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Abstract  

 

 Today, YouTube influencer marketing poses many lucrative opportunities for 

companies, both in the form of increased brand awareness as well as being able to tap into 

a platform with millions of potential new customers. However, due to the novelty of social 

media influencer marketing, no guidelines for best practice have been established, and 

many companies waste large amounts of advertising budget on endorsements with a 

questionable outcome. Empirical cases suggest that the subscriber growth of social media 

influencer endorsers (SMIEs) takes a hit when they become overly commercialised, which 

negatively impacts the endorsement effectiveness. 

 

However, the field of endorsement theory is ill-equipped to explain this phenomenon. 

Therefore, the purpose of this thesis has been to identify the shortcomings of the existing 

endorsement theory and build on it by means of social capital theory, in order to understand 

the endorsement effectiveness of SMIEs on YouTube. More specifically the research 

question guiding this thesis has been: “How can the interrelation between company social 

capital (CSC) and subscriber social capital (SSC) aid in the field of endorsement theory, in 

explaining endorsement effectiveness of beauty and lifestyle SMIEs on YouTube?”  

In order to answer this question, a thorough literature review of endorsement theory 

and social capital theory was conducted, based on which the SMIEE model (social media 

influencer endorser effectiveness model) was developed. The model seeks to account for 

how the interplay between the SMIE’s CSC and SSC can explain endorsement effectiveness 

throughout the SMIE’s lifecycle. More specifically, it claims that the SMIE’s third life cycle 

stage is characterised by a negative correlation between CSC and SSC, as the SMIE’s 

increasing number of commercial relations have a negative impact on the subscriber growth, 

which in turn impacts the endorsement effectiveness negatively. Moreover, the model claims 

that the SMIE’s first, second and fourth lifecycle stages are characterised by a positive 

correlation between CSC and SSC, as the interplay between the two variables generate 

SSC growth, which impacts endorsement effectiveness positively. According to the model, 

the second lifecycle phase is particularly promising for effective endorsements.  
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To test the SMIEE model, data from 80 different SMIEs, regarding SSC and CSC, 

was collected and statistically analysed. While the assumed negative and positive 

correlations were not statistically proven, a scatterplot of the data indicated that such 

interrelations do in fact exist. In addition, it showed different clusters of SMIEs with different 

endorsement characteristics, which were analysed, named and accounted for. These 

clusters are: “Shapeshifters”, “The Uninvested”, “First Movers”, “Ones To Watch”, “Money 

Makers” and “Sell-outs”. Among the clusters it was found that the “Sell-outs” cluster 

corresponds with the third critical lifecycle stage of the SMIEE model, that the “Money 

Makers” cluster corresponds with the second, most prosperous life cycle stage of the SMIEE 

model, that the “Ones To Watch” cluster corresponds to the first and fourth lifecycle stages 

of the SMIEE model, while the remaining clusters cannot be explained by the model.  

In conclusion, we found that social capital theory can aid in explaining endorsement 

effectiveness, as it comprehends the facets of the network ties surrounding the SMIE, as 

well as the interplay between these network ties, which affects endorsement effectiveness. 

Moreover, the findings based on the development and testing of the SMIEE model can 

potentially guide best endorsement practice, as it identifies the most effective cluster of 

SMIEs, i.e. “Money Makers”, and the most risky cluster of SMIEs, i.e. “Sell-outs”. 
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1. Introduction  

 

In order for companies to be competitive today, it has become crucial for marketing 

managers to understand the vast potential of product endorsements on YouTube (Brown & 

Hayes, 2005). However, due to the novelty of the phenomenon, there is not yet much 

theoretical evidence indicating when and which endorsers are most efficient. Therefore, this 

thesis aims to investigate endorsement effectiveness on YouTube, more specifically within 

the beauty and lifestyle segment. Furthermore, it proposes and tests the SMIEE model (the 

Social Media Influencer Endorsement Effectiveness model), which could potentially become 

an aid in guiding best practice. 

 

1.1 Problem and motivation 
 

Since YouTube first saw the light of day in 2005, it has experienced a shift from being 

purely a video sharing platform, to developing into a social network site where viewers are 

able to follow and interact with so-called “content creators” (Lange, 2007). Content creators 

typically have themed channels where they upload videos pertaining to their life, interests, 

hobbies and much more. In recent years many content creators have started to reach levels 

of celebrity-like status, as their followings have grown exponentially. Consequently, 

companies have started to see YouTube as a lucrative marketing platform, where their 

products and services can gain exposure by means of endorsements and sponsorships 

(Wu, 2016). Furthermore, the fact that Nike spent $9.4bn on endorsements in 2016, 

highlights just how much companies are willing to invest in it (Griffin, 2016). With over 1 

billion people in the world currently using the platform, YouTube arguably poses a great 

opportunity for companies to reach a relevant audience across almost any genre (Wu, 

2016). 

 

Furthermore, the personable aspect of YouTube videos, and the relationship between 

content creator and viewer, tends to make the endorsement seem more genuine and 

trustworthy (Wu, 2016). This can be attributed to the fact that viewers typically do not feel 

like they are watching a traditional advertisement, but are rather listening to a 
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recommendation from a trusted friend (ibid.). However, endorsements and sponsorships on 

YouTube are not always successful for the companies. For example, some tend to use a 

scattergun approach when selecting YouTube channels to endorse/feature their product, 

rather than carefully selecting relevant channels. As a consequence, this can have adverse 

effects on the perception of the content creator, product or company (Moltrup Weber, 2017). 

Several examples of this exist with well-known content creators, such as Tanya Burr and 

Fleur De Force, who are both recognised beauty and lifestyle SMIEs on YouTube. In 2017, 

Tanya Burr advertised products from the mid-range brand, Rituals. This sparked a 

discussion among her subscribers, as she typically consumes and represents high-end 

brands. It therefore resulted in her personal brand and credibility taking a hit, as her 

subscribers claimed that she had become overly commercialised (Getting My US Visa For 

Acting Jobs | Tanya Burr, 2017). In Fleur De Force’s case, she advertised the fabric softener 

brand, Lenor, in one of her online video blogs (vlogs) in 2018. This resulted in a perceived 

mismatch with her usual content, as she had never previously featured cleaning supplies on 

her channel (Mum’s Day Out! | Fleur De Vlog (Ad), 2018). 

When taking these incidents into account, it would appear that there sometimes occurs a 

clash between the expectations of the content creator’s viewers, and their own commercial 

motivations. This gives ground to investigate how their commercial connections more 

specifically influence their subscriber relations, and thus affect endorsement effectiveness. 

 

In its current state, celebrity endorsement theory is not quite sufficient to account for 

the issue at hand. While it seeks to explain endorsement effectiveness with aspects such as 

the persuasive effects of the celebrity endorser and fit between brand and celebrity 

endorser, it does not take into account the networks surrounding the content creator, also 

known as the social media influencer endorser (SMIE) (Bergkvist & Zhou, 2016; Till & Busler, 

2000; Amos, Holmes & Strutton, 2008; Zahaf & Anderson, 2008; White, Goddard & Wilbur, 

2009; Silvera and Austad, 2013; Ohanian, 1990; Kamins & Gupta, 1994). More specifically, 

we suggest that the SMIEs’ relationships with the companies and their viewers need to be 

taken into account, as they can potentially help to explain when the SMIEs are most effective 

endorsers. 

Due to its focus on resources embedded in network ties, we suggest that social 

capital theory can help to fill out the perceived gap in endorsement literature. More 
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specifically, social capital can help to explain the benefits and opportunities related to the 

SMIEs’ relations with the subscribers on one hand, and the companies on the other, as well 

as the potential interdependence between these relations. By means of social capital theory, 

the benefits can be conceptualised and measured as social capital specific to the 

subscribers and to the companies, namely subscriber social capital (SSC) and company 

social capital (CSC) (Adler &  Kwon, 2002; Portes,1998; Ellison et al. 2007).  

 

The purpose of this thesis is therefore to contribute to the existing literature on 

endorsement theory, by adding a new layer of analysis with the help of social capital theory. 

Ultimately, the outcome will also serve as a tool for marketing managers, to help them 

navigate the complexities of the SMIEs and their networks on YouTube. The goal is therefore 

to aid them in assessing the effectiveness of endorsement situations on YouTube, and 

thereby selecting suitable SMIEs to collaborate with. 

 

1.2 Problem formulation 
 

As mentioned previously, in this thesis we aim to gain a better understanding of both 

the apparent gap in endorsement theory, as well as the field of social capital. We propose 

that this will uncover how the interplay between CSC and SSC can contribute to 

endorsement theory, by explaining endorsement effectiveness on YouTube. The research 

question that guides this thesis is therefore: 

 

How can the interrelation between CSC and SSC aid in the field of endorsement theory, in 

explaining endorsement effectiveness of beauty and lifestyle social media influencer 

endorsers (SMIEs) on YouTube? 

 

First of all, to answer this question, and to uncover the specifics of the proposed gap, 

a thorough literature review in the field of endorsement theory will be conducted. Following 

this, a thorough literature review in the field of social capital will be conducted, with the 

purpose of fully understanding all dimensions of the concept and the interplay between SSC 

and CSC. Subsequently, based on these reviews we will develop a novel model, with the 

purpose of explaining the social media influencer endorsement effectiveness on YouTube. 
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We name this model the SMIEE model (Social Media Influencer Endorser Effectiveness 

model). Finally, to test the legitimacy of the model and answer how the interrelation between 

CSC and SSC can explain and enrich endorsement theory, data from 80 SMIEs will be 

collected and analysed.  

 

1.3 Delimitation 
 

As YouTube is a platform where a broad array of genres and categories exist, we 

have made the decision to limit the scope of this study to beauty and lifestyle content 

creators. In this popular category videos often contain featured products, ad links and 

endorsements, and therefore makes it very relevant to analyse and investigate for this study 

("Popular Lifestyle & Beauty videos - YouTube", 2018) 

Furthermore, due to the dynamic nature of YouTube as a social network site, we 

decided to narrow down the time frame from which we selected videos for analysis. The 

chosen time frame was one year, 2017. This year was selected to ensure consistency across 

all SMIEs channels and video types, as well as to attempt to choose a contemporary time 

period where endorsements and sponsorships are increasingly popular to engage in. 

 

Finally, YouTube’s own ads in videos will not be taken into account in this study. This 

is mainly due to the fact that the companies are not able to select specific SMIEs they want 

to endorse, but rather they select a target audience based on key words, demographics etc. 

(Andrus, 2018). For the same reasons, the SMIE is therefore not able to select or limit certain 

products or companies from advertising during their videos. Furthermore, the YouTube ads 

resemble more traditional advertisements, which render them irrelevant to this study. 

 

1.4 Structure 
 

The subsequent structure of this thesis will be as following: 
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 Case description. In this section, YouTube will be presented in terms of 

organizational background, platform function, compensation program and beauty and 

lifestyle conventions.  

 

Literature review. Firstly, we will review the existing literature on celebrity 

endorsement theory and identify the perceived gap in the literature. Secondly, we will review 

the literature on social capital, and highlight how this can help to enrich endorsement theory 

by filling in the aforementioned gap. Lastly, we will introduce and elaborate on the SMIEE-

model we have developed based on the literature. 

 

Methodology. In this section we will introduce the means by which we aim to answer 

our research question. This includes the scientific approach that permeates our assumptions 

about the research problem at hand, the method applied when collecting data and 

conducting the literature review, and finally how the data is analysed. 

 

Results and analysis. In this section we will present the results gathered from the 

collected data, and use them to test the applicability of the SMIEE-model. 

 

Discussion, implications, limitations. In this section we will discuss the findings 

from the analysis, and consider them in the context of the existing literature. We will 

introduce the implications of the contribution to the existing literature on endorsement theory, 

as well as highlight the importance of the contribution from a managerial perspective, and 

give advice on how to approach endorsement situations on YouTube. We will also discuss 

limitations and future perspectives. 

 

Conclusion. Finally, we will present a summary of the research problem at hand, as 

well as the key takeaways from the analysis and discussion. 
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2. Case description 

 
In order to fully grasp the construct of SMIEs, it is important to understand the social 

media platform on which they operate as it defines the types of relationships they can have 

with their subscribers. Therefore, in the following section YouTube will be presented in terms 

of organizational background, platform function, compensation program and beauty and 

lifestyle conventions.  

 

2.1 The foundation of YouTube LLC 
 

 Youtube LLC was founded in 2005 in San Bruno, California by the three former 

PayPal employees Chad Hurley, Steven Chen and Jawed Karim. Originally, the company 

was created to allow people to share their personal videos with family, friends and the world 

as a whole. However, YouTube very quickly turned into a vast collection of both professional 

and amateur videos, and in 2016 it even launched the subscription-based video service 

YouTube Red (Dinger, 2018). Today, YouTube is a subsidiary wholly owned by Google Inc, 

and can pride itself by being the internet’s biggest video-sharing platform (ibid.) In fact, more 

than 30m people are active on the platform every day, and throughout its history more than 

5bn videos have been posted by more than 50m different users (YouTube by the numbers, 

2019). 

 

According to YouTube, the organization’s main mission is to give everyone a voice 

and show them the world. This mission is based on four core values, namely: the freedom 

of  expression, which means that people should be able to speak freely, share opinions, and  

foster open dialogue; the freedom of information, which means that everyone should have 

easy, open access to information; the freedom of opportunity, which refers to that everyone 

should have a chance to be discovered, build a business and succeed on their own terms; 

and finally the freedom of belonging, meaning that everyone should be able to find 

communities of support, break down barriers, transcend borders and come together around 

shared interests and passions (About YouTube , 2019). 
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2.2 The platform function of YouTube 
 

On YouTube, anyone with a Google account can post videos from their own personal 

channels. Each video needs a caption and a thumbnail, which act like billboards helping 

viewers to decide which video to watch. The owner of the channel may choose the level of 

privacy and can hence share his/her content with the entire world, family and friends or even 

keep it private (Creator Academy, 2019). In return, viewers can choose to subscribe, ask to 

get notified when new videos are posted on the channel, indicate that they like or dislike the 

video, share or save it, or comment on it in the comment section below the video (ibid.).  

Each user on YouTube has a homepage where they receive recommendations, a 

trending page where they can find new trends, a subscription page where they can find the 

latest published videos on the channels they have subscribed to, an inbox, a library for saved 

content, an upload function and a search function which allows viewers to search for topics 

across multiple channels. Since this function makes it possible to locate published content, 

independently of when and where it was published, YouTube can be characterised as an 

evergreen platform (ibid.). Since YouTube has implemented a unique recommendation 

algorithm, viewers receive personally targeted video recommendations, based on their 

previous actions and search history (ibid.). Finally, YouTube also offers several different 

apps such as: YouTube TV, YouTube Gaming, YouTube Music, YouTube Kids, Creator 

Academy, YouTube for Artists and the YouTube chat which allows their users to connect 

with one another (ibid). 

 

2.3 YouTube’s compensation program  
 

Apart from making money by working directly with brands on sponsorships and 

endorsements, it is possible for SMIEs to earn money from YouTube by turning on account 

monetisation (Rosenberg, 2018). This enables Google ads to play during their videos, and 

thus earns the SMIE a certain compensation. The compensation is typically calculated per 

thousand views, with the cost per thousand (CPM) being roughly $7.60 in 2013 (ibid.). The 

CPM however differs depending on the video content, as some topics may be less attractive 

for advertisers to take part in. In regards to the revenue split, Google keeps 45%, while the 

SMIE keeps 55%. Furthermore, the SMIE must create an AdSense account to be able to 
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receive their compensation from Google. They are compensated based on each video’s 

monthly revenue, and receive the payment by Google when this revenue exceeds $100. 

 

Although it can be risky for SMIEs to count on Google for earning money due to 

potential changes in search algorithms that can affect video views, there are also massive 

opportunities. As YouTube is the second largest search engine in the world, and Google 

displays YouTube searches as well, there is a great opportunity to reach a large audience 

and thus earn large amounts in compensation (Rosenberg, 2018). 

However, while the compensation program is a good way to earn money if you bring 

in a lot of views on your videos, it is arguably not the main way most SMIEs make money. 

Also, it is often not the most lucrative option, as they must share such a high percentage of 

the revenue. Endorsements and sponsorships often bring in a substantially higher revenue, 

and are therefore the main way for SMIEs to earn money on YouTube (Johansson, 2016). 
 

2.4 Beauty and lifestyle SMIEs 
 

While there are many ways to use YouTube, SMIEs generally tend to comply with 

some specific conventions, such as following an announced posting pattern. These patterns 

vary from SMIE to SMIE. Some post videos on a daily basis, while others only post videos 

once or twice a week (Develop a beauty channel, 2019). This is also the case within the 

beauty and lifestyle segment on YouTube. Moreover, within this segment there are also 

several other genre-specific trends. For example, many beauty and lifestyle SMIEs post 

recurrent content such as “Monthly Favourites” where they share their favourite products of 

the month or “PO-box opening videos” where they present the products they have received 

from different companies. “Vlogmas” is also a well-known phenomenon within the segment, 

where SMIEs vlog their December days up until Christmas, meaning that they video blog 

personal moments from their everyday life (ibid.). Image 1 below represents a typical 

thumbnail for a PO box opening video. 
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Image 1. (YouTube, 2018) 

 

Moreover, it is also typical for the beauty and lifestyle SMIEs to engage with their 

subscribers. As an example, many of them livestream videos answering questions from their 

subscribers in real time. Also, many of them offer giveaways or ask their subscribers for 

recommendations (ibid.). It is also common for this segment to place affiliate links to the 

products they recommend in their videos in the description box, advertise own product lines 

and directly include advertisement material in their videos (ibid.). While many beauty and 

lifestyle SMIEs comply with these genre specific tendencies, their content also varies 

significantly dependent on the SMIEs’ individual interests. For example, some SMIEs focus 

on health and fitness while others are interested in topics such as cooking, raising children, 

veganism or true crime stories (ibid). 
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3. Literature review 

 

In this chapter, we will review the existing literature on endorsement effectiveness and social 

capital theory. Based on this, we will present the SMIEE model. 

 

3.1 Endorsement effectiveness 
 

3.1.1 Celebrity endorsement 

 

The following section will provide an overview of some of the most prominent 

literature on celebrity endorsement, as well as the belief systems that exist in regard to what 

leads to effective celebrity endorsement. Furthermore, the perceived gap, which fails to 

describe when SMIEs are effective endorsers, will be accounted for. 

 

Traditionally, literature about endorsement has focused mainly on celebrity 

endorsements (Bergkvist & Zhou, 2016). This can be attributed to the popularity of using 

celebrities in ads, as well as the perceived benefits of doing so. According to Silvera & 

Austad (2004), roughly 25% of ads in the US utilise celebrities, and they are thought to 

improve advertisement ratings and product evaluations. Some scholars have theorized that 

the reason it works so well, is because people believe that celebrities are genuinely 

motivated by the liking of the product they are endorsing (Atkin & Block, 1983), and that 

celebrities overall are perceived as likable, trustworthy, persuasive and believable (Freiden, 

1984; Till & Busler, 2000). Finally, Friedman & Friedman (1979) argue that celebrities are 

more effective endorsers than the average person. 

However, some marketing scholars suggest that it can be a risky choice for brands 

to use celebrities as endorsers, due to the phenomenon called “the vampire effect” (Erfgen 

et al, 2015). This effect proposes that some celebrities can overshadow the brand and hinder 

brand-recall. Erfgen et al (2015) found that one way for brands to mitigate this effect, is to 

ensure congruence/fit between the brand and the celebrity, and also create a strong 

cognitive link between the two. 
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The definition of a celebrity endorser, or what celebrity endorsements are, has so far 

only been addressed by McCracken (1989), and redefined by Bergkvist & Zhou (2016). 

McCracken defines a celebrity endorser as “‘any individual who enjoys public recognition 

and who uses this recognition on behalf of a consumer good by appearing with it in an 

advertisement.” (McCracken (1989:310). Bergkvist and Zhou (2016) argue that this 

definition is rather dated by today’s standards, as celebrities these days promote products 

in social media and other channels, rather than just appearing in ads. Furthermore, the 

celebrities usually give the brand permission to use their name and/or appearance in a 

certain way. They therefore propose the following, updated definition: “a celebrity 

endorsement is an agreement between an individual who enjoys public recognition (a 

celebrity) and an entity (e.g., a brand) to use the celebrity for the purpose of promoting the 

entity.” (Bergkvist & Zhou, 2016:644). We agree with this definition, as it takes into account 

the new form of celebrity endorsements that we will later argue is becoming more prevalent 

than traditional celebrity endorsements. The field has accumulated a large body of research 

over the years, with more than half of all journal studies published after 2008, indicating that 

the topic is still growing (Bergkvist & Zhou, 2016). However, the existing literature reveals a 

lot of conflicting results and anomalies, which suggests that there still exist gaps in the 

research (Zahaf and Anderson, 2008). 

 

In their review of the literature, Bergkvist & Zhou (2016) were able to identify six 

distinctly different areas of research within celebrity endorsement theory: 1) celebrity 

prevalence, 2) campaign management, 3) financial effects, 4) celebrity persuasion, 5) non-

evaluative meaning transfer and finally 6) brand-to-celebrity transfer.  

 

3.1.1.1 Celebrity prevalence 

 

Within celebrity prevalence, studies have investigated the frequency and spread of 

celebrity endorsements, as well as which media channels and products are most frequently 

and successfully utilised for these (Bergkvist & Zhou, 2016). However, an issue with these 

studies are that they are mainly descriptive in nature, and do not take into account the 

mechanisms that lead to celebrity endorsement prevalence (ibid.). Also, for the same reason 
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they do not account for what leads to effective endorsement, which makes them irrelevant 

to include in this study. 

 

3.1.1.2 Campaign management 

 

This research area refers to the celebrity selection process, and research in this field 

has mainly focused on the process behind selection or how it should ideally be executed. 

For example, studies by Erdogan & Baker (2000) and Erdogan & Drollinger (2008) revealed 

a seven-step model of celebrity selection: 1) account meeting, 2) creative brief, 3) creative 

proposal, 4) research, 5) initial contact, 6) campaign proposal and 7) final negotiations. 

However, this model is based on the actual process used in the surveyed UK advertising 

agencies, and the research does not provide any convincing evidence for why this is the 

optimal approach (Bergkvist & Zhou, 2016).   

Furthermore, Erdogan, Baker & Tagg (2001) investigated which factors advertising 

agencies in the UK find the most important when it comes to selecting celebrity endorsers. 

They found that celebrity-target audience match, celebrity-product/brand match and overall 

image of celebrity were the top picks. Out of the three, only one of the factors, celebrity-

target audience match, has been studied, by scholars Choi & Rifon (2012). Overall, 

campaign management and celebrity selection seem to be an under researched area, which 

we argue we will be able to amend with our model. Although it will not pinpoint exactly which 

type of endorser advertising agencies/managers should select, it should help them to identify 

the appropriate stages where the endorsement will be most effective. 

 

3.1.1.3 Financial effects 

 

When it comes to the research area of financial effects, the two main types of studies 

account for celebrity endorsements’ effect on sales and on share prices (Bergkvist & Zhou, 

2016). Studies by Elberse & Verleun (2012) and Chung, Derdenger & Srinivasan (2013) 

investigated whether achievements by the celebrity (for example winning a tournament) 

affected sales of the endorsed products. However, while one found that there was an effect, 

the other found no noteworthy short-term effect. The same goes for the effect on share 

prices, where the results were mixed. Some of the studies found that announcement of a 
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celebrity endorsement had significant effect on share prices (Agrawal & Kamakura, 1995; 

Elberse & Verleun, 2012; Farrell et al, 2000), while others have found no effect or only an 

effect when it comes to golf players (Ding, Molchanov & Stork, 2010; Fizel, McNeil, and 

Smaby, 2008). Finally, some studies have looked into whether negative events can affect 

share prices. A study by Louie, Kulik & Jacobson (2001) found that it only affects share 

prices negatively if the celebrity is perceived as the one who is to blame for the negative 

event. Bergkvist & Zhou (2016) explain these mixed results by arguing that there are most 

likely factors moderating the relationship. 

 

3.1.1.4 Celebrity persuasion 

 

Celebrity persuasion is seemingly the most abundantly researched area of celebrity 

endorsement theory, with many scholars throughout the years trying to pinpoint which 

factors make celebrities most persuasive (Bergkvist & Zhou, 2016; Till and Busler, 2000; 

Amos, Holmes & Strutton, 2008; Zahaf & Anderson, 2008; White, Goddard and Wilbur, 

2009; Silvera & Austad, 2013; Ohanian, 1990; Kamins & Gupta, 1994). These studies tend 

to focus on factors relating to one of three different areas: 1) the celebrity, 2) the fit between 

celebrity and brand/product or 3) the target audience. These factors are then used to 

evaluate whether there is a positive or negative effect on brand evaluation and purchase 

intention (Bergkvist & Zhou, 2016). In relation to the celebrity, or ‘source effects’ as it is 

commonly referred to, several models have been developed in an effort to explain factors 

such as attractiveness, credibility, trustworthiness, liking etc. and their effect on 

endorsements. Two of these are known as the source models, and include the source 

credibility model by Hovland & Weiss (1951), as well as the source attractiveness model by 

McGuire (1985). 

 

The source credibility model suggests that the perceived trustworthiness and 

expertness of the celebrity will determine the effectiveness of the endorsement. More 

specifically, if they are deemed trustworthy and experts, they will come across as credible 

and therefore persuasive (Hovland & Weiss, 1951). Similarly, the source attractiveness 

model argues that a celebrity who is perceived as attractive will also be seen as persuasive, 

and will therefore increase endorsement effectiveness (McGuire, 1985). However, the 
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understanding of attractiveness in this model seems to differ from physical attractiveness, 

which is commonly used as a factor in other models such as the match-up hypothesis 

(Forkan, 1980; Kamins, 1990; Till & Busler, 2000). In the source attractiveness model, 

attractiveness is understood as the sub-factors similarity, familiarity and likeability (McGuire, 

1985). Ohanian (1990) shares the view that celebrity credibility has a persuasive effect on 

endorsements, and has created a scale to measure the credibility of endorsers. The scale 

includes the factors expertise, trustworthiness and attractiveness, much like the source 

models, and she argues that the model supposedly provides advertisers with a valid tool to 

select celebrity endorsers (Ohanian, 1990). 

Zahaf & Anderson (2008) also studied how different source effects affect purchase 

intention, and contradicted the previous studies by finding that the credibility of the celebrity 

is not necessarily related to their attractiveness or trustworthiness. Further, they found that 

similarity to the consumer is more important than attractiveness and expertness/experience, 

and that being a celebrity does not in itself cause or increase credibility (Zahaf & Anderson, 

2008). These results also contradict the match-up hypothesis, which is another widely 

discussed model for predicting endorsement effectiveness. The match-up hypothesis states 

that for an advertisement message to be persuasive, there has to be a fit between the 

endorser and product/brand (Kamins, 1990; Kahle & Homer, 1985). Traditionally, the match-

up effect has focused on fit based on physical attractiveness of the endorser, but newer 

studies have also investigated whether there is a positive effect when expertise is a 

moderating variable. Kahle & Homer (1985) initially found that a physically attractive 

celebrity endorsing a product that is supposed to enhance attractiveness (such as beauty 

products) has a positive effect on brand evaluations. However, their study was somewhat 

lacking in depth, as they did not investigate whether a physically attractive celebrity 

endorsing a product not meant to enhance attractiveness had the same effect. In their study, 

Kamins & Gupta (1994) did in fact test both pairings (attractive celebrity with attractiveness-

enhancing product, and with non-attractiveness enhancing product) on seven different 

variables; advertiser believability, advertiser credibility, spokesperson believability, 

spokesperson credibility, brand attitude, attitude toward the ad, and purchase intention. The 

positive effect of attractiveness on fit was however only found for 5 of the 7 variables, and 

not for brand attitude and purchase intentions (Kamins & Gupta, 1994). 
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Finally, Till & Busler (2000) investigated which effect attractiveness and expertise 

have as match-up factors, and found that expertise has a more positive effect when it comes 

to fit than attractiveness. However, they also acknowledge that there are many successful 

examples of endorsers who have been in ads for products they are not experts on. They try 

to explain this by stating that the match-up effect could have different outcomes depending 

on high- and low involvement products (Till & Busler, 2000). Generally, there seem to be 

different attitudes toward the match-up hypothesis; some studies support it, and some don’t 

find that there is any relationship. 

 

While there seems to be an overall consensus that source effects such as 

attractiveness, credibility, likeability, trustworthiness etc. have some type of effect on 

endorsement effectiveness, there is a lot of conflicting research on this topic. In his article, 

McCracken takes a critical stance toward the source models, and argues that the current 

body of literature on celebrity endorsements has a lot of data which the source models 

cannot explain (McCracken, 1989). Partly for this reason, we do not believe that celebrity 

source effects are relevant to study for YouTube endorsers. First of all, we argue that the 

SMIEs are already perceived as trustworthy and credible to the majority of their subscribers 

– although not all the time. Also, we believe that social capital moderates this relationship, 

and that it is important to look at it as a dynamic process. Furthermore, due to the conflicting 

results, we do not believe that research on celebrity source effects can provide any valid 

explanations about the effect on endorsement effectiveness on their own. Finally, as most 

of the studies are carried out in the same manner (exposing a test panel to print ads with 

different celebrity endorsers, followed by gathering opinions and attitude), it can be argued 

that the results are not necessarily valid in practice. This is because they measure the test 

panels’ attitude, rather than their actual behaviour. Therefore, the studies do not reveal 

whether consumers would actually purchase the product or have a favourable attitude 

toward the brand/product/celebrity. We argue that our model will take a more dynamic 

approach, and be able to study the effectiveness of endorsements based on a behavioural 

aspect (gaining/losing subscribers). 

 

When it comes to target audience factors, there is not a lot of conclusive research 

(Bergkvist & Zhou, 2016). However, in a study by Silvera & Austad (2013), they find that 
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endorsement effectiveness is strongly influenced by correspondent inferences (whether the 

consumer believes that the endorser truly likes the product). This theory is based on 

attribution theory, which states that a consumer would try to understand the endorser’s 

behaviour by attributing certain feelings, behaviours and intentions to them (Kelley, 1971). 

However, according to early attribution theory, consumers would not make correspondent 

inferences about celebrity endorsers, since they are earning money for the ad and therefore 

do not necessarily genuinely like the product (Silvera & Austad, 2013).  

Freiden (1984) dismisses this notion by arguing that the phenomenon called 

“correspondence bias” will mitigate this. According to him, celebrity endorsers are already 

perceived as trustworthy and credible, and this bias will therefore lead to consumers making 

inferences based on behavior, in spite of there being some form of pay involved (Freiden, 

1984). Silvera & Austad (2013) therefore recommend that the fit between the product and 

celebrity endorser is good, and that the endorsement contains strong arguments for why the 

celebrity truly likes the product in question. However, as mentioned previously, a good fit 

between product and celebrity does not necessarily have any effect. Furthermore, this type 

of study does not take neither cultural differences of the target audience nor high/low 

involvement products into consideration. We therefore do not believe that it is sufficient to 

explain truly effective endorsement situations. 

 

In addition to this, Bergkvist & Zhou (2016) found indications that celebrity 

endorsements may have a more positive effect on females ages 13 to 17, and that males 

are more affected by female celebrity attractiveness than females are. However, as the 

purpose of our study does not take into account the demographic factors or psychological 

processes of the target audience, YouTube subscribers, we will not be including this line of 

research 

 

3.1.1.5 Non-evaluative meaning transfer 

 

The phenomenon of non-evaluative meaning transfer was first and foremost studied 

by McCracken (1989), who created the meaning transfer model. This model proposes that 

celebrities have certain configurations of meanings from the culturally constituted world 

attached to them, and that they then transfer these associations and meanings to the brand 
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(McCracken, 1989). This supposedly happens in three stages: 1) meaning is transferred 

from the culturally constituted world to the celebrity, 2) meaning is transferred from the 

celebrity to the product, for example via an ad, 3) meaning is transferred from the product 

to the consumer, as they buy and consume the product. Therefore, when an advertiser 

wants to have a product endorsed, they must consider exactly what they want the product 

to “say”/mean. They should then select the appropriate celebrity, objects etc. that contain 

these meanings, and use them to make sure the right message is transferred to the product 

(McCracken, 1989). 

Several different scholars support McCracken’s theory, however their studies have 

different results. Batra & Homer (2004) found that only the positive personality traits of the 

celebrity were transferred to the brand, while Miller & Allan (2012) found that only the 

celebrities’ negative personality traits were transferred. In addition to this, Campbell & 

Warren (2012) found that both the negative and positive traits of the celebrity are transferred 

to the product. This research area therefore remains relatively inconclusive, although the 

studies tend to agree that something, positive or negative, is in fact transferred from the 

celebrity to the product. 

 

We believe that our model could contribute to this line of research, as it could help to 

explain why too much CSC changes the meaning/traits of the endorser. For example, we 

propose that the SMIE on YouTube usually has a niche based on their channel type (beauty, 

lifestyle, fitness etc.), and that advertising products outside of this niche leads to a change 

of their configuration of meaning. Similarly, when they advertise something within their niche, 

the meaning transferred to the product is something that is more naturally linked to the 

endorser, which leads to more effective endorsement. 

 

3.1.1.6 Brand-to-celebrity transfer 

 

Finally, there is an area of research that looks into how/whether positive and negative 

associations are transferred from the brand to the celebrity (Bergkvist & Zhou, 2016). The 

two existing studies in this area are however inconclusive, as one suggests that no 

associations are transferred to the celebrity, and the other suggests that they are (White, 

Goddard, and Wilbur 2009; Arsena, Silvera & Pandelaere, 2014). However, in the latter 
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study, that was able to detect an effect, they found that if the celebrity holds traits that conflict 

with the brand’s traits, this refutes the transfer of associations (Arsena, Silvera and 

Pandelaere, 2014). 

 
In spite of the potential validity of this body of research, Brown & Hayes (2008) state 

that, in most cases, celebrity endorsement is no longer believed to affect buying behavior in 

a significant manner, and that consumers are not persuaded by celebrities anymore. They 

base this on a survey ranking celebrities as the second least trustworthy ad type out of 15, 

and also seek to prove their point by referring to the very successful “Dove” beauty brand, 

which features real, average people in their ads instead of celebrities (Brown & Hayes, 

2008). So, while they argue that consumers are doing everything in their power to ignore 

and avoid traditional ads, they instead highlight the extreme growth of influencers on social 

media, who gain followings and fans by sharing their opinions, experiences and insights on 

various platforms. 

Hence, while many prominent YouTubers are often referred to and perceived as 

celebrities ("YouTubers vs. Celebrities: See Which One Outperforms The Other", 2018), and 

somewhat fit into McCracken’s (1989) and Bergkvist & Zhou’s (2016) definitions of a 

celebrity endorser, it can be argued that they in fact fall more into the category of influencers. 

This category is thought to share some of the effective persuasive traits of celebrities, while 

achieving the trustworthiness of ‘regular’ people and word-of-mouth – in other words, they 

have become their own type of endorser. For this reason, the next section will investigate 

the current literature on the phenomenon “influencer marketing”.  

 

3.1.2 Influencer marketing 

 

According to Brown & Hayes (2008), there is an overlap between celebrity 

endorsement and influencer marketing. While McCracken’s (1989) and Bergkvist & Zhou’s 

(2016) definitions of a celebrity endorser could very well be applied to a SMIE (who is often 

an individual who enjoys public recognition), it seems that Brown & Hayes’ (2008:xi) 

definition of influencer marketing is more fitting: “Influencer marketing is a new approach to 

marketing, important because sales forces both understand and support it. It directly 

addresses the most common sales barriers within prospective customers and focuses 
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attention on these individuals who advise decision makers. We call these people influencers, 

and they are as crucial to the sales process as the prospects themselves.” They further 

elaborate on social media as a specific, effective channel for influencing, due to the spread 

and reach of messages. However, it is not social media in itself that enables influence, but 

rather the influencers’ trusted content that more easily reaches the prospects in an effort to 

influence them (Brown & Hayes, 2008). 

 

A marketing phenomenon that has traditionally been used to spread the word about 

brands and products, and is sometimes confused with influencer marketing, is WOM (word 

of mouth) (Brown & Hayes, 2008). However, WOM is different in the way that it is 

communication of marketing messages that spread throughout a community, most often via 

viral marketing, rather than through the influence of a single person. Brown & Hayes (2008) 

state that the issue with WOM tactics is that it in most cases does not target the audience 

that is actually interested in listening, but rather uses a scattergun approach. Furthermore, 

the message communicated throughout the community is difficult to control. For this reason, 

they suggest that using WOM in combination with influencer marketing might be the best 

approach, as one person (the influencer) is targeted, and spreads the message to people 

who are genuinely interested and listening to someone who they perceive as an expert (ibid). 

In other words, the person engaging in WOM is influential enough to impact the decision-

making process of a community of consumers. However, in this case there is also a risk of 

the influencer taking the message and changing it, or overshadowing the brand/product as 

in the “vampire effect” (Erfgen et al, 2015). 

Although Brown & Hayes (2008) have made valuable contributions to the influencer 

marketing field, which is otherwise relatively unexplored, it must be noted that their research 

has mainly focused on the use of influencer marketing with technology products. As the 

focus of this study is on beauty/lifestyle products, their findings and arguments may not be 

just as applicable for this segment. 

 

In their study of YouTubers creators’ influence on perception of luxury brands, Lee 

and Watkins (2016) explain how YouTube vloggers gain traction and popularity by sharing 

information about products used in their personal life. The authors also coin the term 

“YouTube celebrities”, once again suggesting that there is in fact a blurred line between 
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celebrity endorsement and influencer marketing. They argue that the success of using 

celebrities/influencers in endorsements comes down to a phenomenon called para-social 

interaction (PSI), which is characterised by being a sort of friendship between the influencer 

and the viewer (Lee and Watkins, 2016; Perse and Rubin, 1989). PSI has been 

conceptualised as “interpersonal involvement of the media user with what he or she 

consumes,” which includes “seeking guidance from a media persona, seeing media 

personalities as friends, imagining being part of a favorite program's social world, and 

desiring to meet media performers.” (Rubin, Perse & Powell, 1985:156-157). Furthermore, 

it has also been defined as “an illusionary experience, such that consumers interact with 

personas (i.e., mediated representations of presenters, celebrities, or characters) as if they 

are present and engaged in a reciprocal relationship” (Labrecque, 2014:135). 

 

Although the SMIEs arguably get closer to their fanbase than celebrities – for 

example by interacting with viewers throughout their videos and in the comment section – it 

is likely that the relationship is in fact more of a one-way street (Lee & Watkins, 2016; 

Farokhmanesh, 2018). However, by continuously cultivating and strengthening the 

relationship, for example by addressing subscribers directly in videos and giving the fanbase 

a name, it forges a sense of community that can be powerful and effective in terms of 

influence (Farokhmanesh, 2018).  

According to Rasmussen (2018) it can also negatively effect the SMIE to have these 

para-social relationships. Since subscribers view the relationship as a friendship, they tend 

to expect more, and can react more extreme in cases where they feel let down or 

disappointed. This can in turn be detrimental to a SMIEs career, as they risk suddenly losing 

the following they have built up if they are involved in any type of negative event (ibid.). In 

other words, the relationship between the subscriber and the SMIE is the most important 

determinant in regard to the viewers’ perception of the SMIE, as well as receptivity of the 

advertising message. Due to this notion, we therefore assume that positive SSC is closely 

linked to endorsement effectiveness. Interestingly, para-social interaction theory proposes 

that the relationship with the media persona evolves over time, which suggests that 

endorsement effectiveness is not a static concept as proposed by many other scholars (Lee 

& Watkins, 2016).  
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Apart from a few studies investigating the effect of para-social interaction on social 

media personas, not a lot of research has taken an interest in the effectiveness of the SMIE 

(Lee & Watkins, 2016; Rasmussen, 2018). For that reason there are a lot of blanks to be 

filled in. While arguable that much of the theory about celebrity endorsement applies to 

influencer endorsement/marketing (trustworthiness, credibility etc.), celebrity endorsement 

theory is not sufficient to explain it. Also, while para-social interaction theory could help to 

explain why SMIEs are effective endorsers, it does not explain when this occurs. We 

therefore identify a research gap, as no studies appear to be taking into account the fact 

that endorsers and their persuasive effects change over time. While the source models, 

match-up hypothesis etc. can still help to understand the relative importance of source 

effects and fit/congruence between the different parties, the SMIEE model will seek to 

explain the optimal stages of the endorser’s career to achieve effective endorsement. 

 

3.2 Social capital 
  

In the following section we provide an overview of some of the most acknowledged 

literature in the field of social capital. We argue that social capital theory is applicable in 

explaining the unique construct and endorsement effectiveness of the SMIE, and thus fills 

out the presumed gap in the endorsement literature presented above. Finally, based on this, 

we will present the SMIEE model. 

  

3.2.1 Theoretical background 

 

The concept of social capital is widely acknowledged and applied within various 

academic fields. It is rooted in the simple notion that social ties can be appropriated for 

different types of purposes, which allows for a plethora of interpretations. For this reason, 

the concept has been defined in numerous ways and applied to study all sorts of social 

phenomena – ranging from racial income differences (Loury, 1977), to high school dropouts, 

family dynamics (Coleman, 1988), career success, (Burt, 1992), job acquisition 

(Granovetter, 1983), knowledge sharing and innovation in organizations (Nahapiet & 

Ghoshal, 1998; Tsai & Ghoshal, 1998), civiciness, and relations between nations 

(Putnam,1995) (Adler & Kwon, 2002). Despite the differences in definition and application, 
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most theoretical orientations agree that social capital stands for the ability of actors to secure 

benefits by virtue of membership in social networks or other social structures (Portes, 1998).  

 

While the origin of social capital generally has been ascribed theorists such as Glenn 

Loury (1977), Pierre Bourdieu (1986) and James Coleman (1988), Portes argues that the 

construct and meaning has been present since the very beginning of the sociology discipline 

(1998). For example, Durkheim found that resources embedded in group life is an antidote 

to suicide, and Marx argued that workers who consciously mobilize themselves against the 

capitalists will become a class “in itself”, and thus pursuit own interests (Portes, 1998). 

  

3.2.2 Defining social capital  

 

The definitions of social capital can roughly be divided into three categories: (1) 

Those with an external focus, (2) those with an internal focus, and finally (3) those with a 

mixed focus. The definitions with an external focus primarily consider social capital in regard 

to the relationships an actor maintains with other actors, also called “bridging” forms of social 

capital (Putnam, 1995). The definitions with an internal focus consider the social structures 

among actors within a collective, also called “bonding” forms of social capital (Putnam,1995). 

Finally, the definitions with a mixed focus consider both types of linkages (Adler & Kwon, 

2002).  

 

Among the most cited social capital theorists with an external focus are Bourdieu 

(1986 & 1992), Baker (1990), and Burt (1992). Bourdieu initially defined social capital as 

"the aggregate of the actual or potential resources which are linked to possession of a 

durable network of more or less institutionalized relationships of mutual acquaintance or 

recognition" (1986:248), and later on in his work with Wacquant as "the sum of the 

resources, actual or virtual, that accrue to an individual or a group by virtue of possessing a 

durable network of more or less institutionalized relationships of mutual acquaintance and 

recognition" (1992: 119). Baker defines social capital as "a resource that actors derive from 

specific social structures and then use to pursue their interests; it is created by changes in 

the relationship among actors" (1990:619). Burt defines social capital as "friends, 
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colleagues, and more general contacts through whom you receive opportunities to use your 

financial and human capital" (1992:9). 

 

Some of the most cited social capital theorists with an internal focus are Coleman 

(1988), and Putnam (1995). Coleman defined social capital by its function: “It is not a single 

entity, but a variety of different entities having two characteristics' in common: They all 

consist of some aspect of social structure, and they facilitate certain actions of individuals 

who are within the structure" (1990:302). Putnam defined it as "features of social 

organization such as networks, norms, and social trust that facilitate coordination and 

cooperation for mutual benefit" (1995:67). 

 

Finally, some of the most acknowledged social capital theorists with a mixed 

perspective are Loury (1977) and Nahapiet and Ghoshal (1998). Loury defines social capital 

as "naturally occurring social relationships among persons which promote or assist the 

acquisition of skills and traits valued in the marketplace... an asset which may be as 

significant as financial bequests in accounting for the maintenance of inequality in our 

society" (1992:100). Nahapiet and Ghoshal (1998) define social capital as "the sum of the 

actual and potential resources embedded within, available through, and derived from the 

network of relationships possessed by an individual or social unit. Social capital thus 

comprises both the network and the assets that may be mobilized through that network" 

(1998:243). When considering the unique construct of the social media influencer endorser 

on YouTube, who is both influenced by external linkages to companies and by internal 

linkages to the subscribers embedded in the online community surrounding the endorser, a 

mixed perspective social capital definition is arguably most applicable for the purpose of this 

study.  

  

While the definitions put forth by Loury (1977) and Nahapiets & Ghoshal (1998) have 

a mixed perspective, they differ significantly in their view of the actor. Loury’s theorization of 

social capital imparts sociologic elements into the economic rationalization, rendering 

actions of individuals to be motivated by prudent and logical decisions that provide them 

with the highest amount of personal utility (Coleman, 1988). Nahapiet & Ghoshal’s (1998) 

theory, on the other hand, imparts economic rationality into the sociological notion that social 
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action is governed by norms, rules and obligations. This latter view allows for a greater 

understanding of the relationship between the social media influencer endorser and his/hers 

subscribers. Therefore, in this paper we adopt Nahapiet & Ghoshals definition of social 

capital as: “the sum of the actual and potential resources embedded within, available 

through, and derived from the network of relationships possessed by an individual or social 

unit. Social capital thus comprises both the network and the assets that may be mobilized 

through that network" (1998:243). 

  

3.2.3 Social capital as a capital  

  

In order to understand how social capital can explain the construct of the SMIE, it is 

important to first outline how social capital actually functions as a capital. Here Adler and 

Kwon’s (2002) distinction is useful.  

  

Firstly, social capital is a long-lasting asset into which other resources can be invested 

with the expectation of future returns of benefits (ibid.). For example, SMIEs on YouTube 

can invest in future relationships with companies by endorsing their brands on their 

respective YouTube channels and expect benefits such as potential sponsorships and free 

products – also referred to as company social capital (CSC). Likewise, they can invest in 

their relationships with their subscribers by producing quality content, and thus expect 

further support and commitment in return, as well as attracting additional subscribers – also 

called subscriber social capital (SSC).  

Secondly, social capital can, according to Coleman (1988), be appropriated for other 

purposes and, according to Bourdieu (1985), be converted into other forms of capital. In the 

context of the SMIE, this means that he/she can appropriate one type of social capital, 

namely SSC, to attract CSC and vice versa. In other words, if the SMIE has a high amount 

of subscriber relations he/she can attract a high amount of company relations, who want 

their brands to reach as many potential buyers as possible. In the same way, a high amount 

of company relations attracts a high amount of subscriber relations, who crave quality 

content. Moreover, the SMIE can convert CSC into financial capital by entering into brand 

sponsorships and making ads. Similarly, the SMIE can convert CSC into human capital 
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based on their exclusive access to product information. In the same way, they can convert 

their SSC into financial capital through the YouTube reward system. 

Thirdly, just like other forms of capital, social capital can substitute or complement 

other resources. For example, for companies the relationship with a SMIE can compensate 

for and substitute their lack of reach and brand recognition.  

Fourthly, like physical and human capital, social capital requires maintenance. The 

influencers need to bond with the companies, and the subscribers periodically need to be 

acknowledged, or else they lose efficacy. In regard to companies, this means that the 

influencer needs to endorse the companies’ brands once in a while to maintain the CSC. In 

regard to the subscribers, this means that the influencer needs to consistently comply with 

the expectations and norms of the subscriber community. This is similar to what we know 

as para-social interaction, which suggests that subscribers see the SMIE as a friend, and 

therefore have certain expectations about their relationship (Lee and Watkins, 2016; Perse 

and Rubin, 1989). 

Fifthly, according to Coleman (1988) social capital is unlike all other forms of capital 

embedded in the relations with other actors. This means that no one possesses exclusive 

ownership over social capital, and the benefits two actors yield from the very same social 

structure might vary. This is for example the case for the different actors linked to the SMIE: 

the companies gain brand endorsement; the subscribers gain access to valuable information 

and membership in a social media community surrounding the influencer.  

Finally, social capital is unlike other assets referred to as capital, because 

investments in its development do not seem to be quantifiable. While this is the case for 

many social structures, we argue that the unique network construct of YouTube, which 

allows the SMIE to be financially compensated for the sum and support of his/her social ties 

in the community, is an exception to the rule.  

Additionally, we challenge both Coleman’s (1988) and Bourdieu’s (1986) notion of 

social capital being intangible, by our attempt to measure SSC and CSC respectively in our 

SMIEE model. 
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3.2.4 Opportunity, motivation and ability of social capital 

  

So far, the background, the different definitions of social capital and the way social 

capital functions as capital, has been accounted for. Moreover, it is important to consider 

the specific aspect of the SMIE construct that creates social capital as either CSC or SSC. 

However, due to the variety of different applications of the concept, considerable 

disagreement exists on which dimensions are in fact sources of social capital.  

Adler & Kwon (2002) argue that there are generally two streams of thought. One 

which places the source of social capital in the structure of the social network, and another 

which focuses on the content of those social ties. Particularly theorists such as Granovetter 

(1983) and Burt (1992) have contributed to the “network” school of social capital thought, 

Granovetter with his study of weak ties, and Burt with the study of structural holes. Coleman 

(1988) on the other hand mainly represents the latter orientation. He argues that dimensions 

such as obligations, expectations and trustworthiness, information channels, and norms and 

effective sanctioning, are sources of social capital. 

  

In an attempt to unite these disperse and even contradicting social capital 

frameworks, Adler & Kwon (2002) have developed a framework encompassing the different 

orientations. Their framework is based on the notion that social capital requires: opportunity, 

motivation and ability. The comprehensive nature of the framework allows us to get a 

thorough understanding of the different aspects influencing the development of SSC and 

CSC.    

  

3.2.4.1 Opportunity 

 

The opportunity for social capital lies within an actor’s network and thus the 

relationships with other actors, who provide the opportunity for social capital (Adler & Kwon, 

2002). This is also referred to as social interaction ties (Nahapiet & Ghoshal, 1997). 

             

Before investigating the SMIE’s opportunity for social capital, it is helpful to make a 

clear distinction of the different parties involved in the construct. Here Portes’ (1988) 

systematic treatment of the participants is helpful. Portes distinguishes between a) 
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possessors of social capital, those making claims, b) sources or donors of social capital, 

those agreeing to the demands and c) the resources themselves. It should be noted, that 

since we have chosen a definition of social capital for the purpose of this study, which 

“comprises both the network and the assets that may be mobilized through that network” 

(1998:243) we also consider the social structure itself to constitute a form of social capital.   

Accordingly, the SMIE can be considered as a possessor of both SSC and CSC, both 

in the form of the relationship, namely the subscribers or the endorsements, and through the 

resources derived from the social ties, such as payment, acknowledgement and information. 

Since social capital, as written above, is collectively owned, the subscribers and the 

companies can naturally be considered as the possessors of social capital, and the SMIE 

can likewise be viewed as a donor of social capital (Adler & Kwon, 2002). 

  

3.2.4.1.1 Relationship type 

  

When studying the opportunity for social capital it is important to consider the type of 

relationship, as, according to Adler & Kwon (2002), it is not all relationships that are sources 

of social capital. Adler and Kwon (2002) distinguish between three different types of 

relationships: (1) market relations, in which products and services are exchanged for money 

or bartered, (2) hierarchical relations, in which obedience to authority is exchanged for 

material and spiritual security and (3) social relations, in which favors and gifts are 

exchanged. According to them only social relations can bring about social capital. 

Applying this distinction, the subscriber relationships are clearly social relationships 

and thus facilitate opportunity for social capital. However, at first glance the company 

relationships seem to resemble market relations and are thus according to the theory not 

sources of social capital. Nevertheless, we argue that the company relationships are in fact 

social relationships in the beginning, as the initial stage of their relationship is based on 

favours between the influencer and the company. The companies send the SMIE products, 

based on which the SMIE can produce quality content, and the SMIE returns the favour by 

endorsing products that he/she likes. 
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3.2.4.1.2 The lifecycle of the SMIE  

 
Like other professionals operating within the creative field, such as musicians, artists 

and writers, the SMIEs on YouTube go through different phases in their career – during 

which the opportunity for social capital changes. Therefore, it is likewise important to study 

the lifecycle of the SMIE when considering the opportunity for social capital. 

  

For this purpose, the frameworks of Regner, Barria, Pitt & Neville (2009) and Gurzick 

& Lutters (2006) are useful. Both frameworks have identified different lifecycle stages that 

online bloggers tend to go through in the course of their online career. While the frameworks 

have not been developed with YouTuber content creators in mind, we argue that the 

significant similarities between the definitions of blogs and vlogs justify the use of it.  

The Oxford English Dictionary defines blogs as: “A frequently updated website, 

typically run by a single person and consisting of personal observations arranged in 

chronological order, excerpts from other sources, hyperlinks to other sites, etc.; an online 

journal or diary”, and vlogs as: “A blog composed of posts in video form; (also) a video 

forming part of such a blog” (OED, 2006).     

  

According to Regner, Barria, Pitt & Neville (2009), bloggers begin their lifecycle in the 

Dark Web1, where content is created by the masses for the masses. In this stage, bloggers 

are mainly driven by their intrinsic motivations such as the joy of artistic expression, and not 

so much by business profit motivations (Regner, Barria, Pitt & Neville, 2009). Moreover, 

Gurzick & Lutters (2006) found that bloggers often don’t have much experience with 

producing and promoting content in the initial phase, since they do not know their potential 

audience yet, and are not familiar with existing blog conventions. In this stage they primarily 

use the blog for self-reference. 

Applying the frameworks on the case of the SMIE, he/she is likely to have a relatively 

low opportunity for both SSC and CSC as he/she does not have any experience with 

YouTube or creating video content yet. Also, since he/she does not have any significant 

                                            
1 In the Dark Web content is created by the masses for the masses, and P2P networks are utilized for content super-

distribution. Barriers to enter the Dark Web with people’s own creative content has become negligible, owing to new 

technologies in music and other audio recording, and so it is very easy to put one’s own creative works onto the Dark 

Web (Regner, Barria, Pitt & Neville, 2009: 339). 
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following to recommend the channel yet, it is likely that the subscribers mainly consist of 

family and friends i.e. bonding forms of social capital. At this stage the SMIE arguably 

represents and produces content for the masses, as he/she is a private individual, posting 

personal content online for everybody to see. In this sense, the SMIE is neither an 

acknowledged influencer nor a recognized endorser in the very beginning of his/her online 

career. The action of the SMIE in this early stage can also be referred to as eWOM i.e. 

electronic word-of-mouth communication, as the SMIE has not yet entered into any 

commercial partnerships (Gruen, Osmonbekov & Czaplewski, 2006). Since research has 

shown that eWOM may have higher credibility, empathy and relevance to customers than 

marketer created sources of information online, the SMIE is likely to be perceived as a 

relatively trustworthy source of product information in this stage (Bickart and Schindler, 

2001). This is also consistent with our findings in the influencer marketing review earlier, 

where research showed that eWOM in combination with influencer marketing has the most 

trustworthy and effective outcome (Brown and Hayes, 2008). Moreover, the findings of 

Gruen, Osmonbekov & Czaplewski (2006) prove that eWOM communication significantly 

influences the perceived overall value of the companie’s offering, and that C2C2 know-how 

exchange has a direct relationship with loyalty intentions, making it attractive for companies 

to partner up with the SMIE while he/she can still be considered an independent customer.   

  

According to Gurzick & Lutters (2006), the second phase of the lifecycle is 

characterized by growth and aggregation. Here bloggers make a significant effort to attract 

subscribers and sponsors, often by means of high posting frequency. For the SMIE this 

means that the opportunity for SSC and CSC increases. This is further assisted by 

YouTube’s recommendation system3, which helps promote his/her content and attract SSC 

and CSC. Since the SMIE supposedly does not have a lot of commercial relations with 

companies yet i.e. CSC, the communication can still be somewhat be categorised as eWOM 

in style.  

However, in the third phase the SMIE typically becomes more commercial and 

influential, and therefore gradually changes from being just another customer to becoming 

a social media influencer endorser. With this increase in success and popularity, Regner, 

                                            
2 i.e. customer-to-customer. 
3 YouTube represents one of the largest scale and most sophisticated industrial recommendation systems in existence 

(Deep Neural Networks … 2018). 
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Barria, Pitt & Neville (2009) argue that bloggers often sign with an influencer agency that 

can manage their operations and income. This change is often followed by a move towards 

the Light Web4, motivated by a bigger revenue potential. This switch guarantees constant 

revenue streams as long as the blogger remains popular. Likewise, it is also common in this 

phase that the SMIE launches their own product lines, to further enhance revenues (ibid).    

 

Gurzick & Lutters (2006) present an alternative version of phase three. In fact, they 

do not consider any “commercialisation” of the blogger at all. According to them, phase three 

is categorised by the blogger finding his/her own personal voice and increasing interaction 

with the subscribers. While it is most plausible that bloggers do go through this phase too, 

we mainly support the version presented by Regner, Barria, Pitt & Neville (2009), as the 

increasing number of influencer agencies backs their claim (YouTube Business Channels 

for Entrepreneurs and Marketer, 2018). In the same way, it is apparent that SMIEs on 

YouTube sign with influencer agencies at some point in their career. As an example, the 

British influencer agency Gleam Futures represents more than 50 of UK's most influential 

SMIEs. Moreover, there is a clear tendency of these SMIEs to publish Light web material 

such as books and own products once they have signed with the agency (Gleam Futures, 

2018). In this sense, the SMIEs’ opportunities for CSC are likely to increase significantly in 

phase three. Arguably, the SMIE also loses some trustworthiness in this phase as he/she 

loses the privileged position of being “just another customer”, by signing with a third party 

and endorsing his/her own products. This could potentially lead to decreasing opportunity 

for SSC, and as a result a future downward adjustment of CSC.  

  

Considering the introduction of an influencer agency in regard to social capital, it is 

also likely to change the dynamics of the social construct surrounding the SMIE, as this new 

player will influence the SMIEs relationships with both companies and subscribers. 

However, as the link to the agency is a market relation, in which a service is offered in 

exchange for some percentage of the profit, it is, according to Adler & Kwon (2002), not a 

direct source of social capital. Nevertheless, the agency’s multiple contacts with potential 

sponsors could be considered a form of bridging social capital. 

                                            
4 In the Light Web content is created for the masses by big media, with the aim of trading content under the traditional 

business model of payment closely connected to delivery, and legal consumption to only occur conditional on payment 

(Regner, Barria, Pitt & Neville, 2009: 339). 
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The fourth phase of the blogger’s lifecycle is, according to Regner, Barria, Pitt & 

Neville (2009), characterized by a shift back towards the Dark Web, where the blogger is 

less restricted. Gurzick & Lutters (2006) additionally argue that bloggers at this level are 

more likely known to their readers by their persona as opposed to the specific content they 

have posted. Here they can allow themselves to be more loose in terms of content and 

frequency of posts due to their “fame” and established brand. 

 

Several empirical examples indicate that SMIEs similarly tend to become more 

independent in this latter phase of their online career. As an example, the well-established 

British SMIEs Alfie Deyes, Caspar Lee and Joe Sugg, who have more than 5, 7 and 8 million 

subscribers respectively, all recently decided to part with their management team, Gleam 

Futures, to fully manage their own individual operations (“Alfie Deyes Has Left Talent 

Management Firm Gleam Futures – Tubefilter”, 2018). This is likely to make room for 

restoring some of the CSC which was lost in phase three. As mentioned earlier, and like 

Gurzick & Lutters predict, it is clear that SMIEs also do reach celebrity status, even outside 

of the YouTube sphere. In fact, recent research indicates that SMIEs become more famous 

and influential than regular celebrities, due to their engagement with their supporters 

(Dredge, 2018). This could likewise indicate that the SMIE’s opportunity for SSC once again 

increases. Finally, Gurzick & Lutters (2006) also attempt to explain the different reasons why 

blogs sometimes die during the different phases. According to them, blogs in the initial 

phases are often abandoned due to the discovery of other tools that mirror common 

functions performed through blogs, such as photo-sharing and social bookmarking sites. 

Later in the lifecycle phase they argue that it is mainly external factors such as life changing 

events that make the blogger abandon the blog. For the SMIE, it is likely that they sometimes 

choose to prioritise other social media channels, as many of them simultaneously are 

present on multiple platforms including blogs, Instagram and Twitter (Influencer marketing 

hub, 2018). Also, it is likely that the SMIEs abandon their YouTube channels when major life 

changing events occur. However, in some cases the YouTubers simply change content or 

posting frequency (“Fleur de Force on the changing face of YouTube”, 2018). 

 

When considering the “death” of vlogs, it is important to realise that many subscribers 

on YouTube do not necessarily unsubscribe when they stop following the SMIE – they simply 
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stop watching the SMIEs’ videos (“Why do people unsubscribe from Youtube channels?”, 

2018). Therefore, a crisis does not necessarily cause a significant decline in the total amount 

of subscribers the SMIEs have, but rather a decline in their subscriber growth rate. In this 

sense, the YouTube channel can also be considered temporarily dead when the subscriber 

growth approaches zero. 

  

3.2.4.1.3 The actor level of the SMIE 

  
When considering the SMIEs’ opportunities for social capital, the level of analysis we 

apply in this study should also be mentioned, as it is rather untraditional. In most social 

capital research, the unit of analysis comprises single actors and their relationships with 

other actors such as colleagues, or weaker ties who can help them find jobs (Granovetter, 

1983; Bourdieu, 1986). In other social capital research, the unit of analysis is collective 

actors such as nations or company units, and their relationships with other collective actors 

(Tsai & Ghoshal, 1998; Putnam, 1995). In comparison to these traditional applications of the 

concept, our model differs in the sense that it includes both an actor-to-actor unit of analysis, 

and an actor-to-collective actor unit of analysis. However, such application is according to 

Coleman fully acceptable as he argues that “because purposive organizations can be actors 

("corporate actors") just as persons can, relations among corporate actors can constitute 

social capital for them as well” (Coleman, 1988:98). 

  

3.2.4.1.4 The structure surrounding the SMIE 

  

Finally, in regard to the SMIEs opportunity for social capital it is also interesting to 

consider whether the structure of the relationships surrounding them are open or closed, as 

closed structures supposedly facilitates the emergence of effective norms, which maintain 

trustworthiness – leading to increasing opportunity for social capital (Coleman, 1988). 

Closure of network structures more precisely refer to the extent to which the actor’s contacts 

are connected themselves. On the contrary, open network structures are structures in which 

the actor’s contacts are not connected. Here actors can violate norms without being 

punished collectively by the structure.  



 41 

When considering the structure between the SMIE and the companies, the structure 

is arguably open because the companies are not acquainted with each other, and thus not 

able to collectively impose any strong values or norms or sanction the SMIE. Conversely, 

the structure between the SMIE and the subscribers is rather closed, as the members of the 

community can communicate with each other in the comment section underneath the posted 

videos. Here subscribers can for example express dissatisfaction with the content quality, 

posting rate and endorsement choices, and thus collectively sanction the SMIE when he/she 

fails to meet their expectations. Likewise, they can enforce norms by writing positive 

remarks. Figure 1. Illustrates the bilateral social structure of the SMIE. 

 

 
Figure 1. The SMIEs’ network structure 

 

3.2.4.2 Motivation 

  
Several social capital researchers have over the course of time presented models 

explaining actors’ motivations to put forth resources in social structures.    
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Portes (1998) argues that the views on motivations generally can be divided into two 

different orientations, namely instrumental and consummatory. While the instrumental views 

are economic in nature and based on the norm of reciprocity, the consummatory views are 

based on deeply internalized norms, stimulated through socialization in childhood or through 

experience later in life (Adler & Kwon, 2002). Since the participants of the SMIE construct 

arguably have different incentives for their participation, comprehensive frameworks 

including both orientations have been favoured.  

  

Amongst the most prominent frameworks with a mixed orientation, are the ones 

presented by Coleman (1988) and Chiu, Hsu & Wang (2006). Coleman argues that both 

obligations, expectations and trustworthiness, information channels and norms and effective 

sanctioning, are sources of social capital. The same goes for Chiu Hsu & Wang who argue 

that a variety of different dimensions such as network ties, trust, norm of reciprocity, 

identification, shared language and vision all motivate social capital.  

  

3.2.4.2.1 Obligations, expectations and trustworthiness as motivators of social capital 

  

According to Coleman (1988:102), obligations, expectations and trustworthiness of 

social structures enforce social capital because: “If A does something for B and trusts B to 

reciprocate in the future, this establishes an expectation in A and an obligation on the part 

of B. This obligation can be conceived as a credit slip held by A for performance by B”. This 

construct explains why the subscribers are motivated to offer the SMIE their support, 

expressed through subscription and otherwise scarce attention, and likewise why the 

companies are motivated to send the SMIE their products. The subscribers give their 

subscription to the SMIE and trust him/her to reciprocate with further content in the future, 

establishing an expectation in the subscribers and an obligation on the SMIE. In the same 

way, the companies send the SMIE their products and trust the SMIE to return the favour by 

endorsing their products, establishing an expectation in the companies and an obligation on 

the SMIE. 

However, when the SMIE signs a contract to advertise a product/collection for the 

companies, the relationship temporarily becomes a market relationship, meaning that legal 

sanctioning will become the glue enforcing the norm of reciprocity (Adler & Kwon, 2002).   
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Moreover, the introduction of the influencer agency in the third life cycle phase of the SMIE 

most likely also influences the construct of obligations, expectations and trustworthiness. As 

mentioned, the SMIEs relationship with the influencer agency is a market relation based on 

the agency helping the SMIEs by managing their operations, in return for a share of their 

profit. Since the agency’s profit is based on the income of the SMIE, it will push to maximize 

the SMIEs most profitable activities. In this regard, advertisements and Light Web 

publications are the most rewarding, meaning that the SMIE will be forced to sign more 

commercial contracts, publish books and produce own merchandise. 

 

This push from the agency will most likely affect the way the SMIE reciprocates 

content to his/her subscribers. While initially the SMIE can reciprocate the subscriber’s 

support with free eWOM content based on his/her own opinions, later on the SMIE has to 

be careful not to offend companies by giving overly negative review or expressing unpopular 

political opinions. In the same way, the agency will most likely also affect the SMIEs 

reciprocation to the companies who send them products, with the expectation of 

endorsement. In order to invest in future relations, the agency is likely to push the SMIE to 

reciprocate more companies, motivating higher CSC. 

  

3.2.4.2.2 Information channels as motivators of social capital 

  

According to Coleman (1988:104), “an important form of social capital is the potential for 

information that inheres in social relations. Information is important in providing a basis for 

action. But acquisition of information is costly. At a minimum, it requires attention, which is 

always in scarce supply”. In regard to the SMIE, it is clear that the pursuit of information 

plays a significant role, motivating social capital. On one hand the subscribers are motivated 

to offer their subscription with the expectations of receiving information. On the other hand, 

the SMIE is motivated to build relationships with companies in order to receive products, 

which provides them with unique product information on which their career is founded. The 

information that the SMIE can obtain and thus pass on to his/her subscribers is both valuable 

and often also rare. Firstly, because the SMIEs often get to receive products that are not 

even on the market yet, and secondly, because the products are often costly to purchase, 

especially since new collections are constantly being released.                      
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3.2.4.2.3 Norms and effective sanctioning as motivators of social capital 

  

Finally, as written above, Coleman (1988) argues that effective norms can motivate 

social capital, and since the SMIE’s subscriber community can be considered a closed social 

structure, it is accordingly likely to possess shared effective norms and thus motivate social 

capital. However, if the SMIE violates the norms present in the community, this will likewise 

be sanctioned and possibly result in lower SSC. For example, considering the terms on 

which the initial relationship between the first subscribers and the SMIE was founded, i.e. 

based on eWOM communication, it is likely that genuine personal communication is a strong 

prevalent norm in the community.  

  

3.2.4.2.4 Network Ties as motivators of social capital 

  

In Chiu Hsu & Wang’s (1988) motivation framework they consider network ties as a 

motivator of social capital. They define the concept based on the work presented by Tsai & 

Ghoshal (1998) and Granovetter (1983). Tsai & Ghoshal (1998) consider network ties as 

channels for information and resource flows, and Granovetter (1983) focuses on tie strength 

as a combination of the amount of time, the emotional intensity, intimacy, and the reciprocal 

services that characterise the tie. Chiu Hsu & Wang (1988) combine their different focuses 

and argue that network ties “represent the strength of relationships, and the amount of time 

spent, and communication frequency among members of virtual communities” (Chiu Hsu & 

Wang, 1988:1876).   

Given the unequal communication relationship between the SMIE and his/her 

subscribers, which, as we found earlier oftentimes is characterised by one-way 

communication, their relationship strength is likely to be fairly week. The same goes for the 

SMIEs’ ties to the companies, not due to the communication structure, but due to the plurality 

of business relationships. Conversely, the equality between the SMIEs subscribers and the 

closed structure within which they operate, is likely to foster a closer relationship. Yet, while 

their relationship might be closer, it is not of a personal character as the subscribers mainly 

communicate about the content presented by the SMIE. 
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When it comes to the time spent on the SMIEs’ network ties, it is likely that the 

subscriber’s amount is fairly high, since people spend more than 116 million hours on 

YouTube every day. This is more than they spend on for example Facebook videos and 

Netflix (Bergman, 2018). For the SMIE, the time spent on the network ties is similarly likely 

to be quite high, as their presence on YouTube often is the foundation of their entire career 

(Dream job: YouTuber, 2018). 

Finally, based on the framework of Gurzick & Lutters (2006) we previously argued 

that the communication frequency is likely to vary throughout the SMIEs lifecycle. In the 

second phase of their online career they are likely to have a high posting frequency to attract 

subscribers, while later on, when their brand is fully established, they are likely to slow down 

the posting rate. If we consider the subscribers, their communication frequency is most likely 

higher than the SMIEs’, as it is relatively low cost and in the form of comments.  

Altogether, the SMIEs’ network ties appear to be characterized by relatively low tie 

strength on one hand, but many hours spent and fairly high communication frequency on 

the other. This assumption also corresponds to the research conducted by Chiu Hsu & Wang 

(1988), who found that the social interaction ties on virtual communities are significant 

predictors of individuals' knowledge sharing in terms of quantity, but not in terms of quality. 

By applying the framework of Putnam (2000), this could indicate that the network ties mainly 

motivate bridging forms of social capital. On the contrary, it is possible that the intra 

subscriber community also fosters some level of bonding capital, due to the subscribers’ 

shared norms and more equal and personal communication.  

  

Albeit Chiu Hsu & Wang take it for granted that virtual communities, such as 

YouTube, foster social capital, it is in fact a much-discussed topic. Putnam (2000) and Nie 

(2001) argued that the internet reduces social capital because it detracts from face-to-face 

time with others, while Uslaner argues that the internet neither destroys nor creates social 

capital (2000). On the contrary, other theorists claim that online interactions support or 

replace in-person interactions, mitigating any loss from the time spent online (Wellman et al, 

2001; Bargh & McKenna, 2004). However, in recent years researchers have emphasized 

the importance of Internet-based linkages for the creation of weak ties and, as a result, 

bridging social capital (Ellison et al, 2007).  
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3.2.4.2.5 Trust as a motivator of social capital 

  

According to Chiu Hsu & Wang (1988) trust is also a motivator of social capital. 

Generally, in management literature, trust has been considered as a set of specific beliefs 

dealing with the integrity, benevolence, and ability of another part (Mayer et al, 1995; Gefen 

et al, 2003). For Chiu Hsu & Wang, trust is more related to integrity, which according to them 

“refers to an individual's expectation that members in a virtual community will follow a 

generally accepted set of values, norms, and principles” (1988: 1877). Several aspects have 

been proven to develop trust. Tsai and Ghoshal (1988) found that social interaction ties have 

a strong effect on trust, and Blau found that the norm of reciprocity likewise builds trust. 

Based on this, the closed subscriber structure surrounding the SMIE is likely to build trust, 

because it enforces shared values and norms. Likewise, the community structure is 

characterized by a high number of network ties, which, when applying the framework of 

Blau, also facilitates trust. Finally, as we will see in the following section, the norm of 

reciprocity is prevalent in the SMIE construct and may accordingly foster trust.   

  

3.2.4.2.6. Norm of reciprocity as a motivator of social capital 

  

Similarly, Coleman (1988) and Chiu Hsu & Wang (1988) also argue that the norm of 

reciprocity motivates social capital. However, they elaborate on the concept and define it as 

“exchanges that are mutual and perceived by the parties as fair” (1988:1877). This 

distinction is based on Social Exchange Theory, which originally described the concept as 

participants expecting mutual reciprocity, justifying their expense in terms of time and effort 

spent (Thibaut & Kelly, 1959). According to Blau (1998) reciprocity also implies that it ends 

when the expected reactions are not fulfilled. More recent research shows that electronic 

networks especially are facilitated by a strong sense of reciprocity (Wasko & Faraj, 2005). 

In terms of the SMIE, it is first of all likely that he/she is surrounded by a strong norm 

of reciprocity simply due to the fact that he/she operates on an electronic network. Moreover, 

the concept may explain why some subscribers cease to support the SMIEs when they 

become overly commercialised, since the exchange becomes unfair. The SMIE offers 

“compromised” information, and yields high profits by doing so, while the subscribers only 

receive corrupted information that might manipulate them to buy unwanted products. 
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3.2.4.2.7 Identification as a motivator of social capital 

  

Chiu Hsu & Wang (1988) consider identification as the third motivator of social capital. 

According to them, identification refers to “an individual's sense of belonging and positive 

feeling toward a virtual community” (1988:1877). This definition is based on the work of 

Nahapiet & Ghoshal (1998), who define identification as “the process whereby individuals 

see themselves as one with another person or group of people” (1998:256). Moreover, 

Nahapiet and Ghoshal (1998) found that identification fosters loyalty and citizenship 

behaviours in the group setting, which can explain why individuals are committed to maintain 

relationships with virtual communities. Considering the foundation of the SMIE construct, it 

is likely that the subscribers strongly identify with the SMIE, as the entire relationship is 

based on common interests. This can explain why they are motivated to commit to the 

relationship with the SMIE.  

 

3.2.4.2.8 Shared Language and Vision as a motivator of social capital  

  

Finally, Chiu Hsu & Wang also identify shared language and vision as a motivator of 

social capital. According to Nahapiet and Ghoshal (1998), shared language facilitates 

people's ability to gain access to people and their information, it provides a common 

conceptual apparatus for evaluating the likely benefits of exchange and combination, and it 

stands for the overlap in knowledge. The notion of shared language is, in this context, to be 

understood as something more than the language itself; it also addresses “the acronyms, 

subtleties, and underlying assumptions that are the staples of day-to-day interactions” 

(Lesser & Storck, 2001:836). 

 

According to Tsai and Ghoshal (1998), a shared vision “embodies the collective goals 

and aspirations of the members of an organization”, which can help the company integrate 

and share knowledge (1998:467). Generally, the notion of a shared vision has mainly been 

applied in the context of companies. However, Chiu Hsu & Wang (1988) argue that it also 

applies to virtual communities, because they are groups of people brought together by 

common interests and goals. 



 48 

For the SMIE, a shared language is clearly a prerequisite for the subscriber 

relationship and thus the SSC, as the subscribers will not be able to subtract information 

from the SMIE if they do not have a shared conceptual apparatus. The same goes for the 

relationship between the companies and the SMIE, and subsequently the CSC, as the SMIE 

would not be able to endorse a product that he/she doesn't understand. 

In regard to the shared vision, we can only speculate whether the SMIE and the 

subscribers, and the SMIE and the companies, have it or not. However, it seems likely that 

subscribers do have some collective goals and aspirations in the beginning of the SMIEs 

lifecycle, when the subscribers and the SMIE are both just customers, sharing product 

information and personal opinions. In the same way, it is likely that the SMIEs vision changes 

towards profit maximization in his/her third lifecycle phase, moving away from the 

subscribers’ vision. 

 

3.2.4.3 Ability 

 
Finally, the third source of social capital refers to the competencies and resources at 

the nodes of the network (Adler & Kwon, 2002). If the individual actors’ abilities, also referred 

to as human capital, are insufficient, there are no resources to “donate” and thus no social 

capital (Bourdieu, 1986). For the SMIE this means that if he/she is incapable of delivering to 

either the subscribers or the companies, there is no foundation for social capital. However, 

as this study focuses on SMIEs who successfully have made a career for themselves and 

thus generated both CSC and SSC, we argue that the SMIEs ability for social capital is 

given, and we will thus not discuss this third aspect any further. Figure 2. illustrates how 

CSC and SSC are sources of opportunity, motivation and ability.  
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Figure 2. The SMIE’s sources of CSC and SSC 

 

3.2.5 Summary 

 

 We argue that social capital theory is applicable in explaining the SMIE construct, as 

successful social media influencer endorsement is dependent on CSC to provide unique 

access to products and product information, and SSC to influence the receivers of the 

endorsement message. 

 

Social capital functions as most other types of capital, and the SMIE can therefore 

invest resources in CSC and SSC and expect future returns. Also, as one type of social 

capital can be appropriated for other types, the SMIE can appropriate CSC to attract SSC 

and vice versa, which can be converted into other forms of capital such as economic capital. 

Like physical and human capital, CSC and SSC require maintenance, meaning that the 
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SMIE needs to comply with the expectations of both parties for the two types of social capital 

to exist. Finally, social capital is mutually owned and will thus end if any of the parties find 

the relationship to be unrewarding. 

  

According to Adler & Kwon (2002), the SMIE’s CSC and SSC require opportunity, 

motivation and ability. Since the SMIEs’ relationships with the subscribers and the 

companies in most instances are relational, we have established basic opportunity for social 

capital. The opportunity is however found to change over time. In the SMIEs first life cycle 

phase the opportunity for CSC and SSC is relatively low, as the SMIE has not been noticed 

yet. In the second lifecycle phase the opportunity for both types of social capital increases, 

as the SMIE becomes recognised. In the third phase of the lifecycle, the SMIEs opportunity 

for CSC increases significantly, due to bridging forms of social capital from the introduction 

of the influencer agency. Here the opportunity for SSC is likely to decrease, as the reciprocity 

of the relationship has a tendency to become unfair, in favour of the SMIE, which in turn 

most likely will result in a future downward adjustment of CSC too. In the fourth lifecycle 

phase the opportunity for CSC is likely to revive once again, as many SMIEs haven chosen 

to become independent, which once again leads to increasing opportunity for SSC.  

 The subscribers constitute a closed community, which means they can enforce 

effective norms and sanction any violation to these. This also influences the opportunity for 

social capital, as any “misconduct” from the SMIE will be sanctioned harshly and potentially 

lead to a decreasing opportunity for SSC.  

 

 The SMIEs’ SSC and CSC are likely to be motivated by a several dimensions: 

Obligations, expectations and trust presumably influence both the SSC and the CSC. The 

same goes for the pursuit of information, as the subscribers want content and the SMIEs 

need information from the companies to provide the subscribers with it. As long as the SMIE 

does not violate the existing norms in the subscriber community, norms and possibility of 

effective sanctioning also motivates SSC. The SMIEs’ networks ties, which are relatively 

weak and characterised by investing a lot of time and high frequency, motivate bridging 

forms of social capital. Trust motivates both SSC and CSC. The same goes for the norms 

of reciprocity. However, the norm of reciprocity also may lead to decreasing subscriber 

motivation if the reciprocity in regard to the social construct appears unfair. Also, 
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identification is likely to strongly influence SSC, while shared language and vision is 

important to both SSC and CSC. Finally, as we in this study only consider capable SMIEs 

who have managed to generate both CSC and SSC, their ability for social capital is a given. 

 

3.3 The SMIEE model  
 

  Based on the findings in our review of the existing literature on social capital, we have 

developed a model which attempts to fill in the gap that we previously identified while 

reviewing endorsement/influencer theory. This model explains the previously identified 

interconnectedness between the SMIEs’ SSC and CSC and the subsequent endorsement 

effectiveness, and is therefore named the Social Media Influencer Endorsement 

Effectiveness model (SMIEE model). More specifically, the novelty of this model is based 

on the assumed link between high SSC and effective endorsement. This notion is based on 

the assumption that positive SSC occurs when traditional measures of endorsement 

effectiveness, such as credibility, attractiveness, expertness, trust etc. towards the 

YouTuber and the brands they represent, are already established. And vice versa, if 

negative/stagnant SSC occurs, this is the result of a lack of positive perception of the 

YouTuber and/or brands they represent. Using this logic, we therefore argue that 

endorsement effectiveness can be measured by positive SSC. 

 

We argue that phase 1 - 2 of the SMIEs life cycle has a high potential for effective 

endorsement. This is because these two phases can be explained by a positive correlation 

between CSC and SSC, related by two-way-causality. This is due to CSC and SSC being 

appropriable. On one hand, increasing numbers of subscribers, i.e. SSC, draw attention to 

the SMIE and make him/her attractive to companies - creating CSC. On the other hand, 

CSC provides the SMIE with unique and costly information, which attracts SSC.  

 

Due to the SMIE’s uncorrupted eWOM-styled communication form in these initial 

phases, the subscribers are likely to feel that the outcome of the relationship is fair for both 

the SMIE and the subscribers. Moreover, the SMIE’s high posting frequency in especially 

the second stage is additionally likely to give the subscribers the impression that the SMIE 

sincerely invests in their social relationship. Finally, the closed structure in the subscriber 
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community is likely to lead to the development of strong effective norms regarding the 

SMIE’s content and posting frequency. In the second stage of the SMIE’s life cycle, it 

appears to be particularly profitable for companies to have SMIEs endorse their products, 

as the SSC growth presumably is significantly high. Moreover, here the SMIEs have not lost 

the credibility associated with eWOM communication yet, making the endorsement even 

more powerful. 

 

 In phase 3 we predict a decrease in endorsement effectiveness, rendering the SMIE 

less attractive for companies. This is because the increasing commercialisation of the SMIE 

in this phase is likely to result in a negative correlation between CSC and SSC. At this stage, 

the SMIE’s opportunity for CSC increases significantly due to the introduction of an 

influencer agency. As a result, the subscribers will no longer receive uncorrupted eWOM 

communication, which they have grown accustomed to. Therefore, the subscribers are likely 

to consider this shift as a violation of the prevalent norms in the closed subscriber community 

– leading to sanctioning of the SMIE and subsequently decreasing SSC. This shift can also 

be explained by the negative effect of the para-social relationship between the SMIE and 

their subscribers. As an example, a violation of these norms could manifest itself by the 

SMIE beginning to advertise products outside of their niche, leading to a change in their 

previously established configuration of meaning (McCracken, 1989).  

In the worst-case scenario, endorsements in this phase can damage the brand of the 

SMIE along with the product they represent, in the same way as it we saw it happened in 

the empirical cases presented in the introduction. Therefore, managers should take 

measures to avoid SMIEs in this stage of their life cycle.   

 

In phase 4, given that the SMIEs once again become more independent and part with 

their influencer agency, we assume a low to moderate increase in CSC and a subsequent 

increase in SSC, making this phase attractive for further endorsements. Figure 3 shows an 

illustration of the SMIEE model. 
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Figure 3. The SMIEE model illustrating the correlation between CSC and SSC during the SMIE’s 

four lifecycle stages. 

 

In this model, it should be noted that we take for granted that one type of social capital 

can have a negative effect on another type of social capital, also referred to as creating 

negative social capital. However, some social capital theorists such as Bourdieu (1986) 

disregard the idea of negative social capital. According to him, social capital only provides 

increasing opportunity and resources. Nonetheless, other social capital theorists such as 

Portes (1998) argue that social capital always has a negative consequence. According to 

him there are four negative consequences of social capital. 1: “The ties that bring benefits 

in communities, also restrict outsiders from them”. 2: “Successful people in tight 

communities may be held back from further success, as they need to help everybody else 

in the community”. 3: “Community creates demand for conformity which restricts personal 

freedom and holds back innovation”. 4: “There are groups that are tied together only due to 

an opposition towards mainstream. Here there are downward leveling norms that keep 

people in place, and force them to stay in it” (Portes, 1998:16-17). While Portes (1998) does 

not specifically argue that one form of social capital may impact another form of social 

capital, his emphasis on negative social capital paves the way for us to do so. 
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4. Methodology 

In the following chapter we will present the methodology used for this study. First of all, the 

applied scientific approach in this study will be presented, followed by a presentation of how 

the literature review was conducted and which methods were used for collecting data. 

Finally, the method of analysing the collected data will be presented. 

 

4.1 Scientific approach 
 

In this section we will touch upon the background of philosophy of science, as well as 

how it has developed, by introducing a third research paradigm in addition the traditional 

quantitative and qualitative paradigms. We will argue our choice of research paradigm, and 

present how this is applied throughout the study. 

 

The scientific approach to a research problem is an imperative consideration when writing 

a research paper, as the assumptions one has about the world directly impact the 

development and understanding of knowledge about the problem at hand (Holden & Lynch, 

2004; Saunders, Lewis & Thornhill, 2009). This means that there are generally different 

methods that can be applied to research a problem, depending on what works best for the 

purpose (ibid). According to Johnson & Onwuegbuzie (2004), research methods can overall 

be divided into quantitative, qualitative or mixed-methods. The so-called quantitative purists 

take on a positivist philosophy, where social science is perceived as objective and therefore 

independent of time and context. For this reason, social scientific outcomes can be 

perceived as valid and reliable (Johnson and Onwuegbuzie, 2004). In these cases, 

researchers should remain unbiased and empirically justify their hypotheses, in order to stay 

as objective as possible (ibid.) The quantitative purists include scholars such as Ayer (1959), 

Maxwell and Delaney (2004), Popper (1959) and Schrag (1992). Quantitative methods 

typically consist of gathering numerical data which is possible to generalise across groups 

of people, often in the form of questionnaires (Babbie, 2010, as cited in Kumar Mohajan, 

2017).  
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The qualitative purists, on the other hand, believe that generalisations cannot be 

made independent of time and context, and that multiple realities exist (Johnson & 

Onwuegbuzie, 2004). They take on a constructivist or an interpretivist philosophy in which 

they believe that logic is inductive and flows from specific to general, and that reality only 

exists in the mind of the subjective knower (ibid.) Well-known scholars who take on an 

interpretivist or constructivist philosophy include Guba and Lincoln (1989), Schwandt (2000) 

and Smith (1983). Qualitative methods take a naturalistic approach to the research matter 

at hand, and are more concerned with words and understanding rather than numerical data 

and measurements, as in quantitative research (“What is qualitative research?”, n.d.). 

Research methods typically consist of interviews, focus groups and ethnography, amongst 

others (ibid.). 

 

 According to Guba & Lincoln (1994), the underlying paradigms of quantitative and 

qualitative research suggest that it is not possible to mix research methods. However, both 

Hall (2013) and Johnson & Onwuegbuzie (2004) disagree with this notion, and instead 

present mixed methods as a third research paradigm in its own right. They argue that this is 

possible by using a pragmatic approach. This approach was first introduced by Charles 

Sanders Pierce in the 1870’s, and since further developed by William James and John 

Dewey (Johnson & Onwuegbuzie, 2004). According to Johnson & Onwuegbuzie (2004), by 

using this method, one is able to draw on the strengths of both qualitative and quantitative 

research paradigms, as well as limit the weaknesses of both (ibid.) For example, while 

quantitative data is very descriptive and generalisable with the correct sample size, it can 

be difficult to understand the context surrounding an issue with this method (“Strengths and 

Limitations”, n.d.). On the other hand, qualitative data is often beneficial to use for providing 

detailed information about complex phenomena, but is difficult to generalise to larger 

populations. In addition, qualitative methods are often more cost efficient than quantitative 

methods (ibid.). Johnson & Onwuegbuzie (2004) further argue that, while quantitative and 

qualitative research have many paradigmatic differences, they also share similarities that 

rationalise mixing them. Sechrest & Sidani (1995:78) point out that both methodologies 

"describe their data, construct explanatory arguments from their data, and speculate about 

why the outcomes they observed happened as they did." 
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Johnson & Onwuegbuzie (2004) further rationalize mixing methods by arguing that, 

while many scholars tend to treat epistemology and method as synonymous, that is in fact 

not the case. The way each type of purist justifies their epistemology, also called the logic 

of justification, does not necessarily dictate which type of data collection and analytical 

methods should be used. It therefore makes perfect sense to use a qualitative analytical 

method even though the data was gathered quantitatively, for example (Johnson & 

Onwuegbuzie, 2004). They also go on to argue that there exist several examples of 

subjectivism in quantitative research, as the researcher must subjectively determine things 

such as what to study, how to score interpretations and make conclusions based on the 

uncovered data. The same goes for qualitative research, where it can be argued that not all 

things are a matter of opinion. While value stance can be an important aspect of research, 

superior research also requires some objectivism (ibid.) Furthermore, it can be argued that 

modern research, being as interdisciplinary, dynamic and complex as it is, is exceedingly in 

need of the option to complement one method with another in order to gain more in-depth 

and rich knowledge (Johnson & Onwuegbuzie, 2004). 

 

      As mentioned earlier, Johnson & Onwuegbuzie (2004) suggest using a pragmatic 

method, and therefore mixing research approaches in a manner that allows for the best 

possible way of answering a research question. While mixed methods should not seek to 

solve metaphysical, epistemological, axiological and methodological differences between 

the purist positions, the authors strongly recommended to bridge the two by using methods 

and philosophies that combine insights from both to reach a solution (ibid.) In this research 

study, we therefore seek to use a pragmatic approach, as we believe this will be what works 

best to investigate the problem at hand. We argue that this is necessary due to the 

interdisciplinary and dynamic nature of social media endorsers, and the fact that we are 

contributing to an otherwise undiscovered field which does not boast of an obvious 

methodological point of departure. 

 

We acknowledge that, while we are mainly using a quantitative approach by gathering 

new and existing data and statistically analysing it, we are at the same time treating these 

data in a qualitative manner. This is evident in the point system we have developed in order 

to analyse the data, as well as performing the analysis and discussion of the data based on 
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our personal experiences with and opinions about the research problem. We believe that by 

keeping an open mind and working pragmatically, we will be able to gain a better 

understanding of and provide a more comprehensive answer to the research question. 

 

4.2 Data collection and conducting the literature review 
 

The following section will provide an overview of the most crucial considerations 

regarding the collection of the data in this study.  

 

 Due to the two-tier nature of this thesis, which on hand attempts to fill out an identified 

gap in the field of endorsement theory by means of creating a social capital model, and on 

the other hand seeks to verify this very same model, the results are both based on findings 

in existing academic literature and on the collection and preparation of secondary and 

primary data.   

 

4.2.1 Literature  

 

The collection and comparison of academic literature has played a crucial part in 

conducting the literature reviews, as well as establishing a common academic apparatus to 

base our model on. To ensure utmost quality of the theoretical foundation, a selection 

criterion for the literature was that the academic articles should be published in a journal, 

ranked with no lower than 3 on the chartered associations of business schools’ journal guide 

2018. This is due to the fact that journals which have been ranked 4 and 3 contain the most 

original and best executed research. As top journals, they are typically heavily refereed and 

have among the highest citation impact factors within their field (Academic Journal Guide 

2018 - Chartered Association of Business Schools, 2018). The literature was collected by 

using the search engine Google Scholar. On this service we more specifically typed in 

search terms such as “endorsement effectiveness” and “social capital”, and selected the 

most cited and peer reviewed articles out of the listed results. Following this, their ranking 

was checked on the chartered association of business school journal guide 2018, and all 

articles below ranking 3 were discarded.  
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 Based on our findings we created a document with more than 50 studies, which 

covered the different topics of this study. To narrow down the scope, we ranked the centrality 

of the different theories, making it easier for us to focus our attention and extract the most 

essential information. Then we read, compared and synthesised the theories diligently, in 

order to find similarities and differences between them. Finally, based on this we wrote our 

literature review.  

 

4.2.2. Data 

 

In research, there are different methods for collecting data, all of which fall into two 

categories; primary data and secondary data. Primary data can be characterised as, “data 

that are collected for the specific research problem at hand, using procedure that fit the 

research problem best” (Hox & Boeije, 2005:593). A disadvantage of primary data is 

however, that it is very time consuming and costly to collect (ibid.). Secondary data refers to 

“material created by other researchers, which is made available for reuse by the general 

research community” (Hox & Boeije, 2005:593). A significant advantage of secondary data 

is the relative low cost at which it allows us to get an overview of the otherwise complex 

research areas. However, a disadvantage is also that the data originally was collected with 

ulterior purposes, meaning that it is not necessarily intended to be interpreted and applied 

in the way we do (ibid.).  

 

To test the SMIEE model, it is a prerequisite to collect data for the SMIE’s SSC and CSC. 

However, due to the novelty of the SMIEE model, not all the required data can be collected 

as secondary data. This is for example the case of CSC, as the concept has not been 

investigated before. Therefore, both types of data will be included in this research. Prior to 

collecting the data, strict criteria for both types of data have been agreed on in order to 

ensure high academic quality. 

 

4.2.2.1 Secondary data collection  

 

 To investigate the SMIEs’ levels of SSC, secondary data in the form of their total 

number of subscribers was collected via the comparison feature on the social media 
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analytics service, Social Blade (Compare System by Social Blade, 2018).  More specifically, 

data regarding the SMIEs’ total amount subscribers was collected from the beginning and 

the end of 2017, and then used to calculate their subscriber growth in percentage, also 

referred to as PSSCG. This was done to make it possible to compare the SMIEs’ 

development. In addition, year 2017 was chosen as it was the most recent year with 

available subscriber data from the beginning and the end of the year.  

 

Prior to collecting the data, the web service was thoroughly investigated in terms of 

reputation and reliability. Social Blade is a statistics website, which makes it possible to track 

statistics and measure growth on multiple social media platforms, including YouTube. By 

entering the names of the sample SMIEs in the comparison feature, the service provided us 

with a graph illustrating their total subscriber number during the last three years. Figure 4 is 

an illustration of the comparison feature.  

 

 
Figure 4. An illustration of the comparison feature of Social Blade 

 

4.2.2.1 Primary data collection 

 

To investigate the SMIE’s CSC, primary data was collected. This data was difficult to 

collect, as the concept of CSC is not directly tangible. Therefore, in order to measure CSC, 

we first had to develop a valid CSC point system by defining the value of each type of 

endorsement-related encounter between the SMIE and the companies. To be able to 

evaluate the different endorsement encounters, we first identified four levels of incremental 
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endorsement-related engagement between the SMIE and the companies. These levels are 

illustrated in figure 5.   

 

 
Figure 5. The SMIE’s different levels of endorsement.  

 

As mentioned in the literature review, some theorists argue that market relations are 

not sources of social capital (Adler & Kwon, 2002).  Considering this, it appears somewhat 

contradicting to evaluate advertising and public brand representation at ad events as the 

highest indicators of CSC. However, we argue that while the specific contract of 

advertisement might not be a source of social capital on its own, this is not the only 

relationship the company and the SMIE have. The SMIE and the company continue to have 

a social relation, as the company will continue to send the SMIE products and collections, 

and the SMIE will continue to endorse these products parallel to the advertisement/ad event.  

Moreover, we argue that when the SMIE and company enter into a market relation, it 

concurrently strengthens the social relation between them, as the SMIE will be associated 

with the company brand, and the parties will develop a professional bond. Therefore, we do 

in fact consider advertisement, brand representation and ad events as potential indicators 

of high CSC. 
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When we first allocated the CSC value of each of the endorsement levels in figure 4, 

we gave the first level one point, the second level two points, the third level three points and 

the fourth level four points. However, we realised that this point system gave us a misleading 

result, as several SMIEs engage in an unproportionally high number of level two 

endorsements. This is because it is cheap and easy to add affiliate links. Nevertheless, this 

gave the impression that these SMIEs have higher CSC than the ones who mainly engage 

in level three and level four endorsements, which are more rare – but likewise an indicator 

of a much closer relation. To correct this, we adjusted the point system so that both the first 

and the second level of endorsements gave 1 point, and the third and the fourth level gave 

1000 points. Table 1 is an overview of the CSC points, also referred to as CSCP. 

 

 
Table 1. The Endorsement Engagement CSC System 

 

For the primary data, additional selection criteria were considered in order to make 

sure that the sample was representative of the of SMIEs. First of all, the sample size has 

been of great concern to us, as it dictates the level of precision in our results. 
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Nevertheless, we also had to consider the limited scope of this thesis when choosing the 

size. Therefore, in order to find a realistic sample size for this study, we first investigated 

the number of internationally acknowledged beauty and lifestyle SMIEs, and subsequently 

the variance between them. Based on the YouTube ranking lists presented by Social 

Blade, we found that within the beauty and lifestyle segment there are minimum 250 well 

established and world renowned SMIEs (YouTube Statistics, 2018). Among these, there 

appears to be some level of variance. First of all, they vary culturally. While many of them 

appear to be from US, UK and Australia, there are some significant European, Latin and 

Arabic SMIEs too. Second of all, there is a great variance in when they started their 

Youtube channels. Yet, the majority of the SMIEs have started their YouTube channel 

between 2008 and 2016.   

To accommodate the time limitation and the presented differences, we settled with 

80 SMIEs, as we argue that one third of the SMIEs listed on Social Blade’s popularity list 

should be representable for the SMIEs on the list. Moreover, the diversity was taken into 

account by selecting SMIEs from various geographical locations, and with different channel 

foundation years. More specifically, we chose 10 SMIEs from each year between 2008 and 

2016. As already mentioned, one criterion for the SMIEs was also that their channels had to 

be located within the beauty and lifestyle genre area. This criterion was decided on to secure 

similarity in content and execution, and thus limit the variance further, as very high variances 

require bigger sample sizes (Sample Size in Statistics, 2018). Moreover, we chose the 

beauty and lifestyle segment, as this field appears to be one of the forerunners of influencer 

endorsement on YouTube (Lancaster, 2018). 

 

To make sure that the SMIEs could actually be considered SMIEs, we also took 

measures to ensure they were active, influential and endorsers. To ensure that the SMIEs 

were active, we set a minimum criteria for how many videos the SMIEs had to post pr. year. 

Here we agreed on 12 videos pr. year, so that the SMIEs on average check in with their 

subscribers once pr. month. To ensure that the SMIEs were influential, we set a minimum 

criteria for their reach, measured in total numbers of subscribers. Here we agreed on a 

minimum of 10,000 subscribers. This number was chosen based on the notion that it had to 

be low enough to consider new SMIEs and high enough to also include people outside the 

SMIEs personal network. Finally, we ensured that the SMIEs were endorsers by setting a 
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minimum limit of yearly endorsements. Here we agreed on an average of 5 endorsements 

pr. video, which could include any of the abovementioned endorsement levels. This number 

was chosen based on the assumption that anyone who averagely endorse 5 products or 

more can be considered a consistent endorser.  

 

In practice, the data regarding the CSC was collected by watching all the SMIE’s 

videos posted on their respective channels on YouTube in 2017, and registering the 

following information: the number of brands presented in the videos and written in the 

description box; the number of affiliate links in the description box; the number of paid ads 

in the videos; and the number of public ad events presented in their videos. Moreover, we 

also took note of the number of times the SMIEs presented their own products, posted links 

to their own products, and their posting frequency. This was done in order to check if any 

additional unforeseen correlation would appear. For the full list of data, see appendix B. 

 

 Altogether, the collection of primary data in this thesis has been challenging. The aim 

was originally to obtain source data on the SMIEs engagements with the companies. 

Likewise, we aimed at getting subscriber statistics from each of the SMIEs entire careers. 

However, as no SMIE or influencer agency agreed to collaborate with us, we had to extract 

the data from the videos and the comparison feature on Social Blade. 

 

4.3 Data preparation and analysis 
 

In the following section we will present how our data was prepared and subsequently 

analysed. 

 

4.3.1 Data preparation 

 

Since we already neatly organised the data into excel sheets during collection, it only 

required a brief clean-up of irrelevant factors, such as subscriber number in the beginning 

and end of the selected year, in order to be ready for analysis. Furthermore, we calculated 

the new CSC points by adding them based on the selected point system. Following this, we 

imported the data into the software program Statistical Package for the Social Sciences 
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(SPSS). This program makes it possible to manage data and perform statistical analyses 

(Libguides.library.kent.edu, n.d.). In order to ensure that all data was plausible, we started 

by inspecting their histograms and checking this output for missing variables. All data 

appeared plausible, which helps to ensure that the correlations will not be biased (Spss-

tutorials.com, n.d.). 

 

4.3.2 Data analysis 

 

After importing the data into SPSS, we performed bivariate correlation analyses on all 

possible combinations of our data, in order to test for statistically significant correlations (for 

example, the combinations CSC and SSC, SSC and ad events, SSC and affiliate links etc.). 

Following this, we studied the correlation outputs, and made notes of correlations that 

revealed “Sig. (2-tailed)” < 0.05, i.e. statistically significant. These analyses were performed 

in order to confirm or reject the assumption in the SMIEE model, which suggests that there 

will be an initial positive correlation, later followed by a negative correlation between CSC 

and PSSCG. In addition, we analysed the correlations between the groups we had created 

based on growth rates. Furthermore, due to the possibility of finding correlations that are not 

statistically significant, but are related non-linearly, we inspected the scatterplots among our 

variables. These revealed tendencies in the form of clusters, which we further analysed and 

categorised based on the SMIEE model. 

 

 
Table 2. Growth rates for groups 
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4.3.2.1 Validity and reliability of the data 

 

When analysing data, it is important to consider if they appear to be valid and reliable. 

This entails performing an assessment of the means of collecting data, with the goal of 

increasing accuracy of the research results (Kumar Mohajan, 2017). Validity is often defined 

as “the extent to which an instrument measures what it asserts to measure” (Kumar 

Mohajan, 2017, p.14). The threats associated with validity are factors such as insufficient 

knowledge during data collection, interpretation and analysis, as well as researcher bias 

during data collection (ibid). As mentioned earlier, we were not able to obtain data from the 

SMIEs themselves, and therefore had to manually collect the types of data we had access 

to via their videos. This manual observation/measuring process can potentially challenge 

the validity of the data, due to researcher bias. However, we argue that by collecting 

quantitative data, the risk of these errors having an effect on the validity is minimised. 

Furthermore, while we collected as much relevant data as we had access to, we cannot rule 

out the possibility that the data is not sufficient and that there may be other, more decisive 

factors at play that could not be observed. This should be taken into consideration when 

discussing the implications of this thesis, but will not be addressed further due to the scope 

of the study. 

 

When it comes to reliability, it is crucial to ensure that the same process can be reproduced 

in a similar study. Factors that could challenge this, are errors during the 

collection/measurement of the data, the possibility of the SMIEs editing information and 

videos being deleted. According to Babbie (2010) (as cited in Kumar Mohajan, 2017) there 

can be some challenges in connection with observing data, since it is difficult to avoid 

subjectivity on the observer’s part. However, as mentioned previously regarding validity, we 

argue that by observing and reporting quantitative data rather than qualitative data, the risk 

of subjectivity affecting the data is extremely low. Furthermore, analysing the data using a 

statistical software program like SPSS arguably leads to consistent results that are easily 

reproducible. 
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5. Results and analysis 

 

In the following section, the key results from the statistical analysis of the collected 

data will be presented and analysed. 

 
Table 3. Bivariate linear correlation between PSSCG and CSCP in 2017 

 

Table 3 shows the analysis of the correlation between CSCP and PSSCG. It reveals 

that when the percentage of PSSCG is positive by the value 1, CSCP is negative by the 

value -.089. However, as the Sig. (2-tailed) is 0.435, the correlation can be characterised as 

insignificant. As this is an analysis of the overall correlation between CSCP and PSSCG, 

and it reveals that there are no significant positive or negative correlations, it therefore 

supports the assumption of the SMIEE model. This is due to the fact that the SMIEE model 

proposes an occurrence of both positive and negative correlations during different stages, 

depending on the amount of CSC and SSC.  

 

However, since it is not possible to identify negative and positive correlations 

simultaneously with this type of analysis, we divided the data into four groups based on their 

PSSCG. As mentioned in the methodology section, these four groups consisted of the 

following SSC growth rates: Group A with a PSSCG per year ranging from <0% to 0%, group 

B with a PSSCG per year ranging from >0% to 50%, group C with a PSSCG per year ranging 

from >50% to 100% and group D with a PSSCG per year of >100%. These groups will allow 

us to check for correlations across different stages.  
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5.1 Correlations group A 
 

Group A consists of 6 SMIEs with an SSC growth rate per year between <0% to 0%, 

meaning that their SSC growth rates have either stagnated or are decreasing.  Applying the 

framework of the SMIEE model, this indicates that the SMIEs could be in the third critical 

lifecycle stage, which is characterized by significantly increasing CSCP and subsequently 

negative PSSCG. For this reason, we expect negative correlations in this group. 

 

 
Table 4. Bivariate correlation analysis between PSSCG and CSCP in 2017 

 

In table 4 above, the correlation analysis between PSSCG and CSCP in group A is 

presented. It shows that when the percentage of SSC growth is 1, CSCP is positive by the 

value .250. However, the Sig. (2-tailed) is .633 and therefore reveals no significant 

correlation. Therefore, we cannot identify the expected negative correlation between CSCP 

and PSSCG. 

 

 

 
Table 5. Bivariate correlation analysis between PSSCG and BP in 2017 
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In table 5 above, the correlation analysis between PSSCG and BP in group A is 

presented. It shows that when the percentage of SSC is 1, BP is positive by the value .101. 

However, the Sig. (2-tailed) is .849, and therefore reveals no significant correlation. We can 

therefore deduce that brands presented have no significant effect on SSC. 

 

 
Table 6. Bivariate correlation analysis between PSSCG and AfL in 2017 

 

Based on the analysis of the correlation between PSSCG and AfL in table 6, it is 

evident that there is no significant statistical correlation to be found here either. While the 

result shows that there is a slight positive correlation, so that when PSSCG is 1, AfL is 

positive by .042, the insignificant result suggests that the amount of affiliate links has no 

effect on SSC. 

 

 
Table 7. Bivariate correlation analysis between PSSCG and Ads in 2017 

 

Table 7 depicts the correlation analysis between PSSCG and Ads, and reveals that 

when PSSCG is positive by the value 1, Ads are positive by the value .256. However, as the 
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Sig. (2-tailed) is .625, the correlation is insignificant. We therefore assume that the number 

of ads does not affect SSC in this group. 

 

 
Table 8. Bivariate correlation analysis between PSSCG and AdE in 2017 

 

The analysis in table 8, which shows the correlation between PSSCG and AdE, was 

unsuccessful due to missing values for AdE. This is caused by the lack of ad events by 

SMIEs in group A. However, as they all technically share the same value of AdE, albeit this 

value is 0, there is a correlation. This partially supports the assumption of the SMIEE model, 

as it suggests that ad events are correlated with SSC. Nevertheless, the significance cannot 

be measured, and is most likely negligible. 

 

5.2 Correlations group B 
 

Group B consists of 49 SMIEs with a growth rate between >0% and 50%, meaning 

that they have a low to moderate PSSCG. Considering the SMIEE model, this could indicate 

that they are either in lifecycle phase 1 or 4. Therefore, we expect a positive correlation 

between CSCP and SSCG, as the interplay between the two should help generate 

subscribers in these stages. 
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Table 9. Bivariate correlation analysis between PSSCG and CSCP in 2017 

 

In table 9, the analysis shows the correlation between CSCP and PSSCG. It reveals 

that there is a negative correlation, as when PSSCG is positive by 1, CSCP is negative by 

-.088. However, the Sig. (2-tailed) is .548, and therefore reveals that the correlation is not 

significant. This indicates that there is no overall positive correlation in this group. 

 

 
*. Correlation is significant at the 0.05 level (2-tailed). 

Table 10. Bivariate correlation analysis between PSSCG and BP in 2017 

 

In table 10, the analysis shows the correlation between PSSCG and BP. It reveals 

that there is a positive correlation, as when PSSCG is positive by 1, BP is positive by .286. 

Furthermore, the Sig. (2-tailed) is .046, and therefore reveals that the correlation is 

significant. This indicates that when brand presented increases, SSC increases as well. 
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Table 11. Bivariate correlation analysis between PSSCG and AfL in 2017 

 

Table 11 shows an analysis of the correlation between PSSCG and AfL in group B. 

It reveals that when PSSCG is positive with 1, AfL is negative by -.079. However, this 

correlation is not significant, as Sig. (2-tailed) shows an insignificance at the .587 level. It 

therefore does not support the assumption of a positive correlation between SSC and CSC 

in this group. 

 

 
Table 12. Bivariate correlation analysis between PSSCG and Ads in 2017 

 

Table 12 presents an analysis of the correlation between PSSCG and Ads. Similarly 

to the previous table, table 12 shows that when PSSCG is positive with 1, Ads are negative 

by -.100. The Sig. (2-tailed) however once again reveals no significance.  
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Table 13. Bivariate correlation analysis between PSSCG and AdsE in 2017 

 

In table 13, the analysis shows the correlation between PSSCG and AdE. It reveals 

that there is a negative correlation, as when PSSCG is positive by 1, AdE is negative by -

.138. However, the Sig. (2-tailed) is .344, and therefore reveals that the correlation is 

insignificant. It therefore does not support the assumption of a positive correlation between 

SSC and CSC in this group. 

 

5.3 Correlations group C  
 

Group 9 consists of 9 SMIEs with a SSC growth rate between >50% to 100%, 

meaning that these SMIEs have a moderate to high SSC growth rate. Based on the SMIEE 

model, this indicates that they are in either the second or third lifecycle phase. Therefore, 

we expect a positive correlation between CSCP and SSCG, as the interplay between the 

two should help generate subscribers in these stages. 

 

 
Table 14. Bivariate correlation analysis between PSSCG and CSCP in 2017 
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Table 14 shows an analysis of the correlation between CSCP and PSSCG in group 

C. It reveals that when CSCP is positive with 1, PSSCG is negative by -.084. However, this 

correlation is not significant, as Sig. (2-tailed) shows an insignificance at the .830 level. It 

therefore does not support the assumption of a positive correlation between PSSCG and 

CSCP in this group. 

 

 
Table 15. Bivariate correlation analysis between PSSCG and BP in 2017 

 

The analysis in table 15 shows the correlation between PSSCG and BP. It reveals 

that when PSSCG is positive by 1, BP is positive by .341. However, as the Sig. (2-tailed) is 

.368, this correlation is insignificant and therefore unfeasible. It therefore does not support 

the assumptions of the SMIEE model, which suggests that there should be a positive 

correlation between PSSCG and CSCP. 

 

 
Table 16. Bivariate correlation analysis between PSSCG and AfL in 2017 
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Similarly, table 16 depicts a positive correlation between PSSCG and AfL, as when 

PSSCG is positive with 1, AfL is positive with .497. However, this result must also be 

disregarded, as the Sig. (2-tailed) is .173 and therefore insignificant. 

 

 
Table 17. Bivariate correlation analysis between PSSCG and Ads in 2017 in 2017 

 

In table 17 the analysis of the correlation between PSSCG and Ads is presented, 

which shows a negative correlation. When PSSCG is positive by 1, Ads are negative by -

.248. The correlation is insignificant at the .519 level, and the result does therefore not 

support the SMIEE model. 

 

 
Table 18. Bivariate correlation analysis between PSSCG and AdE 

 

The last correlation analysis in group C is depicted in table 18, which shows a positive 

correlation between PSSCG and AdE. However, as the Sig. (2-tailed) is insignificant at the 

.181 level, the result is unfeasible. 
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5.4 Correlations group D 
 

Group D consists of 16 SMIEs with a growth rate above 100%, meaning that the they 

have an extremely high SSC growth rate. Based on the SMIEE model they should be in the 

second lifecycle stage. Therefore, we also expect a positive correlation between PSSCG 

and CSCP, as the interplay between the two variables should generate subscriber growth. 

 

 
Table 19. Bivariate correlation analysis between PSSCG and CSCP in 2017 

 

The analysis in table 19 shows the correlation between PSSCG and CSCP. It reveals 

that when CSCP is positive by 1, PSSCG is negative by -.151. However, as the Sig. (2-

tailed) is .576, this correlation is insignificant and therefore unfeasible. It therefore does not 

support the assumptions of the SMIEE model, which suggests that there should be a positive 

correlation between PSSCG and CSCP. 

 

 
Table 20. Bivariate correlation analysis between PSSCG and AfL in 2017 
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Table 20 shows a negative correlation between PSSCG and AfL, as when PSSCG is 

positive with 1, AfL is negative by -.146. While this would support the assumptions of the 

SMIEE model about this group, it is insignificant at the .590 level, and will therefore be 

disregarded. 

 

 
Table 21. Bivariate correlation analysis between PSSCG and BP in 2017 

 

In table 21 we are presented with the analysis of the correlation between PSSCG and 

BP. This shows that when PSSCG is positive with 1, BP is negative by -.146. The Sig. (2-

tailed) is .590, and therefore shows that there is no significant correlation. 

 

 
Table 22. Bivariate correlation analysis between PSSCG and Ads in 2017 

 

Likewise, the correlation analysis between PSSCG and Ads in table 22 suggests a 

negative correlation. However, as the correlation appears to be insignificant at the .582 level, 

the negative correlation can be disregarded. 
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Table 23. Bivariate correlation analysis between PSSCG and AdE in 2017 

 

The final table in group D shares the same conclusion as the analyses of the previous 

variables. When PSSCG is positive with 1, AdE appears to be negative by -.146, which 

suggests a negative correlation. Nevertheless, the Sig. (2-tailed) is .590, and therefore 

renders the correlation statistically insignificant. 

 

4.5 Scatterplot analysis 
 

Overall, these group results do not reveal any clear-cut results that are able to 

validate or support the SMIEE model. While there was a significant correlation between the 

two variables PSSCG and BP, which is only part of the calculated CSCP sum, this 

correlation on its own does not serve any other purpose than to indicate a tendency. For this 

reason, and in order to further investigate whether any interesting patterns that might not be 

measurable in a statistical analysis exist, we will create and study a scatterplot depicting the 

relationship between PSSCG and CSCP. 
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Graph 1. How PSSCG is related to CSCP in 2017 

 

By studying graph 1, it is evident that there are no SMIEs placed in the upper right 

quadrant, which is characterised by high CSCP and high percentage SSC growth. This in 

and of itself suggests that there may be a negative relationship between high CSC and high 

SSC. Furthermore, the large amount of SMIEs who are placed in the middle, with a moderate 

amount of CSCP as well as a significant SSC growth rate, suggests that there is a positive 

relationship between SSC and CSC, i.e. when CSC is at a moderate level, SSC is positive. 

Both of these findings support the assumption of the SMIEE model, which suggests that 

SSC can be negatively or positively affected based on the amount of CSC. 

 

The scatterplot does however not show the full picture, as it has been cropped in 

order to more clearly show the patterns at the lower CSCP and PSSCG levels. In reality the 

data is more widespread, with a few outliers at the ends of both scales. This is portrayed in 

graph 2. 
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Graph 2. How PSSCG relates to CSCP in 2017, uncropped 

 

By looking more closely at the data, it becomes evident that there are some 

interesting tendencies that arise based on the amount of CSC and SSC the SMIE has. In 

order to study this more in detail, we have divided the values into clusters, which have been 

created based on similar growth and point levels when it comes to CSC vs. SSC. See graph 

3 for a representation of these clusters. 
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Graph 3. Identifiable clusters in scatterplot (cropped, in order to see the clusters more clearly) 

 

 
Graph 4. Identifiable clusters in the scatterplot (un-cropped, to reveal the outliers on the scales) 
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Graph 5. Negative cluster, which is not depicted in the regular scatterplot 

 

In graphs 3, 4 and 5, we are able to identify six distinct clusters of SMIEs. The SMIEs 

in the purple cluster can be characterised by their low amount of CSCP, while they at the 

same time have a high level of PSSCG (more than 100%). The blue cluster consists of 

SMIEs with a low amount of both CSCP and PSSCG. SMIEs in the green cluster have 

moderate to high PSSCG, and simultaneously moderate to high CSCP. The yellow cluster 

appears to contain SMIEs with low to moderate PSSCG and a moderate amount of CSCP. 

The red cluster consists of SMIEs with a low level of PSSCG and an extremely high amount 

of CSCP. Finally, the grey cluster in graph 5 contains SMIEs with negative CSCP and 

PSSCG. 

 

Moreover, the clusters illustrate why the groups A, B, C, D, which we earlier applied 

to test correlations, did not reveal any significant results, as they appear to overlap. For 

example, on the scatterplot it is evident that group B (with a growth rate between >0% to 50%) 

consists of several different clusters with different amounts of CSCP vs. PSSCG. This is 

because SMIEs can have the same SSC growth rate independent of which lifecycle phase 
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they are in. Altogether, this observation helps to explain why it was not possible to find one 

identifiable positive correlation between CSC and SSC in the statistical analysis, since the 

scatterplot reveals both negative and positive correlations within the same groups.  

 

 While the clusters reveal some interesting tendencies based on their relationship 

between CSC and SSC, it is necessary to dig deeper into each cluster to identify which types 

of SMIEs they contain. For the purpose of being able to do this, we created an overview of 

which SMIEs belong to which clusters. See appendix A for the full list. Based on this we will 

attempt to name each cluster and provide them with characteristics. This can indicate in 

which lifecycle stage the SMIEs in the clusters are, and thus aid us in understanding which 

cluster contains the most effective endorsers. 

 

Purple cluster 

As the purple cluster appears to contain SMIEs who primarily create original and 

unique content, this cluster will be characterised as “First movers”. Examples of SMIEs in 

this cluster are Jane Nashe and Umayma Abdul, who created their channels in 2012 and 

2015, respectively. Jane Nashe is an African American beauty guru who produces beauty 

content for people of colour and has specialised in natural hair tutorials for afro hair. 

Umayma Abdul is a Muslim beauty guru who mainly produces beauty content for women 

who wear hijabs. Common for both of these SMIEs is that they have found their own original, 

unexhausted niches, in which there is a great demand for content. 

 

In this cluster it is not CSC which generates subscribers, such as the SMIEE model 

argues, but rather the SMIE’s originality. Therefore, this cluster can be considered as an 

outlier, and does not correspond to the phases presented in the SMIE model. From an 

endorsement perspective, this cluster could nevertheless be rather effective, as the SMIEs 

here are likely to be trustworthy since they do not represent many companies. 

 

Blue cluster 

The blue cluster consists of SMIEs that are typically not very invested in their 

channels, and will therefore be named “The Uninvested”. This cluster includes Jaclyn Hill 

and Nikkie Tutorials, who have been active since 2010 and 2008 respectively. Jaclyn Hill 



 85 

produces content about makeup, but has, with the success of her own product lines, given 

lower priority to her channel in recent years (JaclynHill, 2019). In the same way, 

NikkieTutorials produces content about makeup, and has downgraded her commitment to 

her channel due to the success of her own makeup lines (NikkieTutorials, 2019). This 

change in priority somewhat explains the low SSC growth and CSC for this cluster, as they 

fail to put forth resources to either of the parties (subscribers and companies). Moreover, 

the low levels of both CSC and SSC also indicate that there is no significant interplay 

between CSC and SSC generating subscriber growth. Therefore, this cluster does not 

correspond to the lifecycle stages presented in the SMIEE model. Due to the passiveness 

of this cluster, it is likely that the endorsement effectiveness will be rather low. 

 

Green cluster 

The SMIEs in the green cluster appear to be the most attractive endorsers. Since 

they have a moderate to high amount of both CSC and SSC, they have, according to the 

SMIEE model, reached the optimal interplay between the two variables, generating high 

subscriber growth and thus endorsement effectiveness. Therefore, this cluster is named 

“Money Makers”. Examples of SMIEs within this cluster include Fly With Stella and Manny 

MUA, who created their channels in 2015 and 2014 respectively.  

Their moderate to high amounts of both CSC and SSC suggest that they have been 

able to achieve a balance between being somewhat commercialised, while at the same time 

fulfilling the needs of their subscribers. Fly With Stella produces content about her life as a 

flight attendant, as well as recommends products that she enjoys. Manny Mua produces 

content about makeup for men, and likewise recommends products. Based on the high level 

of both CSC and SSC, this cluster corresponds to the second lifecycle stage of the SMIEE 

model.  

 

Yellow cluster 

The SMIEs in the yellow cluster seem to have a similar amount of CSC to the SMIEs 

in the green cluster. However, their SSC is somewhat lower. This could be due to the notion 

that they are slowly building up their following, or that they have been too commercialised 

and therefore lost subscribers. Due to the uncertainty in this cluster, it will be named “Ones 

to watch”. SMIEs in this cluster include Zoella and Melanie Murphy, who started their 
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channels in 2007 and 2013 respectively. On first sight their videos tend to be very ad 

dominated, which could support the theory about being overly commercialised. 

However, their paths differ significantly. Zoella produces all-round beauty and lifestyle 

content, and is one of the most famous SMIEs in the UK (Baxter-Wright, 2017). Nonetheless, 

in recent years she has reduced her channel-related activities significantly, which has most 

likely resulted in her moving from the green cluster to the yellow one. Melanie Murphy 

produces content about food and lifestyle, and is, unlike Zoella, an up-and-coming SMIE 

who might potentially move into the green cluster in the near future. As a result, this cluster 

corresponds with both the first and fourth lifecycle phases of the SMIEE model, and the 

assumed endorsement effectiveness is therefore accordingly not at its highest.  

 

Red cluster 

In the red cluster we can identify several SMIEs that have been on YouTube for a 

long period of time, and post a lot of videos that contain endorsements. Examples of these 

SMIEs include Tanya Burr and Fleur De Force, who were first mentioned in the introduction 

chapter due to them being representatives for overly commercialised content creators. 

Because of this, the cluster can be named “Sell-outs”. Both Tanya Burr and Fleur De Force 

started their channels in 2008, and they post similar content in the form of beauty videos 

and personal video blogs (vlogs) (FleurDeForce, 2019; TanyaBurr, 2019). As the cluster has 

a very slow SSC growth rate, it supports the claim of the SMIEE model, which assumes that 

there exists a negative correlation between SSC and CSC when the CSC reaches a certain 

level. Accordingly, this cluster corresponds with the third lifecycle stage of the model and 

thus consists of potentially ineffective endorsers.  

 

Grey cluster 

SMIEs in this particular cluster appear to have been involved in crises of some sort, 

which has led to them losing SSC. Examples include TheBeautyVault and 

MakeUpByTiffany, who created their channels in 2011 and 2008 respectively. By going more 

into detail with the reason for the negative turn of events they have experienced, it is evident 

that both of them have lost subscribers due to a radical change in content. TheBeautyVault 

changed her content from being based on detailed makeup tutorials, to becoming more vlog 

related, while MakeUpByTiffany changed her content from being about fashion and beauty 
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trends to being more about parenthood. These changes are likely to have led to a significant 

decrease in subscribers, and subsequently a dive in CSC, which explains the location of this 

cluster. The tendency of changing content appears to be common for the SMIEs in this 

cluster, and for this reason the cluster has been named “Shapeshifters”. As Group A 

consisted of all the SMIEs with a negative SSC growth rate, it corresponds with the 

Shapeshifter cluster. As we believed that group A would be representative for the third life 

cycle stage of the SMIEE model, we had expected to find a negative correlation in the 

statistical analysis of this group. However, as we already accounted for, we did not identify 

this. 

 
 
 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 88 

 

 

CHAPTER 6: 

DISCUSSION 
 
 
 

 



 89 

6. Discussion 

 

The following chapter will review the findings from this study in the context of the 

literature as well as existing knowledge about the subject. This includes the theoretical 

implications, managerial implications, limitations and suggestions for further research. 

 

6.1 Theoretical implications 
 

The aim of this study has been to investigate how social capital theory, more 

specifically the interplay between CSC and SSC, can help to explain the effectiveness of 

beauty and lifestyle YouTubers, and thereby fill the perceived gap in endorsement literature. 

This gap became evident while conducting the endorsement literature review, as it 

highlighted the fact that endorsers traditionally tend to be perceived as static creatures 

whose effectiveness is mainly measured by source effects such as trustworthiness, 

expertness etc. By holding this up against the observed trends of content creators on 

YouTube, who appeared to be in different stages of a life cycle, it became apparent that the 

existing literature was not sufficient to explain the underlying interplay behind when they are 

most trustworthy, and therefore effective endorsers.  

By conducting the literature review on social capital, we were able to see a link 

between the network ties around the SMIE and their effect on the life cycle phase they 

appeared to be in. In summary, we could deduce that social capital can be used to explain 

the SMIEs relationship with companies (CSC) and with their subscribers (SSC), and 

subsequently how this relationship affects endorsements. More specifically, we argued that 

there is a link between high SSC and effective endorsement. Based on this notion, we 

developed the SMIEE model, which expresses the relationship between CSC and SSC as 

a series of four phases that have different potential for effective endorsements.  

 

In order to test the validity of the SMIEE model, data from 80 beauty and lifestyle 

SMIEs from YouTube were gathered and analysed. This revealed that there was no 

significant correlation between SSC and CSC. In other words, it supported the assumption 

of the SMIEE model, which suggests that there is an initial positive correlation and a latter 
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negative correlation between SSC and CSC. To test this assumption more in detail, we 

divided the SMIEs into four different groups based on their subscriber growth rate. In group 

A we were expecting to see a negative correlation between SSC and CSC, while we were 

expecting to see a positive correlation between SSC and CSC in groups B, C and D. 

However, we were only able to find one partial significant correlation in group B, but no 

overall negative or positive correlations between SSC and CSC. This could indicate that 

dividing the SMIEs into groups based on growth rate was not the optimal way to test our 

data, or even that the point system, by which we calculated the CSCP, may be flawed. If this 

is the case, it could potentially be explained by Coleman’s (1988) and Bourdieu’s (1986) 

studies, which propose that social capital is not tangible or quantifiable. 

 

However, by studying the scatterplot of the overall relationship between SSC and 

CSC, we were able to spot some tendencies which indicated that the proposed assumption 

of the model is in fact valid. Based on the tendencies in the scatterplot, we were able to 

identify six different clusters that represent different relationships between CSC and SSC. 

However, while the clusters appeared to support the SMIEE model as well, there were also 

findings that could not be explained by the model. For example, while four of the clusters 

could be placed into the four life cycle phases, three of them, namely the First Movers, 

Shapeshifters and The Uninvested, did not fit any of the criteria. While this could be 

explained by insufficient data or research method, it could also be argued that the existing 

literature on life cycle phases by Regner, Barria, Pitt & Neville (2009) and Gurzick & Lutters 

(2006) is not applicable in our case. The ambiguity could arguably be caused by the different 

methods used, as the aforementioned scholars studied a small sample size of bloggers in a 

longitudinal approach, whereas we have taken a cross-sectional approach with a larger 

sample size. 

 

In addition, social capital was able to help explain the decrease in subscriber growth 

when ads and endorsements on the SMIEs channels increase, typically due to bridging 

forms of social capital with the introduction of influencer agencies (Adler & Kwon, 2002). 

This was exemplified in the red cluster we identified, which mainly consists of SMIEs in the 

third life cycle stage. In these cases where there is evidence of a high level of CSC, we 

argue that they are overly commercialised, which leads to the reciprocity of the relationship 
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becoming unfair. Furthermore, by drawing on endorsement theory, the decrease in SSC 

could be explained by McCracken’s (1989) meaning transfer model. Here we argue that 

when the SMIE becomes overly commercialised and takes on a lot of diverse endorsements, 

it changes the previously established configuration of meaning attached to them by their 

subscribers. This can further be explained by the negative effects of para-social interaction 

theory, which indicates that subscribers can feel a disconnect from the SMIE due to them 

violating norms and not fulfilling expectations (Lee and Watkins, 2016; Perse and Rubin, 

1989). This supposedly leads to less effective endorsements, which our results show an 

indication of by exhibiting decreased SSC with high levels of CSC. 

 

Likewise, social capital can help to explain the tendencies observed in the green, 

yellow and red clusters, where CSC is at a moderate to high level, and SSC at either a low 

or moderate to high level. For the green cluster in particular, this indicates that they have 

understood the art of balancing commercialisation with meeting the expectations of their 

subscribers and adhering to the norms in their community. In other words, their high level of 

SSC seems to be a result of their moderate level of CSC, which in turn makes them effective 

endorsers. For the yellow cluster, this connection was more ambiguous. This is due to the 

fact that their lower level of SSC could either be explained by a previously higher level of 

CSC, which resulted in low SSC growth, or arguably that they are slowly increasing in SSC 

growth due to understanding the balance between ads and expectations. However, as we 

only studied the SMIEs cross-sectionally, we are not able to see in which direction their 

growth is developing. For this reason, it could be interesting to take a longitudinal approach 

in future research, and thereby study the development of SMIEs from each cluster. 

 

Although our results are not clear-cut, as the SMIEE model could not be fully validated 

by the collected data and subsequent analysis, we still argue that we are able to see 

indications of the underlying assumption of the model. The contribution to the existing 

literature therefore consists of the ability to shed light on the importance of the relationship 

between CSC and SSC. This in turn highlights the most effective phases for endorsements, 

and perhaps equally importantly – the most negative phase. 

Consequently, we suggest that this contribution effectively complements the existing 

endorsement literature. While existing literature can highlight which effects of the SMIE, 
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company or the match-up between these, are important to consider, we argue that the life 

cycle phase they are in is an essential and decisive factor for achieving effective 

endorsements. 

 

6.2 Managerial implications 
 

YouTube influencer marketing poses many lucrative opportunities for companies, 

both in the form of increased brand awareness, as well as being able to tap into a platform 

with millions of potential new customers (Hoos, n.d.). Furthermore, promo codes and custom 

URLs used by the YouTuber often make it easy to track direct acquisitions, and therefore 

measure the success of the campaign (ibid). 

 However, with influencers charging up to $60,000 for a product review, endorsements 

can be a costly endeavour for companies to pursue (Shamsian, 2018). For that reason, 

using a scattergun approach can be very risky and potentially lead to wasting large amounts 

of advertising budget on endorsements with a questionable outcome. This is where the 

SMIEE model comes in, as we argue that it can help to give managers some tangible 

guidelines for selecting endorsers. More specifically, it will help them to better understand 

the difference between potential endorsers, and when it is most beneficial to collaborate with 

them. 

  

 In order to successfully use and apply the SMIEE model, managers first of all need 

to compile an overview of potential relevant SMIEs on YouTube to collaborate with. 

Following this, they must gather data regarding subscribers (SSC) as well as commercial 

relations (CSC). As the process with manually gathering the data from videos is very tedious, 

time-consuming and costly, we suggest collecting this data directly from the SMIEs 

themselves or alternatively the agencies that represent them. This was not possible in our 

case, as we were not able to get in contact with the relevant stakeholders. However, we 

argue that when there is an economic incentive involved as with endorsements, it is logical 

that companies will be given access to data in order to make an informed business decision. 

Furthermore, as they would be gathering more accurate data about the SMIEs’ commercial 

relations directly from the source, we argue that the point system we developed is not 
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necessary in order to get accurate results. Instead, the social capital points would simply 

consist of the number of sponsorships/endorsements with companies. 

 

When the data has been collected, they should then analyse it to get an overview of 

the different clusters and where their selected SMIEs are positioned within these. This would 

allow them to get a clear view of who to avoid, such as the ones in our red cluster (see graph 

3) who are in the third life cycle phase, and who would be the most effective endorsers, i.e. 

in the second and fourth phases. We argue that the most effective endorsers are the ones 

within the purple, green and possibly yellow clusters. While the purple cluster does not fit 

into a life cycle phase, these SMIEs appear to have a lot of potential to be effective 

endorsers. As they are first movers within their niches, and their audiences are likely to be 

very interested in these specific niches, the companies will have to have products that are 

a good fit with the channels/SMIEs in question. In addition, these SMIEs appear to be very 

picky when selecting companies to collaborate with, so getting them to agree to an 

endorsement contract could potentially be costly and difficult. 

In order to further test the feasibility of using a particular SMIE as an endorser, 

managers could also conduct a longitudinal analysis in order to see if they are developing 

in a positive (low-moderate CSC and moderate-high SSC) or negative direction (high CSC 

and low SSC). This would give an even better indication of the SMIE’s potential for 

endorsement effectiveness. 

 

By understanding that the relationship between the SMIEs’ CSC and SSC is 

imperative to being able to select the best type of endorser, we argue that the companies 

will be able to more effectively focus their efforts on quality over quantity. This will in turn 

allow them to be more cost-efficient, successfully grow their business, raise brand 

awareness and acquire new customers (Hoos, n.d.). We further argue that with the novelty 

of this type of endorsement, successfully understanding the underlying mechanisms for 

effective endorsements could potentially become a core competency of the company, and 

therefore make them overall more competitive in their field. 
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6.3 Limitations and future research 
 

 Although the findings are encouraging and useful, this thesis also has certain 

limitations. In the following section these will be accounted for along with our suggestions 

for future research.  

 

Firstly, whether our findings could be generalised to all types of SMIEs is unclear. 

Endorsement practice might be different on other social media platforms and within different 

segments on YouTube. Further research is therefore necessary to test the generalisability 

of our findings. Secondly, the results may have been impacted by our selection bias when 

picking the SMIEs. Even though we strived to collect data from a diverse sample size, our 

data mainly comprises SMIEs from western cultures, as these were the ones we were able 

to find on “hot” lists and by using search engines such as Google. This bias is likely to have 

been enforced by Google and YouTubes’ recommendation algorithms, which offer us results 

based on our location and search history. Moreover, we have not been able to identify newly 

started SMIEs, as they due to their modest number of subscribers have not attracted much 

attention. As a result, our findings are only representative of SMIEs who are based in 

western cultures and who have generated enough SSC to attract attention. Thirdly, since 

the desired data was not available, the research method of this study has been based on a 

time-consuming collection and complex handling of data. This has led to the creation of the 

CSC point system and the SSC growth rate groupings, which have appeared to be 

questionable. 

First of all, the significant correlation in group B between the CSCP and number of 

brands presented, which wasn't apparent in the entire group or between PSSCG and the 

other parameters; affiliate links, ads and ad events, indicates that they perhaps should not 

all be lumped together as CSC indicators. In a further research, for the purpose of measuring 

the SMIEs’ CSC it would be a great advantage to collect data specifically accounting for the 

SMIE’s commercial relations. Second of all, the identification of the SMIE clusters disproved 

our assumption that we could identify the SMIE’s lifecycle stages based on the SSC growth 

rate groups that we have created. To carry out the test, it would be necessary to create other 

groupings, perhaps similar to the clusters we identified. 
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Fourth, our study is based on a cross sectional view of the SMIEs, which means that 

we cannot forecast in which direction they are moving. For this purpose, it would be useful 

to include a longitudinal perspective, considering the individual SMIEs path through the 

lifecycle stages. However, such approach could be rather extensive and time consuming 

and would as such work better as an addition to our cross-sectional model.  

In a future perspective, it would likewise be useful to include data that considers how the 

SMIEs actually impact the brand evaluation and purchase intention of the subscribers 

throughout their life cycle stages. Moreover, additional qualitative data from subscribers and 

companies could help to gain a better understanding of the the social construct. Also, it could 

be interesting to widen the scope to other segments and social media platforms, to test if 

the model is more widely applicable. Moreover, as the identified clusters show that there are 

SMIEs who cannot be explained by the interrelation between CSC and SSC (the 

Shapeshifters and the First Movers) it could also be interesting to further study them. In this 

study we mainly focused on how the interplay between different types of social capital 

influence endorsement effectiveness. However, as we already know that many facets of 

social capital, such as trust and effective norms, influence the construct of the SMIE, 

examining the interrelation between these facets and their impact on endorsement 

effectiveness could perhaps help shed light on the aspect of these clusters.  
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7. Conclusion 
 

This thesis set out to uncover the endorsement effectiveness of SMIEs in the beauty 

and lifestyle segment on YouTube, more specifically by studying the interrelation between 

their SSC and CSC. We proposed that this would both contribute to the perceived gap in the 

existing endorsement literature, as well as create guidelines that would allow managers to 

select the appropriate SMIEs and thereby achieve more effective endorsements of their 

products and services. 

 

 Firstly, by reviewing the existing literature on social capital theory, we were able to 

conclude that the relationship between SSC and their CSC can help to explain when a SMIE 

is the most effective endorser. More specifically, we assume that a high level of SSC is 

linked with effective endorsements. This notion led us to develop the SMIEE model, which 

consists of 4 different phases that explain different constellations of SSC and CSC, and 

thereby the proposed effectiveness of each phase. Upon testing the model by running 

statistical analyses on the collected data from 80 beauty and lifestyle SMIEs from YouTube, 

we were not able to deduce any clear-cut results or support for the model. However, by 

observing the data in a scatterplot, it was possible to identify some tendencies which were 

divided into six distinct clusters. While the clusters could not all be accounted for by the 

SMIEE model, they showed indications that could support all four phases. 

 

 In regard to the managerial implications, we concluded that the SMIEE model could 

successfully serve as a tool for helping companies select the most effective endorsers. 

Based on practical advice, we suggested how to go about applying the SMIEE model, for 

example by tweaking the data collection process and calculation of CSC points, as we argue 

that the method used in this thesis would be too comprehensive and potentially faulty. In 

addition, we proposed that they perform a longitudinal analysis of one or a few potential 

SMIEs, in order to get an even more accurate idea of the development of their commercial 

and subscriber situations. We argue that by following this method, companies should be 

able to successfully grow, become more cost-efficient and potentially become more 

competitive in their field. 
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 When it comes to limitations and future perspectives, we argue that our findings might 

only be relevant for particular segments, such as beauty and lifestyle, on YouTube, and that 

generalisability might be an issue, which could potentially be researched further. In addition, 

we acknowledge that our data might be lacking somewhat in validity and reliability, both due 

to the selection bias in finding SMIEs as well as the availability of data and the point system 

used to calculate CSC. As a future perspective, we suggest that data be collected directly 

from the source, and that it includes data accounting for the SMIEs commercial relations.  

 Other proposals for future research include conducting a longitudinal study in addition 

to the cross-sectional one we conducted, as well as approaching the research method in a 

more qualitative manner by collecting data from subscribers and companies in order obtain 

different perspectives on the construct. Finally, it could be beneficial to delve deeper into the 

clusters we identified, and examine how they relate to each other and thus effect 

endorsement effectiveness. 
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Appendix A: An overview of the SMIEs located in the 
clusters 
 
 

 Blue Green Yellow Red Grey 
Jane 
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Marlena Stell - 
Makeup Geek 

Jasmine 
Brown 

Cassandra 
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Stephanie 
Toms Leticia Lua 

Umayma 
Abdul Bella BambinaxX 

Fly With 
Stella Lauren Curtis 

Chloe 
Morello Ingrid Nilsen 

Georgia 
Marie Anna Saccone Bella Fiori Samantha Maria Laura Leth TheBeautyVault 

Sissel AB 
Beauty Addict Next 
Door Laura Lee Ruth Crilly 

Sona 
Gasparian 

MakeUpByTiffany 
D 

Anaysa Unicorn Vanity-Jack Manny MUA Kandee Johnson Lily Pebbles Arden Rose 

 Lustrelux Lucy Moon Estée Lalonde 
Allana 
Davison 

Marlena Stell - 
Makeup Geek 

 
My Pale Skin 

Jamie 
Genevieve Pixiwoo Jessica Braun 

 Jaclyn Hill Tati Desi Shaaanxo  
 Habiba Da Silva Bri Hall Zoella Tanya Burr  
 

Nikkietutorials chrissstttiiine Wayne Goss SMLx0  

 

Stephanie Nicole 
Hannah Schroder 

Fleur de 
Force  

 
Melissa Samways Stephanie Lange Niomi Smart 

 AshleySmithTV Casey Holmes ThatsHeart  
   

Kathleen Lights The Anna Edit 

   
Melanie Murphy   

   
Phyrra Nyx   

   
Kaushal Beauty  

   
Samantha Ravndahl  

   
Victoria Lyn Beauty  

   
Carli Bybel   

   
Hellooctoberxo  
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Appendix B: An overview of the collected data 
 
 

SMIEs BP AfL Ads  AdE CSCP PSSCG 
Leticia Lua 230 189 2 0 2419 -3.2708445 
Ingrid Nilsen 914 1139 6 0 8053 -2.25 
TheBeautyVault 133 5 0 0 138 -1.9416722 
MakeUpByTiffany D 2132 2278 111 0 115410 -0.7303537 
Arden Rose 164 16 10 0 10180 0 
Marlena Stell - Makeup Geek 205 114 0 0 319 0 
Samantha Maria 648 753 5 0 6401 0.54945055 
Niomi Smart 902 632 11 2 14534 0.58823529 
Lauren Curtis 459 130 5 0 5589 0.83102493 
Cassandra Bankson 581 171 2 0 2752 1.12564679 
Tanya Burr 661 557 12 4 17218 1.64383562 
Ruth Crilly 441 405 9 0 9846 1.88130841 
Bella BambinaxX 875 451 0 0 1326 2.3244189 
Kandee Johnson 158 104 10 1 11262 2.35602094 
Fleur de Force 744 1241 10 3 14985 2.81690141 
Pixiwoo 529 205 5 0 5734 3.36538462 
SMLx0 996 1292 12 1 15288 3.39325162 
Estée Lalonde 1392 1362 9 0 11754 3.44827586 
Anna Saccone 1067 0 0 0 1067 3.63636364 
Zoella 333 247 3 1 4580 5.58464223 
Desi 662 705 4 0 5367 6.9631616 
Beauty Addict Next Door 659 0 0 0 659 7.72357724 
ThatsHeart 254 79 13 0 13333 8.29268293 
Shaaanxo 1730 3911 15 0 20641 8.8028169 
Unicorn Vanity-Jack 683 217 0 0 900 9.46745562 
Lisa Eldridge 573 732 0 0 1305 9.49367089 
Wayne Goss 985 867 2 0 3852 10 
The Anna Edit 884 773 11 0 12657 10.248462 
Hellooctoberxo 1316 1183 5 0 7499 10.447037 
Sona Gasparian 824 69 25 0 25893 10.6664762 
Lustrelux 692 412 0 0 1104 11.5853659 
Carli Bybel 586 634 4 0 5220 12.1330724 
Victoria Lyn Beauty 892 1280 5 1 8172 12.1687837 
Samantha Ravndahl 239 0 8 0 8239 13.3424383 
My Pale Skin 385 56 1 0 1441 15.3320966 
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Chloe Morello 2368 2109 48 0 52477 17.1568627 
Laura Leth 931 587 33 0 34518 17.6470588 
Kaushal Beauty 704 597 8 1 10301 20 
Lily Pebbles 925 535 17 7 25460 20.3148141 
Phyrra Nyx 2338 2504 0 0 4842 20.5345241 
Melanie Murphy 451 0 7 0 7451 20.9225804 
Kathleen Lights 2229 143 5 0 7372 22.2996516 
Casey Holmes 1214 836 9 0 11050 23.4375 
Jaclyn Hill 487 374 0 0 861 24.4094488 
Stephanie Lange 765 1629 4 0 6394 26.8547172 
Jessica Braun 2414 1905 15 0 19319 28.1188589 
Habiba Da Silva 402 246 0 0 648 29.3217336 
Stephanie Nicole 590 733 0 0 1323 37.8833753 
Nikkietutorials 757 327 0 0 1084 37.987013 
Melissa Samways 962 444 0 0 1406 39.428347 
chrissstttiiine 484 336 6 1 7820 41.8544194 
Bri Hall 424 14 5 0 5438 44.2684012 
AshleySmithTV 110 0 0 0 110 45.0422961 
EMAN 615 559 11 0 12174 47.302051 
Tati 6355 247 4 0 10602 49.5867769 
Jasmine Brown 520 26 10 0 10546 52.3364486 
Bella Fiori 858 554 6 0 7412 71.1471666 
Fly With Stella 51 24 7 0 7075 72.0803318 
Allana Davison 1874 1862 19 0 22736 83.095565 
Laura Lee 1126 1476 7 0 9602 85.5813953 
lookingforlewys 282 165 3 0 3447 86.2786047 
Manny MUA 1271 1043 8 0 10314 90.1408451 
Lucy Moon 433 182 6 0 6615 91.1885771 
Jamie Genevieve 1146 1318 4 1 7464 99.6410654 
Ellen Fischer 129 0 8 0 8129 119.230188 
Megan Ellaby 1118 433 7 0 8551 127.900957 
Sissel AB 204 7 0 0 211 134.431693 
Stephanie Toms 2737 2441 76 0 81178 162.810886 
Aishwarya Kaushal 556 45 7 0 7601 169.791304 
Georgia Marie 668 11 0 0 679 217.804007 
Sarah's Day 567 482 7 0 8049 237.921633 
Anoushka 2859 2386 0 0 5245 245.22556 
Hannah Schroder 991 774 11 0 12765 312.932872 
James Charles 683 72 6 0 6755 378.316327 
Umayma Abdul 63 14 0 0 77 420.519031 
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Jane Nashe 597 326 0 0 923 568.976506 
Maddie Lymburner 1383 858 0 0 2241 666.530633 
Grace Fit UK 434 288 0 0 722 860.93594 
Natacha Océane 70 64 0 0 134 1238.61023 
Anaysa 507 330 0 0 837 8974.92754 

 
  

SMIEs New  subscribers Old subscribers Videos 
Leticia Lua 27089 28005 69 
Ingrid Nilsen 3910000 4000000 101 
TheBeautyVault 101004 103004 76 
MakeUpByTiffany D 956061 963095 15 
Arden Rose 1470000 1470000 96 
Marlena Stell - Makeup 
Geek 1400000 1400000 38 
Samantha Maria 1830000 1820000 52 
Niomi Smart 1710000 1700000 93 
Lauren Curtis 3640000 3610000 197 
Cassandra Bankson 812044 803005 111 
Tanya Burr 3710000 3650000 57 
Ruth Crilly 327039 321000 13 
Bella BambinaxX 45034 44011 49 
Kandee Johnson 3910000 3820000 32 
Fleur de Force 1460000 1420000 28 
Pixiwoo 2150000 2080000 78 
SMLx0 92203 89177 112 
Estée Lalonde 1200000 1160000 88 
Anna Saccone 1140000 1100000 58 
Zoella 12100000 11460000 104 
Desi 47067 44003 54 
Beauty Addict Next Door 2.65 2.46 37 
ThatsHeart 2220000 2050000 70 
Shaaanxo 3090000 2840000 48 
Unicorn Vanity-Jack 1850000 1690000 139 
Lisa Eldridge 1730000 1580000 69 
Wayne Goss 3080000 2800000 94 
The Anna Edit 441017 400021 107 
Hellooctoberxo 412005 373034 70 
Sona Gasparian 736004 665065 29 
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Lustrelux 1830000 1640000 64 
Carli Bybel 5730000 5110000 55 
Victoria Lyn Beauty 83098 74083 89 
Samantha Ravndahl 756036 667037 39 
My Pale Skin 1060000 919085 61 
Chloe Morello 2390000 2040000 153 
Laura Leth 20 17 69 
Kaushal Beauty 1860000 1550000 87 
Lily Pebbles 450052 374062 81 
Phyrra Nyx 18085 15004 85 
Melanie Murphy 520007 430033 143 
Kathleen Lights 3510000 2870000 121 
Casey Holmes 1580000 1280000 32 
Jaclyn Hill 4740000 3810000 35 
Stephanie Lange 1190000 938081 105 
Jessica Braun 442028 345014 52 
Habiba Da Silva 397041 307018 51 
Stephanie Nicole 495022 359015 143 
Nikkietutorials 8500000 6160000 38 
Melissa Samways 916054 657007 70 
chrissstttiiine 98220 69240 102 
Bri Hall 603065 418016 55 
AshleySmithTV 48009 33100 53 
EMAN 71605 48611 81 
Tati 3620000 2420000 260 
Jasmine Brown 1630000 1070000 101 
Bella Fiori 1460000 853067 74 
Fly With Stella 78.83 45.81 92 
Allana Davison 368088 201036 115 
Laura Lee 3990000 2150000 78 
lookingforlewys 231019 124018 129 
Manny MUA 4050000 2130000 149 
Lucy Moon 306091 160099 32 
Jamie Genevieve 579009 290025 84 
Ellen Fischer 421025 192047 100 
Megan Ellaby 73081 32067 44 
Sissel AB 211019 90013 113 
Stephanie Toms 121098 46078 37 
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Aishwarya Kaushal 62052 23000 154 
Georgia Marie 32041 10082 57 
Sarah's Day 497005 147077 89 
Anoushka 76067 22034 172 
Hannah Schroder 62006 15016 97 
James Charles 2430000 508032 41 
Umayma Abdul 15043 2890 100 
Jane Nashe 107063 16004 158 
Maddie Lymburner 154019 20093 136 
Grace Fit UK 202056 21027 56 
Natacha Océane 135039 10088 18 
Anaysa 1910000 21047 120 

 
 
Detailed list of data for each of the SMIEs’ videos are available upon request. 
 
 


