

Samsung dataset from Facebook is big enough for the extensive analysis. Thirdly, there has not 

been many researches on whether textual analysis from user-generated on Facebook could be used 

for driving organic (SEO) traffic to company’s pages. Moreover, this is also my personal interest in 

how to driving organic traffic to a particular page. 

Overall, strong motivational factors for this study will benefit my future career within the various 

fields starting from understanding users psychology on social media platforms to applying different 

strategies to optimize business processes and drive organic traffic. 

Case Company Introduction 

Samsung is already well-established corporate and well-know worldwide with a vision to create a 

world full of rich digital experiences through innovative technology and products. Samsung defines 

three primary business areas that are: 1. Consumer Electronics that consists of visual display 

business, digital appliance business and health & medical equipment business; 2. IT & Mobile 

Communications (mobile phones) and Network Business and 3. Device Solution such as memory 

7 



 

 

 

business, system LSI and Foundry Business (Samsung.com, 2017). This thesis looks into Samsung 

Mobile Facebook data where most content is mobile phones related.  

Samsung Mobile market has gained a lot of traction in 2016 with premium products as well as 

mid/low-priced products and has been growing since. Later other wearables, IoT, accessories, 

mobile payment services have been added to grow Samsung’s presence and their competitiveness. 

As of January 2018, Samsung Mobile Facebook wall has over 43.4 million likes and 43 million 

followers and is really rich with textual content especially from Samsung mobile device users. 

Problem Formulation 

Consumer Electronic market has been steadily increasing from 890 million user in 2016 to 964 

million users in 2017. Positive growth is expected in the upcoming years as well with a Compound 

Annual Growth Rate (CAGR) of 6.6% reaching almost 1.2 billion users by the end of 2020 

(Statista, 2017). Such a industry growth rate and accessibility of consumer electronics change our 

online behaviour as consumers/users when it comes to making online purchases or interacting with 

brands via multiple touchpoints. Therefore there’s more and more factors coming into play when it 

comes to psychological consumer behaviour. In addition to that, millennial segment has completely 

different mindset and online behaviour, therefore it’s extremely important for brands to identify 

various modern patterns in changing consumer behaviour. This leads to the analysis of recognition 

of existing buying patterns, innovation of communication platforms and newest updates as well as 

foreseeing new opportunities for brand-consumer touchpoints that can be utilised for business 

optimisation. 

A study of global conversion rate shows that in Q1 2017 has been 2.48% and has dropped from 

2.94% in Q4 2016. Overall trend is decreasing on e-commerce websites, however positive 

conversion is noticeable on emails (4.29%) and “Search” being in the second position with a 

conversion rate of 3.04% (Smart Insights, 2017). The same analysis can be also applied when 

working with social media platforms like Facebook. As digital marketing tactics in general, e-mail 

marketing is still the most effective one with (61%), followed by website marketing (59%), SEO 

(50%), Social Media (41%), Paid Search (34%) and the rest (Facebook Marketing, Statista, 2017) 

Conversion data is crucial for businesses selling their products online or via online retailers like 

Samsung. Therefore optimizations for email address collection as well as optimization for search 
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engines are crucial to stay competitive especially when targeting “digital native” users like 

millennials. This is where analysis of social data could benefit Samsung since company would gain 

psychological insights of their target groups as well as optimization recommendations could be 

obtained based on user-generated textual content of Samsung Mobile’s Facebook wall. 

With the growth of user on social media platforms like Facebook, companies need to utilize these 

datasets to optimize their conversion strategies on both social medias and on-page where product 

purchases could be done. Most importantly, using Facebook data companies can now get rich 

insights into consumer profile using big social data analytics. In this way businesses can obtain a 

competitive edge by obtaining meaningful insights from users behaviour on social media platforms. 

Research Questions 

Based on the analysis above on conversion rate optimization and getting to know users 

psychological online behaviour, these are the following research questions:  

 

Research Question 1: “What could big social data analysis from Samsung’s Mobile Facebook 

page say about their user's dynamic behaviour on Facebook platform and how does affect 

consumers buying behaviour?” 

 

Research Question 2: “How could Samsung use textual analysis of user-generated content on their 

Facebook page to improve organic search (SEO) presence on Google Search Engine and drive 

organic traffic?” 

Delimitations 

This project researches only Samsung Mobile Facebook wall, other pages are not included in this 

project. Moreover, the dataset is only limited to the Facebook data ranging from January 2016 until 

October 2017 and no other data sources are included, even though would be really interesting to 

conduct a further research by implementing other type of datasets such as Twitter data. 

Comparative analysis would identify patterns on various media platforms that could be later used 

for multi-channel performance indication and optimization. 
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Search Engine Optimisation (SEO) is limited to textual data only. Other criteria that greatly 

influence search engine rankings such as: internal linking, penalties for keyword stuffing, backlink 

building, technical (code) optimisation are not being analyzed and discussed within this project. 

Search Engine Optimisation tools for keyword analysis (textual content) are limited to MOZ.com 

Keyword Explorer PRO version and Keywordtool.io PRO version.  

Advanced Organizer 

The body of the thesis project contains of 8 primary sections that are the following: 1- Introduction 

chapter covering importance and relevance of the research, 2 - Conceptual framework that helps to 

understand data analysis, techniques and methods; 3 - Related existing work that covers related 

studies conducted on big social data analysis as well as online user psychology and search engine 

optimization; 4 - Research methodology section describing data collection and overall methodology 

of the project; 5 - Data methodology chapter on dataset description, data analysis and similar; 6 - 

Results page describing most important findings; 7 - Discussion section that analyzing key findings 

in depth and how these findings could be used in practice; 8 - Conclusion whether implementation 

of important findings could benefit Samsung as a business.  

 

2. Conceptual Framework 

Conceptual framework section is aimed to describe theories and concepts that help familiarizing 

with the problem formulation as well as help answering research questions. In addition to that, 

conceptual framework also covers information on data collection and data analysis methodology. 

As of theoretical analysis, this research covers the following areas: Postmodern Consumer 

Paradigm, Social Media, Social Data Analytics, user-generated content usability for SEO strategies. 
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2.1. Concepts that help understanding problem formulation  

Understanding the old “society”  

Internet access and technology innovation has changed the way we live, therefore understanding 

modern and postmodern societies is important to make intelligent business decisions. Moreover, 

societal understanding benefits us as users as well and helps to determine how we change as 

personalities within the digital world. 

Society is based on two fundamentals: 1- humans are dependent on each other for physical and 

physical well-being; and 2 - humans are able to maintain functional relationships with each other 

(Esser, 1993) that forms the society as a whole. But can we call a business target group a society, 

since companies can tailor their business proposals towards a particular group of users that are in 

particular physical well being stance or have strong relationships within a group of people. 

What is a modern society 

As Bernd Simon (2008)  states in his Identity in Modern Society: A Social Psychological 

Perspective book,  “society” cannot be summed up as an aggregate of social relations (social 

interactions), which means that a society as a term has to have relative close relationships outside 

the media world as well. So even though we call ourselves a digital society, we’re not a “true” 

digital society in a way that our actions are different in real world as oppose to how we behave on 

media platforms. This really depends on our individual social interactions in both digital and real 

world that shapes our profiles. Besides social interactions, a “modern society” is a term that 

encompasses societies moving into the modern orbit and having basic urban and industrial 

structures (Stearns, 2012). Urbanization and industry innovations had a huge influence on our social 

life since individuals become more influenced by other individuals as well as living environment. 

The way urbanization and industry innovation has changed our behaviour can be seen in 

postmodern conditions as well. Openness and tolerance, hyperreality, perpetual present of being 

here and now, fragmentation, individualisation and loss of commitment to brands (Firat & Schultz, 

1997, p. 185) are some of the primary factors that have changed over time.  
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One of the primary changes was a hyperreality - a constitution of social reality through hype or 

simulation (Firat & Schultz, 1997, p. 189). This is where societies and individuals have a tendency 

to seek for “simulated reality” instead of extant reality. This change has started with building theme 

parks and copying global landmarks like Eiffel Tower design to create a shopping center which 

leads to a “simulated reality”. This change has evolved even further with new technologies such as 

Virtual Reality (VR) and Augmented Reality (AR) that are still rather new technologies. Evolving 

technologies like VR and AR leads to a daily life simulation that is completely constructed by 

humans and their imagination (Gottdiener and Lagopoulos, 1986).  

As of marketing perspective, businesses will be able to communicate relative messages via 

intermediate platforms to our “simulated” reality which might significantly influence our online 

behaviour, purchasing behaviour, communication and such since messages can be served “right 

here and right now”. Interestingly, consumers now might have multiple realities: digital and 

traditional (living reality) and this is where another shift within the postmodern society is seen. 

In general, our society has overcome one of the major changes already - becoming a digital society. 

However, the societal change is not yet complete since older generations and third world countries 

do not have access to mobile devices and stable internet connection. Within upcoming years, a 

modern society will become even more modern and developed with all the advanced  technologies 

(including social media platforms) and affordable mobile devices. 

Target group characteristics 

What is a target group? As stated in the Cambridge Business Dictionary, a target group is the 

particular group of people that advertisers are reaching out to, and people with no interest to view 

the ad won’t see it.  Based on the adoption level and willingness to adopt and use innovation, Moore 

(1999) suggests diving a target group in two primary segments: 1 - early market; and 2 - 

mainstream market. Defining only 2 target groups is a good start especially when businesses need to 

crystallize what’s the ratio between buyers within early market and matured market. Buyers within 

the early market are mostly vision driven and utilizes strategic approach, whereas mainstream 

market mostly driven by a pragmatic and practical attitude (Moore, 1999). Based on the targeted 

market, diffusion process occurs.  
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Diffusion means the process of communication (various messages) of innovation via certain 

channels over time in order to reach mutual understanding (Rogers, 2010). In this way, relative 

message can be delivered to a selected target group ensuring optimal communication. 

Target group can later be classified into more detailed target groups followed by percentages  that 

could be identified as the following: innovators (2.5%), early adopters (13.5%), early majority 

(34%), late majority (34%), and laggards (2.16%) (Rogers, 5th ed.,2003).  

Therefore, once innovation has come to the market, early adopters should be targeted with a 

customized message on selected channels since they all are like-minded and like-motivated people 

(Wind, 2016). Small target groups has been always a success factor for many businesses, however 

nowadays with the amount of personal data available, there has been a shift towards personalization 

instead of a target group, which empowers businesses to target individuals. Before targeting 

individually, businesses can experiment with niche target groups (small and well-defined target 

groups). Russell Dubner, U.S. CEO, Edelman, (2013) also agrees with this statement, saying  

 

“Marketers are increasingly moving away from channel planning based on reach numbers and 

generalized demographic data in favor of new planning methods based on identifying the right 

consumer “tribes” with niche cultures and passion points that align perfectly with their brands”. 

Individualism 

Individualism within the postmodern society is defined as creature which is defined by consumption 

and experiences derived therefrom in order to improve their image of importance of functioning 

within the modern society (Firat & Schultz, 1997). As a result, brands have a significant influence 

towards our social status in our lives which eventually enables to picture our fictional importance 

within a society and our daily lives. Switching products allows us to represent ourselves in a 

different way in order to fit particular environment or a social group, ultimately leading to being 

happy about our current status. With vast selection of products from various brands, Individuals 

have now become not only a consumer, but a creator of an individual itself, that can be customized 

at each consumptive moment (Firat & Schultz, 1997). 

SAMI (Self Aspect Model of Identity) is a model used to look into people giving coherence and 

meaning to their own experiences, which can be considered as a function of people’s experiences in 
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different social roles and life situations (Simon, 2008). Self-aspect model can be used to generalize 

a target group, which what businesses often do to improve their message reach by targeting multiple 

individuals based on their mutual characteristics. Similarities (or personal traits) can be anything 

starting from being an extrovert, family roles, language abilities, birth place, current location, or 

even certain behaviours in real life or social media (e.g. average time spent on social media 

platforms per day). However, overgeneralization might occur when targeting a particular target 

group, since we, as humans, behave differently in different situations (Stearns, 2012).  

Therefore, the best practice would be to apply SAMI model on an individual level based on data 

available in order to achieve best conversion results, since millennial segment depends mostly on 

technology use, cause marketing, media habits and life outlook (Boston Consulting Group, 2012). 

AIDA model applicability on social media 

AIDA communication theory has been proposed in 1898 by E. St. Elmo Lewis to define cognitive 

experiences when receiving a new idea/product on an individual level. AIDA acronym stands for 

Attention, Interest, Desire and Action and has been often used in various marketing techniques to 

assess the impact of advertising. Even though our behaviour has changed in an online world, AIDA 

model is still applicable in digital marketing practices. This model can now be used with a little 

more interactive methods (e.g. constantly updating website or social media information) in order to 

encourage repeat visits (Hassan et al., 2015).  

A 2014 study on “Strategic Use of Social Media for Small Business Based on the AIDA Model” 

has identified that AIDA model is really well suitable for social media use as well. Model 

comprises (but not limited to) of the following steps:  

● ATTENTION - a) advertise on social media, b) become a follower of others and expect that 

they will follow you back, c) tagging on SoMe, d) create a hype of your product, e) locate 

potential buyers using search engines, f) use internal database and user contacts, g) 

traditional marketing/advertising technique implementation, h) cross-linkage from your 

website to SoMe and vice-versa, i) affiliate marketing and advertising 

● INTEREST - a) relative product/service information, b) pictures and use cases of 

product/service, c) clear company information including contact details, d) up-to-date 

product information and pricing, e) product release communication on various channels 
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● DESIRE - a) promotions such as early bird access, buy 1 get 1 for free, etc. b) contests and 

free gifts, c) regular social media business page updates, d) monitor comments and provide 

feedback/customer support on SoMe platforms, e) great pre-sales support 

● ACTION - a) easy and clear ordering/buying process, b) convenient payment methods, c) 

multiple delivery options.  

 

These practical steps can be easily applied by small business owners or big corporate brands in 

order to improve social media presence, improve conversion rate for a product or service, increase 

visibility in Search Engines as well as improve Click Through Rate. AIDA model can be either 

applied for a selected target group or on the individual level (depending on the product/service) and 

selected media platform. 

Hierarchy of Needs in the digital social media age 

Abraham Maslow’s Hierarchy of Needs theory that has been developed in 1943 is still a good 

theory to use to explain how particular needs motivates us. However, with the shift towards digital 

age, this theory seems a little bit outdated, since our online behaviour has changed drastically. John 

Antonios has reflected on the current on Hierarchy of Needs and has updated the theory towards the 

adoption of social media.  

The Social Media Hierarchy of Needs model looks as this (for visual illustration see Appendix 1 - 

Social Media Hierarchy of Needs - by John Antonios): 

1. Existence - presence on social media (account creation) 

2. Structure - select the platform you would like to be present on (e.g. Facebook) 

3. Community Building - connecting with people and brands, joining groups and alike 

4. Personal Branding - creating your image on SoMe  

5. Personal Fulfillment - optimizing and monetizing your actions/content 

 

As seen in other paragraphs such as Individualism, digital world (and especially social media 

platform) drives us towards being more individualistic and building our personal brands. Many 

millennials are now able to travel and record videos that they later post on their Facebook profiles, 

blog pages and YouTube channels where monetization options come into play.  
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As from a business perspective, social media influencers that already have build a strong 

community around them, can act as a “promoter” of a product, brand or a service in exchange of a 

monetary value. This mutual collaboration between individuals and brands leads to gaining a social 

media presence visibility for brands as well as helps to satisfy needs of the individuals (promoters). 

Hierarchy of Effects in advertising 

From a business advertising perspective, Hierarchy of Effects is a good model to use when targeting 

a selected target group. This model is closely related to the Hierarchy of Needs analyzed above and 

aims to analyze and explain how humans process advertising information and defines psychological 

stance of cognition affect and behaviour (Schumann and Thorson, 2007).  

In pure advertising, the Hierarchy of Effects model comprises of the following stages:  

1. Building brand awareness - gaining consumers attention  

2. Learning and Remembering Ad Claims - positive value claims about the brand 

3. Accepting/Rejecting Ad Claims - consumer agrees or disagrees with the ad claim in 

point 2 

4. Brand Linking - positive brand attitude that leads to brand preference 

5. Brand Intentions - when a consumer establishes the brand as a preference 

 

From a consumer decision making process perspective, HoE can be classified into the following 

stages: Awareness, Knowledge, Liking, Preference, Conviction, and Purchase and can be used in 

combination with AIDA model, which can help leading to a particular consumer behaviour. 

R.Smith also states that in their study they found that creative ads attract more attention, are much 

more interesting for the viewer and create more brand awareness (Smith et al., 2008). However, ad 

creative does not have a direct and huge influence on the delivered message itself, but has a positive 

influence on brand perception and brand linking. Any message delivered on social media platforms 

or search engines, could be followed and tested by the HoE model to validate the effectiveness of 

the ad or any changes that are conversion optimised. In Samsung Mobile case, company could use 

this model for new product release campaigns, especially when a purchaser has to remember ad 

claims and product features (as Samsung is already well-established brand, many purchasers may 

already be aware of the brand itself and have a strong link with brand intentions).  
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Consumer behaviour in digital age 

With the change of technology and emergence of social media platforms there’s been a change in 

consumer behaviour moving from a passive consumer to active participant in the brand and product 

creation, especially within the millennial audience. Millennials now expect that companies should 

and seek their opinion, which ultimately leads to a participation economy. 

The old model of consumer behaviour is way more passive and acts one way - from brands to 

consumers. This is where consumers did not have any influence on the product or brand, therefore 

becoming passive consumers bombarded with promises from brands. However, the new model of 

participation economy identifies completely new and extremely important changes such as: 

Engagement, Interaction, Personal Gestures, Active Co-Creators (The Boston Consulting Group, 

2011). Moreover, millennials also think that digital world and real world should be seamlessly 

blended, since participation in online marketing activities should correlate with what they see in 

their real life (Fromm and Garton, 2013).  

Following the previous methods brands that involve people in contributing towards creating a 

consumable product or services, make millennials feel that they are involved within the community 

building and feeling more of the self-fulfillment by contributing. In addition to that, brands can 

utilise the AIDA and Hierarchy Of Needs models to attract early adopters to contribute to the 

development that will later lead to a confident product purchase. Moreover, advertising strategies 

can be tweaked in the way so to build a great brand awareness, brand linking and brand intentions 

(Smith et al., 2008). And again, not all millennials are alike, therefore they can be segmented to 

unique groups where brands should optimize their key targeting groups, or even individuals 

Loss of brand commitment  

Technology has also enabled to set up a brand (a company) really quickly with no extra effort and 

start advertising and selling products on digital platforms. An increase in the amount of brands and 

consequently in the number of products within the same market, it became more difficult for 

already existing brands to maintain their customer base as well as communities.  

Besides that, there’s been a growth of unwillingness to commit to a single product, brand or a 

project, which again leads to fragmentation and individualism where millennials want to represent 
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themselves by purchasing a product that suits their current digital identity, thus resulting in the loss 

of commitment for a particular brand  (Firat & Schultz, 1997, p. 191). Therefore Firat (1997) 

suggests that marketing has to be done in a way that brands do not conceptualize any customer as a 

conclusion, but as a moment and entry point to the continual cycle of reproduction, where brand 

brand linking is created.  

Consuming “cool” and cool-hunting 

Various magazines, television shows, music, social media, internet, travel and tourism are major 

influencers on what is “cool” and assist in defining cool trends for a selected time period that shape 

global consumers buying behaviour. Representation of cool style can now be expressed in music, 

particular dancing type, sports or/and distinctive ways of behaving, walking, dressing, grooming or 

possession of items/gadgets (Belk et al., 2010). In this vein, modern society’s purchasing behaviour 

is very much influenced by our digital surroundings and what we see on various media channels and 

social media platforms. Within the mobile technology market it is getting more difficult to create 

new products that are cool (or will become cool), simply because of the wide variety of products 

offered by competitors. Brands can now use “brand ambassadors” or other type of 

promoters/influencers that have a massive amount of followers on social media to reach out to new 

markets or promote products within the existing ones.  

As from a business perspective, cool-hunting is a method performed by marketers and research 

agencies where in-depth interviews and focus groups with trend-setting cool kids are done in order 

to find the next “cool thing” quickly enough to create a new product and take it to the mass market 

(Belk et al., 2010). As mentioned above, this method is extremely useful to identify upcoming new 

trends and as well as involve users into co-creation of the product which will positively improve 

brand linking. On top of that, in the in the book Research in Consumer Behaviour, Belk has found 

out that 62% of Americans who participated in the interview about what is cool within clothing 

fashion, have identified brand names rather then styles or looks. Therefore, this identification of 

cool is more common towards the brand linking and brand intentions as the brand itself shapes the 

new cool. 
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Brand Touchpoints and Zero Moment of Truth 

For businesses to maximize positive brand awareness and brand image (brand linking and brand 

intentions within the HOE model), accumulation of positive experiences that are co-created in each 

interaction with consumers (Iglesias, 2012) is extremely important. Therefore, a Brand Touchpoint 

Wheel (see appendix 2 for illustration) is necessary to understand and shape towards great brand 

reputation. The Brand Touchpoint Wheel comprises of 3 primary categories that are: pre-purchase 

experience, purchase experience, and post-purchase experience, where the latter categories have to 

be consistent and aligned towards brand reputation, since customers expect this when engaging 

within every brand touchpoint. It is also important to notice that ‘brand touchpoints’ and ‘customer 

touchpoints’ are essentially the same thing (Bowen and Ozuem, 2016). Every touch point has to be 

straightforward and compelling for a buyer to complete a purchase: 

● Positive impact in all brand communications and at every brand touchpoint 

● Align with a relevant brand purpose  

● Be responsible for brand choices and actions 

 

If a brand can seamlessly align their touchpoints for their target groups, a positive brand linking will 

be achieved that will positively affect consumer’s behaviour towards a brand (Wind, 2016) 

Since buying decision journey has changed, a ZMOT (Zero Moment Of Truth) has to be understood 

and added to the traditional decision making process that comprises of three primary segments: 

stimulus, shelf, and experience. ZMOT works along multiple industries and is one of the most 

influential digital touchpoint that create a positive brand perception. ZMOT happens online (by 

searching information), in real time, consumer is in charge on what kind of information he/she 

wants to receive (e.g. price comparison, review, discount code etc.) and the emotional need of what 

a consumer wants to get out of this intention (Lecinski, Google, 2011).  Having a positive ZMOT is 

crucial since vast majority (9 out of 10) shoppers engage in ZMOT activities such as search, price 

comparison, product review and similar and most tech shoppers use on average 14.8 sources to 

make their tech purchase decision (Google, 2011).  

As a consequence, consumer behaviour and decision making process have been highly affected by 

all the brand touchpoints and ZMOT engagement points. Similarly, social media platforms have 
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been a good example of brand touchpoints in the form of ads as well as brand community that can 

later be analyzed to align all touchpoints that will positively affect buyer purchasing behaviour.  

2.2. Concepts that help understanding research question 

Social Media Usage In Daily Life 

With the evolution of internet and technology, there’s an evolution of web. Web 1.0 was used a 

connection protocol, Web 2.0 where people were able to establish connections, Web 3.0 is defined 

as web knowledge connections and Web 4.0 (future) a web with intelligent connections (Aghaei et 

al., 2012). Following up on the Web 3.0 where knowledgeable communications are established, this 

is  where social media gains prominence with 72% of Internet users are now on social media as well 

(Bowen and Ozuem, 2016). The digital influence can be obviously seen in people’s daily life 

activities such as banking, online shopping, communication and alike to fulfill their needs. In 

addition to that, social media platforms now work as a personal data repositories and most times are 

very up to date, but sometimes dependent on connections. SmartInsights.com reports that 76% of 

Facebook users login daily and 51% do for Instagram (which is owned by Facebook) leading to 

enormous amount of daily active users on social media platforms. 

An increase in accessibility of mobile devices and affordable mobile internet connection have lead 

to vast increase in social media usage as well. Statista.com (2018) reports that there has been a 

steady growth of social media users, reaching 2.46 billion social media users worldwide. In 

addition, Statista.com expects reaching 3.02 billion social media users by 2021 and expects a 

service improvement in location-based service such as Google Now and similar. 

From a business perspective, social media platforms are extremely important for business growth, 

this has been stressed a lot throughout this project. As a result of personal data available on social 

media platforms and real-time data available, Facebook can bring company’s advertisements to 

many different audiences for a particular presence (Trottier, 2012).  

Moving from monologue to dialogue 

From the early days of social media was defined as a category of media where people can 

communicate, talk, participate, share and network within the dynamic environment (Bowen and 
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Ozuem, 2016). This is where social networks come into play where people are building 

relationships with either brands or other people. As Robbert Rietbroek (CEO of Kimberly-Clark) 

states: “Brands will immerse themselves into daily reality, become dynamic and responsive. They 

need to dialogue, and be “active social listeners” that totally matches all the previous analysis why 

brands should be present on social media in order to be a successful business. On this note, there’s a 

shift from monologue to dialogue and how brands are interacting with their customers online. In 

order to appropriately engage in social media, brands can follow a Social Media Honeycomb 

developed by Jan Kietzmann, that comprises of 6 primary blocks around the the brand Identity that 

are: relationship, reputation, group, conversation, sharing, and presence (see Appendix 3). Each 

block represents a specific function on social media that work as a great companion for brands to 

lead their social media activities. 

From the customer's’ perspective, lack of communication from brands on social media platforms 

could lead to relationship weakening, therefore brands also need to plan and put in place a schedule 

to harness communication online (Bowen and Ozuem, 2016). This is why brands have to be present 

and available on social media platforms to engage with stakeholders. In addition, all employees 

within the company have to be knowledgeable about business social media presences in order to 

have a positive brand linking.  

Social Networking and Social Media Platforms 

SNS - Social Networking Sites have emerged with the growth of societal shifts towards the digital 

era. Technopedia.com describes SNS as the “an online platform that allows users to create a public 

profile and interact with other users on the website” and can sometimes be referred as social 

networking website or similar. Boyd and Ellison (2007) elaborates on the SNS definition stating 

that individuals are now able to construct a public or semi-public profile within a bound system, 

articulate other users and establish connections, view and traverse their connections.  

With the ease of developing a platform enabling social communication there has been multiple 

competitors, however now it’s pretty impossible to create  a new social networking site that would 

reach masses, since couple big players have taken over the market.  

Unfortunately, social networking sites users only see a bright/positive site of being on a social 

networking site since they positively influence their daily life. It’s rather obvious that users might 
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experience addiction-like behaviours and symptoms, deviate behaviours via SNS that can hurt 

organizations (e.g. negative media posting about the brand people work for or by using SNS during 

work hours), or drive personal psychological difficulty (Turel, 2017). That is because SNS brings 

much more benefits instead of addiction-like behaviours leading to foster scalability of SNS. 

There are SNS that are not that popular since they weren’t developed to onboard masses of users, 

but might be very beneficial for a particular target group. For example, Ning allows to host third 

party SNS (community building platform) and Folksdirect enables privacy-focused environment, 

however Facebook remains one of the most well-known Social Networking Site. 

Facebook - A Free Social Networking Site 

So far the most popular SNS is Facebook which is gaining monopoly-like position. Established in 

2004 by Mark Zuckerberg Facebook became not only a social networking site, but a also a 

personalised platform for news, social events, communities and similar. According to Statista.com, 

within the Q3 of 2017 Facebook had over 2.07 billion monthly active users, whereas 1.37 billion 

are daily active users on average as of September 2017 (Facebook Newsroom, 2017). Facebook is 

also a dominant platform for social media advertising, followed by WhatsApp and Messenger that 

are also belonging to Facebook Inc. (Statista - Digital Advertising Report, 2017). According to the 

Brandwatch (2016) Facebook has some fascinating facts such as Facebook adding 6 new profiles 

every second (500 000 new users a day), 81 million fake user profiles, 20 minutes average time 

spent a day, 4 million likes generated by users every minute, 250 billion photos uploaded on 

Facebook (350 million photos a day) and much more. Based on Facebook Marketing report by 

Statista.com (2017), as of December 2016 average Facebook user engaged with brand posts from 

4.53 times to 6.35 times with a constant growth. On top of that, Facebook Lite that is an application 

for the developing countries with slow internet connection now has over 200 million users 

(Brandwatch, 2016).  

Furthermore, Samsung Mobile is the 4th technology brand on Facebook with the most fans as of 

December 2017 reaching in total of 43.36 million followers (Facebook Marketing, Statista, 2017) 

whos Facebook behaviour is analyzed within this thesis project. 
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Building A Brand on Facebook  

Facebook started 2017 with fantastic numbers. As of Q1 2017, there’s 65 million businesses using 

Facebook’s Free Pages product, however only about 5 million are active advertisers 

(GeoMarketing, 2017). Following up on Q3 2017, number of active advertisers has increased nearly 

to 6 million with 67% of consumer electronics brands have Facebook Messenger feature as of 

November 2016 and 50% of brands respond to messenger inquiries within less than 1 hour, 

meaning that more and more businesses are coming into the dialogue mode to communicate and 

build relationships with customers. However, no brands were using messenger bots within the 

Messenger application (Facebook Marketing, Statista, 2017), which means that all the 

communication is very like  human-to-human, which is positive in the way that real social 

communication is evolving. With the development of chatbots and artificial intelligence, a growth 

of Messenger bots is expected to increase not only to provide a customer support, but to complete 

product purchase within the Messenger application. 

In addition to Facebook analytics, leading types of branded posts on Facebook in August 2017 was 

not live video (59%) followed by photo (39%), link (1%) and status update (1%) and an average of 

7 video posts per month per brand (Facebook Marketing, Statista, 2017). Based on this data, 

assumption can be made that videos are the best way to engage with the audience and is expected to 

be practiced by more brands on Facebook. 

So why there are so many brands on Facebook already? And the number is growing? According to 

Entrepreneur.com (2017) Facebook provides a great opportunity to reach out to custom-target 

audiences with maximum visibility and minimum costs, build early-stage brand awareness, enables 

live videos (e.g. to promote new products), create structured messages with chatbots, provide 

instant feedback and customer support, understand consumer psychology and the ability to easily 

scale and grow a business. Furthermore, having a business page on Facebook enables brands to 

build virtual communities, that allows customers to engage with a brand and vice versa, build 

relationships with customers, get feedback, and strengthen the brand itself (Gummerus et al., 2012). 

A study on “Customer engagement in a Facebook brand community” has divided customer 

engagement into  “community engagement behaviours” and “transactional engagement behaviours” 

leading to results that brand communities on Facebook should focus more entertainment and social 
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benefits instead of economic benefits since latter ones may not be productive in the long run 

(Gummerus et al., 2012).  

To conclude on the above, it is crucial for a brand to have a Facebook brand page in order to scale a 

business and engage with a target audience by providing entertaining and relevant content to the 

Facebook brand community. 

Digital word-of-mouth and social media influencers 

With the development of social media platforms and societies become more digital, a concept of 

word-of-mouth has moved to social media platforms as well. Why word-of-mouth is so important? 

Word-of-mouth is so powerful because of the fact that is an experience-delivery mechanism, more 

relevant and complete (Silverman, 2001). Word-of-mouth Index (WoMI) can be used by brands to 

measure the likelihood of to recommend a particular brand/product to others as well as the 

likelihood to detract from a brand/product by asking a question like: “How likely are you to 

discourage others from doing business with this company?” (Freed, 2013). WoMI index is really 

beneficial and should be used both ways to figure out whether customers are likely to promote your 

brand or discourage others and why. Finally, brands will be able to identify Net Promoter Score 

(NPS) that later can be used to tailor their product development, other business operations and 

marketing campaigns. Interestingly, people discuss much more non-media brand touchpoints such 

as product packing, coupons, customer service, free samples, and more (Wind, 2016). 

The beauty of Electronic Word Of Mouth (eWOM) is that all the brand touchpoints are being 

discussed on social media platforms and brands can now monitor and interact with influencers 

digitally and with a great level of transparency. As a consequence, brands can identify and turn 

“shit-storms” (e.g. negative comments online) into a positive experience for users and preventing a 

brand from a possible crisis (Hurst, 2011). 

In this vein, brand influencers are social media actors that have a significant influence on the brand, 

either it’s positive or negative influencer. In order to organically identify influencers, Milkman and 

Berger (2012) identified that people more likely to share content with others if it’s somehow useful, 

surprising or interesting and with a high level physical arousal of emotions that cause content 

virality. Based on the amount of interactions (e.g. post shares) brand influencers can be organically 

identified based on their Facebook actions. As of July 2016, Facebook is still the leading platform 
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for Influence Marketing with among 347 respondents (social media influencers in the US) with 32% 

followed by Instagram (24%) and Twitter (18%) (Facebook Marketing, Statista, 2017). 

Brands can also pay influencers to advertise and promote particular product or a brand. This is 

really convenient since most mega, micro and nano influencers have deep understanding of their 

followers (Forbes, 2018). Facebook has even created a separate product for Business Influencers 

with special features such as Facebook 360, 360 video editing, rights manager, smart publishing, 

audience optimization and similar to help influencers reach new audiences and optimize their 

influence (Facebook For Business Influencers, 2017). Moreover, with recent Facebook updates, 

brands are now able to scale out influencer-generated content directly to their target audiences. 

Combining influencer content with Facebook’s audience targeting will increase efficiency in paid 

media and improve performance measures (Adweek, 2017). Overall, social media influencers 

(opinion leaders) have a significant influence towards the brand with so called electronic 

word-of-mouth on Facebook or other media platforms. Brands now have a chance  to utilize a 

possibility of combining their target audiences with social media influencers to achieve greatest 

performance results. 

Future trends in social media  

Social media analytics and big data will play a huge role in every business. Sophisticated analytics 

will enable automatically fine-tune inventories and pricing in-store and online store in real-time as 

well as provide customized experience for individual users due to historic behaviour patterns online 

(Freed, 2013). Big data can also be used in the way to optimize cross-selling, location-based 

marketing and advertising, in-store consumer behaviour analysis, micro-segmentation (e.g. based on 

clickstream in real-time), sentiment analysis and multichannel customer experience. 

On top of big data and analytics Entrepreneur.com (2017) identifies that social media will evolve 

more towards relationship building, diversity of personal posts (e.g. video, audio, image posts), 

increased focus on privacy, less gamification, mobile-native application design, and video will take 

over other categories. However, social media platforms might evolve in a way that users might need 

to pay for “peace” to escape constant advertising (Entrepreneur.com, 2017). 

From the advertising perspective, social media platforms can be positioned as Globally Integrated 

Marketing Communications (GIMC) securing vast amount of personal data globally and allowing 
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brands to achieve global reach and personalization at the same time (Okazaki and Taylor, 2013). 

Another reason why to use social media from an advertising perspective is that “content and 

applications are no longer created and published by individuals, but instead are continuously 

modified by all users in a participatory and collaborative fashion” (Kaplan and Haenlein, 2010, 

p.61). Social media platforms like Facebook that are collecting and analyzing big data sets and 

allowing advertisers to reach global audiences in a personalised way will have a significant 

influence on global advertising infrastructure, especially on mobile devices. 

What is Search Engine Optimization (SEO)? 

Search Engine Lands describes Search Engine Optimization (SEO ) as “it is the process of getting 

traffic from the “free,” “organic,” “editorial” or “natural” search results on search engines” where 

payment is not involved and where web pages with content are listed and ranked based on what 

search engine (e.g. Google) considers the most relevant content to the user. As Google states, 

Google Search Index contains hundreds of billions of web pages and is well over 1000,000,000 

gigabytes in size (How Search organizes information, Google). Backend system of the search 

engine is a bit more complicated - it’s a piece of software that uses application to collect website 

data that is later indexed and stored in a database (Odden, 2012). Technical crawler performance 

(e.g. sitemap configurations, robots.txt files and alike) won’t be analyzed in this thesis projects 

since it’s focused on content optimization. 

With the development of search robots and web pages indexation, SEO has change quite a bit 

moved from “old seo” which was aimed to focus on a single keyword to “new seo” that put a lot of 

attention on keyword intent and user needs (what a visitor wants to get out of this search query? for 

example a price comparison table) as well as long tail keywords (four (4) or more keyword phrase 

that is more specific) (Kissmetrics.com, 2016). Three primary areas of the SEO can be identified as 

the technical, link building, and content that communicates the brand, provides a source of 

optimized content to specific customer segment via keyword targets and objectives (intentions) 

(Odden, 2012). This thesis project researches consumer behaviour on Facebook, but also Social 

Media SEO and whether user-generated content could be used to improve SEO. 
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Social Media SEO 

“Search Engine Optimization, Social Media, and Content are the three kings of modern digital 

marketing” (William R. Wagner, EVP & COO, Vocus). If relevant topics about a brand are being 

covered on Facebook, a brand should establish a Facebook presence. But how does it work with the 

SEO? Promoting optimized and relevant content through social media platforms like Facebook, can 

attract visitors, improve social engagement, shares and links which is a positive signal for search 

engines (Odden, 2012). Kissmetrics.com also states that “Social is the new SEO” and that we need 

to understand that SEO includes the search that is happening on the social media search engines as 

well (Kissmetrics.com, 2016). Therefore companies should expand their SEO concept and include 

social search engines together with traditional ones such as Google and Bing. 

Rob Garner (2013) mentions that Facebook likes, video views, status updates, keyword and URL 

sharing velocity are analyzed by Google and Bing which determines trending popularity of a 

particular topics (or specific keywords) in real-time which then affects website rankings. Social 

media also helps to increase a click-through-rate, which is proven positive ranking factor by 

Google, in a way that Facebook audience that is aware of the brand increases the likelihood that 

people will click on the branded links in Google search engine (SearchEngineJournal.com, 2017). 

Thus, social media presence is important not to only gain insights into consumer behaviour online 

and establish meaningful relationships, but also to improve SEO. This thesis also aims to analyze 

whether user-generated content (Facebook comments with particular keywords) could be utilized by 

Samsung Mobile for SEO purposes. 

2.3. Concepts that inform data analytics methods and techniques 

Computational Social Science field 

Computational Social Science (CSS) dates back to Greek scholars, such as Aristotle, who was 

among the first ones to investigate the nature of social systems, governance, monarchies, 

democracies and aristocracies. With the change of society, the new field of computational social 

science can be defined as “interdisciplinary investigation of the social universe on many scales, 

ranging from individual actors to the largest groupings, through the medium of computation” and is 

27 



 

 

 

not limited to Big Data Analysis only (Cioffi-Revilla, 2014). Moreover, development in technology 

and computers have opened a new way of modeling social phenomena and tackle some of the 

biggest social science challenges and enabling simulation of social interactions and societies 

(Gilbert, 2013).  

Computational Social Science is still rapidly growing allowing to explore social behaviours on, for 

example, social media platforms. Social Network Analysis (SNA) is particularly interesting field to 

explore since social networks consisting of actors and social relations are across the social science 

disciplines and extends the analysis of coupled human-natural-artificial system by providing useful 

concepts (Cioffi-Revilla, 2014). Findings can be applied to identify how actors behave in particular 

environments and networks. Following up on SNA, social data analysis aims to analyze data from 

social media platforms, such as Facebook and Twitter, to gain rich insights into consumer behaviour 

in an online communities, where insights can be used for various optimizations of business 

processes. 

Big Social Data 

Internet and social media platforms now facilitates multiple areas such as communication, 

mobilization, enables to establish communities, and move from “local” to “global” that leads to the 

evolvement of Big Data about individuals and societies from their digital imprints. Big data was 

built on data management practices and now is defined as a source of data that has at least three 

shared characteristics that are large data volume (magnitude of data), high data velocity (data 

generation rate and analysis speed) , and wide variety of data (structured, semi-structured or 

unstructured) (Hurwitz et al., 2013). Similarly, Gartner, Inc., defines Big Data as “Big data is 

high-volume, high-velocity and/or high-variety information assets that demand cost-effective, 

innovative forms of information processing that enable enhanced insight, decision making, and 

process automation.” that encompasses characteristics mentioned above. 

A lot of business data from various platforms are generated in semi-structured or unstructured way. 

It is estimated that around 80% of business data is originated in unstructured or semi-structured data 

(which is usually pretty text heavy) and even Facebook datasets can be categorized by author 

(actor), post type, date, action and etc., but the content is generally unstructured (Marr, 2015). New 

forms of data are also emerging since most human and computer based activities have some sort of 
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digital mark. Data can now be obtained from our activities online (e.g. logs of shopping activities, 

social media behaviour, browsing history etc.), conversation data (text data on SMS or social media 

and audio data for speech recognition and translation), photo and video data (tag suggestions, 

recommendations and alike), sensor data (gps, proximity sensors, ambient sensors, NFC sensors 

etc.) that can all be combined and used by businesses to really understand their customers and 

business processes (Marr, 2015). Corporates, like Samsung Mobile, can utilize various datasets 

from their POS systems, online and physical retailers and social media channels to optimize their 

sales strategies and internal business operations. 

Social Media Analytics (SMA) 

Due to the mainstream adoption of social media platforms Social Media Analytics has become an 

important domain in overall Information Systems. Social media analytics (referred as SMA) is an 

emerging interdisciplinary research field that aims to combine, extend, and adapt methods for 

analysis of  social media data analysis (Stieglitz, 2014). In Lee (2017) puts SMA analytics 

definition in a more human-friendly definition as “social media analytics refers to the practice of 

gathering data from social media platforms and analyzing the data to help decision makers address 

specific problems” and has been used by various professions people such as business managers.  

Moreover, social media analytics comprises (but not limited to) of three main methods that are text 

analysis (text mining), social network analysis and trend analysis (Stieglitz, 2014).  

From a business perspective, social media analytics can get enhanced by implementing market 

orientation (customer and competitor) and values (real-time analysis and non-real-time analysis). 

This research is mostly aimed to gather and analyze data from Samsung Mobile Facebook’s wall to 

address specific problems that are oriented towards customer behaviour and is non-real-time 

analysis (based on historical data). Moreover,  text analysis is aimed to identify sentiments, opinion 

leaders, emotions and much more in order to gain more insights into the Facebook community and 

how this data could be used for business purposes. 

Big Social data analytics and methods 

In order for business to adopt data-driven decision making, businesses need to transform diverse 

data into actionable business insights. Since big data analytics may utilize multiple diverse 
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analytical tools, big data can be described as new research paradigm, instead of a single uniform 

method and can also be used for predicting future trends (Xiang et al., 2015). Based on the 

historical data, business can make decisions to meet customer needs and optimize business 

processes. Use of big data analytics applies for both real-time analytics as well as non-real-time 

analytics in order for business to be agile and make data-driven decisions. 

For companies to obtain rich insights, first of businesses have to get familiar with data management 

and analytics itself. Five stages can be identified within extracting insights from big data sets:  

 

 

Five stages are made out of two main sub-processes: data management and analytics. Data 

management process incorporates all the tools that are used to obtain data (e.g. SODATO) as well 

as data storage, whereas analytics refers to techniques that are used to analyze the data itself 

(Gandomi and Haider, 2015). In this vein, big data analytics can actually be referred as a 

sub-process of gaining rich insights from big data. This study aims to focus mostly on visual 

analytics of user behaviour as well as text mining techniques that are subjectively interpreted.  

Visual Analytics 

It is very usual and natural for us to observe visual information since it’s relatively easy to 

communicate opinions and facts in a visual form either in a static or animated (more interactive) 

form. In our daily life we see weather forecasts with moving clouds that allows to predict weather 

for upcoming hours or days in a given region, which is easy to understand, but not easy to create 

since a lot of data points are required in either real-time or non-real-time. Therefore, visual data 
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analytics could be defined as “the goal of visual data mining is to help a user to get a feeling for the 

data, to detect interesting knowledge, and to gain a deep visual understanding of the data set” 

(Simoff et al., 2008). With the development of computers and softwares graphics has increased a lot 

enabling to display complex and precise graphs and has taken over hand-drawn graphs. Data 

visualization software availability and popularity have created a market competition for paid 

products such as Tableau, Plotly and many more.  

Two primary categories of data visualization can be identified as Data Exploration (where most 

graphs are not really suitable for presentation, but still may provide some interesting facts) and Data 

Presentation (when interesting findings are presented to the broader audience and are suitable for 

reproduction) (Chen et al., 2008). This thesis project covers both data exploration and data 

presentation areas in order to gain meaningful insights into online behaviour findings and present 

them in a human eye-friendly way. 

Time-series analytics 

Time series analytics provides timeframe analysis of the dataset, which basically means that data is 

in a series of selected/particular time periods and can be used to analyze past events as well as make 

future predictions. Time series can be broad like years or can be drilled down to days, hours, or 

minutes and can be used to identify patterns. In many cases, time series patterns can be segmented 

into two components trend and seasonality, where trend represents systematic linear (or non-linear) 

change over time, and seasonality representing seasonal change (Statsoft.com). The primary reason 

to use time-series analytics is to analyze performance over time and define trends or/and 

seasonalities. As for Samsung Mobile, time-series analysis could identify seasonal online, or 

in-store, shopping patterns for a particular product or define a new trendline that could be used for 

product development and marketing purposes. 

Text Analytics (Text Mining) 

With the development and mainstream adoption of Internet and social media platform, people are 

now able to easily express their opinions and share knowledge online without any extra efforts. The 

purpose of text analytics is to analyze unstructured text, extract relevant information, and then 

transform into structured information that can be used for various business purposes such as 

31 



 

 

 

customer retention and engagement (Hurwitz et al., 2013). Traditional text analytics framework 

ecompasses three phases that are text processing (making input documents more consistent and 

removing stop-words and stemming), text representation (transforming documents into numeric 

vectors), and knowledge discovery (application of clustering or classification) (Hu and Liu, 2012). 

On top of that, time sensitivity can play an important role when performing text analysis. For 

example, blog pages or some Facebook pages are updated every couple days, whereas some 

microblogs and social networking sites are updated multiple times a day resulting in vast amounts 

of textual data.  

Samsung Mobile Facebook wall historic textual data is analyzed to gain various insights into 

consumer behaviour based on their actions and comments. Keyword analysis, topic modeling, and 

sentiment analysis are stressed the most within the text mining part of the project. In addition to 

that, keyword cloud is compared with keywords from keyword analysis tools to figure out whether 

keywords (content) on Facebook could be used for the SEO. 

Sentiment Analysis 

With the amount of textual data on the Internet and social media platforms, it’s is really beneficial 

for businesses to get to know what type of opinions customers have towards a product or a whole 

brand. For example, comments on social media entail human judgement, therefore sentiment 

analysis (or opinion mining) allows to determine what type of judgement it is: positive, neutral, or 

negative as is one of the hottest research areas. Sentiment analysis techniques can also be 

categorised into primary sub-groups that are document-level, sentence-level and aspect-level 

depending on the document and the objective of the analysis (Gandomi and Haider, 2015). Ronen 

Feldman further elaborates that people talk about different entities and have different opinions and 

this is where aspect-based level sentiment analysis is helpful since it focuses on recognition of all 

sentiment expressions within the corpus. For example, product reviews by customers most times 

contain opinions and comments on various product features, therefore the same document might 

have various aspects (Ronen Feldman, 2013).  

As mentioned before, many opinions on product and services are dependant on the emotional state 

of the writer/reviewer, however some of the opinions/comments might be a spam, therefore should 
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be filtered out to eliminate noise. MUTATO software that is used in this thesis project for text 

analysis also contains the following: 

● Emotion Analysis - is used to detect feelings through the text and are the following: anger, 

disgust, fear, happiness, sadness, and surprise and these emotions are found throughout 

various cultures (Ekman, 1993).  However, surprise is the most ambiguous emotion since 

this emotion can represent both positive and negative feelings. Identifying and acting upon 

emotional state of customers is extremely important in order to improve perception of a 

customer and drive them towards goal completion (e.g. online purchase). Samsung Mobile 

could use emotional state of customers with a purpose of providing customer support, 

promoting trending content, or identifying and fighting social media shitstorms. 

● Personality Traits (The Big 5 Personality Traits) - a five-factor model that comprises of 

five dimensions that are Extraversion, Agreeableness, Conscientiousness, Neuroticism, and 

Openness to Explore (McCrae and John, 1992). Personality traits can be used to identify 

profiles within the Samsung Mobile’s community which can later be used for tailoring 

social media content. 

● Brand sentiment - classification of the textual data into positive, negative or neutral and 

enables to identify general attitude towards the brand or a particular piece of content. With 

the amount of textual data on Facebook only (and other social media platforms) it has 

become really important for brands to capture and analyze these reviews. However, manual 

analysis of brand sentiment is not really possible due to the vast amount of data, thus 

companies like Samsung Mobile should use (and are using) social media monitoring tools 

(Schmunk, 2013).  

  

Topic Modeling is used to identify recurring patterns of co-occurring words within the given 

corpus and groups the together into a “topic” (Brett, 2012). However, the output of topic modeling 

sometimes is not human-eye friendly and therefore has to be visualized to understand the 

information. It is also necessary to understand the corpus itself (especially if it’s a large corpus) 

since it helps to understand what are you seeing versus what you should be seen. From the search 

engine perspective, brands always used to target specific keywords, however with the development 

of search engine indexation and robots, topics have become really important (if not more important 
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than a keyword itself) since search engines now understand synonyms and LSI keywords (Latent 

Semantic Indexing) that are related to a particular topic (e.g. mobile devices). Rand Fishkin (2016), 

a founder and CEO of MOZ SEO software, suggests using a hybrid model where brands should aim 

targeting specific keywords as well as topic keywords since in this case both areas will be covered. 

 

Keyword analysis - within the area of text analytics, keyword analysis stands for extracting most 

commonly used keywords (based on number of occurrences) within the corpus that empowers 

brands to understand what keywords social media actors are using to express themselves about a 

particular product or a feature. From the search engine perspective, keyword analysis (more often 

called as “keyword research”) is a research aimed to identify what keywords people use within the 

search engine such as Google to find relative information and fulfil their search objective (HubSpot, 

2016).  This thesis project also aims to identify and extract keywords from user generated content 

on Facebook and compare with keyword research tools (such as MOZ Keyword Explorer) in order 

to check whether some keywords could be potentially used  for search engine optimization.  

 

Consumer decision-making stages - an analysis used to gain insights into decision making based 

on textual corpus and is really useful when in combination with Hierarchy of Effects (HoE). 

MUTATO tool identifies the following stages in consumer decision making-stages: Awareness, 

Conviction, Knowledge, Liking, Preference, and Purchase. 

 

3. Related Work 

Related work section consists of academic articles on case company’s industry sector, similar 

research questions, and similar data analytics and aims to help understanding consumer electronics 

industry, search engine optimization, and Facebook data analysis.  

3.1. Academic Articles on the Case Company’s Industry Sector 

As mentioned within Case Company Introduction chapter,  Samsung Mobile operates within 

multiple industry sectors starting from mobile devices to customized business solutions. Therefore, 
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this section on academic articles on Samsung Mobile will mainly concentrate on consumer 

electronics industry. 

Consumer Electronics Industry 

Within this chapter consumer electronics as a whole comprises of two primary areas: consumer 

electronics (e.g. TV, radios, music players, and similar) as well as communication electronics (e.g. 

laptops, tablets, smartphones and alike) as a unified segment. Overall consumer electronics market 

amounts to US$307,484 million in 2018 with an annual growth rate of 8.6% with most revenue 

generated in China (Statista.com, 2017). Moreover, within the consumer electronics market there is 

an evolving phenomenon called ROPO - Research Online Purchase Offline, where this trend is 

shifting towards greater conversion rates in-store. From a consumer perspective, online research has 

become extremely convenient since many benefits such as product review, price comparison, 

product rating are now available online assisting in making an well-informed purchasing decision. 

In addition, detailed analysis of product features and functionality provides a really comprehensive 

overview compared to the traditional brick-and-mortar stores. Based on Statista.com report on 

eCommerce (2017) “Electronics and media” large products such laptops, smartphones and tablets 

are already saturated in developed markets, however upcoming new products like wearable devices, 

virtual and augmented reality headsets, wireless speakers and similar products have not reached 

comparable online sales volume yet. A global trend within the telecom industry is the use of mobile 

voice and mobile data services that allows us to communicate online by simply using our mobile 

devices. With the development of communications technology, most countries now have over 99% 

of 2G penetration, and some have 95%  4G coverage, users still prefer using wi-fi connection 

(Ofcom, 2017).  

As mentioned, Internet accessibility at home and on the go, has enabled shoppers to make 

well-informed purchasing decision. However, Richter (2013) identifies that showrooming has 

become a new issue for traditional retailers. As defined, showrooming is “the act of examining 

goods in brick-and-mortar store, but making the actual purchase online” with primary motives of 

getting to know and try out the product. 49% of electronics and appliances buyers try out the 

product within the physical shop first, and then perform product review analysis and price 

comparison analysis online. Since people are generally attracted to lower prices, product price is a 
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decisive factor when making a purchasing decision, therefore after the product examination a final 

purchase most times is completed online (Rejon-Guardia and Luna-Nevarez, 2017).  

From a business perspective, brand touchpoints have to be aligned throughout multiple channels 

such as online and brick-and-mortar, in order to distribute a relevant message to a buyer and help 

them to make an informative purchase decision. Esmaeilpour and Aram (2016) also defines that 

appealing messages with intellectual involvement has a positive influence towards relationship 

building with a brand, which later has a positive influence towards purchase completion. 

Depending on a target group, an advertising message within the consumer electronics segment 

should be tailored as well. Rational appeals with more technical (intelectual) features should target 

a particular target group (e.g. software engineers could be targeted with more technical product 

information) whereas other target groups could be targeted with more emotional appeals including 

images (Esmaeilpour and Aram, 2016). 

Consumer Electronics Marketing Strategies 

Advertising can be utilized in many different ways starting from print advertising up to social media 

advertising. Statista.com reports that digital advertising spending worldwide has been steadily 

increasing with television being a still primary advertising channel (35.5% of total spending) 

followed by desktop internet (18.9%) and mobile internet (15.2%) as of 2016. Many companies 

operating within the consumer electronic industry have been implementing persuasive marketing 

techniques on the TV ads as well as digital advertising to optimize conversion rates. Persuasive 

marketing techniques can be considered as “mirroring” techniques to mimic buyers state of mind or 

current living situation (Marketing-Schools.org, 2012) where persuasive messages focus on product 

benefits to message receivers (Chang et al., 2015). In this regard, website design and video or 

infographic advertising can tailored in the way to raise particular emotions that will lead to a 

product purchase. One of examples can be Samsung Galaxy Note 8 advertisement where emotional 

awareness within a couple relationship with Live Messages, triggering emotions of communication 

with loved ones in a particular way that can only Galaxy Note 8 is capable of expressing (see 

appendix 4 for video ad screenshot). In this way, brands like Samsung, creates emotional triggers 

with these persuasive marketing techniques on video ads, that can also be reflected on other 

advertising channels. 
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Another important marketing practice incorporated by big corporations such as Samsung, Apple, 

Google or Microsoft is a lock-in techniques within a particular technological ecosystem. Lock-in 

techniques can be classified into three different segments: cognitive search cost (cost, time and 

effort invested in making a purchasing decision), cognitive transaction costs (payments/transactions 

are cheaper within a particular ecosystem), and cognitive switching cost (high barriers of switching 

to another ecosystem e.g. learning, data loss and similar) that all together forms a lock-in system 

and makes it difficult and not convenient to switch over to competitor products (Shih, 2012). Great 

example is Samsung ecosystem that can be used via multiple devices such as connecting Samsung 

smartphone to virtual reality headset, display content on multiple screens, send and edit live 

messages, connect to TV and audio systems wirelessly, pay for purchases via Samsung Pay and 

much more, that makes it really convenient to stay within Samsung’s ecosystem and makes it 

difficult (high switching cost) over, for example, Apple products. 

Consumer Electronics On Social Media 

Development of social media platforms has enabled electronic brands to provide various services 

online. Facebook Marketing report by Statista (2017) identifies Facebook, Twitter, LinkedIn, 

Instagram, Youtube and Pinterest as primary platforms for marketers to market their business. This 

chapter aims to briefly analyze and get insights into how some of the most popular consumer 

electronics brands use social media and whether some of the competitor SoMe strategies could be 

later applied for Samsung Mobile. 

User-generated content has always been popular when building a community around a brand. 

GoPro (action camera company) does extremely good job sharing customer created content and 

optimizing their Youtube channel and Facebook. Following latest acquisitions, GoPro has released 

a mobile application called Quik allowing to create, edit and manage short video stories and 

instantly share on social media platforms (GoPro, 2016). Ease of creating short Instagram stories 

and Youtube videos on a mobile device is a really convenient way of engaging audience to share 

their generated content that will positively affect brand community building. 

A popular headphones company, Beats by Dre, is doing a great job especially on Pinterest by 

delivering right content to right audiences. Colourful mood boards and beautiful images of related 
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items (e.g. matching lipstick colour with headphones colour) makes it nice to look, repin, and like, 

resulting in gaining popularity on a selected channel (WooCommerce, 2015).  

WooCommerce also identifies Samsung Mobile as one of the top brands that use social media 

platforms for social support. Dedicated Facebook and Twitter accounts are used for replying 

comments, direct messages and tweets. Moreover, most tweets are signed with a support person 

name, for example “Thanks, Dale. Can you tell us more about the device and when did this issue 

start?^Jade” creating a really personalised and human-friendly support experience.  

Many other electronic brands are doing great job on social media platforms, however with a 

different goal in mind. Samsung Mobile is already doing a fantastic job, but more inspiration could 

be taken from other brands to better engage their audience. 

3.2. Academic Articles on Similar Research Questions 

Social Media For Brands And Consumers 

It is necessary to understand why brands are (or should be) on Facebook as well as why users are 

using Facebook. From a brand perspective, a brand Facebook page should have a goal, for example, 

corporate sites might want to display general information, contact information, products, news, 

press releases, or job posts, therefore can be classified as informative Facebook pages. 

Alternatively, some brands use Facebook pages to optimize their sales, customer support, or grow a 

community around the brand, which is a goal-oriented Facebook strategy. A study by Regus (2010) 

revealed that 40% of companies on social media are to attract new businesses, 51% to communicate 

with existing contacts, 51% to communicate with customers, and 58% to gather business 

intelligence. As of intelligent data, most Facebook users tend represent their digital profiles based 

on their actual personal characteristics, brands can gain true insights into digital personas of an 

actual buyer and analyze their buying behaviour online (Zhao et al. 2008). Consequently, brands 

have to understand how to use intelligent social media platforms data to engage users and increase 

their willingness to participate in collaborative marketing.  

So why are consumers interacting with brands on social networks? A study on why brands should 

involve customers on Facebook determined that consumers prefer to react to brand updates rather 

than start an actual conversation with a brand, resulting in 12% of respondents stating that they 
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connect with brands because of the same taste for a product, 9% because they like the brand itself, 

and 70% connected to a brand on Facebook to receive new information on products and brands 

(Pereira et al. 2014). Since Facebook users are on the platform not to directly establish 

communication, interactions on Facebook brand page provides intelligent data on general customer 

behaviour on social media platforms as well as buying behaviour patterns.  

Consumer Electronics Buying Behaviour 

As mentioned earlier the evolvement of technology that enables online shopping has resulted in 

affecting consumers shopping behaviour. First of all, consumers are now eager to try out the 

product and then complete a purchase online, primarily because of the better price. Before 

completing a purchase, shoppers on average take a look into 14.8 different sources to make a 

purchasing decision, that could be social media comments, product reviews, price comparison 

platforms and similar. In addition to changing consumer behaviour, two primary categories of 

experiential online shopping and goal oriented online shopping, can be identified.  

Whenever a consumer is surfing a web, mindset is playing an important role in decision making 

process. Experiential online shopping mindset can be segmented into two more mindsets that are 

Exploratory mindset and Hedonic mindset (Wind and Mahajan, 2001). Hedonic mindset is related 

to “have fun” when a customer is surfing the web for the purpose of obtaining general knowledge 

without a clear goal in mind, whereas exploratory mindset is goal-oriented and action-focused 

intention. Moreover, it’s possible rather quickly shift from one mindset to another, leading from a 

regular web browsing to a complete online purchase. In between the mindset shifting, brand 

touchpoints play an important role when converting a web surfer into a buyer, since message 

content (e.g. advertisement content) can be positively influence towards a purchase decision. 

Wind and Mahajan (2001) defines goal oriented online shopper as a person with a very deliberate 

mindset that intends to collect and process information via information search. This is where an 

online shopper is performing product analysis via product review and word-of-mouth in order to 

make an informative purchasing decision. Moreover, goal oriented shopper is also aware of the 

Customer Concern in Online Shopping (CCOS) that most times can be referred as the “brand trust” 

when it comes to safety and privacy of personal information, customer support, delivery, return 

policies and similar aspects when completing a purchase (Wan, 2009). 
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Smart shopping - insights into consumer needs 

Especially for goal-oriented shoppers, knowing what consumer is actually looking for is a key to 

success for every business. In this way marketers can tailor advertising content, advertise on 

relevant channels and create conversion-optimized landing pages for a particular user group. In the 

“Smart shopping: conceptualization and measurement” research, Kelly Green Atkins and 

Youn-Kyung Kim (2012) have indicates that consumers are now shopping “smart” and are looking 

to minimize expenditure of time, money, and energy to gain hedonic (pleasant) value from the 

shopping experience. In order to provide pleasant shopping experience, companies have to take 

multiple aspects into consideration. Check and Ho (2016) identifies supportive dimensions that 

positively affect online purchasing as website’s efficiency, privacy, fulfillment, responsiveness, and 

contact information. However, in order to avoid information overload, quantity of product 

information on the website has to be optimized for a particular target group, since product 

knowledge might have been already obtained via product reviews and product comparison. 

As mentioned before, showrooming is pretty popular since it allows to test/try out product in a 

physical store, but complete a purchase online. Anyhow, there is an opposite trend which is called 

“webrooming”  where consumers visit retail websites first to compare prices, analyze product 

features and functionality, analyze warranties and similar, but purchase a product in a physical store 

- offline. That is, consumers research products online (RO = Research Online), but the final 

purchase occurs offline (PO = Purchase Offline) (Kramer 2014). In some cases, buying behaviour 

can be visualized using both methods: Research Online -> Intention to Purchase Offline -> Final 

Purchase Online, where a consumer researches the product online (e.g. gets to know Samsung 

mobile phone features), then visits a physical store to try/test out mobile phone itself, and lastly 

makes a purchase online. In this vein, companies operating within the same industry need to use 

analytics from various channels in order to picture a complete product purchasing decision making 

process. 
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Overview Of Samsung Mobile Marketing 

With the change of buying behaviour and the use of social media platforms, it’s worth analyzing 

current Samsung Mobile Marketing strategies in order to obtain insights and later provide 

recommendations and suggestions based on the Facebook data analysis.  

Samsung Mobile has multiple channels for sales, starting with their modern retail outlets, 

distributors and online sales. Samsung has various pricing strategies for their products as well. Price 

skimming strategy is normally pursued with new product launch (and reduced after several months) 

as well as competitive pricing (for markets such as cameras where Nikon and Canon are leading 

brands) and product line pricing (e.g. for Samsung Galaxy S8 and Galaxy S8+) (Dudovskiy, 2017). 

Samsung Electronics America 2018 survey has provided insights that shopping experience is one of 

the most important factors both offline and online, highlighting that new digital experiences are 

expected in physical stores followed by collecting in-store data. In addition, pop-up stores are the 

new trend that can be used for retailers and Samsung itself to showroom their products, with 53% of 

respondents found as a great benefit (Hutchinson, 2018).  

Following up on having a great in-store experience, Samsung has now has a special campaign to 

target millennials. The campaign is called “Galaxy Plus” where millennials can explore the 

ecosystem around Galaxy S8 mobile phone and companion products such as 360 degrees photo, 

Virtual Reality gaming, DeXspace (allowing Galaxy S8 phone to connect to multiple screens), and 

Samsung Pay in order to introduce ecosystem capabilities and make a positive influence towards 

buying a Galaxy S8 phone (Tan, 2017). Based on the analysis above, Samsung Mobile is really 

taking a step forward towards creating a unique in-store experience that will lead to a product 

purchase by implementing the lock-in strategies within Samsung’s ecosystem. 

Facebook as a ranking factor for organic search 

Is there a correlation between Facebook engagement and search engine organic rankings? There is 

no direct correlation, but there are several aspects that improve organic search rankings based on 

social media performance. Eric Seal (2016) states that “it’s likely that Google does rank social 

signals, but not directly” and these signals help a lot, however no tests have been conducted to 

validate whether any of the social signals can improve organic rankings directly, primarily because 
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there’s over 200 ranking factors for a webpage. When looking at what might help improve organic 

Google search rankings, following factors can be identified: engagement on Facebook posts with 

increased click-through rate, user generated content (keywords), branded searches, and backlinks 

(links from Facebook to a product page or a blog page) (Dad, SearchEngineJournal.com,  2017). 

Whenever a brand makes a post on Facebook, analytics on post clicks can be used to identify the 

best performing (most clickable) title. For instance, more emotional (e.g. joyful) title might be more 

clickable compared to the angry title. This data can later be used for website optimization that might 

positively increase search rankings based on improved click-through rate. Moreover, 

SearchEngineJournal.com also mentions that visitors are more likely to click on a brand link instead 

of any random retailer’s website. For example, when searching for a “Samsung Galaxy S8” mobile 

phone, consumers are more likely to click on www.samsung.com website instead of 

www.cheapphones.com website that is ranking for the same keyword. This is where brand trust 

plays a role in improving a click-through rate.  

User generated content can be used to increase organic search rankings by analyzing keywords in 

Facebook comment threads and later creating new content (or updating existing one) with relevant 

keywords. For example, a keyword “galaxy s8 front camera fix” that appears quite often within 

Facebook comments, can be used to create a video tutorial and a blog post on how to solve this 

issue at home, that will assist in driving traffic when searching for this particular keyword in 

Google.  

Branded searches might help to rank for similar keyword phrases. Example would be “Samsung 

fitness band” would also rank for a “fitness band” keyword. In case of sufficient traffic and great 

click-through rate for a “Samsung fitness band”, this keyword would also have good rankings for 

“fitness band” keyword as well, since it’s a positive signal for Google that consumers found 

relevant information with that search query.  

Backlinks (links from other websites and social media platforms pointing to a brands webpage) 

have always been a ranking factor for Google. A study by Searchmetrics (2015) reveals that the 

amount of backlinks, as well as quality of backlinks, is an important ranking factor. Writers and 

bloggers might find Facebook post (with embedded link) relevant, thus inserting webpage link into 

their blog post (for example, Samsung shares a guide on how to connect VR headset to a Galaxy 

mobile phone on their Facebook page, a blogger comes across this guide on Facebook and inserts 
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guide url into his blog post about VR headset compatibilities, resulting in additional backlink to a 

blog post).  

To sum up, Facebook and other social media presence might have (and probably do have) a positive 

influence towards organic search rankings, however Google does not want to dispose ranking 

factors publicly. Facebook engagement definitely helps driving more traffic to a webpage as well as 

user generated content (especially comments) can be used for keyword analysis and content 

optimization strategies. 

3.3. Academic Articles on Similar Data Analytics - Facebook 

Time series analytics 

This type of analytics can be used for future prediction of various outcomes based on the activity on 

social media platforms like Facebook. In the paper “Predicting iPhone Sales from iPhone Tweets” 

by Lassen, Madsen and Vatrapu (2014) are analyzing and demonstrating how social media actions 

(such as liking, commenting, tweeting) can be used to predict future outcomes such as iPhone sales. 

Prediction model can be used by organizations to directly predict future sales (or another outcome) 

and indirectly used for engage, analyze and monitor social media platforms. 

Visual analytics 

Poulsen et al. in the paper “Green cabs vs. Uber in New York City” presents how visual analytics 

could be used to reveal demographic and geographic usage patterns by using two different datasets 

from the same period of time and visualizing by using Tableau software. Findings were visualized 

on the map providing rich insights into dominance of Uber and Green cabs respectively, making it 

very easy to understand for the general audience. 

Textual analytics 

As of textual analysis, Larsen et al. in a paper “TV Ratings vs. Social Media Engagement: Big 

Social Data Analytics of the Scandinavian TV Talk Show Skavlan” explores a relationship between 

TV ratings and opinions expressed on their Facebook page. Text classification of Facebook posts 

and comments was used to analyze emotions and brand sentiment. Authors have manually coded 
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around 24000 Norwegian comments against two models: basic emotions (6 labels of anger, disgust, 

fear, joy, sadness, surprise) and brand sentiment (positive, negative, neutral). Most valuable finding 

was that negative debates on social media platform have attracted more viewers. 

Sentiment analysis 

Zimmerman et al. () in the paper “Emergence of Things Felt: Harnessing the Semantic Space of 

Facebook Feeling Tags” focuses on examining expressed feelings on Facebook in the form of text 

and illustrates that “extreme” feelings (like excitement and anger) are expressed in more extreme 

levels compared to other emotions. The report analysis used natural language processing techniques 

to focus on the language itself to identify emotional state on the two-dimensional adaption of 

valence (positive-negative) and arousal (calm-excited). Findings represent that positive feelings are 

more commonly shared in comparison to negative feelings and emotion of “excited” has been the 

most popular one among individuals. This type of sentiment analysis can be used internally to 

monitor community conversations as well as analyzing and monitoring feelings outside the 

community itself.  

Consumer behaviour 

A project by Henning et al. named “Big Social Data Analytics of Changes in Consumer Behaviour 

and Opinion of a TV Broadcaster” provides insights into changing consumer behaviour. Based on 

visual analytics and text classification, an article identifies that there was a shift towards negative 

consumer opinion, despite the positive change in consumer behaviour. Research has found that TV 

show gained higher rankings in the short-term perspective as well as increased engagement in the 

long-term perspective. 
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4. Research Methodology 

This section of the report aims to determine choices of methodology. Research methodology section 

references Saunders et al. book “Research Methods for Business Students” and the concept of 

Research Onion (see appendix 5) as a base of methodological selection that helps understanding 

data collection techniques and the analysis itself. This interdisciplinary project combines knowledge 

from different academic fields order to investigate research outcomes.  

Research Philosophy 

The development of technology has led to new ways of data collection methods and analytics, 

therefore new research methods can be applied. 

Flexibility is important when working on big social data analytics projects especially when 

analyzing and explaining findings, therefore pragmatism is selected as an approach to philosophy 

and epistemological perspective is applied for data interpretation and practical implementation. 

Pragmatic approach highlights that it is really important for a researcher to find practical 

consequences of the research findings as well as understand that there are many ways to interpret 

the world (Saunders et al., 2012). Hevner and Chatterjee (2010) also adds that pragmatist 

philosophy should be evaluated in the light of its practical implications since the truth lies in utility. 

As a result, research findings can be used for various business optimization areas for Samsung 

Mobile in short-term and long-term perspectives.  

Since this research aims to analyze Facebook data to generate new findings and gain new insights 

into different business areas as well as uses theoretical background , abductive approach is being 

applied enabling a research to move between theory-to-data and data-to-theory. Moreover, in this 

project axiology seeks to investigate the value of the research where research findings are pictured 

from a subjective point of view. Furthermore, axiology also refers to the role of individual values 

within the research process representing the importance of the research as well as judgements 

(Saunders et al., 2012). In this vein, personal expertise within the consumers buying behaviour and 

search engine optimization will be taken into consideration when making any judgements. 
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Research Strategies 

Single case and empirical study best define research strategy and ecompasses exploratory analysis 

that provides insights into the actors behaviour on Samsung Mobile Facebook page. Additionally, 

this research project also implements descripto-explanatory study features as some of the events 

that occured on Facebook wall will be described and explained to understand the full picture of the 

even or a sequence of events. 

Case study explores research topic within its context as well as provides a possibility to answer 

questions such as “why?”, “what?”, and “how?” for particular phenomena that may provide 

actionable insights (Saunders et al., 2012). On top of that, empirical study presents the possibility to 

observe Facebook interactions at a micro-level as well as macro-level where large amount of 

interactions are accumulated (Halavais, 2015). A combination of both allows to see a broad picture 

of consumers behaviour on Facebook (including their buying behaviour) as well as drill down to 

individual events that might have caused unusual amount of actions.  

Methodological choice 

Even though Facebook data is considered to be quantitative, some of the quantitative data can be 

qualitised - frequencies turned into text (Saunders et al., 2012). In this regard, Facebook comments 

and other textual data are considered to be qualitative data leading to a multiple method and 

mixed-method research encompassing both quantitative and qualitative data types. In addition to 

data obtained from Facebook wall, data sources from search engine optimization tools like 

MOZ.com and Keywordtool.io are used to compare keywords used on Facebook with keywords 

used to type in on Google search engine. Therefore, Facebook actions such as number of likes, 

comments, shares and similar are considered to be qualitative, whereas textual data (e.g. comments 

by users and admin) is considered to be qualitative. Qualitative data is used for textual analysis that 

includes sentiment analysis and basic emotions analysis that enables to gain insights into human 

emotions and their feelings toward the brand or a product. 

Moreover, triangulation occurs where quantitative and qualitative data are compared within the 

same phase of research - the potential for the SEO. This means that keywords (qualitative data) and 

occurrences of keywords (quantitative data) from Facebook comments are compared with the data 
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from search engine optimization tools that are MOZ.com Keyword Explorer and Keywordtool.io 

that contain keywords (qualitative data) and the amount of search queries for that keyword 

(quantitative data). The combination of keywords, keyword occurrences and search volume are used 

together to define whether this keyword has potential to drive organic traffic. 

Time Horizon of Research 

This thesis project examines how general consumers buying behaviour changed over time with the 

development of technology and social media platforms, as well as depicts users behaviour change 

on Samsung Mobile Facebook page in terms of interactions on post types. Therefore, the horizon of 

this thesis project is longitudinal and the Facebook data collection period is from January 2016 until 

October 2017. The purpose of applying longitudinal research to this study is to analyze the change 

and development of buying behaviour and actors behaviour on Facebook over a period of time and 

exercise a measure of control over variables (Saunders et al., 2012).  

The credibility of research 

Validity and reliability of data plays an important role when reducing the possibility of getting 

answer wrong, therefore a good research design is important.  

Saunders et al. (2009) defines data reliability as the extent to which data collection techniques will 

yield consistent findings and identifies four threats to the reliability. First threat is participant error 

which represents that Facebook data could be misleading based on external factors (e.g. paying for 

positive reviews on Facebook or using click-farms/paid likes to increase engagement). However, 

data collected from Facebook is considered as subjective and genuine data. Second threat, 

participant bias, where participants might be influenced by e.g. management, which is avoided in a 

way that Facebook interactions and opinions are composed by real users without external influence. 

Third threat is observer error where a research makes a mistake, but since analysis is based on 

historic data, there is no influence on the current behaviour on Facebook. Lastly, observer bias, 

where data interpretation might be done in different ways. It is important to understand that a reader 

with a different educational background might have different interpretation of visual analytics and 

other findings, however based on research design and related work studies, a good introductory 

framework is established.  
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Saunders et al. (2009) describes data validity as whether the findings are really about what they 

appear to be about, which is really useful when thinking about important findings. Since 

pragmatism allows to analyze and view from different perspective, this threat to data validity is 

minimized. In addition to that, Facebook users that were interacting on Samsung Mobile Facebook 

wall were not informed about this research, thus there was no external influence towards behaviour 

that has happened on the Facebook wall.  

The credibility of the research is being negatively affected in a way that only historic data for a 

given period of time (January 2016 until October 2017) is analyzed. This means that some 

important interactions on a Facebook wall before January 2016 might had significant influence on 

the Facebook activity.  

Data validity and reliability are important measures that should be taken into consideration. 

However, there’s no perfect data, therefore this project data and findings are considered to be valid 

and reliable.  

 

5. Data Methodology 

Case Company Description 

As mentioned in Case Company Introduction, Samsung is a world-wide known and 

well-established company with several primary business areas. This exam project will primarily 

look into the consumer electronics industry, which is primarily dominate by mobile phones, are 

represented on the Samsung Mobile Facebook wall.  

Samsung dates back to 1938 where company was established as a trading company and 1969 as a 

manufacturer of television. Since then has made up more than 80 different businesses with more 

than 308000 employees in 79 countries and defines values of people, excellence, change, integrity 

and co-prosperity (Samsung.com, 2018). Samsung has a market leadership within multiple product 

categories such as TV, smartphones, memory cards, display drivers, digital signage, and 

refrigerators. As a consequence, Samsung is among the top spenders when it comes to R&D having 

34 R&D centers with 14.8 trillion USD in expenditure.  
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Based on the Samsung Newsroom, company is taking a huge step forward towards implementation 

of AI systems within multiple modules such as video, audio, home appliances and mobile devices to 

“diagnose themselves” and improve overall user experience within the Samsung’s ecosystem. As 

discussed in consumer electronics marketing techniques chapter, Samsung is enforcing lock-in 

techniques throughout connectivity of various Samsung devices such as smartphones, wearables, 

TV, and other home appliances. 

Marketing Report (2017) by Statista.com shows that Samsung Mobile is ranked as the number 4 

among the technology brands with the most Facebook brands, with Facebook itself having most 

fans, followed by Instagram and Microsoft Windows. A conclusion can be drawn that Samsung is 

already doing a great job on Facebook, therefore this thesis aims to find new insights and how 

Facebook data could be used for SEO purposes.  

Dataset description 

One primary dataset is used within this thesis project. First of all, .csv type file “FullRawFile” of 

Samsung Mobile (that is split into 3 is separate .csv files because of the amount of data) is used to 

analyze actors activity on the Facebook wall and is time framed from the 1st of January 2016 until 

6th of October 2017 and is considered as the primary data set. FullRawFile is beneficial in the way 

that all information that is needed, such as actor ID and name, post type, action type, date created, 

textual value and more, is located in the same document, which makes it easier to work with.  

 Secondly, another (secondary) dataset named TextLightRawFile is used from the same period of 

time containing only textual data that is later used for textual analysis to gain insights into 

emotional level of Facebook actors as well as perform sentiment analysis and topic modeling 

analysis. Thirdly, keyword data is extracted from Keywordtool.io and MOZ.com Keyword Explorer 

tools in a .csv file to compare against Facebook keywords to gain insights whether Facebook data 

could be used for SEO purposes. The quality of the dataset is really good since basically no 

duplicate events were found within the dataset when making a dataset validation before the study. 

The Facebook dataset contains data on actor actions on daily, weekly, monthly, and yearly on a 

given period of time oamsung Mn Sobile Facebook page for an analysis to display action 

occurrences over a selected period of time, for example, post comments within a week’s period. 
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Comments in other languages such as Indonesian and Spanish are not taken into further analysis for 

the SEO, but might be used for tailoring advertising campaigns based on language spoken. 

Data analysis process 

A broad perspective of data analysis process can be defined as obtaining raw data, data storage, data 

processing, data mining, data visualization/pattern identification, and data presentation that leads to 

research findings. The dynamics of social actors and their actions (including textual data) on 

Facebook is a great starting point to analyze overall psychological behaviour as well as gain 

insights into consumer buying behaviour. In addition, textual analysis and comparison against SEO 

tools provides insights whether some keywords or topics could be used to drive more traffic to a 

website that could potentially lead to increased conversions.  

Firstly, data analysis process starts with pattern recognition and data visualization to identify trends 

or seasonality of particular actions such as an increased number of post likes, number of comments 

and similar. Based on findings within the first section, a closer look is taken to particular events 

over a selected time period in order to analyze what caused new trends or seasonality. Later, text 

mining techniques are used to identify emotional state of Facebook actors as well as identify new 

topics and keywords that could potentially used for SEO strategies. Selected keywords are then 

compared against the data from professional SEO tools (MOZ.com Keyword Explorer and 

Keywordtool.io) in order to validate whether selected keywords with most occurences have 

potential to improve SEO.  

Visual analytics is used to provide valuable outcomes of this research, resulting in meaningful facts, 

actionable insights, and valuable outcomes that can be applied for Samsung Mobile various 

business processes. 

Data analysis process diagram 

Data analysis process illustrates the way data was collected, inspected and transformed in order to 

obtain meaningful facts out of the analysis. 

 

50 



 

 

 

Data collection: methods and tools 

SODATO, a tool developed by Copenhagen Business School team in Computational Social Science 

Laboratory, has been used to collect Facebook data. SODATO tool obtains data from Facebook via 

Facebook Graph API and captures social media actions and conversations that can be used for 

various business optimization processes such as content performance (Hussain and Vatrapu, 2014). 

Data fetched from Facebook has a time frame: starting from 1st of January 2016 until the 6th of 

October 2017. Time period has not been selected due to some particular events within the given 

period. 

From the technical perspective, initial wall fetch starts by creating a request in SODATO leading to 

the actual data fetching by the SODATO engine. Data is then stored and accessible in Raw Data 

File that is accessible for download. In addition, analysis and sense making of social data includes 

activities of formal modeling (social sets), fuzzy sets analysis, adhoc domain specific analysis and 

later social text (sentiments, keywords, pronouns, topics) and social graph (actor attributes, actions, 
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activities, artefacts) that is being performed before the download file is available. For a schematic 

diagram of SODATO tool, see appendix 6. 

Data pre-processing, methods, tools and techniques 

Since there is no perfect data, pre-processing techniques assists with improving the quality of 

datasets by, for example, reducing noise (meaningless information) and duplicate events. 

SODATO tool is used for storing and pre-processing data for social text and social graph analytics 

that are ready for visualization and data analytics using different softwares such as Tableau. 

Duplicate values then were checked within the Excel sheet in order to identify which duplicate 

value to remove in order to not to lose valuable data. Moreover, the quality of TextLightRawFile (a 

csv document containing all textual data such as comments and comment replies) has been 

validated by copying a cells containing textual value from Raw files into separate Excel sheet and 

then compared with the TextLightRawFile where some duplicate values were removed. 

Tableau has also been used to identify duplicate values by identifying number of records of 

Facebook database ID (Fbid).  

Moreover, MUTATO tools requires files to be in UTF-8 format, therefore a code editor, Sublime 

Text, has been used to convert files to the format required.  

Data filtering, transformation and combination 

Because of the large dataset, FullRawFile has been split into 3 separate files and later analyzed in 

Microsoft Excel to check the quality of the dataset. Several files had duplicate values for a 

particular date range, therefore duplicates have been removed within the Excel file itself. As a 

result, the “Union” has been created in Tableau where all the necessary files were connected 

allowing to perform necessary data visualization.  

For the textual analytics purposes, TextLight file has been used and compared with the amount of 

textual data from all three split files. Moreover, various stop-words and non-relevant words have 

been removed in MUTATO tool in order to obtain relevant insights into textual data. 
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Data analytics: modeling, methods and tools 

Data Analytics Tools:  

Microsoft Excel - a world-wide used spreadsheet program that presents tables of values that can be 

mathematically manipulated, has been used for checking duplicate values as well as filtering, 

transforming and combining Excel files. 

Mutato - Multi-Dimensional Text Analytics Tool - as the name says, this tool is used to perform 

textual analytics. Developed by Computational Social Science laboratory team at Copenhagen 

Business School, the Mutato tool enables to analyze and obtain results in word frequency analysis, 

text classification, topic modeling, and keyword analysis (see appendix 7 for tool architecture). 

Textual document has to be encoded in UTF-8 format in order to be used for textual analysis. 

Tableau Desktop - version 10.1.13. Professional Edition has been used for data visualization 

purposes. Tableau allows to transform data into interactive visualizations, that are named 

dashboards, with a really nice and fast drag-and-drop interface. 

MOZ.com Keyword Explorer - a keyword research tool that is available under MOZ Pro 

subscription that allows SEO experts to figure out what keywords are people searching for, track 

already ranking keywords, as well as competitors keywords. Keyword Explorer interface consists of 

Monthly volume (with over 95% accuracy), keyword difficulty (based on competitors 

performance), organic click-through rate, and priority (MOZ.com, 2017). This tool is used to 

identify whether keyword from Facebook wall could actually be put in practice and used to drive 

organic traffic. 

Keywordtool.io - another keyword research tool for SEO experts is used to validate whether 

Facebook keywords have potential to drive organic traffic. Keywordtool.io uses data from Google 

Autocomplete to provide search volume for a particular keyword, as well as cost-per-click and 

defines a competition score (Keywordtool.io, 2017).  

 

53 



 

 

 

Data Analytics Methods:  

Data visualization: Tableau software is used for data visualization, which is a crucial part of this 

thesis project. Data visualization enables to indicate and analyze hidden aspects of the dataset that 

otherwise wouldn’t have been identified. In addition, visualization makes analyzes human 

eye-friendly, therefore it is easy for a reader to understand and interpret thesis findings. 

Keyword analysis, word frequency and word cloud: MUTATO tool is used in this case to 

perform keyword analysis and identify number of keyword occurrences in a corpus. Most often 

occurred keywords are then compared against SEO tools to describe whether these keywords have 

SEO potential. Keyword frequency defines how many times this particular keyword has been used 

and whether it matches search queries on Google search engine. Most frequent words are then put 

into Word Cloud to for visualization purposes. 

Sentiment analysis:  is used to identify emotions on Samsung Mobile Facebook wall. In this case, 

admin comments are excluded in order to observe what emotions are dominating by other Facebook 

actors, which allows gaining an overview of the public’s emotions generally as well as for selected 

period of time or type of content. Sentiment analysis is classified as positive, negative, and neutral.  

Moreover, text classification allows to identify emotions of a given corpus. In this thesis, Ekman’s 

six basic emotions (disgust, happiness, sadness, fear, anger, and surprise) are used for better 

understand of the Facebook community. 

Topic modeling: a technique allows to identify present topics within a given corpus where a topic 

consists of a cluster of words that are grouped by similarity. Again, topic modeling is really useful 

to gain a better understanding of the Samsung Mobile Facebook community as well as identify 

topics that might be beneficial for search engine optimization. 

Consumer decision-making stages: is really beneficial analysis that enables to see what stages 

(Awareness, Conviction, Knowledge, Liking, Preference, and Purchase)  in decision making 

process this particular content is triggering, enabling to tailor content and product strategies 

accordingly.  
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Dataset limitations 

A big dataset (FullRawFile) has been difficult to work with within the Excel, therefore has been 

split into 3 files and later unified within the Tableau for data visualization.  

Furthermore, Facebook dataset is limited to a particular period of time which is 01-01-2016 until 

06-10-2017, meaning that the dataset is not up to date at the time of thesis hand-in, which is March 

15 of 2017. On top of that, all of the events that occured on Facebook wall before 01-01-2016 is not 

taken into consideration in this thesis. In addition, this thesis concentrates only on Samsung Mobile 

Facebook dataset, whereas SEO tools are used to validate the SEO potential only. Combination of 

internal data from Samsung (such as online purchases vs in-store purchases, location, particular 

phone model purchases and alike) might provided more rich and product-oriented findings.  

From the SEO potential perspective, only keywords that were identified in Facebook dataset has 

been compared with the data from SEO tools and limited to two of them: MOZ Keyword Explorer 

and Keywordtool.io. 

Data analytics: Alternate methods and cost/benefit analysis 

Tools such as IBM Watson (Alchemy API) and/or SAS Text Miner could have been used as an 

alternative method to perform text analysis. In addition, a trained dataset for textual analysis would 

have been interesting to explore, since a trained dataset could provide interesting insights into 

Facebook comments (especially when using slang words within a given context).  

Data visualisation could have been done by using a different software such as Plotly, IBM Watson 

and many others. Tableau is among the best data visualization tools, therefore has been chosen as a 

tool for visualization in this thesis.  

Data preprocessing could have been performed in a more technical ways, for example, using 

python. Dataset could have been trained and topic modeling performed instead of MUTATO tool.  

Overall, instead of fetching data from Facebook and performing analysis manually, professional 

tools such as Falcon.io and Meltwater that provides social media analytics and monitoring, could 

have been used instead. However, manual analysis of the datasets allows to have more control and 

flexibility over a dataset, resulting in findings that some social media analytics tools might have 

missed. 
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6. Results 

Results page aims to analyze all important findings from Samsung Mobile Facebook wall. This 

section starts with visualizing time-series data to get an overview of how activities look like and 

helps identifying “spikes” (events that had most actions) that are later used for further in-detail 

analysis. All results are interpreted subjectively based on educational and professional background 

and later strategy recommendations are provided for Samsung Mobile. Due to limited amount of 

pages, some relevant diagrams and analysis will be found in the appendix of this thesis. 

6.1. Overview of Facebook Activity - Identifying “Spikes” 

Spike identification is important since spikes represents anomalies based on time-series data within 

the dataset and recognized by performing data exploration first and followed by data representation. 

From a  marketing perspective, anomalies can be positive (e.g. when a lot of positive actions are 

linked to increased sales) , negative (when linked to decrease in sales) and neutral (a lot of actions 

on Facebook, but no effect on the goal). As mentioned before, companies need to have a goal when 

being present on Facebook and as a question “why are we on Facebook?” - same applies when 

making a post on Facebook “why are we posting this?” which then can be used to align “post goal” 

with overall strategy goals, for example, drive traffic to a blog page or inform users about a product 

release (with a sale in mind). Findings are not technically measured against the total amount of 

people who likes Samsung Mobile Facebook page - 43.445.405, and people who follows Samsung 

Mobile Facebook Facebook page - 43.071.801 as of 22 February 2017. 

When looking at the anomalies at the Samsung Mobile Facebook wall, quite a few can be identified. 

For this project, spikes that had over 60.000 interactions (number of records) are selected for further 

analysis, resulting in 13 spikes. 60.000 is selected as a minimum number of actions, since they 

clearly identify extreme spikes in user behaviour. Number of post shares have very small deviations 

when comparing to spikes, therefore can be considered that number of post shares represents the 

spikes (positive relationship) (see appendix 8). Analysis also showed that Product Introduction class 

post was only shared once in 2016 followed by Olympic Games posts as well as Other class, but all 

the rest of Product Introduction posts were posted in 2017. 
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Figure 2 - Spike Identification with “Postlike” as a leading form of interaction. Spike Classification: 

 PR - Product Introduction, OG - Olympic Games, Other - Other. 

 

Since textual data is extremely important in this thesis project, comments and comment replies are 

necessary to identify. When looking at the “Comments and Comment Replies by Non-Admin” 

graph (appendix 9) only 3 spikes are identified (third spike is difficult to notice, since there is only 1 

day difference). In addition, comments and comment replies are filtered out for the following 

actors: Samsung Mobile, Samsung Mobile Indonesia, Samsung Mobile Myanmar, Samsung Mobile 

Singapore (that were found by filtering out actor name) in order to have textual data from the 

community only.  First comments spike (March 29, 2017) represents the spike number 7 with 17241 

comments and 379 comment replies, second comments spike (August 23, 2017) represents total 

spike number 11 with 16579 comments and 7240 comment replies, and the third spike of comments 
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(August 24, 2017) is not represented within spike graph (only 5006 post likes), but due to 6193 

amount of comments and 5207 will be used for textual analysis as well.  

Based on the spike analysis, conclusion can be drawn that Samsung Mobile Facebook community 

express their interest on admin posts via “Facebook Likes” as identified within the Figure 2 above. 

Only a few spikes can be seen in the Figure 2 with other action types, such as comments, and then 

followed by comment replies, comment reply likes, comment likes. The number of post shares can’t 

be compared with the number of likes because they are relatively small, even though the “spikes” 

have a greater number of post shares compared to the 1349 shares per post as an average.  

To sum up, Samsung Mobile Facebook community expresses themselves mostly by liking 

Samsung’s posts as well as commenting and sometimes sharing their content. Activity overview 

confirms the research discuss in section 3.2. - academic articles on similar research questions, 

where 12% of respondents connects with a brand because of the same taste for a product, 9% 

because they like the brand, and 70% because they want to receive information about new products. 

This leads to a further analysis of activity on Facebook in the form of more detailed spike analysis. 

Spike Classification and Insights 

In order to gain more insights what caused anomalies (spikes), further investigation is needed. 

Findings can later be used to make strategy recommendations so to optimize content and gain the 

most out of Facebook..  

Spike classification has been done manually in the separate Excel document (see appendix 10 - 

“Manual Spike Classification Based On Post Type” including personal comments). URLs have 

been copied from the Facebook dataset and manually investigated where comments were made 

about the post by Samsung. Worth noticing, that some spikes consists of multiple posts that day. 

Analysis shows the following: spike 2 - 2 posts, spike 3 - 4 posts, spike 5 - 3 posts, spike 7 - 2 posts, 

spike 11 - 4 posts, and the rest of spikes consists of 1 post only. Finally, based on manual analysis 

of all posts, 3 primary categories were identified: 1- Product Introduction (spikes 1, 5, 6, 7, 8, 9, 10, 

11, 12, 13), 2- Olympic Games (spikes 2, 3), 3- Other (spikes 13, 4).  
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Product Introduction Type Of Posts 

Product Introduction posts consists of product images and videos, such as promoting Galaxy S7 

and Galaxy S8 and S8+ mobile phones. Some videos consist of persuasive marketing 

 techniques since they mimic our daily life, interactions with friends while having fund and alike. 

These promotional product videos introduce to the new phone features and how it makes our life 

easier and more rich, therefore leading to buying behaviour influenced by posts on Facebook. 10 

spikes out of 13 (spikes 1, 5, 6, 7, 8, 9, 10, 11, 12, 13) consisting of 16 posts (out of 23 posts in 

total) that were classified as product introduction posts, clearly defining that the primary goal of 

Samsung Mobile Facebook page is to introduce and promote new products, which again is 

matching the 70% of respondents why they are on  Facebook - to get information about new 

products.  

 

Olympic Games Type Of Posts 

Olympic Games - represents 2 spikes (spikes 1, 3) with 5 posts all together that were Rio Olympic 

Games related. These posts were more of the “motivational, inspiring and emotional’ post types, 

commenting on the achievements based on difficult life circumstances such as winning a gold 

medal in swimming while being diagnosed with leukemia. Since Samsung Mobile was Olympic 

Games Rio partner, it makes sense to engage their audience with this type of posts, however this 

type of post does not contain product information or company’s information at all, thus can’t be 

considered that Olympic Games posts have affected consumer’s buying behaviour directly. 

However, since Olympic Games posts resulted in 2 spikes, conclusion can be drawn that this type of 

posts creates a positive brand linking and inspire community to achieve their goals. 

 

Other Type Of Posts 

Other - these type of posts resulted in 1 spike (spike 4) and had 2 posts under the Other category. 

One post that was published on the 31 August 2017 falls under the spike number 3 and promotes 

Samsung’s presence at the Berlin’s Innovation conference later that year. Another post that resulted 
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in a spike number 4, was a Samsung’s initiated competition for Christmas ideas where community 

was able share their photos and designs, however the link is not available anymore, thus no more 

data can be obtained about this particular spike. Since this post resulted in a spike, assumption can 

be done that co-creation and community involvement might be beneficial for a company in many 

ways, especially when targeting millennials as discussed in “Consuming cool” and “Brand 

Touchpoints and Zero Moment of Truth” chapters. 

 

Conclusion can be made that Olympic Game type posts were beneficial in creating positive brand 

linking and positive brand touch points with their Facebook community. Product introduction type 

of posts were the most effective ones creating many spikes while representing product features and 

usability, which do affect consumers buying behaviour. Lastly. Other type of post with Innovation 

conference participation announcement has resulted in one spike, leading to an assumption that 

people are looking forward on seeing and experience Samsung’s products at the Berlin conference. 

Most Active Actors 

Tableau is also a great tool to visualize Samsung Mobile most active actors (community members). 

Depending on the business strategy, most active members can be rewarded with e.g. new Samsung 

phone for having a positive influence as well as identifying social media influencers that could be 

used for content promotion. To increase quality of data, fake accounts (actor names only containing 

???????) and spam accounts (similar to “buy iPhone today”) were removed using Tableau filter. In 

order to easy the process of computing, a special condition was applied to actors, that a minimum 

amount of actions is set to 100, resulting in total of 184 actors, that had over 100 interactions from 

1st of January 2016 until 6th October 2017. Due to limited number of characters in this thesis as 

well as historic data from 2016, only one spike 11 (consisting of 4 posts) will be analyzed in detail 

to identify most active actors and what this information could be used for.  

The spike that happened on the 23 of August 2017 had 4 different posts by Samsung, all Galaxy 

Note 8 related. By filtering actors and actions based on ParentDbId, visualization represents actor 

clusters (Facebook users) that made most comments that day for the following 4 posts.  
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Figure 3 - Most Active (Commenting) Actors on Spike 13 - August 23, 2017. 

 

 

August 23 spike had an average of 1.17 comments (out of total 16579 comments and 7240 

comment replies that day) per actor, resulting in most comments by Fabian Jimenez (72 comments), 

Jodie Parsons (45 comments) followed by Bsbosalhara Alhara (44 comments). How can the most 

commenting actors benefit Samsung? A high number of comments will positively affect Facebook’s 

algorithm and spread the content to masses and engage more people who might buy Samsung Note 

8. By tracking down individual actor, social media managers can find new brand influencers that 

could promote Samsung’s content in the future to create more brand awareness.If comments are 

negative, Samsung social media management team can react in real-time and fight shit-storms 

(negative comments) and transform them into the positive experience that will lead to a positive 

brand touchpoint and might even positively affect buying behaviour of the Facebook actor, leading 

to product purchase. Furthermore, SAMI model (Self Aspect Model of Identity) that was presented 

earlier, can be used to define characteristics of individual actors e.g. based on Facebook data to 

define target groups by the number of interactions (such as above 20 actions) where only 8 actors 

fall into this category. Manual checkup of actors Facebook profiles can be used to identify more 

characteristics of the target group and used in combination with internal company’s data. 
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Types of Posts by Samsung 

For the purpose of analyzing current Samsung’s Facebook strategy, analysis on what type of posts 

Samsung is posting is beneficial. Visualization shows that the most common type post is photo (95), 

followed by video (87) and only one (1) link has been shares as well as only one (1) status update 

has been made by Samsung. Unfortunately, dataset does not provide weather the video type of post 

has been non-live video or live video, but based on manual analysis of spikes, spike 7 and spike 11 

were live video streamings. Figure 4 shows that the 

primary post type in 2016 and 2017 was type of 

photo (117) followed by video (87 including 2 live 

streams) and only one link and only one status. As 

mentioned in “Building a brand on Facebook 

chapter”, Statista Facebook Marketing report states 

that 59% of branded Facebook posts were not live 

video, followed by photo (39%), link (1%) and 

status update (1%), which clearly represents that 

Samsung Mobile is following the same strategy. 

Statista Facebook Marketing report does not cover 

data on live video streaming and whether it’s getting 

popularity on Facebook or not, which could be used 

for more promotional events. In addition to the analysis above, video posts had in total of 169031 

shares, followed by 42305 photo shares, and only 427 status update shares (no link sharing data is 

available) that clearly identifies that video is being shared the most (see appendix 11 - Number Of 

Shares Per Post Type). Based on manual analysis, live video on the 29-03-2017 (spike 7) resulted in 

13947 shares and another live video on 23-08-2017 (spike 11) had 4096 Facebook shares. While 

having a closer look to the most posted video length, 18 videos were 16 seconds length, 8 videos 31 

seconds, 5 videos 23 seconds, 4 videos 18 seconds, 3 videos 25 seconds, 3 videos 11 seconds which 

leads to a conclusion that Samsung’s strategy is to post short 11-31 seconds videos that are 

engaging and not boring (see packed bubble graph in Appendix 12). 
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Datapoints regarding live video potential is too small to make any conclusions or recommendations, 

however with the live video popularity in our daily lives, Samsung could experiment more with 

making live videos. To sum up, Samsung Mobile follows the basic Facebook posts trend with 

mostly sharing video posts and photo posts that seem to be the most engaging ones.  

6.2. Textual Data Analytics 

Text analytics is an important part of this thesis project, since it analyzes consumer insights from 

the textual data and how it can be used. This chapter covers word clouds (keyword analysis), topic 

modeling, domain specific classifiers such as Ekman’s basic emotions, personality traits, brand 

sentiment and consumer decision making analysis. 

Word Clouds 

Keyword analysis contains analysis of previously mentioned classes: Olympic Games, Product 

Introduction, and Other by performing text processing, text represenatation and knowledge 

discovery techniques. In order to improve quality and gain more rich insights, Product Introduction 

type of posts were separated according to the year 2016 and 2017. 

 

Olympic Games type of posts with comments have dominant words of respect, proud, customer, 

galaxy, indian and galaxy (see appendix 13). “Proud” and “respect” definitely matches olympic 

games scenery, whereas other keywords such as “india” and “indian” can be related to a particular 

participant within the olympic games. The data related to participants (most likely medalist) 

nationality can be used for targeted advertising based on nationality and geographical location. Note 

that Spanish words were purposely left to picture that Samsung Mobile actors are from Spanish 

speaking countries, therefore social media support could be provided in Spanish as well as some 

posts can be promoted via multiple Facebook pages, to reach Spanish speaking audience. 

Product Introduction type of posts were split into 2 separate files based on the year. 2016 Product 

Information posts (see appendix 14) have primary words that are: edge, galaxy, much, and phone. 

This represents the Samsung’s release of Galaxy S7 and S7 Edge mobile phone, therefore keywords 

are corresponding the product release. Again, a few Spanish keywords are visible within the 

keyword cloud, representing Spanish speaking actors activity in Spanish language. As of 2017 
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Product Introduction content (see appendix 15), dominating keywords are: phone, galaxy, and note. 

This is due to the previous product release in 2016 (Galaxy S7 and S7+) that were followed by new 

product releases of Galaxy S8 and S8+ as well as Galaxy Note 8. Surprisingly, 2017 Product 

Introduction content has “apple” as a keyword, meaning that Facebook actors had some sort of 

product association with Apple products.  

Other type of posts, in this case a Christmas competition for Samsung fans that was published on 

Samsung Mobile global page, have a few English keywords (edge, phone, galaxy, and celular) and 

are completely overtaken by Spanish words: este, mira, para, quiero, agua esse, presente, olha, and 

quero, meaning that Spanish speaking Facebook users were way more engaged than English 

speaking ones (see appendix 16).  

In conclusion, word clouds can be used to visualize most frequent keywords and gain more insights. 

Personally, I was really impressed that so many Facebook comments were in Spanish, representing 

a big audience for Samsung. Insights from this can be used to tailor content for English and Spanish 

speaking actors individually as well as tailor brand touchpoints and selling propositions for that 

selected audience. 

Domain Specific Classifiers 

Ekman’s six basic emotions can be used to analyze the emotional state of Facebook actors on 

particular type of posts. Emotion analysis is 

again based on type of posts in order to have 

better overview what emotions are dominating 

a particular category. Ekman’s six basic 

emotions have revealed that “Joy” is the most 

common emotion on all type of comments 

(posts) followed by Anger, Disgust, Surprise, 

Sadness and Fear, that sometimes change 

positions within the diagram, but since the 

number of records is relatively small, there’s 

no direct implications. The most identifiable 

emotions are on 2017 Product Introduction 
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content category, followed by Product Introduction 2016 (see appendix 17), Olympic Games posts 

(see appendix 18), Other type posts that is Christmas competition post (see appendix 19). Despite 

the emotional type of posts during the Olympic Games that were manually investigated, no extreme 

changes are noticed when performing analysis. Assumption can be done that Facebook actors were 

not much influenced by emotional actors in terms of followed emotional content in comments. On 

top of that, from previous exams on basic emotion analysis, further investigation is needed to 

analyze how MUTATO tools is representing emotions, since most times data is a little bit 

misleading, therefore this analysis should be taken with a salt of grain and further investigation on 

especially Anger emotion is needed. 

 

Big Five Personality Traits can be useful in a way to analyze Facebook actors and how they react 

in various situations and environments. As displayed in the Figure 6 below, Neuroticism is the 

leading personality trait followed by 

Extraversion in Product Introduction posts in 

2017, as well as in 2016 Product Introduction 

(see appendix 20), Olympic Games posts (see 

appendix 21), and Other type post (see 

appendix 22). Agreeableness and Openness are 

more highlighted in Olympic Games posts 

(even though Neuroticism and Extraversion 

are still dominant traits) assumably because of 

more emotional type of posts, where medalists, 

despite their life difficulties such as illnesses, 

have achieved golden medals. However, this is 

not really identifiable within the Ekman’s 

basic emotions analysis, therefore only subjective opinion is made based on manual investigation of 

post types during the Olympic Games time period. Based on identified personality traits Samsung 

can tailor their marketing messages accordingly, highlighting neuroticism characteristics.  
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Brand sentiment analysis has been used to identify Facebook actors sentiment towards Samsung 

Mobile and has been performed on different classes for the purpose of data reliability and validity. 

As visualized in Figure 7, the dominant sentiment is Negative towards the Samsung as a brand. 

Same findings with dominating Negative sentiment (and followed by Positive sentiment and then 

Neutral) applies for 2016 Product Introduction, Olympic Games and Other type contextual data 

(appendix 23). Based on previous analysis on emotions, 

keywords and personality traits, conclusion can be drawn 

that MUTATO tool has some issues when performing 

sentiment analysis, therefore this analysis cannot be fully 

trusted, even though Neuroticism personality trait (Figure 

6 above) is dominating, which has a tendency of existing 

in negative emotional state . Alternatively, other tools 

such as IBM Watson or LIWC could be used for 

sentiment analysis that might provide quality insights. 

 

Consumer Decision-Making Stages 

In Conceptual Framework chapter, Hierarchy of Effects (HoE) has been introduced with potential 

use cases when creating ads or analyzing ads performance. MUTATO tool has been used to identify 

consumer decision-making stages based on the text 

corpus, which is again classified based on the type of 

content. The following stages in of Awareness, 

Conviction, Knowledge, Liking, Preference, and 

Purchase are represented in the Figure 8 below, with 

Knowledge stage being a dominant one for 2017 

Product Introduction posts. Moreover, same Knowledge 

dominance is clearly noticed among other type of posts, 

followed by Awareness, and Purchase as seen in 

appendix 24. Only Conviction, Liking and Preference 

are changing positions within diagrams, but the volume 
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is relatively low to make valid assumptions why the position change is happening. From the 

Conversion Rate Optimization perspective, the less steps you have in decision making process - the 

better. The diagram shows that once the brand/product Awareness is build, Knowledge stage is the 

most common one (this is where product introduction with usability and features, reviews and other 

touch points comes into play) followed by a Purchase stage. However, looking from a long term 

perspective, Samsung should put more effort into Conviction stage (mental state of decisive 

purchase behaviour), Liking (brand emotions) and brand Preference to retain customers within the 

Samsung ecosystem (lock-in strategies). 

Topic Modeling 

Based on the different datasets, topic modeling has been perform to gain better insights not only 

into a single keyword, but the general topics as well. MUTATO tool feature of topic modeling has 

been used to identify topics based on the dataset provided. 

 

In 2016 Product Introduction dataset, the following topics of: release date, Spanish topic 1, cool 

design, battery time, Spanish topic 2, brazilian topic 3 (see appendix 25). For the SEO potential 

analysis, only release date, cool design, and battery time topics will be used in combination of 

keywords such as Samsung and Galaxy S7. 

 

Olympic Games dataset has got the following topics of: phone apps, amazing achievement, 

Indonesian topic 1,  Indonesian topic 2, good team, working phone (see appendix 26).  

Topics of galaxy edge phone, Spanish topic 1, Spanish topic 2, Spanish topic 3, Spanish topic, 4 

Spanish topic 5 were identified in Other type post (Christmas competition post) (see appendix 27). 

As seen in keyword analysis, Spanish commentators are pretty active on Samsung Mobile Facebook 

page, therefore this finding can be used for optimization purposes of Facebook marketing strategies. 

2017 Product Introduction dataset topic modeling has identified the following topics: defective, 

note4 security, technical department, unidentified, management responsibility, Spanish topic 1 (see 

appendix 28).  
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Based on the topic findings, many topics are Samsung mobile device related as expected. 

Interesting findings of a lot of Spanish content and Indonesian comments were identified in this 

analysis as well, leading to recommendations of multilingual content strategies.  

SEO potential  

For the purpose of SEO analysis only a few topics identified in topic modeling chapter will be 

subjectively selected for the list and these are the following: release date, cool design, battery time, 

phone apps, galaxy edge phone, defective, note4 security, technical department, and management 

responsibility and will be used in combination of keywords such as Samsung, Samsung Mobile, 

Galaxy and alike to get an overview of the best ranking keywords. For the purpose of the SEO 

keyword research analysis, professional versions of MOZ Keyword Explorer and Keywordtool.io 

are used to obtain keyword search volume for a particular keyword or a combination of keywords. 

Since it is complicated to visualize the SEO topics and keywords potential, conclusions are drawn 

based on manual identification when looking at the particular keyword’s monthly search volume on 

both MOZ Keyword Explorer and Keywordtool.io, as well as keyword frequency provided by 

MUTATO tool as seen in the appendix 29. Since Olympic Games content is not produced by 

Samsung Mobile in any way (responsible entities like news media channels are publishing this sort 

of content), this dataset is not included in the SEO potential analysis. Other type post that is 

Christmas Competition related is not taken into consideration either, since vast majority of 

comments are in Spanish, and there is no professional SEO tool covering Spanish ranking keywords 

yet. 

2016 Product Introduction post was Galaxy S7 related, therefore keywords and keyword 

combinations of: galaxy s7 review, galaxy s7 price, galaxy s7 specs, galaxy s7 release date, galaxy 

s7 case, galaxy s7 edge screen replacement, galaxy s7 screen size, and galaxy s7 features are 

identified are could be used for the SEO purposes to create content around these topics including 

keywords mentioned above.  

2017 Product Introduction posts have identified the following topics: galaxy s8 review, galaxy s8 

specs, galaxy s8 plus case, galaxy s8 battery replacement, galaxy s8 battery life, galaxy s8 

removable battery, note 8 case, note 8 vs iphone X, note 8 vs 8 plus, note 8 price in india, and 

samsung galaxy vs apple iphone.  
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To conclude, based on keyword analysis and search volume from various datasets as well as 

keyword frequency analysis from Facebook comments, content topics were identified and can be 

used by Samsung to create blog posts that would drive SEO traffic to their website. 

7. Discussion 

This chapter represents the most important findings in combination with theoretical background and 

how these findings could be implemented within the strategies of Samsung Mobile. Note that actual 

recommendations for the case company will be presented later in this exam. 

Interpretation of findings 

The aim of this big social data analytics project is to gain rich insights into the Facebook actors 

behaviour on Samsung Mobile Facebook page, as well as provide an overview on how society is 

shifting towards being completely digital and how does this affect consumers buying behaviour. In 

this vein, visual and text analytics techniques come into play when analyzing big data sets providing 

valuable insights. The project process starts with the four V (Volume, Variety,  Velocity and 

Veracity) of the big data that later was altered in a way to remove duplicate content to improve the 

quality of datasets. Once dataset has been prepared, data analysis process have started by selected 

analytical tools.  

First part of the analysis covers data visualization of time-series data in order to have a glimpse of 

what’s happening on the Facebook page and how community is reacting to different type of posts. 

Analysis have identified 13 spikes for the selected period of time with the most common interaction 

on posts being a Like button and followed by comments (as described in the figure 2), which met 

my expectations, since Like button is the most used expression on Facebook. In addition to that, 

these 13 spikes were classified into Product Introduction 2016, Product Introduction 2017, Olympic 

Games, and Other (Christmas Competition) type of posts for further analysis. Visual analytics has 

also helped identifying the most active actors that are Fabian Jimenez, Jodie Parsons, and 

Bsbosalhara Alhara (as seen in the figure 3) that were commenting the most, thus driving consumer 

engagement on the Spike 13 - August 23, 2017.  
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Following up the Samsung Mobile post strategy, it is obvious that Photo type posts are dominating, 

followed by videos (mostly non-live videos) and only a few links and status updates that basically 

didn’t get any user engagement on Facebook. Since Facebook does not categorise whether the video 

was live or not live, manual analysis has been done for further investigation, resulting that a few 

live streams of product introduction were live streamed on Facebook as well that were quite 

successful when looking into audience engagement. Assumption can be done that Samsung Mobile 

is following the general trend of Facebook posts, where not live videos stands for 59% and followed 

by photo 39% of branded posts, according to 2017 Facebook Marketing report by Statista.  

Textual analysis plays an important role in this project since a lot of rich insights can be observed, 

when performing analysis on different datasets. Word clouds have identified and illustrated most 

often used words (with stop-words removed) that are: edge, galaxy, much, phone for 2016 Product 

Introduction; phone, galaxy, note for 2017 Product Introduction; respect and proud for Olympic 

Game posts; and lastly Spanish words for the Other type of posts that is a Christmas Celebration 

competition by Samsung. This does represent that even Samsung Mobile page is a oriented towards 

the English speaking audience, other languages such as Spanish and Indonesian, can also be 

recognised within the text corpus. 

Domain specific classifiers have been used to gain insights into emotions, personality traits, brand 

sentiment, and decision-making stages and provided really interesting findings. Unfortunately, 

brand sentiment analysis delivered results that are not considered valid and useful, since the primary 

and dominant brand sentiment was negative, thus further investigation would be necessary to make 

any reliable results and recommendations.  

Analysis has shown that the primary and the most dominant emotion is Joy, followed by Anger, 

Disgust, Surprise, Sadness and Fear. Since all the other emotions except Joy have relatively small 

indications, they basically have no or very little influence on the overall emotional state of the 

content, resulting in Joy being completely dominant.  

As of persona traits, analysis identified the most common personality trait to be a Neuroticism, 

followed by Extraversion, which can be used to deliver different advertising messages and tailor 

persuasive marketing techniques based on a personality trait.  

Consumer decision-making stages analysis has delivered really useful analysis on the consumer 

purchasing behaviour. From the conversion rate optimization perspective, the less steps are 
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involved into completing a purchase, the better. Text analysis represents that the highest rank is for 

the Knowledge, followed by Awareness and then Purchase, which is a positive relation from the 

conversion rate optimization perspective. However, other stages of Conviction, Liking, and 

Preference are relatively compared to the dominating ones, but they cannot be ignored, since these 

stages plays a really important role in a long-run. Samsung Mobile should put more attention on 

these stages to improve lock-in strategies because of changing consumer behaviour especially in 

millennial target group, where individualism, co-creation, hyperreality, and loss of brand 

commitment are highlighted (Firat & Schultz, 1997). 

Topic modeling has been used to identify topics based on keywords within the text corpus. Based 

on findings, the following topics were identified for 2016 Product Introduction - release date, cool 

design, and battery time; 2017 Product Introduction - defective, note4 security, technical 

department, management responsibility; Olympic Games - phone apps, amazing achievement, good 

team; Other type - galaxy edge phone and plenty of Spanish topics. These insights are beneficial in 

a way that Samsung Mobile can now have an insights into the overall topic and not only a particular 

keyword or keyword combination. 

Together with word clouds (a .csv file) topic modeling has been used to identify SEO potential that 

would lead to an increase organic traffic for a particular blog page or a product page. Keywords 

from the text corpus and topic modeling findings has been compared with keyword search volume 

from MOZ Keyword Explorer and Keywordtool.io (both PRO versions) in order to get data-driven 

insights. Analysis identified 2017 Product Introduction keywords: galaxy s8 review, galaxy s8 

specs, galaxy s8 plus case, galaxy s8 battery replacement, galaxy s8 battery life, galaxy s8 

removable battery, note 8 case, note 8 vs iphone X, note 8 vs 8 plus, note 8 price in india, and 

samsung galaxy vs apple iphone that can definitely put in practice in create content around these 

topics/keywords in order to drive organic search traffic. 

 

To sum up, this project has found some really interesting findings that could be used by Samsung 

Mobile to optimize their marketing strategies as well as drive more sales in a long run. In addition 

to regular analysis, SEO potential covers keyword topics that could be used to drive organic (free) 

traffic to a product or a blog page, where conversions could lead to even more product sales. 
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Answers to the research questions 

This project has answered two research questions by using big social data analytics as well as 

professional SEO tools.  

 

Research Question 1: “What could big social data analysis from Samsung’s Mobile Facebook 

page say about their user's dynamic behaviour on Facebook platform and how does affect 

consumers buying behaviour?” 

 

Academic research as well as visual analytics have displayed that there’s a huge shift in our society, 

where traditional society becomes a digital one. In addition, behavioural changes are noticed as 

well, since people became more individualistic characters creating their digital personalities by 

utilizing opportunities of creating a personal brand on social media. Moreover, a huge change is 

noticed in a digital society, where consumers are moving from being a passive consumer to an 

active participant and co-creator of brand and products, leading to the new term of “consuming 

cool”.  

Big social data analytics of Samsung Mobile dataset has identified that the Facebook community 

engages mostly by liking and commenting on Samsung’s posts (that are mostly photo and video 

type of posts) with the dominant emotional state of “Joy” and a personality trait of Neuroticism. 

Vast amount of comments by individual actors (sometimes ranging from 34 to 72 interactions) 

confirms that individuals want to be recognized by brands on Facebook, therefore becoming active 

participants and co-creators. The most common personality trait within the community is 

Neuroticism (figure 6), which leads to a large volume of Negative brand sentiment (figure 7) based 

on MUTATO tool analysis, however this has to be taken with a grain of salt, since the tool is not 

perfect for this analysis and further validation is required. Big social data analytics has also 

provided insights into buying behaviour and can be pictured as the following: Knowledge → 

Awareness → Purchase, which is a positive buying behaviour from a perspective of conversion rate.  

To sum up, the dynamic behaviour of community members is expressed in mostly liking and 

commenting on Samsung Mobile posts with mostly positive emotions and are eager to express 

themself by commenting, therefore becoming active co-creators of the Samsung brand. 
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Research Question 2: “How could Samsung use textual analysis of user-generated content on their 

Facebook page to improve organic search (SEO) presence on Google Search Engine and drive 

organic traffic?” 

 

This very precise and practical research question has been answered by performing analysis on the 

textual data from Facebook comments and compared against the professional SEO tools. Findings 

have identified primary topics and keywords such as note 8 case, note 8 vs iphone X, note 8 vs 8 

plus (see “Interpretation of findings”or “SEO potential” chapters for a complete list of keywords) 

that can be used by Samsung Mobile to create content topics and drive free, organic traffic from 

Google search engine to their product or blog posts.  

Implications for research 

Big data analytics and big social data analytics are relatively new fields of study, further technical 

development of analytical tools is required to get more reliable results, especially when analyzing 

cross-social media platform interactions. This project aims to analyze dynamic behaviour within the 

Facebook community (including analyzing consumers buying behaviour) as well as provide 

practical SEO content recommendations. In general, social media provides an extremely good 

opportunity to gain insights into brand awareness and audience behaviour, that should be utilized by 

every business that is present on social media channels. This study provides results only on limited 

amount of datasets and limited amount of data points, but is a good start for any kind of business to 

gain insights and tailor marketing strategies accordingly. 

Implications for practice 

First of all, this research requires a researcher to have knowledge of several important aspects in 

order to provide reasonable implications for practice. Firstly, the understanding of research 

methodology is necessary for a researcher to accurately formulate research questions and create 

decent research structure from the academic point of view. Secondly, practical and technical 

knowledge of Facebook dataset, Microsoft Excel, Tableau, Mutato, MOZ Keyword Explorer, and 

Keywordtool.io tools and their usability is important for the quality of the analysis in order to obtain 
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relevant insights and interpret findings. Thirdly, the overall understanding of the digital society, 

consumer behaviour on social media platforms, and optimization techniques is necessary in order to 

correctly interpret results and provide actionable insights for the case company. Necessary 

knowledge leads to major implication of the research. 

First major implication for practice are the findings of previous researches of consumer behaviour. 

Investigation has shown that people become more individualistic and oriented towards creating their 

own personal brand and becoming active participants in co-creation of brands, leading to a lower 

brand commitment, since brand products affect their personal brand as well. Research has also 

identified that shoppers visit on average 14.8 sources before completing a purchasing decision and 

this is where all of the brand touchpoints play an extremely important role.  

Second major implication is visual analytics and findings on the community behaviour as well as 

post types. With the leading type of Photo and followed by Video Samsung is already doing a great 

job and following the overall trend on branded posts on Facebook. Community engagement is great 

in form of likes and comments, leading to some actors that have extremely high amount of 

interactions. Purchasing decision-making stages identified only a few steps that are Knowledge, 

Awareness and Purchase, which is positive from a perspective of sales, but other aspects should be 

improved to retain existing customers by utilizing memberships and lock-in strategies. 

Third major implication of the study derives from the textual analysis and how this can be put in 

practice for SEO purposes. User-generated content is extremely valuable for the keyword research 

and can be used for content optimization or new content strategies.  

Recommendations for Case Company Samsung Mobile 

This chapter aims to provide recommendations for Samsung Mobile based on findings of this 

research. 

 

Continue doing more - Samsung has already been doing a great job with their promotional posts 

on Facebook page, but this can always get optimized. First of all, Samsung Mobile should continue 

posting product release posts, since these post results in Spikes of comments and likes. Moreover, 

as mentioned before, 70% of Facebook users are on the platform to obtain news about the brand or 

a product, thus matching the purpose of both the user and the business (Pereira et al. 2014). 
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Secondly, Samsung already provides customized support as analyzed in Consumer Electronics on 

Social Media chapter, therefore Samsung should continue provide personalized support service to 

retain satisfied customers. Thirdly, live video streaming of product introduction has been rather 

successful, thus Samsung should continue posting live stream sessions for the audience outside the 

product introduction venue. Lastly, since co-creation and consumer involvement is evolving within 

the social media platforms, Samsung should create more competitions to engage their Facebook 

audience. 

 

Continue doing less - analysis has shown that some of the post types, such as Link post and Status 

update, did not result in high engagement, therefore Samsung could consider posting less of this 

type of posts and concentrate on more engaging post types. 

 

Do differently - this can be related to the “continue doing less” where non-engaging posts can be 

tweak in a way so they contain images or/and videos to become more engaging. A lot of product 

features are promoted in advertisements, thus resulting in orientation towards consumers transaction 

behaviour, however consumers engagement should be highlighted in ads since this is required to 

retain community interest on Facebook. 

 

Start doing new - Firstly, Samsung has slowly started targeting millennials by opening showrooms 

and presenting how the Samsung’s ecosystem can be utilized, thus new showrooms could be 

opened around the world, following the ROPO approach and created by utilizing AIDA method. 

Secondly, personalized customer support might be incorporated with chatbots on Facebook to 

optimize user experience and time spent on customer support. Thirdly, user-generated content can 

be used to for keyword and topic research to identify SEO potential and create new content for 

consumers. Fourthly, Samsung should identify current most active actors on Facebook and use their 

influence to promote their products (in a form of product review or similar) in combination of 

SAMI model to define their characteristics. Fifthly, analysis has shown that intellectual involvement 

has resulted in stronger relationships, thus Samsung’s could experiment with a little more technical 

content on products. Lastly, Samsung should analyze their Spanish speaking audience and target 

them with Spanish language content, which might result in even better engagement rate. Spanish 
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(and all the other campaigns) should utilize AIDA and ZMOT models to indentify all the brand 

touchpoints.  

 

Stop doing and do not ever do - this project has not identified anything that crucial so Samsung 

Mobile have to stop doing. However, this can be associate with “continue doing less” since some of 

the post types can be completely eliminated since they deliver only minimal audience engagement. 

 

Campaign management and social media activity - various methods mentioned in this project 

should be used by Samsung to create even more engaging campaigns. Samsung might start by 

identifying recent most active actors (or look at the names of active actors found in this research) 

and then perform a manual check up of their Facebook profiles and identify characteristics using 

SAMI model and identify whether these actors would be willing to spread the word of mouth 

(WoMi). Once several target groups are identified, AIDA and ZMOT methods should be used in 

combination to create engaging campaigns and define all brand touchpoints for all the target groups. 

Campaign names and keywords used for urls, meta titles and descriptions of campaigns should be 

engaging and user-friendly, thus leading to campaign popularity which will positively affect Google 

trends and popularity on search engines (Garner, 2013). Moreover, campaigns should be 

representing the searchers mindset whether it’s exploratory (goal oriented e.g. complete a purchase) 

or hedonic (explore and have fun) and oriented towards smart shopping, which stands for 

elimination of waste such as time, money, and energy, resulting in great purchasing experience on 

the efficient, privacy oriented and responsive website or mobile application. Social media 

honeycomb should be put in use to identify and concentrate on the most relevant ones, for example 

sharing and conversations. Practical implementation of methods mentioned as well as above for 

campaign is expected to bring beneficial results for Samsung,.  

 

Short-term recommendations - Samsung should follow up recommendations defined above, 

however testing is required to tailor Facebook strategies accordingly. Primary short-term 

recommendation would be to change non-engaging post type into more engaging one (such as 

videos and photos) and track the performance right away.  
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Mid-term recommendations - showrooming seems to be a great strategy to introduce users to the 

Samsung ecosystem and provide great shopping experience, therefore showrooming could be tested 

in multiple locations to validate whether this strategy would work in a long-term as well. Moreover, 

intellectual content might be implemented within the persuasive marketing techniques to build 

stronger relationships using AIDA model. AIDA model would be useful to create advertising 

campaigns as well as assist in showrooming activities. 

 

Long-term recommendations - this involves both the communication and technology. All the 

mentioned changes above should be utilized by Samsung to sustain as a market leader in short, mid, 

and long-term perspectives. However, since showrooming is evolving, Samsung should consider 

obtaining in-store and showroom data from mobile devices as well as qualitative data from actual 

human-to-human dialogues and try mapping the overall user journey with all the brand touch 

points. This would help optimizing strategies for digital and offline channels. 

Limitations of the Study 

Dataset limitations are applied to the limitations of the study as well. Dataset is limited to the 

publicly available data from Facebook, resulting in limited amount of data points as well. In order 

to gain more insights, more datasets could be used in combination with Facebook dataset. Study 

also analyzes only defined period of time which is from January 2016 until October 2017, meaning 

that latest posts and marketing strategies are not taken into consideration at all.  

The study is also limited to a number of tools. MUTATO tool has delivered strange results within 

the brand sentiment analysis, therefore tool improvements should be considered, but that is 

understandable since the tool is relatively new and still in a development phase.  

In addition, the study is limited to the quantitative data mostly (excluding Facebook comments that 

might be considered as qualitative data) leading to quantitative analysis only. Semi-structured or 

structured interviews could be beneficial to obtain real emotions and analyze brand sentiment in 

more qualitative way. 
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Learning reflections 

The study has allowed me to apply theoretical knowledge gained through university years in 

combination with practical analytics to provide rich insights and recommendations. I was also able 

to better understand the shift towards a digital society and consumer behaviour in the digital age, 

especially behaviour on Facebook and general consumers buying behaviour. Thanks to the 

pragmatic approach selection for this project, I was able to analyze both quantitative and qualitative 

data and subjectively interpret my findings. Moreover, I was really impressed by the findings of 

how many brand touchpoints we interact with, how we communicate and perceive brands, as well 

as how we are becoming personal brand representatives on digital platforms. In addition to that, big 

social data analytics itself has taught me a lot about data processing techniques, data visualization, 

pattern recognition, sentiment analysis, keyword analysis and much more on a very practical level, 

resulting in improved interpretation of data that will be used in my daily job. On top of that, 

keyword analysis and topic modeling of the dataset has enabled me to analyze user generated 

content and define potential keywords and topics for the SEO strategies and techniques, which will 

definitely be put in practice at my work.  

Future work 

This project has used visual and text analytics to gain insights based on historical data, therefore 

predictive analytics would be another step. Predictive analytics could be used to analyze the amount 

of engagements on Facebook where Samsung Mobile could utilize their human resources based on 

predictive analytics methods. In addition, predictive analytics could be used in combination with 

internal company’s data such as website visits, add to basket actions, products sales and other in 

order to have a complete user journey on digital channels. Other media channels such as Instagram 

and Twitter could be used for the same purpose to define best performing strategies and implement 

prediction models. 

In a long term perspective, Samsung Mobile should collect in-store data (from showrooms and 

retail stores) and data from digital channels like Facebook, to gain real-time data and analyze the 

effectiveness of selected channels as well as study consumers shopping behaviour. 
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8. Conclusion 

The aim of this research was to explore how big social data analytics can help Samsung Mobile to 

explore consumers behaviour on Facebook platform by utilizing various analytical methods and 

techniques. Visual and text analytics has helped answering two research questions, one regarding 

the consumer’s behaviour and another one about practical use of user-generated content for the SEO 

purposes. In-depth analysis has enabled to identify primary methods of interaction with Samsung’s 

posts, emotional state of Facebook actors, as well as identify consumer decision-making stages 

based on textual data. Results have led to the conclusion that community mostly interacts by liking 

and commenting on Samsung’s posts in a joyful way, interacting primarily in English language, 

however other languages such as Spanish were noticed within the textual data. Most engaging post 

type have been identified as being Product Introduction type of posts with mostly photos and 

videos, but other type of posts, such as Christmas celebration competition, has resulted in high 

engagement rate as well. Textual data has given insights into particular keywords and topics that 

can be utilized for search engine optimization purposes to drive organic traffic. 

Conclusion can be drawn that this research has found valuable and actionable findings of Samsung 

Mobile Facebook dataset that can actually be put in practice for Facebook marketing and SEO 

strategies. 

 

9. Acknowledgments 

I would like thank my thesis supervisor Professor Ravi Vatrapu and the department of Digitalization 

for granting me this opportunity to perform big social data analytics research for my thesis project 

as well as all the necessary tools and knowledge provided by the Digitalization department. 

  

79 



 

 

 

10. References 

A 
Aghaei, S., Nematbakhsh, A. N., & Farsani, H. K. (2012). Evolution of the World Wide Web: From 

Web 1.0 to Web 4.0. International Journal of Web & Semantic Technology, 3(1), 1–10. 

doi:10.5121/ijwest.2012.3101 

B 

Boyd, D. M. & Ellison, N. B. (2007), Social network sites: Definition, history, and scholarship. 

Journal of Computer-Mediated Communication [Online] 13(1), pp. 1-13.  

C 

Cambridge.org. Target group Meaning in the Cambridge English Dictionary. Retrieved from 

https://dictionary.cambridge.org/dictionary/english/target-group 

Chek Yin Ling and H, Jessica Sze Yin, (2016). Consumer Electronics E-retailing: Why the Alliance 

of Vendors’ E-service Quality, Trust and Trustworthiness Matters. Procedia - Social and 

Behavioral Sciences, 31 May 2016, Vol.219, pp.804-811 

Chen, C., Härdle, W., & Unwin, A. (2008).  Handbook of data visualization. Springer. 

Cioffi-Revilla, C. (2014). Introduction to computational social science: Principles and 

applications. Springer. 

D 

Dudharejia, M. (2017, March 02). 8 Reasons Facebook Will Beat All Other Digital Marketing 

Channels This Year. Retrieved from https://www.entrepreneur.com/article/286441 

Dudovskiy John, (December 2017). Samsung Marketing Mix (Samsung 7Ps of Marketing). 

Retrieved from: 

https://research-methodology.net/samsung-marketing-mix-samsung-7ps-marketing/  

 

E 

Ekman, P. (1993). "Facial Expression and Emotion". American Psychologist. 48 (4): 384–392  

80 

https://research-methodology.net/samsung-marketing-mix-samsung-7ps-marketing/


 

 

 

Eric Seal, (June 13, 2016). Social Signals "Not Ranked" by Google? Not So Fast! Retrieved from 

https://www.seoinc.com/seo-blog/social-signals-not-ranked-by-google/ 

Esmaeilpour, M. and Aram, F. (2016), “Investigating the impact of viral message appeal and 

message credibility on consumer attitude toward the brand”, Management & Marketing. 

Challenges for the Knowledge Society, Vol. 11, No. 2, pp. 470-483. DOI: 

10.1515/mmcks-2016-0010. 

F 

Facebook.com. Facebook for Business Influencers. Retrieved from 

https://www.facebook.com/facebookmedia/businessinfluencers 

Feldman, R. (2013, 04). Techniques and applications for sentiment analysis. Communications of the 

ACM, 56(4), 82. doi:10.1145/2436256.2436274 

Felix Wegener, Statista.com, (November, 2017). eCommerce Report 2017 - Electronics & Media. 

Statista Digital Market Outlook - Segment Report. 

Fishkin, R. (2016, March 10). Can SEOs Stop Worrying About Keywords and Just Focus on 

Topics? - Whiteboard Friday. Retrieved from 

https://moz.com/blog/can-seos-stop-worrying-keywords-focus-topics-whiteboard-friday 

Francisco Rejón-Guardia & Cuauhtemoc Luna-Nevarez (2017) “Showrooming” in Consumer 

Electronics Retailing: An Empirical Study, Journal of Internet Commerce, 16:2, 174-201, DOI: 

10.1080/15332861.2017.1305812 

G 

Gandomi, A. & Haider, M. (2014), “Beyond the hype: Big data concepts, methods, and analytics”. 

International Journal of Information Management 35 (2015), 137-144.  

Garner, R. (2013). Search and social: The complete guide to real-time content marketing. Wiley. 

Gartner.com (2016, December 19). What Is Big Data? - Gartner IT Glossary - Big Data. Retrieved 

from https://www.gartner.com/it-glossary/big-data 

GeoMarketing (2017, February 4). Facebook Starts 2017 With 65 Million Local Business Pages. 

Retrieved from 

http://www.geomarketing.com/facebook-starts-2017-with-65-million-local-business-pages 

Gilbert, N. (2010). Computational social science. SAGE. 

81 



 

 

 

Google.com. How Search organizes information, Google “Organizing information by indexing”. 

Retrieved from https://www.google.com/search/howsearchworks/crawling-indexing/ 

GoPro.com. Introducing the GoPro Mobile Creative Suite featuring Quik™ and Splice. Retrieved 

from 

https://gopro.com/news/introducing-the-gopro-mobile-creative-suite-featuring-quik-and-splice 

Gottbrecht, L. (2017, October 19). Why Brands Will Love Facebook's Paid Influencer Marketing 

Features. Retrieved from 

http://www.adweek.com/digital/liz-gottbrecht-mavrck-guest-post-facebook-paid-influencer-ma

rketing-features/ 

Gottdiener, M., & Lagopoulos, A. P. (1986). The City and the sign: An introduction to urban 

semiotics. Columbia University Press. 

H 

Halavais, A. (2015, 02). Bigger sociological imaginations: Framing big social data theory and 

methods. Information, Communication & Society, 18(5), 583-594. 

doi:10.1080/1369118x.2015.1008543 

Hennig, A., Åmodt, A-S., Hernes, H., Nygårdsmoen, H. M., Arenfeldt Larsen, P., Mukkamala, R. 

R., ... Vatrapu, R. (2016). Big Social Data Analytics of Changes in Consumer Behaviour and 

Opinion of a TV Broadcaster. In J. Joshi, G. Karypis, & L. Liu (Eds.), Proceedings of the 2016 

IEEE International Conference on Big Data (BigData '16) (pp. 3839-3848). Piscataway, NJ: 

IEEE. 

Hevner, A. R., & Chatterjee, S. (2010). Design research in information systems: Theory and 

practice. Springer.  

Hurst, N. (2011), Angry Online Commenters Can Cause Negative Perceptions of Corporations. MU 

Researchers Find. News release 21 June, 2011. News Bureau, University of Missouri. 

Retrieved from: 

http://munews.missouri.edu/news-releases/2011/0621-angry-online-commenters-can-cause-neg

ative-perceptions-of-corporations-mu-researchers-find/ 

Hurwitz, J., Nugent, A., & Halper, F. (2013). Big data for dummies. Retrieved from 

https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443  

Hussain, A., & Vatrapu, R. (2014). Social Data Analytics Tool: Design, Development and 

82 

https://www.google.com/search/howsearchworks/crawling-indexing/
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/publications/big-social-data-analytics-of-changes-in-consumer-behaviour-and-opinion-of-a-tv-broadcaster(cd26e52d-9b41-4a9b-86ef-200f504f616b).html
http://research.cbs.dk/en/publications/big-social-data-analytics-of-changes-in-consumer-behaviour-and-opinion-of-a-tv-broadcaster(cd26e52d-9b41-4a9b-86ef-200f504f616b).html
http://munews.missouri.edu/news-releases/2011/0621-angry-online-commenters-can-cause-negative-perceptions-of-corporations-mu-researchers-find/
http://munews.missouri.edu/news-releases/2011/0621-angry-online-commenters-can-cause-negative-perceptions-of-corporations-mu-researchers-find/
https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/
http://research.cbs.dk/en/persons/abid-hussain(e975ae6c-3589-41ee-95a2-05f448cec25d)/publications.html
http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/publications/social-data-analytics-tool(55d4ea97-7648-4bad-839b-06a6f11209ee).html


 

 

 

Demonstrative Case Studies. In G. Grossmann, S. Hallé, D. Karastoyanova, M. Reichert, & S. 

Rinderle-Ma (Eds.), Proceedings. IEEE 18th International Enterprise Distributed Object 

Computing. Workshops and Demonstrations, EDOC 2014 (pp. 414-417). [6975394] Los 

Alamitos, CA: IEEE. International Enterprise Distributed Object Computing Conference. 

Proceedings, Vol.. 18, DOI: 10.1109/EDOCW.2014.70 

Hutchinson Ian, (January 2018). Samsung Technology Survey Reveals 2018 Retailer Concerns and 

Predictions. Retrieved from 

https://insights.samsung.com/2018/01/29/samsung-technology-survey-reveals-2018-retailer-co

ncerns-and-predictions/  

I 

In Lee, (2017). Social media analytics for enterprises: Typology, methods, and processes. Retrieved 

from https://doi.org/10.1016/j.bushor.2017.11.002 

J 

J. Berger, (2012). What makes online content viral?. Strategic Direction, Vol. 28 Issue: 8, Retrieved 

from: https://doi.org/10.1108/sd.2012.05628haa.014 

Jim Lecinski, Google, (June 2011). ZMOT - Winning The Zero Moment Of Truth. Retrieved from 

https://www.thinkwithgoogle.com/marketing-resources/micro-moments/2011-winning-zmot-eb

ook/ 

K 

Kaplan, A.M. and Haenlein, M. (2010), “Users of the world, unite! The challenges and 

opportunities of social media”, Business Horizons, Vol. 53 No. 1, pp. 59-68. 

Keywordtool.io. Keyword Tool Is The Best Alternative To Google Keyword Planner And Other 

Keyword Research Tools. Retrieved from https://keywordtool.io/google 

Kissmetrics Blog. Social Media and SEO. Retrieved from 

https://blog.kissmetrics.com/social-media-and-seo/ 

Korsholm Poulsen, L., Dekkers, D., Wagenaar, N., Snijders, W., Lewinsky, B., Mukkamala, R. R., 

& Vatrapu, R. (2016). Green Cabs vs. Uber in New York City. In C. Pu, F. Fox, & E. Damiani 

(Eds.), Proceedings of the 2016 IEEE International Congress on Big Data. BigData Congress 

2016 (pp. 222–229). Los Alamitos, CA: IEEE. DOI: 10.1109/BigDataCongress.2016.35  

83 

http://research.cbs.dk/en/publications/social-data-analytics-tool(55d4ea97-7648-4bad-839b-06a6f11209ee).html
http://dx.doi.org/10.1109/EDOCW.2014.70
https://insights.samsung.com/2018/01/29/samsung-technology-survey-reveals-2018-retailer-concerns-and-predictions/
https://insights.samsung.com/2018/01/29/samsung-technology-survey-reveals-2018-retailer-concerns-and-predictions/
https://doi-org.esc-web.lib.cbs.dk:8443/10.1016/j.bushor.2017.11.002
https://doi-org.esc-web.lib.cbs.dk:8443/10.1108/sd.2012.05628haa.014
https://www.thinkwithgoogle.com/marketing-resources/micro-moments/2011-winning-zmot-ebook/
https://www.thinkwithgoogle.com/marketing-resources/micro-moments/2011-winning-zmot-ebook/
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/publications/green-cabs-vs-uber-in-new-york-city(496fe58f-187e-48d6-a00a-546ee2ee120f).html
http://dx.doi.org/10.1109/BigDataCongress.2016.35


 

 

 

Kramer Arjan, (2014). Webrooming, the next big thing in all-channel retailing. Capgemini 

Capgemini Worldwide. Retrieved from: 

https://www.capgemini.com/blog/capping-it-off/2014/01/webrooming-the-next-big-thing-in-all

-channel-retailing 

Kulkarni, C. (2017, August 03). 11 Ways Social Media Will Evolve in the Future. Retrieved from 

https://www.entrepreneur.com/article/293454 

L 

Larsen, H. H., Forsberg, J. M., Hemstad, S. V., Mukkamala, R. R., Hussain, A., & Vatrapu, R. 

(2016). TV Ratings vs. Social Media Engagement: Big Social Data Analytics of the 

Scandinavian TV Talk Show Skavlan. In J. Joshi, G. Karypis, & L. Liu (Eds.), Proceedings of 

the 2016 IEEE International Conference on Big Data (BigData '16) (pp. 3849-3858). 

Piscataway, NJ: IEEE. Lassen, N. B., Madsen, R., & Vatrapu, R. (2014). Predicting iPhone 

Sales from iPhone Tweets. In M. Reichert, S. Rinderle-Ma, & G. Grossmann (Eds.), 

Proceedings. IEEE 18th International Enterprise Distributed Object Computing Conference, 

EDOC 2014 (pp. 81-90). Los Alamitos, CA: IEEE. International Enterprise Distributed Object 

Computing Conference. Proceedings, Vol.. 18, DOI: 10.1109/EDOC.2014.20  

Leist, R. (n.d.). How to Do Keyword Research for SEO: A Beginner's Guide. Retrieved from 

https://blog.hubspot.com/marketing/how-to-do-keyword-research-ht 

M 

Marketing-Schools.org. Persuasion Marketing. Retrieved from 

http://www.marketing-schools.org/types-of-marketing/persuasion-marketing.html 

Marr, B. (2015). Big data : using smart big data, analytics and metrics to make better decisions and 

improve performance. Retrieved from 

https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443 

Megan R. Brett, (2012). Topic Modeling: A Basic Introduction. Journal of Digital Humanities. 

Retrieved from: 

http://journalofdigitalhumanities.org/2-1/topic-modeling-a-basic-introduction-by-megan-r-brett/ 

MOZ.com. Keyword Explorer: SEO Keyword Difficulty Tool and Competition Analysis. Retrieved 

from https://moz.com/tools/keyword-difficulty 

84 

https://www.capgemini.com/blog/capping-it-off/2014/01/webrooming-the-next-big-thing-in-all-channel-retailing
https://www.capgemini.com/blog/capping-it-off/2014/01/webrooming-the-next-big-thing-in-all-channel-retailing
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/raghava-rao-mukkamala(be02cc2c-6ea7-4448-bd17-71ddd8fa6069)/publications.html
http://research.cbs.dk/en/persons/abid-hussain(e975ae6c-3589-41ee-95a2-05f448cec25d)/publications.html
http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/publications/tv-ratings-vs-social-media-engagement(06fb6055-f67d-4e68-95e3-ffa301f86fbd).html
http://research.cbs.dk/en/publications/tv-ratings-vs-social-media-engagement(06fb6055-f67d-4e68-95e3-ffa301f86fbd).html
http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/publications/predicting-iphone-sales-from-iphone-tweets(f5ece677-f140-4034-8a23-701969a57671).html
http://research.cbs.dk/en/publications/predicting-iphone-sales-from-iphone-tweets(f5ece677-f140-4034-8a23-701969a57671).html
http://dx.doi.org/10.1109/EDOC.2014.20
https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/
http://journalofdigitalhumanities.org/2-1/topic-modeling-a-basic-introduction-by-megan-r-brett/
https://moz.com/tools/keyword-difficulty


 

 

 

 

N 
O 
Ofcom, (December 2017). International Communications Market Report 2017. Retrieved from 

https://www.ofcom.org.uk/__data/assets/pdf_file/0032/108896/icmr-2017.pdf 

Ofir Turel, (2017). Personality and Individual Differences. Retrieved from: 

https://www-sciencedirect-com.esc-web.lib.cbs.dk:8443/science/article/pii/S019188691730494

4 

Oriol Iglesias, Eduard Bonet, (2012) "Persuasive brand management: How managers can influence 

brand meaning when they are losing control over it", Journal of Organizational Change 

Management, Vol. 25 Issue: 2, pp.251-264, https://doi.org/10.1108/09534811211213937 

Permanent link to this document: https://doi.org/10.1108/09534811211213937 

P 

Pereira, H. G., Salgueiro, M. D., & Mateus, I. (2014, 11). Say yes to Facebook and get your 

customers involved! Relationships in a world of social networks. Business Horizons, 57(6), 

695-702. doi:10.1016/j.bushor.2014.07.001 
Q 

R 
Regus. (2010, July). Social success? A global survey of business social networking: A global report 

from Regus. Retrieved from 

http://www.botswana.regus.com/images/Social%20Success%5B1%5D_tcm291-21559.pdf 

Robert R. McCrae and Oliver P. John, (1992). An Introduction to the Five-Factor Model and Its 

Applications. Journal of Personality, June 1992, Vol.60(2), pp.175-215 

Rogers, E. M. (1995). Diffusion of innovations. Free Press. 

S 

Samsung.com. Samsung's Spirit | Philosophy | Vision | Samsung US. Retrieved from 

https://www.samsung.com/us/aboutsamsung/vision/philosophy/samsung-spirit/ 

85 

https://www.ofcom.org.uk/__data/assets/pdf_file/0032/108896/icmr-2017.pdf
https://www-sciencedirect-com.esc-web.lib.cbs.dk:8443/science/article/pii/S0191886917304944
https://www-sciencedirect-com.esc-web.lib.cbs.dk:8443/science/article/pii/S0191886917304944
https://doi.org/10.1108/09534811211213937
http://www.botswana.regus.com/images/Social%20Success%5B1%5D_tcm291-21559.pdf


 

 

 

Saunders, M. .. (2009). Research methods for business students. Pearson Education. 

Saunders, Mark N.K.;Lewis, Philip;Thornhill, Adrian. (2012). Research Methods for Business 

Students. Financial Times/ Prentice Hall. Retrieved 17 February 2018, from 

http://www.myilibrary.com?ID=385301> 

Schmunk, S., Höpken, W., Fuchs, M., & Lexhagen, M. (2013). Sentiment Analysis: Extracting 

Decision-Relevant Knowledge from UGC. Information and Communication Technologies in 

Tourism 2014, 253-265. doi:10.1007/978-3-319-03973-2_19 

Search Engine Journal (2017, June 29). How Social Media Helps SEO [Final Answer]. Retrieved 

from https://www.searchenginejournal.com/social-media-seo/196185/ 

SearchEngineLand.com. What Is SEO / Search Engine Optimization?. Retrieved from 

https://searchengineland.com/guide/what-is-seo 

SearchMettrics.com. Ranking Factors Study: Download the Whitepaper and Infographic here. 

Retrieved from https://www.searchmetrics.com/knowledge-base/ranking-factors/ 

Sebastian Buss, Statista.com (December 2017). Digital Advertising Report 2017 - Social Media 

Advertising. Statista Digital Market Outlook - Segment Report . 

Shih, H.-P. (2012), Cognitive Lock-In Effects on Consumer Purchase Intentions in the Context of 

B2C Web Sites. Psychol. Mark., 29: 738–751. doi:10.1002/mar.20560 

Shintaro Okazaki, Charles R. Taylor, (2013) Social media and international advertising: theoretical 

challenges and future directions. International Marketing Review, Vol. 30 Issue: 1, pp.56-71, 

https://doi.org/10.1108/02651331311298573 

Silverman, George. Secrets of Word-of-Mouth Marketing : How to Trigger Exponential Sales 

Through Runaway Word of Mouth. AMACOM, 2001. ProQuest Ebook Central, 

https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/lib/kbhnhh-ebooks/detail.action?do

cID=243080. 

Simon, B. (2008). Identity in modern society: A social psychological perspective. Wiley 

Interscience. 

SmartInsights.com (2017, December 22). Ecommerce conversion rates 2018. Retrieved from 

https://www.smartinsights.com/ecommerce/ecommerce-analytics/ecommerce-conversion-rates/ 

SmartInsights.com (2017), Global Social Media Research Summary 2017. Retrieved from 

https://www.smartinsights.com/social-media-marketing/social-media-strategy/new-global-socia

86 

http://www.myilibrary.com.esc-web.lib.cbs.dk/?ID=385301
http://www.emeraldinsight.com.esc-web.lib.cbs.dk/author/Okazaki%2C+Shintaro
http://www.emeraldinsight.com.esc-web.lib.cbs.dk/author/Taylor%2C+Charles+R
https://doi-org.esc-web.lib.cbs.dk:8443/10.1108/02651331311298573
https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/lib/kbhnhh-ebooks/detail.action?docID=243080
https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/lib/kbhnhh-ebooks/detail.action?docID=243080
https://www.smartinsights.com/social-media-marketing/social-media-strategy/new-global-social-media-research/


 

 

 

l-media-research/ 

Soziologie. (n.d.). Retrieved from 

https://books.google.co.id/books/about/Soziologie.html?id=mYeTIExSl4MC&redir_esc=y 

Statista.com, Electronics & Media - worldwide | Statista Market Forecast. Retrieved from 

https://www.statista.com/outlook/245/100/electronics-media/worldwide#marketStudy 

Statista.com (2017). Global digital advertising market 2017. Retrieved from 

https://www.statista.com/statistics/237974/online-advertising-spending-worldwide/ 

Statista.com (2018), Number of social media users worldwide from 2010 to 2021 (in billions). 

Retrieved from 

https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/ 

Statsoft.com. How To Identify Patterns in Time Series Data: Time Series Analysis. Retrieved from 

http://www.statsoft.com/Textbook/Time-Series-Analysis 

Stearns, P. N. (2012). Satisfaction Not Guaranteed: Dilemmas of Progress in Modern Society. New 

York University Press. 

Stieglitz, S., Dang-Xuan, L., Bruns, A. Neuberger C. (2014). Social Media Analytics. Retrieved 

from: https://doi-org.esc-web.lib.cbs.dk:8443/10.1007/s12599-014-0315-7 

T 

Tan Janice, (2017). Samsung Targets Millennials with Galaxy S8-enabled experience zones. 

Retrieved from 

http://www.marketing-interactive.com/samsung-targets-millennials-with-galaxy-s8-enabled-ex

perience-zones/  

Technopedia.com (2018), Social Networking Site (SNS). Retrieved from 

https://www.techopedia.com/definition/4956/social-networking-site-sns 

Thinktech With Google, (April 2011), The Zero Moment of Truth Study - Consumer Electronics. 

Retrieved from 

https://www.thinkwithgoogle.com/consumer-insights/zmot-consumer-electronics/ 

Trottier, D. (2012). Social media as surveillance: Rethinking visibility in a converging world. 

Ashgate. 

U 

87 

https://www.smartinsights.com/social-media-marketing/social-media-strategy/new-global-social-media-research/
https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/
https://doi-org.esc-web.lib.cbs.dk:8443/10.1007/s12599-014-0315-7
http://www.marketing-interactive.com/samsung-targets-millennials-with-galaxy-s8-enabled-experience-zones/
http://www.marketing-interactive.com/samsung-targets-millennials-with-galaxy-s8-enabled-experience-zones/
https://www.techopedia.com/definition/4956/social-networking-site-sns
https://www.thinkwithgoogle.com/consumer-insights/zmot-consumer-electronics/


 

 

 

V 
Vatrapu, R. (2013). Understanding Social Business. In K. B. Akhilesh (Ed.), Emerging Dimensions 

of Technology Management (pp. 147-158 ). New Delhi: Springer Science+Business Media 

B.V.. DOI: 10.1007/978-81-322-0792-4_11 

W 

Wan, Y. (2009). Comparison-Shopping Services and Agent Designs.USA: Idea Group Inc (IGI). 

Wieneke, A., & Lehrer, C. (2016, 06). Generating and exploiting customer insights from social 

media data. Electronic Markets, 26(3), 245-268. doi:10.1007/s12525-016-0226-1 

Wind, J. (2016). Beyond Advertising: Reaching Customers Through Every Touchpoint, 2nd Edition. 

John Wiley & Sons. 

Wind, Yoram (Jerry), and Vijay Mahajan. (2001). Digital Marketing : Global Strategies from the 

World's Leading Experts, Wiley, 2001. ProQuest Ebook Central, 

https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/lib/kbhnhh-ebooks/detail.action?do

cID=117489. 

WooCommerce (2016). 4 Consumer Electronics Brands with Amazing Social Strategies. (2016, 

April 14). Retrieved from 

https://woocommerce.com/2015/05/social-media-consumer-electronics/ 

X 

Xiang, Zheng ; Schwartz, Zvi ; Gerdes, John H. ; Uysal, Muzaffer, (January 2015).  “What can big 

data and text analytics tell us about hotel guest experience and satisfaction?”. International 

Journal of Hospitality Management, January 2015, Vol.44, pp.120-130  

Y 

Yang, S., Lin, S., Carlson, J. R., & Ross, W. T. (2016, 02). Brand engagement on social media: 

Will firms’ social media efforts influence search engine advertising effectiveness? Journal of 

Marketing Management, 32(5-6), 526-557. doi:10.1080/0267257x.2016.1143863 

Yu-Ting Chang, Hueiju Yu, Hsi-Peng Lu, (2015). Persuasive messages, popularity cohesion, and 

message diffusion in social media marketing. Retrieved from 

https://doi.org/10.1016/j.jbusres.2014.11.027 

88 

http://research.cbs.dk/en/persons/ravi-vatrapu(93ba7069-df22-46b2-bf4f-5eb53175ef75)/publications.html
http://research.cbs.dk/en/publications/understanding-social-business(6255b654-608d-4cb7-a66c-63c238f3b253).html
http://dx.doi.org/10.1007/978-81-322-0792-4_11
https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/lib/kbhnhh-ebooks/detail.action?docID=117489
https://ebookcentral-proquest-com.esc-web.lib.cbs.dk:8443/lib/kbhnhh-ebooks/detail.action?docID=117489
https://doi-org.esc-web.lib.cbs.dk:8443/10.1016/j.jbusres.2014.11.027


 

 

 

Z 

Zimmerman, C., Stein, M-K., Hardt, D., & Vatrapu, R. (2015). Emergence of Things Felt: 

Harnessing the Semantic Space of Facebook Feeling Tags. In T. Carte, A. Heinzl, & C. 

Urquhart (Eds.), Proceedings of the Thirty Sixth International Conference on Information 

Systems. ICIS 2015 Atlanta, GA: Association for Information Systems. AIS Electronic Library 

(AISeL). Proceedings / International Conference on Information Systems (ICIS), Vol.. 36 

11. Appendices 

 

Appendix 1 - Social Media Hierarchy of Needs - by John Antonios. 

John Antonios uses Maslow’s Hierarchy Of Needs to visualize what are consumer needs on social 

media and identifies primary needs of Existence, Structure, Community Building, Personal 

Branding and Optimization and Monetization.  
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Appendix 2 -Brand Touchpoint Wheel 

Brand touchpoint wheel framework can be used by businesses to get an overview where consumer 

interacts with the brand that might be intentional or unintentional. This framework enables brand 

managers to response to situations based on interaction point and lead to a positive brand linking. 
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Appendix 3 - Social Media Honeycomb 

Honeycomb framework is useful for brands to review their social media strategy effectiveness by 

looking at the reasons why people engage with the brand. 7 building blocks represent different areas 

where brands can select most relevant ones and focus on optimization strategies. 

 

 

  

 

 

 

 

 

 

 

 

 

Appendix 4 - Samsung Galaxy Note 8 advertising - persuasive marketing technique 

This screenshot has been manually taken from the ad that was posted on Facebook by Samsung 

Mobile. The whole ad has a persuasive marketing technique behind trying to mimic our daily life 

and communication with beloved people in a way that is only possible via Note 8 phone, thus 

resulting in raising emotional state of viewers. 
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Appendix 5 - Saunders et al. book “Research Methods for Business Students” 

reference to Research Onion 

Research onion that was developed by Saunders et al. (2007) plays an important role within the 

methodological selection of this thesis and its research process. Research onion describe various 

stages that the research need to pass when creating and formulating an effective methodology of the 

research.  
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Appendix 6 - Schematic diagram of SODATO tool  

SODATO tool has been used to fetch Samsung Mobile Facebook wall and obtain necessary data. 

Schematic diagram below represents the sequence of actions that have to be completed. 
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Appendix 7 - MUTATO tool architecture 

Mutato tool has been used to perform text mining analysis of the user generated content (Facebook 

comments). Results are then used to make various recommendations and are compared against 

keywords from SEO tools to define organic traffic potential. 

 

 

 

 

 

 

 

 

 

 

 

Appendix 8 - Post Shares based on Spike analysis 

This analysis of how many shares each post received kinda follows the spike analysis. Assumption 

can be done that spikes corresponds with the amount of shares as well, but some anomalies such as 

spike 11, are seen with a huge amount of shares. Note that spike 11 was the highest spike of all. 
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Appendix 9 -  Comments and Comment Replies by Non-Admin 

For the purpose of the textual analysis, this diagram represents the amount of comments made by 

Facebook actors (community members) only and comments by admin (Samsung Mobile) are 

filtered out. This leaves us out with the amount of comments to visualize and later perform text 

mining to gain more insights into what Facebook actors are commenting. 

  

 

Appendix 10 - Manual Spike Classification Based On Post Type 

This manual analysis has been performed in order to gain subjective, but quality insights into what 

was the content type that resulted in a spike. Analysis identifies Product Introduction, Olympic 

Games, and Other category posts that are used within this project.  
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Spike 
NR. DbID 

Post 
Category Comment 

Spike 
1 34407 

Product 
Introduction 1 - Product intro - the #GalaxyS7 has arrived. 139k likes, 1.8 comments, 3599 shares 

Spike 
2 34384 

Olympic 
Games 

1- Olympic games post about a runner, but nothing impressive. 12 shares, 73 comments, 
1.1k likes 

 34385 
Olympic 
Games 

2- Olympic games about Indian gymnastics women and their pride. 98k likes, 263 
comments, 1312 shares 

Spike 
3 34380 

Olympic 
Games 

1- Boxing in olympics - Brazilian went from being humble to number 1.5k likes, 75 
comments, 209 shares 

 34381 
Olympic 
Games 2- Oppression to freedom runner. 1.2k likes, 55 comments, 11 shares 

 34382 
Olympic 
Games 

3- Swimmer who was diagnosed with leukemia - sensitive touch. 119k likes, 476 
comments, 1436 shares 

 34383 Other 
4- August 31 Innovation conference in Berlin announcement. 2k likes, 99 comments, 
118 shares 

Spike 
4 34341 Other No link - Christmas gift competition for Galaxy Note (based on broken post picture) 

Spike 
5 1656 

Product 
Introduction 

1- unbox your phone black image with no description or caption. Solid. 7.7k likes, 358 
comments, 251 shares 

 1658 
Product 
Introduction 

2- promo video about how old phone looks like and how new (like transparent sides). 
#UnboxYourPhone = 21M views, 100k likes, 3.8k comments, 6559 shares 

 1657 
Product 
Introduction 

3- another promo video about the boundless phone, but shorter. #UnboxYourPhone = 
13M views, 2.8k comments, 6046 shares 

Spike 
6 1655 

Product 
Introduction 

1- short video with #UnboxYourPhone again, similar template. promo video. 22M 
views, 65k likes, 2k comments, 2447 shares 

Spike 
7 1641 

Product 
Introduction 

1 - Product introduction - no caption or title. Galaxy s8 and s8+ = 26k likes, 675 
comments, 1374 shares 

 1642 
Product 
Introduction 

2 - live video of phone unboxing with Samsung. 1h 37 min long, - It’s almost showtime. 
Watch live as we change 

Spike 
8 34367 

Product 
Introduction 

1 - Galaxy s8 and 8+ awesome video with people playing. = Take your movie date on 
the go. Get a cinematic experience from. anywhere with the #GalaxyS8. 
#UnboxYourPhone. 5.5. M views, 72k likes, 2k comments, 3733 shares 

Spike 
9 34365 

Product 
Introduction 

1 - product promo video. Girls shopping online. = 11M views, 124k likes, 4.1k 
comments, 7553 shares 

Spike 
10 34318 

Product 
Introduction 

1 - photo promoting to switch to Galaxy since you can keep your contacts. 142k likes, 
135 comments, 142 shares 

Spike 
11 1637 

Product 
Introduction 

1 - Product intro - Galaxy Note 8 - awesome 3m 19s video about the big phone. 2.6M 
views, 112k likes, 24k comments, 48169 shares 

 1650 
Product 
Introduction 

2 - Product intro - live session Galaxy note 8 - awesome almost 1h 30 min video. = 
266k views, 5.6k comments, 4084 shares 
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 1638 
Product 
Introduction 3 - data not available. double checked on timeline. Deleted post. 

 1639 
Product 
Introduction 

4 - Galaxy note 8 photo - no title. Do bigger things with awesome landscape pic. = 7.1k 
likes, 284 comments, 252 shares 

Spike 
12 1628 

Product 
Introduction 

1 - Galaxy note 8 video, Do more with Screen off Memo and the S Pen on the 
#GalaxyNote8. Turn ideas into possibilities. 5.3M views, 84k likes, 3.7k comments, 
5814 shares 

Spike 
13 1616 

Product 
Introduction 

1- promo how cool is the dual camera. The #GalaxyNote8 lets you turn ideas into 
possibilities. Capture more with the Dual Camera. 

 

 

Appendix 11 - Number Of Shares Per Post Type 

Visual representation of what type of posts by Samsung were the sharable ones identifies Video 

type of posts to be the best performing ones. Video is then followed by Photo type shares and Status 

type shares. Note that no data was available for the Link type post shares within the dataset. 
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Appendix 12 - Video Length in seconds 

Samsung video posts have been performing very well especially in terms of number and likes and 

comments. This packed bubble visualization represents the type (video), length (e.g. 00:16 or 

00:31), and the  number of records (e.g. 18; 8; 5; 4). Moreover, the size of the bubble represents the 

amount of videos with that particular length for better visualization purposes, resulting in videos of 

00:16 seconds being posted 18 times, followed by videos of 00:31 seconds posted 8 times. Green 

bubbles represents the number of records of 3 (3 video posts of that video length - 00:11 seconds 

and 00:25 seconds), followed by a larger blue (4 videos posts of 00:1 seconds and 00:25 seconds), 

and lastly small blue bubbles represent 1 type of post with varying video length from 00:08 seconds 

to 08:50 seconds. 
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Appendix 13 - Word Cloud - Olympic Games 2016  

TextLightRaw file (file with textual data only) has been used for Word Cloud analysis where 

duplicate comments were removed for the purpose of the quality of the analysis. Olympic Games 

type posts represents most frequent words within the corpus, resulting in Proud and Respect being 

the most often used words.  

 

 

Appendix 14 - Product Introduction in 2016 

Based on Product Introduction 2016 textual data, the most often used words were Edge, Galaxy, 

Much and Phone, corresponding to the Galaxy S7 Edge phone release. 
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Appendix 15 - Product Introduction in 2017 

Product Introduction 2017 Word has slightly different words that were often mentioned that are 

Phone and Note, again representing the Galaxy Note phone release. 

 

 

 

Appendix 16 - Other - Christmas Competition 

Even though Christmas Competition by Samsung was in English, it’s obvious that Spanish is a 

dominating language when it comes to engagement. This is finding can be used for marketing 

strategies such as special competitions for Spanish speaking audiences. 
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Appendix 17 - Emotions - Product Introduction in 2016 

Text analysis has identified Joy as a dominant emotion on all of the type of posts. As seen above, 

Joy is also a dominant emotion on 2016 Product Introduction type of posts. 

 

 

 

 

 

 

 

 

 

 

 

 

 

Appendix 18 - Emotions - Olympic Games 2016  

This graph represents the dominant emotion of Joy on the on the Olympic Games type of posts as 

wll. 
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Appendix 19 - Emotions - Other - Christmas Competition 

Other type of posts have the same dominant emotion of Joy. 

 

 

Appendix 20 - Personality traits Product Introduction 2016 

Neuroticism is found to be the dominant personality trait, meaning that neurotic people might be a 

little more negative and keen to mood swings. This persona trait is the dominant one as seen in 

other personality trait appendices below as well. 
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Appendix 21 - Personality traits Olympic games 

As mentioned, Neuroticism is the leading personality trait. Note that Extraversion is the second 

highest, leading to a conclusion that Facebook actors were more keen to be extrovert and start 

communicating on Samsung’s Olympic Games type of posts. 

 

 

Appendix 22 - Personality traits Other type - Christmas Competition 

Other type - Christmas competition post has the same dominant Neuroticistic trate.  
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Appendix 23 - Brand sentiment on 2016 Product Introduction content 

Brand sentiment analysis clearly defines Negative emotion to be the dominant one at all of the 

Samsung Mobile posts. Based on manual analysis and insights into the comments, there were not 

much negative comments. My subjective opinion is that MUTATO tool for Brand Sentiment 

analysis is not working properly, therefore further investigation is needed. 
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Appendix 24 - Consumer Decision-making Stages 

Analysis has identified leading stages of Knowledge, Awareness and Purchase which is positive 

from the conversion rate optimization perspective. This means that most actors were interacting on 

posts from the perspective of obtaining knowledge, then leading to awareness of a brand or a 

product, then leading to a purchase. As mentioned in recommendations, Samsung should have a 

closer look into the Conviction, Liking and Preference since these are important stages in building 

positive customer retention with Samsung brand preference over its competitors. 
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Appendix 25 - 2016 Product Introduction dataset - Topic Modeling 

Topics are visualized on the right hand side, starting with a topic number 0. Based on keywords, 

topic names are manually and subjectively assigned. The following topics are identified: release 

date, Spanish topic 1, cool design, battery time, Spanish topic 2, brazilian topic 3. 

 

 

Appendix 26 - Olympic Games dataset 

The dataset of Olympic Games has topics of: phone apps, amazing achievement, Indonesian topic 

1,  Indonesian topic 2, good team, working phone. 
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Appendix 27 - Other type post, Christmas Competition  

Christmas competition dataset has the following topics: galaxy edge phone, Spanish topic 1, 

Spanish topic 2, Spanish topic 3, Spanish topic, 4 Spanish topic 5. 

 

 

Appendix 28 - 2017 Product Introduction posts 

2017 Product Introduction dataset topics are: defective, note4 security, technical department, 

unidentified, management responsibility, Spanish topic 1.  
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Appendix 29 - SEO potential 

Due to sustainability reasons and not printing 30+ more pages of keyword related terms, only a 

screenshot is provided to get an insight into how the SEO potential has been valued. First of all, 

based on keyword analysis of the textual corpus, keywords and number of occurrences were 

identified as seen on the right hand side - MUTATO with keywords and Nr. Of Occurrences. 

Secondly, Mutato keywords were manually selected and entered into MOZ Keyword Explorer and 

Keywordtool.io and the .csv file with these keywords were exported (2 .csv files - one from MOZ 

and another one from Keywordtool.io). Later, these keywords were check for duplicates and based 

on personal all the keywords and topics in a dataset, only a few keywords and topic were selected 

for recommendations for the SEO purposes. Selected primary keywords and topics are:  note 8 case, 

note 8 vs iphone X, note 8 vs 8 plus. This, of course, is not limited to the primary ones, since more 

secondary topics can be identified.  
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