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I 

Abstract 
 

Studies on the global knowledge dispersion and production have particularly highlighted significant 

imbalances in terms of research origin and targeted countries. Though the world as of today is highly 

globalized, scientific activity still remains concentrated in certain regions of the world. To shed 

further light on the magnitude of international research activity in specific academic disciplines, 

bibliometric analyses are commonly performed to further illustrate aspects of the geography of 

research. 

The aim of the thesis is to answer how international and representative of the world research in the 

field of strategy and management is, by analyzing bibliometric data from 2003 to 2017 in discipline 

six leading journals. Furthermore, drivers of focal country choice are identified to understand why 

certain countries are targeted more frequently in research than others.  

Particularly the US is identified as an overrepresented target country in the chosen journals, followed 

by China and the UK. Since those countries alone account for 65 percent of single country studies 

identified, it is concluded that research in the underlying journals is not as representative of the world 

as one might think. 

With regards to the author affiliation, the US is even more overrepresented than it is as a target 

country. It is followed by the UK and Canada. As part of the explanation, the US location of most of 

the journals is identified. 

As partly explanation of the findings, home bias of the US authors is detected. Since Most journals 

are located in the US, the share of US affiliated authors is particularly high in the data. Those US 

authors mostly target their home country in their academic articles and therefore contribute to the 

high share of US targeted articles observed. 

As drivers of research intensity, gdp per capita and the population are identified. Further variables, 

namely cultural distance, geographic distance and a dummy variable for English language do not 

further explain focal country choice of US authors and are therefore rejected as possible explanation 

for target country choice. 
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1 Introduction 
 

 “Science has contributed immensely to human progress and to the development of modern society. 

[However,] [...] much of that science [...] neglects the problems that afflict most of the world’s people” 

(Annan, 2003). 

 

In times of ever-increasing global interconnectedness of countries as well as peoples and continuous 

advances in research and technology, knowledge is becoming greater and far more accessible than ever 

before. Due to globalization, formerly seemingly insignificant developing countries are rising in 

economic importance and challenge the Western world’s hegemony. 

Under the light of this, naturally the question emerges whether these ‘shifts’ over time can also be 

observed in Academia’s published research output. In various research fields studies have been 

undertaken to see how global, respectively how representative of the world their published, peer-

reviewed research is.  

These have particularly highlighted the US dominance in terms of research output and the appearance of 

US authors in the respective field specific journals. Therefore, clearly demonstrating imbalances in the 

production of knowledge. Other studies, however, reported a declining share of US targeted research 

(Henry Wai-Chung, 2001; Karolyi, 2016; Paasi, 2005).  

 

To the best of our knowledge nothing comparable has been done for the area of strategy and management, 

a relatively young academic discipline. To make our study more comprehensive we extend our analysis 

of researchers’ chosen target countries for their publications and also examine where publications stem 

from and what drivers might be involved. Along with this it is also crucial to understand the publishing 

industry, as well as the processes and requirements involved for becoming a published author.  
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1.1 Research Questions & Hypotheses 

In line with the abovementioned problem statement and the findings of the subsequently reviewed 

relevant and related literature, the following primary research question was defined: 

 

How globalized and representative of the world has research in the leading strategy & management 

journals been between 2003 and 2017 and what are the drivers behind focal country choice? 
 

This broad research question itself is composed of two parts. The representativeness of research in terms 

of focal country choice and the drivers behind focal country choice. To address and answer the first part, 

the paper will deal with these additionally formulated subordinate questions:  

 

- What are the countries research in strategy & management focused on between 2003 and 2017? 
- What country are the authors affiliated with regarding their institution? 
- Is the US dominating research in strategy & management in terms of research focus and publication 

origin like in other disciplines? Has it changed over time? 
- Is the US more home-biased than other nations? 

 

For the second part, five hypotheses were defined and then statistically tested. Hypothesis 1.1 and 1.2 

are applied on the whole dataset (publications from all authors). The latter three hypothesis are applied 

to a sub-sample consisting of publications solely by US authors.  

 

Hypothesis on publications from all authors: 

- Hypothesis 1.1:  

High GDP per capita positively affects the likelihood of publication / the number of publications per 
country, for the whole sample as well as the sub-sample of US author research targets. 
 

- Hypothesis 1.2:  

High population size of a country positively affects the likelihood of publication / the number of 
publications per country, for the whole sample as well as the sub-sample of US author research 
targets. 
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Hypothesis on publications from US authors: 

To the previously included variables (GDP per capita and population) further variables are added in this 

model on publications by US authors. 

 

- Hypothesis 2.1:  

Higher cultural distance based on the Kogut and Singh index negatively affects the likelihood of 
publications per country / being a country in research focus. 
 

- Hypothesis 2.2:  

Higher Geographic distance, based on the CEPII index, negatively affects the likelihood of 
publications per country / being a country in research focus. 
 

- Hypothesis 2.3:  

English as official language compared to all other languages positively affects the likelihood of 
publications per country / being a country in research’s focus. 

 

1.2 Scope and Limitations of the Study 

In the light of the introduced problem, and the therefore formulated research questions the aim of this 

thesis is to reveal patterns relating to the geographical aspects and internationality of research activity in 

the specific field of strategy & management. This shall help to understand and relate trends within a 

previously not examined scientific discipline to other fields. Furthermore, it should reveal possible 

critique and inequalities and generate further interest to add to the existing knowledge in strategy & 

management. As the aim of measuring and illustrating the rather abstract concept of internationality, the 

scope and limitations of this study have to be clearly outlined.  

We try to  

- identify internationality in terms of targeted countries and evaluate the representativeness of the 

world in publications 

- identify internationality in terms of country of author’s institutional affiliation 

- further, understand why researchers choose specific focal countries based on country characteristics 

and differences 
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The limitations of this study: 

- Author nations were only investigated according to the publications first mentioned authors 

country of affiliation regarding their institutions. With this used proxy for publication origin, it is 

therefore not possible to make claims about the effects of author collaboration on the 

internationality of journals.  

- The method of using the country affiliated with researcher’s institutions to classify publication 

origins is generally flawed as it does not offer any insight about what nations the researchers 

themselves stem from or feel affiliated with. 

- The controversial topic of ranking schemes and their underlying processes are not questioned and 

used as a measure to select the source journals. 

 

1.3 Structure of the Thesis 

The structure of this thesis can be divided into seven major parts. Following the introduction chapter, the 

theoretical background is presented. Here the academic publishing industry with its publishing process, 

types of peer review and the problems associated with peer review are highlighted.  

Subsequently the methodology needed for this study is outlined in its entirety. This chapter focuses on 

the research approach and the particular research methods that were identified to be most suitable for 

answering the formulated research questions and hypotheses. These are first of all, a bibliometric study 

to answer the first part of the broad research question regarding how globalized and representative of the 

world research in strategy & management is and a linear regression model to answer the second part 

about the potential drivers involved in the focal country choice. 

The result chapter is again divided into the sub-chapters bibliometric study and linear regression model. 

Part one of the results section is a descriptive analysis that first illustrates the characteristics of the sample, 

second and third presents the findings about the identified focal countries and the countries of origin of 

the publications. Fourth, it the insights of these two are taken and used to identify home and foreign bias 

of nations in our sample. Part two will try to make first steps towards answering why we observe certain 

trends by performing a regression analysis on specific factors characterizing the observed focal countries. 

This will help to understand why certain countries, respectively countries with certain characteristics, are 

targeted more frequently in academic publications in the field of strategy & management.  
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In the discussion section the findings are interpreted and connected to studies reviewed in the theoretical 

background chapter. Lastly, the conclusion outlines once more the major findings of this study and 

recommendations for future research are given. 
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2 Theoretical Background 
 

This chapter carefully outlines the theoretical background needed to follow this master thesis. The first 

part reviews the academic publishing industry. This includes the general publishing process which 

highlights the different types of peer-review and potential problems involved. The second part sheds light 

on the “geography” of research, which deals with geographic research patterns and different types of bias 

and drivers of target country choice. 

 

2.1 The Academic Publishing Industry 

According to Canagarajah (1996), research articles are the main product of knowledge manufacturing 

industries. Publishing in academic journals on the one hand, give authors the opportunity to share their 

work and receive recognition for their contribution to science and on the other hand, provide a source of 

newly created knowledge to the wider community. As the author explains, an article is not seen as 

complete until its publication and distribution to the wider community. Therefore, it could be implied 

that authors choose topics and focus of their research in the anticipation of publication. While academics 

are producers of knowledge, publishers are responsible for the dissemination of the products to their 

readers. Hence, they could be seen as the  middle men deciding on the published and disseminated end 

products (McGuigan & Russell, 2008). 

 

To ensure certain quality standards, control mechanisms have been established in the publishing industry. 

Only when an article withstands the screening mechanism, it can end up being published in a journal. 

Thus, for the author, publication requires validation (Canagarajah, 1996).  

Peer review is the major quality ensuring mechanism in place. It is a process dependent on reviewers and 

their judgement and not a science. Therefore, the assumption of objectivity in the process is of rather 

idealistic nature. The reviewer is expected to assess scientific quality based on established standards and 

norms as objectively as possible. However, the publication process also shapes submitted manuscripts to 

a negotiated end product as editors, the final decision makers have a particular interest in fields and types 

of research (Colquitt & George, 2011). Journals and their content address a certain community and 

instead of objectively conveying any scientific output, they silently influence political decisions with 

their choice of published articles (Swales, 1990). For this reason, it would be a fallacy to believe that 
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published research is just a randomly selected, smaller sample of all originally submitted content. Hence, 

it is of great importance to understand the publication and review process, since it can have a major 

influence on the content the reader does observe. 

In the following, the publishing process and types of peer review is presented and common criticism of 

the procedure is explained.  

 

2.1.1 The Publishing Process  

In order to publish in a desired journal, authors send their manuscript to the respective publisher where 

it then undergoes several stages. In the first stage, the editorial review, an editor evaluates the quality and 

scientific contribution of the manuscript. A manuscript must be relevant and suitable for peer review. 

Furthermore, it should not be similar to previously published work. Similarity can lead to rejection or to 

a return to the author for further adjustment. Readability and conformity to the journal’s standards are 

examined as well. If those stages are passed without rejection, in the second stage, the managing editor 

chooses an editor and several reviewers that possess expertise for the topic or methodology of the 

manuscript to give further feedback on the quality or publishability. Unpaid and voluntary peer reviewers 

make their own judgement and express their view to the assigned editor. Following this, it is the editor 

who decides on acceptance, rejection or revision required for the paper. During revision, the original 

author performs adjustments based on suggestions by the reviewers on necessary changes to satisfy the 

standards of quality and format. Therefore, until a manuscript is accepted by the editor, it has to pass 

several stages that each can lead to a rejection of the submission within the overall process. Once 

accepted, the manuscript reaches the stage of production, where faultless compliance to quality and 

format requirements are ensured. In the end, the author needs to approve the final version of the paper 

before it will be published (Ali & Watson, 2016; Bornmann, 2011; Klingner, Scanlon, & Pressley, 2005). 

 

2.1.2 Types of peer review 

As Walker, Barros, Conejo, Neuman and Telefont (2015) express, peer review is considered the gold 

standard for evaluating academic output such as academic manuscripts or conference papers. There are 

different types of peer reviews with regards to the disclosure of the identity of authors and reviewers.  

It is distinguished between two main types, known as close and open review. The closed peer review 

again is divided into the single blind and the double blind review.  
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Closed peer review means that at least one of the identities of the participating members are not revealed.  

In a single blind review, the author does not know the identity of his allocated reviewers. In contrast, the 

reviewers know about the author’s identity has therefore information about the authors gender, 

nationality and affiliation amongst other things.   

In a double blind review, neither the identity of the author, nor of the reviewers is disclosed.  

There are several critics and supporters of both types of the close review process.  

In an open review process, identities of both the author and the reviewers are disclosed. While this 

process is more transparent for both parties, the review might be more reluctant to heavily criticize the 

submitted manuscript. Additionally, open review possibly leads to biased results since the reviewers 

might, even if just unconsciously, judge papers of authors with certain characteristics and institutional 

affiliations differently (Ali & Watson, 2016; Bornmann, 2011; Voight & Hoogenboom, 2012). 

In addition to the common open and closed peer review process, which takes place before the publication, 

a post publication process exists as well. However, the post publication process is rather appreciated as 

a supplement to peer review, not as a replacement (Ali & Watson, 2016; Ware, 2008). 

 

2.1.3 Problems with peer review 

Besides a very broad twofold differentiation of bias into a discursive (bias related to a native language) 

and a non-discursive component (bias related to other aspects) a threefold categorization has been 

established: It is distinguished between different sources of bias, namely errors in assessing true quality, 

social bias divided in social characteristics of the author and social characteristics of the reviewer and 

content of the manuscript (Canagarajah, 1996; Lee, Sugimoto, Zhang, & Cronin, 2013; Walker et al., 

2015). 

Errors in assessing quality would arise if quality criteria would be interpreted with inconsistency and 

thereby lead to a variation of judgement for submissions of the same quality. Empirical findings on this 

category of bias seem to vary. While some found peer review to steady predictor of future citation 

success, used as a proxy for quality, others found that due to the subjectivity involved it is not a good 

predictive measure for success (Bornmann, 2011; Lee et al., 2013; Opthof, Coronel, & Janse, 2002).  

 

Social bias is further categorized into social characteristics of either the author or the reviewer. 
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Social characteristics of an author can relate to the prestige of the author’s institution or a formal or 

informal relationship shared between the author and the reviewer, the author’s nationality, language 

known as the discursive component or gender. For example, Walker et al. (2015) find review scores 

received to strongly depend on the first author’s characteristics, especially gender, institutional prestige 

and regional origin. They also report higher manuscript ratings when the nationality is shared between 

the author and the reviewer. Das et al. (2013) find an overrepresentation of US authors in leading 

economics journals, implying that US nationality could positively affect the acceptance of a manuscript, 

which was also found by Chan et al. (2007) for finance journals. 

Bias through reviewers’ characteristics refer to the gender, nation or a social category a reviewer belongs 

to that can also lead to a friendlier or fierce judgement of submissions (Lee et al., 2013). Walker et al. 

(2015) for example report on average, higher manuscript ratings given by American reviewers, and lower 

ratings given by British reviewers. 

 

Content bias relates to different characteristics of the manuscripts’ content, independent of the 

beforementioned sources of bias. Bornmann, Weymuth and Daniel (2010) for example find the relevance 

and design of a study to be the most important criteria that can lead to rejection. Anderson-Levitt (2014) 

particularly addresses the geographic aspect of content bias in the context of the common peer review 

practices. In line with Bornmann et al. (2010), the author concentrates on the relevance or significance 

that is possibly the most important factor required to get a manuscript accepted. Missing significance, 

defined as importance and interest, can lead to the rejection of the manuscript. However, for an US based 

editor, significance could very well imply significance for a context and academic discourse similar to 

US practices. This means that accepted manuscripts could be US significance biased instead of really 

being internationally significant. Content in terms of the focal country also plays a highly important role, 

since Das et al. (2013) discovered a bias against non-US studies. Ideological bias, cognitive bias or 

confirmation bias can pose an issue as well if the reviewer does not share the ideology or outcome of a 

manuscript and therefore rejects the submission (Souder, 2011). 

A further bias that exists is the publication bias, which is related to the publication of positive outcomes 

However, this bias could also be attributed to the authors who possibly tend to only submit the papers 

where the findings do not contradict proven theories (Lee et al., 2013). 
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2.1.4 Conclusion 

While the publishing industry might argue that the quality of reviewers and their work needs to be 

ensured, the means and an objective measure of review quality seem to be limited. It is difficult to 

establish a quality mechanism for a process that implicitly relies on human judgement. The final 

judgement of the editor is based on reviewers’ feedback that itself represent an opinion subjectively 

formed beyond formal codified standards. Nevertheless, the research community seems to defend the 

practice of peer review (Lee et al., 2013; Ware, 2008). While efforts to increase the quality of reviewers 

can be appreciated, the actual existence of the peer review process seems not to be questioned by the 

people mostly affected from it. Eventually, the quality mechanism in place seems to be mutually agreed 

upon by the science community. Authors are aware that their submission is evaluated through peer 

review, therefore they intend to conform to required standards of quality. The final human judgement 

besides objective criteria is the component of the review process authors cannot mitigate. However, it is 

argued that this insecurity is shared among all authors, despite some findings that report the presence of 

certain types of bias in the review process.   

Hence, while peer review is imperfect, it still is the best current practice known in the industry to ensure 

the quality of scientific publications, that are disseminated and relied on by a wide community of 

scientists, politicians and any possible reader. 

 

2.2 “Geography” of research - (home and foreign bias)   

Analyses on geographic aspects of scholarly research in specific fields are often done by means of 

bibliometric data. Bibliometrics is the science of analyzing literature, mostly in terms of content or 

citations (Moiwo & Tao, 2013). It is a sub-discipline of quantitative research used in information science. 

According to Pritchard (1969), the term of Bibliometrics refers to a variety of mathematical and statistical 

methods applied to different media of communication. The term strongly overlaps with scientometrics, 

and both terms together could be concluded as informetrics, which includes the analysis of electronic 

media content (Andrés, 2009; Glänzel, 2003).  

There are various kinds of bibliometric studies focusing on different aspects of the geography of research. 

Most of the times, either the content like focal countries or the pure quantity of research in specific 

regions is of interest. This helps to understand if certain journals cover topics that are relevant for or 

originating from different regions of the world. In the following, a variety of past bibliometric studies 
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and their findings will be presented grouped in three different categories – overall research output, bias 

against non-US topics and non-US researcher origin and drivers of research. 

 

2.2.1 Overall research output 

In literature several bibliometric studies were discovered that focus on interdisciplinary global research 

output and should therefore reveal important insights on overall trends and patterns of scientific 

publications worldwide. 

 

Grossetti, Eckert, Gingras, Jégou, Larivière and Milard (2014) explain that to account for 80 percent of 

global publications, only seven countries were required in 1978, mostly located in North America, 

Europe and Japan compared to 16 countries in the year 2008. While the scientific output of formerly 

dominant countries still increases, this phenomenon is mostly due to the higher growth of scientific 

output of emerging countries, led by China.  

Kumar and Asheulova (2011) analyzed the percentage of global research output of BRIC countries 

measured against the US. They found that while all of the BRICs increased their share of global research 

output between 1981 and 2009, it was especially China that made the most progress. They assumed a 

partly cause of this trend to be that China had the highest percentage of GDP spending on R&D among 

the BRIC countries. They projected that the BRIC countries might overtake the US in terms of global 

publication share and become the largest scientific producer by the year 2020 and thus, lead in scientific 

output in the future. Therefore, the view is supported that the BRIC countries play a major role in bridging 

the gap in scientific output between developed and developing countries.  

Moiwo and Tao (2013) support this view and especially emphasize the productivity potential that can be 

found in China. The country still lags behind the US in terms of research productivity but given its high 

population and its projected increase of population with tertiary education, China could surpass the US 

eventually through further investment. Holmgren and Schnitzer (2004) take on the discussion about 

productivity and find that, adjusted for a country’s R&D spending, within the Americas, Latin America 

is more productive than Canada and the USA.  
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2.2.2 Bias against non-US topics and non-US researcher origin 

While research output only relates to the aspect of quantity of research, the target (country) of this 

research should not be ignored. Leading journals are known for their impactful articles, highly respected 

by the scientific community. Since the emerging economies have risen in terms of political and economic 

influence, one would expect that such countries would increase in their presence of articles in leading 

journals. However, several studies have identified a geographic bias, which is a specific form of content 

bias, against either authors from, or topics relevant for nations other than the US.  

Fourie & Gardner (2014) find in their analysis of economic history publications, some evidence of bias 

against papers on and from developing countries in top journals. It is noteworthy that neither papers on 

developing country topics, nor papers from authors of those countries perform worse in terms of average 

citations than other papers. Therefore, the geographic bias present can neither be explained, nor be 

justified by the quality of either non-US authors, or non-US targeting articles. 

Wai-Chung (2001) addressed the geographical bias in social science knowledge and found knowledge 

about geographical regions to be very unequally distributed. This knowledge is produced by a dominant 

core of knowledge producing countries. Therefore, reach and origin of social science knowledge is not 

global, which poses an obstacle to true progression in social science. The topical interests of most leading 

journals seem to be American biased. The US does not only receive the highest number of empirical 

studies, but also its number of empirical papers exceed the sum of all other papers targeting non-US 

markets. 

Within the finance literature, geographic bias both in terms of target country and author origin is 

identified and particularly present in the leading journals (Chan et al., 2007; Karolyi, 2016). Nevertheless, 

Karolyi (2016) found a decreasing concentration on the US as focal country over time and the 

overrepresentation of the US in general seems to be less persistent in lower ranked journals. 

In an analysis of papers published in empirical economics between 1985 and 2004, Das, Do, Shaines and 

Srikant (2013) find that, particularly in top- ranking economics journals, authors of published papers are 

significantly more likely to be from US institutions, writing about the US. Papers on the US are found to 

be 2.6 percent more likely to be published in the top 5 leading journals, which is especially significant 

since only 1.5 percent of non-US targeting studies are published in those top 5 journals.  

Paasi (2005) addressed governing mechanisms of knowledge production and criticized certain incentives 

of publishing in specific journals or databases that are affiliated with internationality or quality. The 

author fears a homogenization of social science publication practices that are rather heterogenous and 
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context dependent. The term of internationalism with respect to the ISI database is criticized since 85% 

of the listed journals in social sciences are from English-speaking countries, leading to a domination of 

Anglo-American journals. Therefore, the US is found to have an overwhelming influence in terms of 

research topics as well as author’s home country. 

 

2.2.3 Drivers of target country choice 

Deng and Zhou (2015) find a positive relationship between the wealth of a country measured by the GDP 

per capita and its quantity of research. International collaboration seems to have a positive effect on non-

US targeted publications, as well as author diversity. Since US authors are highly present in leading 

international journals, the share of US authors in a journal increases the share of US targeted research, 

which applies as well to foreign authors and their respective home region. Therefore, the more authors 

of a specific country are present in a journal, the more articles about their home country will be observed. 

With regards to finance research output by countries, Chan et al. (2007) find countries with high per 

capita GDP, English as a major language and capital markets with high investor protection to be 

associated with higher finance literature production. Besides findings significance in the population size, 

Das et al. (2013) confirm the significance of per capita GDP as well, that is found to be significant in all 

of the three articles.  

 

2.2.4 Conclusion 

Most of the abovementioned articles conclude that research is not as representative of the world as we 

might think. While overall research output is still dominated by the US, the dominance has decreased 

over time and emerging economies like the BRIC countries have already made progress, taking away a 

share from the US.  

Geographic bias seems to be persistent especially in leading journals of different research fields where 

the US is overrepresented both in terms of focal country and author origin. While home bias is not 

necessarily a US phenomenon, their overrepresentation as authors partly explains why the US is targeted 

so often in research.  

The major drivers identified increasing the representation of a target country are gdp per capita, the 

population as well as English as major language.  
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3 Methodology 
 

In the following section the selected research methodology for this thesis will be outlined in its entirety. 

The chapter is divided into three parts and their respective sub-chapters. Firstly, the overall research 

design and the specific research methods are specified. Secondly, the first chosen method, the 

bibliometric study, is presented in detail. Lastly, the linear regression model is explained. 

 

3.1 Research Design & Methods 

The aim of this study is to examine how representative of the world the research in the leading strategy 

& management journals has been over the course of 15 years and what the potential drivers for choosing 

a focal country might be. To answer both of these questions it is necessary to identify the right structure, 

methodological approach and specific research methods.  

 

In general, there are three different research approaches: the quantitative, qualitative and mixed 

approach. Most broadly speaking, qualitative research is often associated with using words and open-

ended questions whereas quantitative research is associated with using numbers and closed-ended 

questions (Creswell, 2014). However, this really is just a very broad distinction and can be narrowed 

down. 

According to Creswell (2014), qualitative research is an approach that is used to discover the meaning 

that people ascribe to a problem of society. This approach often requires data collection in the setting of 

the participants and the researcher forms an understanding of a phenomena by observing individuals and 

interpreting the meaning of such qualitative data. Such an approach can be very complex and therefore, 

final written reports of qualitative studies have a rather flexible structure.   

Compared to qualitative research, quantitative research is an approach to objectively test theories or 

discover phenomena by investigating relationships between variables. Those variables can be measured 

in a way that numbered data can be used for statistical analysis. Compared to qualitative research, the 

final report of quantitative research approaches has a set structure. Quantitative research designs can be 

divided into experimental designs and nonexperimental designs such as surveys. Creswell also explains 

that non-experimental quantitative research takes often the form of causal-comparative research or 

correlational design where a causal relation between variables, or a degree of association is examined. 
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Logistic regression is one particularly common form of such practice, where a relation or a cause between 

variables is examined, that has already happened. Therefore, nonexperimental quantitative research 

design does not require an experiment that treats certain subjects and observes the consequences. 

However, quantitative research is not restricted to statistical test, but can also take the form of tables and 

charts that present data in a comprehensible way to answer the original research question (Creswell, 

2014; Neuman, 2014)   

 

 

Figure 1 - Quantitative vs. Qualitative Research (Neuman, 2014, p. 176) 

 

The literature review of the “geography of research” has revealed that previous studies in related fields 

have adopted quantitative approaches to answer research questions similar to the underlying ones of this 

thesis. The intent of this study is to answer all of the stated research questions in the most objective way 

that allows for clear measurement and excludes subjective influence of the researcher that would be 

caused by interpretation of soft data. In light of this the research approach for this study should be of 

quantitative nature.  
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The research questions were formed based on the findings in the mentioned previous studies. Therefore, 

the research design in this thesis is of deductive nature and certain hypothesis can be formed before 

analyzing the data.  

Statistics, tables and charts using bibliometric article data and a regression analysis were decided to be 

the most suitable analysis tools for this study as they guarantee the highest level of objectivity. 

After answering the first part of the primary research question with a bibliometric study and descriptive 

analysis of the unique dataset, further data will be supplemented to perform an explanatory regression 

analysis to answer the second part. This should reveal possible drivers involved in the focal country 

choice and lead to explanations for parts of our descriptive findings. 

The required raw data have been created in the past without the researchers’ interference which means 

the underlying quantitative analysis is of non-experimental nature.   

 

3.2 Bibliometric Study  

The term bibliometrics Citation and content analyses are examples for the most commonly used methods 

in this field. Thereby, certain aspects in relation to the output of publications can be covered. This helps 

to understand certain structures within the scientific community, to rank journals or to identify subjects, 

trends and progress in research. Which is broadly speaking the exact aim of this paper.  

 

In order to follow the process of the bibliometric study more easily it was divided into three phases – the 

preparation, processing and analysis phase. 

 

3.2.1 Preparation 

The preparation phase comprises four closely interconnected and crucial initial tasks which build the 

foundation for the empirical analyses of this study - the journal and database selection as well as the 

selection of the focal country identification method and the used technology and the data collection 

process.  
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3.2.1.1 Selection of Journals 

The intent of our study is to solely focus on the leading journals in the field of strategy and management. 

In order to decide which journals generally belong to this discipline and then identify its leaders, various 

resources were used.  

Firstly, the in prior studies selected set of journals for analyses in the same field as well as findings on 

where the most important papers for strategy and management had been published over the years were 

reviewed.  

Secondly, three widely used journal lists were consulted:  

1.) the Journal Quality List (63rd edition) by Harzing (2018) for the subject area “General & 

Strategy”, 

2.) the InCites Journal Citation Reports with the Journal Impact Factor (JIF) by Clarivative Analytics 

(Clarivative Analytics, 2018) for the subject category “Management”, and 

3.) the 50 Journals used in FT Research Rank by Financial Times (2016). 

Thirdly, the journal web sites and the articles themselves were used to determine the suitability of a 

journal for this study. The only prerequisites to be considered for selection were that a journal is 1.) peer-

reviewed and 2.) not exclusively theoretical. 

 

In comparison to other academic disciplines strategy is rather young. In 2018 it has been a mere forty 

years since Hofer & Schendel (1978) published what is widely regarded as the first textbook of the field.  

In the course of the last decades, however, the influence on its parent discipline management has 

increased significantly and nowadays bridges a multitude of different fields (Boyd, Finkelstein, & Gove, 

2005). Tahai & Meyer (1999) identified the Strategic Management Journal (SMJ) already back in 1999 

as “the predominant academic journal influencing the field of management.” Peng & Zhou (2006) 

reinforced this statement by finding that 11 out of the 25 most cited publications in global strategy 

research were published in SMJ. The other journals mentioned in their findings were the Academy of 
Management Journal (AMJ), Academy of Management Review (AMR), Journal of International Business 
(JIBS) and Management Science. Furrer, Thomas & Goussevskaia’s (2008) content analysis for 26 years 

of strategic management research similarly included AMJ, AMR, SMJ and Administrative Science 
Quarterly (ASQ) in their list.  

All of these journals were included in our pre-selection, along with several others that we identified after 

consulting the above-mentioned journal lists. The different underlying ranking schemes of these lists 
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were of no concern for this study. Regarding the rankings collected in the Journal Quality List by Harzing 

(2018) we only included those released from 2015 onwards to ensure relevance and topicality.  

Further investigation of the mission statements revealed that AMR (given as an example for other 

“Reviews”) focuses solely on theoretical and not empirical work and Management Science involves 

many papers emphasizing simulations and modelling which both would lead to an increased rate of false 

focal country identification. Therefore, these two highly rated journals, among others, were omitted from 

the final sample.  

After careful deliberation during this process also the decision to omit journals that set their research 

focus on work from either a certain region or generally classify themselves as being internationally or 

globally oriented was made. This should help to prevent artificially inflating country finds of a specific 

region and therefore reduce distortions in the analysis. 

 

In light of the above it should also be stated that the authors are aware of the criticism journal rankings 

face. Nonetheless, decided to use them due to the fact that “they help (1) researchers determine the 

appropriate outlets for their work in terms of knowledge utilization, generation, and dissemination, [and] 

(2) journal editors evaluate the quality of their selections and guide their editorial agendas […]” 

(Thongpapanl, 2012, p. 257). 

 

Table 1 depicts the final set of journals selected for this study and the criteria for selection (rankings and 

journal impact factor). Six out of these seven, namely AMJ, ASQ, SMJ, Journal of Management (JoM), 

Journal of Management Studies (JoMS) and Organization Science (OS) serve as the source journals for 

this study’s general data set. It should be noted that in addition to four leading US journals the JoMS is 

the only European Journal included (European in terms of where the editorial team is located and not the 

owner). However, Üsdiken (2014) also concluded that there simply are few discipline-leading European 

journals.  

The papers published JIBS will act as a separated control group in order to examine the claim of being 

internationally focused. 
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ISSN Journal title 

Vhb 

2015 

A+-D 

Abdc 

2016 

A*-C 

EJL 

2016 

P*-S 

Fnege 

2016 

1*-4 

Den 

2017 

2- 1 

ABS 

2018 

4*-1 

Cnrs 

2018 

1*-4 

Hceres 

2018 

A-C 

JCR- 

JIF  

2017 

JCR rank 

2017 - 

MGMT 

1-209 

50 Journals 

used in FT 

Research 

2016 

0001-4273 Academy of Management Journal A+ A* P* 1 2 4* 1 A 6.700 4 yes (1) 

0001-8392 Administrative Science Quarterly A+ A* P* 1* 2 4* 1* A 5.878 9 yes (4) 

0143-2095 Strategic Management Journal A A* P* 1* 2 4* 1* A 5.482 12 yes (49) 

0149-2063 Journal of Management A A* P* 1 2 4* 1 A 8.080 3 yes (24) 

0022-2380 Journal of Management Studies A A* P* 1 2 4 1 A 5.329 15 yes (26) 

1047-7039 Organization Science A+ A* P* 1 2 4* 1 A 3.027 56 yes (37) 

0047-2506 Journal of International Business A A* P* 1 2 4* 1 A 6.198 6 yes (23) 

Table 1: Journal selection (own creation) 
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3.2.1.2 Selection of Database 

In the next step the database to obtain the actual data from the sample journals was decided upon. 
While examining relevant literature for the review section it was discovered that a clear majority used 

Web of Science (WoS) by Clarivate Analytics for data gathering. The other alternatives providing 
similar functions to extract bibliographic article information are Scopus by Elsevier and EBSCOhost 
by EBSCO Information Services.  
The chosen method for “focal country identification” using R and the package bibliometrix (see 
3.2.1.4) however, eliminated EBSCOhost for lack of compatibility.  
Nevertheless, according to Chavarro, Tang, & Ràfols (2017), Scopus and WoS are the most common 
databases that contain the widest range of what they call mainstream journals and therefore well 
suited for the needs of this study. All of the identified leading journals in strategy and management 
are covered in the Social Sciences Citations Index (SSCI), which means they are also automatically 
available in WoS due to Clarivate Analytics compiling this index.  
Scopus and WoS returned a similar number of search hits in a sample search but a sample data 
extraction process for the seven source journals revealed that WoS data was far more comprehensive 
in terms of author’s institutions. Hence the also in our reviewed literature wider spread database WoS 
was chosen. 
 
The authors are again aware of the fact that all three of these database options might be biased in 
terms of journal coverage which could consequently lead to a potential content bias (Rafols, Ciarli, 

& Chavarro, 2015). Yet again by having set the research intent of this thesis on examining only the 
field’s leading journals, this is beyond the scope of our study. 
 

3.2.1.3 Selection of “focal country identification” method 

To examine how ‘international’ the specified source journals in our study are, the stated or 
respectively not stated, focal country/countries in each scholarly article were used as a proxy. This 
method is arguably not without flaws but a widespread and acknowledged approach in Academia.  
As this is a crucial step for all of the paper’s later drawn conclusions, the chosen procedure as well 
as the alternatives to gather this data should be reflected on. 
In general, there are three different practices used to determine the focal country of scholarly articles: 

1.) Database key word search 
2.) Manual classification by skimming the papers  
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3.) Coding an algorithm for automated data extraction 
Factors influencing the choice of a certain approach are clearly the time requirement, simplicity, 
reliability and reproducibility of them. Therefore, unsurprisingly in previous related studies a 

structured key word search was the most frequently chosen methodology. 
 
Here, all of the country names with their nationalities are searched one by one and extracted. A 
lengthy but unquestionably faster process than having to classify every single paper manually. On 
only one instance in our reviewed studies the by EBSCOhost provided “geographic descriptor” was 
used to determine focal countries. Although the accuracy of this method was tested by the authors 
and showed acceptable results, the comprehensiveness of this method was not mentioned. We tested 
and compared the results of the descriptor search with the results of an ordinary key word search for 
several countries. Despite the fact that EBSCOhost was later eliminated as database option, the 
findings showed that the geographic descriptor was available for far too few articles to be considered 
as an effective measure for our study. 
Due to varying and often limited access to full paper downloads at universities an entirely manual 
categorization would’ve been difficult to carry out and even harder to reproduce.  
In light of this, the decision was made to code a search algorithm that could ultimately identify and 
extract the relevant focal countries automatically. 
 
On the one hand the more complex method of coding a search algorithm is in line with the widely 

applied basic key word search methodologies as the source websites use their own search algorithms. 
On the other hand, however, the modifiability and data reliability is superior. This will be highlighted 
in the description of the step by step process of finding the focal countries with our code but as an 
example could be mentioned that the inclusion of a search term like US, which should yield results 
about the United States and not a phrase including the word ‘us’, can be included without any 
problems. On top of that, we have also eliminated mistakes by replacing flawed code in the R software 
package bibliometrix, which aided us in our process and was also used by other researches in their 
work. 
Moreover, since we carefully outline our methodology and disclose the generated code in Appendix 
B to D so the time and skills required by researchers to reproduce our study are relatively low. 
 
Therefore, we conclude that in comparison to alternative methods, our approach is first, more 
effective, second, more efficient and third, more transparent. 
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3.2.1.4 Selection of technology 

For data manipulations and analysis, it was decided to rely on the software R. R is a language and an 
open-source programming environment known for its capability of statistical analysis and graphics 

(R Core Team, 2018). 
The software is maintained by the R Foundation for Statistical Computing, which has been awarded 
the prize for Personality/Organization of the year 2018 by the professional association of German 
market and social researchers particularly for its contribution to research as the most common 
programming language in data science (Berufsverband Deutscher Markt- und Sozialforscher e.V., 
2018).  
Base R can be extended through an abundance of packages that are developed and publicly shared by 
open-source contributors. To further enhance the functionality of R (version 3.5) we also installed 
RStudio (version 1.1.456), an integrated development environment (IDE) and the following 
packages: 
 
Package Version Description Author 
bibliometrix 1.9.4 An R-Tool for Comprehensive Science 

Mapping Analysis 
Aria & Cuccurullo (2017) 

dplyr 0.7.6 A Grammar of Data Manipulation Wickham, Romain, Henry 
& Müller (2018) 

stringr 1.3.1 Simple, Consistent Wrappers for Common 

String Operations 

Wickham & RStudio 

(2018) 
tidyr 0.8.1 Easily Tidy Data with 'spread()' and 

'gather()' Functions 
Wickham, Henry & 
RStudio (2018)  

mgsub 1.5.0 Safe, Multiple, Simultaneous String 
Substitution 

Ewing (2018) 

ggplot2 3.0.0 Create Elegant Data Visualizations Using 
the Grammar of Graphics 

Wickham et al. (2018) 

Table 2: R packages 

 
The bibliometrix package is a tool intended for quantitative research in scientometrics and 
bibliometrics (Aria & Cuccurullo, 2017). It allows bibliometric data to be imported from widely 
known databases such as SCOPUS or Web of Science to perform common bibliometric analyses. The 
integration of bibliometrix in R also allows for adjustments in the code. (Aria & Cuccurullo, 2017). 
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Dplyr is a tool for working with data frame like objects. It offers the most important data manipulation 
functions, whereas the stringr package allows for string manipulation. As stated in Table 2 tidyr is 
used for tidying data and mgsub makes multiple, simultaneous string substitutions possible. Ggplot2 

is used in the end for visualizing the results. 
 
It should be noted that the fewer programs used during data generation, manipulation and cleaning, 
the fewer errors can be introduced through potential faulty data transfer or incorrect data display in a 
different program. Hence, relying on the R environment maintains data reliability to the best available 
means. 
 
Although the use of Stata was taught in one of our master’s courses not to use it for the above stated 
and two more reasons: 1.) R offers not just the statistical computing functions needed for our 
regression analysis but also the programming functions for pre-processing our data, 2.) there is no 
license needed to use this software and therefore virtually anybody can download R and reproduce 
our study. 
 

3.2.1.5 Data Collection 

The observation period for our study was delimited to 15 years, from 2003 to 2017. This allows for 
descriptive analyses in five-year-intervals/clusters and ensures topicality. Furthermore, it provides a 
sound and broad basis for our regression models. 

The empirical data from WoS was gathered by choosing the desired timespan and setting the search 
option field to ‘publication name’ when searching for the titles of our six primary source journals. 
For inclusion in the final dataset only academic/scholarly publications in English that are classified 
by WoS as articles were considered. Thereby neither of the potentially distorting documents such 
as/like editorial material, notes, discussions, letters, corrections nor reviews of any kind were 
included. Worth mentioning is that proceedings papers - papers presented first at conferences - are 
included in their classification as article and therefore also in our sample. The articles for our time 
span of each journal, to which we refer hereinafter also as papers, were compiled to a single list of 
4,700 papers and exported with all of their available bibliographic information. Due to WoS 
restrictions only 500 at a time could be downloaded. Initially the chosen output format for further 
processing in R with the bibliometrix package was ‘bibtex’. However, while executing a preliminary 
accuracy test of the in the subsequent section described “focal country identification” a problem with 
this file format was discovered. In a few instances the extracted abstracts were cut short and naturally 
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led to those papers being omitted. To resolve this issue the bibliographic data was instead exported 
as ‘plaintext’. This format offers a greater amount of information in terms of additional variables and 
was subsequently reduced to the ones essential for our study. 

 

3.2.2 Processing 

In the processing phase the data manipulations are executed. The data selection/filtering segment 
conceptualizes the underlying steps of the focal country identification process. Excerpts of the written 
code (see Appendix B to D) are directly presented in this section for easier illustration.  
 

3.2.2.1 Data selection/filtering – “focal country identification” 

The basis for this process build the previously elaborated on 4,700 articles extracted from WoS in 
“plaintext” format.  
The quintessential tasks that we needed the package bibliometrix for were first, to load with readFiles 

our sequence of exported files into a combined large character object and then second, via convert2df 

convert all of the bibliographic information about our articles into a neat and most importantly correct 
data frame that was named ‘M’. The file paths indicate the names and where the 10 source files can 
be found. With the terms ‘ISI’ and ‘plaintext’ we inform bibliometrix from which database the files 
were exported from WoS and in which format.  
 
## Load & convert data------------------------------------------------------------- 

M <- convert2df( 

  readFiles( 

    "/Users/rene/Documents/R_Thesis/data/WoS_data/txt/Test_6Journals_txt/6J_1.txt", 

    ..... 

    "/Users/rene/Documents/R_Thesis/data/WoS_data/txt/Test_6Journals_txt/6J_10.txt" 

  ), 

  dbsource = "isi", format = "plaintext" 

) 

 
After loading and converting the text files there are 4.700 records in our initial data set with 60 
variables. These are later reduced to the 25 most essential variables. 
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The relevant fields (columns of the data frame) potentially containing the focal country of a paper 
were identified as the title (TI), abstract (AB) and author keywords (DE). Initially we also considered 
including the auto-generated WoS index field, “keywords plus” from WoS in our selection to increase 

the match ratio. Nonetheless, further research revealed that they are compiled from frequently found 
words/phrases in article titles that a study has cited. When executing a quick sample keyword search 
on WoS for China-Chinese in the SMJ from 2003-2017 we discovered that out of five wrong results, 
three times keywords plus was the cause. As a result, we excluded them from our search fields. 
 
Subsequently the first data manipulations with functions from base R and dplyr are done. First, the 
missing values in data frame, which are marked with the term “NA” for “not available”, are set to 
blank. Then with mutate from the dplyr package the new column ‘CONCAT’ is created. It contains 
the via the paste function merged content of the columns ‘TI’, ‘AB’ and ‘DE’. By including gsub any 
kind of punctuation is matched and replaced with a white space when merging the cells. This makes 
it possible to later still match a keyword like “U S” (now with white space instead of dot) as it prevents 
the software from matching “us”. 
 
## Set "NA" in data frame “M” to blank--------------------------------------------- 

M[is.na(M)] <- "" 

 

## Add "CONCAT" column (TI, DE, AB) & replace punctuation with white space--------- 

M <- M %>% 

  mutate(CONCAT = gsub("[[:punct:] ]+", " ", paste(TI, DE, AB))) 

 
The next action was to load the list of countries and nationalities needed for the search into R. Albeit 
bibliometrix provides a list of countries we decided to create a new and unique one which is especially 

tailored to the needs of this study. Our created list is based on a csv file available under 
https://raw.githubusercontent.com/Dinu/country-nationality-list/master/countries.csv which draws 
its data from a country list compiled by the International Organization for Standardization (ISO). It 
is noteworthy that China, Hong Kong, Taiwan and Macao are treated as independent countries in this 
list and also in this thesis. 
 
The reasons why it was necessary to modify this list are for starters, that for countries with multiple 
terms for their nationality like “Kyrgyzstan – Kyrgyzstani, Kyrgyz, Kirgiz, Kirghiz" were all 
displayed in a single row. This made setting word boundaries very difficult and in general the task of 
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later on replacing the found nationalities with their respective country name for us unsolvable. The 
second problem was that language specific letters with diacritical marks were used in this list which 
would’ve resulted in not matching potentially existing focal countries in our data. A third issue was 

that countries were evidently only listed with their official name, e.g. Russian Federation. By 
manually adding ‘unofficial’ terms, like in this example Russia, and correcting for the 
abovementioned complicating factors we laid the groundwork for a smooth and precise matching 
process.  
With the read.csv function the country list is imported and the 337 entries are stripped off of possible 
leading or trailing whitespaces and transformed to uppercase. 
 
## Load countries & nationalities-------------------------------------------------- 

countries <- 

read.csv("/Users/rene/Documents/R_Thesis/data/country_data/co_list.csv", 

stringsAsFactors = F, strip.white = TRUE) %>% 

  mutate_all(funs(toupper)) 

 

This next part carefully outlines the complete code section used to find and extract the focal countries 
from the CONCAT column of each article. To provide better understanding it is divided and discussed 
in five sub-sections.  

1. To extract the matches with our list and generate the column ‘COUNTRIES_FOUND’ for our 
“raw data matches” we combine stringr’s string_extract_all function with the mutate function 
from dplyr. By applying both the paste0 and paste function we can add “\\b” to surround our 
countries and nationalities. This metacharacter is called an anchor matches at word 
boundaries. Simply put this allows for “whole words only” searches using regular expressions. 
This is crucial in order to avoid matching for example “UK” as part of longer words.  

2. Step two adds via grepl quotation marks around countries and nations consisting of more than 

a single word. The caret ‘^‘ and dollar sign ‘$‘ anchor ensure that a position before 
respectively after uppercase characters is matched. 

3. Subsequently the found entries from the column “search” in the country list are replaced by 
the corresponding country names. The package mgsub enables us to replace multiple strings 
simultaneously. 

4. After the third sub-section the matched countries have the form of character vectors and 
therefore need to be transformed to a comma separated string. Moreover, multiple finds of the 
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same country in a record are corrected to a single naming in the output column 
“COUNTRIES”. 

5. The last step simply duplicates the “COUNTRIES” column and replaces with ifelse and grepl 

the entries containing a comma (i.e. more than one country was found) with the term “MULTI-
COUNTRY”. 

 
## Find focal countries/nationalities---------------------------------------------- 

M <- M[] %>% 

  # find & extract countries/nationalities & create column "COUNTRIES_FOUND" 

  mutate( 

    COUNTRIES_FOUND = 

      str_extract_all( 

        CONCAT, 

        paste0( 

          "\\b(", 

          paste(c(countries$name, countries$search), collapse = "|"), 

          ")\\b" 

        ) 

      ) 

  ) %>% 

  # append leading and ending " if needed 

  mutate( 

    COUNTRIES_FOUND = 

      ifelse(grepl("^[[:upper:]]+|[[:upper:]]+$", COUNTRIES_FOUND), 

        paste0('"', COUNTRIES_FOUND, '"'), 

        COUNTRIES_FOUND 

      ) 

  ) %>% 

  # replace countries$search with countries$name & create column "COUNTRIES" 

  mutate( 

    COUNTRIES = 

      mgsub( 

        COUNTRIES_FOUND, 

        paste0("\\<", countries$search, "\\>"), 

        paste0("", countries$name, "") 

      ) 
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  ) %>% 

  # convert vector to string separated by "; " & merge multiple same country finds 

  mutate(COUNTRIES = as.character(purrr::map(COUNTRIES, function(x) { 

    paste(unique(eval(parse(text = x))), collapse = "; ") 

  }))) %>% 

  # replace multiple countries with MULTI-COUNTRY instead of single country names 

  mutate( 

    COUNTRIES_MULTI = 

      ifelse(grepl("; ", COUNTRIES, fixed = TRUE), "MULTI-COUNTRY", COUNTRIES) 

  ) 

 
The same approach with slightly modified code was also used for identifying the focal region (see 
list in Appendix B) as well as the reprint author’s home institution country. The main reason for 
choosing the countries where the reprint author’s institutions are located as proxy for a publications 
country of origin was that in WoS and therefore in our bibliometric data several authors were affiliated 
with more than one institution. Hence, we would not have been able to accurately extract each 
individual author’s primary institution. 
 
The list of regions includes also search terms such as multi-country or cross-country to increase the 
accuracy of finding multiple country studies. 
The further data manipulation tasks executed were less sophisticated but certainly necessary for the 
analysis.  
Deleting every row that returned a blank value in both the “COUNTRIES” and “REGIONS” field 

with the logical operators “!” (i.e. not) and “&” resulted in the final data set for this study. With ifelse 
the articles without a country but region find are automatically categorized as ‘MULTI-COUNTRY’. 
 
## Delete rows with blank value in COUNTRIES & REGION ----------------------------- 

M <- M[!(M$COUNTRIES == "" & M$REGIONS == ""), ] 

 

 

## Add “MULTI-COUNTRY” in column “COUNTRIES_MULTI” where no country was found ----- 

M$COUNTRIES_MULTI <- ifelse(M$COUNTRIES_MULTI == "",  

"MULTI-COUNTRY", M$COUNTRIES_MULTI) 
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3.2.2.2 Data Cleaning & Accuracy Assessment 

After identifying the final data set of articles focusing on countries or regions the data needs to be 
cleaned. This process is carried out manually and involves the following actions: 

- Checking and correcting potential sources of error  
o The term “American”, in the form of solely signaling the nationality of the U.S., was due to 

the increased error-proneness in the country search only included in the region search for the 
continent “America”. Therefore, instances where an article uses American for describing the 
US have to be corrected. 

o Articles dealing with China, respectively Chinese, are checked in connection with finds that 
include Hong Kong, Taiwan and Macao to avoid wrongful classifications. 

o Articles identified with UK focus because of the term “English” are checked to ensure that 
the it was not used in a language context. 

- Checking articles that match for a country and a region to avoid wrong multiple country studies 
classifications. 

- Adding missing author countries because of not reported author institutions. 
- Correcting occurrences of multiple country finds for the reprint author’s home institution due to 

country names in the title or the address of the institution (e.g. “Canada square” or “New Mexico 
State University”). 

- Removing articles that were discovered to be not relevant for our sample (i.e. the mentioned 
country was not related to the content of the article.) 

 
All of the steps above are essential to ensure greater accuracy of the focal country identification 
results. In order to test the exact accuracy a random sample of 10 percent of the final data was 
reviewed. Only 3.3 percent of the reviewed articles showed a wrong classification. However, it should 
be noted that even the manual classification is in some cases debatable (in our random sample in four 
cases) when it comes to multiple country studies and therefore the objective estimate could would lie 
at about 6.6 percent. 
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3.2.3 Analysis 

This bibliometric study set out to answer the first part of the primary research question and examines 
therefore: 1.) which countries the strategy & management publications focused on between 2003 and 

2017; 2.) what country the authors are affiliated with regarding their institution; and 3.) if there is US 
dominance in this field and how it has developed; 4) if the US is more home-biased than other nations.  
For better interpretation of the subsequently presented results the characteristics of the sample are 
outlined in advance. The results were again generated in R by creating separate data frames for each 
of the examined categories in the results section. These act as basis for the coded data visualizations 
(tables, charts and maps) via ggplot2. 
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3.3 Linear Regression Model 

In order to answer the second part of our broad research question, the drivers behind focal country 
choice, and the therefore formulated hypotheses, a linear regression model was applied to first the 
entire data set and then to only the data of US authors’ focal countries. 
This chapter is divided into three sub-chapters which deal with the theory behind simple and multiple 

linear regressions and the choice of variables for the individual models. 
 

3.3.1 Simple linear regression 

Explanations for the following methods are based on both James, Witten, Hastie and Tibshirani 
(2013) and Faraway (2002).  
The simple linear regression is a statistical approach to predict a dependent response variable Y based 
on a single, independent predictor variable X. Thereby, an approximate linear relationship between 
X and Y is assumed, which is captured by the following model: 
 

Y ≈ ß$ +	ß'X. 

 

ß$ and ß' are constants that represent the intercept and the slope of the linear model. They can also 

be called coefficients or parameters of the model. While true values of ß$ and ß' are assumed to 

exist, they cannot be determined exactly. Therefore, the coefficients ß)$ and ß)' represent their 

estimated values.  

The ultimate goal of the regression is finding an estimate for the coefficients ß)$ and ß)',which 

approximates their true value as good as possible.  
 
Therefore, the model is best understood as  
 

*+		 ≈ 	ß)$ +	ß)',+, 

 

With observed data pairs  *+		and ,+ for - = 1,…2   in 2 samples. 

 
Estimation of coefficients 
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There are several different approaches to the minimization of the difference between ß)$ and ß$ and 

ß)' and ß'. One of the most known techniques that is applied in this study is the minimization of least 

squares. 
 
The equation	

*3+ = ß)$ + ß)',+	

 

describes *3+ as the estimated value of Y, based on the ith value of X.  

 
Then, the residual can be defined by the following formula: 
 

4+ = *+ − *67  

 

The residual 4+ is the difference between the observed ith value of Y and its estimated ith value, 

predicted by the linear model. The residual sum of squares (RSS) consequently is defined as 
 

RSS = 	 4'
: + 4:

: + ⋯+ 4<: 

 
The squaring in the formula maximizes the effect especially for big differences and therefore, 
penalizes for strong outliers. Therefore, the minimization of this term controls for strong outliers and 

minimizes the overall effect. Through the least squares approach, ß)$ + ß)' are chosen to minimize the 

RSS. Thus, ß)$ and ß)' are the least squares coefficient estimates for the simple linear regression.  

 
Error terms 
Instead of writing  

Y ≈ ß$ +	ß'X 

 
One could also write 	

Y = ß$ +	ß'X + = 

 

as the best linear approximation to the actual relation between X and Y. Error terms = correct for the 

deviation of true values of Y by the approximated model. This is required because the assumption of 
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linearity is probably not true and measurement errors might exist since a sample does not stand for 
the whole population of actual values that could be observed.  
The error term is assumed to have the mean of zero, since positive and negative errors to the true 

regression line cancel each other out. Also, it is assumed to be random, independent of X.  
 
Standard errors 

The sample mean >̂ and the real population mean > are different, however for large set of 

observations, both values would be exactly the same. Therefore, >̂ is defined as an unbiased estimator 

of the real >. The same holds for the residual least squares estimators ß)$ and ß)'. 

 

Therefore, the standard error of >̂, ß)$	and	ß)'decrease with an increase in the sample size.   

While the standard error of the error terms is unknown, it can be estimated by using the RSS. The 

standard errors of the coefficients ß)$	and	ß)'are calculated based on the residual standard error.  

 
Standard errors are used to calculate confidence intervals which are essential for hypothesis testing. 
Based on a confidence level, a confidence interval is calculated. The interval is a range of values that, 
with a certain probability, will contain the true but unknown value of a parameter.  
 
Testing the significance of the coefficient 
Standard errors are also used to perform a hypothesis test on the coefficients of the estimated linear 
regression model. One of the most common applications is testing whether or not there is a 
relationship between X and Y.  
 
Therefore, the Null-Hypothesis is defined as  

C0:	ß' = 0 

Implying that there is no relationship between X and Y since the coefficient ß'of X is assumed to be 

0. 
 
The alternative Hypothesis states: 

C1:	ß' ≠ 0 

Implying that there is a relationship between X and Y with ß'taking a value different than 0. 
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A test statistic can be constructed that has a known sampling distribution when the Null-Hypothesis 
is true. The t-test is applied to test for a significant difference between a population mean and a 
hypothesized value. The t-value measures the size of the difference relative to the variation in the 

sample data. Therefore, under the hypothesis of C0:	ß' = 0, the t-value is given by the coefficient 

divided by its standard error: 

G =
ß)' − 0

HI(ß)')
 

Depending on the calculated value of t, the p-value can be calculated. It states the likelihood of 

observing any value equal or larger than |G| if ß' = 0. Small p-values indicate that an observed 

association between X and Y is unlikely to occur by chance. Therefore, for small p-values, the Null-
Hypothesis is rejected and it is assumed that a linear relationship between X and Y exists, with the 

slope of ß)'. 

From the formula of the t statistic, it can be observed that the t-value increases with higher values of 

ß)' and that the t-value increases when the standard error of ß)'decreases. Since this standard error is 

smaller with increasing sample size, a big sample helps to get more accurate estimates of ß)' and more 

reliable t-values.  
 

3.3.2 Multiple linear regression 

Often, it seems reasonable to assume that a certain outcome is the result of several predictor variables. 
One solution would be to apply several simple linear regressions, one for each single predictor. 
However, this approach does not account for a possible interplay between several independent 
variables. Therefore, the simple linear regression model is extended to a multiple linear regression. 
This model takes the form of  

Y = ß$ +	ß'N' + ß:N: + ⋯+ ßONP + = 

with p separate predictors and separate slope coefficients, respectively.  

In the multiple linear regression, the coefficient of NP is not interpreted in isolation. Instead, it gives 

the slope of the effect of NP, under the condition that all other independent variables Xi are held 

constant. They are estimated with the same least squares approach of the simple linear regression, 

resulting in the term of multiple least squares coefficient estimates.  
 
Assessing Model Accuracy/Model fit 
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When assessing a multiple linear regression model, the F-Statistic helps to quickly judge if possibly 
all coefficients included are zero. A significant F-Statistic with small p-values therefore states that at 
least one coefficient is different than zero and that the model itself is significant. Following this 

statistic, t-values can be observed to check for individual significance of coefficients and the relation 
between independent parameters and the dependent variable.  
The R2 value is often used as measure for the model fit. It measures the proportion of variability in Y 
that can be explained by the independent variables. However, it is essential to understand that R2 
always increases with an addition of more independent variables to the model. Therefore, the pure 
maximization of R2 should not be the ultimate objective. Instead, it can be argued that the most 
variance in the dependent variable explained by the smallest number of predictors, hence, simpler 
models with high explanatory power should be preferred. To some extent, the adjusted R2 value 
accounts for this objective. Compared to the R2, the adjusted R2 can decrease with the addition of 
another independent variable that does not introduce further explanatory power. Therefore, it is a 
measure that penalizes for additional variables and, to some extent, represents the trade-off between 
a higher R2 and additional parameters.  
 
Conditions for the linear regression 
 
The minimization of the residual sum of least squares, also called the ordinary least squares (OLS) 
technique is the most popular method of performing regression analysis, since it produces optimal 

results in standard situations. Standard situations are defined by a series of statistical assumptions, 
called the classic linear regression model (CLRM) assumptions: 

(1) The regression model is linear in the coefficients, it is correctly specified and has an additive 
error term 

(2) This error term has the mean of zero 
(3) All independent variables are uncorrelated with the error term, known as no endogeneity 

When the first three assumptions hold true, the least squares estimator of the coefficients is 
unbiased. 

(4) Errors are uncorrelated across observations, known as no serial correlation 
(5) The error term has constant variance, known as no heteroscedasticity 
(6) No independent variable is a perfect linear function of any other independent variable, known 

as the rejection of perfect multicollinearity.  
 



 

 39 

If all the six assumption hold true, the least squares estimator has the smallest variance of all linear 

unbiased estimators ß'QO, which makes it the best linear unbiased estimator.  

Therefore, it is important to test the major CLRM assumptions, since perfect fulfillment of those 
would make the OLS the best regression model. While there are certain techniques to control for 
possible violations of the assumptions, theory and common sense are the best means in advance to 
choose the correct variables and the functional form. Usually, a hypothesis about the expected sign 
of coefficients also helps to critically examine outcomes of a linear regression model, as well as 
descriptive statistics that can give insights about possible violations or fulfillment of the 
abovementioned assumptions.  
 

3.3.3 Choice of Variables 

In the following paragraph, the variables included in the linear regression model will be specified and 
reasons for the choice of our model will be given.  
We intend to identify the major drivers of research intensity for the countries appearing in our data. 
A country with high research intensity is often targeted in research. In comparison, a country with 
low research intensity receives low attention in research and is expected to appear less often in our 
dataset. Therefore, a statistical model is required that can predict research intensity about countries 
based on the major driver of such a value. To measure research intensity, the number of times one 
country appears as single-country study during the whole 15 years across all strategy and management 
journals in our dataset will be chosen as the dependent response variable. Deng and Zhu (2015), Chan 
et al. (2007) and Das et al. (2013) tested a model that identified a strong research-wealth relationship 
in their respective dataset. As predictors, they tested for the significance of GDP per capita and the 
population size of the included countries. Therefore, we hypothesize that those are major drivers of 
research intensity that are expected to explain a high proportion of variability in our dependent 
variable. In line with Das et al. (2013), average values for those two predictors are taken for the period 
of 15 years. Data for the respective average GDP per capita and the average population of each 

country are taken from the World Development Indicators, published by The World Bank (2017). 
Hong Kong and Macao are treated separately from China. Data for Taiwan are supplemented by the 
statistics of the Republic of China (Taiwan) (2018). 
 
To further understand what country differences might influence the decision of authors when 
choosing a specific target country, distance measures were identified that particularly account for 
country differences. that might be involved in the decision making process of authors. Particularly 
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the concept of psychic distance seemed to be interesting. Originally, psychic distance is defined as 
the subjectively perceived distance to a given foreign country. As Håkanson & Ambos (2010) explain, 
perceived distance to a foreign environment is commonly associated with higher difficulty of 

collecting, analyzing or interpreting information about it. This concept is often targeted in 
international business studies and the context of establishing businesses abroad. However, we 
hypothesize that psychic distance also leads to difficulties of collecting, analyzing and interpreting 
information for any researcher. To meet quality standards in academic publishing, access to 
information, correct analysis and interpretation of the findings are key. Therefore, we expect that 
higher psychic distance to the US is associated with low research intensity about such a distant and 
foreign country, from the perspective of US affiliated authors. The US is chosen as base country due 
to the primary US origin of the chosen journals. 
 
There is no known single measure for psychic distance, although it has often been approximated by 
cultural distance effects alone. Around 1970, Professor Geert Hofstede conducted one of the most 
comprehensive studies of how culture influences values in the workplace. Based on around 116.000 
survey questionnaires given to IBM employees in 72 countries, four national culture dimensions were 
identified. The study was later extended to a wider range of countries and two further dimensions 
were added to the original model. The concept of national culture only applies to nations as a whole 
and the application on individual levels therefore receive plausible critique (Minkov & Hofstede, 
2011). US affiliated authors do not represent the whole average American culture, however their 

perceived distance to other countries refers to other countries as whole nations. Therefore, it is 
believed to be reasonable to apply Hofstede’s model in spite of some limitations. Based on Geert 
Hofstede’s cultural dimensions, Kogut and Singh (1988) invented a single measure for cultural 
distance, that combines the four original cultural dimensions, known as power distance, 
individualism, masculinity and uncertainty avoidance to one single index. This index has received 
criticism especially for the ignorance of two later added cultural dimensions and for giving each 
cultural dimension equal importance (Håkanson & Ambos, 2010). Nevertheless, the index will be 
included in our model, since it has not been tested in the underlying context. Notably, there are several 
proxies available to capture cultural distance besides the dimensions of Hofstede, namely Hofestede’s 
cultural dimension, Schwartz value survey and the Globe study (House & Global Leadership and 
Organizational Behavior Effectiveness Research Program, 2004; Schwartz, 1994). However, it is 
questioned whether any measure between those three is superior to another and correlation between 
the three variables is not as high as one might think (Beugelsdijk, Ambos, & Nell, 2018). Therefore, 
those three variables might hardly be comparable. Since the variable is chosen as proxy for cultural 
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distance, it is of essential importance to report which measure was chosen. Instead of trying to balance 
reasons for or against one of the available proxies, which has led to inconclusive findings of different 
authors in the past, Hofstedes’ four cultural dimensions were chosen, based on the original dataset. 

The two further dimensions were not included since they were not produced in the same original 
study. To our knowledge, this is the first time such regression model is applied to the underlying 
context. Therefore, the application of Hofstede’s for cultural dimensions through the Kogut & Singh 
index serves as first step in the development of such a regression model, since it is a widely known 
measure that readers might most likely be able to relate to. As cultural distance is intended to be tested 
as sole variable, this index serves the requirement of one single measure for it and dimensions will 
not be tested separately. Calculations of the respective four values for each country in our data and 
the derived cultural distance to the US are based on the data provided by Hofstede (2010).  
The index formula takes the form of  

RST = ∑ VWX+T − X+YZ
:
/\+] /4

_
+`' , 

“(…) where X+T stands for the index for the -abcultural dimension and cab country, \+ is the variance 

of the index of the -ab dimension, d indicates the United States, and RST is the cultural difference of 

the cab country to the United States (Kogut & Singh, 1988, p. 422).”  

 
Additionally, we test for the significance of geographic distance to the US. In their assessments of 
antecedents of psychic distance, Håkanson and Ambos (2010) found absolute geographic distance to 
be the major driver of psychic distance perceptions. We rely on similar data for geographic distance 
and use data provided by the CEPII database (2018). Of several options available to measure 
geographic distance between country pairs, the distance between capital cities is applied. This is 
arguably not the best choice, since capital cities are not necessarily situated in the geographic center 
of a country. However, capital cities hold a crucial role as cultural, economic, political and social 
centers of a country and therefore can be seen as specific country centers applied for distance 
measures.  
 
Finally, we add a dummy variable for English as an official language to our model. Psychic distance 
perceived is negatively associated with a shared common language between an individual and a 

foreign environment. The smaller the psychic distance to a foreign country, the more we expect this 
country to be a research target by US affiliated authors. Therefore, we assign the value of 1 to 
countries where English is an official language and the value of 0 to countries with an official 
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language different to English. Data for this variable are retrieved from The World Factbook by the 
Central Intelligence Agency (2018). 
 

Therefore, besides including the research-wealth relationship in the model, the significance of a 
widely used approximation index for psychic distance is tested and additional more modern variables 
that have shown to be of high importance in capturing psychic distance effects are added as well.  
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4 Results 
The results section seeks to answer the two initially formulated parts of the broad research question 
and their respective subordinate questions and hypotheses. Therefore, this chapter is also divided into 
two main sub-sections – the descriptive results of the bibliometric study and the linear regression 
results.  

 

4.1 Bibliometric Analysis 

The subsequent tables and charts highlight the findings of the descriptive analysis of the geography 
of research in our sample. They are grouped into four parts. First, the structures and characteristics of 
the original and the final data sample are analyzed in order to put further findings into perspective. 
This is then followed by the two main parts which focus on the target countries and author/publication 
origin. Lastly, the gained insights are combined and examined in light of potential home bias across 
the most represented nations of author affiliation. 
 

4.1.1 Sample characteristics 

The initially retrieved sample from WoS for the 
reviewed 15-year period between 2002 and 2017 was 
the size of 4,700 articles. 1,205 of these can be 
classified as country/region-specific. This 
corresponds to 26 percent of country specific 
academic papers in the original sample, whereas 74 
percent remain unrelated to any nation. 
 
 
 
The in the previous chart highlighted 26 percent represent the average share of country studies in all 
of the included six source journals (not the JIBS). 

Figure 2 - Sample size 
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To further understand 
variations across journals, 
the same dataset is in 

Figure 3 divided into the 
six journals and their 
respective shares of 
country studies. The darker 
areas depict the share of 
country related articles, 
while the brighter area 
represents the share of 
unrelated articles. Journals 
are ranked with an 
increasing share of country 
specific papers. The 

journal of management hereby includes the least country related papers, with a share of only 14 
percent. Of all the leading journals identified, the Administrative Science Quarterly includes the most 
country specific studies taking a share of 41 percent. The Journal of International Business studies, 
included as control group for a journal that is associated with internationality, includes 44 percent of 
country related studies.  

However, this does not allow for any conclusions to be made about ‘internationality’ yet since the 
amount of country specific studies could still just focus on a very limited number of nations.  
 
 

Figure 3 - Journal structure 
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Figure 4 - Annual publications 

In order to get better insight about trends in the sample data and be able to interpret later annual 
results more objectively, the yearly differences in terms of research output are presented. 
This graph illustrates the annual research output of the six source journals in the examined period, 
split into all publications and country studies. This should highlight potential deviations in the trend 
of all sample publications and those just country-related. Despite some fluctuations there was an 
overall increase in the annual number of publications between 2002 and 2017 from 276 to 420 for the 

whole data set. The country studies followed a similar pattern and rose from 64 to 113 per year. For 
the year of 2009 the publications in general as well as the country studies rose significantly. In 
comparison to the overall publication growth of about 50 percent the country studies show a 
disproportionately high growth of more than 75 percent. The cause of these trends, however, cannot 
be further explained. 
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Figure 5 - Sample structure 

 
All of the consecutive analyses solely draw on the sample of 1,205 country studies. Hence, it is 
necessary to present the composition of this sample.  

Between the years of 2003 and 2017, the Administrative Science Quarterly contributes the least 
amount of papers (85) to the final sample. The journal accounting for the most publications in the 
dataset is the Strategic Management Journal with 374 country specific papers. In Figure 5 the 
Administrative Science Quarterly was identified as the journal with the highest share of country 
specific papers, besides the control group. However, its small final contribution to the sample is due 
to its overall small amount of only 209 papers originally included in the raw data sample of 4700 
articles. 
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For the subsequently presented 
results in the focal country and 

author affiliation section it is 
necessary to further break the 
1,205 country studies down into 
studies targeting a single 
country and multiple countries. 
The stacked line chart in Figure 
6 highlights once more the found 
number of country specific 
articles per year as in Figure 4 
shown by the dark blue line. As 
can be seen from the two 
differently shaded areas, there 
were different trends for the 
respective categories. Overall 

the single-country studies per year more than doubled in size over the course of the fifteen years, 
whereas multi-country did not change significantly. On aggregate multi-country studies accounted 
with 218 papers for only 18 percent of the total country studies in the six source journals. 

 
Due to the small sample size of the JIBS the individual trends of multi-country and single-country 
studies were not conclusive. Nonetheless, it is noteworthy that over the fifteen years on aggregate the 
ratio between single- and multi-country articles was 58 to 42 percent. Which shows a far greater share 
of multi-country studies in the control journal compared to the six primary source journals. The reason 
might lie in the mission statement of the journal where the submission of cross-country studies is 
encouraged. 
 
  

Figure 6 - Multi- & single-country studies 



 

 48 

4.1.2 Focal countries 

In Table 3 every focal country found in the 
sample of 987 single-county studies is listed 

by name and with its total number of 
occurrences between 2003 and 2017. Overall, 
54 focal countries were identified in the data.  
40 of these countries, however, account 
individually for less than 1 percent and have 
combined a mere share of 12 percent of the 
total single-countries. Looking exclusively at 
the 25 countries that are in the focus just 1 or 
2 times we find that their aggregated share is 
only about 3 percent. 
 
In the next graph, the 10 countries appearing 
most often will be further analyzed.  
 
  

Country n

1 USA 415 28 New Zealand 3
2 China 148 29 Turkey 3
3 UK 77 30 Argentina 2
4 Japan 38 31 Austria 2
5 India 29 32 Hungary 2
6 Germany 27 33 Kenya 2
7 Canada 26 34 Poland 2
8 France 19 35 Portugal 2
9 Netherlands 18 36 Sri Lanka 2
10 Spain 18 37 Vietnam 2
11 Italy 17 38 Bangladesh 1
12 Australia 16 39 Colombia 1
13 Denmark 13 40 Ecuador 1
14 Taiwan 12 41 Egypt 1
15 Hong Kong 8 42 Guatemala 1
16 Brazil 7 43 Haiti 1
17 South Korea 7 44 Iraq 1
18 Sweden 7 45 Ireland 1
19 Belgium 6 46 Lithuania 1
20 Finland 6 47 Malawi 1
21 Israel 6 48 Malaysia 1
22 Mexico 6 49 Nicaragua 1
23 Norway 6 50 Pakistan 1
24 Singapore 5 51 Palestine 1
25 Chile 4 52 South Africa 1
26 Russia 4 53 Switzerland 1
27 Ghana 3 54 UAE 1

Table 3 - Focal countries 
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The top 10 focal countries in our 
sample with regards to single-
country studies (82% of the total 

sample) were identified to be by 
a majority of the Western world 
and consist to an even greater 
extent of developed nations. 
Precisely 8 out of the 10 most 
popular focal countries are 
developed countries, with the 
only exceptions being China and 
India. In terms of share of the 
overall number of found single-
countries the US is by far the most frequently chosen focal country with 415 publications and a share 
of 42 percent. China coming in second place accounts for 15 percent with its 148 papers.  To put this 
into perspective, this is only about 35 percent of the total number of found US focal country studies. 
In third rank lies the UK with 77 studies, which is again a decrease of about 50 percent. However, 
this time compared to second ranked China.  
 
 

The control journal for the 
results found in our six sample 
source journals, the JIBS, 
depicts a very different 
distribution of the most 
frequent focal countries. Of the 
191 single-country studies the 
three most frequently used 
focal countries were all Asian 
and two of them, China and 
India, part of the BRICS. 
However, it stands out that the 

way the US is dominating the 

Figure 7 - Top 10 focal countries 

Figure 8 - Top 10 focal countries - JIBS 
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focal countries of the source journals, so does China in the JIBS. It accounts for 37 percent of the 
single-country studies.  
In Table 4 the individual focal countries are again narrowed down to journal level to see if any major 

differences can be examined.  
Only in one of the six journals did the top three focal countries not consist of the US, China and the 
UK. In the SMJ the country with the third most articles was Japan and instead of the UK as in the 
aggregated version.  
Yet a more noteworthy observation can be made when looking at the only journal in our sample that 
operates with an UK based editorial team, the JoMS. The UK becomes with a share of 24 percent 
significantly more important in their country studies than the US with 6 percent. Furthermore, the 36 
UK focused studies from the JoMS account for almost half (47%) of all found UK studies.  
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1 USA 146 47% 1 USA 106 55% 1 UK 36 24% 1 USA 80 43% 1 USA 27 37% 1 USA 47 62%

2 China 54 18% 2 China 17 9% 2 China 24 16% 2 China 26 14% 2 China 20 27% 2 China 7 9%

3 Japan 17 6% 3 UK 10 5% 3 USA 9 6% 3 UK 13 7% 3 UK 4 5% 3 UK 4 5%

4 Spain 11 4% 4 France 8 4% 4 Germany 9 6% 4 India 12 6% 4 Japan 4 5% 4 Denmark 3 4%

5 UK 10 3% 5 India 8 4% 5 Netherlands 8 5% 5 Japan 6 3% 5 South Korea 3 4% 5 Italy 3 4%

6 Canada 9 3% 6 Canada 4 2% 6 Japan 7 5% 6 Canada 5 3% 6 Netherlands 2 3% 6 India 2 3%

7 Germany 9 3% 7 Germany 4 2% 7 Brazil 6 4% 7 France 4 2% 7 Australia 1 1% 7 Taiwan 2 3%

8 India 6 2% 8 Italy 4 2% 8 Canada 6 4% 8 Germany 4 2% 8 Belgium 1 1% 8 Canada 1 1%

9 Australia 4 1% 9 Japan 4 2% 9 Australia 5 3% 9 Netherlands 4 2% 9 Canada 1 1% 9 France 1 1%

10 France 4 1% 10 Australia 3 2% 10 Finland 4 3% 10 Australia 3 2% 10 Finland 1 1% 10 Israel 1 1%

11 Taiwan 4 11 Denmark 3 11 Hong Kong 4 11 Italy 3 11 France 1 11 Kenya 1

12 Italy 3 12 Netherlands 3 12 Italy 4 12 Argentina 2 12 Germany 1 12 Mexico 1

13 Singapore 3 13 Taiwan 3 13 Denmark 3 13 Austria 2 13 Hong Kong 1 13 Netherlands 1

14 Sweden 3 14 Hong Kong 2 14 New Zealand 3 14 Denmark 2 14 Hungary 1 14 Poland 1

15 Belgium 2 15 Spain 2 15 Norway 3 15 Russia 2 15 Israel 1 15 Spain 1

16 Chile 2 16 Sweden 2 16 Israel 2 16 Sri Lanka 2 16 Pakistan 1

17 Denmark 2 17 Belgium 1 17 Portugal 2 17 Bangladesh 1 17 Spain 1

18 Ghana 2 18 Chile 1 18 South Korea 2 18 Belgium 1 18 Sweden 1

19 Mexico 2 19 Finland 1 19 Spain 2 19 Brazil 1 19 Taiwan 1

20 Norway 2 20 Ghana 1 20 Belgium 1 20 Guatemala 1

21 Colombia 1 21 Israel 1 21 Chile 1 21 Haiti 1

22 Ecuador 1 22 Mexico 1 22 France 1 22 Hong Kong 1

23 Egypt 1 23 Nicaragua 1 23 India 1 23 Hungary 1

24 Iraq 1 24 Norway 1 24 Mexico 1 24 Israel 1

25 Ireland 1 25 Singapore 1 25 Palestine 1 25 Mexico 1

26 Kenya 1 26 South Korea 1 26 Russia 1 26 Singapore 1

27 Lithuania 1 27 Turkey 1 27 South Africa 1 27 Spain 1

28 Malawi 1 28 Sweden 1 28 Taiwan 1

29 Malaysia 1 29 Taiwan 1 29 Turkey 1

30 Poland 1 30 Turkey 1 30 UAE 1

31 Russia 1 31 Vietnam 1 31 Vietnam 1

32 South Korea 1

33 Switzerland 1

Total 308 194 151 185 73 76 987

SC 82% 81% 73% 90% 79% 89% 82%

MC 18% 19% 27% 10% 21% 11% 18%
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Since the literature section revealed a decrease of the US research influence and an increase of the 
relevance of China, the share of the top three targeted countries is compared to the share of the rest 
of the world in Figure 9 The period from 2003 to 2017 is separated into three five-year intervals. This 
helps to detect possible trends to see if the share allocated to each of the four categories varies over 
time. The aggregation across 5 years controls for single movements and outliers that would be seen 
if single years were applied.  
The overall trend in the data is that the US steadily increases in significance as focal country. At the 
same time, the UK and the rest of the countries (OTHER) decrease over time. Although China 
decreased from the first to the second period, rises from 14 to 18 percent over the entire three intervals 
and therefore distances itself further from the third most frequently used nation, the UK. It should be 
noted that China does not close the gap to the US. While both countries increase their share overall, 
the growth of the US exceeds the increase of China significantly. Both their share together increases 
from 48 percent to 65 percent during the 3 periods. Therefore, the gap to the UK and all other 
countries is widened even further over time.  

47% 

Figure 9 - Top 3 focal countries (5-year-interval) 
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Our results concerning the development of the US influence showed a trend contradicting the findings 
of the reviewed literature, but the increase of China was in line the growing relevance of developing 
nations. To see if the trend of the US as a developed country is solely an US phenomenon, the same 
dataset was grouped differently into the two categories of developed and developing nations.  
 
Therefore, Table 5 illustrates the number of single-country-studies for developed and developing 
economies in 5-year intervals. The nations were grouped according to a classification by the United 
Nations (2014). The first period depicts a clear majority of studies focusing on developed areas of the 
world. 22 nations accounted for 81 percent of all country studies, whereas a mere 9 developing nations 
with a share of 19 percent could be found in the sample data. Interestingly the only two BRIC 
countries  
(written in italic letters) that studies used as focal country during this interval were China with in total 
32 and Brazil with 2 papers.  
In the second period we can already see a slight shift towards developing countries with a share of 22 
percent. The number of developing focal nations rose in this period to 15 and all of the BRICS were 
represented. The small increase can especially be attributed to the emergence of publications focusing 
on India.  
In the last five years the trend of greater focus on developing regions is very clearly visible in our 
sample. The overall number of different developing focal countries has surpassed the number of 
developed countries by growing to 21 and the total share has increased to 29 percent. The driving 
force behind this rise is evidently the surge of country studies about China. Those were 2.4 times 
higher in the last five years than between 2008 and 2013. 
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Table 5 - Developed vs Developing countries

Developed Developing Developed Developing Developed Developing
US 75 China 32 USA 130 China 34 USA 210 China 82
UK 22 Israel 2 UK 29 India 11 UK 26 India 18
Japan 16 Taiwan 2 Germany 12 Brazil 4 Japan 15 Taiwan 6
Canada 15 Brazil 1 Australia 9 Taiwan 4 France 11 Mexico 4
Netherlands 7 Chile 1 France 7 Israel 3 Germany 9 Brazil 2
Spain 7 Egypt 1 Japan 7 Argentina 2 Italy 9 Chile 2
Germany 6 Palestine 1 Spain 7 Mexico 2 Canada 6 Ghana 2
Hong Kong 5 Turkey 1 Denmark 6 Russia 2 Australia 5 Kenya 2
Denmark 4 Vietnam 1 Netherlands 6 Bangladesh 1 Netherlands 5 Russia 2
Italy 4 Canada 5 Chile 1 South Korea 5 Sri Lanka 2
Singapore 3 Sweden 5 Ghana 1 Spain 4 Colombia 1
Australia 2 Italy 4 Iraq 1 Belgium 3 Ecuador 1
Hungary 2 Norway 4 Nicaragua 1 Denmark 3 Guatemala 1
New Zealand 2 Finland 3 South Africa 1 Finland 2 Haiti 1
Portugal 2 Belgium 2 Turkey 1 Hong Kong 2 Israel 1
Sweden 2 Poland 2 Ireland 1 Malawi 1
Austria 1 Singapore 2 Norway 1 Malaysia 1
Belgium 1 South Korea 2 Switzerland 1 Pakistan 1
Finland 1 Austria 1 Turkey 1
France 1 Hong Kong 1 UAE 1
Norway 1 New Zealand 1 Vietnam 1
Lithuania 1

180 42 245 69 318 133
81% 19% 78% 22% 71% 29%

Total 222 314 451

2003 - 2007 2008 - 2012 2013 - 2017
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4.1.3 Countries of author affiliation 

In Table 6 every country of affiliation 
identified is listed with its respective total 
number of occurrences between 2003 and 
2017. Overall, 37 institutional home countries 
were found in the sample. Of those, 21 
countries account for only 6 percent of all 
publications as neither of these appears with 
more than 10 articles in the sample of 1205 
papers. Multi-country studies were included in 
this part of the analysis, since the focus is on 
author affiliation for all identified country 
studies. The particular country that is targeted 
is not of interest at this point. 
 
 
 
 
 
The list of all countries of affiliation on a journal level can be found in Appendix E . 
In five out of the six journals the US is the dominating country of publication origin. Nevertheless, 
the reason why the UK is ranked in second place is here clearly visible. Once more the only European 
journal is the major source behind the number of UK authored articles. 51 percent of the total found 
114 UK papers were published in the JoMS. 
 
In the next graph, the 10 countries of affiliation appearing most often will be further analyzed.  
 
 
 
 
 
 

Country n

1 USA 574 20 Sweden 6
2 UK 114 21 Taiwan 6
3 Canada 68 22 India 5
4 Hong Kong 62 23 New Zealand 5
5 France 52 24 Austria 4
6 Singapore 45 25 Brazil 4
7 Netherlands 32 26 Japan 4
8 China 28 27 Portugal 4
9 Spain 26 28 Greece 3
10 Australia 24 29 Turkey 3
11 Germany 23 30 UAE 3
12 Italy 22 31 Macao 2
13 Denmark 17 32 Mexico 2
14 Belgium 14 33 Argentina 1
15 South Korea 13 34 Chile 1
16 Switzerland 13 35 Nigeria 1
17 Finland 8 36 Peru 1
18 Israel 8 37 Russia 1
19 Norway 6

Table 6 - Author affiliation 
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Top 10 author affiliation 

The top 10 of the most 
productive countries were 
again identified to be by a 
majority of the Western world, 
similar to the top 10 focal 
countries. Developed nations 
dominate the top 10 even more 
than the focal countries. 9 out 
of the 10 most popular author 
countries are considered 
developed regions. The only 
exception is China. 
Particularly the number of US 
affiliated authors is an outlier, 

since it contributes around 48 percent to the sample of 1205 articles. The second outlier is the UK, 
that accounts for 9 percent of all articles. Canada places third with nearly 6 percent and for the 
remaining countries the overall share declines steadily.  
The most productive countries of the JIBS were reviewed as well and showed a very similar pattern 
with the US dominating and the UK far behind in second place. 
 
 
 
  

Figure 10 - Top 10 author countries 
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4.1.4 Home-bias & foreign bias 

The previous charts revealed a 
clear dominance or 
overrepresentation of US 
authored publications as well as 
publications with the US as 
country focus in our six source 
journals. Therefore, in Figure 11 
the sample is reduced to the 
publications of the sample’s 
biggest contributing author 
nation and highlights its top 10 
focal countries. 
The US sample consists of in 
total 574 publications which can be divided 
into 490 (85%) single-country studies and 84 (15%) multi-country studies. 
 
39 different countries were found, however 34 of these nations are represented by less or equal to 7 
papers in our sample. Out of the 490 single-country studies, 301 (61%) are about the US, which is 
significantly higher than the 42 percent share in the entire sample. On the other hand, China with its 
14 percent is represented by almost the exact share. Japan, UK and India account for less than 3 
percent of the US single-country studies. Ranks six to ten for only about 1 percent.  
All in all, this reveals home bias of US authors or bias against non-US topics. 
 
Contrary to these findings is the behavior of the US authors that publish in the JIBS. They show no 
sign of home-bias and concentrate their studies mostly on China and to a lesser extent on Japan and 
India. 
 
To confirm whether the observed home bias is a US phenomenon, we reviewed the focal countries of 
the second, third and fourth most frequently identified country of author affiliation in the overall 
sample. Namely the UK, Canada and Hong Kong. Another chart highlighting the top 10 focal 
countries of non-US authors should provide insights about the average behavior of all authors 
affiliated with institutions outside of the US. 

Figure 11 - Top 10 focal countries by US authors 
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UK authors 

First, the behavior of UK authors 
is being examined. Their overall 
sample consists of 114 
publications in total which are 
divided into 80 (70%) single-
country studies and 34 (30%) 
multi-country studies. Of those 
single-country studies, 39 (49%) 
are about the UK, the country 
appearing most often in the data, 
followed by the US and China. 
This share is as well significantly 
higher than the 8 percent share in the entire sample. Therefore, in line with the phenomenon of home 
bias, UK affiliated authors show a similar behavior as US authors and focus heavily on their home 
country. The reason for this finding is most likely that, as already mentioned earlier, most of the found 
UK authored publications stem from the UK affiliated JOMS which also contributes about half of all 
UK focused country studies in our sample. The US and China are only targeted in 15, respectively 8 
percent of UK authored articles which is significantly less than the 42 and 15 percent shares seen in 
the entire sample. 
 
Canadian authors 

The Canadian author sample 
consists of 57 single-country 
and 11 (16 %) multi-country 
studies. The most frequently 
focused on nation with 35 
percent of the single- country 
studies is the US. The second 
most favorite focal country of 
Canadian authors is their 
home-country with 23 percent 
(13 articles). China and UK 
were only targeted in 9 and 5 percent of the investigated sample. With the US being the only 

Figure 12 - Top 10 focal countries by UK authors 

Figure 13 - Top 10 focal countries by Canadian authors 
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neighboring country of Canada, its much larger economic market size and the proximity of Canadian 
research institutions to the US border it is not surprising that Canadians are foreign (US) biased. 
  
 
Hong Kong 

The 62 publications by 
Hong Kongese authors 
represented the fourth 
largest share in the 
original data sample and 
are comprised of an above 
average 90 percent (56) of 
single-country studies. 
The dominating nation 
within the only five 
identified focal countries 
is China by accounting for 
more than half of the total. The US were focused on below-average with 16 articles and 29 percent. 
Although Hong Kong is to a large extent an autonomous region and a scientific research hub, only 
six country studies chose it as their single focus. All in all, the chart clearly highlights the strong 
influence of China on the much smaller Hong Kong. However, it can be argued whether Hong Kong 
is actually independent or simply a part of China and therefore home-biased as well. 
 
 
  

Figure 14 - Top 10 focal countries by Hong Kongese authors 
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Rest of the world: 

Lastly all of the publications 
with non-US authors were 
aggregated to see less country-
specific but broad trends of “the 
rest of the worlds” country 
focus in strategy & 
management research. 
The 21 percent of multi-country 
studies of the sample are in line 
with previous findings. Also 
when splitting these into the 
most frequently occurring 
nations it is revealed that the top three are the US, China and the UK like in the sample of all authors. 
Nonetheless, the 114 US studies out of all 497 single-country studies represent merely a share of 23 
percent, which is far below the average of 42 percent discovered in the sample of all authors. China 
is with 16% represented almost equally as in the overall sample but the UK show with 12 percent a 
higher proportion.  
All in all, even when limiting the sample to non-US authored studies the pattern stays the same and 
the US dominance can be verified but to a much lesser extent. 
 
 
  

Figure 15 - Top 10 countries non-US authors 
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4.2 Regression Analysis 

As stated in the introduction of this thesis, a regression analysis will be performed to reveal possible 
drivers involved that lead to a high or a low number of publications for each country included. The 
first part will focus on the complete sample size of 53 countries and test for the significance of gdp 
per capita and the population. The second model will be based on the sub-sample of 32 countries 
targeted by US authors, except for the US. Distance measures, calculated from the US to foreign 
countries will supplement the previous model.  
Unterteilungen für die Modelle entweder nur als Überschrift im Text oder auch im Inhaltsverzeichnis 
 
In  Figure 16the number of publications is plotted against the respective gdp of each country. At the 
first glance, it becomes obvious that detailed information about each single country is hardly to be 
observed from such a graph, due to certain outliers and a highly concentrated cloud of most of the 
other data points.  
 

 
Figure 16 - Nr. of publications - GDP 

The same is applied to gdp per capita as well as the respective population. Again, despite its accuracy, 
the picture is fairly similar (see appendix).  
In terms of publications received per gdp per capita, particularly the US is an outlier, followed by 
China, the UK and India. For their gdp per capita, those countries particularly receive a relatively 
high number of publications, that is above the average. 
In terms of publications received per population, particular the US and the UK remain above the 
average line, while India receives a relatively low number of publications for its high population. 
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China has the highest population, however in terms of publications per population the country is well 
aligned with the trendline. 
 
 
The taken logarithms partly control for outliers and bring all data points more together so that they 
are shown more readable in the graphs after the logarithmic transformation. Countries are spread 
above and below the trendline with smaller distance to the former outliers. 
 

 
Figure 17 - Nr. of publications (log) - GDP (log) 

 
Figure 18 - Nr. of publications (log) - GDP per capita (log) 
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Figure 19 - Nr. of publications - population (log) 

 
The following three regression models are all based on the dataset of 53 observed target countries. 
 
 

  OLS: Number of Publications (log) 
  (1) (2) (3) 
Independent variables       
        
GDP per Capita (log) 0.4491***   0.67411*** 
        
Population size (log)   0.4701*** 0.70717*** 
        
Constant -2.7331* -6.5974** -16.97656*** 
        
Number of observations 53 53 53 
Adjusted R-Squared 0.1907 0.1889 0.602 
F-Statistic 13.25 13.11 40.33 
p-value 0.000636 0.0006741 0.0000000 
        
sign. Code *** <0.0001 **<0.001 *<0.01       

Table 7 - Regression analysis - Part 1 
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In the first regression, the number of publications a country receives is the underlying dependent 
variable and the only dependent variable is the respective average gdp per capita a country has had 
during the period of 15 years. The F statistic at 13.25 is significant with a small p value below 0.05. 
GDP per capita is highly significant and has a positive sign. This means that a higher gdp per capita 
increases the number of times a country is targeted in research, in line with previous findings in 
academia. The constant is significant as well, however, it is the value given when gdp per capita is 
zero, therefore its practical interpretation should not be given too much attention. Overall, the 
adjusted R-squared value at 0.1907 indicates that this simple linear regression model explains 19.07 
percent of variation in the dependent variable. However, the Shapiro-Wilk test for normal distribution 
of residuals is significant. This indicates that the assumptions for the linear regression are not 
perfectly met.  
 
In the second regression, the average population size of each country is applied as single independent 
variable. The F statistic at 13.11 is significant with a small p value below 0.05. The population size 
is highly significant and has a positive sign. This means that a higher population size increases the 
number of times a country is targeted in research, in line with previous findings as well. The constant 
is significant as well. Overall, the adjusted R-squared value at 0.1889 indicates that this simple linear 
regression model explains 18.89 percent of variation in the dependent variable. While the Shapiro-
Wilk test this time is insignificant, the Breusch-Pagan test for homoscedasticity is significant. This 
indicates that the error term does not have constant variance, and therefore this model is also 
imperfect. P-values suggested by the model might mislead and hypothesis tests are rather invalid. On 
the one hand, this could be controlled for by statistically applying robust standard errors. However, 
the simple regression model with only one explanatory variable might suffer of omitted variable bias. 
Therefore, instead of intervening and optimizing this model, a second variable will be added in the 
next regression. 
Overall, while both the two simple regressions provide an output that would be in line with previous 
findings, their validity and actual explanatory power is in doubt.  
 
In the third regression, both the previous dependent variables are combined together. Both previous 
models had only one single dependent variable, and therefore might have suffered of omitted variable 
bias where effects of variables not included in the model might have wrongfully been attributed to 
the only variable included in the model. The F statistic for joint significance given by the new multiple 
regression model at 40.33 is highly significant with a very small p value. Both dependent variables 
are highly significant and both their sign is positive. On top of that, their effect size increases to 0.67 
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for gdp per capita and 0.71 for the population size, respectively. In the original study conducted by 
Das et al.(2013) the effect size was 0.62 for GDP per capita and 0.90 for the population and the highly 
significant constant was minus 15.3 compared to minus 17 in this model, highly significant as well. 
Therefore, the coefficients come fairly close to this study, and differences can be attributed to the 
smaller dataset of 53 observations, compared to 173 as well as an overall different data source and 
journal choice. The coefficients would mean that a one percent increase in gdp per capita (population) 
would increase the number of publications received by a country by 0.67 (0.71) percent, respectively, 
when all other variables are held constant. Overall, the adjusted R-squared value at 0.602 indicates 
that this model explains 60.2 percent of variation in the dependent variable. In the previous simple 
regressions, this value was below 20 percent. Therefore, including both variables in one multiple 
regression has led to higher explanatory power by further entangling which variation in the dependent 
variable to attribute to which exact explanatory variable. The condition of homoscedasticity holds, as 
well as the normal distribution of residuals. Therefore, both assumptions that were doubtful in 
previous regression were solved by including both variables in one model. This model does not 
explain all variation in the dependent variable, however, on average around 30 percent of variation 
explained are attributed to each explanatory variable which could be seen as acceptable result, given 
the simplicity of the model. 
 
The following two graphs refer to the sub-dataset of 32 observations. Only the countries targeted by 
US authors and their respective number of publications are included. The US itself is eliminated by 
the dataset since the cultural and geographic distance is taken from the United States as baseline 
country. The logarithmic form is presented.  
In terms of publications received per cultural distance, one can observe the negative slope of the line. 
Therefore, this graph suggests a negative relation between cultural distance and the number of 
publications.  
In terms of publications received per geographic distance, the trendline does not show any reaction 
at all. Therefore, geographic distance seems to have no effect on the publications a country receives.  
The dummy variable will not be presented in a graph since it only takes the value of one for English 
as official language and the value of zero if English is no official language. 
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The following is the regression output for the respective sub-sample of focal countries by US authors.  
At first, the same two independent variables of the previous model are put together in the model as 

baseline and results are compared. Following this, each new variable is introduced separately to the 
baseline model. In the end, all new variables without the baseline model are included together in one 
multiple regression equation. No more than three variables are taken into the model at the same time, 
since with thirty-two samples, only about eleven observations, on average, remain per single 

Figure 20 - Nr. of publications - cultural distance 

Figure 21 - Nr. of publications - geographic distance 
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independent variable. Too few observations would make it barely possible to estimate coefficients 
effectively. 
 

  OLS: Number of Publications (log)     
  (1) (2) (3) (4) (5) 
Independent variables           

            
GDP per Capita (log) 0.53430*** 0.5228*** 0.53084*** 0.5126***   

            
Population size (log) 0.66977*** 0.6649*** 0.67153*** 0.6486***   

            
cultural distance (log)   -0.0215     -0.091 

            
geographic distance 
(log)     -0.05033   0.013 

            
English as off. language       0.4124 0.559 
(1: yes; 0: no)           
Constant -15.833*** -15.632*** -15.3822*** -15.334*** 0.765 

            
Number of 
observations 32 32 32 32 32 
Adjusted R-Squared 0.6071 0.5937 0.594 0.6189 -0.009512 
F-Statistic 24.95 16.10 16.12 17.78 0.9026 
p-value 0.0000005 0.0000028 0.0000028 0.0000012 0.4523000 

            
sign. Code *** <0.0001 **<0.001 *<0.01         

Table 8 - Regression analysis - Part 2 

 
In the first regression, the baseline model, The F statistic at 24.95 is highly significant with a small p 
value far below 0.01%. Both the F statistic and the p value are smaller and bigger, respectively, than 
in the previous, bigger dataset, due to the reduced sample size. Both explanatory variables are highly 
significant with an effect size a bit smaller than in the complete dataset. The constant is significant as 
well. Overall, the adjusted R-squared value at 0.6071 indicates that the baseline model explains 60.1 
percent of variation in the dependent variable, which is only 0.1 percent less than in the entire sample. 
This also means that this regression model gives strong results, even though the dataset was 
significantly reduced from 53 observations to only 32 and the US as the most represented country 
was eliminated. The research-wealth relation given by the model barely changes when countries 
targeted in research by US authors is being looked at. Statistic tests indicate no violations of the 
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relevant assumptions. Therefore, this model is applied as baseline and further variables are introduced 
in addition. 
 
In the second regression, cultural distance is introduced as additional variable. The F statistic for joint 
significance is significant, however, it declines from nearly 25 to only about 16. The dependent 
variables of the baseline model as well as the constant stay significant and barely change their effect 
size. The coefficient of cultural distance carries a negative sign which was expected. However, its 
effect size is very small and it does not show significance in the model. The adjusted R-squared 
slightly decreases from 60.7 percent to 59.4 percent. Therefore, introducing cultural distance to the 
model does not improve the baseline model. Instead, it rather decreases the explanatory power of the 
model and the average variance explained by each independent variable included. The conditions for 
the regression hold true and there are no clear indications for severe violations of the assumptions. 
 
In the third regression, cultural distance is replaced by geographic distance. Compared to the baseline 
model, the baseline variables and the constant barely change in effect size and stay highly significant. 
The F statistic declines again from about 25 down to 16. The coefficient of geographic distance carries 
a negative sign, which was expected. Nevertheless, its effect size is very small and it does not show 
significant in the model. The adjusted R-squared also slightly decreases from 60.7 percent down to 
59.4 percent. Therefore, again, the baseline model is not improved. Explanatory power of the model 
is rather decreased and average variation explained per explanatory variable decreases as well. The 
conditions for the regression hold true and there are no clear indications for severe violations of the 
assumptions. 
 
In the fourth regression, geographic distance is replaced by the dummy for English as official 
language. Compared to the baseline model, the baseline variables and the constant barely change in 
effect size and stay highly significant. The F statistic declines again and stays significant. This time, 
however, it only declines down to 18 instead of 16. The coefficient of the language dummy carries a 
positive sign, as anticipated, and shows a strong effect size of 0.41. Nevertheless, its test statistic, 

given by the formula ! = ß$%&'
()(ß$%)

 is not big enough to become significant, with a p value of 0.179 due 

to a rather strong standard error of 0.3. A bigger sample size might lead to smaller standard errors and 
this dummy might then turn significant. The adjusted R-squared of the model slightly improves from 
60.7 percent to 61.9 percent. However, this might not add sufficient value to the baseline model as 
the F statistic for joint significance still remains significantly smaller than before and the average 
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variation explained per independent variable also strongly decreases. Therefore, one might argue that 
the baseline model still is the strongest model to keep. The regression assumptions, again, were not 
evidently violated. 
 
In the fifth, the last regression, all three new variables are included in one model. As a result, the F 
statistic at 0.9 is very small and insignificant. Therefore, it cannot be rejected that all three coefficients 
of the variables jointly are zero. The adjusted R-squared even takes a negative value at -0.01. The 
coefficient of geographic distance changes sign and becomes positive, suggesting that higher distance 
to the US increases the number of publications received. The Shapiro-Wilk test for normality of 
residuals turns significant. Therefore, the model violates an assumption of the linear regression model 
and overall is rather irrelevant. 
 
Concluding all eight regression models, particularly the baseline model seems to perform well on 
both the entire sample as well as the smaller sub-sample. The newly introduced variables, however, 
do not add significant value to the basic model.  
It should be noted that the baseline model might also be imperfect. Regression models also require 
correct specification, which means the correct functional form as well as the inclusion of all relevant 
explanatory variables. Most of the assumptions have been tested for in the previous regression. 
However, there is no guarantee that all relevant variables were included. The sample of 53 
observations was particularly intended to test the baseline model and reproduce results from previous 
scientific studies. The sub-sample, in particular, was small in size and therefore, restricted with 
regards to the inclusion of further variables in one model. Hence, an established model was applied 
and then supplemented with further variables. 
The practice of not removing possible outliers can also be criticized since it makes the fitting of 
regression models more difficult. On the other hand, it helped to keep a sample size sufficient for 
three independent variables. Also, there might be superior techniques to fit a statistical model to a 
dataset that is quite small. However, fitting a statistical model by all means to a dataset that itself has 
weaknesses might be the worse practice than the open disclosure of imperfect conditions that a very 
small sample size has. 
On top of that, the authors refrain from contributing to positive bias by not reporting imperfect 
conditions or insignificant regression models at all.  
Therefore, the baseline model remains, though possibly remaining imperfections, as the best model 
identified in this regression analysis. It gives an output and significant variables with the anticipated 
sign, in line with previous studies. Therefore, results this model seem reasonable.  
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The extended model, however, shows no superiority and does not further add explanatory power. 
Therefore, it cannot be rejected that the other variables are irrelevant and that variables associated 
with psychic distance do not further explain country-related research intensity of US authors. 
 
Based on the regression output, the decision about the five hypothesis previously defined is as 
follows: 
 
Hypothesis 1.1:  

High GDP per capita positively affects the likelihood of publication / the number of publications 
per country, for the whole sample as well as the sub-sample of US author research targets. 
Is not rejected. 

 
Hypothesis 1.2:  

High Population size of a country positively affects the likelihood of publication / the number of 
publications per country, for the whole sample as well as the sub-sample of US author research 
targets. 
Is not rejected. 

 
Hypothesis 2.1:  

Higher cultural distance based on the Kogut and Singh index negatively affects the likelihood of 
publications per country / being a country in research focus. 
Is rejected. 

 
Hypothesis 2.2:  

Higher Geographic distance, based on the CEPII index, negatively affects the likelihood of 
publications per country / being a country in research focus. 
Is rejected. 

 
Hypothesis 2.3:  

English as official language compared to all other languages positively affects the likelihood of 
publications per country / being a country in research’s focus. 
Is rejected. 
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5 Discussion 

 
The discovered findings of the previous results section provide the basis for the discussion chapter 
where they are now interpreted in detail by connecting them to the insights gained form the review 
of relevant and related literature. 
 
In terms of the target countries we have found the US (42%), China (15%) and the UK (8%) to be 
overrepresented in our sample. A possible explanation for the high appearance of US targeted studies 
can be found in the location of the chosen journals. Five of the six journals included are located in 
the US and therefore have a high share of US authors, as well as a possible interest in US relevant 
topics. Therefore, content bias of the respective journals might be involved as well. (Bornmann et al., 
2010; Paasi, 2005). On top of that, the literature revealed an existing US bias particularly in leading 
journals which seems to be present in our data as well (Chan et al., 2007; Karolyi, 2016). This bias 
exists both in terms of home bias of US authors and their high representation in the dataset, as well 
as a foreign bias in favor of US targeted studies of other countries.  Notably, US authors did not 
behave home biased in the JIBS that was compared as a control group. 
The high representation of China can only partly be explained by arguably a home bias of Hong 
Kongese authors.  The literature identified an increasing relevance of the BRIC countries in science 
(Kumar & Asheulova, 2011; Moiwo & Tao, 2013). During the 15 years period, China overall 
increased its share further in the sample and was therefore a strong driver within the BRICs.  
At the same time when China grew its share of publications, contradictory to the literature, the US 
further increased its share as focal country (Karolyi, 2016).   
The high representation of the UK can partly be attributed to the one UK based journal that 
contributed with many UK affiliated authors to the dataset. Those UK authors behaved home biased 
and therefore strongly contributed to UK targeted studies. 
When countries were classified as developing or developed nations, it could be revealed that the share 
of developing target nations increased from 19 percent to 29 percent during three five-year intervals. 
This increase was partly caused by the increase of China, as well as the appearance of India from the 
second five-year interval onwards. It could point to the trend that developing countries become more 
and more relevant in research, although the US did not decrease its share at the same time.  
 
In terms of author affiliation, the US (48%), the UK (9%) and Canada (6%) were identified as the 
leading three most productive countries in the dataset. Particularly the US and the UK were detected 
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to be outliers. US bias in terms of the share of US authors is present in the data, possibly due to the 
five US based journals and the UK authors possibly are highly present due to the high number of UK 
affiliated authors present in the JOMS. The leading journals included in this study are local journals 
of both the US and UK affiliated authors, which might partly serve as explanation for their high 
representation. All of those three most productive countries can be classified as developed nations, 
they all share the same language (English) and Canada is a neighboring country of the US. Therefore, 
a regional concentration and inclusion of developed nations, as well as a rather rejection of authors 
from developing countries can be observed, since China is the only developing country appearing in 
the top ten, on 8th position. Finding is supported by Fourie and Gardner (2014) who detected some 
bias against authors from developing regions as well. 
In the literature review, several types of peer review have been identified. Arguably, double-blind 
peer review could be seen as the superior type, since both the identities of the author as well as the 
reviewers are not revealed. This might prevent the presence of certain types of bias, particularly the 
ones related to characteristics of both the author or the reviewer. This type of peer review is applied 
by all six journals included. Nevertheless, the content of an academic paper cannot be hidden during 
the review process. Therefore, during the review process, the targeted countries are revealed and 
judgement on the relevance and significance of a submitted manuscript is made when the manuscript 
is evaluated.  Bornmann et al. (2010) as well as Anderson-Levitt (2014) support the view that content 
bias can emerge, when relevance and significance for the respective journal are not sufficiently 
fulfilled. Since even the double-blind peer review cannot eliminate the possibility of such type of 
bias, it cannot be rejected that this type of bias might be present in the dataset and lead to the findings.  
As explained, bias is difficult to capture and measure. The data our analysis is based on the output of 
the publication process, but the input remains unknown.  
Nevertheless, we ran a regression analysis with the intention of trying to capture some drivers that 
might have been involved in the choice of target countries by all authors together and solely by US 
authors. In the first regression, the research-wealth relationship and the significance of the population 
could be confirmed. Similar to Das et al., (2013) both higher gdp per capita and higher population 
size are associated with a higher number of publications.  Therefore, the behavior of authors in our 
dataset or at least the number of publications for each country within the 15 years showed a similar 
pattern. When this model was supplemented with certain variables associated with psychic distance, 
no further explanatory power could be added to the model, implying that those variables do not 
significantly explain further variation in the dependent variable. The language dummy, however, 
showed a strong effect size but did not become significant due to its strong standard error. One should 
be aware that the United States was not represented in this sub-sample. Therefore, it might not be 
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unlikely that the language dummy would have become significant if the US was included. Instead of 
the US being the country that appears the most often in the dataset, China led in terms of publications 
received by US authors. Therefore, it seems reasonable that the language dummy did not appear to 
be significant in the data. Since China is culturally very different from the US, but geographically 
highly distant, this country alone might have made a strong contribution that the distance variables 
did not become significant. However, the basic model including gdp per capita and the population 
was confirmed again, although the sub-sample was significantly smaller than the original dataset.  
This strongly supports the significance of both of those variables. Both gdp per capita as well as the 
population of a country could be interpreted as proxy for economic development and economic size 
and both in combination contribute to the overall gdp of a country. While the regression models for 
both sample sizes revealed a positive linear association between the dependent and the independent 
variables, strict inference about causality cannot be made. The result is rather the outcome of author 
decisions as well as peer review. Drivers involved can be both of implicit and explicit nature. It seems 
reasonable to believe that authors conduct research on countries that are particularly big in economic 
size. Countries like the US, China or the UK all have in common that they either have a high gdp, a 
high gdp per capita or a high population. However, whether the regression output is due to the 
behavior of authors or due to the influence the publication process has on the outcome, or to what 
extent both elements are involved, cannot be entangled by our statistical model.  
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6 Conclusion 

In this thesis, we have intended to investigate how globalized and representative of the world research 
has been in the leading strategy and management journals between 2003 and 2017 and what drivers 
are involved in the focal country choice. With a dataset of six leading journals, a final sample of 4700 
articles has been generated, containing 1205 country studies. To perform this quantitative analysis, 
charts and tables were chosen for descriptive statistics revealing the internationality in terms of target 
country as well as author affiliation. Drivers were identified by carrying out several linear regression 
analyses. In the following, the findings are summarized. 
With regards to target countries, we found particularly the US to be overrepresented in the dataset, 
followed by China and the UK. Since those three countries together have a share of 65 percent in the 
dataset, we conclude that the leading strategy and management journals are not as representative of 
the world as one might think. Instead, we find certain presence of geographic bias in the dataset that 
cannot be sufficiently explained. 
In terms of author affiliation, the US is even more present than in terms of target countries and it is 
followed by a high representation of authors affiliated with the UK. Therefore, the journals are also 
not very international in terms of author affiliation.  
Part of the overrepresentation of target countries was found to be due to home bias of authors affiliated 
with the US, the UK and Hong Kong, as well as foreign bias of other authors who particularly often 
targeted the US in their studies, followed by China and the UK. 
Contrary to the reviewed literature a decrease of the share of US targeted studies could not be 
identified. Instead, our data suggested an increase throughout the period. However, in line with the 
literature, China seems to be a highly relevant target country that increases its representation in those 
journals over time. Its already existing overrepresentation, however, was not anticipated. On top of 
that, the growing trend of more developing countries appearing in our dataset and a reduction of the 
appearance of developed countries over time was identified 
With regards to the drivers involved in the target country choice, the significance of GDP per capita 
and population size could be confirmed. The higher the GDP per capita and the higher the population 
of a country, the more often it is expected to appear as focal country in the leading journals. 
A cultural and geographic distance measure and a language dummy were added the previous 
confirmed model to further explain the target country choice from the perspective of US authors. 
However, none of the added variables showed significance in the model. Therefore, we conclude that 
those variables, associated with psychic distance, have no influence on the focal country choice of 
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US authors, provided that peer review and the publication process has no significant influence on the 
articles that were observed. 
The publishing industry as well as the publication process was reviewed to better understand how the 
data we could analyze were generated. While it is believed that the location of the journals as well as 
peer review has a significant influence on the articles we analyzed, the extent of such an influence is 
difficult to measure and was not in scope in this study. 
 

7 Recommendations for future research 

 

In this study, we set clear limitations and concentrated on the major aspects relevant to answer our 
formulated research questions. However, during the process of writing this thesis, several ideas on 
how to further extend the analysis and what other aspects and techniques could be relevant for future 
studies were collected. 
First of all, with respect to author affiliation, it can be recommended to try to code and extract 
information not only about the first-mentioned author, but also about all co-authors involved in 
publishing a research article. This would effectively show research collaboration and further 
hypothesis about the relationship between research collaboration and the internationality of 
publications could be developed and tested. 
Second, the institutional affiliation of the first-mentioned author was applied in this study. However, 
institutional affiliation is not exactly the same as nationality of the author. Therefore, it can be 
recommended to try to measure and capture the actual author nationality.  
Third, while we could not measure the extent of the influence the publication process and peer review 
has on the final published articles, a mixed approach might be able to reveal more insights by 
conducting interviews with both researchers and reviewers.  
Forth, while published papers were observed in this study, submitted but rejected manuscripts were 
not part of our dataset. An analysis of international aspects based on submitted manuscripts might 
reveal different patterns than the ones identified in our study. This might be a hint if and how peer 
review influences the final published papers. 
Fifth, lower ranking journals have not been included in our study. While we observe certain pattern 
in the leading journals, this might not be the case in other journals that have a lower prestige. Since 
to the best of our knowledge, strategy and management journals have not been covered sufficiently 
in bibliometric analysis of international aspects, we can recommend future research to focus on lower 
ranking journals in the field and further analyze those. 
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Sixth, when distance measures were tested to identify further drivers involved in US author’s choice 
of focal countries, the dataset was particularly constrained by a small sample size. We therefore 
encourage future research to further extend our model and add more variables together with a bigger 
sample size is than ours. An increase of sample size leads to smaller standard errors and therefore, 
makes it easier to reveal variables involved with coefficients that only have a small effect size.  
Finally, we did not differentiate between the categories of strategy and management in our sample. 
Possibly, different patterns could be identified within each category if they were to be examined 
separately. 
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V. Appendix B 

 
knitr::opts_chunk$set(eval = FALSE) 
 
## ----Packages loading---------------------------------------------------- 
library(bibliometrix) 
library(dplyr) 
library(stringr) 
library(mgsub) 
library(tidyr) 
library(data.table) 
library(ggplot2) 
library(ggthemes) 
library(gcookbook) 
library(hrbrthemes) 
library(sysfonts) 
library(showtextdb) 
library(showtext) 
library(forcats) 
 
# library(maps) 
# library(editData) 
 
## ----Measure runtime - start----------------------------------------------
---------- 
start_time <- Sys.time() 
 
 
## ----Load & convert data-------------------------------------------------- 
M <- convert2df( 
  readFiles( 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_1.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_2.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_3.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_4.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_5.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_6.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_7.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_8.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_9.txt", 
    "/Users/rene/Documents/R_Thesis/data/WoS_data/6_Journals/6J_10.txt" 
  ), 
  dbsource = "isi", format = "plaintext" 
) 
 
 
## ----Reduce to necessary columns------------------------------------------ 
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M <- M %>% 
  select(AU, TI, SO, JI, PY, PD, VL, IS, DT, DE, ID, AB, WC, DI, UT, FU, CR, 
TC, NR, PU, PI, PA, C1, RP, AU_UN, AU1_UN, PG, SR) 
 
 
## ----Set "NA" to blank in data frame "M"---------------------------------- 
M[is.na(M)] <- "" 
 
 
 
## ----Add "CONCAT" column which combines TI, DE, AB & replace punctuation 
with white space------------ 
M <- M %>% 
  mutate(CONCAT = gsub("[[:punct:] ]+", " ", paste(TI, DE, AB))) 
 
 
## ----Load countries & nationalities--------------------------------------- 
countries <- 
  read.csv("/Users/rene/Documents/R_Thesis/data/country_data/co_list.csv", 
stringsAsFactors = F, strip.white = TRUE) %>% 
  mutate_all(funs(toupper)) 
 
 
## ----Find target countries/nationalities---------------------------------- 
M <- M[] %>% 
  # find & extract all country/nationality mentions from "CONCAT" & create 
new column "COUNTRIES_FOUND" with findings 
  mutate( 
    COUNTRIES_FOUND = 
      str_extract_all( 
        CONCAT, 
        paste0( 
          "\\b(", 
          paste(c(countries$name, countries$search), collapse = "|"), 
          ")\\b" 
        ) 
      ) 
  ) %>% 
  # append leading and ending " if needed 
  mutate( 
    COUNTRIES_FOUND = 
      ifelse(grepl("^[[:upper:]]+|[[:upper:]]+$", COUNTRIES_FOUND), 
             paste0('"', COUNTRIES_FOUND, '"'), 
             COUNTRIES_FOUND 
      ) 
  ) %>% 
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  # replace nationalities (countries$search) with country names 
(countries$name) & create column "COUNTRIES" 
  mutate( 
    COUNTRIES = 
      mgsub( 
        COUNTRIES_FOUND, 
        paste0("\\<", countries$search, "\\>"), 
        paste0("", countries$name, "") 
      ) 
  ) %>% 
  # convert vector to string seperated by "; " & merge multiple same country 
finds 
  mutate(COUNTRIES = as.character(purrr::map(COUNTRIES, function(x) { 
    paste(unique(eval(parse(text = x))), collapse = "; ") 
  }))) %>% 
  # replace multiple countries with MULTI-COUNTRY instead of single country 
names 
  mutate( 
    COUNTRIES_MULTI = 
      ifelse(grepl("; ", COUNTRIES, fixed = TRUE), "MULTI-COUNTRY", 
COUNTRIES) 
  ) 
 
 
## ----Load "regions" & transform to uppercase------------------------------ 
regions <- 
  read.csv("/Users/rene/Documents/R_Thesis/data/country_data/regions.csv", 
stringsAsFactors = F, strip.white = TRUE) %>% 
  mutate_all(funs(toupper)) 
 
 
## ----Find target "regions"------------------------------------------------ 
M <- M[] %>% 
  # find & extract all "region" mentions from "CONCAT" & create new column 
"REGIONS_FOUND" with findings 
  mutate( 
    REGIONS_FOUND = 
      str_extract_all( 
        CONCAT, 
        paste0( 
          "\\b(", 
          paste(c(regions$name, regions$search), collapse = "|"), 
          ")\\b" 
        ) 
      ) 
  ) %>% 
  # append leading and ending " if needed 
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  mutate( 
    REGIONS_FOUND = 
      ifelse(grepl("^[[:upper:]]+|[[:upper:]]+$", REGIONS_FOUND), 
             paste0('"', REGIONS_FOUND, '"'), 
             REGIONS_FOUND 
      ) 
  ) %>% 
  # replace "regions$search" with "regions$name" & create column "REGIONS" 
  mutate( 
    REGIONS = 
      mgsub( 
        REGIONS_FOUND, 
        paste0("\\<", regions$search, "\\>"), 
        paste0("", regions$name, "") 
      ) 
  ) %>% 
  # convert vector to string seperated by "; " & merge multiple same region 
finds 
  mutate(REGIONS = as.character(purrr::map(REGIONS, function(x) { 
    paste(unique(eval(parse(text = x))), collapse = "; ") 
  }))) 
 
 
## ----Add "RP2" column which contains RP & replace punctuation with white 
space------------------------------------- 
M <- M %>% 
  mutate(RP2 = gsub("[[:punct:] ]+", " ", paste(RP))) 
 
 
## ----Find RP authors home institution country----------------------------- 
M <- M[] %>% 
  # find & extract all country mentions from "RP" & create new column "RPC" 
with findings 
  mutate( 
    RPC = 
      str_extract_all( 
        RP2, 
        paste0( 
          "\\b(", 
          paste(c(countries$name, countries$search), collapse = "|"), 
          ")\\b" 
        ) 
      ) 
  ) %>% 
  # append leading and ending " if needed 
  mutate( 
    RPC = 
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      ifelse(grepl("^[[:upper:]]+|[[:upper:]]+$", RPC), 
             paste0('"', RPC, '"'), 
             RPC 
      ) 
  ) %>% 
  # replace countries$search with countries$name & create column 
"RP_COUNTRY" 
  mutate( 
    RP_COUNTRY = 
      mgsub( 
        RPC, 
        paste0("\\<", countries$search, "\\>"), 
        paste0("", countries$name, "") 
      ) 
  ) %>% 
  # convert vector to string seperated by "; " & merge multiple same country 
findings 
  mutate(RP_COUNTRY = as.character(purrr::map(RP_COUNTRY, function(x) { 
    paste(unique(eval(parse(text = x))), collapse = "; ") 
  }))) 
 
 
## ----Delete rows with blank value in COUNTRIES_FOUND & REGION_FOUND - "no 
country or region found"----------------------------------------------------
- 
M <- M[!(M$COUNTRIES == "" & M$REGIONS == ""), ] 
 
 
 
 
## ----Add "MULTI-COUNTRY" in column "COUNTRIES_MULTI" where no country was 
found ------------------------------------------------------ 
M$COUNTRIES_MULTI <- ifelse(M$COUNTRIES_MULTI == "", "MULTI-COUNTRY", 
M$COUNTRIES_MULTI) 
 
 
 
## ----Calculate nr. of authors per paper-----------------------------------
------------------- 
M <- M[] %>% 
  mutate( 
    NR_OF_AU = 
      as.numeric( 
        str_count(M$AU, ";") 
      ) + 1 
  ) 
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## ----Run corrections from "Correction.R" script--------------------------- 
source("Correction.R") 
 
 
 
## ----Calculate nr. of countries per paper--------------------------------- 
#M <- M[] %>% 
 # mutate( 
  #  NR_OF_CO = 
   #   as.numeric( 
  #      str_count(M$COUNTRIES, ";") 
  #    ) + 1 
 # ) 
 
 
## ----Set "NA" to blank in data frame -------------------------------------
------------------- 
M[is.na(M)] <- "" 
 
 
 
## ----Save as csv----------------------------------------------------- 
M %>% 
  tibble::rownames_to_column("ROW_NR") %>% 
  fwrite("NEU_1205.csv") 
 
 
# M <- M[!(M$RP_COUNTRY == ""), ] 
 
 
## ----Correct "wrong" RP author countries ---------------------------------
---------------------------- 
M <- M [] %>% 
  mutate( 
    RP_COUNTRY = 
      mgsub_dict(RP_COUNTRY, list( 
        "GEORGIA; USA" = "USA", 
        "UNITED KINGDOM; AUSTRALIA" = "AUSTRALIA", 
        "MEXICO; USA" = "USA", 
        "FRANCE; USA" = "USA", 
        "USA; CHINA" = "USA", 
        "USA; SINGAPORE; CHINA" = "USA", 
        "USA; SPAIN; BRAZIL" = "USA", 
        "CANADA; UNITED KINGDOM" = "UNITED KINGDOM", 
        "CHINA; FRANCE" = "CHINA", 
        "FRANCE; GERMANY" = "FRANCE", 
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        "INDIA; SWEDEN; SWITZERLAND; FRANCE" = "INDIA", 
        "UNITED KINGDOM; CANADA" = "CANADA", 
        "UNITED KINGDOM; ITALY; SPAIN" = "UNITED KINGDOM", 
        "CANADA; USA" = "CANADA", 
        "CHINA; HONG KONG" = "HONG KONG", 
        "HONG KONG; CHINA" = "HONG KONG", 
        "SINGAPORE; HONG KONG; CHINA" = "SINGAPORE", 
        "MACAO; CHINA" = "MACAO" 
      )) 
  ) 
 
 
## ----Create separate data frame with only "MULTI-COUNTRY" and split column 
COUNTRIES----------------------------------------------------- 
M_multi <- M %>% 
  filter(COUNTRIES_MULTI == "MULTI-COUNTRY") %>% 
  separate(COUNTRIES, c("MC01", "MC02", "MC03", "MC04", "MC05", "MC06", 
"MC07", "MC08", "MC09", "MC10"), ";") %>% 
  separate(REGIONS, c("R01", "R02", "R03", "R04", "RC05"), ";") 
 
 
## ----Set "NA" to blank in data frame "M_multi"----------------------------
---------------------------- 
M_multi[is.na(M_multi)] <- "" 
 
 
## ----Create separate data frame with only "SINGLE-COUNTRY"----------------
------------------------------------- 
M_single <- M %>% 
  filter(COUNTRIES_MULTI != "MULTI-COUNTRY") 
 
 
## ----Set "NA" to blank in data frame "M_single"---------------------------
----------------------------- 
M_single[is.na(M_single)] <- "" 
 
 
 
## ----RESULTS----------------------------------------------------- 
 
# ----Journals 
journals1 <- M %>% count(SO) 
colnames(journals1) [1] <- c("JOURNAL") 
journals1 <- journals1[order(journals1$n, decreasing = TRUE), ] 
journals1$n <- as.numeric(journals1$n) 
 
# journals <- rbind(journals, c("Total", colSums(journals[,2]))) 
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journals2 <- M %>% group_by(SO, PY) %>% count(SO) 
colnames(journals2) [1:2] <- c("JOURNAL", "YEAR") 
 
 
# ----Annual production 
annualProduction <- M %>% count(PY) 
colnames(annualProduction)[c(1)] <- c("YEAR") 
annualProduction$n <- as.numeric(annualProduction$n) 
 
# annualProduction <- rbind(annualProduction, c("Total", 
colSums(annualProduction[,2]))) 
 
 
# ----Authors 
# all countries 
authors_r <- M %>% count(NR_OF_AU) 
authors_r$NR_OF_AU <- as.numeric(authors_r$NR_OF_AU) 
authors_r <- authors_r %>% 
  mutate( 
    AUTHORS_PCT = 
      round((n / sum(n) * 100), digits = 2) 
  ) 
 
authors_r <- authors_r %>% 
  mutate(AUTHORS_total = NR_OF_AU * n) 
 
 
avg_author <- mean(M$NR_OF_AU) 
 
 
# single-country 
authors_single <- M_single %>% count(NR_OF_AU) 
authors_single$NR_OF_AU <- as.numeric(authors_single$NR_OF_AU) 
authors_single <- authors_single %>% 
  mutate( 
    AUTHORS_PCT = 
      round((n / sum(n) * 100), digits = 2) 
  ) 
 
authors_single <- authors_single %>% 
  mutate(AUTHORS_total = NR_OF_AU * n) 
 
 
avg_author_single <- mean(M_single$NR_OF_AU) 
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# multi-country 
authors_multi <- M_multi %>% count(NR_OF_AU) 
authors_multi$NR_OF_AU <- as.numeric(authors_multi$NR_OF_AU) 
authors_multi <- authors_multi %>% 
  mutate( 
    AUTHORS_PCT = 
      round((n / sum(n) * 100), digits = 2) 
  ) 
 
authors_multi <- authors_multi %>% 
  mutate(AUTHORS_total = NR_OF_AU * n) 
 
 
avg_author_multi <- mean(M_multi$NR_OF_AU) 
 
 
# ----Most productive countries 
mostProd_countries <- M %>% count(RP_COUNTRY) 
mostProd_countries$n <- as.numeric(mostProd_countries$n) 
mostProd_countries <- mostProd_countries[order(mostProd_countries$n, 
decreasing = TRUE), ] 
mostProd_countries <- mostProd_countries %>% 
  mutate(pct = n/sum(n)) 
 
 
mostProd_countries_top10 <- mostProd_countries %>% 
  slice(1:10) 
 
 
# all years all authors + JOURNAL 
mostProd_countries_journal <- M %>% group_by(RP_COUNTRY, SO) %>% 
count(RP_COUNTRY) 
colnames(mostProd_countries_journal) [1:3] <- c("COUNTRY", "JOURNAL", "n") 
 
mostProd_countries_journal$n <- as.numeric(mostProd_countries_journal$n) 
mostProd_countries_journal <- 
mostProd_countries_journal[order(mostProd_countries_journal$n, decreasing = 
TRUE), ] 
 
 
 
# ----Countries per paper 
CountriesPerPaper <- M %>% count(NR_OF_CO) 
 
 
# ----Found target countries 
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# all years all countries 
found_countries <- M %>% count(COUNTRIES_MULTI) 
found_countries$n <- as.numeric(found_countries$n) 
found_countries <- found_countries[order(found_countries$n, decreasing = 
TRUE), ] 
found_countries <- found_countries %>% 
  mutate(pct = n/sum(n)) 
 
# all years top 10 
found_countries_top10 <- found_countries %>% 
  slice(1:10) 
 
 
# all years all countries + JOURNAL 
found_countries_journal <- M %>% group_by(COUNTRIES_MULTI, SO) %>% 
count(COUNTRIES_MULTI) 
colnames(found_countries_journal) [1:3] <- c("COUNTRY", "JOURNAL", "n") 
 
found_countries_journal$n <- as.numeric(found_countries_journal$n) 
found_countries_journal <- 
found_countries_journal[order(found_countries_journal$n, decreasing = TRUE), 
] 
 
 
# yearly 
found_countries_yearly <- M %>% group_by(COUNTRIES_MULTI, PY, SO) %>% 
count(PY) 
colnames(found_countries_yearly) [1:3] <- c("COUNTRY", "YEAR", "JOURNAL") 
 
 
 
# first 5 years - 2003-2007 
First5 <- M %>% 
  filter(PY == "2003" | 
           PY == "2004" | 
           PY == "2005" | 
           PY == "2006" | 
           PY == "2007") 
 
found_countries1 <- First5 %>% count(COUNTRIES_MULTI) 
colnames(found_countries1)[c(1)] <- c("COUNTRIES") 
found_countries1$n <- as.numeric(found_countries1$n) 
found_countries1 <- found_countries1[order(found_countries1$n, decreasing = 
TRUE), ] 
 
 
# second 5 years - 2008-2012 
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Second5 <- M %>% 
  filter(PY == "2008" | 
           PY == "2009" | 
           PY == "2010" | 
           PY == "2011" | 
           PY == "2012") 
 
found_countries2 <- Second5 %>% count(COUNTRIES_MULTI) 
colnames(found_countries2)[c(1)] <- c("COUNTRIES") 
found_countries2$n <- as.numeric(found_countries2$n) 
found_countries2 <- found_countries2[order(found_countries2$n, decreasing = 
TRUE), ] 
 
 
# third 5 years - 2013-2017 
Third5 <- M %>% 
  filter(PY == "2013" | 
           PY == "2014" | 
           PY == "2015" | 
           PY == "2016" | 
           PY == "2017") 
 
found_countries3 <- Third5 %>% count(COUNTRIES_MULTI) 
colnames(found_countries3)[c(1)] <- c("COUNTRIES") 
found_countries3$n <- as.numeric(found_countries3$n) 
found_countries3 <- found_countries3[order(found_countries3$n, decreasing = 
TRUE), ] 
 
 
# find only countries in papers with USA in "RP_COUNTRY" - single country 
USA_authors <- M_single %>% 
  filter(RP_COUNTRY == "USA") 
 
USA_found_countries <- USA_authors %>% count(COUNTRIES_MULTI) 
colnames(USA_found_countries)[c(1)] <- c("COUNTRIES") 
USA_found_countries$n <- as.numeric(USA_found_countries$n) 
USA_found_countries <- USA_found_countries[order(USA_found_countries$n, 
decreasing = TRUE), ] 
USA_found_countries <- USA_found_countries %>% 
  mutate(pct = n/sum(n)) 
 
 
# all years top 10 
USA_found_countries_top10 <- USA_found_countries %>% 
  slice(1:10) 
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USA_found_countries_yearly <- USA_authors %>% group_by(COUNTRIES_MULTI, PY) 
%>% count(PY) 
colnames(USA_found_countries_yearly) [1:2] <- c("COUNTRY", "YEAR") 
 
 
# find only countries in papers with UK in "RP_COUNTRY" 
UK_authors <- M_single %>% 
  filter(RP_COUNTRY == "UNITED KINGDOM") 
 
UK_found_countries <- UK_authors %>% count(COUNTRIES_MULTI) 
colnames(UK_found_countries)[c(1)] <- c("COUNTRIES") 
UK_found_countries$n <- as.numeric(UK_found_countries$n) 
UK_found_countries <- UK_found_countries[order(UK_found_countries$n, 
decreasing = TRUE), ] 
UK_found_countries <- UK_found_countries %>% 
  mutate(pct = n/sum(n)) 
 
 
# all years top 10 
UK_found_countries_top10 <- UK_found_countries %>% 
  slice(1:10) 
 
 
## yearly 
UK_found_countries_yearly <- UK_authors %>% group_by(COUNTRIES_MULTI, PY) 
%>% count(PY) 
colnames(UK_found_countries_yearly) [1:2] <- c("COUNTRY", "YEAR") 
 
 
 
# find only countries in papers with Canada in "RP_COUNTRY" 
Canada_authors <- M_single %>% 
  filter(RP_COUNTRY == "CANADA") 
 
Canada_found_countries <- Canada_authors %>% count(COUNTRIES_MULTI) 
colnames(Canada_found_countries)[c(1)] <- c("COUNTRIES") 
Canada_found_countries$n <- as.numeric(Canada_found_countries$n) 
Canada_found_countries <- 
Canada_found_countries[order(Canada_found_countries$n, decreasing = TRUE), ] 
Canada_found_countries <- Canada_found_countries %>% 
  mutate(pct = n/sum(n)) 
 
# all years top 10 
Canada_found_countries_top10 <- Canada_found_countries %>% 
  slice(1:10) 
 
 



 

 97 

## yearly 
Canada_found_countries_yearly <- Canada_authors %>% 
group_by(COUNTRIES_MULTI, PY) %>% count(PY) 
colnames(Canada_found_countries_yearly) [1:2] <- c("COUNTRY", "YEAR") 
 
 
 
# find only countries in papers with HONG KONG in "RP_COUNTRY" 
HK_authors <- M_single %>% 
  filter(RP_COUNTRY == "HONG KONG") 
 
HK_found_countries <- HK_authors %>% count(COUNTRIES_MULTI) 
colnames(HK_found_countries)[c(1)] <- c("COUNTRIES") 
HK_found_countries$n <- as.numeric(HK_found_countries$n) 
HK_found_countries <- HK_found_countries[order(HK_found_countries$n, 
decreasing = TRUE), ] 
HK_found_countries <- HK_found_countries %>% 
  mutate(pct = n/sum(n)) 
 
# all years top 10 
HK_found_countries_top10 <- HK_found_countries %>% 
  slice(1:10) 
 
 
## yearly 
HK_found_countries_yearly <- HK_authors %>% group_by(COUNTRIES_MULTI, PY) 
%>% count(PY) 
colnames(HK_found_countries_yearly) [1:2] <- c("COUNTRY", "YEAR") 
 
 
# find only countries in papers with NOT USA in "RP_COUNTRY" 
Rest_authors <- M_single %>% 
  filter(RP_COUNTRY != "USA") 
 
Rest_found_countries <- Rest_authors %>% count(COUNTRIES_MULTI) 
colnames(Rest_found_countries)[c(1)] <- c("COUNTRIES") 
Rest_found_countries$n <- as.numeric(Rest_found_countries$n) 
Rest_found_countries <- Rest_found_countries[order(Rest_found_countries$n, 
decreasing = TRUE), ] 
Rest_found_countries <- Rest_found_countries %>% 
  mutate(pct = n/sum(n)) 
 
# all years top 10 
Rest_found_countries_top10 <- Rest_found_countries %>% 
  slice(1:10) 
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## yearly 
Rest_found_countries_yearly <- Rest_authors %>% group_by(COUNTRIES_MULTI, 
PY) %>% count(PY) 
colnames(Rest_found_countries_yearly) [1:2] <- c("COUNTRY", "YEAR") 
 
 
## ----- Single-target countries 
# all years all countries 
found_single <- M_single %>% count(COUNTRIES_MULTI) 
found_single$n <- as.numeric(found_single$n) 
found_single <- found_single[order(found_single$n, decreasing = TRUE), ] 
found_single <- found_single %>% 
  mutate(pct = n/sum(n)) 
 
# all years top 10 
found_single_top10 <- found_single %>% 
  slice(1:10) 
 
 
# ----Found target countries in "MULTI-COUNTRY" 
multico <- M %>% 
  select(COUNTRIES, COUNTRIES_MULTI) 
multico <- multico[(multico$COUNTRIES_MULTI == "MULTI-COUNTRY"), ] 
multico <- separate_rows(multico, COUNTRIES, sep = ";") 
multico$COUNTRIES <- multico$COUNTRIES %>% trimws() 
multico <- multico %>% count(COUNTRIES) 
multico <- multico[order(multico$n, decreasing = TRUE), ] 
 
 
multire <- M %>% 
  select(REGIONS, COUNTRIES_MULTI) 
multire <- multire[(multire$COUNTRIES_MULTI == "MULTI-COUNTRY" & 
multire$REGIONS != ""), ] 
multire <- separate_rows(multire, REGIONS, sep = ";") 
multire$REGIONS <- multire$REGIONS %>% trimws() 
multire <- multire %>% count(REGIONS) 
multire <- multire[order(multire$n, decreasing = TRUE), ] 
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VI. Appendix C 

 
## ----Focal country corrections----------------------------------------------------- 
M[105, 31] <- "USA" 
M[105, 32] <- "USA" 
 
M[135, 31] <- "USA" 
M[135, 32] <- "USA" 
 
M[141, 31] <- "" 
M[141, 32] <- "MULTI-COUNTRY" 
 
 
M[229, 31] <- "USA; JAPAN" 
 
M[252, 31] <- "USA" 
M[252, 32] <- "USA" 
 
M[269, 32] <- "MULTI-COUNTRY" 
 
M[295, 31] <- "USA" 
M[295, 32] <- "USA" 
 
M[298, 31] <- "USA" 
M[298, 32] <- "USA" 
 
M[320, 32] <- "MULTI-COUNTRY" 
 
M[341, 34] <- "" 
 
M[387, 34] <- "" 
 
M[392, 32] <- "MULTI-COUNTRY" 
 
M[397, 34] <- "" 
 
M[398, 31] <- "USA" 
M[398, 32] <- "USA" 
 
M[438, 32] <- "MULTI-COUNTRY" 
M[438, 31] <- "GERMANY; AUSTRIA; SWITZERLAND" 
 
M[476, 31] <- "USA" 
M[476, 32] <- "USA" 
 
M[491, 34] <- "" 
 
M[513, 31] <- "FRANCE" 
M[513, 32] <- "FRANCE" 
 
M[537, 31] <- "USA" 
M[537, 32] <- "USA" 
 
M[580, 31] <- "USA" 
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M[580, 32] <- "USA" 
 
M[605, 34] <- "" 
 
M[618, 31] <- "CANADA" 
M[618, 32] <- "CANADA" 
 
M[627, 32] <- "MULTI-COUNTRY" 
 
M[656, 31] <- "CHINA; BELGIUM; BRAZIL; USA" 
 
M[685, 31] <- "USA" 
M[685, 32] <- "USA" 
 
M[703, 31] <- "USA" 
M[703, 32] <- "USA" 
 
M[707, 31] <- "USA" 
M[707, 32] <- "USA" 
 
M[708, 34] <- "LATIN AMERICA" 
 
M[724, 31] <- "USA" 
M[724, 32] <- "USA" 
M[724, 34] <- "AMERICA" 
 
M[735, 31] <- "USA" 
M[735, 32] <- "USA" 
 
M[769, 34] <- "ASIA" 
 
M[781, 31] <- "SOUTH KOREA" 
M[781, 32] <- "SOUTH KOREA" 
M[781, 34] <- "ASIA" 
 
M[792, 32] <- "MULTI-COUNTRY" 
 
M[817, 31] <- "USA" 
M[817, 32] <- "USA" 
 
M[825, 31] <- "USA" 
M[825, 32] <- "USA" 
 
M[832, 31] <- "USA" 
M[832, 32] <- "USA" 
 
M[853, 32] <- "MULTI-COUNTRY" 
 
M[864, 31] <- "CHINA; GERMANY; SPAIN; USA" 
 
M[893, 31] <- "USA" 
M[893, 32] <- "USA" 
 
M[903, 31] <- "HONG KONG" 
M[903, 32] <- "HONG KONG" 
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M[906, 32] <- "MULTI-COUNTRY" 
M[906, 31] <- "RUSSIA; USA" 
 
M[913, 32] <- "MULTI-COUNTRY" 
 
M[915, 34] <- "" 
 
M[920, 31] <- "USA" 
M[920, 32] <- "USA" 
 
M[921, 31] <- "HONG KONG" 
M[921, 32] <- "HONG KONG" 
 
M[947, 32] <- "MULTI-COUNTRY" 
 
M[1010, 32] <- "MULTI-COUNTRY" 
 
M[1014, 32] <- "MULTI-COUNTRY" 
 
M[1019, 31] <- "USA" 
M[1019, 32] <- "USA" 
 
M[1028, 32] <- "MULTI-COUNTRY" 
M[1028, 31] <- "UNITED KINGDOM; USA" 
 
M[1047, 31] <- "USA" 
M[1047, 32] <- "USA" 
 
M[1102, 34] <- "" 
 
M[1110, 32] <- "MULTI-COUNTRY" 
 
M[1113, 34] <- "" 
 
M[1119, 32] <- "MULTI-COUNTRY" 
 
M[1148, 31] <- "USA" 
M[1148, 32] <- "USA" 
M[1148, 34] <- "AMERICA" 
 
M[1151, 34] <- "EUROPE" 
 
M[1154, 32] <- "MULTI-COUNTRY" 
 
M[1171, 34] <- "" 
 
M[1179, 31] <- "HONG KONG" 
M[1179, 32] <- "HONG KONG" 
 
 
## ----Author country additions & corrections--------------------------------------------
--------- 
M[687, 37] <- "FRANCE" 
M[728, 37] <- "FRANCE" 
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M[763, 37] <- "USA" 
M[879, 37] <- "DENMARK" 
M[984, 37] <- "UNITED KINGDOM" 
M[991, 37] <- "FRANCE" 
M[1201, 37] <- "CHINA" 
 
 
## ----Correct "wrong" RP author countries ----------------------------------------------
--------------- 
M <- M [] %>% 
  mutate( 
    RP_COUNTRY = 
      mgsub_dict(RP_COUNTRY, list( 
        "GEORGIA; USA" = "USA", 
        "UNITED KINGDOM; AUSTRALIA" = "AUSTRALIA", 
        "MEXICO; USA" = "USA", 
        "FRANCE; USA" = "USA", 
        "USA; CHINA" = "USA", 
        "USA; SINGAPORE; CHINA" = "USA", 
        "USA; SPAIN; BRAZIL" = "USA", 
        "CANADA; UNITED KINGDOM" = "UNITED KINGDOM", 
        "CHINA; FRANCE" = "CHINA", 
        "FRANCE; GERMANY" = "FRANCE", 
        "INDIA; SWEDEN; SWITZERLAND; FRANCE" = "INDIA", 
        "UNITED KINGDOM; CANADA" = "CANADA", 
        "UNITED KINGDOM; ITALY; SPAIN" = "UNITED KINGDOM", 
        "CANADA; USA" = "CANADA", 
        "CHINA; HONG KONG" = "HONG KONG", 
        "HONG KONG; CHINA" = "HONG KONG", 
        "SINGAPORE; HONG KONG; CHINA" = "SINGAPORE", 
        "MACAO; CHINA" = "MACAO" 
      )) 
  ) 
 
 
## ----Delete wrong articles----------------------------------------------------- 
M <- M[-c(45, 348, 423, 731),]  
 
#testen wegen hbrthemes! 
##hrbrthemes::import_roboto_condensed() 
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VII. Appendix D 

 
## -- 1.) Sample size ------  
Country_related <- data.frame("Category" = c("country_studies", 
"unrelated"), "n" = c(1205, 3495)) 
Country_related$Category <- factor(Country_related$Category, levels = 
rev(as.character(Country_related$Category))) 
 
Country_related <- Country_related %>% 
  mutate(pct = n/sum(n)) 
 
 
ggplot(Country_related, aes(x = 2, y = n , fill = Category)) + 
  geom_col(position = "stack", color = "white", width = 1, size = 4) + 
  coord_polar("y", start=0) + 
  geom_text(aes(label = paste0(format(round(n), nsmall = 0, big.mark = 
","))),  
            color = "white",  
            position = position_stack(vjust = 0.5),  
            size = 7) + 
  labs(x = NULL, y = NULL, fill = NULL, 
       title = "Sample size", 
       subtitle = "Share of country studies 2003 - 2017", 
       caption = "© RB & AS") + 
  scale_fill_manual(values = c("#92C5DE", "#2166AC")) + 
  theme_ipsum() + 
  theme(axis.line = element_blank(), 
        axis.text = element_blank(), 
        axis.ticks = element_blank(), 
        panel.grid = element_blank(), 
        plot.title = element_text(size = 23),  
        plot.subtitle = element_text(size = 18),  
        legend.position = c(.5, .05), legend.direction = "horizontal",  
        legend.title = element_blank(),  
        legend.spacing.x = unit(0.5, "cm"), 
        legend.text = element_text(size = 18)) 
 
 
 
 
# -- 2.) Journals stacked - share of country studies --------------- 
journals3 <- select(journals1, -pct) %>% 
  mutate(unrelated = c(843, 755, 716, 512, 545, 124)) %>% 
  rename(country_studies = n) %>% 
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  rbind(data.frame(JOURNAL = "JOURNAL OF INTERNATIONAL BUSINESS 
STUDIES", country_studies = 331, unrelated = 426)) %>% 
  gather(GROUP, n, 2:3) 
 
 
journals3 <- journals3 [] %>% 
  mutate( 
    JOURNAL = 
      mgsub_dict(JOURNAL, list( 
        "STRATEGIC MANAGEMENT JOURNAL" = "SMJ", 
        "JOURNAL OF MANAGEMENT" = "JoM", 
        "JOURNAL OF MANAGEMENT STUDIES" = "JoMS", 
        "ACADEMY OF MANAGEMENT JOURNAL" = "AMJ", 
        "ADMINISTRATIVE SCIENCE QUARTERLY" = "ASQ", 
        "ORGANIZATION SCIENCE" = "OS", 
        "JOURNAL OF INTERNATIONAL BUSINESS STUDIES" = "JIBS" 
      )) 
  ) 
 
 
# journal_ib <- data.frame("JOURNAL" = c("JOURNAL OF INTERNATIONAL 
BUSINESS", "JOURNAL OF INTERNATIONAL BUSINESS"), "GROUP" = 
c("country_studies", "unnrelated"), "n" = c(331, 426)) 
 
 
 
ggplot(journals3, aes(x = factor(JOURNAL,  
                                 level = c("ADMINISTRATIVE SCIENCE 
QUARTERLY", 
                                           "STRATEGIC MANAGEMENT 
JOURNAL",  
                                           "ACADEMY OF MANAGEMENT 
JOURNAL", 
                                           "ORGANIZATION SCIENCE", 
                                           "JOURNAL OF MANAGEMENT 
STUDIES", 
                                           "JOURNAL OF MANAGEMENT", 
"JOURNAL OF INTERNATIONAL BUSINESS STUDIES"  
                                 )), y = n, fill = GROUP)) + 
  geom_bar(position = position_fill(reverse = TRUE), stat = "identity") 
+ 
  labs(x="", y="", 
       title = "Journal structure", 
       subtitle = "Share of country-studies per journal 2003 - 2017, %", 
       caption = "© RB & AS") +  
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  scale_y_percent() + 
  scale_fill_manual(values = c("#2166AC", "#92C5DE")) + 
  coord_flip() + 
  theme_ipsum(grid = "Y") + 
  theme(plot.title = element_text(size = 23),  
        plot.subtitle = element_text(size = 16),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 12)) 
 
 
 
 
ggplot(journals3, aes(x = factor(JOURNAL,  
                                 level = c("JIBS", 
                                           "ASQ", 
                                           "SMJ",  
                                           "AMJ", 
                                           "OS", 
                                           "JoMS", 
                                           "JoM"  
                                 )), y = n, fill = GROUP)) + 
  geom_bar(position = position_fill(reverse = TRUE), stat = "identity") 
+ 
  labs(x="", y="", 
       title = "Journal structure", 
       subtitle = "Share of country-studies per journal 2003 - 2017, %", 
       caption = "© RB & AS") +  
  scale_y_percent() + 
  scale_fill_manual(values = c("#2166AC", "#92C5DE")) + 
  coord_flip() + 
  theme_ipsum(grid = "Y") + 
  theme(plot.title = element_text(size = 18),  
        plot.subtitle = element_text(size = 12),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 12)) 
 
 
## -- 3.) Annual production  ------ 
annualProduction1 <- annualProduction %>% 
  mutate(total = c(276, 256, 250, 244, 241, 221, 211, 310, 353, 341, 
362, 392, 393, 430, 420)) %>% 
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  rename(country_studies = n) 
 
annualProduction1$all<-as.factor(annualProduction$all) 
 
 
 
ggplot(annualProduction1, aes(YEAR)) +  
  geom_line(aes(y = country_studies, color = "country_studies"), size = 
1.5) +  
  geom_line(aes(y = total, color = "total"), size = 1.5) + 
  labs(x = NULL, y = NULL, 
       title = "Publications", 
       subtitle = "Annual number of publications 2003 - 2017", 
       caption = "© RB & AS") + 
  scale_x_discrete(limits = 2003:2017, breaks = seq(2003, 2017, 2)) + 
  scale_y_continuous(position = "right") + 
  theme_ipsum(grid = "Y") + 
  scale_color_manual(values = c("#2166AC", "#92C5DE")) + 
  theme(plot.title = element_text(size = 23),  
        plot.subtitle = element_text(size = 18),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        axis.text.y = element_text(size = 18, margin = margin(r = 10)), 
        axis.text.x = element_text(size = 18, margin = margin(t = 10)), 
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 18)) 
 
 
 
## -- 4.) Journals proportion - percentage - donut chart ------  
ggplot(journals1, aes(x = 2, y = pct, fill = JOURNAL)) + 
  geom_col(position = "stack", color = "white", width = 1, size = 1) + 
  coord_polar("y", start=0) + 
  geom_text(aes(label = paste0(format(round(pct*100, 0), nsmall = 0), 
"%")),  
            color = "black",  
            position = position_stack(vjust = 0.5)) + 
  xlim(0.5, 2.5) + 
  labs(x = NULL, y = NULL, fill = NULL, 
       title = "Sample structure", 
       subtitle = "Journal shares 2003 - 2017, %", 
       caption = "© RB & AS") + 
  guides(fill = guide_legend( reverse = TRUE)) + 
  scale_fill_brewer(palette = "RdBu") + 
  theme_ipsum() + 
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  theme(axis.line = element_blank(), 
        axis.text = element_blank(), 
        axis.ticks = element_blank(), 
        panel.grid = element_blank(), 
        plot.title = element_text(size = 18),  
        plot.subtitle = element_text(size = 12), 
        legend.text = element_text(size = 12)) 
 
 
 
 
## -- 5.) MC vs. SC --------------- 
found_countries_SCMC <- 
read.csv2("/Users/rene/Documents/R_Thesis/FCo_y.csv") 
 
 
ggplot(found_countries_SCMC, aes(x = YEAR, y = n, fill = COUNTRY)) + 
  geom_area(position = "stack") + 
  labs(x="", y="", 
       title = "Multi- & single-country studies", 
       subtitle = "2003 - 2017", 
       caption = "© RB & AS") +  
  scale_x_discrete(limits = 2003:2017, labels = 2003:2017, expand = 
c(0,0)) + 
  scale_y_continuous(breaks=c(seq(0,140,20)), limits = c(0, 140), expand 
= c(0,0), 
                     sec.axis = 
sec_axis(~(./sum(found_countries_SCMC$n))*100), position = "right") + 
  theme_ipsum(grid = "Y") + 
  scale_fill_economist() + 
  theme(plot.title = element_text(size = 18),  
        plot.subtitle = element_text(size = 12),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        axis.text.y = element_text(margin = margin(r = 10)), 
        axis.text.x = element_text(margin = margin(t = 10)), 
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 10)) 
 
 
 
ggplot(found_countries_SCMC, aes(x = YEAR, y = n, fill = COUNTRY)) + 
  geom_area(position = "stack") + 
  labs(x="", y="", 
       title = "Multi- & single-country studies", 
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       subtitle = "Annual number of MC & SC 2003 - 2017", 
       caption = "© RB & AS") +  
  scale_x_discrete(limits = 2003:2017, breaks = seq(2003, 2017, 2), 
expand = c(0,0)) + 
  scale_y_continuous(breaks=c(seq(0,140,20)), limits = c(0, 140), expand 
= c(0,0), position = "right") + 
  theme_ipsum(grid = "Y") + 
  scale_fill_economist() + 
  theme(plot.title = element_text(size = 18),  
        plot.subtitle = element_text(size = 12),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        axis.text.y = element_text(margin = margin(r = 10)), 
        axis.text.x = element_text(margin = margin(t = 10)), 
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 10)) 
 
 
## -- 6.) Authors per paper  ------ 
authors_r[, c(2:4)] <- sapply(authors_r[, c(2:4)], as.numeric) 
authors_r <- authors_r[-c(6),] 
authors_r <- authors_r %>% 
  rbind(data.frame(NR_OF_AU = "≤6", n = 6, AUTHORS_PCT = 0.50, 
AUTHORS_total = 39)) 
 
authors_r[is.na(authors_r)] <- "" 
 
ggplot(authors_r, aes(y = n, x = NR_OF_AU)) + 
  geom_col(fill = "#2166AC") + 
  geom_text(aes(label = paste0(AUTHORS_PCT, "%")),  position = 
position_dodge(width=0.9), vjust=-0.25,  
            size = 3.5)  + 
  labs(x = NULL, y = NULL, 
       title = "Number of authors per paper", 
       subtitle = "2003 - 2017, absolute & %", 
       caption = "© RB & AS") + 
  scale_y_continuous(sec.axis = sec_axis(~(./sum(authors_r$n))*100, 
"%")) + 
  scale_x_discrete(limits = 1:8, labels = 1:8) + 
  theme_ipsum(grid = "Y") 
 
scale_fill_manual(aes(values = c("rosybrown", "steelblue4", 
"darkorange3", "cadetblue3", "red4", "tan2", "red2", "red3"))) 
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## other version 
ggplot(M, aes(NR_OF_AU)) + 
  geom_bar(fill = "red4") + 
  labs(x = NULL, y = NULL, 
       title = "Number of Authors per paper", 
       subtitle = "2003 - 2017", 
       caption = "© RB & AS") + 
  geom_text(aes(label = paste0(format(round(pct*100, 2), nsmall = 2), 
"%")), position = position_stack(vjust = 0.5)) 
  scale_x_discrete(limits = 1:8, labels = 1:8)+ 
  scale_y_continuous(position = "right") + 
  theme_ipsum(grid = "Y") + 
  scale_color_economist() 
 
coord_flip()  
 
 
 
 
------------------------------------------------------------------------
-------------------------------------------- 
 
## -- 7.) Found countries - journals ---- 
found_countries <- found_countries %>%     
  arrange(n) %>% 
  mutate(COUNTRIES_MULTI = factor(COUNTRIES_MULTI, COUNTRIES_MULTI)) 
 
 
  ggplot(found_countries, aes(x = COUNTRIES_MULTI, y = n) ) + 
  geom_segment(aes(x = COUNTRIES_MULTI ,xend = COUNTRIES_MULTI, y=0, 
yend = n),  
               color = "grey") + 
  geom_point(size=3, color = "#2166AC") + 
  labs(x = NULL, y = NULL, 
       title = "Focal countries", 
       subtitle = "2003 - 2017", 
       caption = "© RB & AS") + 
  coord_flip() + 
  theme_ipsum() + 
  theme(panel.grid.minor.y = element_blank(), 
        panel.grid.major.y = element_blank(), 
        legend.position="none", 
        plot.title = element_text(size = 18),  
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        plot.subtitle = element_text(size = 12)) + 
  xlab("")   
 
 
 
## -- 8.) Top 10 focal countries  ------ 
found_single_top10 %>%  
  mutate(COUNTRIES_MULTI = fct_reorder(COUNTRIES_MULTI, n, .asc = TRUE)) 
%>%  
  ggplot(aes(COUNTRIES_MULTI, pct)) + 
  geom_col(fill = "#2166AC") + 
  scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
  labs(x="", y="", 
       title="Top 10 focal countries", 
       subtitle="2003 - 2017, %", 
       caption="© RB & AS") + 
  theme_ipsum(grid = "X") + 
  coord_flip() + 
  theme(panel.grid.minor.y = element_blank(), 
        panel.grid.major.y = element_blank(), 
        legend.position="none", 
        plot.title = element_text(size = 23),  
        plot.subtitle = element_text(size = 16)) + 
  xlab("")  
 
 
 
## -- 9.) Top 3 focal countries - 5 year intervals ------ 
   
five_years <- read.csv2("/Users/rene/Documents/R_Thesis/3x5_years.csv") 
   
ggplot(five_years, aes(x = YEARS, y = n, fill = factor(COUNTRY, 
levels=c("USA", "CHINA", "UK" , "OTHER")))) + 
    geom_bar(position = position_fill(reverse = TRUE), stat = 
"identity") + 
    labs(x="", y="", 
         title = "Top 3 focal countries", 
         subtitle = "5 year intervals, %", 
         caption = "R.B.") +  
    scale_y_percent() + 
    scale_fill_manual(values = c("#2166AC", "#4393C3", "#92C5DE", 
"#D1E5F0")) + 
    theme_ipsum() + 
    theme(plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16),  
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          legend.position = "bottom",  
          legend.title = element_blank(),  
          legend.spacing.x = unit(0.3, "cm"), 
          legend.text = element_text(size = 10)) + 
  coord_flip() 
 
   
 
ggplot(five_years, aes(x = fct_reorder(COUNTRY, n, .desc = TRUE), y = n, 
fill = COUNTRY)) + 
  geom_col() + 
  labs(x="", y="", 
       title = "Top 3 focal countries", 
       subtitle = "5 year intervals, %", 
       caption = "R.B.") +  
  scale_fill_manual(values = c("#92C5DE", "#4393C3", "#D1E5F0", 
"#2166AC")) + 
  theme_ipsum(grid = "Y") + 
  theme(plot.title = element_text(size = 23),  
        plot.subtitle = element_text(size = 16),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 10)) + 
  facet_grid(YEARS ~ .) 
 
 
 
ggplot(five_years, aes(x = factor(COUNTRY, levels=c("USA", "CHINA", "UK" 
, "OTHER")), y = n, fill = COUNTRY)) + 
  geom_col() + 
  labs(x="", y="", 
       title = "Top 3 focal countries", 
       subtitle = "5 year intervals, %", 
       caption = "R.B.") +  
  geom_text(aes(label = paste0(format(round(pct*100, 0), nsmall = 0), 
"%")),  position = position_dodge(width=0.9), vjust=-0.25,  
            size = 3.5)  + 
  scale_fill_manual(values = c("#92C5DE", "#4393C3", "#D1E5F0", 
"#2166AC")) + 
  theme_ipsum(grid = "Y") + 
  theme(plot.title = element_text(size = 18),  
        plot.subtitle = element_text(size = 12),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
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        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 10)) + 
  facet_grid(YEARS ~ .) 
 
 
ggplot(five_years, aes(x = YEARS, y = n, fill = COUNTRY)) + 
  geom_col() + 
  labs(x="", y="", 
       title = "Top 3 focal countries", 
       subtitle = "5 year intervals, %", 
       caption = "R.B.") +  
  scale_fill_manual(values = c("#92C5DE", "#4393C3", "#D1E5F0", 
"#2166AC")) + 
  theme_ipsum(grid = "Y") + 
  theme(plot.title = element_text(size = 23),  
        plot.subtitle = element_text(size = 16),  
        legend.position = "bottom",  
        legend.title = element_blank(),  
        legend.spacing.x = unit(0.3, "cm"), 
        legend.text = element_text(size = 10))  
  facet_grid(YEARS ~ .) 
   
   
   
  ## -- ....) Top 10 author countries  ------ 
  mostProd_countries_top10 %>%  
    mutate(RP_COUNTRY = fct_reorder(RP_COUNTRY, n, .asc = TRUE)) %>%  
    ggplot(aes(RP_COUNTRY, pct)) + 
    geom_col(fill = "#2166AC") + 
    scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
    labs(x="", y="", 
         title="Top 10 author countries", 
         subtitle="2003 - 2017, %", 
         caption="© RB & AS") + 
    theme_ipsum(grid = "X") + 
    coord_flip() + 
    theme(panel.grid.minor.y = element_blank(), 
          panel.grid.major.y = element_blank(), 
          legend.position="none", 
          plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16)) + 
    xlab("")  
   
------------------------------------------------------------------------
---   
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  ## -- ....) Top 10 US author focal countries  ------ 
  USA_found_countries_top10 %>%  
    mutate(COUNTRIES = fct_reorder(COUNTRIES, n, .asc = TRUE)) %>%  
    ggplot(aes(COUNTRIES, pct)) + 
    geom_col(fill = "#2166AC") + 
    scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
    labs(x="", y="", 
         title="Top 10 focal countries by US authors", 
         subtitle="2003 - 2017, %", 
         caption="© RB & AS") + 
    theme_ipsum(grid = "X") + 
    coord_flip() + 
    theme(panel.grid.minor.y = element_blank(), 
          panel.grid.major.y = element_blank(), 
          legend.position="none", 
          plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16)) + 
    xlab("")  
   
   
   
  ## -- ....) Top 10 UK author focal countries  ------ 
  UK_found_countries_top10 %>%  
    mutate(COUNTRIES = fct_reorder(COUNTRIES, n, .asc = TRUE)) %>%  
    ggplot(aes(COUNTRIES, pct)) + 
    geom_col(fill = "#2166AC") + 
    scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
    labs(x="", y="", 
         title="Top 10 focal countries by UK authors", 
         subtitle="2003 - 2017, %", 
         caption="© RB & AS") + 
    theme_ipsum(grid = "X") + 
    coord_flip() + 
    theme(panel.grid.minor.y = element_blank(), 
          panel.grid.major.y = element_blank(), 
          legend.position="none", 
          plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16)) + 
    xlab("") 
   
   
  ## -- ....) Top 10 Canadian author focal countries  ------ 
  Canada_found_countries_top10 %>%  
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    mutate(COUNTRIES = fct_reorder(COUNTRIES, n, .asc = TRUE)) %>%  
    ggplot(aes(COUNTRIES, pct)) + 
    geom_col(fill = "#2166AC") + 
    scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
    labs(x="", y="", 
         title="Top 10 focal countries by Canadian authors", 
         subtitle="2003 - 2017, %", 
         caption="© RB & AS") + 
    theme_ipsum(grid = "X") + 
    coord_flip() + 
    theme(panel.grid.minor.y = element_blank(), 
          panel.grid.major.y = element_blank(), 
          legend.position="none", 
          plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16)) + 
    xlab("") 
   
   
  ## -- ....) Top 10 HONG KONG author focal countries  ------ 
  HK_found_countries_top10 %>%  
    mutate(COUNTRIES = fct_reorder(COUNTRIES, n, .asc = TRUE)) %>%  
    ggplot(aes(COUNTRIES, pct)) + 
    geom_col(fill = "#2166AC") + 
    scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
    labs(x="", y="", 
         title="Top 10 focal countries by Hong Kongese authors", 
         subtitle="2003 - 2017, %", 
         caption="© RB & AS") + 
    theme_ipsum(grid = "X") + 
    coord_flip() + 
    theme(panel.grid.minor.y = element_blank(), 
          panel.grid.major.y = element_blank(), 
          legend.position="none", 
          plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16)) + 
    xlab("")  
   
   
   
  ## -- ....) Top 10 Rest of the world (not USA) author focal countries  
------ 
  Rest_found_countries_top10 %>%  
    mutate(COUNTRIES = fct_reorder(COUNTRIES, n, .asc = TRUE)) %>%  
    ggplot(aes(COUNTRIES, pct)) + 
    geom_col(fill = "#2166AC") + 
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    scale_y_percent(labels = scales::percent_format(accuracy = 1)) + 
    labs(x="", y="", 
         title="Top 10 focal countries by non-US authors", 
         subtitle="2003 - 2017, %", 
         caption="© RB & AS") + 
    theme_ipsum(grid = "X") + 
    coord_flip() + 
    theme(panel.grid.minor.y = element_blank(), 
          panel.grid.major.y = element_blank(), 
          legend.position="none", 
          plot.title = element_text(size = 23),  
          plot.subtitle = element_text(size = 16)) + 
    xlab("") 
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VIII. Appendix E 

1 USA 206 55% 1 USA 130 54% 1 UK 58 28% 1 USA 100 49% 1 USA 47 51% 1 USA 54 64%
2 Canada 20 5% 2 UK 18 8% 2 USA 37 18% 2 France 17 8% 2 Hong Kong 8 9% 2 Canada 7 8%
3 Singapore 20 5% 3 Canada 14 6% 3 Canada 14 7% 3 Hong Kong 13 6% 3 Netherlands 6 7% 3 UK 6 7%
4 Hong Kong 19 5% 4 France 12 5% 4 Netherlands 13 6% 4 UK 12 6% 4 UK 6 7% 4 France 5 6%
5 France 14 4% 5 Singapore 12 5% 5 Hong Kong 11 5% 5 Canada 10 5% 5 China 4 4% 5 Singapore 3 4%
6 Spain 14 4% 6 Hong Kong 9 4% 6 China 9 4% 6 China 7 3% 6 Canada 3 3% 6 Denmark 2 2%
7 UK 14 4% 7 Italy 5 2% 7 Australia 6 3% 7 Australia 6 3% 7 Singapore 3 3% 7 Hong Kong 2 2%
8 Italy 11 3% 8 China 4 2% 8 Denmark 6 3% 8 Netherlands 6 3% 8 Australia 2 2% 8 Netherlands 2 2%
9 Germany 10 3% 9 Netherlands 4 2% 9 Finland 5 2% 9 Germany 5 2% 9 South Korea 2 2% 9 Spain 2 2%
10 Switzerland 7 2% 10 South Korea 4 2% 10 Germany 5 2% 10 Singapore 5 2% 10 Belgium 1 1% 10 Australia 1 1%
11 Australia 6 11 Sweden 4 11 Norway 5 11 Belgium 4 11 Denmark 1 11 Austria 1
12 Belgium 4 12 Australia 3 12 New Zealand 4 12 Spain 4 12 France 1
13 China 4 13 Denmark 3 13 Spain 4 13 Italy 3 13 Germany 1
14 South Korea 4 14 Finland 3 14 Switzerland 4 14 Taiwan 3 14 Greece 1
15 Denmark 3 15 Belgium 2 15 Belgium 3 15 Denmark 2 15 Israel 1
16 India 3 16 Germany 2 16 Brazil 3 16 South Korea 2 16 Mexico 1
17 Austria 2 17 Israel 2 17 France 3 17 Austria 1 17 Spain 1
18 Israel 2 18 Portugal 2 18 Italy 3 18 Brazil 1 18 Sweden 1
19 Argentina 1 19 Switzerland 2 19 Greece 2 19 Israel 1 19 Taiwan 1
20 Chile 1 20 India 1 20 Israel 2 20 Japan 1 20 Turkey 1
21 Japan 1 21 Peru 1 21 Japan 2 21 Macao 1
22 Mexico 1 22 Spain 1 22 Singapore 2 22 Sweden 1
23 Netherlands 1 23 Taiwan 1 23 Turkey 2 23 UAE 1
24 New Zealand 1 24 UAE 1 24 India 1
25 Nigeria 1 25 Macao 1
26 Norway 1 26 Portugal 1
27 Portugal 1 27 South Korea 1
28 Russia 1 28 Taiwan 1
29 UAE 1

Total 374 240 208 206 92 85

ASQSMJ OS JoMS AMJ JoM
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